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Data Extraction Prompt and Reflection
ChatGPT prompt: 
Please extract following data from ‘the attached document’ and export your responses in a table format, where the variable names are on the top row. If data is not reported, enter ‘Not Reported’ rather than leaving the cell blank. 
First author surname
Publication year
Title 
Study design [ChatGPT, please select the closest match from the following predefined list: 
· Randomised controlled trial (RCT)
· Non-randomised trial
· Cross-over design (randomised or non-randomised)
· Before-and-after study
· Time series
· Qualitative study – Ethnography
· Qualitative study – Phenomenology
· Qualitative study – Narrative research
· Qualitative study – Grounded theory
· Mixed methods
· Economic evaluation (specify type if available: cost analysis, cost-effectiveness, cost-utility, return on investment)
· Other [please specify]]
Study aim
Country in which the study conducted 
Population (e.g., older female adults, Indigenous people experiencing homelessness) (Note the life stage of the population) 
Illness/other descriptor (e.g., schizophrenia, serious and persistent mental illness) 
Total number of participants 
Intervention (e.g., CBT, clubhouse, creative art therapies) [ChatGPT, please provide a brief description of the intervention]
Is this a peer-led intervention?
Delivery setting (e.g., community mental health centres, home-based care, outreach program, supported group home, long-term care facility, educational institutions (e.g., schools, TAFE, universities), recreational centres, outdoor setting like parks, bush, beach etc.) 
Delivery mode [ChatGPT, please extract and standardise as:
·  online/in-person
· individual/group
· peer-led/non-peer-led
· number of sessions (numeric)
· duration (weeks/months)]
Type of Comparison (e.g., usual care, placebo, no intervention) 
Primary outcome measure and measuring instruments (e.g., scale, QoL questionnaire, interview, focus group). [ChatGPT, please remember to list each outcome and each measuring instrument in separate columns with heading of Outcome 1, Measuring instrument 1, Outcome 2, Measuring instrument 2, and so on. Up to five outcomes and measurement instruments. If more than five outcomes are reported, summarise the additional outcomes in a separate cell.]  
Type of economic analysis if any (e.g., cost analysis, return on investment, cost-effectiveness analysis, cost-utility analysis, cost-benefit analysis) 
Barriers to implementing the intervention (implicit qualitative description of barriers to implementing the intervention in practice) [ChatGPT, please remember not to include study limitations here. Extract direct quotes where available, otherwise provide a concise paraphrase.]
Facilitators for implementing the intervention (implicit qualitative description of facilitators to implementing the intervention in practice, e.g., contextual factors that facilitated uptake, such as easy access, government policy etc.) [ChatGPT, please extract direct quotes where available, otherwise provide a concise paraphrase.]

Reflection
Observation: 

· There was high consistency across “black-and-white” information such as  author, year, title, design, study aim, country, population, illness descriptor, intervention, peer-led status, delivery setting, and type of comparison. 
· The main discrepancies arose in the extraction of outcomes, implementation barriers and facilitators.
· For implementation barriers and facilitators, human reviewers tended to extract more granular, context-specific details, whereas ChatGPT often confused implementation barriers with study limitations (e.g., citing small sample size or high dropout rates among participants). 
· In some cases, when implementation information was not explicitly reported, ChatGPT engaged in inferred extraction or AI hallucinations (i.e., generating answers not present in the text).
Improvement Strategies: 
· Establish explicit rules, for example: instruct ChatGPT to use literal extraction only and avoid inference. 
· Acknowledge that discrepancies also occur between human reviewers, particularly regarding the level of granularity and terminology consistency. 
· Therefore, clear and detailed coding rules are required for both AI and human reviewers. 
Final Note: 
While ChatGPT demonstrates strong accuracy and consistency for structured, factual fields, it can still make mistakes – just as humans may do. Thus, ChatGPT should not replace human reviewers but a complementary tool to enhance efficiency in data extraction. 


