Online Appendix

This online appendix reports the results of additional analyses and robustness tests.
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Table A1: Are wealthier partners more or less likely to be assigned to risky clients?
[bookmark: _Hlk146731929]	We explore whether wealthy partners are more (or less) likely assigned to risky clients. Following Amir et al. (2014), we regress partner house value on proxies for client risks. We use current ratio, leverage, and interest coverage ratio to measure clients’ financial risk, the proportion of outside directors to measure governance risk, discretionary accruals and goodwill write-offs to measure reporting risk, and total assets and market-to-book ratio to measure the client’s overall risk. 
[bookmark: _Hlk147401559]	We find that firms with high interest coverage ratios (indicative of low risk), smaller firms (indicative of high risk), and firms with goodwill write-offs (indicative of high risk) are associated with less wealthy partners. Therefore our findings yield a mixed picture of the relationship between partner wealth and client risks. To address concerns that client risks might influence our main results, we further control for interest coverage ratios and goodwill write-offs and find that our inferences remain the same (untabulated).[footnoteRef:1]   [1:  Total assets are already included in the main regression model. ] 

Table A2 and A3: Homestead Exemption.
	In the United States, the homestead exemption provides a legal safeguard to a homeowner’s main residence from being claimed for debt repayment, with protection limits varying by state. Table A2 lists the state exemptions from Dahle (2022). We divide partners’ house values into Assets at Risk and Assets Protected based on the exemption thresholds. We rerun Model (1) with these two variables instead of House Value and report the results in Table A3. We find that Assets at Risk is significantly associated with all three audit quality measures, suggesting that excluding the state homestead exemption does not change our inferences. In contrast, Assets Protected is not associated with any audit quality measure.
Table A4: Reporting lags and small profits.
	To mitigate the concern that audit fees capture the risk premium charged by the auditor instead of effort, we use reporting lag as an alternative measure of audit efforts. We find that partners with higher house values are significantly associated with longer reporting lags (p-value<0.01), corroborating the inference that wealthier partners work harder. 
	In addition, following Aobdia (2019b), we use reporting small profits as an alternative measure of audit quality. We find that clients audited by partners with higher house values are significantly less likely to report a small profit (p-value<0.01), corroborating the inference that wealthier partners provide better audits. We do not use small profits as a main audit quality measure because 1) the evidence on whether reporting small profits is a valid measure of audit quality is still inconclusive (e.g., Lennox et al. 2016; Rajgopal et al. 2021) and 2) reporting small profits reflects within-GAAP manipulation, instead of the egregious audit failures that tend to lead to lawsuits and disciplinary actions against auditors (DeFond and Zhang 2014).
Table A5: Earnings response coefficients (ERCs).
	ERCs are often used as a measure of audit quality based on investors’ perceptions (e.g., DeFond and Zhang 2014; Aobdia et al. 2015). Aobdia et al. (2015) find that disclosing a high-quality partner in Taiwan is associated with positive investor reactions and higher ERCs. Although Doxey et al. (2021) examine the stock market response to disclosing partner identities in the United States, they do not investigate whether ERCs vary with audit partners. To fill this gap in the research, we examine whether partners’ house values affects ERCs.  
	To do so, we regress the three-day cumulative abnormal returns (CARs) around the annual earnings announcement date on unexpected earnings and the interaction term between unexpected earnings and partners’ house value. We measure unexpected earnings as the actual earnings per share minus the median analysts’ forecast within 180 days of the earnings announcement date. We find that the association between unexpected earnings and the CARs around the earning announcement date is not significantly stronger for partners with higher house values. 
	These results are consistent with Doxey et al.’s (2021) finding that American investors do not respond to audit partner identities. A possible interpretation of our results is that U.S. investors have not been aware of the connection between audit partners’ house values and audit quality, since house value is not as visible as other more common partner characteristics. However, like our study, many studies of partner characteristics find that the results weaken when perceived audit quality measures are used instead of actual audit quality measures (e.g., Lennox et al. 2014, Gaver and Utke 2019, Jiang et al. 2019). 
Table A6: Entropy balancing
	To further address the concern that our main results are driven by differences in client firms, we break down the client sample by the median of partners’ house value and use entropy balancing to reweight the client sample, following Dekeyser et al. (2021). We continue to find significantly positive associations between a partner’s house value and the three audit quality measures using the reweighted sample.
Table A7: Nonreliance (4.02 item) restatements and excluding firm-year observations that the SEC is unlikely to have reviewed.
	Nonreliance restatements (4.02 item) are often viewed as significant indicators of audit failures. We rerun Model (1) using only nonreliance restatements as the dependent variable. The results in Column (1) show that our results are robust to this specification. A potential issue with employing SEC comment letters as an audit quality measure is that the SEC does not review every firm’s annual financial statements every year. Consequently, firms not reviewed by the SEC in a certain year mechanically would not receive comment letters. Since which firms are reviewed by the SEC is not publicly available, we follow the approach of Cassell et al. (2013) to exclude observations where a firm does not receive a comment letter in the current year but received one in any of the previous two years. The findings in Column (2) confirm that our inferences remain unchanged.
Table A8: Probit models for restatements and SEC comment letters
	Restatements and SEC comment letters are binary outcomes. We estimate a linear probability model in the main analyses to better accommodate many fixed effects (Wooldridge 2002). As a robustness test, we also run a Probit model. We continue to find negative associations between a partner’s house value and restatements and between a partner’s house value and SEC comment letters. Also, the R2 in both tests appears low when we use the linear probability model. When we employ the probit model, the pseudo R2 is 20% for restatements and 13% for SEC comment letters, and the area under ROC curve is 0.84 for restatements and 0.78 for SEC comment letters. These statistics are comparable to those reported elsewhere (e.g., Aobdia 2018; Bills et al. 2016; Guo et al. 2022; Lisic et al. 2022).
Table A9: Controlling for partners’ location and other fixed effects 
	To test whether our results are robust to alternative geographic fixed effects, we control for audit offices’ city fixed effects and further interact either MSA or city fixed effects with year fixed effects. We present the results in Panels A, B, and C. Moreover, because audit partners might reside in a different MSA from their offices, we control for the fixed effects of MSAs where the partners’ home addresses are located. We report the results in Panels D and E. We find that our inferences remain the same under all these specifications.   
Table A10: Big Four versus non-Big Four
	We test whether our main findings vary by Big Four versus non-Big Four auditors. We rerun Model (1) after partitioning the sample into Big Four clients and non-Big Four clients. In the Big Four subsample, partner house value is significantly associated with all three audit quality measures. In the non-Big Four subsample, partner house value is significantly associated with restatements but not SEC comment letters or audit fees.[footnoteRef:2] The weaker results in the non-Big Four subsample may be attributable to lack of variation when we include many fixed effects. Specifically, there are 1,471 Big Four partners located in 77 MSAs in our sample, compared to only 816 non-Big Four partners located in 90 MSAs. Untabulated results show that the association between partner house value and audit fees becomes significant if we exclude the MSA fixed effects.   [2:  The coefficient signs on House Value for the comment letter and audit fees are consistent with our expectations.] 

Table A11: Dealing with partners with missing house values. 
	There are various reasons why some partners do not enter our sample. For example, a partner may rent a house instead of owning, or we may not be able to identify the partner in the LexisNexis database if that person changed his or her last name (e.g., due to marriage) or share the same name (e.g., John Smith) with other individuals. To ensure the quality of our sample construction, we do not include partners if we are uncertain about their identities and house records. Thus a possible concern is whether this sample selection affects our inferences. 
	To assess this issue, we first conduct a multivariate analysis to examine which partners are likely to be dropped from our sample. We consider four factors that could affect sample inclusion. The first is the MSA average house price. Partners living in MSAs with higher house prices may be more likely to rent. We obtain the average MSA house price data from Zillow. The second factor is the commonness of a partner’s last name. It is more difficult to pinpoint a partner in the LexisNexis database if that person has a common last name. We collect the 5,000 most popular last names and their associated populations from the U.S. Census data. The third factor is partner gender. It may be harder to pinpoint a female partner in the database, since women sometimes change their last names after marriage but still use their original last names in the audit profession. The final factor is partners’ age. Piazzesi and Schneider (2016) show that home ownership varies with age, increasing as individuals age and then declining. To accommodate this nonlinearity, we create three indicator variables for different age ranges. 
	We report the results in Panel A. We find that both the MSA house price and the last name head count predict whether the partner is included in our final regression sample. Regarding the economic magnitude, the likelihood of being included in the final sample decreases by 9.5% when the average MSA house price increases by $1 million and by 6.5% when the number of individuals with the same last name increases by a million. We also find that female and older partners are less likely to be included in the regression sample. 
	One way to mitigate the sample selection concern is to control for the factors that affect the sample selection directly. Our main regression model controls for most factors that predict whether a partner is included in the regression sample. For example, we have controls for gender and age, and our MSA fixed effects should absorb the effect of the MSA average house price. The only factor that is not accounted for is the head count with the same last name. Therefore, following Woodridge (2002, p. 556), we rerun Model (1) after controlling for the head count with the same last name and report the results in Panel B. Our inferences remain the same.
	Another approach to dealing with missing house values is to impute them for partners using all the variables in Model (1) and the head count with the same last name. Little and Rubin (2002) propose that, based on the assumption that the missing house values are random after controlling for all the identified variables, one could impute them based on available observations. Specifically, we use the STATA command mi impute regress to impute the missing house values, and we do 20 imputations to account for the uncertainty of the imputed values. We then rerun Model (1) using the complete sample, which now includes both the actual observed partners’ house values and the imputed house values (Huang et al. 2023). We report the results in Panel C and find that our inferences remain the same.  
Table A12: Controlling for the average house purchase price and holding period
	A potential concern with the results of partners’ gains or losses on housing is that capital gains on housing are proportionally larger for more expensive houses, the purchase of which is partly determined by a partner’s pay. Thus total gains or losses on housing may still capture partner competence to some extent. In addition, partners’ gains from the housing market are likely higher if they own a house longer. To address these concerns, we control for the average purchase price of all houses a partner ever bought and the average holding period of each house. We find that partners’ gains or losses on housing are still significantly associated with the three audit quality measures.
Table A13: Controlling for house purchase year fixed effects
	Partners have discretion over when to purchase a house, and more competent partners could be better at timing their purchases. This, in turn, could impact the purchase price, unrealized gains or losses, and current market value of their houses. To address the potential concern about the purchase timing affecting the partners’ gains or losses, we include fixed effects of the years when partners purchase their current houses. We find that Gains or Losses on Housing is still associated with all three audit quality measures, suggesting that the timing of house purchases does not affect our inference.
Table A14: Decomposition of housing gains: Market-driven vs. house specific
	Partners may lack discretion in choosing the city where they live, so gains or losses driven by the city’s housing market may lead to more exogenous variation in their wealth. To explore this, we first show that our main results are robust to excluding MSA fixed effects, which largely absorb the city-level variation in house prices. Then we break down Gains or Losses on Housing into two parts: 1) the expected gains or losses driven by change in the local housing market and 2) the residual gains or losses from the partner’s current house. 
	With respect to the first part, we calculate, for each house ever bought by the partner, the percentage change of the average house price in the city from the house’s purchase year to its sales year (or 2019 if the house is not sold).[footnoteRef:3] Then we multiply the house’s purchase price by this percentage change to get the house’s expected gains or losses that are driven by the local housing market. We find that the expected gains or losses driven by the local housing market are significantly associated with two of the three audit quality measures (restatements and audit fees).  [3:  We obtain the city average house price from Zillow (https://www.zillow.com/research/data/).] 

Table A15: Dividing house values into unrealized gains or losses and purchase prices
	Gains or Losses on Housing includes both unrealized gains or losses from partners’ current houses and realized gains or losses from their prior house transactions. Combining realized and unrealized gains or losses helps mitigate the effect of the idiosyncratic timing of home purchases and sales. For example, suppose two equally wealthy partners own houses of the same value for eight years, and one sells a house but the other does not. Although both partners have the same sum of realized and unrealized gains, their realized and unrealized portions differ. To test whether our results are robust to using only the unrealized gains or losses from a partner’s current house, we partition the current house’s value into unrealized gains on housing and the purchase price of the current house. We rerun Model (1) and find that our inferences remain the same.
Table A16: Does an audit partner’s house value reflect her family size?
	An alternative explanation for our main findings is that a partner’s house value may correlate with her family size, and a partner with more kids may be more risk averse and thus provide higher-quality audits. To our knowledge, the only database that contains information on the individual’s children is Marquis Who’s Who. We cannot find any audit partners in this database due to its small coverage, so we instead manually Google search each partner and collect his or her child information whenever it is voluntarily revealed. For example, a Deloitte partner mentioned having four children during an interview.[footnoteRef:4] Our evidence suggests that the house value reflect the partner’s wealth more than family needs. [4:  https://charlotte.axios.com/171643/john-giannuzzi-deloitte-charlotte/ ] 
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Table A1. Are Wealthier Partners More or Less Likely to Be Assigned to Risky Clients?

	Dependent Variable =
	House Value

	Current Ratio
	0.001

	
	(0.17)

	Leverage
	-0.002

	
	(-0.09)

	Interest Coverage
	-0.000**

	
	(-2.22)

	Total Assets
	0.031**

	
	(1.96)

	Market-to-Book
	0.001

	
	(0.88)

	ROA
	-0.007

	
	(-0.47)

	Loss
	0.019

	
	(0.58)

	Independent Directors (%)
	0.000

	
	(0.04)

	Discretionary Accruals
	0.032

	
	(0.85)

	Goodwill Write-off
	-1.310***

	
	(-3.05)

	Foreign
	-0.004

	
	(-0.11)

	Extraordinary Item
	-0.062

	
	(-1.39)

	Workload
	0.020

	
	(1.37)

	Specialist
	0.189**

	
	(2.43)

	Office Leader
	0.120**

	
	(2.31)

	Experience
	0.038***

	
	(12.53)

	Female
	0.096**

	
	(2.07)

	Year, Industry, Audit Firm, and MSA FEs
	Y

	N
	6,462

	Adj. R2
	0.40


This table reports the results of regressing partner house value on client risk measures. Following Amir et al. (2014), we use current ratio, leverage, and interest coverage ratio to measure clients’ financial risk; the percentage of outside directors to measure governance risk; performance-adjusted discretionary accruals and goodwill write-offs to measure reporting risk; and total assets and market-to-book ratio to measure clients’ overall risk. We follow Amir et al. (2014) to control for ROA, Loss, Foreign, and Extraordinary Items. We also control for other partner characteristics. We report t-statistics (in parentheses below coefficient estimates) based on standard errors clustered by firm. ***, **, and * indicate significance at the 1%, 5%, and 10% levels, respectively.


Table A2:  State-level Homestead Exemption 

	State
	Exemption ('000)
	State
	Exemption ('000)

	Alabama
	15
	Montana
	250

	Alaska
	72.9
	Nebraska
	60

	Arizona
	150
	Nevada
	550

	Arkansas
	unlimited
	New Hampshire
	120

	California
	300–600*
	New Jersey
	0

	Colorado
	75
	New Mexico
	30

	Connecticut
	75
	New York
	75-150*

	DC
	unlimited
	North Carolina
	35

	Delaware
	125
	North Dakota
	100

	Florida
	unlimited
	Ohio
	125

	Georgia
	21.5
	Oklahoma
	unlimited

	Hawaii
	30
	Oregon
	40

	Idaho
	175
	Pennsylvania
	0

	Illinois
	15
	Rhode Island
	500

	Indiana
	19.3
	South Carolina
	50

	Iowa
	unlimited
	South Dakota
	unlimited

	Kansas
	unlimited
	Tennessee
	5

	Kentucky
	5
	Texas
	unlimited

	Louisiana
	35
	Utah
	43.3

	Maine
	47.5
	Vermont
	125

	Maryland
	6
	Virginia
	5

	Massachusetts
	125
	Washington
	125

	Michigan
	3.5
	West Virginia
	35

	Minnesota
	unlimited
	Wisconsin
	75

	Mississippi
	75
	Wyoming
	20

	Missouri
	15
	
	


* We use the middle point if the homestead exemption is a range.

Source: Dahle, J.M. (2022). The White Coat Investor’s Guide to Asset Protection: How to Protect Your Life Savings from Frivolous Lawsuits and Runaway Judgments. We also verify the homestead thresholds with google search.
Table A3. Excluding The Portion of House Value Protected by State Homestead Exemption 

	
	Material 
Restatements
	Material 
Comment Letters
	Log of Audit Fees
	Material 
Restatements
	Material 
Comment Letters
	Log of Audit Fees

	Assets at Risk
	-0.008***
	-0.006***
	0.050***
	
	
	

	
	(-4.40)
	(-3.18)
	(6.54)
	
	
	

	Assets Protected
	
	
	
	-0.001
	-0.002
	-0.020

	
	
	
	
	(-0.25)
	(-0.58)
	(-1.42)

	Workload
	-0.002
	-0.001
	-0.010
	-0.002*
	-0.001
	-0.010

	
	(-1.63)
	(-0.68)
	(-1.63)
	(-1.68)
	(-0.73)
	(-1.57)

	Specialist
	-0.016*
	0.003
	0.188***
	-0.017*
	0.002
	0.198***

	
	(-1.84)
	(0.26)
	(5.79)
	(-1.96)
	(0.20)
	(6.10)

	Office Leader
	0.000
	-0.002
	0.063***
	-0.001
	-0.003
	0.069***

	
	(0.02)
	(-0.34)
	(2.91)
	(-0.11)
	(-0.42)
	(3.18)

	Experience
	0.000
	0.000
	0.004***
	0.000
	0.000
	0.005***

	
	(0.83)
	(0.65)
	(3.37)
	(0.40)
	(0.29)
	(4.48)

	Female
	-0.004
	-0.010*
	0.011
	-0.004
	-0.010*
	0.013

	
	(-0.75)
	(-1.88)
	(0.60)
	(-0.79)
	(-1.89)
	(0.72)

	Client and Auditor Controls
	Y
	Y
	Y
	Y
	Y
	Y

	Industry, Year, Audit Firm FEs
	Y
	Y
	Y
	Y
	Y
	Y

	N
	10,771
	10,771
	10,771
	10,771
	10,771
	10,771

	Adj. R2
	0.04
	0.02
	0.90
	0.03
	0.02
	0.90


State homestead exemptions are legal provisions that protect a portion of an individual’s primary residence value from creditors. Only the portion of the house value exceeding the homestead exemption is at risk in litigation. For each partner, we calculate the portion of her house value that is protected by a state homestead exemption (i.e., Assets Protected). Assets at Risk is defined as the portion of a partner’s house value that is above the homestead exemption threshold. A few states (e.g., Florida) offer unlimited protection, so we assume zero house value is at risk for these states. (See Table A15 for state-level exemption thresholds.) Because Assets Protected mostly varies at the state level, we do not include MSA fixed effects. Our results are qualitatively similar if we include MSA fixed effects. See Appendix A of the paper for variable definitions. We report t-statistics (below coefficients) based on standard errors clustered by partner. ***, **, and * indicate significance at the 1%, 5%, and 10% levels, respectively.	

Table A4. Using Small Profit and Report Lag as Alternative Audit Quality Measures

	[bookmark: _Hlk93774409]Dependent variable =
	Small Profit
	Report Lag

	House Value
	-0.018***
	0.811**

	
	(-2.74)
	(2.58)

	Workload
	-0.001
	-0.369

	
	(-0.24)
	(-1.24)

	Specialist
	-0.105***
	0.011

	
	(-4.08)
	(0.01)

	Office Leader
	0.009
	-0.172

	
	(0.50)
	(-0.29)

	Experience
	0.001
	-0.025

	
	(0.93)
	(-0.56)

	Female
	0.010
	-0.445

	
	(0.70)
	(-0.68)

	Client and Auditor Controls
	Y
	Y

	Year, Industry, Audit Firm, and MSA FEs
	Y
	Y

	Filer Status FEs
	
	Y

	N
	10,085
	10,758

	Adj. R2
	0.15
	0.42


The table presents the results of regressing two alternative audit quality measures on partners’ house value after controlling for other partner characteristics, client characteristics, and auditor characteristics. Small Profit equals one if a client’s income before extraordinary items over market value of equity is between 0% and 5% and zero otherwise. Report Lag is the number of days between the client’s fiscal year-end date and auditor signature date. In the small profit test, we omit ROA and Loss because they are mechanically related to the construction of Small Profit. In the reporting lag test, we additionally control for clients’ filer status fixed effects (i.e., large accelerated filers, accelerated filers, and non-accelerated filers). For brevity, we only tabulate the coefficient and t-statistics for House Value and other partner characteristics. See Appendix A of the paper for variable definitions. We report t-statistics (in parentheses below coefficient estimates) based on robust standard errors clustered by firm. ***, **, and * indicate significance at the 1%, 5%, and 10% levels, respectively.

Table A5. Do Investors Respond More Strongly to Earnings Audited by Wealthier Partners?

	Dependent variable = CAR
	(1)
	(2)

	UE
	0.052**
	0.215

	
	(2.29)
	(1.14)

	House Value × UE
	 
	0.006

	
	 
	(0.28)

	House Value
	0.001
	0.000

	
	(0.37)
	(0.33)

	Workload
	0.002
	0.002

	
	(1.56)
	(1.33)

	Specialist
	0.001
	0.001

	
	(0.17)
	(0.11)

	Office Leader
	0.003
	0.004

	
	(0.92)
	(1.04)

	Experience
	-0.000
	-0.000

	
	(-0.52)
	(-0.49)

	Female
	-0.005
	-0.005

	
	(-1.36)
	(-1.40)

	Client and Auditor Controls
	Y
	Y

	(Partner, client, and auditor controls) × UE
	
	Y

	Year, Industry, Audit Firm, and MSA FEs
	Y
	Y

	N
	7,492
	7,492

	Adj. R2
	0.02
	0.02


This table reports the results of testing whether clients audited by wealthier partners have higher earnings response coefficients (ERCs). We regress cumulative returns around the earnings announcement date on the interaction term of unexpected earnings and partners’ house values. CAR equals the three-day cumulative abnormal returns around the annual earnings announcement. UE equals the actual EPS minus the median analyst forecast within 180 days of the earnings announcement date, deflated by the stock price per share two days before the announcement. See Appendix A of the paper for variable definitions. We report t-statistics (in parentheses below coefficient estimates) based on robust standard errors clustered by firm. ***, **, and * indicate significance at the 1%, 5%, and 10% levels, respectively. 

Table A6: Applying Entropy Balancing to the Client Sample

	Dependent Variable = 
	Material 
Restatement
	Material 
Comment Letter
	Log of Audit Fees

	House Value
	-0.008***
	-0.007***
	0.028***

	
	(-4.39)
	(-3.25)
	(3.52)

	Workload
	-0.002
	0.000
	-0.001

	
	(-1.16)
	(0.10)
	(-0.22)

	Specialist
	-0.015*
	0.002
	0.189***

	
	(-1.65)
	(0.16)
	(5.73)

	Office Leader
	0.000
	-0.003
	0.060***

	
	(0.02)
	(-0.41)
	(2.90)

	Experience
	0.000
	0.000
	0.003***

	
	(1.10)
	(0.59)
	(2.90)

	Female
	-0.003
	-0.011**
	0.014

	
	(-0.60)
	(-2.07)
	(0.79)

	Client and Auditor Controls
	Y
	Y
	Y

	Year, Industry, Audit Firm, and MSA FEs
	Y
	Y
	Y

	N
	10,771
	10,771
	10,771

	Adj. R2
	0.04
	0.02
	0.91


This table presents the results of regressing audit quality measures on partners’ house values after applying the entropy balancing. To mitigate concerns that our main results are driven by differences in client firms, we break down the client sample by the median of partners’ house value and employ entropy balancing to achieve covariate balance between the two subsamples with respect to all independent variables. Then we rerun the main analyses in Tables 5 and 6 of the paper using the reweighted sample. See Appendix A of the paper for variable definitions. We report t-statistics (in parentheses below coefficient estimates) based on robust standard errors clustered by firm. ***, **, and * indicate significance at the 1%, 5%, and 10% levels, respectively.
Table A7: An Alternative Specification of Restatements and SEC Comment Letters

	Dependent Variable = 
	Reissuance Restatements
	Material Comment Letters

	House Value
	-0.005***
	-0.010***

	
	(-3.59)
	(-3.23)

	Workload
	-0.000
	0.000

	
	(-0.45)
	(0.04)

	Specialist
	-0.004
	0.006

	
	(-0.67)
	(0.38)

	Office Leader
	-0.004
	-0.004

	
	(-1.20)
	(-0.45)

	Experience
	-0.000
	0.000

	
	(-0.42)
	(0.78)

	Female
	-0.003
	-0.014*

	
	(-1.04)
	(-1.89)

	Client and Auditor Controls
	Y
	Y

	Year, Industry, Audit Firm, and MSA FEs
	Y
	Y

	N
	10,771
	8,048

	Adj. R2
	0.04
	0.05


Column (1) of this table presents the regression results on the association between reissuance restatements (i.e., 4.02 item) and partner house value. In our sample, 1.5% of firm-years have reissuance restatements, which account for approximately half of the material restatements (3%). We control for the same set of client and auditor control variables as in Table 5 of the paper. Column (2) of this table presents the regression results on the association between material comment letters and partner house value after excluding firm-year observations that the SEC likely did not review. The SEC typically reviews over 50% of public firms’ financial statements each year (SEC 2018), so it is possible that some firms did not receive a material comment letter because they were not reviewed by the SEC. Following Cassell et al. (2013), we exclude observations where the firm did not receive a comment letter in the current year but did receive one in at least one of the past two years. We control for the same set of client and auditor control variables as Table 6 of the paper. See Appendix A of the paper for variable definitions. We report t-statistics (in parentheses below coefficient estimates) based on robust standard errors clustered by firm. ***, **, and * indicate significance at the 1%, 5%, and 10% levels, respectively.



Table A8: Using the Probit Model for Restatements and SEC Comment Letters

	Dependent Variable = 
	Material Restatements
	Material Comment Letters

	House Value
	-0.191***
	-0.111***

	
	(-3.99)
	(-3.73)

	Workload
	-0.056*
	-0.037

	
	(-1.92)
	(-1.20)

	Specialist
	-0.291*
	-0.152

	
	(-1.81)
	(-1.62)

	Office Leader
	0.029
	-0.021

	
	(0.30)
	(-0.29)

	Experience
	0.009
	0.003

	
	(1.49)
	(0.71)

	Female
	-0.064
	-0.173**

	
	(-0.65)
	(-2.20)

	Client and Auditor Controls
	Y
	Y

	Year, Industry, Audit Firm, and MSA FEs
	Y
	Y

	N
	8,499
	9,060

	Pseudo R2
	0.20
	0.13

	Area under ROC curve
	0.84
	0.78


The table presents the results of regressing Material Restatements and Material Comment Letters on partners’ house value using a probit model. See Appendix A of the paper for variable definitions. We report the marginal effect and Z-statistics (in parentheses) based on robust standard errors clustered by firm. ***, **, and * indicate significance at the 1%, 5%, and 10% levels, respectively.

Table A9: Using Alternative Fixed Effect Specifications

Panel A: Office + Year FEs
	DV =
	Material Restatements
	Material Comment Letters
	Log of Audit Fees

	House Value
	-0.008***
	-0.008***
	0.028***

	
	(-4.27)
	(-3.43)
	(3.39)

	N
	10,771
	10,771
	10,771

	Adj. R2
	0.05
	0.02
	0.91

	
Panel B: Office × Year FEs
	
	
	

	DV =
	Material Restatements
	Material Comment Letters
	Log of Audit Fees

	House Value
	-0.008***
	-0.008***
	0.028***

	
	(-4.14)
	(-3.40)
	(3.27)

	N
	10,771
	10,771
	10,771

	Adj. R2
	0.05
	0.02
	0.91

	
Panel C: MSA × Year FEs
	
	
	

	DV =
	Material Restatements
	Material Comment Letters
	Log of Audit Fees

	House Value
	-0.008***
	-0.008***
	0.031***

	
	(-4.17)
	(-3.52)
	(3.74)

	N
	10,771
	10,771
	10,771

	Adj. R2
	0.04
	0.02
	0.91

	
Panel D: Partner MSA + Year FEs
	
	
	

	DV =
	Material Restatements
	Material Comment Letters
	Log of Audit Fees

	House Value
	-0.008***
	-0.008***
	0.030***

	
	(-4.23)
	(-3.62)
	(3.53)

	N
	10,691
	10,691
	10,691

	Adj. R2
	0.04
	0.02
	0.91

	
Panel E: Partner MSA + (Auditor) MSA + Year FEs

	DV =
	Material Restatements
	Material Comment Letters
	Log of Audit Fees

	House Value
	-0.009***
	-0.008***
	0.032***

	
	(-4.30)
	(-3.48)
	(3.74)

	N
	10,691
	10,691
	10,691

	Adj. R2
	0.05
	0.02
	0.91


This table presents the main results (i.e., Tables 5 and 6 of the paper) using alternative fixed effect specifications. Panel A reports the results with audit office fixed effects. We define an office as a pair of audit firm state and city using the data from Audit Analytics. Panel B reports the results with audit office × year fixed effects. Panel C reports the results with auditor MSA × year fixed effects. Panel D reports the results with partner MSA fixed effects. Partner MSA may differ from the (auditor) MSAs that we used in the paper because partners may live in different MSAs from their offices. Panel E reports the results with both partner MSA and auditor MSA fixed effects. We lose 80 observations in Panels D and E because 17 partners do not live in a MSA. See Appendix A of the paper for variable definitions. In all panels, we include but do not tabulate other partner, client, and auditor characteristics. We report t-statistics (in parentheses below coefficient estimates) based on robust standard errors clustered by firm. ***, **, and * indicate significance at the 1%, 5%, and 10% levels, respectively
Table A10. Big 4 versus Non-Big 4

	Dependent Variable =
	Material Restatements
	Material Comment Letters
	Log of Audit Fees

	Auditor type:
	Big 4
	Non-Big 4
	Big 4
	Non-Big 4
	Big 4
	Non-Big 4

	House Value
	-0.006***
	-0.013***
	-0.010***
	-0.002
	0.025***
	0.017

	
	(-3.07)
	(-2.91)
	(-3.53)
	(-0.57)
	(2.71)
	(1.09)

	Workload
	-0.002
	-0.002
	0.001
	-0.001
	-0.024***
	0.004

	
	(-0.96)
	(-0.68)
	(0.30)
	(-0.63)
	(-2.80)
	(0.45)

	Specialist
	-0.005
	-0.009
	0.000
	-0.044
	0.129***
	0.228*

	
	(-0.57)
	(-0.18)
	(0.02)
	(-1.21)
	(4.02)
	(1.71)

	Office Leader
	-0.001
	0.006
	-0.005
	0.010
	0.052**
	0.061

	
	(-0.11)
	(0.42)
	(-0.63)
	(0.94)
	(2.11)
	(1.59)

	Experience
	0.000
	0.001**
	0.001
	-0.000
	0.005***
	0.000

	
	(0.29)
	(2.04)
	(0.95)
	(-0.66)
	(3.33)
	(0.27)

	Female
	-0.005
	0.005
	-0.013**
	-0.005
	0.025
	-0.025

	
	(-0.95)
	(0.42)
	(-2.04)
	(-0.62)
	(1.18)
	(-0.82)

	Client and Auditor Controls
	Y
	Y
	Y
	Y
	Y
	Y

	Year, Industry, Audit Firm, and MSA FEs
	Y
	Y
	Y
	Y
	Y
	Y

	N
	6,868
	3,903
	6,868
	3,903
	6,868
	3,903

	Adj. R2
	0.05
	0.06
	0.03
	0.03
	0.80
	0.87


This table reports the results of the association between partner house value and audit quality after partitioning the client sample by Big Four auditors versus non-Big Four auditors. See Appendix A of the paper for variable definitions. We report t-statistics (in parentheses below coefficient estimates) based on robust standard errors clustered by firm. ***, **, and * indicate significance at the 1%, 5%, and 10% levels, respectively.

Table A11: Dealing with Partners with Missing House Values 

Panel A: Which partners are likely not included in our sample
	DV = 1 if a partner is in the sample, 0 otherwise
	(1)
	(2)
	(3)

	Average MSA House Price (in $millions)
	-0.127***
	-0.096***
	

	
	(-3.69)
	(-2.88)
	

	Head Count with Same Last Name (in millions)
	-0.092***
	-0.064**
	-0.081***

	
	(-3.15)
	(-2.21)
	(-2.68)

	Female
	
	-0.035*
	-0.038*

	
	
	(-1.76)
	(-1.87)

	Age: 45 to 54
	
	-0.040**
	-0.041**

	
	
	(-2.56)
	(-2.53)

	Age: >55
	
	-0.076***
	-0.070***

	
	
	(-3.41)
	(-3.01)

	MSA Fixed Effects
	
	
	Y

	N
	2,912
	2,811
	2,811

	Adj. R2
	0.01
	0.01
	0.02



Panel B: Controlling for the number of people with the same last name. 
	Dependent Variable =
	Material
Restatement
	Material
Comment Letter
	Log of Audit Fees

	House Value
	-0.008***
	-0.008***
	0.031***

	
	(-4.24)
	(-3.49)
	(3.84)

	Head Count with Same Last Name
	-0.008
	-0.009
	0.053**

	
	(-1.55)
	(-1.10)
	(2.09)

	Workload
	-0.002
	-0.000
	-0.004

	
	(-1.36)
	(-0.04)
	(-0.64)

	Specialist
	-0.015
	0.001
	0.190***

	
	(-1.61)
	(0.09)
	(5.86)

	Office Leader
	0.000
	-0.002
	0.059***

	
	(0.03)
	(-0.36)
	(2.82)

	Experience
	0.000
	0.000
	0.004***

	
	(1.00)
	(0.66)
	(3.09)

	Female
	-0.003
	-0.011**
	0.014

	
	(-0.70)
	(-2.09)
	(0.78)

	Client and Auditor Controls
	Y
	Y
	Y

	Year, Industry, Audit Firm, and MSA FEs
	Y
	Y
	Y

	N
	10,771
	10,771
	10,771

	Adj. R2
	0.04
	0.02
	0.91




Panel C: Run Model (1) with imputed house values for partners that are not in the sample
	Dependent Variable =
	Material
Restatement
	Material
Comment Letter
	Log of Audit Fees

	House Value
	-0.006***
	-0.007***
	0.029***

	
	(-3.07)
	(-3.15)
	(4.02)

	Workload
	-0.001
	0.000
	-0.003

	
	(-0.70)
	(0.26)
	(-0.51)

	Specialist
	-0.015*
	-0.000
	0.206***

	
	(-1.81)
	(-0.04)
	(6.83)

	Office Leader
	-0.001
	0.001
	0.061***

	
	(-0.21)
	(0.22)
	(3.38)

	Experience
	0.000
	0.000
	0.004***

	
	(1.13)
	(0.86)
	(3.87)

	Female
	-0.001
	-0.011**
	0.014

	
	(-0.12)
	(-2.28)
	(0.91)

	Client and Auditor Controls
	Y
	Y
	Y

	Year, Industry, Audit Firm, and MSA FEs
	Y
	Y
	Y

	N
	13,440
	13,440
	13,440

	Adj. R2
	0.04
	0.02
	0.91


[bookmark: _Hlk134516072]Panel A reports the results on which partners are not included in our final regression sample. We collect the average MSA house prices in 2019 from Zillow and the number of people with the most popular 5,000 last names from the U.S. census. To account for the potentially nonlinear relationship between age and house ownership, we use three age indicators, with partners aged 44 or younger as the default. Panel B reports the main results (i.e., Tables 5 and 6 of the paper) after further controlling for the head count with same last name. We only add the head count with the same last name because we have controlled for other factors that are shown to affect the same selection (e.g., MSA average price, gender, and age). Panel C reports the results of rerunning Model (1) using the sample that includes the imputed house values for partners with missing house values. Little and Rubin (2002) show that assuming that the missing values are random after controlling for all variables that affect sample selection, one could impute the missing values based on available observations. Following their suggestion, we use the STATA command mi impute regress to impute missing house values using all the variables in Model (1) and the head count with the same last name and do 20 imputations to account for the uncertainty of imputed values. We report t-statistics (in parentheses below coefficient estimates) based on robust standard errors clustered by firm. ***, **, and * indicate significance at the 1%, 5%, and 10% levels, respectively. 

  


Table A12. Controlling for the Average House Purchase Price and Holding Period

	Dependent Variable =
	Material
Restatements
	Material
Comment Letters
	Log of Audit Fees

	Gains or Losses on Housing
	-0.008***
	-0.007**
	0.032***

	
	(-2.92)
	(-2.20)
	(2.60)

	Average Purchase Price
	-0.006
	-0.012*
	0.067***

	
	(-0.84)
	(-1.71)
	(2.69)

	Average Holding Years
	-0.001
	0.000
	-0.000

	
	(-1.22)
	(0.64)
	(-0.09)

	Workload
	-0.002
	-0.000
	-0.004

	
	(-1.49)
	(-0.08)
	(-0.61)

	Specialist
	-0.016*
	0.001
	0.189***

	
	(-1.74)
	(0.09)
	(5.80)

	Office Leader
	-0.001
	-0.003
	0.060***

	
	(-0.19)
	(-0.40)
	(2.90)

	Experience
	0.001
	0.000
	0.004***

	
	(1.30)
	(0.19)
	(2.85)

	Female
	-0.003
	-0.011**
	0.012

	
	(-0.57)
	(-2.08)
	(0.69)

	Client and Auditor Controls
	Y
	Y
	Y

	Year, Industry, Audit Firm, and MSA FEs
	Y
	Y
	Y

	N
	10,769
	10,769
	10,769

	Adj. R2
	0.04
	0.02
	0.91


This table reports the regression results of regressing audit quality measures on partners’ total gains or losses on housing after controlling for the average purchase price (Average Purchase Price) and the average holding years (Average Holding Years) of all houses the partner has bought. This test is to alleviate the concern that gains or losses on housing may be naturally larger for partners with more expensive houses or partners who hold houses longer. See Appendix A of the paper for variable definitions. We report t-statistics (in parentheses below coefficient estimates) based on robust standard errors clustered by firm. ***, **, and * indicate significance at the 1%, 5%, and 10% levels, respectively.
Table A13. Controlling for House Purchase Year Fixed Effects

	Dependent Variable =
	Material
Restatements
	Material
Comment Letters
	Log of Audit Fees

	Gains or Losses on Housing
	-0.008***
	-0.009***
	0.031**

	
	(-2.65)
	(-2.67)
	(2.47)

	Investment
	-0.010***
	-0.007**
	0.028**

	
	(-3.57)
	(-2.31)
	(2.53)

	Workload
	-0.002
	-0.000
	-0.004

	
	(-1.41)
	(-0.10)
	(-0.68)

	Specialist
	-0.016*
	0.001
	0.189***

	
	(-1.82)
	(0.11)
	(5.94)

	Office Leader
	-0.000
	-0.003
	0.059***

	
	(-0.02)
	(-0.45)
	(2.81)

	Experience
	0.001*
	0.000
	0.004***

	
	(1.73)
	(0.43)
	(2.86)

	Female
	-0.002
	-0.011**
	0.015

	
	(-0.43)
	(-2.09)
	(0.84)

	Client and auditor controls
	Y
	Y
	Y

	Year, industry, audit firm, and MSA FEs
	Y
	Y
	Y

	House purchase year FEs
	Y
	Y
	Y

	N
	10,771
	10,771
	10,771

	Adj. R2
	0.04
	0.02
	0.91


This table reports the results of regressing audit quality measures on partners’ total gains or losses on housing after controlling for purchase year fixed effects of partners’ current houses. This test is to alleviate the concern that more competent partners may be able to time the market, which results in larger gains or losses on housing. If the partner has multiple houses, we use the purchase year of the house with highest value. See Appendix A of the paper for variable definitions. We report t-statistics (in parentheses below coefficient estimates) based on robust standard errors clustered by firm. ***, **, and * indicate significance at the 1%, 5%, and 10% levels, respectively.
Table A14. Decomposition of Housing Gains: Market-Driven versus House-Specific

	
	Material 
Restatements
	Material 
Comment Letters
	Log of 
Audit Fees
	Material 
Restatements
	Material 
Comment Letters
	Log of 
Audit Fees

	Gains or Losses on Housing
	-0.010***
	-0.007**
	0.055***
	
	
	

	
	(-3.86)
	(-2.29)
	(4.81)
	
	
	

	Gains or Losses – City 
	
	
	
	-0.012***
	-0.004
	0.092***

	
	
	
	
	(-3.78)
	(-1.10)
	(6.45)

	Gains or Losses – Residual
	
	
	
	-0.008**
	-0.009**
	0.015

	
	
	
	
	(-2.40)
	(-2.31)
	(1.11)

	Workload
	-0.002*
	-0.001
	-0.009
	-0.002*
	-0.001
	-0.010*

	
	(-1.72)
	(-0.75)
	(-1.53)
	(-1.69)
	(-0.78)
	(-1.66)

	Specialist
	-0.017*
	0.002
	0.194***
	-0.017*
	0.002
	0.188***

	
	(-1.92)
	(0.20)
	(5.92)
	(-1.88)
	(0.17)
	(5.79)

	Office Leader
	-0.001
	-0.003
	0.068***
	-0.000
	-0.003
	0.064***

	
	(-0.11)
	(-0.44)
	(3.14)
	(-0.08)
	(-0.48)
	(2.92)

	Experience
	0.000
	0.000
	0.004***
	0.000
	0.000
	0.003**

	
	(1.04)
	(0.74)
	(3.11)
	(1.12)
	(0.62)
	(2.57)

	Female
	-0.003
	-0.009*
	0.008
	-0.003
	-0.009*
	0.010

	
	(-0.63)
	(-1.79)
	(0.43)
	(-0.65)
	(-1.77)
	(0.55)

	Client and Auditor Controls
	Y
	Y
	Y
	Y
	Y
	Y

	Year, Industry, Audit Firm FEs
	Y
	Y
	Y
	Y
	Y
	Y

	N
	10,771
	10,771
	10,771
	10,771
	10,771
	10,771

	Adj. R2
	0.03
	0.02
	0.90
	0.03
	0.02
	0.90


Gains or Losses on Housing comprises both price changes due to the local housing market and individual house price variations. The former is arguably less influenced by partner competence. For the first three columns, we exclude MSA fixed effects because including them would also extract the broad market appreciation from Gains or Losses on Housing. We further break down Gains or Losses on Housing into two parts: the expected gains or losses driven by change in the local housing market (Gains or Losses – City) and the residual gains or losses from the partner’s house (Gains or Losses – Residual). Specifically, for each house ever bought by the partner, we first calculate the percentage change of the average house price in the city from the house’s purchase year to its sales year (or 2019 if the house is not sold). Then we multiply the house’s purchase price by this percentage change to get Gains or Losses – City. Gains or Losses – Residual is the difference between Gains or Losses on Housing and Gains or Losses – City. See Appendix A of the paper for variable definitions. We report t-statistics (in parentheses below coefficient estimates) based on robust standard errors clustered by firm. ***, **, and * indicate significance at the 1%, 5%, and 10% levels, respectively.

[bookmark: _Hlk132026077]Table A15. Dividing House Value into Unrealized Gains or Losses and Purchase Prices

	Dependent Variable =
	Material
Restatements
	Material
Comment Letters
	Log of Audit Fees

	Unrealized Gains or Losses on Housing
	-0.014***
	-0.006*
	0.025*

	
	(-4.13)
	(-1.73)
	(1.78)

	Purchase Price
	-0.005*
	-0.008***
	0.034***

	
	(-1.95)
	(-2.99)
	(3.48)

	Workload
	-0.002
	-0.000
	-0.004

	
	(-1.46)
	(-0.03)
	(-0.65)

	Specialist
	-0.015*
	0.001
	0.188***

	
	(-1.65)
	(0.12)
	(5.81)

	Office Leader
	-0.000
	-0.002
	0.058***

	
	(-0.04)
	(-0.32)
	(2.76)

	Experience
	0.000
	0.000
	0.004***

	
	(1.17)
	(0.60)
	(3.13)

	Female
	-0.003
	-0.011**
	0.015

	
	(-0.69)
	(-2.11)
	(0.81)

	Client and auditor controls
	Y
	Y
	Y

	Year, industry, audit firm, and MSA FEs
	Y
	Y
	Y

	N
	10,771
	10,771
	10,771

	Adj. R2
	0.04
	0.02
	0.91


Instead of dividing House Value into Gains or Losses on Housing and Investment, we break it down into unrealized gains or losses on housing and the purchase price of current houses. In other words, we now move realized gains or losses from Gains or Losses on Housing to Investment. Unrealized Gains or Losses equals the sum of the difference between the market value and the purchase price of each house currently owned by the partner. House Purchase Price equals the sum of the purchase price of each house currently owned by the partner. This table reports the regression results on the association between audit quality measures and these two new house-value components. See Appendix A of the paper for variable definitions. We report t-statistics (in parentheses below coefficient estimates) based on robust standard errors clustered by firm. ***, **, and * indicate significance at the 1%, 5%, and 10% levels, respectively.
Table A16: Does an Audit Partner’s House Value Reflect Family Size?

Through extensive searches, we find the number of children for 313 partners (14% of the 2,287 partners in our sample). We tabulate the number of children below:

	Number of children per partner
	Number of partners
	Percent

	1
	17
	5%

	2
	161
	51%

	3
	96
	31%

	4
	33
	11%

	5
	5
	2%

	8
	1
	0%

	Total
	313
	100%



Based on these 313 partners, we find that the number of children does not correlate with the partner’s house value (correlation=-0.01, p-value=0.87). This may be due to the limited variation in children across partners – 82% (93%) of the partners have two to three (four) children. It is also possibly because the average house value per partner ($1.34 million) significantly exceeds the U.S. average price of houses with five or more bedrooms ($0.47 million. Source: Zillow). As such, the house value may reflect the partner’s wealth more than family needs.
