[bookmark: _Hlk51176167][bookmark: _GoBack]WEB APPENDIX A: STUDIES INCLUDED IN THE META-ANALYSIS

	Number
	Study

	1
	Amini, R., Lisetti, C., Yasavur, U., and Rishe, N. (2013). On-demand virtual health counselor for delivering behavior-change health interventions. In 2013 IEEE International Conference on Healthcare Informatics (pp. 46-55). 

	2
	Arfaras, G., Athanasiou, A., Niki, P., Kyriaki, R. K., Kartsidis, P., Astaras, A., and Panagiotis, D. B. (2017). Visual versus kinesthetic motor imagery for BCI control of robotic arms (Mercury 2.0). In 2017 IEEE 30th International Symposium on Computer-Based Medical Systems (CBMS) (pp. 440-445).

	3
	Aroyo, A. M., Rea, F., and Sciutti, A. (2017, March). Will you rely on a robot to find a treasure?. In Proceedings of the Companion of the 2017 ACM/IEEE International Conference on Human-Robot Interaction (pp. 71-72).

	4
	Banks, J. (2019). A perceived moral agency scale: Development and validation of a metric for humans and social machines. Computers in Human Behavior, 90, 363-371.

	5
	Bartneck, C., Kanda, T., Mubin, O., and Al Mahmud, A. (2009). Does the design of a robot influence its animacy and perceived intelligence? International Journal of Social Robotics, 1(2), 195-204.

	6
	Benlian, A., Klumpe, J., and Hinz, O. (2019). Mitigating the intrusive effects of smart home assistants by using anthropomorphic design features: A multimethod investigation. Information Systems Journal, 5, 139-152.

	7
	Berge, S. H. (2018). Rise of the chatbots: Trust in artificial intelligence during extreme weather events. Dissertation, University of Oslo, Norway.

	8
	Blut, M., Wünderlich, N., and Brock, C. (2018). Innovative technologies in branded-service encounters: How robot characteristics affect brand trust and experience. In Proceedings of the 39th International Conference on Information Systems. San Francisco, CA.

	9
	Carpinella, C. M., Wyman, A. B., Perez, M. A., and Stroessner, S. J. (2017). The Robotic Social Attributes Scale (RoSAS): Development and validation. In Proceedings of the 2017 ACM/IEEE International Conference on human-robot interaction (pp. 254-262).

	10
	Carter, E. J., Mistry, M. N., Carr, G. P. K., Kelly, B. A., and Hodgins, J. K. (2014). Playing catch with robots: Incorporating social gestures into physical interactions. In 23rd IEEE International Symposium on Robot and Human Interactive Communication (pp. 231-236).

	11
	Churamani, N. et al. (2017). The impact of personalisation on human-robot interaction in learning scenarios. In Proceedings of the 5th International Conference on Human Agent Interaction (pp. 171-180).

	12
	Cuijpers, R. H., and Knops, M. A. (2015, October). Motions of robots matter! The social effects of idle and meaningful motions. In International Conference on Social Robotics (pp. 174-183). Springer.

	13
	Danckwerts, S., Meißner, L., and Krampe, C. (2019). Examining user experience of conversational agents in hedonic digital services–Antecedents and the role of psychological ownership. SMR-Journal of Service Management Research, 3(3), 111-125.

	14
	de Graaf, M. M. A., and Allouch, S. B. (2017). The influence of prior expectations of a robot’s lifelikeness on users’ intentions to treat a zoomorphic robot as a companion. International Journal of Social Robotics, 9(1), 17-32.

	15
	De Graaf, M. M., and Allouch, S. B. (2013). Exploring influencing variables for the acceptance of social robots. Robotics and Autonomous Systems, 61(12), 1476-1486.

	16
	Destephe, M., Brandao, M., Kishi, T., Zecca, M., Hashimoto, K., and Takanishi, A. (2014). Emotional gait: Effects on humans' perception of humanoid robots. In 23rd IEEE International Symposium on Robot and Human Interactive Communication (pp. 261-266). 

	17
	Erebak, S., and Turgut, T. (2019). Caregivers’ attitudes toward potential robot coworkers in elder care. Cognition, Technology and Work, 21(2), 327-336.

	18
	Evers, V., Maldonado, H., Brodecki, T., and Hinds, P. (2008). Relational vs. group self-construal: untangling the role of national culture in HRI. In 2008 3rd ACM/IEEE International Conference on Human-Robot Interaction (HRI) (pp. 255-262). 

	19
	Ferrari, F. (2015). Too human to be a machine? Social robots, anthropomorphic appearance, and concerns on the negative impact of this technology on humans and their identity. Doctoral dissertation, University of Trento.

	20
	Gemignani, G., Capobianco, R., Bastianelli, E., Bloisi, D. D., Iocchi, L., and Nardi, D. (2016). Living with robots: Interactive environmental knowledge acquisition. Robotics and Autonomous Systems, 78, 1-16.

	21
	Gonsior, B., Sosnowski, S., Mayer, C., Blume, J., Radig, B., Wollherr, D., and Kühnlenz, K. (2011). Improving aspects of empathy and subjective performance for HRI through mirroring facial expressions. In Proceedings of the 20th IEEE International Symposium on Robot and Human Interactive Communication. 2011, Atlanta, GA, USA.

	22
	Ham, J., Cuijpers, R. H., and Cabibihan, J. J. (2015). Combining robotic persuasive strategies: The persuasive power of a storytelling robot that uses gazing and gestures. International Journal of Social Robotics, 7(4), 479-487.

	23
	Haring, K. S., Silvera-Tawil, D., Takahashi, T., Watanabe, K., and Velonaki, M. (2016). How people perceive different robot types: A direct comparison of an android, humanoid, and non-biomimetic robot. In 2016 8th International Conference on Knowledge and Smart Technology (KST) (pp. 265-270).

	24
	Ho, C. C., and MacDorman, K. F. (2010). Revisiting the uncanny valley theory: Developing and validating an alternative to the Godspeed indices. Computers in Human Behavior, 26(6), 1508-1518.

	25
	Ho, C. C., and MacDorman, K. F. (2017). Measuring the uncanny valley effect. International Journal of Social Robotics, 9(1), 129-139.

	26
	Joosse, M. P. (2017). Investigating positioning and gaze behaviors of social robots: people's preferences, perceptions, and behaviors, Doctoral dissertation, University of Twente.

	27
	Kääriä, A. (2017). Technology acceptance of voice assistants: Anthropomorphism as factor. Dissertation, University of Jyväskylä, Finland.

	28
	Kamide, H., Kawabe, K., Shigemi, S., and Arai, T. (2013). Development of a psychological scale for general impressions of humanoid. Advanced Robotics, 27(1), 3-17.

	29
	Kamide, H., Kawabe, K., Shigemi, S., and Arai, T. (2015). Anshin as a concept of subjective well-being between humans and robots in Japan. Advanced Robotics, 29(24), 1624-1636.

	30
	Kamide, H., Takubo, T., Ohara, K., Mae, Y., and Arai, T. (2014). Impressions of humanoids: The development of a measure for evaluating a humanoid. International Journal of Social Robotics, 6(1), 33-44.

	31
	Kang, D., Kim, M. G., and Kwak, S. S. (2017). The effects of the robot's information delivery types on users' perception toward the robot. In 26th IEEE International Symposium on Robot and Human Interactive Communication (RO-MAN) (pp. 1267-1272).

	32
	Kaplan, A. D., Sanders, T., and Hancock, P. A. (2019). The relationship between Extroversion and the tendency to anthropomorphize robots: A Bayesian analysis. Frontiers in Robotics and AI, 5, doi: 1.3389/frobt.2018.00135.

	33
	Kiesler, S., Powers, A., Fussell, S. R., and Torrey, C. (2008). Anthropomorphic interactions with a robot and robot–like agent. Social Cognition, 26(2), 169-181.

	34
	Kim, A., Cho, M., Ahn, J., and Sung, Y. (2019). Effects of gender and relationship type on the response to artificial intelligence. Cyberpsychology, Behavior, and Social Networking, 22(4), 249-253.

	35
	Kim, K. J., Park, E., and Sundar, S. S. (2013). Caregiving role in human–robot interaction: A study of the mediating effects of perceived benefit and social presence. Computers in Human Behavior, 29(4), 1799-1806.

	36
	Kompatsiari, K., Ciardo, F., Tikhanoff, V., Metta, G., and Wykowska, A. (2019). It’s in the eyes: The engaging role of eye contact in HRI. International Journal of Social Robotics, 1-11.

	37
	Kühnlenz, B. A. (2013). Alignment strategies for information retrieval in prosocial human-robot interaction. Doctoral dissertation, Technical University of Munich.

	38
	Lee, J. G., Kim, K. J., Lee, S., and Shin, D. H. (2015). Can autonomous vehicles be safe and trustworthy? Effects of appearance and autonomy of unmanned driving systems. International Journal of Human-Computer Interaction, 31(10), 682-691.

	39
	Lichtenthäler, C., Lorenzy, T., and Kirsch, A. (2012, September). Influence of legibility on perceived safety in a virtual human-robot path crossing task. In 2012 IEEE RO-MAN: The 21st IEEE International Symposium on Robot and Human Interactive Communication (pp. 676-681).

	40
	Louie, W. Y. G., McColl, D., and Nejat, G. (2014). Acceptance and attitudes toward a human-like socially assistive robot by older adults. Assistive Technology, 26(3), 140-15.

	41
	Mende, M., Scott, M. L., van Doorn, J., Grewal, D., and Shanks, I. (2019). Service robots rising: How humanoid robots influence service experiences and elicit compensatory consumer responses. Journal of Marketing Research, 56(4), 535-556.

	42
	Mirnig, N., Stollnberger, G., Giuliani, M., and Tscheligi, M. (2017, March). Elements of humor: How humans perceive verbal and non-verbal aspects of humorous robot behavior. In Proceedings of the Companion of the 2017 ACM/IEEE International Conference on Human-Robot Interaction (pp. 211-212).

	43
	Mirnig, N., Strasser, E., Weiss, A., Kühnlenz, B., Wollherr, D., and Tscheligi, M. (2015). Can you read my face? International Journal of Social Robotics, 7(1), 63-76.

	44
	Moshkina, L. V. (2011). An integrative framework of time-varying affective robotic behaviour. Doctoral dissertation, Georgia Institute of Technology.

	45
	Moussawi, S. (2016). Investigating personal intelligent agents in everyday life through a behavioral lens. Dissertation, City University of New York.

	46
	Novikova, J. (2016). Designing emotionally expressive behaviour: Intelligibility and predictability in human-robot interaction. Doctoral dissertation, University of Bath.

	47
	Ososky, S., Philips, E., Schuster, D., and Jentsch, F. (2013, September). A picture is worth a thousand mental models: Evaluating human understanding of robot teammates. In Proceedings of the Human Factors and Ergonomics Society Annual Meeting (Vol. 57, No. 1, pp. 1298-1302). Sage: Los Angeles, CA.

	48
	Qiu, H., Li, M., Shu, B., and Bai, B. (2020). Enhancing hospitality experience with service robots: The mediating role of rapport building. Journal of Hospitality Marketing and Management, 29(3), 247-268.

	49
	Ruijten, P. A., Terken, J., and Chandramouli, S. N. (2018). Enhancing trust in autonomous vehicles through intelligent user interfaces that mimic human behavior. Multimodal Technologies and Interaction, 2(4), 62.

	50
	Salem, M., Eyssel, F., Rohlfing, K., Kopp, S., and Joublin, F. (2013). To err is human (-like): Effects of robot gesture on perceived anthropomorphism and likability. International Journal of Social Robotics, 5(3), 313-323.

	51
	Schillaci, G., Bodiroža, S., and Hafner, V. V. (2013). Evaluating the effect of saliency detection and attention manipulation in human-robot interaction. International Journal of Social Robotics, 5(1), 139-152.

	52
	Sheehan, B., Jin, H. S., and Gottlieb, U. (2020). Customer service chatbots: Anthropomorphism and adoption. Journal of Business Research, 115, 14-24.

	53
	Shinohara, Y. et al. (2016). The optimum rate of mimicry in human-agent interaction. In Proceedings of the Fourth International Conference on Human Agent Interaction (pp. 367-370).

	54
	Shinohara, Y., Mitsukuni, K., Yoneda, T., Ichikawa, J., Nishizaki, Y., and Oka, N. (2018). A humanoid robot can use mimicry to increase likability and motivation for helping. In Proceedings of the 6th International Conference on Human-Agent Interaction (pp. 122-128).

	55
	Song, S. Y. (2017). Modeling the consumer acceptance of retail service robots. Dissertation, University of Tennessee, Knoxville, USA.

	56
	Stafford, R. Q. (2013). The contribution of people's attitudes and perceptions to the acceptance of eldercare robots. Doctoral dissertation, University of Auckland.

	57
	Striepe, H., Donnermann, M., Lein, M., and Lugrin, B. (2019). Modeling and evaluating emotion, contextual head movement and voices for a social robot storyteller. International Journal of Social Robotics, 1-17.

	58
	Stroessner, S. J., and Benitez, J. (2019). The social perception of humanoid and non-humanoid robots: Effects of gendered and machinelike features. International Journal of Social Robotics, 11(2), 305-315.

	59
	Tan, H., Sun, L., and Šabanović, S. (2016, August). Feeling green: Empathy affects perceptions of usefulness and intention to use a robotic recycling bin. In 25th IEEE International Symposium on Robot and Human Interactive Communication (RO-MAN) (pp. 1051-1056).

	60
	Thimmesch-Gill, Z. (2017). The influence of acute stress on the perception of robot Emotional body language: Implications for robot design in healthcare and other high-risk domains. Dissertation, University of Minnesota, USA.

	61
	Unpublished study 1

	62
	Unpublished study 2

	63
	van Pinxteren, M. M., Wetzels, R. W., Rüger, J., Pluymaekers, M., and Wetzels, M. (2019). Trust in humanoid robots: implications for services marketing. Journal of Services Marketing, 33(4), 507–518.

	64
	Wang, S., and Rochat, P. (2017). Human perception of animacy in light of the uncanny valley phenomenon. Perception, 46(12), 1386-1411.

	65
	Westerman, D., Cross, A. C., and Lindmark, P. G. (2019). I believe in a thing called bot: Perceptions of the humanness of “chatbots”. Communication Studies, 70(3), 295-312.

	66
	Wei, Y., and Zhao, J. (2016). Designing robot behavior in human robot interaction based on emotion expression. Industrial Robot: An International Journal.

	67
	Whang, C. (2018). Voice shopping: The effect of the consumer-voice assistant parasocial relationship on the consumer's perception and decision making. Dissertation, University of Minnesota.

	68
	Willemse, C. J. A. M. (2018). Social touch technologies: How they feel and how they make you feel. Dissertation, University of Twente, Netherlands.

	69
	Xu, K. (2018). Media are social actors: Individuals’ social responses to social robots and mobile phones. Dissertation, Temple University.

	70
	Zhang, T., Kaber, D. B., Zhu, B., Swangnetr, M., Mosaly, P., and Hodge, L. (2010). Service robot feature design effects on user perceptions and emotional responses. Intelligent Service Robotics, 3(2), 73-88.

	71
	Złotowski, J., Sumioka, H., Eyssel, F., Nishio, S., Bartneck, C., and Ishiguro, H. (2018). Model of dual anthropomorphism: The relationship between the media equation effect and implicit anthropomorphism. International Journal of Social Robotics, 10(5), 701-714.






- 1 -

WEB APPENDIX B: DEFINITION OF CONSTRUCTS AND ALIASES
	Construct
	Definition
	Alias(es)

	Age
	Customer’s age
	—

	Animacy
	Extent to which a robot is perceived as having life or being alive (Bartneck et al. 2009)
	Aliveness

	Anthropomorphism
	Attribution of human characteristics or traits to nonhuman agents (Epley et al. 2007)
	Humanlikeness, humanness, machineness (r)

	Competence
	Customer’s potential to fully utilize information and communication technology to improve their performance of specific job tasks (Munro et al. 1997)
	Perceived knowledge

	Computer anxiety
	Degree of an individual’s apprehension, or even fear, when faced with using computers (Venkatesh 2000)
	

	Customer gender 
	Customer’s gender 
	—

	Ease of use
	Degree to which customer finds using a technology to be effortless (Davis et al. 1989)
	Effort expectancy

	Education 
	Customer’s level of education
	—

	Income
	Customer’s income
	—

	Intelligence
	Extent to which a robot is perceived as having abilities including learning, reasoning, and problem-solving (Bartneck et al. 2009)
	—

	Intention to use
	Strength of one’s intention to perform a specified behavior (Davis et al. 1989)
	Use intent

	Likability
	Extent to which a robot gives positive first impressions (Bartneck et al. 2009)
	Attractiveness

	NARS
	Negative attitudes toward robots in daily life (Nomura et al. 2006)
	—

	Need for interaction
	Desire to retain personal contact with others (particularly frontline service employees) during a service encounter (Dabholkar 1996)
	Affiliation tendency, loneliness (r)

	Negative affect
	Intense negative feelings directed at someone or something (Fishbach and Labroo 2007)
	Discomfort, strain, eeriness, threat

	Nonphysical features
	Robot’s abstract, psychological features (emotions, personalities, gestures, behaviors, etc.) (Goudey and Bonnin 2016)
	—

	Physical features
	Robot’s nonpsychological features, such as those physically resembling human anatomy (presence of a head, eyes, limbs, etc.) (Goudey and Bonnin 2016)
	Appearance, embodiment

	Positive affect 
	Intense positive feelings directed at someone or something (Fishbach and Labroo 2007)
	Enjoyment, pleasure, warmth

	Prior experience
	Robot-related experience, implying previous initial contact or interaction with a service robot (MacDorman et al. 2009)
	Familiarity, past usage

	Rapport
	Personal connection between customer and robot (Wirtz et al. 2018)
	Attachment, companionship, empathy, parasocial relationship

	Safety
	Customer’s perception of the level of danger when interacting with a robot (Bartneck et al. 2009)
	Risk (r), privacy invasion (r)

	Satisfaction 
	An affective state resulting from customer’s evaluation of a company’s service (Westbrook 1987). 
	Expectations met

	Social presence 
	Extent to which a customer believes that someone is really present (Heerink et al. 2008)
	—

	Trust
	Psychological expectation that others will keep promises and will not behave opportunistically in expectation of a promised service (Ooi and Tan 2016)
	Affective trust, cognitive trust

	Usefulness 
	Subjective probability that using a technology will improve the way a customer completes a given task (Davis et al. 1989)
	Performance expectancy, perceived benefit, utility


r = reverse-coded.
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(1) Effect Size and Coding
We used correlation coefficient as effect size because it is scale-free, comparable across different studies, and included in most of the studies we collected. Where this information was not available, we converted other statistical information (e.g., t-tests and sample sizes) to correlations; for example, we converted standardized beta weights to correlations using Peterson and Brown’s (2005) formula. Two coders extracted the necessary information about effect sizes from the studies. They coded the sample sizes and reliability coefficients of the different constructs involved in a specific relationship, and they classified the collected effect sizes according to the construct definitions in Web Appendix B. The same coders coded further characteristics of the study context (robot embodiment, robot gender, size of robot, cuteness, and body form) and of the service context (criticality and service type). Finally, they coded information about the method used in each study (sampling, stimuli, research design, publication outlet, publication status, country, and study year). We discuss the operationalization of these characteristics below (see Moderator Analysis). The coders achieved a high rate of agreement (> 95%) and resolved any disagreements through discussion.

(2) Structural Equation Modeling
We used structural equation modeling (SEM) to test the mediating effects in our meta-analytic framework. We prepared a complete correlation matrix for the most-examined constructs in the literature and used it as input to LISREL 9.2. This matrix includes the reliability-adjusted average-weighted correlations. We examined only those constructs in the SEM with at least three observations for each relationship. We used the harmonic mean of all sample sizes as input for the SEM, since these estimates are more conservative than those that based on the arithmetic mean (Viswesvaran and Ones 1995). Since measurement error had already been considered when correcting the effect sizes, we set the error variances to zero. 

(3) Moderator Analysis
We assessed the moderating influence of several study characteristics, dummy-coding them as shown in Web Appendix D. Some of these moderators refer to the type of service robot, in terms of embodiment (1 = physical, 0 = nonphysical), robot gender (1 = female, 0 = nonfemale), size (1 = large, 0 = nonlarge), cuteness (1 = cute, 0 = noncute), and body form (1 = zoonotic robot, 0 = nonzoonotic; 1 = humanoid, 0 = nonhumanoid). The dummy-coding indicates whether or not a robot displays a specific characteristic. Further, several moderators characterize the service context, including criticality of service (1 = critical, 0 = noncritical), and service type (1 = possession-processing, 0 = nonpossession-processing; 1 = people-processing, 0 = nonpeople-processing; 1 = mental stimulus–processing, 0 = nonmental stimulus–processing; 1 = information–processing, 0 = noninformation–processing). Finally, we dummy-coded method moderators: sampling approach (1 = student, 0 = nonstudent), stimuli (1 = video/image, 0 = nonvideo/image), research design (1 = field study, 0 = nonfield study), publication outlet (1 = journal, 0 = nonjournal), publication status (1 = published, 0 = unpublished), marketing publication (1 = marketing, 0 = HRI), and country of data collection (1 = US, 0 = non-US). The coders used the country information to match the meta-analytic data with secondary data describing the country’s innovativeness (Dutta et al. 2019). Study year was coded as a continuous moderator.
Following Grewal et al. (2018), we examined the moderating influence of these study characteristics using subgroup analysis. Specifically, we examined the reliability-adjusted and weighted correlations by side of the moderator variable and assessed the difference using random-effects ANOVA. We conducted subgroup analysis when at least two effect sizes were available for each side of the moderator variable. For continuous moderators, such as study year, Hunter and Schmidt (2004) recommend correlating moderators with effect sizes. Since subgroup analysis did not consider the joint influence of the moderator variables, we applied random-effects metaregression to validate the findings, using the reliability-corrected correlations as dependent variable and regressing them on the dummy-coded moderator variables. Given the large number of study characteristics, in the regression analysis we used only those moderators that had displayed significant differences in the subgroup analysis.

(4) Testing Nonlinearity
We found that anthropomorphism was positively related to intention to use the service robot. According to the uncanny valley theory, this relationship may be nonlinear (Destephe et al. 2015), and we coded the mean anthropomorphism scores from different studies together with the anchors to rescale them on a seven-point scale. Next, we classified the effects sizes into three groups of equal size: low (M ≤ 3.13, k = 7), medium (3.12 < M ≤ 3.72, k = 8), and high (M > 3.72, k = 7) anthropomorphism groups. We then contrasted the effect sizes in each group using random-effects ANOVA. There were no significant differences in effect sizes across these groups (QB = 5.497, p > .05). We also regressed the effect sizes on the rescaled anthropomorphism scores together with the control variables. The effect of the anthropomorphism scores on the effect sizes was nonsignificant (β = -.44, p > .05), suggesting linear relationships between anthropomorphism and use intention.
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WEB APPENDIX D: OPERATIONALIZATION OF MODERATORS

	Moderator
	Operationalization

	TYPE OF SERVICE ROBOT
	

	Physical robot
	Dummy-coded whether the study examines a physical service robot (1), or nonphysical (0).

	Female robot gender 
	Dummy-coded whether the study examines a female service robot (1), or nonfemale (0).

	Large size
	Dummy-coded whether the study examines a large service robot (1), or nonlarge (0).

	Cute service robot
	Dummy-coded whether the study examines a cute service robot (1), or noncute (0).

	Zoonotic robot
	Dummy-coded whether the study examines a zoonotic service robot (1), or nonzoonotic (0).

	Humanoid robot
	Dummy-coded whether the study examines a humanoid service robot (1), or nonhumanoid (0).

	
	

	TYPE OF SERVICE 
	

	Critical service
	Dummy-coded whether provided service is critical to customer (1), or noncritical (0).

	Possession service
	Dummy-coded whether provided service is possession-processing service (1), or nonpossession (0).

	People service
	Dummy-coded whether provided service is people-processing service (1), or nonpeople (0).

	Mental stimulus service
	Dummy-coded whether provided service is mental stimulus-processing service (1), or nonmental stimulus (0).

	Information-processing service 
	Dummy-coded whether provided service is information-processing service (1), or noninformation (0).

	
	

	METHOD MODERATORS
	

	Student sample
	Dummy-coded whether the sample is a student (1), or nonstudent sample (0).

	Video/image as stimuli 
	Dummy-coded whether the videos/images were used as stimuli (1) or nonvideos/images (0).

	Field study
	Dummy-coded whether the study is a field study (1), or nonfield study (0).

	Published in journal 
	Dummy-coded whether the study was published in a journal (1), or elsewhere (0).

	Published study 
	Dummy-coded whether the study was published (1), or unpublished (0).

	Marketing journal
	Dummy-coded whether the study was conducted in marketing (1), or HRI (0).

	USA 
	Dummy-coded whether the study was conducted in the USA (1), or other country (0).

	Country innovativeness
	Country’s global innovativeness score ranging from 0 (low) to 100 (high) (Dutta et al. 2019).

	Study year
	Year when study was published ranging from 0 (2020) to -12 (2008).
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WEB APPENDIX E: RELIABILITY-ADJUSTED AVERAGE-WEIGHTED CORRELATIONS AMONG CONSTRUCTS

	
	1.
	2.
	3.
	4.
	5.
	6.
	7.
	8.
	9.
	10.
	11.
	12.
	13.
	14.
	15.
	16.

	1. Age
	 
	16
	18
	16
	16
	17
	18
	17
	16
	16
	17
	17
	17
	17
	17
	16

	1. Animacy
	-.03
	 
	20
	17
	17
	16
	17
	16
	21
	17
	18
	16
	19
	19
	17
	16

	1. Anthropomorphism
	-.12
	.85
	 
	17
	23
	17
	20
	17
	26
	30
	18
	23
	27
	22
	19
	27

	1. Computer anxiety
	-.01
	-.06
	.20
	 
	19
	16
	16
	16
	17
	18
	18
	16
	18
	17
	16
	17

	1. Ease of use
	-.08
	.35
	.25
	-.33
	 
	16
	16
	16
	18
	23
	18
	20
	19
	17
	17
	23

	1. Education
	.09
	.12
	.07
	.16
	.05
	 
	17
	16
	16
	16
	16
	16
	16
	17
	16
	16

	1. Customer gender*
	.00
	.00
	.07
	-.06
	-.07
	-.11
	 
	17
	18
	16
	17
	17
	18
	18
	17
	16

	1. Income
	.22
	.18
	-.02
	.19
	.07
	.50
	-.18
	 
	16
	16
	17
	17
	17
	16
	17
	16

	1. Intelligence
	-.01
	.70
	.54
	.10
	.37
	.03
	.07
	.14
	 
	18
	18
	16
	22
	19
	16
	19

	1. Intention to use
	-.06
	.41
	.35
	-.16
	.63
	.06
	-.06
	.08
	.40
	 
	20
	23
	23
	18
	17
	26

	1. NARS
	.12
	-.07
	.17
	.72
	-.33
	.16
	.13
	.05
	.13
	-.30
	 
	16
	19
	18
	17
	17

	1. Need for interaction
	.19
	-.08
	-.05
	.28
	.03
	.10
	-.02
	.10
	.00
	-.16
	.61
	 
	17
	16
	18
	20

	1. Rapport
	-.06
	.39
	-.07
	.12
	.38
	.24
	-.02
	.06
	.29
	.67
	-.09
	.06
	 
	17
	17
	22

	1. Safety
	.02
	.34
	.31
	-.37
	.64
	-.04
	-.04
	.09
	.46
	.52
	-.24
	-.13
	.31
	 
	17
	29

	1. Satisfaction
	-.10
	.48
	.41
	.01
	.50
	.07
	.02
	-.01
	.55
	.65
	-.09
	-.04
	.15
	.49
	 
	17

	1. Usefulness
	-.06
	.48
	.32
	.19
	.49
	.19
	-.11
	.24
	.53
	.79
	-.03
	.04
	.27
	-.09
	.60
	


Harmonic mean: 883. The numbers in the lower half of the table are the reliability-adjusted average-weighted correlations; the upper half shows the number of effect sizes per relationship. * 1=female, 0=nonfemale.



WEB APPENDIX F: ROBUSTNESS OF SEM RESULTS

	
	
	Model 1: 
Robot-related 
Mediators
	Model 2: 
Functional 
Mediators
	Model 3: 
Relational
 Mediators

	IV
	DV
	B
	p
	B
	p
	B
	p

	ANTECEDENTS
	 
	
	
	
	
	
	

	Age
	Anthropomorphism
	-.12*
	.00
	-.12*
	.00
	-.12*
	.00

	Customer gender**
	Anthropomorphism
	—
	
	—
	
	—
	

	Education
	Anthropomorphism
	—
	
	—
	
	—
	

	Income 
	Anthropomorphism
	—
	
	—
	
	—
	

	Computer anxiety
	Anthropomorphism
	—
	
	—
	
	—
	

	NARS
	Anthropomorphism
	.32*
	.00
	.32*
	.00
	.32*
	.00

	Need for interaction
	Anthropomorphism
	-.22*
	.00
	-.22*
	.00
	-.22*
	.00

	 
	
	
	
	
	
	
	

	MEDIATORS
	
	
	
	
	
	
	

	Anthropomorphism
	Animacy
	.93*
	.00
	—
	
	—
	

	Age
	Animacy
	.03*
	.03
	—
	
	—
	

	Customer gender**
	Animacy
	—
	
	—
	
	—
	

	Education
	Animacy
	—
	
	—
	
	—
	

	Income 
	Animacy
	.23*
	.00
	—
	
	—
	

	Computer anxiety
	Animacy
	-.21*
	.00
	—
	
	—
	

	NARS
	Animacy
	-.14*
	.00
	—
	
	—
	

	Need for interaction
	Animacy
	.08*
	.00
	—
	
	—
	

	
	
	
	
	
	
	
	

	Anthropomorphism
	Intelligence
	.56*
	.00
	—
	
	—
	

	Age
	Intelligence
	—
	
	—
	
	—
	

	Customer gender**
	Intelligence
	—
	
	—
	
	—
	

	Education
	Intelligence
	-.13*
	.00
	—
	
	—
	

	Income 
	Intelligence
	.23*
	.00
	—
	
	—
	

	Computer anxiety
	Intelligence
	-.14*
	.00
	—
	
	—
	

	NARS
	Intelligence
	.14*
	.00
	—
	
	—
	

	Need for interaction
	Intelligence
	—
	
	—
	
	—
	

	
	
	
	
	
	
	
	

	Anthropomorphism
	Safety
	.42*
	.00
	—
	
	—
	

	Age
	Safety
	—
	
	—
	
	—
	

	Customer gender**
	Safety
	-.10*
	.00
	—
	
	—
	

	Education
	Safety
	-.14
	.00
	—
	
	—
	

	Income 
	Safety
	.26*
	.00
	—
	
	—
	

	Computer anxiety
	Safety
	-.60*
	.00
	—
	
	—
	

	NARS
	Safety
	.19*
	.00
	—
	
	—
	

	Need for interaction
	Safety
	-.07†
	.07
	—
	
	—
	

	
	
	
	
	
	
	
	

	Anthropomorphism
	Ease of use
	—
	
	.38*
	.00
	—
	

	Age
	Ease of use
	—
	
	-.07*
	.01
	—
	

	Customer gender**
	Ease of use
	—
	
	—
	
	
	

	Education
	Ease of use
	—
	
	.06†
	.06
	—
	

	Income 
	Ease of use
	—
	
	.08*
	.02
	—
	

	Computer anxiety
	Ease of use
	—
	
	-.16*
	.00
	—
	

	NARS
	Ease of use
	—
	
	-.55*
	.00
	—
	

	Need for interaction
	Ease of use
	—
	
	.43*
	.00
	—
	

	
	
	
	
	
	
	
	

	Anthropomorphism
	Usefulness
	—
	
	.13*
	.00
	—
	

	Ease of use
	Usefulness
	—
	
	.53*
	.00
	—
	

	Age
	Usefulness
	—
	
	—
	
	—
	

	Customer gender**
	Usefulness
	—
	
	—
	
	—
	

	Education
	Usefulness
	—
	
	.07*
	.02
	—
	

	Income 
	Usefulness
	—
	
	.09*
	.00
	—
	

	Computer anxiety
	Usefulness
	—
	
	.48*
	.00
	—
	

	NARS
	Usefulness
	—
	
	-.24*
	.00
	—
	

	Need for interaction
	Usefulness
	—
	
	—
	
	—
	

	
	
	
	
	
	
	
	

	Anthropomorphism
	Rapport
	—
	
	—
	
	-.08*
	.01

	Age
	Rapport
	—
	
	—
	
	—
	

	Customer gender**
	Rapport
	—
	
	—
	
	.13*
	.00

	Education
	Rapport
	—
	
	—
	
	.36*
	.00

	Income 
	Rapport
	—
	
	—
	
	-.21*
	.00

	Computer anxiety
	Rapport
	—
	
	—
	
	.59*
	.00

	NARS
	Rapport
	—
	
	—
	
	-.78*
	.00

	Need for interaction
	Rapport
	—
	
	—
	
	.36*
	.00

	
	
	
	
	
	
	
	

	Anthropomorphism
	Satisfaction
	—
	
	—
	
	.45*
	.00

	Age
	Satisfaction
	—
	
	—
	
	—
	

	Customer gender**
	Satisfaction
	—
	
	—
	
	.06†
	.07

	Education
	Satisfaction
	—
	
	—
	
	.10*
	.00

	Income 
	Satisfaction
	—
	
	—
	
	-.07*
	.04

	Computer anxiety
	Satisfaction
	—
	
	—
	
	.18*
	.00

	NARS
	Satisfaction
	—
	
	—
	
	-.44*
	.00

	Need for interaction
	Satisfaction
	—
	
	—
	
	.20*
	.00

	
	
	
	
	
	
	
	

	CONSEQUENCES
	
	
	
	
	
	
	

	Anthropomorphism
	Intention to use
	.20*
	.00
	.12*
	.00
	.28*
	.00

	Intelligence
	Intention to use
	.19*
	.00
	—
	
	—
	

	Safety
	Intention to use
	.30*
	.00
	—
	
	—
	

	Animacy
	Intention to use
	—
	
	—
	
	—
	

	Usefulness
	Intention to use
	—
	
	.71*
	.00
	—
	

	Ease of use
	Intention to use
	—
	
	.18*
	.00
	—
	

	Rapport
	Intention to use
	—
	
	—
	
	.66*
	.00

	Satisfaction
	Intention to use
	—
	
	—
	
	.44*
	.00

	Age
	Intention to use
	—
	
	—
	
	—
	

	Customer gender**
	Intention to use
	—
	
	—
	
	-.08*
	.00

	Education
	Intention to use
	.10*
	.00
	—
	
	—
	

	Income 
	Intention to use
	—
	
	—
	
	.10*
	.00

	Computer anxiety
	Intention to use
	—
	
	-.22*
	.00
	-.30*
	.00

	NARS
	Intention to use
	-.30*
	.00
	—
	
	—
	

	Need for interaction
	Intention to use
	—
	
	-.13*
	.00
	-.10*
	.00

	
	
	
	
	
	
	
	

	GFI
	
	.897
	.994
	.917

	NFI
	
	.794
	.992
	.880

	RMR
	
	.041
	.013
	.028

	SRMR
	
	.041
	.013
	.028


* p < .05; † p < .10.




WEB APPENDIX G: DIRECT, INDIRECT, AND TOTAL EFFECTS

	
	
	Model 1: 
Robot-related 
Mediators
	Model 2: 
Functional 
Mediators
	Model 3: 
Relational 
Mediators

	ANTECEDENTS
	 
	D
	I
	T
	
	D
	I
	T
	
	D
	I
	T
	

	Age
	Anthropomorphism
	-.11*
	—
	-.11*
	—
	-.11*
	—
	-.11*
	—
	-.11*
	—
	-.11*
	—

	Customer gender**
	Anthropomorphism
	.05
	—
	.05
	—
	.05
	—
	.05
	—
	.05
	—
	.05
	—

	Education
	Anthropomorphism
	.07
	—
	.07
	—
	.07
	—
	.07
	—
	.07
	—
	.07
	—

	Income 
	Anthropomorphism
	-.03
	—
	-.03
	—
	-.03
	—
	-.03
	—
	-.03
	—
	-.03
	—

	Computer anxiety
	Anthropomorphism
	.10
	—
	.10
	—
	.10
	—
	.10
	—
	.10
	—
	.10
	—

	NARS
	Anthropomorphism
	.21*
	—
	.21*
	—
	.21*
	—
	.21*
	—
	.21*
	—
	.21*
	—

	Need for interaction
	Anthropomorphism
	-.19*
	—
	-.19*
	—
	-.19*
	—
	-.19*
	—
	-.19*
	—
	-.19*
	—

	 
	
	
	
	
	
	
	
	
	
	
	
	
	

	MEDIATORS
	
	
	
	
	
	
	
	
	
	
	
	
	

	Anthropomorphism
	Animacy
	.93*
	—
	.93*
	—
	—
	—
	—
	—
	—
	—
	—
	—

	Age
	Animacy
	.03*
	-.10*
	-.07*
	PM
	—
	—
	—
	—
	—
	—
	—
	—

	Customer gender**
	Animacy
	-.02
	.04
	.02
	NM
	—
	—
	—
	—
	—
	—
	—
	—

	Education
	Animacy
	-.02
	.07
	.04
	NM
	—
	—
	—
	—
	—
	—
	—
	—

	Income 
	Animacy
	.24*
	-.03
	.21*
	NM
	—
	—
	—
	—
	—
	—
	—
	—

	Computer anxiety
	Animacy
	-.22*
	.09
	-.13*
	NM
	—
	—
	—
	—
	—
	—
	—
	—

	NARS
	Animacy
	-.13*
	.20*
	.07
	PM
	—
	—
	—
	—
	—
	—
	—
	—

	Need for interaction
	Animacy
	.08*
	-.18*
	-.10*
	PM
	—
	—
	—
	—
	—
	—
	—
	—

	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Anthropomorphism
	Intelligence
	.55*
	—
	.55*
	—
	—
	—
	—
	—
	—
	—
	—
	—

	Age
	Intelligence
	.00
	-.06*
	-.06
	FM
	—
	—
	—
	—
	—
	—
	—
	—

	Customer gender**
	Intelligence
	.03
	.03
	.05
	NM
	—
	—
	—
	—
	—
	—
	—
	—

	Education
	Intelligence
	-.13*
	.04
	-.09*
	NM
	—
	—
	—
	—
	—
	—
	—
	—

	Income 
	Intelligence
	.24*
	-.02
	.23*
	NM
	—
	—
	—
	—
	—
	—
	—
	—

	Computer anxiety
	Intelligence
	-.15*
	.05
	-.10
	NM
	—
	—
	—
	—
	—
	—
	—
	—

	NARS
	Intelligence
	.18*
	.12*
	.30*
	PM
	—
	—
	—
	—
	—
	—
	—
	—

	Need for interaction
	Intelligence
	-.05
	-.10*
	-.16*
	FM
	—
	—
	—
	—
	—
	—
	—
	—

	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Anthropomorphism
	Safety
	.42*
	—
	.42*
	—
	—
	—
	—
	—
	—
	—
	—
	—

	Age
	Safety
	.01
	-.05*
	-.03
	FM
	—
	—
	—
	—
	—
	—
	—
	—

	Customer gender**
	Safety
	-.10*
	.02
	-.08*
	NM
	—
	—
	—
	—
	—
	—
	—
	—

	Education
	Safety
	-.14*
	.03
	-.11*
	NM
	—
	—
	—
	—
	—
	—
	—
	—

	Income 
	Safety
	.26*
	-.01
	.24*
	NM
	—
	—
	—
	—
	—
	—
	—
	—

	Computer anxiety
	Safety
	-.60*
	.04
	-.56*
	NM
	—
	—
	—
	—
	—
	—
	—
	—

	NARS
	Safety
	.18*
	.09*
	.27*
	PM
	—
	—
	—
	—
	—
	—
	—
	—

	Need for interaction
	Safety
	-.07
	-.08*
	-.15*
	FM
	—
	—
	—
	—
	—
	—
	—
	—

	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Anthropomorphism
	Ease of use
	—
	—
	—
	—
	.39*
	—
	.39*
	—
	—
	—
	—
	—

	Age
	Ease of use
	—
	—
	—
	—
	-.07*
	-.04*
	-.12*
	PM
	—
	—
	—
	—

	Customer gender**
	Ease of use
	—
	—
	—
	—
	-.01
	.02
	.01
	NM
	—
	—
	—
	—

	Education
	Ease of use
	—
	—
	—
	—
	.06
	.03
	.09*
	NM
	—
	—
	—
	—

	Income 
	Ease of use
	—
	—
	—
	—
	.08*
	-.01
	.07
	NM
	—
	—
	—
	—

	Computer anxiety
	Ease of use
	—
	—
	—
	—
	-.16*
	.04
	-.12*
	NM
	—
	—
	—
	—

	NARS
	Ease of use
	—
	—
	—
	—
	-.54*
	.08*
	-.46*
	PM
	—
	—
	—
	—

	Need for interaction
	Ease of use
	—
	—
	—
	—
	.43*
	-.07*
	.35*
	PM
	—
	—
	—
	—

	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Anthropomorphism
	Usefulness
	—
	—
	—
	—
	.14*
	—
	.34*
	—
	—
	—
	—
	—

	Ease of use
	Usefulness
	—
	—
	—
	—
	.51*
	—
	.51*
	—
	—
	—
	—
	—

	Age
	Usefulness
	—
	—
	—
	—
	.00
	-.07*
	-.07*
	FM
	—
	—
	—
	—

	Customer gender**
	Usefulness
	—
	—
	—
	—
	.01
	.01
	.02
	NM
	—
	—
	—
	—

	Education
	Usefulness
	—
	—
	—
	—
	.08*
	.06*
	.13*
	PM
	—
	—
	—
	—

	Income 
	Usefulness
	—
	—
	—
	—
	.08*
	.03
	.11*
	NM
	—
	—
	—
	—

	Computer anxiety
	Usefulness
	—
	—
	—
	—
	.50*
	-.05
	.45*
	NM
	—
	—
	—
	—

	NARS
	Usefulness
	—
	—
	—
	—
	-.30*
	-.21*
	-.51*
	PM
	—
	—
	—
	—

	Need for interaction
	Usefulness
	—
	—
	—
	—
	.06
	.15*
	.21*
	FM
	—
	—
	—
	—

	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Anthropomorphism
	Rapport
	—
	—
	—
	—
	—
	—
	—
	—
	-.08*
	—
	-.08*
	—

	Age
	Rapport
	—
	—
	—
	—
	—
	—
	—
	—
	-.03
	.01*
	-.02
	PM

	Customer gender**
	Rapport
	—
	—
	—
	—
	—
	—
	—
	—
	.13*
	.00
	.13*
	NM

	Education
	Rapport
	—
	—
	—
	—
	—
	—
	—
	—
	.36*
	-.01
	.35*
	NM

	Income 
	Rapport
	—
	—
	—
	—
	—
	—
	—
	—
	-.20*
	.00
	-.20*
	NM

	Computer anxiety
	Rapport
	—
	—
	—
	—
	—
	—
	—
	—
	.58*
	-.01
	.57*
	NM

	NARS
	Rapport
	—
	—
	—
	—
	—
	—
	—
	—
	-.77*
	-.02*
	-.79*
	PM

	Need for interaction
	Rapport
	—
	—
	—
	—
	—
	—
	—
	—
	.36*
	.02*
	.37*
	PM

	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Anthropomorphism
	Satisfaction
	—
	—
	—
	—
	—
	—
	—
	—
	.44*
	—
	.44*
	—

	Age
	Satisfaction
	—
	—
	—
	—
	—
	—
	—
	—
	-.03
	-.05*
	-.07*
	FM

	Customer gender**
	Satisfaction
	—
	—
	—
	—
	—
	—
	—
	—
	.06
	.02
	.08*
	NM

	Education
	Satisfaction
	—
	—
	—
	—
	—
	—
	—
	—
	.10*
	.03
	.13*
	NM

	Income 
	Satisfaction
	—
	—
	—
	—
	—
	—
	—
	—
	-.07
	-.02
	-.08*
	NM

	Computer anxiety
	Satisfaction
	—
	—
	—
	—
	—
	—
	—
	—
	.18*
	.04
	.22*
	NM

	NARS
	Satisfaction
	—
	—
	—
	—
	—
	—
	—
	—
	-.43*
	.10*
	-.33*
	PM

	Need for interaction
	Satisfaction
	—
	—
	—
	—
	—
	—
	—
	—
	.20*
	-.08*
	.11*
	PM

	
	
	
	
	
	
	
	
	
	
	
	
	
	

	CONSEQUENCES
	
	
	
	
	
	
	
	
	
	
	
	
	

	Anthropomorphism
	Intention to use
	.20*
	.23*
	.43*
	PM
	.12*
	.31*
	.43*
	PM
	.28*
	.14*
	.42*
	PM

	Intelligence
	Intention to use
	.19*
	—
	.19*
	—
	—
	—
	—
	—
	—
	—
	—
	—

	Safety
	Intention to use
	.30*
	—
	.30*
	—
	—
	—
	—
	—
	—
	—
	—
	—

	Animacy
	Intention to use
	—
	—
	—
	—
	—
	—
	—
	—
	—
	—
	—
	—

	Usefulness
	Intention to use
	—
	—
	—
	—
	.71*
	—
	.71*
	—
	—
	—
	—
	—

	Ease of use
	Intention to use
	—
	—
	—
	—
	.18*
	.36*
	.55*
	PM
	—
	—
	—
	—

	Rapport
	Intention to use
	—
	—
	—
	—
	—
	—
	—
	—
	.66*
	—
	.66*
	—

	Satisfaction
	Intention to use
	—
	—
	—
	—
	—
	—
	—
	—
	.44*
	—
	.44*
	—

	Age
	Intention to use
	—
	-.04*
	-.04*
	FM
	—
	-.08*
	-.08*
	FM
	—
	-.07*
	-.07*
	FM

	Customer gender**
	Intention to use
	—
	-.01
	-.01
	NM
	—
	.02
	.02
	NM
	-.08*
	.13*
	.06
	PM

	Education
	Intention to use
	.10*
	-.04
	.07*
	NM
	—
	.12*
	.12*
	FM
	—
	.31*
	.31*
	FM

	Income 
	Intention to use
	—
	.11*
	.11*
	FM
	—
	.09*
	.09*
	FM
	.10*
	-.17*
	-.07*
	PM

	Computer anxiety
	Intention to use
	—
	-.17*
	-.17*
	FM
	-.22*
	.31*
	.09
	PM
	-.30*
	.50*
	.20*
	PM

	NARS
	Intention to use
	-.30*
	.18*
	-.12*
	PM
	—
	-.42*
	-.42*
	FM
	—
	-.61*
	-.61*
	FM

	Need for interaction
	Intention to use
	—
	-.11*
	-.11*
	FM
	-.13*
	.19*
	.07
	PM
	-.10*
	.24*
	.15*
	PM


* p < .05. ** 1=female, 0=nonfemale. NM=no mediation; PM=partial mediation; FM=full mediation.





WEB APPENDIX H: RESULTS OF SUBGROUP ANALYSIS FOR MEDIATOR VARIABLES

	IV
	DV
	k
	 
	  High: Physical robot 
  Low: Nonphysical 
	  High: Female robot gender
  Low: Nonfemale 
	  High: Critical service 
  Low: Noncritical
	  High: Possession service 
  Low: Nonpossession
	  High: Mental stimulus 
  Low: Nonmental stimulus
	  High: Information-processing 
  Low: Noninformation
	  High: Published in journal 
  Low: other publication
	  High: Published study
  Low: unpublished
	  High: Marketing journal 
  Low: HRI journal
	  Study year a

	Anthropomorphism
	Animacy
	20
	rhigh
	.78*
	.99
	.76*
	.72*
	.96
	.76
	—
	—
	—
	.37

	
	
	
	rlow
	.99
	.84
	.97
	.94
	.83
	.85
	
	
	
	

	Anthropomorphism
	Intelligence
	26
	rhigh
	.55
	.52
	.57*
	.59*
	.49
	.56
	.62
	—
	—
	.04

	
	
	
	rlow
	.48
	.53
	.48
	.49
	.54
	.53
	.23*
	
	
	

	Anthropomorphism
	Likability
	27
	rhigh
	.56
	.60
	.61*
	.62*
	.50
	.51
	.55*
	—
	—
	.53*

	
	
	
	rlow
	.51
	.53
	.50
	.51
	.53
	.53
	.35
	
	
	

	Anthropomorphism
	Safety
	22
	rhigh
	.40*
	.63*
	.42*
	.50*
	.39*
	.17
	.33*
	—
	.59
	.06

	
	
	
	rlow
	.06
	.28
	.06
	.18
	.26
	.29
	-.02
	
	.28
	

	Anthropomorphism
	Ease of use
	23
	rhigh
	.16*
	.30
	.22
	.06*
	.29
	.18*
	.16*
	.26
	.24
	.17

	
	
	
	rlow
	.31
	.21
	.28
	.27
	.24
	.30
	.38
	.24
	.26
	

	Anthropomorphism
	Usefulness
	27
	rhigh
	.26*
	.37
	.56*
	.38
	.46*
	.36
	.28*
	.32
	.43*
	.26

	
	
	
	rlow
	.44
	.31
	.28
	.32
	.28
	.31
	.56
	.32
	.29
	

	Anthropomorphism
	Positive affect
	9
	rhigh
	.47*
	.56
	.61
	.45*
	.59
	—
	.61*
	—
	.61
	.70*

	 
	 
	
	rlow
	.64
	.56
	.55
	.60
	.53
	
	.42
	
	.53
	

	Anthropomorphism
	Rapportb
	27
	rhigh
	-.17*
	.28*
	.45*
	.42*
	.45*
	.18*
	-.24*
	-.10*
	.42*
	.25

	
	
	
	rlow
	.54
	-.09
	-.28
	-.14
	-.22
	-.09
	.44
	.16
	-.26
	

	Anthropomorphism
	Satisfaction
	19
	rhigh
	.36*
	.48
	.34*
	.37
	.34*
	.33
	.43
	.48*
	.30*
	-.08

	
	
	
	rlow
	.63
	.40
	.57
	.41
	.47
	.42
	.39
	.30
	.48
	

	Anthropomorphism
	Trustb
	24
	rhigh
	.45*
	.30*
	-.05*
	.31
	.60*
	-.19*
	.18*
	.23*
	.46*
	-.07

	
	
	
	rlow
	.10
	.20
	.49
	.21
	.01
	.55
	.52
	.06
	.06
	


* p < .05. a. The displayed coefficients are correlations of continuous moderators with effect sizes (Hunter and Schmidt 2004); all other estimates are sample-size weighted and reliability-adjusted averaged correlations by side of moderator variable. b. The results display that contexts exists where anthropomorphism displays negative effects which is in line with uncanny valley theory (Ho and MacDorman 2010). A dash indicated that a moderator could not be tested. 



WEB APPENDIX I: RESULTS OF MULTI-GROUP STRUCTURAL EQUATION MODELING


Panel A: Multi-Group Results for Robot-related Mediators
	 
	 
	Model 1: Robot-related Mediators
	Model 2a: Female robot
	Model 2b: Nonfemale robot
	Model 3a: Possession services
	Model 3b: Nonpossession services
	Model 4a: Mental stimulus 
	Model 4b: Nonmental stimulus 

	IV
	DV
	B
	p
	B
	P
	B
	P
	B
	p
	B
	p
	B
	p
	B
	p

	Anthropomorphism
	Intelligence
	.54
	.00
	.52
	.00
	.54
	.00
	.59A
	.00
	.51
	.00
	.47A
	.00
	.56
	.00

	Anthropomorphism
	Safety
	.31
	.00
	.63A
	.00
	.30
	.00
	.51A
	.00
	.20
	.00
	.39A
	.00
	.29
	.00

	Anthropomorphism
	Intention to use
	.15
	.00
	.20
	.00
	.12
	.00
	—
	 
	.16
	.00
	.10A
	.01
	.29
	.00

	Intelligence
	Intention to use
	.13
	.00
	.17
	.00
	.12
	.00
	.08A
	.02
	.23
	.00
	.32 
	.00
	—
	 

	Safety
	Intention to use
	.41
	.00
	.37
	.00
	.43
	.00
	.33A
	.00
	.44
	.00
	.07A
	.04
	.46
	.00



Panel B: Multi-Group Results for Functional Mediators
	 
	 
	Model 1: Functional Mediators
	Model 2a: Female robot
	Model 2b: Nonfemale robot
	Model 3a: Possession services
	Model 3b: Nonpossession services
	Model 4a: Mental stimulus 
	Model 4b: Nonmental stimulus 

	IV
	DV
	B
	p
	B
	P
	B
	P
	B
	p
	B
	p
	B
	p
	B
	p

	Anthropomorphism
	Usefulness
	.21
	.00
	.23
	.00
	.24
	.00
	.37A
	.00
	.19
	.00
	.29A
	.00
	.17
	.00

	Ease of use
	Usefulness
	.44
	.00
	.53A
	.00
	.35 
	.00
	.13A
	.00
	.48
	.00
	.26A
	.00
	.49
	.00

	Anthropomorphism
	Ease of use
	.25
	.00
	.30
	.00
	.21
	.00
	.06A
	.07
	.27
	.00
	.40A
	.00
	.24
	.00

	Anthropomorphism
	Intention to use
	.08
	.00
	.24A
	.00
	.03 
	.05
	—
	 
	.08
	.00
	—
	 
	.18
	.00

	Usefulness
	Intention to use
	.61
	.00
	.67
	.00
	.62
	.00
	.77A
	.00
	.60
	.00
	.78A
	.00
	.54
	.00

	Ease of use 
	Intention to use
	.31
	.00
	.05A
	.02
	.39 
	.00
	.17A
	.00
	.31
	.00
	.06A
	.00
	.35
	.00



Panel C: Multi-Group Results for Relational Mediators
	 
	 
	Model 1: Relational Mediators
	Model 2a: Female robot
	Model 2b: Nonfemale robot
	Model 3a: Possession services
	Model 3b: Nonpossession services
	Model 4a: Mental stimulus 
	Model 4b: Nonmental stimulus 

	IV
	DV
	B
	p
	B
	P
	B
	P
	B
	p
	B
	p
	B
	p
	B
	p

	Anthropomorphism
	Satisfaction
	.41
	.00
	.48
	.00
	.41
	.00
	.37
	.00
	.41
	.00
	.34A
	.00
	.47
	.00

	Anthropomorphism
	Rapport
	-.07
	.04
	.30A
	.00
	-.09
	.01
	.42A
	.00
	-.14
	.00
	—
	
	-.23
	.00

	Anthropomorphism
	Intention to use
	.20
	.00
	.20
	.00
	.16
	.00
	—
	 
	.29
	.00
	.05A
	.06
	.35
	.00

	Satisfaction
	Intention to use
	.48
	.00
	.57A
	.00
	.49
	.00
	.55A
	.00
	.42
	.00
	.68A
	.00
	.42
	.00

	Rapport
	Intention to use
	.61
	.00
	.16A
	.00
	.61
	.00
	.11A
	.00
	.71
	.00
	—
	
	.56
	.00


We used the sample size of the main model as input (N=883) to keep the models comparable. A dash indicates that a relationship was excluded as the effect turned nonsignificant. The superscript (A) indicates that the path coefficients differ significantly (p < .05) across both models (e.g., models 2a and 2b). 
