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[bookmark: _GoBack]Classification. Naïve Bayes classifiers are supervised learning algorithms. During training, the algorithm computes P(fk|C), i.e., the probability of a feature k (i.e., a word stem; fk = 1, if the word stem is present; fk = 0 if absent) given a document (definition of curiosity or interest) of a certain class (C i.e., C = “curiosity” or “interest”) from class-labelled documents. The algorithm also computes prior probability P(C): In our study, P(C = “curiosity”) and P(C = “interest”) are both .5 (each participant provided a definition of both). Using that information and simplifying assumptions, the algorithm produces a trained classifier P(C|f), representing the probability of a class given a set of features (or feature vector) f. The trained classifier P(C|f) is then tested on data without class-labels to predict the class of new, unseen documents from feature presence/absence. Classifier accuracy is judged by the proportion of correct class predictions for unseen documents. Using the algorithm, we can also compute P(C|fk), which represents the probability of a document being a definition of curiosity or interest, given feature k’s (a word stem) presence/absence.
In the current study, we utilise cross-validation for both classifier training and testing (see Figure 1). In training, we use 10-fold cross-validation (i.e., dividing training data into 10 folds, each used as a pseudo-test dataset) to select an optimum Bernoulli Naïve Bayes classifier (i.e. feature set), using only training data. For testing, we cross-validated the optimum classifier using a validation set approach, i.e., the classifier was tested once on held-out test data (data not used during training) and once on additional test data, as an evaluation of how generalisable the classifier is to new unseen data. To obtain data for training and testing, the main data was partitioned (according to preregistration) into training data (2/3 of participants, n=198 participants, n = 396 documents) and test data (1/3, n = 99 participants, n = 198 documents), while all additional data was used as a second test set (n = 109 participants, n = 218 documents: see Figure 1: Data partition). 
	Classifier training. During training, we selected features that optimised accurate classification of training data, while avoiding overfitting. This included removing features likely to be idiosyncratic to the training data (therefore not generalisable) and unlikely to aid classification (i.e., reliably appearing in both document classes), retaining only features likely to aid accurate classification (i.e., appearing reliably in one class). We first applied a filter approach, removing low-variance features (present in <5% or >95% of documents). We then applied two different wrapper feature selection methods (described below) to reduce the number of features (see Hsu et al., 2011; Kohavi & John, 1997; Rabenoro et al., 2015 on filter/wrapper methods). These approximate an ideal (but computationally expensive) scenario, e.g., finding the best subset through testing every combination (see James et al., 2014, pp.205-207 for discussion). To find the optimum feature list in the training data we employed 10-fold cross-validation (see Figure 1: Training: Feature selection) dividing data into 10 folds (according to preregistration).
Backward search. Backward search selection began with a classifier including all p plausible features (remaining post-filtering), and, proceeding stepwise, removed features whose removal resulted in the highest improvement/smallest decrement in classifier accuracy. We first trained a classifier including all p features (for all classifiers: class priors were equal, and we use Laplace smoothing) on 9 folds of data, testing it on the remaining fold, and repeating so each fold was used once as pseudo-test data (see Figure 1: Training: Feature selection). We calculated mean classifier accuracy across 10 folds. Following this, we created all classifiers including p-1 features (i.e., there were as many classifiers as features; for every feature, there was a classifier omitting that feature and including all others), training and testing these across 10 folds. The classifier producing the highest mean accuracy was deemed the best classifier for p-1 features. The process was repeated stepwise (i.e., classifiers with p-2 features only included features from the best p-1 classifier), until reaching a  single-feature classifier. This created a vector (length p) consisting of mean accuracy scores; each element corresponding to a feature subset/list.
Forward-hybrid search. Forward-hybrid search selection began with a classifier including one feature and, proceeding stepwise, added features that resulted in the highest improvement/smallest decrement in classifier accuracy (forward search). We first selected the best single-feature classifier (i.e., with the highest mean accuracy across 10 folds out of p single-feature classifiers), then proceeded stepwise in selecting the best two-feature classifier (adding a second feature that resulted in the highest improvement/smallest decrement in accuracy to the single-feature classifier), three-feature classifier, and so on, until reaching a p-feature classifier. A pitfall of forward search selection is that features added early in the procedure can be made redundant by later additions, so we devised a hybrid method to revise the feature list. This method took the optimum forward-search-selected feature subset, and calculated the best stepwise addition/subtraction of features (determined by mean accuracy over 10 folds of all possible additions or subtractions of features; the first step was always feature subtraction, as by definition addition cannot improve the optimum forward-search-selected subset). We preferred subtraction if the best addition or subtraction resulted in identical accuracy. Features were added/subtracted until accuracy improvement stalled. This again created a vector consisting of mean accuracy scores; each element corresponding to a feature subset/list. 
On completing both search selections, we selected the feature list corresponding with the maximum mean accuracy (across both selection methods) as the optimum feature list (i.e., the classifier using a list that resulted in the highest 10-fold cross-validated accuracy on training data). Using this list, the final classifier was trained using the complete training data (see Figure 1: Training: Trained). This final step was necessary to calculate P(C|f) across the training data using the optimum list, generating probabilities from sampling each document only once. Simply averaging across ten sets of P(C|f) for the optimum list computed during 10-fold cross-validation (each set trained on 9 folds) could lead to oversampling of individual documents (folds do not necessarily contain equal amounts of documents, i.e., N is not exactly divisible by 10).
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Table A1
Collocation frequency for words used by classifier across definitions (main data: n=594)
	Word
	Curiosity (n = 297)
	
	Interest (n = 297)

	
	Collocations
	Proportion
	
	Collocations
	Proportion

	hobby
	
	
	
	a hobby
	10.1%

	
	
	
	
	hobby or
	4.0%

	spend
	
	
	
	spend time
	3.7%

	
	
	
	
	to spend
	3.4%

	enjoy
	
	
	
	you enjoy
	4.7%

	
	
	
	
	enjoy doing
	3.7%

	ask
	ask questions
	5.7%
	
	
	

	
	to ask
	3.4%
	
	
	

	around
	world around
	3.7%
	
	
	

	
	around them
	3.4%
	
	
	

	
	around you
	2.7%
	
	
	

	world
	the world
	14.8%
	
	
	

	
	world around
	3.7%
	
	
	

	human
	the human
	3.7%
	
	
	

	attention
	
	
	
	attention to
	6.1%

	
	
	
	
	your attention
	5.4%

	questions
	ask questions
	5.7%
	
	
	

	
	questions about
	3.0%
	
	
	

	answer
	the answer
	4.4%
	
	
	

	
	an answer
	3.0%
	
	
	

	time
	
	
	
	time and
	5.4%

	
	
	
	
	spend time
	3.7%

	
	
	
	
	of time
	3.4%

	
	
	
	
	free time
	3.4%

	understand
	to understand
	8.8%
	
	
	

	explore
	to explore
	6.7%
	
	to explore
	3.7%

	new
	new things
	11.4%
	
	a new
	3.7%

	
	something new
	5.7%
	
	new things
	3.4%

	
	learn new
	4.0%
	
	
	

	
	a new
	4.0%
	
	
	

	
	discover new
	2.7%
	
	
	

	alreadi
	
	
	
	already know
	5.7%

	
	
	
	
	you already
	3.7%

	desire
	desire to
	24.9%
	
	desire to
	10.8%

	
	the desire
	10.1%
	
	a desire
	6.4%

	
	a desire
	9.8%
	
	the desire
	3.4%

	information
	more information
	5.7%
	
	more information
	3.4%

	
	information about
	4.7%
	
	information about
	3.0%

	see
	to see
	6.7%
	
	
	

	get
	get to
	4.4%
	
	to get
	3.4%

	
	to get
	4.4%
	
	
	

	
	you get
	3.7%
	
	
	

	us
	us to
	13.5%
	
	us to
	3.7%

	
	makes us
	3.7%
	
	
	

	subject
	a subject
	9.8%
	
	a subject
	11.4%

	
	the subject
	5.1%
	
	the subject
	9.8%

	
	
	
	
	subject or
	5.7%

	
	
	
	
	that subject
	3.7%

	
	
	
	
	particular subject
	3.4%

	
	
	
	
	certain subject
	3.0%

	know
	to know
	52.2%
	
	to know
	33.0%

	
	know more
	24.9%
	
	know more
	19.5%

	
	know a
	17.2%
	
	already know
	5.7%

	
	not know
	9.1%
	
	know about
	4.0%

	
	don't know
	8.8%
	
	
	

	
	know about
	8.1%
	
	
	

	
	know something
	7.4%
	
	
	

	
	you know
	6.7%
	
	
	

	
	know what
	5.7%
	
	
	

	
	know the
	5.7%
	
	
	

	
	know and
	5.1%
	
	
	

	
	know or
	4.7%
	
	
	

	
	know how
	4.0%
	
	
	

	find
	to find
	24.6%
	
	to find
	9.4%

	
	find out
	22.6%
	
	find out
	7.4%

	
	you find
	4.7%
	
	you find
	5.4%

	finding
	finding out
	5.1%
	
	
	

	person
	a person
	13.1%
	
	a person
	23.6%

	
	the person
	4.4%
	
	the person
	5.1%

	
	curious person
	3.7%
	
	or person
	4.0%

	
	or person
	3.7%
	
	person or
	3.4%

	
	person is
	3.4%
	
	person is
	2.7%

	may
	may not
	5.1%
	
	may be
	11.4%

	
	you may
	5.1%
	
	you may
	6.4%

	
	may be
	5.1%
	
	it may
	4.0%

	
	
	
	
	may not
	3.7%

	
	
	
	
	may have
	3.4%

	learn
	to learn
	33.3%
	
	to learn
	21.9%

	
	learn more
	16.2%
	
	learn more
	14.1%

	
	learn about
	8.8%
	
	learn about
	6.1%

	
	learn something
	7.1%
	
	or learn
	4.0%

	
	or learn
	6.7%
	
	
	

	
	learn and
	4.7%
	
	
	

	
	and learn
	4.7%
	
	
	

	
	learn new
	4.0%
	
	
	

	
	you learn
	3.0%
	
	
	

	learning
	of learning
	3.7%
	
	learning about
	2.7%

	
	learning more
	3.7%
	
	
	

	good
	a good
	5.7%
	
	a good
	3.7%

	like
	like to
	7.7%
	
	like to
	8.4%

	
	would like
	3.4%
	
	you like
	8.1%

	
	
	
	
	like a
	6.4%

	
	
	
	
	I like
	3.4%

	
	
	
	
	we like
	3.0%

	something
	about something
	28.6%
	
	something that
	30.0%

	
	something that
	22.2%
	
	in something
	27.6%

	
	is something
	11.1%
	
	about something
	20.2%

	
	in something
	9.1%
	
	is something
	19.5%

	
	know something
	7.4%
	
	something or
	15.8%

	
	something you
	7.4%
	
	something you
	11.8%

	
	learn something
	7.1%
	
	something I
	11.8%

	
	something or
	7.1%
	
	or something
	10.4%

	
	something and
	6.4%
	
	be something
	7.7%

	
	something new
	5.7%
	
	do something
	5.7%

	
	something is
	5.1%
	
	something and
	5.4%

	
	how something
	3.7%
	
	to something
	5.4%

	
	
	
	
	something is
	4.7%

	
	
	
	
	for something
	3.4%

	
	 
	 
	 
	by something
	2.7%






Table A2
Word stems (and words) used by the classifier across definitions (main data: n = 594)
	Word Stem
	
	Word

	Word Stem
	Proportion of Definitions
	
	Word
	Proportion of Definitions

	
	Total
	Curiosity
	Interest
	 
	
	Total
	Curiosity
	Interest

	hobbi
	11.8%
	1.3%
	22.2%
	
	hobbies
	3.5%
	1.0%
	6.1%

	
	
	
	
	
	hobby
	8.2%
	0.3%
	16.2%

	spend
	5.4%
	0.3%
	10.4%
	
	spend
	4.5%
	0.3%
	8.8%

	
	
	
	
	
	spending
	0.8%
	0.0%
	1.7%

	
	
	
	
	
	spends
	0.2%
	0.0%
	0.3%

	enjoy
	9.1%
	1.7%
	16.5%
	
	enjoy
	6.2%
	1.3%
	11.1%

	
	
	
	
	
	enjoyment
	1.7%
	0.3%
	3.0%

	
	
	
	
	
	enjoyable
	0.8%
	0.0%
	1.7%

	
	
	
	
	
	enjoys
	0.7%
	0.0%
	1.3%

	
	
	
	
	
	enjoyed
	0.3%
	0.0%
	0.7%

	
	
	
	
	
	enjoying
	0.3%
	0.0%
	0.7%

	children
	5.2%
	8.8%
	1.7%
	
	children
	5.1%
	8.8%
	1.3%

	
	
	
	
	
	childrens
	0.2%
	0.0%
	0.3%

	ask
	8.9%
	14.8%
	3.0%
	
	ask
	6.2%
	10.1%
	2.4%

	
	
	
	
	
	asking
	2.5%
	4.0%
	1.0%

	
	
	
	
	
	asks
	0.5%
	1.0%
	0.0%

	
	
	
	
	
	asked
	0.2%
	0.3%
	0.0%

	satisfi
	4.7%
	7.4%
	2.0%
	
	satisfy
	2.9%
	4.7%
	1.0%

	
	
	
	
	
	satisfied
	1.7%
	2.7%
	0.7%

	
	
	
	
	
	satisfying
	0.7%
	1.0%
	0.3%

	
	
	
	
	
	satisfies
	0.2%
	0.0%
	0.3%

	happen
	5.1%
	7.7%
	2.4%
	
	happen
	2.4%
	3.4%
	1.3%

	
	
	
	
	
	happens
	1.5%
	2.4%
	0.7%

	
	
	
	
	
	happened
	1.0%
	1.7%
	0.3%

	
	
	
	
	
	happening
	0.5%
	1.0%
	0.0%

	around
	6.6%
	10.4%
	2.7%
	
	around
	6.6%
	10.4%
	2.7%

	world
	9.9%
	16.5%
	3.4%
	
	world
	9.9%
	16.5%
	3.4%

	human
	10.9%
	17.2%
	4.7%
	
	human
	7.1%
	10.1%
	4.0%

	
	
	
	
	
	humans
	4.2%
	7.7%
	0.7%

	
	
	
	
	
	humanity
	0.3%
	0.7%
	0.0%

	
	
	
	
	
	humanitys
	0.2%
	0.3%
	0.0%

	bad
	5.1%
	8.1%
	2.0%
	
	bad
	4.9%
	7.7%
	2.0%

	
	
	
	
	
	badly
	0.3%
	0.7%
	0.0%

	attent
	10.6%
	3.4%
	17.8%
	
	attention
	10.6%
	3.4%
	17.8%

	
	
	
	
	
	attentive
	0.2%
	0.0%
	0.3%

	question
	14.0%
	22.2%
	5.7%
	
	questions
	9.8%
	16.5%
	3.0%

	
	
	
	
	
	question
	4.2%
	6.1%
	2.4%

	
	
	
	
	
	questioning
	1.9%
	3.4%
	0.3%

	excit
	5.1%
	1.7%
	8.4%
	
	excited
	1.3%
	0.7%
	2.0%

	
	
	
	
	
	excitement
	1.2%
	0.3%
	2.0%

	
	
	
	
	
	exciting
	1.2%
	0.0%
	2.4%

	
	
	
	
	
	excites
	1.0%
	0.7%
	1.3%

	
	
	
	
	
	excite
	0.5%
	0.0%
	1.0%

	anim
	4.9%
	8.1%
	1.7%
	
	animals
	3.2%
	5.7%
	0.7%

	
	
	
	
	
	animal
	1.7%
	2.4%
	1.0%

	involv
	5.9%
	2.7%
	9.1%
	
	involved
	3.9%
	1.0%
	6.7%

	
	
	
	
	
	involve
	0.8%
	0.3%
	1.3%

	
	
	
	
	
	involves
	0.7%
	1.0%
	0.3%

	
	
	
	
	
	involving
	0.7%
	0.7%
	0.7%

	
	
	
	
	
	involvement
	0.5%
	0.0%
	1.0%

	answer
	8.1%
	13.8%
	2.4%
	
	answer
	4.5%
	8.4%
	0.7%

	
	
	
	
	
	answers
	3.7%
	6.1%
	1.3%

	
	
	
	
	
	answered
	0.7%
	1.3%
	0.0%

	
	
	
	
	
	answering
	0.5%
	0.7%
	0.3%

	time
	18.9%
	10.4%
	27.3%
	
	time
	17.2%
	8.4%
	25.9%

	
	
	
	
	
	times
	2.7%
	2.7%
	2.7%

	understand
	12.3%
	16.5%
	8.1%
	
	understand
	9.6%
	13.1%
	6.1%

	
	
	
	
	
	understanding
	3.9%
	5.1%
	2.7%

	
	
	
	
	
	understands
	0.2%
	0.3%
	0.0%

	explor
	10.1%
	14.8%
	5.4%
	
	explore
	7.6%
	10.8%
	4.4%

	
	
	
	
	
	exploring
	1.7%
	2.7%
	0.7%

	
	
	
	
	
	exploration
	1.2%
	2.0%
	0.3%

	
	
	
	
	
	explorers
	0.2%
	0.3%
	0.0%

	natur
	7.4%
	10.8%
	4.0%
	
	natural
	3.4%
	5.1%
	1.7%

	
	
	
	
	
	nature
	3.0%
	5.1%
	1.0%

	
	
	
	
	
	naturally
	2.4%
	3.0%
	1.7%

	
	
	
	
	
	natures
	0.2%
	0.3%
	0.0%

	new
	22.1%
	30.3%
	13.8%
	
	new
	22.1%
	30.3%
	13.8%

	alreadi
	6.4%
	3.7%
	9.1%
	
	already
	6.4%
	3.7%
	9.1%

	desir
	21.4%
	28.3%
	14.5%
	
	desire
	21.4%
	28.3%
	14.5%

	
	
	
	
	
	desires
	0.2%
	0.0%
	0.3%

	inform
	13.8%
	16.8%
	10.8%
	
	information
	13.1%
	16.2%
	10.1%

	
	
	
	
	
	informed
	0.3%
	0.3%
	0.3%

	
	
	
	
	
	informations
	0.3%
	0.7%
	0.0%

	
	
	
	
	
	informs
	0.2%
	0.0%
	0.3%

	
	
	
	
	
	informative
	0.2%
	0.0%
	0.3%

	sometim
	9.6%
	11.1%
	8.1%
	
	sometimes
	9.4%
	11.1%
	7.7%

	
	
	
	
	
	sometime
	0.2%
	0.0%
	0.3%

	live
	6.1%
	8.1%
	4.0%
	
	lives
	2.9%
	3.4%
	2.4%

	
	
	
	
	
	live
	1.7%
	2.4%
	1.0%

	
	
	
	
	
	living
	1.3%
	2.0%
	0.7%

	
	
	
	
	
	lived
	0.5%
	1.0%
	0.0%

	see
	12.0%
	15.8%
	8.1%
	
	see
	10.6%
	14.5%
	6.7%

	
	
	
	
	
	seeing
	1.3%
	1.7%
	1.0%

	
	
	
	
	
	sees
	0.2%
	0.0%
	0.3%

	others
	8.4%
	10.4%
	6.4%
	
	others
	8.4%
	10.4%
	6.4%

	without
	7.2%
	8.8%
	5.7%
	
	without
	7.2%
	8.8%
	5.7%

	go
	8.6%
	10.4%
	6.7%
	
	go
	6.1%
	7.7%
	4.4%

	
	
	
	
	
	going
	2.7%
	3.0%
	2.4%

	get
	14.6%
	17.2%
	12.1%
	
	get
	10.8%
	12.1%
	9.4%

	
	
	
	
	
	getting
	2.5%
	2.7%
	2.4%

	
	
	
	
	
	gets
	2.2%
	3.0%
	1.3%

	us
	13.8%
	17.5%
	10.1%
	
	us
	13.8%
	17.5%
	10.1%

	subject
	25.3%
	19.5%
	31.0%
	
	subject
	23.6%
	17.5%
	29.6%

	
	
	
	
	
	subjects
	3.0%
	3.0%
	3.0%

	know
	53.9%
	65.7%
	42.1%
	
	know
	52.4%
	64.0%
	40.7%

	
	
	
	
	
	knowing
	4.9%
	5.7%
	4.0%

	
	
	
	
	
	knows
	1.5%
	2.0%
	1.0%

	find
	30.1%
	36.4%
	23.9%
	
	find
	26.9%
	33.3%
	20.5%

	
	
	
	
	
	finding
	5.6%
	6.4%
	4.7%

	
	
	
	
	
	finds
	0.3%
	0.0%
	0.7%

	person
	35.5%
	29.6%
	41.4%
	
	person
	29.1%
	22.6%
	35.7%

	
	
	
	
	
	personal
	4.0%
	3.7%
	4.4%

	
	
	
	
	
	personality
	3.2%
	2.0%
	4.4%

	
	
	
	
	
	personally
	1.9%
	2.4%
	1.3%

	
	
	
	
	
	persons
	1.0%
	1.0%
	1.0%

	may
	21.2%
	16.8%
	25.6%
	
	may
	21.2%
	16.8%
	25.6%

	learn
	43.3%
	51.2%
	35.4%
	
	learn
	36.9%
	44.1%
	29.6%

	
	
	
	
	
	learning
	13.3%
	16.5%
	10.1%

	
	
	
	
	
	learned
	1.0%
	1.3%
	0.7%

	
	
	
	
	
	learns
	0.3%
	0.3%
	0.3%

	good
	10.4%
	12.8%
	8.1%
	
	good
	10.4%
	12.8%
	8.1%

	like
	32.0%
	26.6%
	37.4%
	
	like
	27.6%
	23.6%
	31.6%

	
	
	
	
	
	likely
	2.9%
	2.7%
	3.0%

	
	
	
	
	
	liking
	2.2%
	0.0%
	4.4%

	
	
	
	
	
	likes
	2.0%
	0.7%
	3.4%

	
	
	
	
	
	liked
	0.2%
	0.0%
	0.3%

	someth
	75.8%
	70.7%
	80.8%
	 
	something
	75.8%
	70.7%
	80.8%





Table A3
Proportion of definitions containing words used in at least 10% of definitions (main data: n = 594), but not used by the classifier (i.e. common words that represent both curiosity and interest)
	Word stem
	Word
	Total
	Curiosity
	Interest

	interest*
	interest
	66.2%
	38.7%
	93.6%

	
	interested
	32.2%
	18.5%
	45.8%

	
	interests
	14.0%
	4.4%
	23.6%

	
	interesting
	11.4%
	10.1%
	12.8%

	curios*
	curiosity
	60.8%
	92.6%
	29.0%

	
	curiosities
	0.3%
	0.7%
	0.0%

	can
	can
	51.9%
	49.8%
	53.9%

	want
	want
	36.2%
	37.7%
	34.7%

	
	wanting
	17.2%
	17.5%
	16.8%

	
	wants
	4.4%
	3.7%
	5.1%

	
	wanted
	1.7%
	2.7%
	0.7%

	thing
	things
	34.7%
	38.4%
	31.0%

	
	thing
	22.6%
	24.6%
	20.5%

	curious*
	curious
	34.7%
	57.2%
	12.1%

	
	curiously
	0.2%
	0.3%
	0.0%

	feel
	feeling
	17.7%
	18.9%
	16.5%

	
	feel
	14.1%
	11.8%
	16.5%

	
	feelings
	2.9%
	2.0%
	3.7%

	
	feels
	1.9%
	1.3%
	2.4%

	also
	also
	29.3%
	28.3%
	30.3%

	peopl
	people
	27.3%
	25.3%
	29.3%

	
	peoples
	2.4%
	2.0%
	2.7%

	someon
	someone
	26.1%
	18.5%
	33.7%

	
	someones
	2.0%
	1.3%
	2.7%

	exampl
	example
	23.2%
	21.2%
	25.3%

	
	examples
	0.7%
	1.3%
	0.0%

	mean
	means
	14.5%
	13.1%
	15.8%

	
	mean
	6.2%
	4.4%
	8.1%

	
	meaning
	5.9%
	4.7%
	7.1%

	
	meanings
	1.2%
	0.0%
	2.4%

	think
	think
	19.7%
	21.9%
	17.5%

	
	thinking
	2.9%
	3.7%
	2.0%

	
	thinks
	0.5%
	0.3%
	0.7%

	make
	makes
	13.8%
	13.5%
	14.1%

	
	make
	7.9%
	7.7%
	8.1%

	
	making
	2.0%
	2.7%
	1.3%

	knowledg
	knowledge
	19.0%
	22.9%
	15.2%

	
	knowledgeable
	0.8%
	1.3%
	0.3%

	
	knowledges
	0.2%
	0.0%
	0.3%

	one
	one
	17.0%
	16.2%
	17.8%

	
	ones
	3.0%
	3.4%
	2.7%

	topic
	topic
	15.7%
	11.8%
	19.5%

	
	topics
	1.9%
	2.4%
	1.3%

	way
	way
	13.3%
	14.8%
	11.8%

	
	ways
	3.4%
	3.0%
	3.7%

	differ
	different
	14.1%
	13.1%
	15.2%

	
	difference
	1.7%
	2.4%
	1.0%

	
	differ
	0.7%
	0.7%
	0.7%

	
	differences
	0.5%
	0.3%
	0.7%

	
	differs
	0.3%
	0.3%
	0.3%

	
	differently
	0.2%
	0.0%
	0.3%

	just
	just
	14.5%
	16.2%
	12.8%

	might
	might
	13.1%
	11.8%
	14.5%

	certain
	certain
	12.5%
	11.4%
	13.5%

	
	certainly
	0.5%
	0.7%
	0.3%

	work
	work
	7.9%
	7.7%
	8.1%

	
	works
	5.2%
	8.8%
	1.7%

	
	working
	1.0%
	1.0%
	1.0%

	
	worked
	0.2%
	0.3%
	0.0%

	
	workings
	0.2%
	0.3%
	0.0%

	defin
	define
	6.9%
	7.1%
	6.7%

	
	defined
	3.7%
	4.4%
	3.0%

	
	defines
	0.8%
	1.3%
	0.3%

	
	defining
	0.3%
	0.0%
	0.7%

	even
	even
	11.4%
	11.1%
	11.8%

	life
	life
	11.4%
	12.8%
	10.1%

	object
	object
	7.4%
	8.1%
	6.7%

	
	objects
	1.9%
	1.7%
	2.0%

	
	objective
	1.2%
	0.7%
	1.7%

	motiv
	motivation
	4.4%
	5.1%
	3.7%

	
	motivated
	2.5%
	2.0%
	3.0%

	
	motivates
	1.9%
	2.0%
	1.7%

	
	motivate
	0.7%
	1.0%
	0.3%

	
	motivating
	0.5%
	0.0%
	1.0%

	
	motive
	0.3%
	0.0%
	0.7%

	
	motivations
	0.3%
	0.7%
	0.0%

	
	motivator
	0.3%
	0.0%
	0.7%


*Word stems explicitly prevented from entering the classifier feature list.


Table A4
Collocation frequency for words used in >10% of definitions (main data: n = 594), but not used by the classifier (i.e. common words that represent both curiosity and interest)
	Word
	Curiosity (n = 297)
	
	Interest (n = 297)

	
	Collocations
	Proportion
	 
	Collocations
	Proportion

	interest*
	interest in
	17.5%
	
	interest is
	64.6%

	
	an interest
	14.1%
	
	interest in
	36.0%

	
	of interest
	7.1%
	
	an interest
	25.6%

	
	to interest
	6.4%
	
	interest can
	17.2%

	
	the interest
	5.1%
	
	of interest
	14.5%

	
	your interest
	4.4%
	
	have interest
	8.1%

	
	interest is
	3.0%
	
	interest to
	7.7%

	
	
	
	
	your interest
	6.7%

	
	
	
	
	the interest
	6.7%

	
	
	
	
	that interest
	4.4%

	
	
	
	
	interest could
	4.0%

	
	
	
	
	interest means
	3.4%

	
	
	
	
	interest as
	3.4%

	
	
	
	
	interest you
	3.4%

	
	
	
	
	interest and
	3.0%

	
	
	
	
	show interest
	2.4%

	interested*
	interested in
	14.8%
	
	interested in
	39.4%

	
	are interested
	5.7%
	
	be interested
	13.1%

	
	be interested
	2.7%
	
	are interested
	12.5%

	
	
	
	
	being interested
	6.4%

	
	
	
	
	is interested
	5.1%

	
	
	
	
	am interested
	3.7%

	
	
	
	
	you're interested
	3.0%

	interests*
	
	
	
	interests can
	4.4%

	
	
	
	
	interests are
	4.0%

	
	
	
	
	interests and
	3.0%

	curiosity*
	curiosity is
	74.7%
	
	to curiosity
	6.4%

	
	curiosity can
	15.2%
	
	than curiosity
	4.4%

	
	of curiosity
	10.1%
	
	curiosity but
	3.4%

	
	that curiosity
	8.4%
	
	curiosity and
	3.4%

	
	curiosity to
	6.1%
	
	of curiosity
	3.0%

	
	curiosity as
	5.1%
	
	curiosity is
	3.0%

	
	curiosity about
	5.1%
	
	
	

	
	curiosity means
	4.4%
	
	
	

	
	the curiosity
	4.4%
	
	
	

	
	curiosity for
	4.0%
	
	
	

	
	a curiosity
	4.0%
	
	
	

	
	think curiosity
	3.7%
	
	
	

	
	your curiosity
	3.7%
	
	
	

	
	curiosity in
	3.7%
	
	
	

	
	define curiosity
	3.4%
	
	
	

	
	curiosity makes
	3.4%
	
	
	

	can
	can be
	25.6%
	
	can be
	27.3%

	
	it can
	15.5%
	
	interest can
	17.2%

	
	curiosity can
	15.2%
	
	it can
	15.2%

	
	you can
	12.5%
	
	you can
	13.5%

	
	can also
	9.1%
	
	can also
	9.4%

	
	can lead
	4.0%
	
	can have
	6.4%

	
	we can
	3.7%
	
	interests can
	4.4%

	
	
	
	
	and can
	4.4%

	
	
	
	
	that can
	4.0%

	
	
	
	
	we can
	3.0%

	want
	want to
	35.4%
	
	want to
	33.7%

	
	you want
	15.8%
	
	you want
	16.5%

	
	and want
	6.4%
	
	and want
	5.7%

	
	to want
	3.7%
	
	to want
	5.4%

	
	we want
	2.0%
	
	I want
	4.0%

	wanting
	wanting to
	17.5%
	
	wanting to
	16.2%

	
	of wanting
	4.4%
	
	of wanting
	5.1%

	wants
	wants to
	3.4%
	
	wants to
	4.4%

	thing
	the thing
	6.4%
	
	thing that
	33.3%

	
	particular thing
	2.7%
	
	thing or
	19.5%

	
	that thing
	2.7%
	
	the thing
	5.7%

	
	
	
	
	a thing
	3.4%

	things
	new things
	11.4%
	
	things that
	5.7%

	
	things and
	6.7%
	
	in things
	4.0%

	
	about things
	6.7%
	
	new things
	3.4%

	
	things that
	6.4%
	
	
	

	curious*
	curious about
	24.2%
	
	curious about
	7.1%

	
	be curious
	15.8%
	
	
	

	
	are curious
	15.2%
	
	
	

	
	being curious
	9.4%
	
	
	

	
	is curious
	6.4%
	
	
	

	
	curious to
	6.4%
	
	
	

	
	curious is
	5.1%
	
	
	

	
	curious person
	3.7%
	
	
	

	
	a curious
	3.0%
	
	
	

	feel
	I feel
	3.7%
	
	you feel
	8.1%

	
	you feel
	2.7%
	
	
	

	feeling
	a feeling
	8.1%
	
	feeling of
	7.1%

	
	feeling of
	6.4%
	
	a feeling
	6.4%

	
	the feeling
	5.7%
	
	the feeling
	3.7%

	
	feeling that
	4.4%
	
	
	

	also
	also be
	10.4%
	
	also be
	9.8%

	
	can also
	9.1%
	
	can also
	9.4%

	
	is also
	5.4%
	
	could also
	3.4%

	
	could also
	3.7%
	
	is also
	3.4%

	people
	other people
	5.1%
	
	other people
	4.7%

	
	people are
	4.7%
	
	some people
	4.7%

	someone
	or someone
	4.0%
	
	or someone
	11.8%

	
	when someone
	3.7%
	
	someone or
	4.7%

	
	someone is
	3.7%
	
	when someone
	4.0%

	
	
	
	
	someone is
	4.0%

	
	
	
	
	that someone
	3.7%

	example
	for example
	16.8%
	
	for example
	22.9%

	means
	curiosity means
	4.4%
	
	means that
	5.4%

	
	means that
	4.0%
	
	it means
	4.0%

	
	
	
	
	interest means
	3.4%

	think
	I think
	13.5%
	
	I think
	10.8%

	
	think that
	4.7%
	
	think that
	2.7%

	
	think curiosity
	3.7%
	
	
	

	
	think about
	3.4%
	
	
	

	makes
	what makes
	4.4%
	
	makes you
	7.4%

	
	that makes
	4.0%
	
	that makes
	6.7%

	
	makes us
	3.7%
	
	
	

	
	makes you
	3.4%
	
	
	

	
	curiosity makes
	3.4%
	
	
	

	knowledge
	knowledge about
	5.7%
	
	knowledge about
	3.7%

	
	knowledge of
	3.7%
	
	of knowledge
	3.4%

	
	knowledge and
	3.7%
	
	
	

	
	more knowledge
	3.7%
	
	
	

	
	of knowledge
	3.4%
	
	
	

	one
	one of
	5.1%
	
	
	

	topic
	a topic
	4.7%
	
	a topic
	10.4%

	
	topic or
	3.4%
	
	topic or
	4.4%

	
	the topic
	2.4%
	
	the topic
	3.4%

	way
	the way
	3.7%
	
	
	

	
	way to
	3.7%
	
	
	

	
	a way
	2.7%
	
	
	

	might
	might be
	4.4%
	
	might be
	5.1%

	
	
	
	
	you might
	3.7%

	
	
	
	
	it might
	2.7%

	certain
	a certain
	6.7%
	
	a certain
	9.1%

	
	
	
	
	certain subject
	3.0%

	even
	
	
	
	or even
	4.0%

	define
	define curiosity
	3.4%
	
	
	

	
	to define
	3.0%
	
	
	

	object
	object or
	3.4%
	 
	 
	 


*Word stems explicitly prevented from entering the classifier feature list.

Table A5
Descriptive information for predictor variables used in model in Study 1
	
	Coded
	
	Raw

	
	Effect coded category
	N
	SD*
	
	Original Category
	n
	M (SD)

	Age
	(continuous)
	97
	9.54
	
	(continuous)
	97
	29.09 (9.54)

	English age (EA)
	English from birth (-1)
	45
	
	
	(continuous)
	97
	3.82 (3.91)

	
	English learnt later (1)
	52
	
	
	
	
	

	Gender (Gen)
	Male (-1)
	43
	
	
	Male
	43
	

	
	Female (1)
	54
	
	
	Female
	54
	

	Education (Edu)
	A levels as highest (-1)
	37
	
	
	None
	-
	

	
	
	
	
	
	Secondary School/GCSE
	20
	

	
	
	
	
	
	College/A levels
	17
	

	
	Higher education (1)
	60
	
	
	Undergraduate Degree
	39
	

	
	
	
	
	
	Postgraduate Degree
	18
	

	
	
	
	
	
	Doctorate Degree
	3
	

	Different/similar (D/S)
	(continuous)
	97
	0.74
	
	Completely different (1)
	2
	3.18 (0.74)

	
	
	
	
	
	Mostly different (2)
	13
	

	
	
	
	
	
	Somewhat different/similar (3)
	47
	

	
	
	
	
	
	Mostly similar (4)
	35
	

	
	
	
	
	
	Completely similar (5)
	0
	

	Definition Order (DO)
	Curiosity first (-1)
	49
	
	
	Curiosity first
	49
	

	
	Interest first (1)
	48
	 
	
	Interest first
	48
	 


*Note: coded continuous variables are mean centred, so M = 0.00.


Table A6
Correlations amongst predictors of accuracy for experts (n = 47). Coefficients between (i) two continuous variables are Pearson’s correlation coefficients, (ii) one continuous and one dichotomous variable are point-biserial correlations (rpb denoted by †), and (iii) two dichotomous variables are phi coefficients (rφ denoted by ‡).
	Variables
	1
	2
	3
	4
	5
	6
	7
	8
	9
	10
	11

	Age
	-
	
	
	
	
	
	
	
	
	
	

	Gender
	-0.16†
	-
	
	
	
	
	
	
	
	
	

	PhD time
	0.90
	-0.13†
	-
	
	
	
	
	
	
	
	

	Papers
	0.47
	-0.31†
	0.58
	-
	
	
	
	
	
	
	

	Definition order
	-0.16†
	-0.08‡
	-0.18†
	0.10†
	-
	
	
	
	
	
	

	Different/similar (Likert)
	-0.08
	0.27†
	-0.06
	-0.02
	0.29†
	-
	
	
	
	
	

	Research topic
	0.32
	0.08†
	0.22
	-0.01
	0.05†
	0.02
	-
	
	
	
	

	Expertise (Likert)
	0.16
	0.02†
	0.04
	-0.07
	0.17†
	0.03
	0.90
	-
	
	
	

	Neuroscience
	-0.25†
	-0.15‡
	-0.16†
	0.01†
	0.13‡
	-0.02†
	-0.53†
	-0.48†
	-
	
	

	Cognitive
	-0.02†
	-0.05‡
	-0.02†
	0.04†
	-0.16‡
	-0.23†
	-0.07†
	-0.06†
	0.34‡
	-
	

	Computational
	-0.08†
	-0.39‡
	-0.03†
	0.38†
	0.24‡
	-0.12†
	-0.32†
	-0.32†
	0.56‡
	0.33‡
	-

	Educational
	0.28†
	-0.08‡
	0.10†
	-0.02†
	0.02‡
	-0.03†
	0.54†
	0.55†
	-0.31‡
	-0.21‡
	-0.18‡




Table A7
Descriptive information for predictor variables used in models in Study 2
	
	Coded
	
	Raw

	 
	Effect coded category
	n
	SD*
	 
	Original category
	n
	M (SD)

	Gender
	Male (-1)
	19
	 
	
	Male
	19
	 

	
	Female (1)
	28
	
	
	Female
	28
	

	Different/similar (D/S)
	(continuous)
	47
	0.72
	
	Completely different (1)
	2
	2.91 (0.72)

	
	
	
	
	
	Mostly different (2)
	7
	

	
	
	
	
	
	Somewhat different/similar (3)
	32
	

	
	
	
	
	
	Mostly similar (4)
	5
	

	
	
	
	
	
	Completely similar (5)
	1
	

	Definition Order (DO)
	Curiosity first (-1)
	27
	
	
	Curiosity first
	27
	

	
	Interest first (1)
	20
	
	
	Interest first
	20
	

	Papers
	(continuous)
	47
	13.48
	
	(continuous)
	47
	10.26 (13.48)

	Expertise
	(continuous)
	47
	1.32
	
	Only in curiosity (1)
	3
	3.30 (1.32)

	
	
	
	
	
	More in curiosity (2)
	15
	

	
	
	
	
	
	Similar expertise in both (3)
	5
	

	
	
	
	
	
	More in interest (4)
	13
	

	
	
	
	
	 
	Only in interest (5)
	11
	


*Note: coded continuous variables are mean centred, so M = 0.00.



