Casse study: COVID-19 5G (Elroy & Yosipof, 2022)
The COVID-19 5G dataset was constructed using Twitter’s API v2 full-archive search endpoint, which was available under the Academic Research track. Data collection was restricted to the period between January 1, 2020 and December 31, 2021, thereby covering the first two years of the COVID-19 pandemic. The query targeted English-language tweets containing at least one keyword related to COVID-19 (“covid,” “coronavirus,” or “corona”) in combination with the term “5G,” while retweets were excluded to avoid duplication. This procedure yielded a corpus of 331,448 unique tweets, each accompanied by user-level metadata. 
A manually annotated subset of 4,291 tweets was created to establish ground truth labels. Within this subset, 2,147 tweets were categorized as supportive of the conspiracy theory, 676 as opposing it, and 1,468 as neutral or irrelevant. This manually annotated subset served as the foundation for training a classifier that was later applied to the full dataset.

Case study Monkeypox (Elroy, Erokhin, Komendantova, & Yosipof, 2023; Elroy & Yosipof, 2025)
The Monkeypox dataset was constructed using Twitter’s API v2 full-archive search endpoint, which was available under the Academic Research track. The collection was limited to the period between May 1, 2022, and August 24, 2022, coinciding with the global outbreak of monkeypox. The search query was English-language tweets containing the term “monkeypox” while excluding retweets. The resulting dataset comprises 1,440,475 tweets authored by 505,163 unique users. To enable supervised classification, a subset of 3,218 tweets was manually annotated into three categories: misinformation, counter-misinformation, and neutral. The labeling process followed guidance from the World Health Organization, ensuring that misinformation was defined relative to authoritative public health information. Within this subset, 1,090 tweets propagated misinformation, 739 represented counter-misinformation efforts that sought to correct falsehoods or spread accurate health advice, and 1,389 were neutral reports or references without a clear stance. This annotated subset served as the foundation for training a classifier that was later applied to the full dataset.


Case study Manchester Arena bombing (Vicari, Elroy, Komendantova, & Yosipof, 2024) 
The Manchester Arena bombing dataset combines press publications and tweets to enable a dual perspective on the Manchester Arena attack across traditional and social media. The press set was assembled from Europresse’s repository of 439 international outlets, restricted to English-language publications between May 22, 2017, and March 16, 2023. Titles containing at least one of the terms “Ariana AND Manchester,” “Manchester AND attack,” “Manchester AND bomb,” or “Manchester AND blast” were selected, resulting in 3,184 articles. The second set consists of social media data collected using Twitter’s API v2 full-archive search endpoint, which was available under the Academic Research track. The query retrieved English-language tweets posted between May 22, 2017, and March 16, 2023, containing “Manchester” along with one or more of the terms “Ariana,” “attack,” “bomb,” or “terror,” while retweets were excluded. This filtering strategy allowed the collection of 89,148 original tweets. Each tweet is paired with metadata, including the date of publication, as well as counts of retweets, likes, and replies. 

Case study misinformation related to Earthquake predictions (Dallo, Elroy, Fallou, Komendantova, & Yosipof, 2023; Elroy & Yosipof, 2023)
The dataset was assembled using Twitter’s API v2 full-archive search endpoint, which provides access to the entire Twitter history under the Academic Research track. Collection covered the period between March 1, 2020, and March 31, 2022, and targeted tweets in English that matched the query [(predict OR forecast OR warn OR updates OR alert) AND (earthquake OR quake OR (seismic AND event) OR seismicity OR shaking OR EQ)]. In total, 82,129 tweets were retrieved, accompanied by user metadata, capturing both the textual content and contextual features of communication on the topic.
To establish ground truth for supervised classification, a sample of 3,584 tweets was manually annotated into three categories: misinformation, not-misinformation, and irrelevant. Within this labeled subset, 698 tweets were identified as misinformation, 1,328 were classified as not-misinformation, and 1,558 were marked as irrelevant. This annotated sample served as the foundation for training a classifier that later classified the full dataset.
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