Appendix A1

Data pre-processing and functional connectivity analysis
The structural and functional images underwent preprocessing and analysis using the CONN 19c toolbox [1] and SPM12 toolbox (Wellcome Department of Imaging Neuroscience, London, UK; http://www.fil.ion.ucl.ac.uk/spm/) implemented in Matlab R2019a.
For preprocessing, we followed the default pipeline of the CONN toolbox, which involved several steps. Functional realignment and unwarping were performed, followed by functional centering of the image to (0, 0, 0) coordinates. Slice-timing correction was applied, and functional outlier detection was conducted. The images were simultaneously subjected to functional direct segmentation and normalization to the MNI space. Structural images were also centered to (0, 0, 0) coordinates and underwent simultaneous structural segmentation and normalization to MNI space. Finally, spatial smoothing with an 8 mm FWHM kernel was applied.
To address physiological sources of noise, we utilized the anatomical component-based noise correction procedure (aCompCor) implemented in the CONN toolbox [2]. This approach extracted white matter and cerebrospinal fluid noise components, primarily controlling for cardiac pulsations and respiration-induced modulations of the main magnetic field. We selected aCompCor due to its demonstrated specificity and sensitivity for positive correlations while addressing negative correlations (anti-correlations) [3]. The Artifact Detection Toolbox (ART) [1, 4] was used for quantifying participant motion and identifying outlier scans. The ART parameters were set to the 97th percentile, with the mean global signal deviation threshold at z = ±5 and the participant motion threshold at 0.9 mm. All study participants exhibited more than 5 minutes of signal after denoising, which contributed to ensuring the robustness of the signal [5].
Linear regression of potential confounds and a temporal band-pass filter of 0.008–0.09 Hz were applied to the data to exclude signal frequencies outside the expected BOLD range, reduce the impact of the confound effects [1]. No significant differences in movement parameters measured by CONN nor in the number of outlier scans detected by ART were observed between groups.
Two modalities of resting-state functional connectivity analysis were employed to investigate the DMN and the FPCN. Firstly, ICA was conducted to assess the intrinsic connectivity within these target networks [6]. Furthermore, to investigate the functional connectivity of the PHG, a seed-to-voxel analysis was performed using the parcellations of the anterior and posterior PHG derived from the Harvard-Oxford atlas included in CONN [1, 6]. 
The gray matter volumes of each PHG seed used in the analyses were extracted for each participant. This process involved utilizing the gray matter T1 segmentations estimated by SPM12 during preprocessing. These segmentations were then intersected with the Oxford-Harvard brain atlas using FSL [7] to obtain the grey matter volume for each seed and participant. Subsequently, the seed volumes were adjusted by the participants' total intracranial volume (ITV) to account for individual variations in brain size by using the formula, adjusted_volume = volume_observed – b * (TIV – mean_TIV) where mean_TIV is the average TIV of all participants and b is the coefficient of regression between the volume observed and the TIV [8].
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