[bookmark: _GoBack]The transformer - base architecture of the GPT series - is a unique neural network architecture that has revolutionized natural language processing by eschewing the use of convolutional filters and hidden states, which are commonly found in traditional Convolutional Neural Networks and Recurrent Neural Networks [1]. Instead, transformers employ a structure known as "tokens" to represent input data. These tokens serve as the building blocks for creating contextualized word embeddings that effectively capture the semantic relationships between words in each sequence. Another key innovation in transformers is the integration of an attention mechanism, a scoring system that dynamically weighs the importance of different tokens based on their contextual relevance. This attention mechanism enables transformers to efficiently capture long-range dependencies and contextual information, resulting in superior performance across a range of NLP tasks. Moreover, transformers are designed to predict the continuity of tokens within a sequence, allowing them to generate coherent and contextually appropriate text. In this study, the GPT series creates a series of sentences by successively predicting words with a high likelihood of being used in radiology reports and the words that follow them based on the input data. Figure 2 shows an example of a radiology report with visualized tokens created using “tokenizer” (https://platform.openai.com/tokenizer).
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