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Introduction to Supplementary Material
This document serves as a supplementary resource for the paper " A Holistic Framework to Create Intelligent Systems for Psychomotor Learning: A Systematic Review and Insights from the Virtual Reality Kenpo Learning Simulator." It provides extended details of the systematic review conducted in the main study, including additional insights into the selection criteria, methodologies, and findings that shaped the development of the proposed framework, PsyLearn.
The systematic review aimed to analyze existing methodologies, frameworks, and technologies employed in the development of Intelligent Systems for Psychomotor Learning (ISPLs). The review identified critical gaps in the literature, particularly the lack of comprehensive frameworks guiding the structured design of ISPLs. This supplement expands on these findings by presenting additional data tables. To solve the identified gaps in the literature, the main document introduces PsyLearn, a holistic framework derived from the systematic review’s insights and the experience of creating the Kenpo Learning System (KLS), an ISPL that used AI and XR technologies to teach martial arts defensive movements. 
By providing these extended details, this supplement aims to offer researchers and practitioners a deeper understanding of the systematic review process followed and the rationale behind PsyLearn, reinforcing the contributions made in the main paper.
Systematic Review: Extended Details
[bookmark: _Hlk191491678][bookmark: _Hlk191491696]This systematic review was conducted following the Preferred Reporting Items for Systematic Reviews and Meta-Analyses (PRISMA) guidelines (Page et al., 2021) where applicable. A PRISMA flow diagram (Fig S1.1) illustrates the selection process using the following databases: Scopus [footnoteRef:1], Web of Science [footnoteRef:2], IEEE Xplore [footnoteRef:3],  ACM DL [footnoteRef:4], PubMed [footnoteRef:5], APA PsycINFO [footnoteRef:6] and ERIC [footnoteRef:7]. These databases were chosen to cover fields such as computer science, artificial intelligence, health sciences, psychology, and education, ensuring a comprehensive search. [1:  https://www.scopus.com/ ]  [2:  https://www.webofscience.com/]  [3:  https://ieeexplore.ieee.org/]  [4:  https://dl.acm.org/ ]  [5:  https://pubmed.ncbi.nlm.nih.gov/]  [6:  https://www.apa.org/pubs/databases/psycinfo ]  [7:  https://eric.ed.gov/ ] 

A search query was formulated using key terms related to “Intelligent Systems,” “Psychomotor Learning,” and “Framework.” After several iterations to refine the query and ensure relevance, the final query was:
("Intelligent Systems" OR "Artificial Intelligence" OR "Machine Learning" OR "AI") AND ("Psychomotor Activities" OR "Motor Skills" OR "Psychomotor Learning" OR "Physical Skills" OR "Movement Skills" OR "Motor Learning" OR "Sensorimotor Learning") AND ("Framework" OR "Methodology" OR "Paradigm" OR “Review”) NOT ("Humanoid" OR "Robotic" OR "Robotics")
The terms “Robotic,” “Robotics,” and “Humanoid” were excluded to avoid irrelevant results from robotics, animation, and simulation fields. The review focused on studies implementing, conceptualizing, or analyzing Intelligent Systems for Psychomotor Learning (ISPLs), including reviews that could provide useful methodologies for ISPL creation. Note that the search query does not explicitly include terms related to “Virtual Reality”, like “simulation”, “immersive”, or “virtual environments”. This omission is intentional. The scope of the review focused on identifying frameworks and methodologies that are generalizable, rather than tied to specific technologies or psychomotor activities (see Inclusion Criterion #5). This ensured that ISPLs employing generalizable frameworks, whether VR-based or not, would emerge naturally through broader conceptual terms.
The following inclusion criteria were formulated:
1. The study must be peer-reviewed and published in a book, journal, or conference. Papers marked as retracted are automatically excluded.
2. The study must implement, conceptualize, or analyze an ISPL using some kind of methodology, framework, or paradigm.
3. The learners must be humans. Not robots, animals, or virtual agents.
4. The papers must focus on skills learning on healthy subjects [footnoteRef:8]. [8:  Learning or regaining motor skills in non-healthy persons can differ significantly and should be addressed in a different way (Krakauer, 2006).] 

5. The methods used must be generalizable, and not specific to a technology or psychomotor activity [footnoteRef:9]. [9:  However, if the framework or part of it is easily generalizable, or the authors claim it can be generalizable in some way, it will be included.] 

The search query returned 1,991 results across the selected databases [footnoteRef:10]. After removing duplicates and retracted papers 1,792 documents remained. These were filtered by title and abstract, resulting in 240 papers for in-depth analysis. After applying the inclusion criteria, 16 papers were selected. Three additional documents from a previous systematic review on ISPLs (Casas-Ortiz et al., 2023) that comply with the inclusion criteria were included, bringing the total to 19 documents: (Casas-Ortiz et al., 2023; Casas-Ortiz & Santos, 2021b, 2021a; Echeverria & Santos, 2021a, 2021b; Glushkova et al., 2023; Glushkova & Manitsaris, 2018; Iqbal & Sidhu, 2019, 2022; Lacey et al., 2022; Márquez Segura et al., 2024; Portaz et al., 2023, 2024; Santos, 2016a, 2016b, 2017b; Santos & Eddy, 2017; Trajkova & Cafaro, 2018; Wójcik & Piekarczyk, 2020). After checking why the three documents extracted from (Casas-Ortiz et al., 2023) did not appear in the current review, we noticed that two of them (Casas-Ortiz & Santos, 2021b, 2021a) are no in the included databases, and one of them (Santos, 2016a) appears in Scopus, but our search in that database was done by title, abstract and keywords, and it did not matched our search query. See Fig S1.1 for the PRISMA flow diagram of our systematic review. We acknowledge the limitation that although we aimed to make this systematic review as exhaustive as possible, some relevant studies may still be missing, particularly those not indexed in the selected databases or not aligning with our search query criteria. Note that 11 of those papers are from our own research group. Given our focus on ISPLs and the development of frameworks to build them, it is expected that our work will align closely with the scope of this review. The relevance here is not on the number of papers from our own research, but the fact that there are not many contributions from other researchers. In our humble opinion, this evidences that we are carrying out a leading research in the area[footnoteRef:11] and we expect that with the outcomes of this work, we can contribute to move this research area further involving other researchers in it. The papers were analyzed in chronological descendent order to account for references to earlier works. [10:  The initial search was conducted in July 2024. To ensure the review remained up to date, the search was repeated in February 2025 following the same criteria and methodology. Newly identified studies were assessed for inclusion based on the established eligibility criteria. The results presented in this paper reflect the findings from both searches, with the systematic review described based on the final, updated dataset from February 2025]  [11:  Note that the seminal work (Santos, 2016b) was published in a special issue in the International Journal of Artificial Intelligence in Education entitled “The Next 25 Years: How Advanced Interactive Learning Technologies will Change the World” that was organized to celebrate the 25th anniversary of the journal. More details in: Lane, H.C., McCalla, G., Looi, CK. et al. Preface to the IJAIED 25th Anniversary Issue, Part 2. Int J Artif Intell Educ 26, 539–543 (2016). https://doi.org/10.1007/s40593-016-0109-9. ] 

The outcomes from the systematic review were grouped into six categories after clustering based on their main uses and characteristics, reflecting the key phases and challenges of ISPL development: (1) Pedagogical Approaches and Learning Theories. (2) Psychomotor Skills and Movement Analysis. (3) ISPL Design and Development. (4) Feedback Design and Classification. (5) Testing and Evaluation. (6) Ethical Assessment. This classification ensures a thorough understanding of the process and aligns both theoretical and practical needs.  Table S1.1 shows the mapping of methods and tools to the dimensions of the PsyLearn framework in which they could be used. Table S1.2 provides a list of the identified papers (rows) and classifies the tools and methods used in them into the six categories of the systematic review (columns). Table S1.3 maps the phases and steps of the frameworks and methodologies identified in the systematic review in the (3) ISPL Design and Development category, which identifies frameworks and methodologies designed for conceptualizing, analyzing, and developing ISPLs. The table highlights overlaps between them and gaps in some of them about phases and steps that other frameworks approach. 
These mappings reveal that none of the identified frameworks or methodologies are comprehensive or holistic, as they often omit important phases covered by others, or include phases that may not be applicable to other domains or ISPLs depending on the technologies used. Additionally, some frameworks are redundant or complementary, demonstrating the need for an integrated approach like PsyLearn. The systematic review process is summarized in Fig S1.1, providing a visual overview of the steps taken to identify and analyze relevant studies.
[image: ]
[bookmark: _Ref186800261]Fig S1.1. Filtering process applied to the identified documents in the systematic review.
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[bookmark: _Ref187929990]Table S1.1. Tools, frameworks and methodologies as well as different ways of approaching each dimension identified in the systematic review (SR) mapped into the dimensions of the PsyLearn framework they address in function of their use in the papers where they have been identified.
	Theoretical Dimensions

	PsyLearn Dimension
	Tools, Frameworks and Methodologies from SR

	1) Initial Conceptualization
	· Identification of system objectives and characteristics. 

	2) Understanding the psychomotor skill
	· Mager’s educational objectives (Mager, 1997)
· Labanotation (Guest, 2005)
· Extract from domain-specific literature
· Collaboration with experts
· Surveys and questionnaires

	3) [bookmark: _Hlk188380873]Define Learner’s and instructors profiles
	· Extract from domain-specific literature
· Collaboration with experts
· Dreyfus levels of competence and expertise (Dreyfus & Dreyfus, 1980)

	4) Analyzing and Selecting Learning Domains
	· Bloom’s domains of learning (Bloom, 1956)
· Cognitive, metacognitive, affective, and psychomotor learning
· Dave (Dave, 1970), Harrow (Harrow, 1972), Simpson (Simpson, 1966), Thomas (Thomas, 2004), and Ferris & Aziz (Ferris & Aziz, 2005) psychomotor taxonomies

	5) Selecting Learning Theories and Pedagogical Concepts
	· Embodied learning/cognition (Corbi et al., 2019; Mroczkowski, 2012; Santos & Corbí, 2019)
· Learning continuum and Learning-by-doing (Dale, 1969)
· Deliberate Practice (Anders Ericsson, 2008)
· Mastery Learning (Block & Burns, 1976)
· Test Enhanced Learning (Roediger & Karpicke, 2006)
· Overlearning (Driskell et al., 1992)
· Cognitive Load Theory (Sweller, 1988)
· Conscious Competence Framework (Cannon et al., 2014)
· Bloom’s domains of learning (Bloom, 1956)
· Bloom’s domains of learning mapped into behaviorist, cognitivist and constructivist approaches (Hergenhahn & Olson, 1976; Kraiger et al., 1993) 
· Fitts and Posner’s Three-Stage Model (Fitts & Posner, 1967)

	6) Analyzing Learning Content to Be Addressed
	· Magill’s classification of motor skills (Magill & Anderson, 2016)
· Laban/Bartenieff Movement Analysis (LMA) (Bartenieff & Lewis, 1980; Laban, 1975) and Labanotation (Guest, 2005).
· Extract from domain-specific literature
· Collaboration with experts

	7) Defining a Curriculum and Learning Outcomes
	· Extract from domain-specific literature
· Collaboration with experts

	8) Theoretical Ethical Considerations
	· Good practices such as: obtain ethical approval by committee, ask volunteers to sign a written consent, ensure data is blinded and anonymized, declare conflicts of interest, surveys and questionnaires, ask volunteers to sign an informative sheet about privacy and data handling, and ask for permission to use data
· CARAIX Framework (Portaz et al., 2023, 2024)
· Ethical Principles that should govern AI systems (Fjeld et al., 2020)
· HI Paradigm (Akata et al., 2020)

	Practical Dimensions

	PsyLearn Dimension
	Tools, Frameworks and Methodologies from SR

	1) Flow of Information
	· mCMARR framework (Casas-Ortiz & Santos, 2021b), (Casas-Ortiz & Santos, 2021a)
· tangibREC framework (Santos, 2016a)
· SMDD framework (Santos, 2016b) 
· ISPL as a classical intelligent agent in the field of AI (Russell & Norvig, 2009)
· TORMES Methodology (Santos & Boticario, 2011) 
· MCC framework (Santos, 2017a)
· five-stage process to create the ISPL  (Glushkova & Manitsaris, 2018)
· Six-Steps Methodology to create the ISPL (Glushkova et al., 2023) 

	2) Data Models of Information
	· SMDD framework (extended) (Santos, 2016b) 
· ISPL as a classical intelligent agent in the field of AI (Russell & Norvig, 2009)
· MCC framework (Santos, 2017a) 
· five-stage process to create the ISPL  (Glushkova & Manitsaris, 2018)
· Six-Steps Methodology to create the ISPL (Glushkova et al., 2023) 

	3) Technical Feasibility and Constraints
	· Collaboration with experts
· TORMES Methodology (Santos & Boticario, 2011)
· Extract from domain-specific literature

	4) Select Components to use
	· mCMARR framework (Casas-Ortiz & Santos, 2021b), (Casas-Ortiz & Santos, 2021a)
· tangibREC framework (Santos, 2016a)
· SMDD framework (Santos, 2016b) 
· ISPL as a classical intelligent agent in the field of AI (Russell & Norvig, 2009)
· TORMES Methodology (Santos & Boticario, 2011)
· MCC framework (Santos, 2017a) 
· classification of haptic feedback (Bark et al., 2015). 
· five-stage process to create the ISPL (Glushkova & Manitsaris, 2018)
· Gibbons’ Feedback Framework (Gibbons, 2007) 
· Six-Steps Methodology to create the ISPL (Glushkova et al., 2023)
· Wizard of Oz (Bernsen et al., 1994)
· Research through Design (RtD) (Márquez Segura et al., 2024)
· Bodystorming with experts (Schleicher et al., 2010)

	5) Practical Ethical Considerations
	· Good practices such as: obtain ethical approval by committee, ask volunteers to sign a written consent, ensure data is blinded and anonymized, declare conflicts of interest, surveys and questionnaires, ask volunteers to sign an informative sheet about privacy and data handling, and ask for permission to use data
· CARAIX Framework (Portaz et al., 2023, 2024)
· Ethical Principles that should govern AI systems (Fjeld et al., 2020)
· HI Paradigm (Akata et al., 2020)

	6) Prototyping
	· mCMARR framework (Casas-Ortiz & Santos, 2021b), (Casas-Ortiz & Santos, 2021a)
· tangibREC framework (Santos, 2016a)
· SMDD framework (Santos, 2016b) 
· CARAIX Framework (Portaz et al., 2023, 2024)
· Scheme of the learning process with teacher participation (Wójcik & Piekarczyk, 2020)
· ISPL as a classical intelligent agent in the field of AI (Russell & Norvig, 2009)
· TORMES Methodology (Santos & Boticario, 2011)
· MCC framework (Santos, 2017a) 
· five-stage process to create the ISPL  (Glushkova & Manitsaris, 2018)
· Six-Steps Methodology to create the ISPL (Glushkova et al., 2023)
· Wizard of Oz with Expert (Bernsen et al., 1994)
· Prototyping (Warfel, 2009).
· Research through Design (RtD) (Márquez Segura et al., 2024)
· Bodystorming with experts (Schleicher et al., 2010)

	7) Continuous Evaluation
	· TORMES Methodology (Santos & Boticario, 2011)
· Nine-item CAP Perceived Learning Scale (Rovai et al., 2009)
· NASA-TLX questionnaire (Hart & Staveland, 1988)
· Technology Acceptance Model (TAM) (Davis, 1989)
· Case studies (Yin, 2013)
· Statistical analysis of groups (Glass & Hopkins, 1996)
· Likert scale of 1-5 (Likert, 1932)
· Surveys and questionnaires (Harlacher, 2016) 
· Evaluation with learners and experts
· Pilot studies with learners and experts
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[bookmark: _Ref189409094]Table S1.2. Different methods, tools, frameworks and approaches used to create ISPLs identified in the systematic review.
	Documents reviewed
	Pedagogical Approaches and Learning Theories
	Psychomotor Skills and Movement Analysis
	ISPL design and development
	Feedback design and classification
	Testing and Evaluation
	Ethical Assessment and Assurance

	(Santos, 2016a)
	· Bloom’s Domains of Learning (Bloom, 1956)
· Embodied Learning  (Corbi et al., 2019; Mroczkowski, 2012; Santos & Corbí, 2019)

	· Mager’s Educational Objectives (Mager, 1997)
· Psychomotor Taxonomies like Dave (Dave, 1970), Harrow (Harrow, 1972), Simpson (Simpson, 1966), Thomas (Thomas, 2004), and Ferris & Aziz (Ferris & Aziz, 2005)

	· TangibREC Framework (Santos, 2016a)
· SMDD Framework (Santos, 2016b)
· TORMES Methodology (Santos & Boticario, 2011)
	· TORMES Methodology (Santos & Boticario, 2011)
	· Nine-item CAP Perceived Learning Scale (Rovai et al., 2009)
	

	(Santos, 2016b)
	· Cognitive, Affective and Psychomotor Learning (Bloom, 1956)
· Meta-cognition
	· Magill’s Classification of Motor Skills (Magill & Anderson, 2016)
	· SMDD Framework (Santos, 2016b)
· TORMES Methodology (Santos & Boticario, 2011)
	· TORMES Methodology (Santos & Boticario, 2011)
	· Evaluation with Learners
	

	(Santos, 2017a)
	· Bloom’s Domains of Learning (Bloom, 1956)
	
	· MCC Framework (Santos, 2017a)
	· TORMES Methodology (Santos & Boticario, 2011)
· Classification of Haptic Feedback (Bark et al., 2015).
	· Case Study
	

	(Santos & Eddy, 2017)
	
	· Labanotation (Guest, 2005)
· Laban/Bartenieff Movement Analysis (LMA) (Bartenieff & Lewis, 1980; Laban, 1975).
	· SMDD Framework (extended) (Santos, 2016b)
	· TORMES Methodology (Santos & Boticario, 2011)
	· Case Study
	

	(Glushkova & Manitsaris, 2018)
	· Learning Continuum presented by Ε. Dale (1969) (Dale, 1969)
· Learning-by-Doing (Dale, 1969)
· Embodied Cognition (Corbi et al., 2019; Mroczkowski, 2012; Santos & Corbí, 2019)
· Collaboration with Domain Experts
	· Collaboration with Domain Experts
· Data Capture from Experts
	· Five-stage Process to Create the ISPL  (Glushkova & Manitsaris, 2018)
	
	· Evaluation with Learners
	

	(Trajkova & Cafaro, 2018)
	· Extract from domain-specific literature
	· Fitts and Posner’s Three-Stage Model (Fitts & Posner, 1967)
· Extract from domain-specific literature
	
	· Wizard of Oz with Experts (Bernsen et al., 1994)
· Gibbons’ Feedback Framework (Gibbons, 2007),
	· Prototyping 
· Evaluation with Learners
· Wizard of Oz with Experts (Bernsen et al., 1994)
· NASA-TLX Questionnaire (Hart & Staveland, 1988)
· Likert Scale (Likert, 1932)
	

	(Wójcik & Piekarczyk, 2020)
	
	
	· Scheme of the learning process with teacher participation (Wójcik & Piekarczyk, 2020)
	
	
	

	(Echeverria & Santos, 2021a, 2021b)
	
	
	· SMDD Framework (Santos, 2016b)
	· Wizard of Oz with Experts (Bernsen et al., 1994)
	· Wizard of Oz with expert (Bernsen et al., 1994)
· TORMES Methodology (Santos & Boticario, 2011)
· Evaluation with Learners
	

	(Casas-Ortiz & Santos, 2021b, 2021a)
	
	· Data Collection with Learners and Experts
	· mCMARR Framework (Casas-Ortiz & Santos, 2021b, 2021a)
	
	· Surveys and Questionnaires
· Evaluation with Learners
· Pilot Study
	· Good practices such as: obtain ethical approval from committee, provide signed informative sheet about privacy and data handling, provide signed written Consent, ask for permission to use data

	(Lacey et al., 2022)
	· Learning Theories and Concepts from the Cognitive
· Deliberate Practice (Anders Ericsson, 2008)
· Mastery Learning (Block & Burns, 1976)
· Test Enhanced Learning (Roediger & Karpicke, 2006)
· Overlearning (Driskell et al., 1992)
· [bookmark: _Hlk191338202]Cognitive Load Theory (Sweller, 1988)
	· Conscious Competence Framework (Cannon et al., 2014)
	
	
	· Evaluation with Learners

	· Good practices such as: obtain ethical approval from committee, provide signed written consent, data blinging and anonymization, report conflicts of interest. 

	(Iqbal & Sidhu, 2019, 2022)
	· Bloom’s Domains of Learning mapped into Behaviorist, Cognitivist and Constructivist approaches (Hergenhahn & Olson, 1976; Kraiger et al., 1993)
	· Dreyfus Levels of Competence and Expertise (Dreyfus & Dreyfus, 1980)
	
	
	· Technology Acceptance Model (TAM) (Davis, 1989)
· Questionnaires
	

	(Casas-Ortiz et al., 2023)
	
	· Mager’s Educational Objectives (Mager, 1997)
· Simpson’s Psychomotor Taxonomy (Simpson, 1966)
	· SMDD Framework (Santos, 2016b)
· ISPL as a Classical Intelligent Agent in the field of AI (Russell & Norvig, 2009)
· mCMARR Framework (Casas-Ortiz & Santos, 2021b), (Casas-Ortiz & Santos, 2021a)
	
	· TORMES Methodology (Santos & Boticario, 2011)
	

	(Glushkova et al., 2023)
	· Embodied Cognition Theory (Corbi et al., 2019; Mroczkowski, 2012; Santos & Corbí, 2019)
· Learning-by-Doing (Dale, 1969)
	
	· Six Steps-based Methodology (Glushkova et al., 2023)
	
	· Evaluation with Learners
	

	(Portaz et al., 2023, 2024)
	
	
	· CARAIX Framework (Portaz et al., 2023, 2024)
· SMDD Framework (Santos, 2016b) (As part of CARAIX Framework (Portaz et al., 2023, 2024))  
	
	· TORMES Methodology (Santos & Boticario, 2011)
	· CARAIX Framework (Portaz et al., 2023, 2024)
· Ethical Principles that should govern AI systems (Fjeld et al., 2020)
· HI Paradigm (Akata et al., 2020)

	(Márquez Segura et al., 2024)
	· Embodied Design (Corbi et al., 2019; Mroczkowski, 2012; Santos & Corbí, 2019)
	· Bodystorming with Experts (Schleicher et al., 2010)
	· Research through Design (RtD) (Zimmerman & Forlizzi, 2014)
	
	
	





[bookmark: _Ref187931893]Table S1.3. Representation of all of the phases from all of the reviewed frameworks to create ISPLs identified in the systematic review. Here, it can be noted how the focus of most of the frameworks is on how the movements are captured, modeled, and analyzed, and how feedback is designed and delivered. However, previous and following steps, like gathering the data necessary to implement the system, or post-process information from a session are left out or assumed.
	
	Frameworks identified in the Systematic Review

	Step/Phase/Stage approached by the frameworks
	SMDD framework (Extended) (Santos, 2016b; Santos & Eddy, 2017)
	TabgibREC framework (Santos, 2016a)
	MCC framework (Santos, 2017a)
	Five-Stage Process (Glushkova & Manitsaris, 2018)
	Scheme of the learning process with teacher participation (Wójcik & Piekarczyk, 2020)
	Caraix Framework (Portaz et al., 2023, 2024)
	mCMARR framework 
(Casas-Ortiz & Santos, 2021b, 2021a)
	Six-Step Methodology (Glushkova et al., 2023)
	Interpret as Intelligent Agent (Russell & Norvig, 2009)

	Define Scenario
	
	
	
	i) Defining the Scenario and Capturing the Gestures
	
	
	
	
	

	Obtain Data from Experts
	
	
	
	[bookmark: _GoBack]i) Defining the Scenario and Capturing the Gestures
	
	
	
	i) Data Acquisition
	

	Use Expert Data to Create Template
	
	
	
	ii) Analyzing and Modeling Gestures
	
	
	
	ii) Pose Estimation /
iii) Feature Extraction
/ iv) Expert Modeling
	

	Analyze Learning Situation with Experts and Learners
	
	
	
	iii) Studying in Person Transmission and Self-Training
	
	
	
	
	

	Define and Create Data Models
	
	
	Context Model / User Model / Movement Model
	
	
	
	
	
	

	Capture Movements
	i) Sensing the Movement
	i) Collecting Motion Data from the Learner
	i) Monitoring the Movements
	iv) Performing Gesture Recognition and Comparison
	Sense Movement
	i) Sensing the Movement
	i) Motion Capture
	i) Data Acquisition
	i) Sense Environment

	Model Movements
	ii) Modeling the Movement
	ii) Processing Data to Model Movements
	
	ii) Analyzing and Modeling the Gestures
	
	ii) Modeling the Movement
	ii) Motion Model
	ii) Pose Estimation /
iii) Feature Extraction
	ii) Create Internal Model

	Analyze Movements
	iii) Designing the Feedback
	
	ii) Comparing the Movements against a Template
	iv) Performing Gesture Recognition and Comparison
	Input Evaluation
	iii) Designing the Feedback
	iii) Motion Analysis
	iv) Performance Evaluation
	iii) Apply Program

	Design Feedback
	
	
	
	iii) Studying in-person Transmission and Self-Training
	
	
	
	
	

	Deliver Feedback
	iv) Delivering the Feedback
	iii) Providing Feedback
	iii) Providing Feedback
	v) Providing Sensorimotor Feedback
	Send Feedback through Actuator
	iv) Delivering the Feedback
	iv) Motion Response
	vi) Sensorimotor Feedback
	iv) Act to Modify Environment

	Create Report
	
	
	
	
	
	
	v) Motion Report
	
	

	Ethical Concerns
	
	
	
	
	
	Governed by Ethical Principles and Hybrid Intelligence Paradigm
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