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MORE MOTIVATED TO HELP MALE LEADERS?
APPENDIX

STUDY 1

Procedure (Study 1)

According to FlyCatcher,[footnoteRef:2] the leaders in their panel whom they contacted to participate in this study did not receive any specific instructions about which specific employee to select if they had more than one employee. They were informed about the study’s purpose and the importance of having one of their employees complete the questionnaire. Next, they requested participants provide them with the e-mail address of one employee who was at least 18 years old so that FlyCatcher could contact the employee and invite them to the questionnaire. Before proceeding, FlyCatcher asked whether the participant had asked the employee and also received permission to be contacted by FlyCatcher. If they answered “yes,” then FlyCatcher contacted the participant using the employee’s e-mail address after the leader completed their questionnaire. [2:  For more details, see here: Research - Flycatcher internet research] 


Measures (Study 1)

Perceived Leader Work-Family Conflict (adapted from Carlson et al., 2000)

In general: “Strongly disagree” (1) to “Strongly agree” (5)
1. Your leader has to miss family activities due to the amount of time they must spend on work responsibilities.
2. Your leader is often so emotionally drained when they get home from work that it prevents them from contributing to their family.
3. The behaviors your leader performs that make them effective at work do not help them to be a better parent and spouse.
Helping the Leader (adapted from Gabriel et al., 2018; Glomb et al., 2011)

To what extent do the following statements describe how you worked with your leader after this event: “Strongly disagree” (1) to “Strongly agree” (5)
1. I volunteered to do things to help them out.
2. I worked with my leader cooperatively.
3. I spent time helping my leader with their work tasks because I wanted to.
4. I helped my leader with tasks outside the scope of work.

OCB-Leader (adapted from Cropanzano et al., 2003)

After this event, did you: “Strongly disagree” (1) to “Strongly agree” (7)
1. …pitch in when your leader was absent?
2. …help your leader when they had a heavy workload?
3. …assist your leader with their work when asked?
4. …take time to listen to your leader’s problems and worries?
5. …pass along information to your leader?
6. …help your leader with some of their work even if not asked? 


Results (Study 1)

Model Fit

The AIC (1233.31) decreased when adding the interaction (AIC = 1223.37), suggesting improved model fit (Sakamoto et al., 1986; Vrieze, 2012); the BIC also decreased when adding the interaction (BIC = 1254.15 to 1250.16). However, the -2LL increased (from -609.66 to -602.68), meaning the interaction model did not improve raw likelihood fit. Critically, the preference shown by AIC/BIC reflects greater parsimony rather than better likelihood-based fit.  

Confirmatory Factor Analyses (CFA)

To examine the distinctiveness of each of our measured variables, we conducted a series of CFAs using Maximum Likelihood (ML). The measurement model comprised three factors, including all participant self-reported variables with multiple items: perceived leader WFC, helping and OCB toward the leader. The three-factor model provided the best fit (χ2(62) = 123.03, p < .001; RMSEA = .083, CFI = .932, SRMR = .065), although it was not significantly better than alternative models with two factors combining the outcomes, ∆χ2(2) = 3.05, p = .218. Importantly, the 2- and 3-factors models were both a significantly better fit than a single-factor model combining all measures, ∆χ2(1) = 208.67, p < .001 and ∆χ2(1) = 211.72, p < .001, respectively. Thus, measurement discriminant validity between our predictor variable and outcome variables is empirically established. Because measurement discriminant validity between our outcome variables was not empirically established, results with the helping outcome may be the most valid based on the survey design, because participants answered about this outcome (helping the leader) before OCB toward the leader.



Alternative Models
Model A: Without Follower’s Overall Prosocial Motivation toward the Leader as a Covariate 
gsem (lhelp locb <- i.lgen##c.fwfcC i.pgen), vce(robust)

Iteration 0:  Log pseudolikelihood =  -286.3854  
Iteration 1:  Log pseudolikelihood =  -286.3854  

Generalized structural equation model                      Number of obs = 145

Response: lhelp   
Family:   Gaussian
Link:     Identity

Response: locb    
Family:   Gaussian
Link:     Identity

Log pseudolikelihood = -286.3854

------------------------------------------------------------------------------
             |               Robust
             | Coefficient  std. err.      z    P>|z|     [95% conf. interval]
-------------+----------------------------------------------------------------
lhelp        |
        lgen |
       Male  |   .2535898   .1266822     2.00   0.045     .0052972    .5018824
       fwfcC |  -.1364847   .0728832    -1.87   0.061    -.2793331    .0063637
             |
lgen#c.fwfcC |
       Male  |   .2272347   .1345711     1.69   0.091    -.0365197    .4909891
             |
        pgen |
        Man  |  -.0423509   .1276583    -0.33   0.740    -.2925565    .2078547
       _cons |   3.473461   .0738684    47.02   0.000     3.328681     3.61824
-------------+----------------------------------------------------------------
locb         |
        lgen |
       Male  |   .1593746    .114972     1.39   0.166    -.0659664    .3847156
       fwfcC |  -.1324036   .0604562    -2.19   0.029    -.2508955   -.0139117
             |
lgen#c.fwfcC |
       Male  |   .1379036   .1169555     1.18   0.238    -.0913249     .367132
             |
        pgen |
        Man  |    .075565   .1089752     0.69   0.488    -.1380226    .2891525
       _cons |   3.719676   .0684925    54.31   0.000     3.585433    3.853919
-------------+----------------------------------------------------------------
 var(e.lhelp)|   .4733132   .0600664                      .3690845    .6069758
  var(e.locb)|   .3762082   .0594488                      .2760073    .5127857
------------------------------------------------------------------------------


Model B: Without any Covariates 
gsem (lhelp locb <- i.lgen##c.fwfcC), vce(robust)

Iteration 0:  Log pseudolikelihood = -286.68588  
Iteration 1:  Log pseudolikelihood = -286.68588  

Generalized structural equation model                      Number of obs = 145

Response: lhelp   
Family:   Gaussian
Link:     Identity

Response: locb    
Family:   Gaussian
Link:     Identity

Log pseudolikelihood = -286.68588

------------------------------------------------------------------------------
             |               Robust
             | Coefficient  std. err.      z    P>|z|     [95% conf. interval]
-------------+----------------------------------------------------------------
lhelp        |
        lgen |
       Male  |   .2451539   .1182825     2.07   0.038     .0133246    .4769833
       fwfcC |  -.1372888   .0733434    -1.87   0.061    -.2810391    .0064616
             |
lgen#c.fwfcC |
       Male  |   .2280388   .1358556     1.68   0.093    -.0382332    .4943108
             |
       _cons |   3.460721   .0683595    50.63   0.000     3.326739    3.594703
-------------+----------------------------------------------------------------
locb         |
        lgen |
       Male  |   .1744264    .108783     1.60   0.109    -.0387844    .3876373
       fwfcC |   -.130969   .0598857    -2.19   0.029    -.2483427   -.0135952
             |
lgen#c.fwfcC |
       Male  |    .136469   .1167226     1.17   0.242     -.092303     .365241
             |
       _cons |   3.742407   .0605754    61.78   0.000     3.623681    3.861133
-------------+----------------------------------------------------------------
 var(e.lhelp)|   .4737056   .0603315                      .3690616    .6080205
  var(e.locb)|   .3774576   .0600668                      .2763198    .5156137
------------------------------------------------------------------------------ 

STUDY 2

Additional Information - Methods (Study 2)

Helping Leaders 
As noted in our pre-registration, we planned to create two additional behavioral outcomes from participants’ feedback by counting the number of characters and the number of words in the feedback, with higher numbers indicating more effort to help the leader. However, these values were strongly, positively correlated to the point of being tantamount (i.e., r = .99, p < .001). So, we included only one of these in our measure for analysis in our summative, 3-item indicator (Ω = .88): the number of characters in the feedback (log-transformed); however, our results remain substantively unchanged if calculated with words of feedback (log-transformed) replacing characters of feedback.
Importantly, these three measures were all objectively measurable outcomes that required participants’ time and attention. However, participants did not receive extra compensation for them. Thus, we view them as appropriate indicators of participants’ voluntary, (ostensibly) prosocially motivated, extra effort to help and support the leader (i.e., interpersonal helping), consistent with our theorizing.

Additional Information - Results (Study 2)

Plan of Analysis

We calculated GSEM path models in Stata (17.0). This is in contrast with the MANCOVA we mentioned in our pre-registration, because the heteroskedasticity tests we conducted were marginally significant (χ2[1, N = 420] = 3.05, p = .081), suggesting robust SEs could be useful; as our research has developed based on peer feedback and other evidence in our empirical package, prosocial motivation is also now our main theoretical mechanism rather than just a mechanism under consideration. While GSEM is a less common method to analyze data in management research, perhaps especially to analyze experimental data, GSEM and related SEM methods offer empirical advantages over more commonly used methods (e.g., ANOVA; see Bagozzi & Yi, 1989; Breitsohl, 2019), including the ability to calculate robust SEs which are needed here due to the threat of heteroskedasticity. GSEM and SEM also allow for simultaneous analysis of multiple equations and outcomes, but only with GSEM we can use factor notation for binary variables and interactions, which is ideal for our experimental design here with binary predictors.

Manipulation and Comprehension Checks

The low WFC leader (M = 4.43, SD = 1.36) was rated as having less WFC than the high WFC leader (M = 5.61, SD = 1.26), b = -1.19, p < .001, indicating that our WFC manipulation was successful.
	Participants also answered three questions about the leaders in the articles: “Was the leader a man or a woman?”, “Does the leader have children?”, and “For which company does the leader work?” Participants answered an average of 2.41 (SD = .49) of the 3 questions correctly, indicating that they paid attention and our gender manipulation was successful.




Examples of Study 2 Experimental Stimuli

Original (in German) – High WFC

[image: ]


Translation (in English, as a courtesy) – High WFC
Work and Life
No time for family time? Business leaders weigh in on modern work
and life demands
Families are spending little over half an hour of quality time together during the week because of the demands of modern life. 
By: A. Nezik  Published: 9 January 2019 
	Modern leaders are working more than ever before. Yet, German employees are often hesitant to share personal details with others at work, including private information about their feelings, family, and struggles. Leaders at large companies in particular may rarely open up about juggling jobs, children, and family.

In an interview with Vice President of BMW, Christian Fischer, who has a partner and 2 kids, said “I have to work at least 55-60 hours a week in the office, plus taking calls and answering emails, which makes it hard to maintain the relationship with my partner and kids like I would like to. Participating in all of the family activities is also not possible, which makes me feel guilty sometimes. But if I didn’t work like this now, I would have no chance for promotion in my company. Family stays most important, but I support my family through my hard work.”

He clarified, “Through hard work and engaged parenting, I show my values and lighten family integration for future generations.” 

“When people say that you can have it all with so many work hours, that is just not true,” he said. “But with a supportive partner and employees, who help and care for each other, a lot is possible.” 
	
TOP 5 REASONS FOR
NOT GETTING ENOUGH
FAMILY TIME

1. Too much work

2. Work-related travel

3. Unconventional work hours

4. Too few good employees

5. An inefficient team 





Original (in German) – Low WFC

[image: ]



Translation (in English, as a courtesy) – Low WFC
Work and Life
Still time for the family: Business leaders weigh in on modern work
and life demands
Also when the challenges of modern work are high, many leaders still manage to spend several hours per day with their families.
By: A. Nezik  Published: 9 January 2019 
	Modern leaders are working more than ever before. Yet, German employees are often hesitant to share personal details with others at work, including private information about their feelings, family, and struggles. Leaders at large companies in particular may rarely open up about juggling jobs, children, and family.

In an interview with Vice President of BMW, Julia Weber, who has a partner and 2 kids, said “I have to work at least 55-60 hours a week in the office, plus taking calls and answering emails, which makes it hard to maintain the relationship with my partner and kids like I would like to. Participating in all of the family activities is also not possible. But I still feel good, because I maintain a chance for promotion in my firm. Family stays most important, but I support my family through my hard work.”

She clarified, “Through hard work and engaged parenting, I show my values and lighten family integration for future generations and employees, even when the work sometimes has to wait.” 

“Even when working many hours, I strongly believe that you can have a really good family life,” she said. “With a supportive partner and employees, who help and care for each other, a lot is possible.” 
	
TOP 5 TIPS 
FOR MORE FAMILY TIME


1. Delegate more work

2. Hold meetings virtually

3. Work when the children are asleep

4. Hire productive employees

5. Reward efficient employees






STUDY 3
Complete Manipulations
High work-family conflict.
“Think of a time when your leader had a high work-family conflict, or their work and family domains were incompatible. 

This may include a specific event when the leader’s work kept them from family activities, when their job demands made it difficult for them to maintain the kind of relationship with their partner/children as they would like, or when they felt guilty for spending too much time or energy on work/not enough time with family.

Now take some time to write about this instance: describe your leader’s thoughts and feelings, the circumstances surrounding the event, as well as your thoughts and feelings. 

Try to describe the event in enough detail that someone else could understand the situation by reading what you have written. (Minimum 200 characters).”

Control/neutral.
“Think of a time when you had a routine interaction with your leader that felt typical or uneventful. 

This may include a specific event such as day-to-day work conversation, a regular team meeting, a task assignment, or a feedback session—anything that felt ordinary, typical, and every day.

Now take some time to write about this instance: describe your leader’s thoughts and feelings, the circumstances surrounding the event, as well as your thoughts and feelings. 

Try to describe the event in enough detail that someone else could understand the situation by reading what you have written. (Minimum 200 characters).”



Measures
Please answer the following questions in relation to yourself and how you felt about your leader in response to the event you just described. 
Discomfort (Elliot & Devine).
The event made me feel (not at all, 1, to very much, 7):
1. Uneasy
2. Uncomfortable
3. Bothered
Guilt (Watson et al., 1988).
Please indicate the extent to which the event made you feel each of the following emotions (not at all, 1, to very much, 7):
1. Guilt
2. Shame
Confirmatory Factor Analyses
For discomfort as an indicator for dissonance, the intended 3-factor measurement model, in which all indicators loaded on their respective latent factor (i.e., discomfort, helping, OCB) had an acceptable fit (χ2(62) = 296.70, p < .001, CFI = .95, TLI = .94, RMSEA = .09, SRMR = .05). This model provided a better fit than a 2-factor model, in which helping and OCB loaded together (Δχ2(2) = 90.22, p < .001). It also had a better fit than a 1-factor model, in which all items loaded on the same factor (Δχ2(1) = 1706.80, p < .001). 
For guilt as an indicator for dissonance, the corresponding 3-factor measurement model with guilt, helping, and OCB as distinct factors, also showed an acceptable fit (χ2(51) = 257.93, p < .001, CFI = .94, TLI = .93, RMSEA = .09, SRMR = .04). This model provided a better fit than a 2-factor model, in which helping and OCB loaded together (Δχ2(2) = 85.43, p < .001), and the 1-factor model (Δχ2(1) = 455.19, p < .001).
To be clear: we could not calculate these tests for the GPT and LIWC indicators of cognitive dissonance, because those are both single item measures. 

Model Fit
The AIC (1431.37) for the main effects model decreased when adding the interaction term between leader gender and leader WFC (AIC = 1425.29), suggesting improved model fit (Sakamoto et al., 1986; Vrieze, 2012); the BIC also decreased (BIC = 1448.22 to 1446.35).  Finally, the -2LL increased from -711.69 to -707.64, meaning the interaction model did not improve raw likelihood fit. Critically, the preference shown by AIC/BIC reflects greater parsimony rather than better likelihood-based fit. 

Preliminary Analyses
In our preliminary analyses, we found evidence of heteroskedasticity (e.g., χ2[1, N = 500] = 117.03, p < .0001, for the interaction model of leader gender and leader work-family conflict [vs. control] predicting guilt—one of our measures of cognitive dissonance). Thus, we used robust SEs using the “vce(robust)” code in Stata for all models. 

[bookmark: _Hlk213760073]Endogeneity Analyses
[bookmark: _Hlk213759807]Our theorized mediators (i.e., cognitive dissonance and prosocial motivation) were measured during the same experimental session as the outcome variables (i.e., helping acts and OCB toward the leader), and thus endogeneity concerns arise (Antonakis, Bendahan, Jacquart, & Lalive, 2014). Accordingly, as robustness checks, we tested whether the mediators positively predicted the different outcome measures in a series of two-stage least squares regression analyses. 
To test endogeneity concerns for prosocial motivation, we used the experimental condition and marital status of leaders as instruments, as these variables significantly predicted prosocial motivation as mediator (F = 3.38, p = .018); however, these were admittedly weak instruments. The Wu-Hausman test was significant when examining the model predicting helping with prosocial motivation (p = 0.013) as well as OCB with prosocial motivation (p < .001). This indicates endogeneity concerns; furthermore, in this model, prosocial motivation did not predict helping (B = -0.01, SE = 0.34, p = .97) nor OCB (B = -0.28, SE = 0.37, p = .44). Overall, these results suggest that endogeneity bias may be present. 
However, because this is our only measure of prosocial motivation and a critical piece of our moderator, and because we cannot use the experimental condition as an instrument in our complete model, we estimated an endogenous mediator model using a control‐function residual inclusion (CF–RFI) approach (Terza et al., 2008; Wooldridge, 2015). Leader care (care) and participant partner (ppartner) fulfilled the criteria for instruments for this purpose, because they were significantly correlated with prosocial motivation (ps = .026 - .037) but not with the other mediators or dependent variables (ps = .064 - .800). In the first stage, the mediator was regressed on exogenous predictors and an instrument (care/ppartner), and the resulting residuals were included in the outcome equations. However, the instrument exhibited weak predictive power in the first stage (F = 3.66), which limits the degree to which CF–RFI can correct for endogeneity. Accordingly, we interpret the CF–RFI estimates cautiously and present them as a robustness check alongside the primary mediation results.
To test endogeneity concerns for discomfort as an indicator of dissonance, we used the experimental condition and marital status of leaders as instruments, which jointly predicted discomfort in the first stage (F = 65.10, p < .001). The Wu-Hausman test was not significant when examining the model predicting helping with discomfort (p = 0.15), and discomfort did not significantly predict helping in the IV model (B = 0.10, SE = 0.06, p = .118). However, when predicting OCB, the Wu-Hausman test was significant (p = .045). But discomfort remained a significant predictor of OCB (B = 0.14, SE = 0.06, p = .009). Overall, these results suggest some evidence of endogeneity for discomfort; however, discomfort still functions as a robust predictor in key models.
To test endogeneity concerns for guilt as an indicator of dissonance, we used the experimental condition and marital status of leaders as instruments, which jointly predicted discomfort in the first stage (F = 38, p < .001).  The Wu-Hausman test was not significant when examining the model predicting helping with guilt (p = .642), suggesting no major endogeneity issues. The effect of guilt on helping was also nonsignificant (B = 0.18, p = .087). When predicting OCB, the Wu-Hausmann test was again nonsignificant (p = .121), indicating no endogeneity problems. Guilt significantly predicted OCB in the IV model (B = 0.26, SE = 0.09, p = .006). Overall, the results suggest no evidence of endogeneity for guilt, supporting its use as a valid mediator.
To test endogeneity concerns for our LIWC indicator of dissonance, we used the experimental condition as an instrument, which predicted LIWC in the first stage (F = 12.49, p < .001).  The Wu-Hausman test was not significant when examining the model predicting helping with LIWC (p = .137), suggesting no major endogeneity issues. The effect of LIWC on helping was significant (B = 1.02, SE = .46, p = .026). When predicting OCB, the Wu-Hausmann test was marginally significant (p = .059), suggesting potential endogeneity problems. LIWC significantly predicted OCB in the IV model (B = 1.31, SE = 0.51, p = .01). Overall, the results suggest some evidence of endogeneity for LIWC, suggesting caution for its use as a valid mediator.
Finally, to test endogeneity concerns for our GPT indicator of dissonance, we used the experimental condition as an instrument, which predicted the GPT indicator of dissonance in the first stage (F = 354, p < .001). The Wu-Hausman test was not significant when examining the model predicting helping with the GPT measure (p = .994), suggesting no major endogeneity issues. The effect of the GPT measure on helping in the IV model was significant (B = 0.24, SE = .07, p < .001). When predicting OCB, the Wu-Hausmann test was again nonsignificant (p = .695), indicating no endogeneity issues. The GPT measure also significantly predicted OCB in the IV model (B = 0.31, SE = 0.07, p < .001). These results suggest little evidence of endogeneity for the GPT measure, supporting it as a valid mediator.

Interpretations and Conclusions
As reported in the main text, the complete model with all four measures of cognitive dissonance showed only the GPT measure (p = .020) and guilt (p = .001) significantly predicted the second mediator: prosocial motivation; discomfort and the LIWC measure were both non-significant predictors (ps = .462 - .871). Furthermore, neither discomfort nor LIWC consistently and significantly predicted our interpersonal helping outcomes (ps = .022 - .155 for LIWC; ps = .624 - .993 for discomfort). Thus, we conduct our moderated serial mediation model calculated only with the GPT and guilt measures.
Taken together, these empirical results suggest that the cognitive dissonance (GPT) measure is a stronger mediator because it shows a lack of endogeneity (similar to what we found for guilt) but it predicts both helping and OCB (guilt only predicts OCB). However, the GPT measure revealed negative associations with prosocial motivation and indirect effects, while the guilt measure revealed positive associations with prosocial motivation and indirect effects (as we theorized and pre-registered).
After closer inspection and reflection, although these two measures of dissonance correlate highly (r = .78), they are conceptually not interchangeable. Instead, our GPT measure captures a cold, cognitive mismatch or conflict state, whereas our guilt measure captures a hot, moralized, interpersonal concern. That is, our GPT measure is also capturing followers’ perceived responsibility, recognition of the leader’s struggles, and awareness of conflict in the leader’s situation, which can reflect a direct effect which is not motivational but rather a form of behavioral compliance based on normative or obligation-driven helping. In contrast, guilt is a classic prosocial emotion that increases concern for others and motivates repair, enhancing followers’ desire to act in ways that could help the leader. For these reasons, while both may be empirically valid mediators in our model and related but slightly different indicator of cognitive dissonance—and even the GPT measure is empirically a bit stronger here—based on our pre-registration and moral theorizing, we emphasize the findings for guilt.  


Alternate Models

MODEL A: Combined model with all four cognitive dissonance variables

	sem ///
	
	

	>     (cogdisC <- wfcD genL wfcXgenL) ///
	
	
	
	

	>         (guiltC <- wfcD genL wfcXgenL) ///
	
	
	
	

	>         (discomfortC <- wfcD genL wfcXgenL) ///
	
	
	

	>         (liwcC <- wfcD genL wfcXgenL) ///
	
	
	
	

	>     (prosoC <- cogdisC guiltC discomfortC liwcC wfcD genL wfcXgenL) ///

	>     (helping <- prosoC cogdisC guiltC discomfortC liwcC  wfcD genL wfcXgenL) ///

	>     (ocb <- prosoC cogdisC guiltC discomfortC liwcC  wfcD genL wfcXgenL), ///

	>     vce(robust) 
	
	
	
	
	
	
	

	

	

	Endogenous variables
	
	
	
	
	
	
	

	  Observed: cogdisC guiltC discomfortC liwcC prosoC helping ocb
	
	

	
	
	
	
	
	
	
	
	
	

	Exogenous variables
	
	
	
	
	
	
	

	  Observed: wfcD genL wfcXgenL
	
	
	
	
	
	

	
	
	
	
	
	
	
	
	
	

	Fitting target model:
	
	
	
	
	
	
	

	Iteration 0:  Log pseudolikelihood = -5362.7484  
	
	
	

	Iteration 1:  Log pseudolikelihood = -5362.7484  
	
	
	

	
	
	
	
	
	
	
	
	
	

	Structural equation model                                  Number of obs = 499

	Estimation method: ml
	
	
	
	
	
	
	

	
	
	
	
	
	
	
	
	
	

	Log pseudolikelihood = -5362.7484
	
	
	
	
	

	
	
	
	
	
	
	
	
	
	

	-----------------------------------------------------------------------------------

	                  |               Robust
	
	
	
	

	                  | Coefficient  std. err.      z    P>|z|     [95% conf. interval]

	------------------+----------------------------------------------------------------

	Structural        |
	
	
	
	
	
	
	

	  cogdisC         |
	
	
	
	
	
	
	

	             wfcD |   1.079398   .0946272    11.41   0.000     .8939324    1.264864

	             genL |   .1126275   .0824642     1.37   0.172    -.0489993    .2742544

	         wfcXgenL |   .3830146   .1346423     2.84   0.004     .1191206    .6469086

	            _cons |  -.6758459   .0607926   -11.12   0.000    -.7949973   -.5566945

	  ----------------+----------------------------------------------------------------

	  guiltC          |
	
	
	
	
	
	
	

	             wfcD |   .6658983   .0947814     7.03   0.000     .4801301    .8516665

	             genL |   .1563845   .0712669     2.19   0.028     .0167039    .2960652

	         wfcXgenL |   .3845054   .1581911     2.43   0.015     .0744566    .6945542

	            _cons |  -.5009604   .0457922   -10.94   0.000    -.5907114   -.4112094

	  ----------------+----------------------------------------------------------------

	  discomfortC     |
	
	
	
	
	
	
	

	             wfcD |   .8484077   .1109687     7.65   0.000      .630913    1.065902

	             genL |   .0718326     .09155     0.78   0.433    -.1076022    .2512673

	         wfcXgenL |   .4086432   .1509591     2.71   0.007     .1127688    .7045177

	            _cons |  -.5531618   .0699709    -7.91   0.000    -.6903023   -.4160213

	  ----------------+----------------------------------------------------------------

	  liwcC           |
	
	
	
	
	
	
	

	             wfcD |   .3241462   .1435701     2.26   0.024      .042754    .6055384

	             genL |   -.204399   .1156486    -1.77   0.077    -.4310662    .0222681

	         wfcXgenL |  -.0383924   .1802757    -0.21   0.831    -.3917263    .3149415

	            _cons |  -.0342053   .0904978    -0.38   0.705    -.2115777    .1431671

	  ----------------+----------------------------------------------------------------

	  prosoC          |
	
	
	
	
	
	
	

	          cogdisC |  -.4080362    .175503    -2.32   0.020    -.7520158   -.0640567

	           guiltC |   .3177434   .0934656     3.40   0.001     .1345542    .5009325

	      discomfortC |  -.0209886   .1293727    -0.16   0.871    -.2745545    .2325772

	            liwcC |  -.0355672   .0483205    -0.74   0.462    -.1302737    .0591393

	             wfcD |   .1249058   .1696609     0.74   0.462    -.2076234     .457435

	             genL |  -.0407291   .1159381    -0.35   0.725    -.2679636    .1865054

	         wfcXgenL |   .0665312   .1742238     0.38   0.703    -.2749411    .4080035

	            _cons |  -.0543481   .1105179    -0.49   0.623    -.2709592     .162263

	  ----------------+----------------------------------------------------------------

	  helping         |
	
	
	
	
	
	
	

	          cogdisC |   .1783214   .1751988     1.02   0.309     -.165062    .5217048

	           guiltC |   .0236305   .0808731     0.29   0.770    -.1348779    .1821389

	      discomfortC |  -.0011583   .1237435    -0.01   0.993    -.2436912    .2413745

	            liwcC |  -.0843534   .0592903    -1.42   0.155    -.2005603    .0318534

	           prosoC |   .8894089   .0565923    15.72   0.000     .7784901    1.000328

	             wfcD |   .0373339   .1590039     0.23   0.814    -.2743079    .3489758

	             genL |  -.1344235   .1322148    -1.02   0.309    -.3935597    .1247128

	         wfcXgenL |   .0807215   .1864013     0.43   0.665    -.2846184    .4460614

	            _cons |   5.145394   .0993597    51.79   0.000     4.950652    5.340135

	  ----------------+----------------------------------------------------------------

	  ocb             |
	
	
	
	
	
	
	

	          cogdisC |   .1799368   .1592182     1.13   0.258    -.1321252    .4919988

	           guiltC |  -.0413961   .0687388    -0.60   0.547    -.1761216    .0933294

	      discomfortC |   .0551761   .1126562     0.49   0.624    -.1656259    .2759782

	            liwcC |  -.1101351   .0480635    -2.29   0.022    -.2043378   -.0159325

	           prosoC |   .8055488   .0529374    15.22   0.000     .7017934    .9093042

	             wfcD |   .0918735    .161081     0.57   0.568    -.2238395    .4075865

	             genL |  -.1236274    .126743    -0.98   0.329     -.372039    .1247843

	         wfcXgenL |   .1496211   .1693116     0.88   0.377    -.1822235    .4814658

	            _cons |   5.311304   .1068174    49.72   0.000     5.101946    5.520663

	------------------+----------------------------------------------------------------

	    var(e.cogdisC)|   .5560096   .0377389                      .4867516    .6351221

	     var(e.guiltC)|   .7735362   .0653361                       .655518    .9128023

	var(e.discomfortC)|   .6885471   .0440536                       .607398    .7805379

	      var(e.liwcC)|   .9665804   .0888119                      .8072859    1.157307

	     var(e.prosoC)|     .93808   .0730762                      .8052515    1.092819

	    var(e.helping)|   1.110005   .0867639                      .9523364    1.293777

	        var(e.ocb)|   .8964554    .083802                      .7463751    1.076714

	-----------------------------------------------------------------------------------





MODEL B: Only the two significant cognitive dissonance variables but including covariates (i.e., number of words written, perceived acceptability of overtime, and participant gender)

	.     sem ///
	

	>         (cogdisC <- wfcD genL wfcXgenL overtime words pgen) ///
	
	

	>         (guiltC <- wfcD genL wfcXgenL overtime words pgen) ///
	
	

	>         (prosoC <- cogdisC guiltC wfcD genL wfcXgenL overtime words pgen) ///
	

	>         (helping <- prosoC cogdisC guiltC wfcD genL wfcXgenL overtime words pgen) ///

	>         (ocb <- prosoC cogdisC guiltC wfcD genL wfcXgenL overtime words pgen), ///

	>         vce(robust)
	
	
	
	
	
	
	

	
	
	
	

	
	
	
	
	
	
	
	
	
	

	Endogenous variables
	
	
	
	
	
	
	

	  Observed: cogdisC guiltC prosoC helping ocb
	
	
	
	

	
	
	
	
	
	
	
	
	
	

	Exogenous variables
	
	
	
	
	
	
	

	  Observed: wfcD genL wfcXgenL overtime words pgen
	
	
	
	

	
	
	
	
	
	
	
	
	
	

	Fitting target model:
	
	
	
	
	
	
	

	Iteration 0:  Log pseudolikelihood = -8167.9083  
	
	
	
	

	Iteration 1:  Log pseudolikelihood = -8167.9083  
	
	
	
	

	
	
	
	
	
	
	
	
	
	

	Structural equation model                                  Number of obs = 497
	

	Estimation method: ml
	
	
	
	
	
	
	

	
	
	
	
	
	
	
	
	
	

	Log pseudolikelihood = -8167.9083
	
	
	
	
	
	

	
	
	
	
	
	
	
	
	
	

	-------------------------------------------------------------------------------
	

	              |               Robust
	
	
	
	
	

	              | Coefficient  std. err.      z    P>|z|     [95% conf. interval]
	

	--------------+----------------------------------------------------------------
	

	Structural    |
	
	
	
	
	
	
	
	

	  cogdisC     |
	
	
	
	
	
	
	
	

	         wfcD |    .844665   .1309881     6.45   0.000     .5879331    1.101397
	

	         genL |    .096738   .0880336     1.10   0.272    -.0758048    .2692807
	

	     wfcXgenL |   .3507312   .1338542     2.62   0.009     .0883818    .6130806
	

	     overtime |  -.0651001   .0353461    -1.84   0.066    -.1343772    .0041769
	

	        words |   .0007236   .0002485     2.91   0.004     .0002366    .0012106
	

	         pgen |   .0479356   .0719314     0.67   0.505    -.0930473    .1889185
	

	        _cons |  -.5173924   .1389058    -3.72   0.000    -.7896427    -.245142
	

	  ------------+----------------------------------------------------------------
	

	  guiltC      |
	
	
	
	
	
	
	
	

	         wfcD |   .5838448    .169336     3.45   0.001     .2519524    .9157372
	

	         genL |   .0880479   .0797721     1.10   0.270    -.0683026    .2443984
	

	     wfcXgenL |   .3738611   .1581958     2.36   0.018      .063803    .6839193
	

	     overtime |  -.0294099   .0431629    -0.68   0.496    -.1140077    .0551879
	

	        words |   .0002607   .0003961     0.66   0.511    -.0005157    .0010371
	

	         pgen |   .1488886   .0803011     1.85   0.064    -.0084986    .3062757
	

	        _cons |  -.4592962   .1645076    -2.79   0.005    -.7817251   -.1368673
	

	  ------------+----------------------------------------------------------------
	

	  prosoC      |
	
	
	
	
	
	
	
	

	      cogdisC |  -.4646075   .1108149    -4.19   0.000    -.6818008   -.2474142
	

	       guiltC |   .3370705   .0886656     3.80   0.000     .1632892    .5108518
	

	         wfcD |  -.1395939   .1779418    -0.78   0.433    -.4883534    .2091656
	

	         genL |  -.0441305   .1232978    -0.36   0.720    -.2857898    .1975287
	

	     wfcXgenL |    .035428   .1717963     0.21   0.837    -.3012866    .3721426
	

	     overtime |   .1617104   .0517422     3.13   0.002     .0602976    .2631233
	

	        words |   .0008937   .0002688     3.32   0.001     .0003668    .0014206
	

	         pgen |  -.0157312   .0984483    -0.16   0.873    -.2086863     .177224
	

	        _cons |  -.7112695   .2257021    -3.15   0.002    -1.153638   -.2689014
	

	  ------------+----------------------------------------------------------------
	

	  helping     |
	
	
	
	
	
	
	
	

	      cogdisC |   .1515737   .0890569     1.70   0.089    -.0229746    .3261221
	

	       guiltC |   .0331477   .0728323     0.46   0.649    -.1096011    .1758964
	

	       prosoC |   .8626559   .0589791    14.63   0.000      .747059    .9782527
	

	         wfcD |  -.0776598   .1926597    -0.40   0.687     -.455266    .2999463
	

	         genL |  -.1537378   .1427641    -1.08   0.282    -.4335502    .1260746
	

	     wfcXgenL |   .0796589   .1858452     0.43   0.668     -.284591    .4439087
	

	     overtime |   .1076896   .0583554     1.85   0.065    -.0066849    .2220641
	

	        words |    .000333   .0003317     1.00   0.315    -.0003171    .0009831
	

	         pgen |   .0307737   .1107555     0.28   0.781    -.1863031    .2478504
	

	        _cons |   4.729696   .2306906    20.50   0.000      4.27755    5.181841
	

	  ------------+----------------------------------------------------------------
	

	  ocb         |
	
	
	
	
	
	
	
	

	      cogdisC |   .2143043   .0809983     2.65   0.008     .0555506     .373058
	

	       guiltC |  -.0422769    .062145    -0.68   0.496    -.1640788     .079525
	

	       prosoC |   .7703939   .0546322    14.10   0.000     .6633167    .8774711
	

	         wfcD |  -.0873384   .1780378    -0.49   0.624    -.4362861    .2616094
	

	         genL |  -.1149008   .1386799    -0.83   0.407    -.3867084    .1569067
	

	     wfcXgenL |   .1517891   .1671764     0.91   0.364    -.1758707    .4794488
	

	     overtime |   .1500382   .0536388     2.80   0.005      .044908    .2551683
	

	        words |   .0004557   .0002652     1.72   0.086     -.000064    .0009754
	

	         pgen |  -.0353782   .1025142    -0.35   0.730    -.2363024     .165546
	

	        _cons |   4.762829   .2228669    21.37   0.000     4.326018     5.19964
	

	--------------+----------------------------------------------------------------
	

	var(e.cogdisC)|   .5418421    .037596                      .4729462    .6207745
	

	 var(e.guiltC)|   .7687999   .0652347                      .6510084    .9079043
	

	 var(e.prosoC)|   .8928104   .0703211                      .7650952    1.041845
	

	var(e.helping)|   1.101459   .0859832                       .945194    1.283559
	

	    var(e.ocb)|   .8815859   .0818653                      .7348874    1.057568
	

	-------------------------------------------------------------------------------
	





MODEL C: Only the two significant cognitive dissonance variables with the endogeneity control (v_prosoCint2sig)

	.     sem ///
	
	
	
	

	>         (cogdisC <- wfcD genL wfcXgenL) ///
	
	
	
	

	>         (guiltC <- wfcD genL wfcXgenL) ///
	
	
	
	
	

	>         (prosoC <- cogdisC guiltC wfcD genL wfcXgenL) ///
	
	
	

	>         (helping <- prosoC cogdisC guiltC wfcD genL wfcXgenL v_prosoCint2sig) ///

	>         (ocb <- prosoC cogdisC guiltC wfcD genL wfcXgenL v_prosoCint2sig), ///
	

	>         vce(robust)
	
	
	
	
	
	
	

	
	
	
	

	
	
	
	
	
	
	
	
	
	

	Endogenous variables
	
	
	
	
	
	
	

	  Observed: cogdisC guiltC prosoC helping ocb
	
	
	
	

	
	
	
	
	
	
	
	
	
	

	Exogenous variables
	
	
	
	
	
	
	

	  Observed: wfcD genL wfcXgenL v_prosoCint2sig
	
	
	
	

	
	
	
	
	
	
	
	
	
	

	Fitting target model:
	
	
	
	
	
	
	

	Iteration 0:  Log pseudolikelihood = -4741.8005  
	
	
	
	

	Iteration 1:  Log pseudolikelihood = -4741.8005  
	
	
	
	

	
	
	
	
	
	
	
	
	
	

	Structural equation model                                  Number of obs = 499
	

	Estimation method: ml
	
	
	
	
	
	
	

	
	
	
	
	
	
	
	
	
	

	Log pseudolikelihood = -4741.8005
	
	
	
	
	
	

	
	
	
	
	
	
	
	
	
	

	-----------------------------------------------------------------------------------

	                  |               Robust
	
	
	
	
	

	                  | Coefficient  std. err.      z    P>|z|     [95% conf. interval]

	------------------+----------------------------------------------------------------

	Structural        |
	
	
	
	
	
	
	

	  cogdisC         |
	
	
	
	
	
	
	

	             wfcD |   1.079398   .0946272    11.41   0.000     .8939324    1.264864

	             genL |   .1126275   .0824642     1.37   0.172    -.0489993    .2742544

	         wfcXgenL |   .3830146   .1346423     2.84   0.004     .1191206    .6469086

	            _cons |  -.6758459   .0607926   -11.12   0.000    -.7949973   -.5566945

	  ----------------+----------------------------------------------------------------

	  guiltC          |
	
	
	
	
	
	
	

	             wfcD |   .6658983   .0947814     7.03   0.000     .4801301    .8516665

	             genL |   .1563845   .0712669     2.19   0.028     .0167039    .2960652

	         wfcXgenL |   .3845054   .1581911     2.43   0.015     .0744566    .6945542

	            _cons |  -.5009604   .0457922   -10.94   0.000    -.5907114   -.4112094

	  ----------------+----------------------------------------------------------------

	  prosoC          |
	
	
	
	
	
	
	

	          cogdisC |  -.4379492   .1104381    -3.97   0.000    -.6544039   -.2214945

	           guiltC |   .3255502   .0913499     3.56   0.000     .1465077    .5045928

	             wfcD |   .1226594   .1675751     0.73   0.464    -.2057817    .4511005

	             genL |  -.0328187   .1171167    -0.28   0.779    -.2623633    .1967258

	         wfcXgenL |   .0677752    .174793     0.39   0.698    -.2748127    .4103631

	            _cons |   -.057827   .1122711    -0.52   0.607    -.2778742    .1622202

	  ----------------+----------------------------------------------------------------

	  helping         |
	
	
	
	
	
	
	

	          cogdisC |   .2710314   .2023567     1.34   0.180    -.1255805    .6676432

	           guiltC |  -.0504837   .1493256    -0.34   0.735    -.3431566    .2421892

	           prosoC |   1.126071   .4030316     2.79   0.005      .336144    1.915999

	             wfcD |   -.010168   .1710461    -0.06   0.953    -.3454123    .3250763

	             genL |  -.1087247   .1321107    -0.82   0.411    -.3676569    .1502075

	         wfcXgenL |   .0705084   .1877042     0.38   0.707     -.297385    .4384019

	  v_prosoCint2sig |  -.2372187   .4028802    -0.59   0.556    -1.026849     .552412

	            _cons |   5.156683   .1037933    49.68   0.000     4.953252    5.360114

	  ----------------+----------------------------------------------------------------

	  ocb             |
	
	
	
	
	
	
	

	          cogdisC |   .3295803   .1791886     1.84   0.066    -.0216229    .6807835

	           guiltC |  -.1255814   .1279719    -0.98   0.326    -.3764016    .1252388

	           prosoC |   1.020085   .3502788     2.91   0.004     .3335514    1.706619

	             wfcD |   .0261126   .1724134     0.15   0.880    -.3118114    .3640366

	             genL |  -.0941405   .1274865    -0.74   0.460    -.3440095    .1557285

	         wfcXgenL |   .1460424   .1678984     0.87   0.384    -.1830324    .4751172

	  v_prosoCint2sig |  -.2139292   .3504745    -0.61   0.542    -.9008466    .4729882

	            _cons |   5.327407   .1112054    47.91   0.000     5.109448    5.545366

	------------------+----------------------------------------------------------------

	    var(e.cogdisC)|   .5560096   .0377389                      .4867516    .6351221

	     var(e.guiltC)|   .7735362   .0653361                       .655518    .9128023

	     var(e.prosoC)|   .9393166   .0732382                      .8062025     1.09441

	    var(e.helping)|    1.11605   .0874286                      .9572002    1.301262

	        var(e.ocb)|   .9081973   .0840703                      .7575058    1.088866

	-----------------------------------------------------------------------------------
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Arbeit und Leben
Keine Zeit fiir die Fam

? Flihrungskrafte in der Wirtschaft sind

mit modernen Arbeits- und Lebensanforderungen konfrontiert

Aufgrund der Anforderungen des modernen Arbeitslebens verbringen Familien unter
der Woche kaum mehr als eine halbe Stunde miteinander.

ht 09, Januar 2019

Fihrungskréfte arbeiten mehr denn je. Dennoch
zbgern sie oft, persdnliche Details dber ihr
Arbeitsleben preiszugeben. Dies betrifft auch
eine groBe Zuriickhaltung, iber ihre Gefihle,
ihre Familie und ihre Schwierigkeiten bei der
Vereinbarung von Familie und Beruf zu
sprechen. Vor allem Fihrungskrifte in
Groflunternehmen sprechen nur selten offen
dariber was es bedeutet, Beruf, Kinder und
Famille zu jonglieren.

In einem Interview sagt BMW-Vizeprasident
Christian Fischer, der eine Lebenspartnerin und
zwei Kinder hat: ,Mit einer Arbeitswoche von 55
bis 60 Stunden, plus berufliche Reisen, Anrufe
und Emails, die zu beantworten sind, wird es
schwierig, die Art von Beziehung zu meiner
Partnerin und meinen Kindern
aufrechtzuerhalten, die ich mir wiinsche. An allen
Familienaktivititen teilzunehmen ist fir mich
schlicht unméglich. Ich fihle mich deswegen
manchmal schuldig, aber wenn ich es jetzt nicht
mache, habe ich keine Chancen auf einen
Aufstieg in unserer Firma. Die Familie ist und
bleibt das Wichtigste, aber ich unterstitze meine
Familie eben durch harte Arbeit."

TOP 5 GRUNDE FUOR
FEHLENDE

FAMILIENZEIT

1. Zu viel Arbeit

2. Berufliche Reisen

3. Unkonventionelle Arbeitszeiten
4. Zu wenige gute Mitarbeiter

5. Ein ineffizientes Team

Er erklart: "Durch harte Arbeit und engagierte
Efternschaft zeige ich meine Werte und
erleichtere die Familienintegration fir zukinftige
Fihrungskrafte und Mitarbeiter.”

Wenn Leute sagen, dass manbei so vielen
itsstunden alles haben kann, das ist einfach
wahr", sagt er..,Aber mit einer

nicht
unterstiitzenden Partnerin und Mitarbeitern, die
sich untereinander helfen und sich umeinander

kiimmern, ist vieles méglich.”
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Arbeit und Leben

Trotzdem Zeit fiir die Familie: Fiihrungskréfte in der Wirtschaft
meistern die modernen Arbeits- und Lebensanforderungen

Auch wenn die Anforderungen des modernen Arbeitslebens hoch sind, schaffen es
viele Fiihrungskréfte mehrere Stunden am Tag mit ihrer Familie zu verbringen.

A Nezk, verdffentlcht 09, Januar 2019

1 1

Fuhrungskréfte arbeiten mehr denn je. Dennoch

z6gern sie oft, personliche Details Uber ihr
Arbeitsleben preiszugeben. Dies betriff auch
eine grofe Zuriickhaltung, Uber ihre Gefiihle,
ihre Familie und ihre Schwierigkeiten bei der
Vereinbarung von Familie und Beruf zu
sprechen. Vor allem Fihrungskréfte in
GroRunternehmen sprechen nur selten offen
dariiber was es bedeutet, Beruf, Kinder und
Familie zu jonglieren.

In einem Interview sagt BMW-Vizeprasidentin
Julia Weber, die ein Lebenspartner und zwei
Kinder hat: ,Mit einer Arbeitswoche von 55 bis
60 Stunden, plus berufliche Reisen, Anrufe
und Emails, die zu beantworten sind, wird es
schwierig, die Art von Beziehung zu meinem
Partner und meinen Kindern
aufrechtzuerhalten, die ich mir wiinsche. An
allen Familienaktivitéten teilzunehmen ist fiir
mich schlicht unmdglich. Ich fiihle mich
trotzdem sehr gut, weil ich eine Chance auf
einen Aufstieg in unserer Firma behalte. Die
Familie ist und bleibt das Wichtigste, aber ich
unterstiitze meine Familie eben durch harte
Arbeit.,

Top 5 Tipps

fiir mehr Familienzeit

1. Mehr Arbeit Delegieren

2. Meetings virtuell abhalten

3. Arbeiten wenn die Kinder
Im Bett sind

4. Nur produktive Mitarbeiter einstellen

5. Mitarbeiter fiir Effizienz belohnen

Sie erklart, ,Durch harte Arbeit und engagierte
Elternschaft zeige ich meine Werte und
erleichtere die Familienintegration fiir zukinftige
Fuihrungskrafte und Mitarbeiter, auch wenn die
Arbeit manchmal warten muss.,,

Jlch glaube fest daran, dass man auch bei vielen
Arbeitsstunden ein sehr gutes Familienleben
haben kann®, sagt sie. ,Mit ein unterstiitzender
Partner und Mitarbeitern, die sich untereinander
helfen und sich umeinander kiimmenm, ist vieles

mdglich.”




