Supplementary Table 1. Comparison of existing AI-based skin disease diagnosis methods
	Methods
	Task
	Backbone
	Results
	Advantages
	Disadvantage

	Paravatham et al. [39]
	Identifying and Classifying Skin Lesions
	CNN
	The classification accuracy is 97.20%.
	This model integrates global average pooling and preprocessing to distinguish skin lesions, achieving an excellent classification accuracy.
	These methods only focus on the skin lesion areas during the modeling process, neglecting the importance of the normal skin surrounding the lesion for diagnosis, which does not align with the clinical decision-making mindset of dermatologists.

	Esteva et al. [41]
	Automatic classification of skin lesions 
	CNN
	The classification accuracy is 72.1 ± 0.9%.
	The model's capability in classifying skin cancer has reached a level comparable to dermatologists.
	

	Wu et al. [43]
	Scoring the severity of psoriasis
	CNN
	The MAE for the PASI score is 3.12.
	This rating model utilizes a neural network with a coarse-to-fine granularity approach, outperforming experienced dermatologists in terms of performance.
	

	RAJ et al. [45]
	Scoring the severity of psoriasis 
	ViT
	The MAE for the PASI score is 1.02.
	This method integrates the local and global processing capabilities of MobileNetV2 and ViT, providing quantitative and reproducible diagnoses and assessments for psoriasis treatment.
	

	Shafiq et al. [47]
	Detecting and classifying skin lesions
	ViT
	The classification accuracy is 97.28%.
	This model detects and classifies skin lesions based on the diffusion ratio of the lesion's surface area, and employs data preprocessing and data augmentation techniques to address the issue of class imbalance.
	

	Huang et al. [49]
	Automatic classification of skin lesions
	CNN
	The classification accuracy is 84.77%.
	Constructing Xiangya-Derm, the largest and most diversified dermatological dataset for the Chinese population, and the accuracy of the developed method exceeds the average level of dermatologists.
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