Supplementary Table S1
Automatically configured nnU-Net architecture and training parameters used in this study.
	Category
	Parameter
	Value

	Framework
	Software
	nnU-Net v2

	Framework
	Configuration
	3D full-resolution (3d_fullres)

	Framework
	Trainer/fold
	nnUNetTrainer, fold_all

	Input
	Image reader/writer
	SimpleITKIO

	Input
	Modality
	CT

	Input
	Number of input channels
	1

	Input
	Number of classes
	2 (background, muscle)

	Input
	Training cases
	20

	Input
	Median image size
	700.5 × 512.0 × 512.0 voxels

	Input
	Target voxel spacing
	1.5 × 0.9766 × 0.9766 mm

	Preprocessing
	Preprocessor
	DefaultPreprocessor

	Preprocessing
	Intensity normalization
	CTNormalization; no mask used for normalization

	Preprocessing
	Resampling
	Data: order 3; segmentation: order 1; probabilities: order 1

	Architecture
	Network class
	dynamic_network_architectures.architectures.unet.PlainConvUNet

	Architecture
	Convolution type
	3D convolution (Conv3d)

	Architecture
	Number of stages
	6

	Architecture
	Feature maps per stage
	32, 64, 128, 256, 320, 320

	Architecture
	Kernel size
	3 × 3 × 3 at all stages

	Architecture
	Downsampling strides
	[1,1,1], [2,2,2], [2,2,2], [2,2,2], [2,2,2], [2,2,1]

	Architecture
	Convolutions per encoder stage
	2, 2, 2, 2, 2, 2

	Architecture
	Convolutions per decoder stage
	2, 2, 2, 2, 2

	Architecture
	Convolution bias
	Enabled

	Architecture
	Normalization layer
	InstanceNorm3D (eps = 1e-05, affine = True)

	Architecture
	Activation function
	LeakyReLU (inplace = True)

	Architecture
	Dropout
	None

	Architecture
	Deep supervision
	Enabled

	Training
	Patch size
	160 × 128 × 112 voxels

	Training
	Batch size
	2

	Training
	Number of epochs
	1000

	Training
	Iterations per epoch
	250

	Training
	Validation iterations per epoch
	50

	Training
	Loss function
	DeepSupervisionWrapper with Dice + Cross-Entropy loss (RobustCrossEntropyLoss + MemoryEfficientSoftDiceLoss)

	Training
	Batch Dice
	Enabled

	Training
	Optimizer
	SGD

	Training
	Initial learning rate
	0.01

	Training
	Learning-rate scheduler
	Polynomial decay (PolyLRScheduler)

	Training
	Momentum
	0.99

	Training
	Nesterov momentum
	Enabled

	Training
	Weight decay
	3 × 10⁻⁵

	Training
	Foreground oversampling
	0.33

	Inference
	Allowed mirroring axes
	0, 1, 2



