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eTable 1 TRIPOD-SRMA Checklist
	Section and topic
	Item 
No
	Checklist item
	Page

	Title
	
	
	

	Title
	1
	Identify the report as a systematic review or meta-analysis (or both) of diagnostic or prognostic model studies. Specify the target population and outcome(s) predicted as relevant to the review question.
	1

	Abstract
	
	
	

	Abstract
	2
	See the TRIPOD-SRMA Checklist for Abstracts.
	2

	Introduction
	
	
	

	Rationale
	3
	Describe the rationale for the review in the context of existing knowledge.
	3-5

	Objectives
	4
	Provide an explicit statement of the objective(s) being addressed with reference to: target population, index and comparator models (as relevant), outcome(s), time (prediction horizon and intended moment of using the model), and setting.
	5

	Methods
	
	
	

	Study eligibility 
criteria
	5
	Specify study characteristics used as eligibility criteria, including any prediction models of specific interest, and whether development or validation studies (or both) were eligible.
	6

	Information 
sources
	6
	Specify all databases, registers, websites, organisations, reference lists and other sources searched or consulted to identify studies. Specify the date when each source was last searched or consulted.
	5-6

	Search strategy
	7
	Present the full search strategies for all databases, registers and websites, including any filters and limits used.
	5-6
eTable 3

	Study selection 
process
	8
	Specify the methods used to decide whether a study met the inclusion criteria of the review, including how many reviewers screened each record and each report retrieved, whether they worked independently, and if applicable, details of automation tools used in the process.
	5-6
eTable 2
Fig. 1

	Data collection 
process
	9
	Specify the methods used to collect data from study reports, including how many reviewers collected data from each report, whether they worked independently, any processes for obtaining or confirming data from study investigators, and if applicable, details of automation tools used in the process.
	6-7

	Data Items
	10a
	List and define all items for which data were sought from each study.
	6-7

	
	10b
	State the model performance measures that were sought (e.g., measures of calibration, discrimination, overall model fit, clinical utility).
	7

	
	10c
	Describe how any desired but unreported data items (items 10a, 10b) were handled (e.g., contacted authors, calculated from other reported information).
	7

	Risk of bias and 
applicability 
assessment
	11
	Specify the methods used to assess risk of bias in the included studies and their applicability to the review question. This should be done separately for each model development and validation. Include details of any tool(s) used, how many reviewers assessed each study and whether they worked independently.
	7

	Synthesis 
methods
	12a
	Describe any methods for synthesising estimates of performance measures for each model. If meta-analysis was carried out, describe the methods used, including any transformations of data prior to pooling, how any heterogeneity in model performance was quantified and handled, and software package(s) used.
	7

	
	12b
	Describe any methods used to explore possible causes of heterogeneity in model performance (e.g., subgroup analysis, meta-regression), including whether or not they were planned.
	Not applicable

	
	12c
	Describe any sensitivity analyses conducted to assess robustness of the synthesised results.
	Not applicable

	Certainty 
assessment
	13
	Describe any methods used to assess certainty (or confidence) in the body of evidence for a prediction model.
	Not applicable

	Results
	
	
	

	Study selection
	14
	Describe the results of the search and selection process, from the number of records identified in the search to the number of studies and models included in the review, ideally using a flow diagram.
	8

	Study and model characteristics
	15
	Present study characteristics and model details extracted (as per Item 10a), and cite the study reports.
	9-16
eTable 5
eeTable 1

	Risk of bias and 
applicability
	16
	Present results of risk of bias and applicability assessment. This should be done separately for each model development and validation in each included study.
	17-18
eeTable 6

	Results of model 
performance in 
individual studies
	17
	Present performance estimates and confidence intervals for each model and all evaluations, including whether they relate to the internal or external validation performance. If internal, give details of the method.
	16-17
eeTable 5

	Results of syntheses
	18a
	Present the results of any synthesis of model performance, together with details of which study estimates contributed. If meta-analysis was carried out, then for each model and performance measure, present summary results, confidence/credible intervals and measures of heterogeneity. Forest plots may be useful.
	Not applicable

	
	18b
	For each model, present results of all investigations of possible causes of heterogeneity in model performance.
	Not applicable

	
	18c
	Present results of all sensitivity analyses conducted to assess the robustness of the synthesised results.
	Not applicable

	Certainty of evidence
	19
	Present any assessments of certainty (or confidence) in the body of evidence for each prediction model of interest.
	Not applicable

	Discussion
	
	
	

	Summary of 
evidence
	20
	Summarise the main findings including the strengths and limitations of the evidence.
	18-19

	Limitations
	21
	Discuss the strengths and limitations of the review process.
	32-33

	Implications
	22
	Discuss implications of the results in the context of other evidence and for practice, policy, and future research.
	25-28

	Other information
	
	
	

	Registration and 
protocol
	23a
	Provide registration information for the review, including register name and registration number, or state that the review was not registered.
	5

	
	23b
	Indicate where the review protocol can be accessed, or state that a protocol was not prepared.
	5

	
	23c
	Describe and explain any amendments to information provided at registration or in the protocol.
	Not applicable

	Support
	24
	Describe sources of financial or non-financial support for the review, and the role of the funders or sponsors in the review.
	40

	Competing interests
	25
	Declare any competing interests of review authors.
	40

	Availability of 
data, code, and 
other materials
	26
	Report which of the following are publicly available and where they can be found: template data collection forms; data extracted from included studies; data used for all analyses; analytic code; any other materials used in the review.
	40


This checklist appears in appendix 2 of Snell KIE, Levis B, Damen JAA, et al. Transparent reporting of multivariable prediction models for individual prognosis or diagnosis: checklist for systematic reviews and meta-analyses (TRIPOD-SRMA). BMJ 2023;381:e073538. doi:10.1136/bmj-2022-073538.





[bookmark: _Toc187785443][bookmark: _Toc5097][bookmark: _Toc207632629]eTable 2 Key Items for Framing Aim, Search Strategy, and Study Inclusion and Exclusion Criteria for Systematic Review, Following PICOTS Guidance
	Item
	Definition

	Population
	Not limited

	Intervention
	Any diagnostic or prognostic model to predict any possible diagnostic or clinical outcome in all disease process of leukemia 

	Control
	Not applicable

	Outcomes
	Any diagnostic or clinical outcome reported by diagnostic or prognostic models

	Timing
	Not limited

	Setting
	Inpatient, outpatient or community, etc.







[bookmark: _Toc187785444][bookmark: _Toc207632630][bookmark: _Toc8603]eTable 3	Literature Search Strategy 


eTable 3-1 Search strategy in PubMed
Date: 20230807
	Steps
	Search query
	Results

	#1
	leukemia* OR leukaemia* OR Leukemia[Mesh] OR Leukemias OR Leucocythaemia OR Leucocythaemias OR Leucocythemia OR Leucocythemias(1-3)
	377,857

	#2
	"predictive model*"[Title/Abstract] or "prediction model*"[Title/Abstract] or "predictive rule*"[Title/Abstract] or "prediction rule*"[Title/Abstract] or "predictive equation"[Title/Abstract] or "prediction equation"[Title/Abstract] or "prediction system"[Title/Abstract] or "mathematical model*"[Title/Abstract] or "diagnostic model*"[Title/Abstract] or "prognostic model*"[Title/Abstract](4)
	146,062

	#3
	"risk score*"[Title/Abstract] or "risk model*"[Title/Abstract] or "risk prediction"[Title/Abstract] or "risk calculator"[Title/Abstract] or "risk index"[Title/Abstract] or "decision model*"[Title/Abstract] or "decision rule"[Title/Abstract] or "decision curve"[Title/Abstract](5)
	76,294

	#4
	"nomogram"[Title/Abstract] or "scoring system"[Title/Abstract] or "discrimination"[Title/Abstract] or "calibration"[Title/Abstract](6)
	276,725

	#5
	#2 OR #3 OR #4
	460,433

	#6
	#1 AND #5
	3,750

	#7
	#1 AND #5 AND (humans[Filter])
	3,134




eTable 3-2 Search strategy in Embase
Date: 20230807
	Steps
	Search query
	Results

	#1
	leukemia* OR leukaemia* OR Leukemia OR Leukemias OR Leucocythaemia OR Leucocythaemias OR Leucocythemia OR Leucocythemias:ab,kw,ti
	589,114

	#2
	'predictive model*' OR 'prediction model*' OR 'predictive rule*' OR 'prediction rule*' OR 'predictive equation'/exp OR 'predictive equation' OR 'prediction equation' OR 'prediction system' OR 'mathematical model*' OR 'diagnostic model*' OR 'prognostic model*':ab,kw,ti
	289,811

	#3
	'risk score*' OR 'risk model*' OR 'risk prediction'/exp OR 'risk prediction' OR 'risk calculator'/exp OR 'risk calculator' OR 'risk index'/exp OR 'risk index' OR 'decision model*' OR 'decision rule' OR 'decision curve':ab,kw,ti
	127,055

	#4
	'nomogram'/exp OR 'nomogram' OR 'scoring system'/exp OR 'scoring system' OR 'discrimination'/exp OR  'discrimination' OR 'calibration':ab,kw,ti
	683,628

	#5
	#2 OR #3 OR #4
	1,030,992

	#6
	#1 AND #5
	12,197

	#7
	#6 AND 'human'/de
	11,178






eTable 3-3 Search strategy in Cochrane library
Date: 20230807
	Steps
	Search query
	Results

	#1
	(Leukemia):ti,ab,kw
	16,267

	#2
	leukemia* or leukaemia* OR Leukemia OR Leukemias OR Leucocythaemia OR Leucocythaemias OR Leucocythemia OR Leucocythemias
	17,495

	#3
	(predictive model*):ti,ab,kw OR (prediction model*):ti,ab,kw OR (predictive rule*):ti,ab,kw OR (prediction rule*):ti,ab,kw OR (predictive equation):ti,ab,kw
	28,988

	#4
	(prediction equation):ti,ab,kw OR (prediction system):ti,ab,kw OR (mathematical model*):ti,ab,kw OR (diagnostic model*):ti,ab,kw OR (prognostic model*):ti,ab,kw
	33,265

	#5
	(risk score*):ti,ab,kw OR (risk model*):ti,ab,kw OR (risk prediction):ti,ab,kw OR (risk calculator):ti,ab,kw OR (risk index):ti,ab,kw
	150,820

	#6
	(decision model*):ti,ab,kw OR (decision rule):ti,ab,kw OR (decision curve):ti,ab,kw OR (nomogram):ti,ab,kw OR (scoring system):ti,ab,kw
	76,094

	#7
	(discrimination):ti,ab,kw OR (calibration):ti,ab,kw
	17,618

	#8
	#1 OR #2
	17,495

	#9
	#3 OR #4 OR #5 OR #6 OR #7
	250,550

	#10
	#8 AND #9 in Trials
	2836

	#11
	#8 AND #9 AND Humans in Trials
	2414





eTable 3-4 Search strategy in Web of science
Date: 20230807
	Steps
	Search query
	Results

	#1
	TS=(leukemia* OR leukaemia* OR Leukemia OR Leukemias OR Leucocythaemia OR Leucocythaemias OR Leucocythemia OR Leucocythemias)
	401,133

	#2
	TS=("predictive model*" or "prediction model*" or "predictive rule*" or "prediction rule*" or "predictive equation" or "prediction equation" or "prediction system" or "mathematical model*" or "diagnostic model*" or "prognostic model*")
	503,005

	#3
	TS=("risk score*" or "risk model*" or "risk prediction" or "risk calculator" or "risk index" or "decision model*" or "decision rule" or "decision curve")
	122,929

	#4
	((TI=("nomogram" or "scoring system" or "discrimination" or "calibration")) OR AB=("nomogram" or "scoring system" or "discrimination" or "calibration"))
	588,041

	#5
	#4 OR #3 OR #2
	1,164,919

	#6
	#1 AND #5
	4,855

	#7
	#6 NOT TS=(mice or mouse)
	4,698
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	No (%) or M (IQR)

	Country
	

	United States
	37(25.0)

	China
	34(23.0)

	Germany
	17(11.5)

	Spain
	11(7.4)

	France
	7(4.6)

	Italy
	7(4.6)

	Japan
	6(4.1)

	Korea
	6(4.1)

	Israel
	4(2.7)

	India
	3(2.0)

	Netherlands
	2(1.4)

	Switzerland
	2(1.4)

	United Kingdom
	2(1.4)

	Others
	10(6.8)

	Publication year
	

	2023
	8(5.4)

	2022
	29(19.6)

	2021
	11(7.4)

	2020
	9(6.1)

	2019
	11(7.4)

	1980-2018
	80(54.1)

	Type of model
	

	Prognostic model
	142(95.9)

	Diagnostic model
	6(4.1)

	Type of prediction model study
	

	Development only
	85(57.4)

	Development and external validation
	59(39.9)

	External validation only
	4(2.7)

	Study design
	

	Cohort study
	142(95.9)

	Case-control study
	5(3.4)

	Randomized controlled trial
	1(0.7)

	Sample sizea
	

	development
	412(213-909)

	No of events (development)
	100(46-287)

	external validation
	306(131-680)

	No of events (external validation)
	160.5(29-355)

	Target setting
	

	Inpatients
	147(99.3)

	Community
	1(0.7)

	Outpatient
	0(0.0)

	Target population
	

	AML
	61(41.2)

	CML
	22(14.9)

	CLL
	21(14.2)

	ALL
	18(12.2)

	AL
	11(7.3)

	Leukemia
	4(2.7)

	AML and ALL
	3(2.0)

	APL
	3(2.0)

	Othersb
	5(3.5)

	Prediction outcome
	

	Survival
	100(67.6)

	Diagnosis
	12(8.1)

	Death
	8(5.4)

	Remission
	5(3.4)

	Time to First Treatment
	5(3.4)

	Infection
	4(2.7)

	Othersc
	14(9.4)


a A total of 147, 67, 51 and 20 models were included in the calculation of each sample size, respectively, because 1, 81, 97 and 128 models could not be calculated or lack of information.
b Others included MDS (n=2), AML, ALL and MDS (n=1), AML, ALL and healthy (n=1).
c Others included bleeding (n=2), GVHD (n=2), tumor lysis syndrome (n=2), other complications (n=8).
Abbreviations: AML, acute myeloid leukemia; CLL, chronic lymphocytic leukemia; CML, chronic myelogenous leukemia; ALL, acute lymphocytic leukemia; AL, acute leukemia; APL, acute promyelocytic leukemia; MDS, myelodysplastic syndromes; GVHD, graft-versus-host disease.
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	First author
	Country
	Year
	Setting
	Population
	Outcome(time horizon)
	Sample size
(development)
	No of events
(development)
	Sample size
(external validation)
	No of events
(external validation)
	Type of prediction model study
	Type of model

	Tomoyasu Jo(7)
	Japan
	2022
	inpatients
	ALL
	CE2 for CD3+
	108
	NI
	NI
	NI
	D
	prognostic

	Meng-Zhu Shen(8)
	China
	2022
	inpatients
	AL
	GVHD
	470
	33
	NI
	NI
	D
	prognostic

	Adrienne A. Phillips(9)
	USA
	2010
	inpatient,
outpatient
and database
	ALL
	300-week survival
	89
	1
	NI
	NI
	D
	prognostic

	Armin Rashidi(10)
	USA
	2014
	inpatients
	AML
	60-month survival
	118
	3
	NI
	NI
	D
	prognostic

	Jie Liu(11)
	China
	2022
	inpatients
	Leukemia
	cell types
	4451
	2
	NI
	NI
	D
	diagnostic

	Laura Boldú(12)
	Spain
	2021
	inpatients
	AL
	diagnosis
	16450
	12407
	381
	NI
	D,V
	diagnostic

	Stefano Molica(13)
	Italy
	2005
	inpatients
	CLL
	120-month
survival
	1138
	NI
	NI
	NI
	D
	prognostic

	Jared A. Cohen(14)
	Italy
	2020
	inpatients
	CLL
	survival
	478
	NI
	1401
	NI
	D,V
	prognostic

	Theis H. Terwey(15)
	Germany
	2010
	inpatients
	ALL
	1/2/5-year survival
	151
	NI
	NI
	NI
	V
	prognostic

	Philipp G. Hemmati(16)
	Germany
	2011
	inpatients
	AML
	1/3/5-year survival
	214
	NI
	NI
	NI
	V
	prognostic

	Michael Lauseker(17)
	Germany
	2014
	inpatients
	CML
	5-year remission
	1271
	NI
	NI
	NI
	D
	prognostic

	Hossein Bonakchi(18)
	Iran
	2022
	inpatients
	ALL
	5-year survival
	393
	NI
	NI
	NI
	D
	prognostic

	Istemi Serin(19)
	Turkey
	2022
	inpatients
	AML
	5-year survival
	158
	NI
	NI
	NI
	V
	prognostic

	P Chevallier(20)
	France
	2011
	inpatients
	AML
	2-year survival
	138
	NI
	NI
	NI
	D
	prognostic

	TORSTEN HAFERLACH(21)
	Germany
	2004
	inpatients
	AML
	3-year survival
	321
	233
	680
	374
	D,V
	prognostic

	Joerg Hasford(22)
	Germany
	1998
	inpatients
	CML
	10-year survival
	981
	NI
	1303
	NI
	D,V
	prognostic

	Yun-yan He(23)
	China
	2022
	inpatients
	ALL
	1/2/3-year survival
	1187
	NI
	506
	NI
	D
	prognostic

	Hajime Senjo(24)
	Japan
	2020
	inpatients
	AML
	2-year survival
	174
	NI
	NI
	NI
	V
	prognostic

	Christoph Rollig(25)
	Germany
	2010
	inpatients
	AML
	3-year survival
	909
	NI
	NI
	NI
	D,V
	prognostic

	Qian Zhang(26)
	China
	2023
	inpatients
	ALL
	3-year survival
	324
	NI
	NI
	NI
	D
	prognostic

	Xiaoming Liu(27)
	China
	2022
	inpatients
	ALL
	80-month survival
	90
	NI
	NI
	NI
	D
	prognostic

	Xiao-Lin Yuan(28)
	China
	2023
	inpatients
	AML
	1-year diagnosis
	414
	93
	110
	NI
	D,V
	prognostic

	Meng-Zhu Shen(29)
	China
	2022
	inpatients
	AL
	100-day or 1-year infection
	289
	NI
	NI
	NI
	D
	prognostic

	Shay Perek(30)
	Israel
	2022
	inpatients
	AML
	1-year diagnosis
	632
	64
	NI
	NI
	D
	prognostic

	Dae-Young Kim(31)
	Korea
	2011
	inpatients
	AML
	5-year survival
	142
	91
	NI
	NI
	D
	prognostic

	Anthony R. Mato(32)
	USA
	2006
	inpatients
	AML
	8-day TLS
	194
	19
	NI
	NI
	D
	prognostic

	Xiao-Shuai Zhang(33)
	China
	2022
	inpatients
	CML
	1/3/5-year survival
	1364
	NI
	NI
	NI
	D
	prognostic

	Min Yang(34)
	China
	2021
	inpatients
	AML
	3-year survival
	254
	NI
	75
	NI
	D,V
	prognostic

	M. J. KEATING(35)
	USA
	1982
	inpatients
	AL
	survival
	325
	100
	NI
	NI
	D
	prognostic

	Yigang Tang(36)
	China
	2022
	inpatients
	AML
	1/3/5-year survival
	417
	NI
	653
	NI
	D,V
	prognostic

	Juan M. Bergua(37)
	Spain
	2016
	inpatients
	AML
	5-year survival
	259
	NI
	NI
	NI
	D
	prognostic

	Francis J. Giles(38)
	USA
	2003
	inpatients
	CLL
	6/12/18-month survival
	90
	NI
	NI
	NI
	D
	prognostic

	Alfonso Quintás-Cardama(39)
	USA
	2014
	inpatients
	MDS
	1-year survival
	1436
	NI
	NI
	NI
	D
	prognostic

	Philippe Armand(40)
	USA
	2008
	inpatients
	AML, ALL 
and MDS
	5-year survival
	445
	NI
	NI
	NI
	D
	prognostic

	Nico Gagelmann(41)
	France
	2021
	inpatients
	CML
	5-year survival
	240
	NI
	NI
	NI
	D
	prognostic

	Anjali Advani(42)
	USA
	2009
	inpatients
	ALL
	1/2/5-year survival
	77
	NI
	NI
	NI
	D
	prognostic

	Albin Österroos(43)
	Sweden
	2022
	inpatients
	AML
	30-day death
	301
	59
	129
	24
	D,V
	prognostic

	Le-Qing Cao(44)
	China
	2021
	inpatients
	ALL
	5-year diagnosis
	477
	NI
	NI
	NI
	D
	prognostic

	M. K. PALMER(45)
	USA
	1980
	inpatients
	ALL
	5-year remission
	209
	NI
	NI
	NI
	D
	prognostic

	Emilie Bérard(46)
	France
	2022
	inpatients
	AML
	5-year survival
	636
	NI
	563
	NI
	D,V
	prognostic

	David Valcarcel(47)
	Spain
	2012
	inpatients
	AML
	42-day death
	570
	63
	209
	37
	D,V
	prognostic

	Michele Malagola(48)
	Italy
	2011
	inpatients
	AML
	5-year survival
	337
	NI
	193
	NI
	D,V
	prognostic

	Emma J. Verwaaijen(49)
	Netherlands
	2021
	inpatients
	ALL
	1-year bone 
fragility
	249
	60
	99
	27
	D,V
	prognostic

	Paola Lecca(50)
	Italy
	2016
	database
	CML
	lifetime diagnosis
	NI
	NI
	NI
	NI
	D,V
	prognostic

	Marta Solans(51)
	Spain
	2018
	inpatients
	CLL
	diagnosis
	1974
	369
	NI
	NI
	D
	prognostic

	Ping Cai(52)
	China
	2020
	inpatients
	APL
	30-day death
	570
	43
	NI
	NI
	D
	prognostic

	Pradeep Kumar Das(53)
	India
	2022
	inpatients
	AML, ALL 
and healthy
	diagnosis
	448
	219
	300
	150
	D,V
	diagnostic

	Roni Shouval(54)
	Israel
	2017
	inpatients
	AL
	2-year survival
	3140
	NI
	NI
	NI
	D
	prognostic

	The International 
CLL-IPI working group(55)
	Germany
	2016
	inpatients
	CLL
	5-year survival
	3472
	462
	1254
	NI
	D,V
	prognostic

	MM Patnaik(56)
	France
	2014
	inpatients
	CML
	200-month survival
	466
	NI
	NI
	NI
	D
	prognostic

	Govind Babu Kanakaset(57)
	India
	2017
	inpatients
	CML
	5-year survival
	371
	NI
	NI
	NI
	D
	prognostic

	Jingjing Pan(58)
	China
	2022
	inpatients
	AML
	1/3/5-year survival
	151
	NI
	1054
	NI
	D,V
	prognostic

	Tycho Baumann(59)
	Spain
	2014
	inpatients
	CLL
	survival
	949
	NI
	NI
	NI
	D
	prognostic

	Heng Li(60)
	China
	2017
	inpatients
	CLL
	TTFT
	406
	NI
	NI
	NI
	D
	prognostic

	Jose F. Falantes(61)
	Spain
	2013
	inpatients
	AML
	2-year survival
	332
	100
	NI
	NI
	D
	prognostic

	Friederike Pastore(62)
	Germany
	2014
	inpatients
	AML
	5-year survival
	669
	NI
	529
	NI
	D,V
	prognostic

	Mohamed L. Sorror(63)
	USA
	2007
	inpatients
	AML
	2-year survival
	577
	NI
	NI
	NI
	D
	prognostic

	Utz Krug(64)
	Germany
	2010
	inpatients
	AML
	60-day death
	1406
	332
	801
	171
	D,V
	prognostic

	Fan Zhou(65)
	China
	2019
	inpatients
	AML
	1-year survival
	170
	NI
	NI
	NI
	D
	prognostic

	Fu Li(66)
	China
	2022
	inpatients
	AML
	survival
	97
	NI
	306
	NI
	D,V
	prognostic

	Celalettin Ustun(67)
	USA
	2018
	inpatients
	AML
	2-year survival
	247
	89
	NI
	NI
	D
	prognostic

	Piyanuch Kongtim(68)
	USA
	2019
	inpatients
	AML
	survival
	944
	NI
	NI
	NI
	D
	prognostic

	Ting-Ting Ma(69)
	China
	2020
	inpatients
	AML
	1/2/3-year survival
	412
	NI
	238
	NI
	D,V
	prognostic

	Jun Li(70)
	China
	2022
	inpatients
	AML
	survival
	597
	NI
	189
	NI
	D,V
	prognostic

	Esperanza Such(71)
	Spain
	2013
	inpatients
	CML
	survival
	558
	NI
	274
	NI
	D,V
	prognostic

	Cong Wei(72)
	China
	2022
	inpatients
	AML
	5-year survival
	221
	NI
	579
	NI
	D,V
	prognostic

	Pau Montesinos(73)
	Spain
	2006
	inpatients
	AML
	3-day TLS
	614
	101
	NI
	NI
	D
	prognostic

	Yingmei Zhang(74)
	China
	2018
	inpatients
	APL
	30-day death
	275
	58
	89
	12
	D,V
	prognostic

	Yinjun Lou(75)
	China
	2017
	inpatients
	APL
	30-day death
	526
	38
	NI
	NI
	D
	prognostic

	Ling Ma(76)
	China
	2023
	inpatients
	ALL
	5-year survival
	1460
	NI
	NI
	NI
	D
	prognostic

	Florian Huemer(77)
	Austria
	2018
	inpatients
	CML
	TTFT
	55
	NI
	65
	NI
	D,V
	prognostic

	Jinman Zhong(78)
	China
	2021
	inpatients
	AML
	1/3/5-year survival
	293
	NI
	307
	NI
	D,V
	prognostic

	Ljubomir Buturovic(79)
	USA
	2018
	inpatients
	AML and ALL
	5-year survival
	733
	287
	522
	NI
	D,V
	prognostic

	SUNG J. CHUNGG(80)
	USA
	1991
	inpatients
	AML
	survival
	33
	NI
	NI
	NI
	D
	prognostic

	Hangseok Choi(81)
	Korea
	2013
	inpatients
	AML
	survival
	118
	NI
	NI
	NI
	D,V
	prognostic

	Silvia Park(82)
	Korea
	2018
	inpatients
	AML
	survival
	104
	45
	NI
	NI
	D
	prognostic

	Jinghua Wang(83)
	China
	2022
	inpatients
	AML
	1/3/5-year survival
	151
	NI
	259
	NI
	D,V
	prognostic

	Jingxian Gu(84)
	China
	2022
	inpatients
	ALL
	28-day remission
	286
	NI
	NI
	NI
	D
	prognostic

	Jian-Ying Zhou(85)
	China
	2023
	inpatients
	CML
	3-year survival
	119
	NI
	99
	NI
	D,V
	prognostic

	Roni Shouval(86)
	Israel
	2019
	inpatients
	AML
	1/3/5-year survival
	956
	NI
	NI
	NI
	D
	prognostic

	Frederik Damm(87)
	Germany
	2011
	inpatients
	AML
	survival
	275
	NI
	131
	NI
	D,V
	prognostic

	Adalgisa Condoluci(88)
	Switzerland
	2020
	inpatients
	CLL
	1/5-year TTFT
	333
	NI
	NI
	NI
	D,V
	prognostic

	Blanca Molina(89)
	Spain
	2019
	inpatients
	Leukemia
	3-month diagnosis
	353
	104
	90
	NI
	D,V
	prognostic

	Rangit R. Vallapuredd(90)
	USA
	2019
	inpatients
	Leukemia
	5-year diagnosis
	1306
	1157
	NI
	NI
	D
	diagnostic

	Bernice L. Z. Oh(91)
	Singapore
	2022
	inpatients
	ALL
	infection
	2068
	136
	NI
	NI
	D
	prognostic

	Shenrui Bai(92)
	China
	2023
	inpatients
	AML
	5-year survival
	214
	NI
	NI
	NI
	D,V
	prognostic

	Jennifer R. Brown(93)
	USA
	2013
	inpatients
	CLL
	5-year survival
	76
	46
	NI
	NI
	D
	prognostic

	Roni Shouval(94)
	Israel
	2015
	inpatients
	AL
	100-day survival
	28236
	3936
	NI
	NI
	D,V
	prognostic

	Rudi Agius(95)
	Denmark
	2020
	inpatients
	CLL
	3-month or 2-year infection
	4149
	501
	365
	220
	D,V
	prognostic

	Sara Arabyarmohammadi(96)
	USA
	2022
	inpatients
	AML
	5-year diagnosis
	92
	44
	NI
	NI
	D
	prognostic

	Kyoko Fuse(97)
	Japan
	2019
	inpatients
	AL
	1-year diagnosis
	217
	163
	NI
	NI
	D
	prognostic

	Shigeki Hirabayashi(98)
	Japan
	2021
	inpatients
	AML
	1/3/5-year survival
	3052
	NI
	762
	NI
	D,V
	prognostic

	Menachem Bitan(99)
	USA
	2017
	inpatients
	AML and ALL
	1/2/3/4-year survival
	1886
	NI
	NI
	NI
	D
	prognostic

	Farshid Dayyani(100)
	USA
	2011
	inpatients
	Leukemia
	death
	118
	90
	NI
	NI
	D
	prognostic

	Diva Baggio(101)
	Australia
	2021
	inpatients
	CML
	10-year cardiovascular events
	88
	10
	NI
	NI
	D
	prognostic

	Jurjen Versluis(102)
	USA
	2022
	inpatients
	AML
	14-160 days bleeding
	341
	20
	143
	14
	D,V
	prognostic

	Inhye E. Ahn(103)
	USA
	2020
	inpatients
	CLL
	3-year survival
	720
	NI
	84
	NI
	D,V
	prognostic

	Markus Pfi rrmann(104)
	Germany
	2012
	inpatients
	AML
	survival
	452
	256
	407
	NI
	D,V
	prognostic

	TERRY L. SMITH(105)
	USA
	1982
	inpatients
	AL
	remission
	300
	181
	107
	64
	D,V
	prognostic

	Koji Sasaki(106)
	USA
	2022
	inpatients
	AML
	2/5-year survival
	2790
	2154
	938
	729
	D,V
	prognostic

	Koji Sasaki(107)
	USA
	2023
	inpatients
	AML
	1/3-year survival
	1462
	555
	NI
	NI
	D
	prognostic

	Moshe C. Ornstein(108)
	USA
	2014
	inpatients
	AML
	survival
	58
	46
	NI
	NI
	D
	prognostic

	Krzysztof Madry(109)
	Poland
	2019
	inpatients
	AML, CML 
and MDS
	infection
	232
	143
	NI
	NI
	D
	diagnostic

	A. Heinecke(110)
	Germany
	1990
	inpatients
	AML
	remission
	501
	245
	419
	283
	D,V
	prognostic

	Xiao-shuai Zhang(111)
	China
	2022
	inpatients
	CML
	1/3/5-yearmolecular responses
	1369
	264
	NI
	NI
	D
	prognostic

	Xiaoya Yun(112)
	China
	2021
	inpatients
	CLL
	5-year survival
	150
	NI
	NI
	NI
	D
	prognostic

	Francesco Onida(113)
	USA
	2016
	inpatients
	CML
	10-year survival
	213
	46
	51
	35
	D,V
	prognostic

	P.R.E.JOHNSON(114)
	UK
	1993
	inpatients
	AML
	survival
	104
	60
	NI
	NI
	D
	prognostic

	Hiroo Katsuya(115)
	Japan
	2012
	inpatients
	AL
	survival
	807
	641
	NI
	NI
	D
	prognostic

	Manuela A. Hoechstett(116)
	Germany
	2020
	inpatients
	CLL
	survival
	539
	531
	NI
	NI
	D
	prognostic

	Sung-Soo Park(117)
	Korea
	2018
	inpatients
	AML
	4-year survival
	78
	22
	NI
	NI
	D
	prognostic

	Jacob D Soumerai(118)
	USA
	2019
	inpatients
	CLL
	survival
	969
	257
	1506
	483
	D,V
	prognostic

	Irena Djunic(119)
	Serbia
	2012
	inpatients
	AML
	survival
	102
	NI
	NI
	NI
	D
	prognostic

	Haesook T. Kim(120)
	USA
	2019
	inpatients
	CLL
	4-year survival
	606
	349
	NI
	NI
	D
	prognostic

	Raphael Itzykson(121)
	France
	2013
	inpatients
	CML
	survival
	312
	134
	165
	NI
	D,V
	prognostic

	DONG HWAN KIM(122)
	korea
	2006
	inpatients
	AML
	survival
	199
	117
	NI
	NI
	D
	prognostic

	A Gratwohl(123)
	Switzerland
	1998
	inpatients
	CML
	5-year survival
	3142
	1220
	NI
	NI
	D
	prognostic

	N-C Gorin(124)
	France
	2003
	inpatients
	ALL
	survival
	414
	NI
	NI
	NI
	D
	prognostic

	Xiao-Lin Yuan(28)
	China
	2023
	inpatients
	AML
	1-year GVHD
	414
	93
	110
	13
	D,V
	prognostic

	H Kim(125)
	Korea
	2006
	inpatients
	AL
	bleeding
	792
	419
	NI
	NI
	D,V
	prognostic

	F Sto¨lzel(126)
	Germany
	2011
	inpatients
	AML
	survival
	305
	52
	195
	40
	D,V
	prognostic

	Weerapat Owattanapani(127)
	Thailand
	2023
	inpatients
	AL
	thrombosis
	261
	60
	NI
	NI
	D
	prognostic

	Margriet Oosterveld(128)
	Netherlands
	2015
	inpatients
	AML
	survival
	692
	472
	844
	428
	D,V
	prognostic

	Binbin Lai(129)
	China
	2022
	inpatients
	AML
	survival
	171
	NI
	403
	NI
	D,V
	prognostic

	Xiangyu Gao(130)
	China
	2020
	inpatients
	ALL
	3/5-year death
	1119
	NI
	197
	NI
	D,V
	prognostic

	Xiaoning Wang(131)
	China
	2023
	inpatients
	AML
	survival
	536
	NI
	NI
	NI
	D
	prognostic

	Claudia Haferlach(132)
	Germany
	2010
	inpatients
	CLL
	survival
	482
	NI
	NI
	NI
	D
	prognostic

	Chunli Zhang(133)
	China
	2021
	inpatients
	AML
	survival
	228
	NI
	NI
	NI
	D
	prognostic

	Yanis Tazi(134)
	USA
	2022
	inpatients
	AML
	survival
	2113
	NI
	NI
	NI
	D
	prognostic

	William G. Wierda(135)
	USA
	2007
	inpatients
	CLL
	5/10-year survival
	1561
	NI
	NI
	NI
	D
	prognostic

	William G. Wierda(136)
	USA
	2011
	inpatients
	CLL
	2/4-year TTFT
	930
	869
	NI
	NI
	D
	prognostic

	Yu Kang(137)
	USA
	2019
	inpatients
	AML and ALL
	HF
	450
	40
	NI
	NI
	D
	prognostic

	Jacob D. Soumerai(118)
	USA
	2019
	inpatients
	CLL
	survival
	969
	257
	1506
	483
	D,V
	prognostic

	Francisco Cervantes(138)
	Spain
	1982
	inpatients
	CML
	survival
	121
	52
	NI
	NI
	D
	prognostic

	M Gentile(139)
	Italy
	2016
	inpatients
	CLL
	survival
	480
	NI
	428
	298
	D,V
	prognostic

	Esperanza Such(140)
	Spain
	2011
	inpatients
	CML
	5-year survival
	414
	NI
	NI
	NI
	D
	prognostic

	Markus Pfirrmann(141)
	Germany
	2015
	inpatients
	CML
	8-year survival
	2290
	2082
	1120
	NI
	D,V
	prognostic

	Joerg Hasford(142)
	Germany
	2011
	inpatients
	CML
	cytogenetic response
	1223
	NI
	NI
	NI
	D
	prognostic

	Fortunato Morabito(143)
	Italy
	2009
	inpatients
	CLL
	TTFT
	262
	67
	NI
	NI
	D
	prognostic

	Keith Wheatley(144)
	UK
	2009
	inpatients
	AML
	1-year survival
	1071
	161
	1412
	222
	D,V
	prognostic

	Peter Greenberg(145)
	USA
	1997
	inpatients
	AML
	survival
	816
	NI
	NI
	NI
	D
	prognostic

	Hagop M. Kantarjian(146)
	USA
	1985
	inpatients
	CML
	survival
	303
	NI
	NI
	NI
	D
	prognostic

	Laurene Fenwarth(147)
	France
	2021
	inpatients
	AML
	5-year survival
	656
	NI
	NI
	NI
	D
	prognostic

	Francesco Onida(113)
	USA
	2002
	inpatients
	CML
	10-year survival
	213
	NI
	NI
	NI
	D
	prognostic

	Hagop Kantarjian(148)
	USA
	2008
	inpatients
	MDS
	survival
	1915
	NI
	NI
	NI
	D,V
	prognostic

	SANTE TUR(149)
	Italy
	1981
	inpatients
	CML
	survival
	255
	NI
	153
	NI
	D,V
	prognostic

	Takeshi Inukai(150)
	Japan
	2011
	inpatients
	ALL
	survival
	91
	NI
	NI
	NI
	D
	prognostic

	Dinesh Chandra(151)
	India
	2021
	inpatients
	ALL
	diagnosis
	120
	29
	NI
	NI
	D
	diagnostic


Abbreviations: AML, acute myeloid leukemia; CLL, chronic lymphocytic leukemia; CML, chronic myelogenous leukemia; ALL, acute lymphocytic leukemia; AL, acute leukemia; APL, acute promyelocytic leukemia; MDS, myelodysplastic syndromes; CE2, collection efficiency 2; GVHD, graft-versus-host disease; TTFT, time to first treatment; TLS, tumor lysis syndrome; HF, heart failure; NI, no information; D, development only; V, external validation only; D,V, development with external validation.
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	Population
	Outcome
	Time horizon
	Number of models
	AUC Reported
	AUC and 95%CI Reported
	C-statistic Reported
	C-statistic and 95%CI Reported

	AL
	survival
	NI
	2
	0
	0
	0
	0

	AL
	bleeding
	NI
	1
	0
	0
	0
	0

	AL
	diagnosis
	1-year
	1
	1
	0
	0
	0

	AL
	diagnosis
	NI
	1
	0
	0
	0
	0

	AL
	GVHD
	NI
	1
	1
	0
	0
	0

	AL
	infection
	100-day or 1-year
	1
	1
	0
	0
	0

	AL
	remission
	NI
	1
	0
	0
	0
	0

	AL
	survival
	100-day
	1
	1
	0
	0
	0

	AL
	survival
	2-year
	1
	1
	1
	1
	1

	AL
	thrombosis
	NI
	1
	1
	1
	0
	0

	ALL
	survival
	1/2/5-year
	2
	0
	0
	0
	0

	ALL
	survival
	5-year
	2
	0
	0
	0
	0

	ALL
	survival
	NI
	2
	0
	0
	0
	0

	ALL
	bone fragility
	1-year
	1
	1
	1
	0
	0

	ALL
	CE2 for CD3+
	NI
	1
	0
	0
	0
	0

	ALL
	death
	3/5-year
	1
	1
	0
	0
	0

	ALL
	diagnosis
	5-year
	1
	0
	0
	0
	0

	ALL
	diagnosis
	NI
	1
	1
	0
	0
	0

	ALL
	infection
	NI
	1
	1
	1
	0
	0

	ALL
	remission
	28-day
	1
	1
	1
	0
	0

	ALL
	remission
	5-year
	1
	0
	0
	0
	0

	ALL
	survival
	1/2/3-year
	1
	1
	0
	1
	1

	ALL
	survival
	300-week
	1
	0
	0
	0
	0

	ALL
	survival
	3-year
	1
	0
	0
	0
	0

	ALL
	survival
	80-month
	1
	0
	0
	0
	0

	AML
	survival
	NI
	19
	5
	1
	2
	2

	AML
	survival
	5-year
	9
	3
	1
	4
	1

	AML
	survival
	1/3/5-year
	7
	5
	2
	2
	1

	AML
	survival
	2-year
	5
	1
	0
	1
	0

	AML
	survival
	3-year
	3
	1
	0
	1
	1

	AML
	survival
	1-year
	2
	0
	0
	0
	0

	AML
	diagnosis
	1-year
	2
	2
	1
	1
	0

	AML
	TLS
	3-day
	1
	0
	0
	0
	0

	AML
	TLS
	8-day
	1
	1
	0
	0
	0

	AML
	survival
	1/2/3-year
	1
	1
	1
	1
	1

	AML
	survival
	1/3-year
	1
	0
	0
	1
	0

	AML
	survival
	2/5-year
	1
	0
	0
	1
	0

	AML
	survival
	4-year
	1
	0
	0
	0
	0

	AML
	survival
	60-month
	1
	0
	0
	0
	0

	AML
	remission
	NI
	1
	0
	0
	0
	0

	AML
	GVHD
	1-year
	1
	1
	0
	0
	0

	AML
	diagnosis
	5-year
	1
	1
	0
	0
	0

	AML
	death
	30-day
	1
	1
	1
	0
	0

	AML
	death
	42-day
	1
	0
	0
	0
	0

	AML
	death
	60-day
	1
	1
	0
	0
	0

	AML
	bleeding
	14-160 days
	1
	0
	0
	0
	0

	AML and ALL
	HF
	NI
	1
	0
	0
	0
	0

	AML and ALL
	survival
	1/2/3/4-year
	1
	0
	0
	0
	0

	AML and ALL
	survival
	5-year
	1
	0
	0
	0
	0

	AML, ALL and healthy
	diagnosis
	NI
	1
	1
	0
	0
	0

	AML, ALL and MDS
	survival
	5-year
	1
	0
	0
	1
	0

	AML, CML and MDS
	infection
	NI
	1
	0
	0
	0
	0

	APL
	death
	30-day
	3
	3
	3
	0
	0

	CLL
	survival
	NI
	7
	0
	0
	5
	3

	CLL
	survival
	5-year
	3
	1
	1
	1
	1

	CLL
	TTFT
	NI
	2
	1
	0
	0
	0

	CLL
	diagnosis
	NI
	1
	0
	0
	0
	0

	CLL
	infection
	3-month or 2-year
	1
	1
	1
	0
	0

	CLL
	survival
	120-month
	1
	0
	0
	0
	0

	CLL
	survival
	3-year
	1
	0
	0
	1
	0

	CLL
	survival
	4-year
	1
	0
	0
	0
	0

	CLL
	survival
	5/10-year
	1
	0
	0
	0
	0

	CLL
	survival
	6/12/18-month
	1
	0
	0
	0
	0

	CLL
	TTFT
	1/5-year
	1
	0
	0
	1
	0

	CLL
	TTFT
	2/4-year
	1
	0
	0
	0
	0

	CML
	survival
	NI
	5
	0
	0
	0
	0

	CML
	survival
	5-year
	4
	0
	0
	1
	1

	CML
	survival
	10-year
	3
	0
	0
	0
	0

	CML
	cardiovascular events
	10-year
	1
	0
	0
	0
	0

	CML
	cytogenetic response
	NI
	1
	0
	0
	0
	0

	CML
	diagnosis
	lifetime
	1
	0
	0
	0
	0

	CML
	molecular responses
	1/3/5-year
	1
	1
	1
	1
	1

	CML
	remission
	5-year
	1
	0
	0
	0
	0

	CML
	survival
	1/3/5-year
	1
	1
	1
	0
	0

	CML
	survival
	200-month
	1
	0
	0
	0
	0

	CML
	survival
	3-year
	1
	1
	1
	0
	0

	CML
	survival
	8-year
	1
	0
	0
	0
	0

	CML
	TTFT
	NI
	1
	0
	0
	0
	0

	Leukemia
	cell types
	NI
	1
	0
	0
	0
	0

	Leukemia
	death
	NI
	1
	0
	0
	0
	0

	Leukemia
	diagnosis
	3-month
	1
	0
	0
	0
	0

	Leukemia
	diagnosis
	5-year
	1
	1
	0
	0
	0

	MDS
	survival
	1-year
	1
	0
	0
	0
	0

	MDS
	survival
	NI
	1
	0
	0
	0
	0

	Abbreviations: AML, acute myeloid leukemia; CLL, chronic lymphocytic leukemia; CML, chronic myelogenous leukemia; ALL, acute lymphocytic leukemia; AL, acute leukemia; APL, acute promyelocytic leukemia; MDS, myelodysplastic syndromes; CE2, collection efficiency 2; GVHD, graft-versus-host disease; TTFT, time to first treatment; TLS, tumor lysis syndrome; HF, heart failure; NI, no information; AUC, area under receiver operating characteristic curve.
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	Jun Li(70)
(2022)
	Yingmei Zhang(74) 
(2018)
	Xiangyu Gao(130)
 (2020)
	M Pfirrmann(141)
(2015)
	The International CLL-IPI working group(55) (2016)
	Laura Boldú(12)
(2021)

	Study population
	AML
	APL
	ALL
	CML
	CLL
	AL

	Clinical setting
	Inpatients
	Inpatients
	Inpatients
	Inpatients
	Inpatients
	Inpatients

	Outcome
	Overall survival
	Death (30 days)
	Death (3 or 5 years)
	Survival (8-year)
	Survival (5-year)
	Diagnosis

	Sample size
	
	
	
	
	
	

	Development
	597
	275
	1119
	2290
	3472
	16450

	External validation
	189
	89
	197
	1120
	1254
	12407

	EPV
	85.5
	7.3
	81.4
	520.5
	92.4
	N/A

	No. candidate predictors
	14
	10
	12
	8
	27
	N/A

	Included predictors
	Age at diagnosis (y),−7∕del(7q)or−5∕del(5q),CBF fusion gene,FLT3-ITD/NPM1 status, CEBPA biallelic mutation,WT1 mutation (n=6)
	De novo/Relapse, Age, WBC, Serum Fibrinogen, Creatinine, Uric Acid, Aspartate Aminotransferase, Albumin (n=8)
	Age,gender,WBC,CNSL,BMR,CNSR,BCR_ABL1,Diagnostic Status, BMA29,MRD29,DNA index (n=11)
	Age, Spleen size below costal margin, Blasts in peripheral blood, Platelet count(n=4)
	TP53 status, IGHV mutational status,serum β2-microglobulin concentration,clinical stage,age(n=5)
	N/A

	Time of using the model
	Before allo-HSCT
	Time of diagnosis
	Time of diagnosis
	Time of diagnosis
	Time of diagnosis
	Time of diagnosis

	Modelling method
	Cox proportional-hazards regression
	Logistic regression
	Multiple linear regression
	Cox proportional-hazards regression
	Cox proportional-hazards regression
	Neural network

	External validation
	Geographical validation
	External validation in same center, new patients and later period
	Different setting validation
	Geographical validation
	Different setting validation
	Different setting validation

	Discrimination
	
	
	
	
	

	C index
	0.68(0.64-0.71)
	NI
	0.83a
	NI
	0.723(0.684-0.752)
	NI

	AUC
	0.72a
	0.82(0.79-0.84)
	0.86a
	NI
	NI
	1.0

	Calibration
	Calibration plot
	Calibration slope: 0.817(0.693-0.937)
	NI
	NI
	NI
	NI

	Model Presentation
	Risk score, web-based dynamic calculator
	Risk score
	The Nomogram prediction model
	Risk score
	Risk score
	End-to-end image classification system

	Risk of bias
	Unclear
(unclear ROB in the analysis domain)
	Unclear
(unclear ROB in the analysis domain)
	Unclear
(unclear ROB in the predictors,outcome,analysis domain)
	High
(high ROB in the predictors,analysis domain)
	High
(high ROB in the analysis domain)
	High
(high ROB in the analysis domain)

	Cited Articlesb
	2
	6
	2
	216
	519
	70

	Precautions for use
	①Applicability: Only for AML patients planned for allo-HSCT.
②Performance: Limited discrimination (C-index 0.68); use cautiously for high-risk decisions.
③Predictors: Genetic markers (e.g., FLT3-ITD, NPM1) 
④ROB: Unclear ROB in the analysis domain
	①Outcome: Predicts only 30-day mortality, not long-term survival.
②Sample Size: Relatively small development and validation samples may affect stability.
③Calibration: Limited calibration information (only slope reported).
④Predictors: common lab tests
⑤ROB: Unclear ROB in the analysis domain
	①Predictors: Includes genetic and MRD markers; confirm local test availability.
②Outcome: Predicts only 3 years or 5 years mortality
③ROB: Unclear ROB in predictors and outcome definition.
	①ROB: High ROB in predictors and analysis domain; reliability is concerning.
②Performance: No discrimination and calibration metrics reported
③Predictors: Uses readily available clinical variables, suitable for basic settings
	①ROB: High ROB in the analysis domain.
②Predictors: Includes molecular markers (TP53, IGHV); ensure test availability.
③Performance: No calibration metrics reported

	①Interpretability: Neural network is a "black box"; difficult to understand predictions.
②Performance: Perfect AUC (1.0) suggests potential overfitting; generalizability is questionable
③ROB: High ROB in the analysis domain


a Not reported 95% CI.
b As of August 20, 2025.
Abbreviations: AML,acute myeloid leukemia; APL,acute promyelocytic leukemia; ALL,acute lymphoblastic leukemia; CML,chronic myeloid leukemia;CLL,chronic lymphocytic leukemia;AL,acute leukemia;WBC, white blood cell; CNSL, central nervous system leukemia;BMR, bone marrow relapse;CNSR, central nervous system relapse; BCR-ABL1,breakpoint cluster region – abelson leukemia virus 1;BMA29 ,bone marrow morphology on day 29;MRD29,minimal residual disease on day 29;FLT3-ITD, FMS-like tyrosine kinase 3-tyrosine kinase domain;NPM1, nucleophosmin1;CEBPA, biallelic CCAAT enhancer binding protein alpha; WT1,Wilms Tumor 1;TP53,tumor protein P53;IGHV,immunoglobulin heavy-chain variable region;CBF, core binding factor;allo-HSCT, allogeneic hematopoietic stem cell transplantation;EPV,events per variable;C index,Concordance index;AUC,Area Under the ROC Curve;NI, no information;N/A,not applicable.
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