Don’t Give Me Just Positive Feedback: How Positive and Negative Feedback Can Increase Feedback-Based Goal Setting and Proactive Customer Service Behavior
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Web Appendix B
Study 1

Sample Characteristics
It is worth noting that most of the hotels operated by global chains in Istanbul did not support a survey-based study as per company policy. Therefore, we contacted the human resources departments of fifty-nine five-star hotels operated under 19 global chains or brands to provide information about the study’s scope and purpose and obtain the necessary permissions. Twenty-two five-star hotels agreed to support our study, with a response rate of 37.3%.
Due to our confidentiality agreement with the hotels, we cannot provide detailed statistics or any identifying (or specific) information regarding hotels individually (i.e., to which hotel chain they belong). Therefore, we provide only summary data. Table WB.1 presents the characteristics of the hotels where the study was conducted. In addition, we provide detailed information about the demographic characteristics of the service employees and managers who responded to the survey.

Table WB.1   Hotel Characteristics (N = 22)

	
	Frequency
	%

	Size (Number of Rooms)
	
	

	200-250
	8
	36.4

	251-300
	6
	27.3

	301-350
	5
	22.7

	351 and above
	3
	13.6

	
	
	

	Years of Operation
	
	

	Less than 5
	1
	4.5

	5-8
	13
	59.1

	9-12
	5
	22.7

	12-15
	1
	4.5

	More than 15
	2
	9.1

	
	
	

	Service Type
	
	

	Full service*
	22
	100

	Limited service
	0
	0

	
	
	

	Class
	
	

	Luxury
	6
	27.3

	Upper upscale
	16
	72.7

	
	
	


* Hotels can be divided into two groups according to their services: full and limited. A full-service hotel offers a wide range of amenities and services, including on-site restaurants, bars, spas, fitness centers, conference rooms, and more.



Table WB.2   Demographic Characteristics of Service Employees (N = 466)

	
	Frequency
	%

	Gender
	
	

	Male
	321
	68.9

	Female
	145
	31.1

	
	
	

	Age
	
	

	24-30
	206
	44.2

	31-35
	172
	36.9

	36-40
	64
	13.7

	41-45
	20
	4.3

	46-50
	4
	0.9

	
	
	

	Education
	
	

	High school & two-year college
	90
	19.2

	Undergraduate 
	329
	70.7

	Graduate
	47
	10.1

	
	
	

	Work Experience
	
	

	Less than 5 years
	218
	46.8

	5-10
	164
	35.2

	11-15
	62
	13.3

	16 and more
	22
	4.7

	
	
	

	Hotel Work Experience
	
	

	Less than 5 years
	334
	71.7

	5-10
	114
	24.5

	11-15
	16
	3.4

	16 and more
	2
	0.4




Table WB.3   Demographic Characteristics of Unit Managers (N = 44)

	
	Frequency
	%

	Gender
	
	

	Male
	27
	61.4

	Female
	17
	38.6

	
	
	

	Age
	
	

	31-35
	4
	9.1

	36-40
	16
	36.4

	41-45
	8
	18.2

	46-50
	16
	36.4

	
	
	

	Education
	
	

	Undergraduate 
	39
	88.6

	Graduate
	5
	11.4

	
	
	

	Work Experience
	
	

	Less than 5 years
	-
	

	5-10
	36
	81.8

	11-15
	4
	9.1

	16 and more
	4
	9.1

	
	
	

	Hotel Work Experience
	
	

	Less than 5 years
	2
	4.6

	5-10
	36
	81.8

	11-15
	2
	4.6

	16 and more
	4
	9.1





Overview of the Performance Evaluation System at the Hotels
The hotels operate under a unit-based organizational structure, a system that has proven to be effective. Each unit is led by a manager, with assistant managers stepping in when necessary, such as in food and beverage units. This structure allows for efficient management and clear lines of authority. The performance of each unit is evaluated using key performance indicators, as established by the hotel management. For instance, the food and beverage units' performance is measured through customer service reviews and ratings.
Employee performance within the units undergoes regular formal evaluation. These evaluations are crucial in achieving the specific performance targets set for each unit. Formal performance assessments empower unit managers to provide feedback to service employees, guiding them toward achieving short-term and long-term performance goals.
In addition to the formal evaluations, managers and employees hold informal meetings. These meetings offer personalized coaching and feedback on individual performance. These informal dialogues encompass discussions about employees’ past and present performance and forward-looking conversations regarding future goals.
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Measures

Core Variables   The core variables are divided into two groups: service employee level (i.e., feedback-based goal setting, PCSB, and manager’s positive and negative feedback giving) and unit level (i.e., initiative climate). We measured feedback-based goal setting by adapting Renn and Fedor’s (2001) four-item scale (1 = never; 5 = very often) to the service context. We measured PCSB with seven items (1 = strongly disagree; 5 = strongly agree) from Rank et al. (2007). We assessed the manager’s positive and negative feedback using seven-item scales (1 = almost never; 5 = very frequently) developed for this study. We measured initiative climate using four items from Raub and Liao’s (2012) scale (1 = strongly disagree; 5 = strongly agree) (also see Hong et al., 2016). Managers rated service employees’ performance using a four-item scale (1 = needs improvement; 5 = excellent) (Liao & Chuang, 2007). We aggregated service employees’ responses to the scale at the unit level because we used initiative climate as a unit-level variable during model testing.

Control Variables   Including theoretically and statistically relevant (i.e., significant zero-order correlations with the dependent variables) control variables in the model serves the purpose of accounting for alternative variables that explain additional variance in dependent variables, mitigating the bias caused by omitted variables, and amplifying observed heterogeneity) (e.g., Carlson & Wu, 2012; Spector & Brannick, 2011). As a result, we considered five variables: (1) customer orientation (i.e., work value), (2) relationship quality with the manager (i.e., LMX), (3) organizational identification, (4) feedback accuracy, and (5) demographics. 

We measured customer orientation with five items (1 = strongly disagree; 5 = strongly agree) (Thomas et al., 2001) and LMX with seven items (1 = not at all; 5 = to a great extent) (e.g., Liden et al., 1993). We measured organizational identification with six items (1= strongly disagree; 5 = strongly agree) (Mael & Ashforth, 1992). We measured feedback accuracy with three items (1= strongly disagree; 5 = strongly agree) (e.g., Chan & Lam, 2011). We added hotel work experience (in years) as a control variable in the model as it was significantly correlated with feedback-based goal setting. In addition, we controlled for the effect of initiative climate, a variable that we operationalized at the work-unit level, when estimating feedback-based goal setting, PCSB, and customer service performance. It is worth noting that since the correlation values between hotel- (i.e., size, years of operation, etc.) and work unit-related (e.g., size) variables and focal variables were not statistically significant, we did not include them in the model (Carlson & Wu, 2012).   

As stated earlier, we included ERB in the model to assess the robustness of the proposed model. In other words, ERB is an alternative mediator between feedback-based goal setting and customer service performance. We measured ERB using a 4-item scale borrowed from Netemeyer et al. (2005), which was used by previous researchers (e.g., Schepers et al., 2012).




Scale Development: Manager’s Positive/Negative Feedback Giving 

There is a lack of established scales for measuring managers’ positive and negative feedback, particularly within the services context. Consequently, we followed a three-step process recommended by Churchill (1979) to develop scales for assessing managers’ positive and negative feedback giving.

First, we undertook an exhaustive literature review concerning the measurement of service performance and service quality, considering that managers’ feedback pertains to employees’ customer service performance (e.g., Schepers et al., 2012; Singh, 2000). In line with this focus, we generated an initial set of 8 items designed to assess a manager’s feedback on various aspects of customer service. These items were carefully crafted to ensure clarity, consistency in perspective, and avoidance of double-barreled questions.

Second, we interviewed 25 service employees and managers, instructing them to evaluate the scale items for their relevance, clarity, and comprehensiveness. Based on their feedback, we removed one item (i.e., service creativity) and incorporated an additional item into the scale (i.e., overall customer service performance). Subsequently, we surveyed 100 service employees recruited from Prolific with a minimum of one year of work experience. These respondents represented a variety of industries, including IT services, insurance, retail, and hospitality. The sample’s demographic characteristics are as follows: 72% are male, 90% are college graduates, and 67% are 40 or younger. Participants were presented with the scale items and asked to rate how well each item reflected the content of their manager’s feedback (1 = This item does not reflect the content of my manager’s feedback at all; 5 = This item reflects very well the content of my manager’s feedback). The results indicated that the items had content validity (Overall mean = 4.44).

Third, we transformed the content-validated scale into two scales to reflect positive and negative feedback (i.e., how often does your manager give you positive/negative feedback on the following?) and designed a survey to test the psychometric properties of both scales. Through Prolific, we collected data from 207 service employees with at least one year of work experience in various industries (e.g., IT services, insurance, retail, hospitality). The sample’s demographic characteristics are as follows: 55% are female, 73% are college graduates, and 64% are 35 or younger. The confirmatory factor analysis indicated a good fit to the data (2 = 221.56, df = 76; TLI = .927; CFI = .939; RMSEA = .046). All factor loadings were significant (see Table WC.1), Cronbach’s alpha and composite reliability scores were higher than .70, and the AVE scores were higher than .50. The square of the correlation between the two variables (r2 = .04) was lower than the AVE values of these variables (Table WC.1). These findings supported the convergent and discriminant validity of the scales.







Table WC. 1   Measures and Factor Loadings (Scale Development)

	
Scales 
	Factor Loading

	Managers’ Positive Feedback Giving  (Cronbach’s alpha = .92; composite reliability = .92; average variance extracted = .62)
	

	How often does your manager give you positive feedback on the following?
Customer service quality
	
.703

	Customer responsiveness 
	.777

	Product and service knowledge
	.835

	Manager’s customer service expectations 
	.791

	Social interactions with customers
	.782

	Creating added-value to customers 
	.812

	Customer service performance 
	.814

	Managers’ Negative Feedback Giving (Cronbach’s alpha = .95; composite reliability = .95; average variance extracted = .74)
	

	How often does your manager give you negative feedback on the following?
Customer service quality
	
.851

	Customer responsiveness 
	.880

	Product and service knowledge
	.831

	Manager’s customer service expectations 
	.905

	Social interactions with customers
	.876

	Creating added value to customers 
	.870

	Customer service performance 
	.812


Note: All factor loadings are significant at the p <.01 level.























Measurement Model

We conducted confirmatory factor analysis (CFA) to evaluate the validity and reliability of multi-item scales. The CFA resulted in a good fit (2 = 3410.96, df = 1714, Tucker-Lewis Index [TLI] = .944, Comparative Fit Index [CFI] = .947, Root Mean Square Error of Approximation [RMSEA] = .046). All factor loadings were significant (see Table WC.2), and Cronbach’s alpha and composite reliability scores for the scales were greater than .70 (see Table WC.3). The average variance extracted (AVE) scores exceeded the .50 threshold, and the square of the correlation between any two variables was less than their AVE values. These findings confirmed the multi-item scales’ convergent and discriminant validity.  

We further assessed the discriminant validity between PCSB and ERB and between negative feedback giving and positive feedback giving by conducting the heterotrait/monotrait (HTMT) test (Henseler et al., 2015; Voorhees et al., 2016). We computed the HTMT ratio as the mean of the item correlations between the two constructs (i.e., the heterotrait correlations) relative to the geometric mean of the average correlations for the items of each construct (i.e., the monotrait correlations) (Franke & Sarstedt 2018; Henseler et al., 2015). The HTMT ratio is .039 and .112 for the constructs of PCSB and ERB and the constructs of negative and positive feedback giving, respectively. As both ratios are well below the threshold value of .90 (i.e., if the constructs are conceptually similar) and .85 (i.e., if the constructs are conceptually distinct) (Henseler et al., 2015), we conclude that discriminant validity is supported (see Table WC.4).


Table WC.2   Measures and Factor Loadings (Study 1)

	
Scales 
	Factor Loading

	Managers’ Positive Feedback Giving
	

	How often does your manager give you positive feedback on the following?
Customer service quality
	
.947

	Customer responsiveness 
	.760

	Product and service knowledge
	.572

	Manager’s customer service expectations 
	.784

	Social interactions with customers
	.729

	Creating added-value to customers 
	.757

	Customer service performance 
	.747

	Managers’ Negative Feedback Giving
	

	How often does your manager give you negative feedback on the following?
Customer service quality
	
.776

	Customer responsiveness 
	.779

	Product and service knowledge
	.782

	Manager’s customer service expectations 
	.860

	Social interactions with customers
	.929

	Creating added value to customers 
	.944

	Customer service performance 
	.739

	Feedback-Based Goal Setting
	

	I use my manager’s feedback as a norm to set my customer service goals.
	.880

	I use my manager’s feedback to establish a personal goal to improve my customer service performance.
	.611

	I use my manager’s feedback to evaluate whether I meet my personal goals in serving customers.
	.906

	My manager’s feedback helps me define my customer service objectives.
	.797

	Proactive Customer Service Behavior
	

	I proactively share information with customers to meet their needs.
	.556

	I anticipate issues or needs customers might have and proactively develop solutions.
	.847

	I use my own judgment and understanding of risk to determine when to make exceptions or improvise solutions to customers.
	
.702

	I take ownership by following through with the customer interaction and ensure a smooth transition to other service employees.
	
.798

	I actively create partnerships with other service employees to better serve customers.
	.723

	I take initiative to communicate customer requirements to other service areas and collaborate in implementing solutions.
	
.938

	I proactively check with customers to verify that customer expectations have been met or exceeded.
	.782

	Leader-Member Exchange 
	

	I know where I stand with my manager.
	.638

	My manager understands my work problems and needs.
	.706

	My manager recognizes my potential.
	.876

	My manager would use his/her power to solve my work problems.
	.942

	I can count on my manager to “bail me out” when I really need it.
	.886

	I defend my manager’s decisions, even when (s)he is not around.
	.779

	My working relationship with my manager is effective.
	.702

	Customer Orientation 
	

	I must understand the needs of my customers.
	.514

	It is critical to provide value to my customers.
	.824

	I can perform my job better if I understand the needs of my customers.
	.925

	Understanding my customers will help me do my job better.
	.682

	I am primarily interested in satisfying my customers.
	.850

	Initiative Climate
	

	In this [WORK UNIT],
We (service employees) are encouraged to tackle service-related problems without being explicitly told by our manager.
	

.636

	We are expected to challenge tried and tested ways of doing things in customer service.
	.702

	When a service-related problem emerges, we are expected to address its root cause in such a way that the problem does not re-occur.
	
.792

	We are encouraged to solve service-related problems in a persistent manner.
	.679

	Customer-Directed Extra Role Behaviors
	

	I often go above and beyond the call of duty when serving customers
	.845

	I often willingly go out of my way to make a customer satisfied
	.738

	I voluntarily assist customers even if it means going beyond job requirements
	.796

	I often help customers with problems beyond what is expected or required
	.876

	Organizational Identification
	

	When someone praises this [hotel], I consider it a personal accomplishment.
	.705

	When I talk about this [hotel], I usually say “we” rather than “they”.
	.678

	I am very interested in what others think about this [hotel].
	.764

	This [hotel]’s successes are my successes.
	.780

	When someone criticizes this [hotel], I take it as a personal insult.
	.798

	If the media criticizes this [hotel], I feel embarrassed.
	.712

	Feedback Accuracy
	

	The performance feedback provided by my manager is very specific.
	.921

	The feedback I receive is an accurate assessment or portrayal of my performance.
	.913

	The information discussed in the performance feedback is accurate.
	.794

	Customer Service Performance
	

	Being friendly and helpful to customers
	.747

	Approaching customers quickly
	.764

	Asking good questions and listening to find out what a customer wants
	.786

	Being able to help customers when needed
	.830

	Pointing out and relating item features to a customer’s needs
	.745

	Suggesting items customers might like but did not think of
	.771

	Explaining an item’s features and benefits to overcome a customer’s objections
	.712


Notes: All factor loadings are significant at the p <.01 level.








Table WC.3   Descriptive Statistics, Reliabilities, and Intercorrelations (Study 1)

	Variables
	1
	2
	3
	4
	5
	6
	7
	8
	9
	10
	11
	12

	1. Experience (log)
	
	
	
	
	
	
	
	
	
	
	
	

	2. Feedback accuracy
	-.050
	
	
	
	
	
	
	
	
	
	
	

	3. Customer orientation 
	-.016
	.525**
	
	
	
	
	
	
	
	
	
	

	4. Leader-member exchange
	.023
	.077
	.165**
	
	
	
	
	
	
	
	
	

	5. Organizational identification
	.006
	.132**
	.097*
	.453**
	
	
	
	
	
	
	
	

	6. Feedback-based goal setting
	-.105*
	.121**
	.224**
	.409**
	.279**
	
	
	
	
	
	
	

	7. Proactive customer service behavior
	-.143**
	-.027
	.186**
	.263**
	.276**
	.539**
	
	
	
	
	
	

	8. Extra-role behavior
	.008
	.113*
	.152**
	.039
	.067
	.108*
	.057
	
	
	
	
	

	9. Managers’ positive feedback giving
	-.014
	-.011
	.096*
	.214**
	.236**
	.404**
	.147**
	.238**
	
	
	
	

	10. Managers’ negative feedback giving
	.099*
	-.026
	.004
	-.068
	.005
	-.109*
	.043
	.119**
	-.006
	
	
	

	11. Initiative climate
	-.013
	.164**
	.380**
	.249**
	.019
	.259**
	.161**
	.294**
	.217**
	.013
	
	

	12. Customer service performance
	-.012
	.087
	.088
	.196**
	.107*
	.054
	.105*
	.126**
	.087
	.091*
	-.060
	

	Mean
	1.13
	3.61
	3.73
	3.77
	3.67
	3.97
	4.08
	3.34
	3.63
	2.38
	2.54
	3.36

	SD
	.09
	.97
	.93
	1.08
	.98
	.55
	.70
	.91
	1.35
	1.19
	.56
	.86

	Cronbach’s alpha
	—
	.90
	.87
	.91
	.87
	.88
	.90
	.88
	.90
	.92
	.80
	.89

	Composite reliability
	—
	.91
	.88
	.92
	.88
	.88
	.91
	.89
	.91
	.94
	.80
	.91

	Average variance extracted
	—
	.77
	.60
	.64
	.55
	.65
	.60
	.67
	.58
	.69
	.50
	.59


Note: log = logarithmic transformation.
*p < .05; **p < .01 (two-tailed test)
Table WC.4   Heterotrait/Monotrait Analysis (Study 1)

	Variables
	1
	2
	3
	4
	5
	6
	7
	8
	9
	10
	11

	1. Feedback accuracy
	
	
	
	
	
	
	
	
	
	
	

	2. Customer orientation 
	.628
	
	
	
	
	
	
	
	
	
	

	3. Leader–member exchange
	.146
	.277
	
	
	
	
	
	
	
	
	

	4. Organizational identification
	.154
	.129
	.635
	
	
	
	
	
	
	
	

	5. Feedback-based goal setting
	.024
	.307
	.586
	.355
	
	
	
	
	
	
	

	6. Proactive customer service behavior
	.147
	.248
	.347
	.339
	.677
	
	
	
	
	
	

	7. Extra-role behavior
	.175
	.252
	.038
	.042
	.159
	.039
	
	
	
	
	

	8. Managers’ positive feedback giving
	.034
	.161
	.289
	.272
	.451
	.167
	.374
	
	
	
	

	9. Managers’ negative feedback giving
	.029
	.007
	.082
	.002
	.141
	.044
	.175
	.112
	
	
	

	10. Initiative climate
	.199
	.641
	.615
	.125
	.420
	.188
	.294
	.260
	.171
	
	

	11. Customer service performance
	.129
	.140
	.318
	.160
	.094
	.183
	.193
	.138
	.123
	.018
	




































Model Estimation (Study 1)

The data utilized in this study exhibits a nested structure, where service employees are nested within work units and hotels, and work units are nested within hotels. This intricate nesting suggests that the assumption of data independence, fundamental to the Ordinary Least Squares (OLS) technique, is likely to be violated. In the context of nested data with potential non-independence, it becomes imperative to simultaneously partition and model variances within units, between units, and between hotels to avoid bias in model testing. Consequently, we adopted a multilevel modeling approach to comprehensively analyze this complex data to gain deeper insights into relationships within and between units (Raudenbush & Bryk, 2002).

Considering this objective, we constructed a three-level model and defined variables within its framework. Specifically, variables such as positive/negative feedback from managers, feedback-based goal setting, proactive customer service behavior, customer service performance, control variables, and the alternative mediating variable (i.e., ERB) were designated to Level 1, corresponding to service employees. Meanwhile, initiative climate was classified as a Level 2 variable pertaining to work units. Although no hypothesized variables were assigned to Level 3 (hotels), we opted for a three-level model to account for unobserved variations across hotels.

The study commenced with two preliminary tests. Initially, we assessed the suitability of the three-level modeling approach by evaluating whether there is a significant variance in customer service performance among service employees across different work units and hotels. This involved employing a chi-square test on a null model (i.e., no variables predicting customer service performance). Additionally, we calculated the ICC(1) value, representing the variance proportion due to differences between work units and hotels. The findings demonstrated that 14% and 23% of the variance in customer service performance were attributed to differences between hotels (ICC(1) = .14; χ²(21) = 102.86, p < .01) and work units (ICC(1) = .23; χ²(43) = 338.16, p < .01), respectively. These significant chi-square test results (Bliese, 2000; Raudenbush et al., 2011), alongside ICC(1) values exceeding .05 (LeBreton & Senter, 2008), indicate a breach of the independence assumption inherent to the OLS technique. Consequently, the adoption of a three-level model is justified.

The second preliminary test focused on operationalizing the initiative climate at the work unit level. This required deriving a single score for each unit by aggregating service employees' responses. To achieve this, we computed the within-unit agreement score (median rwg), ICC(1), and ICC(2) for the reliability of unit-level means. The median rwg score of .88 surpassed the threshold of .70 (e.g., Bliese, 2002; LeBreton & Senter, 2008). Furthermore, ICC(1) at .15 exceeded .05, as reported by LeBreton & Senter (2008), while ICC(2) at .65 aligned with similar research (e.g., Hong et al., 2016). These results support the consensus among service employees within work units regarding the assessment of the initiative climate, justifying the statistical relevance of data aggregation[footnoteRef:1]. [1: The Additional Information on Model Estimation section provides detailed information on the within-group agreement, non-independence, and reliability in the multilevel modeling context.] 


During the process of model estimation, we took into consideration several factors, including random effects[footnoteRef:2] (intercepts and slopes), segregating lower-level latent variables into within-unit, between-unit, and between-hotel components to prevent potential conflation, and considering the cross-level interaction effect[footnoteRef:3] (feedback-based goal setting x initiative climate). We then tested a three-level, random effects model with the Bayes estimation option in Mplus 8.7 (Muthén & Muthén, 1998-2021). The Bayesian estimation, which employs the Monte Carlo algorithm with Gibbs sampling, is highly effective at converging complex models, producing results similar to the full information maximum likelihood estimator (Asparouhov & Muthén, 2010). Since the Bayesian estimation with random slopes does not provide conventional fit indices, we evaluated model fit and parsimony with the Deviation Information Criterion (DIC). We estimated the models until they reached the lowest potential scale reduction (PSR) value (i.e., < 1.05, see Zyphur & Oswald, 2015), ensuring stable parameter estimates. [2: We provide detailed information in the Additional Information on Model Estimation section.]  [3: We provide detailed information on the types of effects examined in the model in the Additional Information on Model Estimation section.

] 


Model testing adhered to standard procedures. Initially, the model underwent two rounds of testing (Preacher et al., 2016). We tested the model with only the main effects in the first stage. We then estimated the mediation model and introduced interaction effects in the next stage. While employee-level variables were group-mean centered at the unit level, initiative climate, and control variables were grand-mean centered (Hofmann & Gavin, 1998). Additionally, we employed the log-likelihood ratio test to determine the significance of the interaction-effects model compared to the main-effects model. Furthermore, we computed indirect effects and simple slopes using the Monte Carlo algorithm with Gibbs sampling (30,000 iterations), providing a bias-corrected 95% confidence interval (Preacher et al., 2010). 

We explored significant interaction effects by calculating simple slopes at high (+1SD) and low (-1SD) levels of the moderating variable, along with identifying Johnson-Neyman's region(s) of significance, utilizing an R-based computational tool developed by Preacher et al. (2006). While estimating the interaction effects model, we controlled for the interaction effect of initiative climate and feedback-based goal setting on extra-role behavior. As elaborated subsequently, measures were taken to minimize potential endogeneity bias during model estimation.


Additional Information on Model Estimation

1. Within-Group Agreement, Non-Independence, and Reliability in Multilevel Modeling

In multilevel modeling, reliability is measured using two forms of intraclass correlation coefficient (ICC), namely ICC(1) and ICC(2). The ICC(1) refers to the proportion of the total variance that can be explained by group membership (e.g., Bliese, 2002). LeBreton and Senter (2008, p. 838) suggest that “…values as small as .05 may provide prima facie evidence of a group effect.” The presence of group effect revealed by the significant ICC(1) value reveals that the data independence assumption of the OLS estimation technique is violated. Therefore, multilevel analysis is required (e.g., Raudenbush & Bryk, 2002). The ICC(2) refers to the reliability of the group mean and is used to determine whether creating a group-level variable through data aggregation is statistically justified (e.g., Bliese, 2002). However, unlike ICC(1), there is no definite threshold value for ICC(2). As LeBreton and Senter (2008, p. 839) note, “The commonly used cut point of .70 is by no means a definitive rule; …For researchers wanting to justify aggregation, … they set an a priori cut point for the value of ICC they feel acceptable given their particular research question and the quality of their measures.”

To obtain ICC(1) and ICC(2) values, we performed multilevel mixed effects regression in STATA with random effects and no predictors (i.e., null model) for the variables of interest to obtain  (variance of constant) and 2 (variance of residual). Then, ICC(1) and ICC(2) values are computed using the formulae below: 

ICC(1) = /(+2)

ICC(2) = k*(ICC1)/1+(k-1)*ICC(1)      
k= weighted group size


2. Random Effects Modeling

As Sridhar and Sriram (2015) note, controlling for all factors influencing the dependent variable(s) within a model may not be feasible. While we have incorporated observed heterogeneity by controlling for the impact of service employee- and work unit-level factors on the dependent variables, it remains imperative to avert potential biases in model estimation stemming from unobserved heterogeneity related to hotel-specific effects. According to Germann et al. (2015), in situations involving unobserved heterogeneity, an alternative strategy to mitigate this challenge is utilizing random effects estimates to address unobserved heterogeneity. To this end, we implemented a three-level, random effects (intercepts and slopes) model while employing the Bayes estimation option. This approach was selected to explicitly account for (1) work unit-specific random errors (residual effects) and (2) hotel-specific random errors (residual effects) within the model. The essence of random-effects modeling lies in its statistical robustness, allowing for the concurrent integration of variations within and between units, including variability between hotels when examining the influence of independent variables on dependent variables. In essence, this technique facilitates a more precise estimation of the envisaged relationships and their standard errors by simultaneously accommodating and modeling the variances present across these hierarchical levels (Raudenbush & Bryk, 2002). Nevertheless, as Rabe-Hesketh et al. (2004, pp. 167–68) state:

“[T]he latent variables, or random effects, can be interpreted as unobserved heterogeneity at the different levels inducing dependence among all lower–level units in the same higher-level unit. Whereas random intercepts represent heterogeneity between clusters in the overall response, random coefficients represent heterogeneity in the relationship between the response and explanatory variables.”


3. Two Types of Effects Investigated in the Model

Our model introduces two types of relationships: lower-level indirect effects and cross-level interaction effects. The lower-level (in)direct effect assesses whether a predictor variable at the lower level, specifically Level 1, influences an outcome variable at the same level through a mediating variable at Level 1, as Aguinis et al. (2013) described. In our model, the lower-level variables pertain to those operationalized for service employees, denoted as Level 1. Hypotheses 1a and 1b propose these lower-level indirect effects, indicating that feedback-based goal setting mediates the impact of positive and negative feedback on PCSB.

The cross-level interaction effect examines whether the relationship between two lower-level variables is contingent upon a higher-level variable (Aguinis et al., 2013). In our model, Hypothesis 2 introduces a cross-level interaction effect, suggesting that the strength of the association between feedback-based goal setting (at Level 1) and proactive customer service behavior (at Level 1) depends on the level of initiative climate (measured at Level 2, the work unit level). Specifically, this implies that the relationship is more pronounced or positively amplified when the initiative climate is characterized as high as opposed to low.


Model Specification (Three-Level Random Intercepts and Slopes Modeling)

A. Main Effects Model (Random Intercepts and Slopes)

We tested the proposed model with a three-level random (intercepts and slopes) modeling simultaneously. However, below is a disaggregated version of the model for each dependent variable after combining Level 1, Level 2, and Level 3 equations.

GOALijk = 000 + 100 (POSFEED) +200 (NEGFEED) + 300 (CONTROLS) + u10k (POSFEED) + 
r1jk (POSFEED) + u20k(NEGFEED) + r2jk (NEGFEED) + u00k + r0jk + eijk

PCSBijk = 000 +100 (GOAL) + 010 (INCLIM) + v01k (INCLIM) + v10k (GOAL) + z1jk (GOAL) + 
200 (CONTROLS) + v00k + z0jk + wijk

ERBijk = 000 + 100 (GOAL) + 010 (INCLIM) + t01k (INCLIM) + t10k (GOAL) + m1jk (GOAL) + 
200 (CONTROLS) + t00k + m0jk + pijk

CSPERFijk = 000 + 010 (INCLIM) + d01k (INCLIM) + 100 (PCSB) + d10k (PCSB) + t1jk(PCSB) +200 (ERB) + d20k (ERB) + t2jk (ERB) + 300 (CONTROLS) + d00k + t0jk + sijk

where:
PFEED = Manager positive feedback giving
NFEED = Manager negative feedback giving
GOAL =Feedback-based goal setting
PCSB = Proactive customer service behavior
ERB =Extra-role behavior
CSPERF =Customer service performance
INCLIM =Initiative climate

i = service employee (i = 1, ……, n)
j = work unit (j = 1, …..., n)
k = hotel (k = 1, …., n)
e, w, p, and s denote to Level 1 error terms (residual terms)
r, m, z, and t denote to Level 2 error terms (residual terms)
u, v, t, and d denote to Level 3 error terms (residual terms)
and denote to Level 3 fixed terms. 

Level 1, Level 2, and Level 3 equations used to create the combined equation for each dependent variable are as follows.

Feedback-Based Goal Setting

At Level 1 (Service Employee):
GOALijk = ojk + 1jk(POSFEED) + 2jk(NEGFEED) +3jk(CONTROLS) + eijk

ojk is Level 1 intercept 
1jk and 2jkare random coefficients
3jk is fixed effect as we do not identify controls as random coefficients
eijk  is Level 1 error terms (residuals)

At Level 2 (Work Unit Level):
ojk = 00k + r0jk
ıjk = 10k + r1jk
2jk = 20k + r2jk
3jk = 30k

’s are Level 2 fixed terms
r’s are Level 2 error terms (residuals)

At Level 3 (Hotel Level):
00k = 000 + u00k
10k = 100 + u10k
20k = 200 + u20k
30k = 300

’s are Level 3 fixed terms
u’s are Level 3 error terms (residuals)

Then, the combined (or mixed) form of the model is:

GOALijk = 000 + u00k + r0jk+ 100 (POSFEED) + u10k (POSFEED) + r1jk (POSFEED) + 200 (NEGFEED) + u20k (NEGFEED) + r2jk (NEGFEED) + 300 (CONTROLS) + eijk



Proactive Customer Service Behavior

At Level 1 (Service Employee):
PCBijk = ojk + 1jk(GOAL) + 2jk(CONTROLS) + wijk

ojk is Level 1 intercept 
1jk and 2jkare random coefficients
3jk is fixed effect as we do not identify controls as random coefficients
wijk  is Level 1 error terms (residuals)

At Level 2 (Work Unit Level):
ojk = 00k +01k (INCLIM) + z0jk
1jk = 10k + z1jk
2jk = 20k

’s are Level 2 fixed terms
z’s are Level 2 error terms (residuals)

At Level 3 (Hotel Level):
00k = 000 + v00k
01k = 010 + v01k
10k = 100 + v10k
20k = 200

’s are Level 3 fixed terms
v’s are Level 3 error terms (residuals)

Then, the combined (or fixed) form of the model is:

PCSBijk = 000 + v00k +010 (INCLIM) + v01k (INCLIM) z0jk + 100 (GOAL) + v10k (GOAL) + z1jk (GOAL) + 200 (CONTROLS) + wijk


Extra-Role Behavior

At Level 1 (Service Employee):
ERBijk = ojk + 1jk(GOAL) + 2jk(CONTROLS) + pijk

ojk is Level 1 intercept 
1jk and 2jkare random coefficients
3jk is fixed effect as we do not identify controls as random coefficients
pijk  is Level 1 error terms (residuals)

At Level 2 (Work Unit Level):
ojk = 00k +01k (INCLIM) + m0jk
1jk = 10k + m1jk
2jk = 20k

’s are Level 2 fixed terms
m’s are Level 2 error terms

At Level 3 (Hotel Level):
00k = 000 + t00k
01k = 010 + t01k
10k = 100 + t10k
20k = 200

’s are Level 3 fixed terms
t’s are Level 3 error terms (residuals)

Then, the combined (or mixed) form of the model is:

ERBijk = 000 + t00k +010 (INCLIM) + t01k (INCLIM) + m0jk + 100 (GOAL) + t10k (GOAL) + m1jk (GOAL) + 200 (CONTROLS) + pijk



Customer Service Performance

At Level 1 (Service Employee):
CSPERFijk = ojk + 1jk(PCSB) + 2jk(ERB) +3jk(CONTROLS) + sijk

ojk is Level 1 intercept 
1jk and 2jkare random coefficients
3jk is fixed effect as we do not identify controls as random coefficients
sijk  is Level 1 error terms (residuals)

At Level 2 (Work Unit Level):
ojk = 00k +01k (INCLIM) + t0jk
1jk = 10k + t1jk
2jk = 20k + t2jk
3jk = 30k

’s are Level 2 fixed terms
t’s are Level 2 error terms (residuals)

At Level 3 (Hotel Level):
00k = 000 + d00k
01k = 010 + d01k
10k = 100 + d10k
20k = 200 + d20k
30k = 300

’s are Level 3 fixed terms
d’s are Level 3 error terms (residuals)

Then, the combined (or mixed) form of the model is:

CSPERFijk = 000 + d00k +010 (INCLIM) + d01k (INCLIM) + t0jk + 100 (PCSB) + d10k (PCSB) + t1jk(PCSB) +200 (ERB) + d20k (ERB) + t2jk (ERB) + 300 (CONTROLS) + sijk


B. Interaction Effects Model

As in the main effects model, we tested the interaction effects model simultaneously. For the feedback-based goal setting (GOAL) and customer service performance (CSPERF) portions of the model, we tested the model as presented above. Below is a disaggregated version of the model for PCSB and ERB by taking into account the moderating role of initiative climate at Level 2. 

Proactive Customer Service Behavior

At Level 1 (Service Employee):
PCBijk = ojk + 1jk(GOAL) + 2jk(CONTROLS) + wijk

ojk is Level 1 intercept 
1jk and 2jkare random coefficients
3jk is fixed effect as we do not identify controls as random coefficients
wijk  is Level 1 error terms (residuals)

At Level 2 (Work Unit Level):
ojk = 00k +01k (INCLIM) + z0jk
1jk = 10k + 11k (INCLIM) +z1jk
2jk = 20k

’s are Level 2 fixed terms
z’s are Level 2 error terms (residuals)

At Level 3 (Hotel Level):
00k = 000 + v00k
01k = 010 + v01k
10k = 100 + v10k
11k = 110 + v11k
20k = 200

’s are Level 3 fixed terms
v’s are Level 3 error terms (residuals)

Then, the combined (or fixed) form of the model is:

PCSBijk = 000 +100 (GOAL) +010(INCLIM) + 110 (INCLIM)*(GOAL) + v01k (INCLIM) + v10k(GOAL) + v11k (INCLIM)*(GOAL) + z1jk (GOAL) + 200 (CONTROLS) + v00k + z0jk + wijk


Extra-Role Behavior

At Level 1 (Service Employee):
ERBijk = ojk + 1jk(GOAL) + 2jk(CONTROLS) + pijk

ojk is Level 1 intercept 
1jk and 2jkare random coefficients
3jk is fixed effect as we do not identify controls as random coefficients
pijk  is Level 1 error terms (residuals)

At Level 2 (Work Unit Level):
ojk = 00k +01k (INCLIM) + m0jk
1jk = 10k + m1jk
2jk = 20k

’s are Level 2 fixed terms
m’s are Level 2 error terms (residuals)

At Level 3 (Hotel Level):
00k = 000 + t00k
01k = 010 + t01k
10k = 100 + t10k
20k = 200

’s are Level 3 fixed terms
t’s are Level 3 error terms (residuals)

Then, the combined (or mixed) form of the model is:

ERBijk = 000 +100 (GOAL) +010(INCLIM) + 110 (INCLIM)*(GOAL) + t01k (INCLIM) + t10k(GOAL) + t11k (INCLIM)*(GOAL) + m1jk (GOAL) + 200 (CONTROLS) + v00k + z0jk + wijk



Controlling for Endogeneity (Study 1)

Our model is grounded in the notion that PCSB encompasses service employees taking proactive responsibility for service-related concerns while demonstrating self-initiated and anticipatory behaviors to enhance customer service (Raub & Liao, 2012). We also acknowledge that PCSB is not the sole driver of customer service performance; service employees may also engage in ERB by responding to customer requests, complaints, or service failures that do not necessarily fall within their job requirements. Therefore, we included ERB in our model as an additional factor affecting customer service performance. However, despite all these measures, PCSB may be subject to the influence of various factors omitted in our model. If correlated with the outcome variable (i.e., customer service performance), these omitted variables could introduce endogeneity bias. Therefore, we address this endogeneity bias using two approaches: selection-on-observables and selection-on-unobservables (Gill et al., 2017). 

Firstly, unobserved factors may impact PCSB while also exhibiting a correlation with customer service performance. The selection-on-observables approach presents a viable solution to address this potential issue of endogeneity bias, provided that all conceivable factors influencing PCSB are included in the model. As mentioned earlier in the section on control variables, we incorporate covariates at both the service employee level (i.e., experience, feedback accuracy, customer orientation, leader-member exchange, and organizational identification) and the work-unit level (i.e., initiative climate) during the estimation of customer service performance. Consequently, we consider all these factors while estimating customer service performance, which could provide alternative explanations for PCSB.

Secondly, for the selection-on-unobservables approach, Gill et al. (2017, p. 51) state that “the assumption that we can observe all the important variables is a strong one, so we must also consider the presence of unobservable variables.” Despite including various covariates to account for observed variations in customer service performance, it remains plausible that PCSB is affected by unobservable factors not included within the model. These omitted variables are likely to correlate with the error term in customer service performance, a common scenario giving rise to endogeneity bias. It should be noted that we used random effects in model estimation to account for the selection-on-unobservables at the service employee level.

We used the Gaussian copula technique to model the correlation between the endogenous variables and the error term of the dependent variables since the current database does not contain instrumental variables to correct the endogeneity bias (Park & Gupta, 2012). 

It is worth noting that since we define ERB as an alternative mediating variable parallel to PCSB, we assume that ERB is also endogenous to the model for the same reasons that apply to PCSB.

As Becker et al. (2022) state, the statistical power of the Gaussian copula approach is evaluated along with sample size, skewness, kurtosis, and nonnormality test statistics. As reported in the descriptive statistics below, the distribution of PCSB (skewness = -1.267) and ERB (skeweness = -.960) are skewed. The Kolmogorov-Smirnov test reveals that the variables do not fit the Bernoulli distribution (PCSB= 4.186, p < .01; ERB = 4.098, p < .01). According to the Shapiro-Wilk test, PCSB (W = .922, p < .01) and ERB (W = .924, p < .01) are not normally distributed. Similarly, the Anderson-Darling test statistic suggests that the variables are non-normally distributed (PCSB = 8.184, p < .001; ERB = 10.733, p < .001). Since the endogenous variables met the two assumptions of the Copula technique (Park & Gupta, 2012), we computed the inverse of the cumulative distribution functions. We added them to the model as control variables.

At this stage, we acknowledge the following: We use the Copula technique as we cannot find a variable in our data set that meets the instrumental variable criteria. Becker et al. (2022) state that a skewness level greater than 1.932 and the Anderson-Darling test statistic greater than 18.964 are required to achieve a power level of 80% in samples from 400 to 1000. Based on this, considering the sample size of Study 1 and the skewness and Anderson-Darling test statistic values of endogenous variables, we conclude that the Gaussian copula cannot reach the 80% power value. Therefore, future researchers should consider sample size constraints, skewness values, and non-normality test results when using the Copula technique.

	Descriptive Statistics

	
	
	
	
	
	
	Skewness
	Kurtosis

	
	N
	Min
	Max
	Mean
	SD
	Statistic
	Std. Error
	Statistic
	Std. Error

	ERB
	466
	1.00
	5.00
	4.1159
	.78698
	-1.267
	.113
	2.489
	.226

	PCSB
	466
	1.00
	5.00
	4.1863
	.61978
	-.960
	.113
	2.510
	.226


Density Plot for PCSB
[image: ]



Density Plot for ERB
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Table WC.5   Results of the Main Effects Model (Study 1)

	
	Feedback-Based Goal Setting
	Proactive Customer Service Behavior
	Extra-Role Behavior
	Customer Service Performance

	
Variables
	

	Posterior SD
	LLCI
(95%)
	HLCI
(95%)
	

	Posterior SD
	LLCI
(95%)
	HLCI
(95%)
	

	Posterior SD
	LLCI
(95%)
	HLCI
(95%)
	

	Posterior SD
	LLCI
(95%)
	HLCI
(95%)

	Covariates
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Experience (log)
	.079*
	.039
	.003
	.156
	-.081*
	.029
	-.137
	-.023
	-.078
	.044
	-.164
	.008
	.010
	.028
	-.045
	.065

	Feedback accuracy
	.200*
	.048
	.108
	.296
	.095*
	.036
	.023
	.166
	.214*
	.059
	.096
	.329
	.003
	.036
	-.068
	.073

	Customer orientation 
	-.017
	.053
	-.119
	.088
	.101*
	.039
	.023
	.178
	.214*
	.056
	.106
	.326
	.256*
	.042
	.172
	.340

	Leader-member exchange
	.122*
	.041
	.042
	.204
	-.003
	.031
	-.064
	.058
	.034
	.047
	-.057
	.125
	.010
	.032
	-.053
	.073

	Organizational identification
	.169*
	.040
	.089
	.247
	.097*
	.031
	.036
	.158
	-.015
	.046
	-.104
	.076
	.022
	.032
	-.041
	.084

	Initiative climate
	.340*
	.137
	.074
	.612
	.361*
	.146
	.071
	.653
	.404
	.255
	-.101
	.905
	-.041
	.088
	-.202
	.142

	Main Effects
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Managers’ positive feedback giving
	.146*
	.032
	.081
	.209
	
	
	
	
	
	
	
	
	
	
	
	

	Managers’ negative feedback giving
	.034
	.026
	-.016
	.085
	
	
	
	
	
	
	
	
	
	
	
	

	Feedback-based goal setting
	
	
	
	
	.349*
	.086
	.179
	.521
	.049
	.099
	-.143
	.252
	
	
	
	

	Proactive customer service behavior
	
	
	
	
	
	
	
	
	
	
	
	
	.186*
	.066
	.061
	.324

	Extra-role behavior
	
	
	
	
	
	
	
	
	
	
	
	
	.238*
	.062
	.118
	.363

	Endogeneity Correction (PCSB)
	
	
	
	
	
	
	
	
	
	
	
	
	.063
	.051
	-.038
	.163

	Endogeneity Correction (ERB)
	
	
	
	
	
	
	
	
	
	
	
	
	-.060
	.032
	-.123
	.003

	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Pseudo-R2
	
	.331
	
	
	
	.351
	
	
	
	.119
	
	
	
	.395
	
	


[bookmark: _Hlk60266150]Note: (1) The model fits the data well (estimated parameters = 76, DIC = 2254.68) with a significant improvement over the null model (∆DIC = 1237.37, df = 54). We reached the PSR value of 1.01 at the iteration of 10000. (2) log = logarithmic transformation. (3) The Bayesian estimation procedure provides posterior standard deviation (SD) instead of standard error. (4) Confidence intervals that do not cross zero indicate a significant effect at 95% (two-tailed test). (5) LLCI = Lower limit of confidence interval; ULCI = Upper limit of confidence interval.



















Table WC.6   Direct, Indirect, and Total Effects of Positive and Negative Feedback

	



Type of Feedback
	




Effect
	
Proactive Customer Service Behavior
(mediation through feedback-based goal setting)
	

Extra-Role Behavior
(mediation through feedback-based goal setting)
	Customer Service Performance
(serial mediation through feedback-based goal setting and proactive customer service behavior)
	
Customer Service Performance
(serial mediation through feedback-based goal setting and extra-role behavior)

	
	
	

	Post. SD
	LLCI
(95%)
	HLCI
(95%)
	

	Post. SD
	LLCI
(95%)
	HLCI
(95%)
	

	Post. SD
	LLCI
(95%)
	HLCI
(95%)
	

	Post. SD
	LLCI
(95%)
	HLCI
(95%)

	
Positive Feedback
	Direct Effect
	.123*
	.026
	.071
	.175
	-.004
	.040
	-.083
	.074
	.030
	.025
	-.018
	.079
	.030
	.025
	-.018
	.079

	
	Indirect Effect
	.044*
	.016
	.017
	.080
	.003
	.015
	-.026
	.034
	.007*
	.005
	.001
	.019
	.001
	.004
	-.007
	.009

	
	Total Effect
	.168*
	.030
	.110
	.228
	-.001
	.041
	-.082
	.080
	.037
	.025
	-.011
	.087
	.030
	.025
	-.018
	.080

	
Negative Feedback
	Direct Effect
	.037
	.020
	-.002
	.077
	.094*
	.030
	.036
	.153
	-.047*
	.019
	-.085
	-.010
	-.047*
	.019
	-.085
	-.010

	
	Indirect Effect
	.010
	.009
	-.005
	.030
	.000
	.004
	-.008
	.011
	.001
	.002
	-.001
	.006
	.000
	.001
	-.002
	.003

	
	Total Effect
	.048*
	.022
	.006
	.091
	.095*
	.030
	.036
	.154
	-.046*
	.019
	-.083
	-.008
	-.047*
	.019
	-.085
	-.010


Note: (1) We report posterior standard deviation (SD) with the lower and upper limit of confidence intervals within parenthesis. (2) Confidence intervals that do not cross zero indicate a significant effect at 95% (two-tailed test). (3) LLCI = Lower limit of confidence interval; ULCI = Upper limit of confidence interval. 

Fig WC.1		 Moderating Role of Initiative Climate



























Web Appendix D
Additional Analyses and Robustness Check (Study 1)

We (1) re-estimated the model with the OLS technique, (2) tested whether the composite variable of positive and negative feedback exerted a notable influence on feedback-based goal setting, (3) examined whether service employees’ perception of feedback accuracy moderates the relationship between managers' positive/negative feedback and feedback-based goal setting, (4) evaluated ERB as an additional mediator, (5) examined the serial mediation between positive feedback giving and customer service performance through goal-setting and PCSB, and (6) further investigated the moderating role of initiative climate in the model's proposed relationships. In addition to these analyses, we also addressed the issue of possible reverse causality (and/or simultaneity) between feedback valence and goal setting

Re-estimating the Model with OLS

As Germann et al. (2015) highlight, Ordinary Least Squares (OLS) estimation, a robust data modeling approach, assumes that no control variable significantly correlated with the dependent and independent variables is omitted from the model. When all pertinent control variables are accurately identified, OLS effectively leverages both the within-group and between-group aspects of the data during the estimation process. In line with this principle, we re-estimated the model using the OLS technique to validate the internal validity of our findings. In addition to the control variables operating at the service employee and work unit levels, we introduced work unit and hotel dummies as supplementary control variables within the model. Notably, our analysis demonstrated that the outcomes of the OLS estimation align harmoniously with those derived from the random-effects model (see Table WD.1)

Feedback as a Composite Variable

Given the unique effects of positive and negative feedback on feedback-based goal setting, we conducted an additional analysis. We created a combined variable by averaging service employees' responses to both types of feedback. We used this variable as a proxy for valence-free feedback. However, we found that the composite variable was related significantly to feedback-based goal setting (γ = 0.081, Posterior SD = 0.043, 95% CI [-0.003, 0.164]). This finding underscores the necessity of distinguishing between positive and negative feedback to understand their unique impacts on feedback-based goal setting.

Moderating Role of Feedback Accuracy

We examined whether service employees’ perception of feedback accuracy moderates the relationship between positive/negative feedback and feedback-based goal setting. The results of our additional analyses revealed otherwise. Specifically, feedback accuracy does not moderate the relationship between positive feedback and feedback-based goal setting (positive feedback x feedback accuracy: γ = -.035, Posterior SD = .041, 95% CI [-.117, .046]) and the relationship between negative feedback and feedback-based goal setting (negative feedback x feedback accuracy: γ = -.030, Posterior SD = .041, 95% CI [-.110, .049]). Despite the absence of a moderating role, it is important to underscore the notable impact of perceived feedback accuracy on feedback-based goal setting. This effect persists independently of its interplay with feedback valence. These findings highlight the significance of perceived feedback accuracy in goal setting.
 
Alternative Mediating Variable
 
As noted previously, we included ERB as an alternative mediating variable in the model. Therefore, we also examined whether ERB overlaps conceptually with PCSP and whether ERB is redundant. This test also enabled us to test the net effect of feedback-based goal setting on PCSB and, in turn, on customer service performance even after controlling for ERB in the model. As Table 3 reports, feedback-based goal setting is not related to ERB ( = .049, 95% CI [-.143, .252]), whereas ERB is related significantly to customer service performance ( = .238, 95% CI [.118, .363]) even after controlling for PCSB. In addition, the interaction of initiative climate with feedback-based goal setting is not related significantly to ERB ( = .096, 95% CI [-.334, .543]). These findings further demonstrate that ERB and PCSB are theoretically distinct constructs that uniquely affect customer service performance.
 
Serial Mediation
 
We reported earlier that feedback-based goal setting mediates the relationship between positive feedback giving and PCSB, as the indirect effect of positive feedback giving on PCSB is significant. In light of this finding, we also tested the indirect effect of positive feedback on customer service performance through feedback-based goal setting and PCSB (i.e., serial mediation). The serial mediation effect is significant ( = .007, 95% CI [.001, .019]), suggesting that positive feedback giving is related significantly to customer service performance through feedback-based goal setting and PCSB (Table 3 in the text).
 
Alternative Models
 
We tested whether initiate climate moderates the relationship between positive/negative feedback giving and feedback-based goal setting (i.e., Alternative Model 1) and ERB/PCSB and customer service performance (i.e., Alternative Model 2). Alternative Model 1 revealed that the interaction effects of initiative climate with positive feedback giving ( = -.072, 95% CI [-.260, .109]) and negative feedback giving ( = -.170, 95% CI [-.326, .001]) were not related to feedback-based goal setting. Similarly, Alternative Model 2 revealed that the interaction effects of initiative climate with PCSB (= -.255, 95% CI [-.624, .114]) and ERB ( = .187, 95% CI [-.134, .508]) were not related to customer service performance. These findings supported the robustness of our proposed model.

Reverse Causality

We formulated the hypothesis, which posits a relationship between managers’ feedback-giving and employees’ goal-setting, with a robust theoretical foundation. Nevertheless, self-regulation theory suggests that performance feedback, a situational factor, is pivotal in shaping an employee’s goal-setting process by directing their attention toward specific task-related aspects (Carver & Scheier, 1998; DeShon et al., 2004). Extensive prior research has consistently shown that when employees respond to performance feedback by setting goals, it enhances subsequent performance by fostering increased effort and the development of effective strategies (DeShon et al., 2004). Our study empirically examines the influence of performance feedback on goal setting. We measure manager feedback at T1 and employee goal setting at T2 while maintaining a temporal sequence.

However, it is essential to acknowledge that the temporal ordering approach, while informative, may not eliminate concerns related to the simultaneity of feedback giving and goal setting. The self-regulation process is dynamic and encompasses various stages, including goal setting, effort demonstration, feedback reception, and subsequent adjustments to set goals (DeShon et al., 2004). In this intricate process of self-regulation, it is plausible that a service employee’s initial goal-setting behavior could lead to either positive or negative feedback from their manager. For instance, setting unrealistic goals might result in negative feedback, whereas setting accurate and attainable goals could lead to favorable feedback. Consequently, a complex situation arises where it becomes challenging to disentangle whether positive or negative feedback influences goal setting or if goal setting influences the feedback received. Our study cannot completely address the possibility of endogeneity stemming from simultaneity or reverse causality. To mitigate these concerns, future researchers should consider employing a repeated measures design, akin to panel data, which allows for examining changes in manager feedback and employee goal setting over time. Such an approach can help establish a more robust causal relationship and better rule out endogeneity concerns.



Table WD.1   OLS Estimation

	
	Main Effects Model
	Interaction Effects Model

	
	
Feedback-Based Goal Setting
	Proactive Customer Service Behavior
	
Extra-Role Behavior
	Customer Service Performance
	
Feedback-Based Goal Setting
	Proactive Customer Service Behavior
	
Extra-Role Behavior
	Customer Service Performance

	Variables
	b
	SE
	b
	SE
	b
	SE
	b
	SE
	b
	SE
	b
	SE
	b
	SE
	b
	SE

	Covariates
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Experience (log)
	.090*
	.042
	-.088*
	.036
	-.074
	.050
	.022
	.029
	.090*
	.042
	-.092*
	.036
	-.073
	.050
	.022
	.029

	Feedback accuracy
	.235**
	.052
	.134**
	.044
	.274*
	.062
	.030
	.036
	.235**
	.052
	.138**
	.042
	.273**
	.062
	.030
	.036

	Customer orientation 
	-.012
	.057
	.209**
	.048
	.277**
	.067
	.272**
	.040
	-.012
	.057
	.202**
	.048
	.278**
	.067
	.272**
	.040

	Leader-member exchange
	.243**
	.050
	-.003
	.043
	.093
	.060
	.002
	.033
	.243**
	.050
	.005
	.042
	.091
	.060
	.002
	.033

	Organizational identification
	.238**
	.046
	.165*
	.038
	.004
	.054
	.008
	.031
	.238**
	.046
	.163**
	.038
	.004
	.054
	.008
	.031

	Covariate/Moderator
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Initiative climate (1)
	.358
	.266
	.472*
	.222
	.875**
	.313
	.393*
	.181
	.358
	.266
	-.053
	.181
	.139
	.256
	.393*
	.181

	Main Effects
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Managers’ positive feedback giving
	.099*
	.032
	
	
	
	
	
	
	.099*
	.032
	
	
	
	
	
	

	Managers’ negative feedback giving
	.036
	.025
	
	
	
	
	
	
	.036
	.025
	
	
	
	
	
	

	Feedback-based goal setting (2)
	
	
	.237*
	.041
	-.113
	.060
	
	
	
	
	.246*
	.041
	-.115
	.057
	
	

	Proactive customer service behavior
	
	
	
	
	
	
	.205**
	.040
	
	
	
	
	
	
	.205**
	.040

	Extra-role behavior
	
	
	
	
	
	
	.161*
	.028
	
	
	
	
	
	
	.161*
	.028

	Interaction Effect
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	1x2
	
	
	
	
	
	
	
	
	
	
	.188*
	.085
	-.039
	.121
	
	

	Endogeneity Correction (PCSB)
	
	
	
	
	
	
	.107*
	.047
	
	
	
	
	
	
	.107*
	.047

	Endogeneity Correction (ERB)
	
	
	
	
	
	
	-.070*
	.028
	
	
	
	
	
	
	-.070*
	.028

	Work unit/Hotel Dummies
	Yes
	
	Yes
	
	Yes
	
	Yes
	
	Yes
	
	Yes
	
	Yes
	
	Yes
	

	R2
	.450
	
	.444
	
	.319
	
	.510
	
	.450
	
	.449
	
	.318
	
	.510
	


Note: log = logarithmic. 
*p < .05; **p < .01 (two-tailed test)
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Fig.WE.1 Model 
Feedback-Giving Condition
(0=Positive feedback giving; 1= negative feedback giving)
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Stimuli

Positive Feedback Manipulation
Imagine that you have just received your performance appraisal. 
Your manager mentioned that you have performed well, scoring in the top 10th percentile.
Specifically, you did well in the following areas: 
 
	 
	Performance 

	Customer Service Quality
	Exceeded Standards

	Customer Responsiveness
	Exceeded Standards

	Product & Service Knowledge
	 

	Manager's Customer Service Expectations
	 

	Social Interactions with Customers 
	Exceeded Standards

	Creating Added value to Customers 
	Exceeded Standards



Negative Feedback Manipulation
Imagine that you have just received your performance appraisal. 
Your manager mentioned that you have underperformed, scoring in the bottom 10th percentile.
Specifically, you need to improve in the following areas: 
 
	 
	Performance 

	Customer Service Quality
	Below Standards

	Customer Responsiveness Below Standards
	Below Standards

	Product & Service Knowledge
	 

	Manager's Customer Service Expectations
	 

	Social Interactions with Customers 
	Below Standards

	Creating Added value to Customers 
	Below Standards





















Measurement Model

The CFA indicated a good fit to the data (2 = 67.52, df = 32; TLI = .971; CFI = .979; RMSEA = .061). All factor loadings were significant (Table WE.1), Cronbach’s alpha and composite reliability scores were higher than .70, and the AVE scores were higher than .50 (Table WE.2). These findings confirmed the convergent validity of the scales.

Due to high correlations between the focal constructs, we established the discriminant validity of the scales in multiple ways. First, the square of the correlation (i.e., shared variance) between any two variables was lower than the AVE values of these variables. Second, the HTMT ratios were below the threshold value of .90 (i.e., for conceptually similar constructs) and .85 (i.e., for conceptually distinct constructs) (Henseler et al., 2015) (Table WE.3). Third, comparing the three-factor (i.e., hypothesized) model with alternative models suggested that the three-factor model fit the data better than other models (Table WE.4). These findings provided further support for the discriminant validity of the constructs.

Table WE.1   Measures and Factor Loadings

	
Scales
	Factor Loading

	Feedback Accountability 
	

	To what extent do the following statements describe your attitudes towards your manager's feedback? 
It will be my responsibility to apply my manager’s feedback to improve my performance
	

.766

	I will not feel a sense of closure until I respond to my manager’s feedback
	.572

	Now that my manager has given me feedback, it will be my responsibility to respond to it
	.842

	Feedback Utility
	

	To what extent do the following statements describe your attitudes towards your manager's feedback? 
My manager’s feedback will contribute to my success at work
	

.810

	My manager’s feedback will be critical for improving performance
	.810

	My manager’s feedback will help me advance in a company
	.786

	Feedback-Based Goal Setting
	

	Do the following statements describe how you will respond to your manager's feedback?   
I will use my manager’s feedback as a norm to set my customer service goals 
	
.849

	I will use my manager’s feedback to establish a personal goal to improve my customer service performance
	
.828

	I will use my manager’s feedback to evaluate whether I meet my personal goals in serving customers
	
.818

	My manager’s feedback will help me define my customer service objectives
	.857


Notes: All factor loadings are significant at the p <.01 level.







Table WE.2   Descriptive Statistics, Reliabilities, and Intercorrelations

	Variables
	2
	3
	4
	5

	1. Manager’s feedback giving condition
	
	
	
	

	2. Feedback accountability
	-.134*
	
	
	

	3. Feedback utility
	.116*
	.600*
	
	

	4. Feedback-based goal setting
	.034
	.567**
	.665**
	

	Mean
	-
	5.34
	5.30
	5.43

	SD
	-
	1.04
	1.12
	1.17

	Cronbach’s alpha
	-
	.73
	.84
	.90

	Composite reliability
	-
	.78
	.84
	.90

	Average variance extracted
	-
	.54
	.64
	.70


Notes: (1) log = logarithmic transformation. (2) Manager’s feedback-giving condition (1=Positive feedback giving; 0= negative feedback giving)
*p < .05; **p < .01 (two-tailed test).




Table WE.3   Heterotrait/Monotrait Analysis

	Variables
	1
	2
	3

	1. Feedback accountability
	
	
	

	2. Feedback utility
	.766
	
	

	3. Feedback-based goal setting
	.687
	.763
	



	



Table WE.4	Alternative Model Tests

	Model
	2
	df
	2
	df
	TLI
	CFI
	RMSEA

	Three-factor model
	
	
	67.52
	.32
	.971
	.979
	.061

	Two-factor model 1
(FU and FA are combined)
	
71.59
	
2
	
139.11
	
34
	
.919
	
.939
	
.102

	Two-factor model 2
(FA and GS are combined)
	
139.63
	
2
	
207.15
	
34
	
..867
	
.900
	
.131

	Two-factor model 3
(FU and GS are combined)
	
139.87
	
2
	
207.39
	
.34
	
.867
	
.899
	
.131

	One-factor model
(FU , FA, and GS are combined)
	

233.33
	

3
	

300.85
	

35
	

.802
	

.846
	

.160


Notes: FU = Feedback utility, FA = Feedback accountability, GS =Feedback-based goal setting.
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[bookmark: _Hlk146142188]Stimuli

Mixed Feedback Manipulation  

Imagine that you just received the following performance appraisal:
 
	Employee Name
	Participant’s name

	[image: A green circle with a number of text

Description automatically generated]
Average Performance 
(50th percentile of employees)
	Overall Performance
Participant’s name has met the expectations in his/her role. While (s)he provides exceptional customer service quality and remarkable social interactions, addressing issues related to customer responsiveness and product & service knowledge will contribute to a more positive and effective customer service experience.
 
Customer Service Quality
· Consistently delivers a high standard of customer service.
· Consistently goes the extra mile to ensure customer satisfaction and consistently receives positive feedback from customers regarding his/her service quality.
Customer Responsiveness
· Responsiveness to customer inquiries has been inconsistent during the appraisal period.
Product & Service Knowledge
· In some cases, customers have received inaccurate or incomplete information, which has led to confusion.
Social Interactions with Customers 
· His/her friendly and approachable demeanor creates a welcoming atmosphere that helps customers feel valued and comfortable.

	 
	Improvement 
While Participant’s name has met the basic requirements for his/her role, additional training to strengthen customer service skills and product & service knowledge is required. Additionally, continued training in advanced customer service techniques could enhance his/her performance.















Positive Feedback Manipulation

Imagine that you just received the following performance appraisal:
 
	Participant’s Name
	Participant’s Name

	[image: A green circle with a number of percentages

Description automatically generated]
Outstanding Performance 
(top 90th percentile of employees) 
	 Overall Performance
Participant’s Name has consistently exceeded expectations in his/her role. His/her exceptional customer service quality, responsiveness, extensive product and service knowledge, and remarkable social interactions showcase his/her dedication to providing a superior customer experience.

Customer Service Quality
· Consistently delivers a high standard of customer service.
· Consistently goes the extra mile to ensure customer satisfaction and consistently receives positive feedback from customers regarding his/her service quality.
Customer Responsiveness
· Promptly addresses customer requests, ensuring minimal wait times and quick resolution of issues.
Product & Service Knowledge
· Possesses a deep understanding of products and services.
· His/her comprehensive product knowledge enhances customer confidence and contributes to increased sales and customer loyalty.
Social Interactions with Customers 
· His/her friendly and approachable demeanor creates a welcoming atmosphere that helps customers feel valued and comfortable.

	 
	Improvement 
While Participant’s Name has excelled in various aspects of his/her role, there is always room for growth. Encouraging further leadership development, continued training in advanced customer service techniques, and cross-functional collaboration could enhance his/her already impressive performance.




















Negative Feedback Manipulation 

Imagine that you have just received the following performance appraisal:
 
	Employee Name
	Participant’s Name

	[image: A circular chart with a number of percentages

Description automatically generated]
Poor Performance
(bottom 10 percentile of employees)
	Overall Performance
Although Participant’s Name has shown potential in his/her role, there are areas that require attention and improvement. Addressing issues related to customer service quality, responsiveness, product and service knowledge, and social interactions will contribute to a more positive and effective customer service experience.

Customer Service Quality
· There have been instances where the quality of service has fallen short of expectations.
· Some customer feedback indicates that his/her solutions lacked thoroughness, leading to further follow-up interactions to resolve the same issues.
Customer Responsiveness
· Responsiveness to customer inquiries has been inconsistent during the appraisal period.
Product & Service Knowledge
· In some cases, customers have received inaccurate or incomplete information, which has led to confusion.
Social Interactions with Customers 
· While Participant’s Name generally maintains a polite demeanor, there have been isolated instances where his/her interactions lacked warmth and empathy.

	 
	Improvement
While Participant’s Name has the potential to fulfill his/her role, additional training on customer service skills and product & service knowledge is strongly recommended. Additionally, continued training in advanced customer service techniques is required to meet performance expectations. 



Measurement Model

The CFA indicated a good fit to the data (2 = 87.32, df = 32; TLI = .959; CFI = .971; RMSEA = .079). All factor loadings were significant (Table WF.1), Cronbach’s alpha and composite reliability scores were higher than .70, and the AVE scores were higher than .50 (Table WF.2). These findings confirmed the convergent validity of the scales.

We established the discriminant validity of the scales in multiple ways. First, the square of the correlation (i.e., shared variance) between any two variables was lower than the AVE values of these variables. Second, the HTMT ratios were below the threshold value of .90 (i.e., for conceptually similar constructs) and .85 (i.e., for conceptually distinct constructs) (Henseler et al., 2015) (Table WF.3). Third, comparing the three-factor (i.e., hypothesized) model with alternative models suggests that the three-factor model fits the data better than other models (Table WF.4). These findings provided further support for the discriminant validity of the constructs.


Table WF.1   Measures and Factor Loadings

	
Scales
	Factor Loading

	Feedback Accountability 
	

	To what extent do the following statements describe your attitudes towards your manager's feedback? 
It will be my responsibility to apply my manager’s feedback to improve my performance
	

.791

	I will not feel a sense of closure until I respond to my manager’s feedback
	.824

	Now that my manager has given me feedback, it will be my responsibility to respond to it
	.603

	Feedback Utility
	

	To what extent do the following statements describe your attitudes towards your manager's feedback? 
My manager’s feedback will contribute to my success at work
	

.900

	My manager’s feedback will be critical for improving performance
	.766

	My manager’s feedback will help me advance in a company
	.842

	Feedback-Based Goal Setting
	

	Do the following statements describe how you will respond to your manager's feedback?   
I will use my manager’s feedback as a norm to set my customer service goals 
	
.877

	I will use my manager’s feedback to establish a personal goal to improve my customer service performance
	
.886

	I will use my manager’s feedback to evaluate whether I meet my personal goals in serving customers
	
.888

	My manager’s feedback will help me define my customer service objectives
	.877


Notes: All factor loadings are significant at the p <.01 level.






Table WF.2   Descriptive Statistics, Reliabilities, and Intercorrelations

	Variables
	1
	2
	3

	1. Feedback accountability
	
	
	

	2. Feedback utility
	.377**
	
	

	3. Feedback-based goal setting
	.524**
	.620**
	

	Mean
	5.50
	4.98
	5.53

	SD
	.90
	1.39
	1.17

	Cronbach’s alpha
	.78
	.87
	.93

	Composite reliability
	.79
	.88
	.93

	Average variance extracted
	.56
	.70
	.78


*p < .05; **p < .01 (two-tailed test).


Table WF.3   Heterotrait/Monotrait Analysis

	Variables
	1
	2
	3

	4. Feedback accountability
	
	
	

	5. Feedback utility
	.559
	
	

	6. Feedback-based goal setting
	.667
	.691
	




Table WF.4	Alternative Model Tests

	Model
	2
	df
	2
	df
	TLI
	CFI
	RMSEA

	Three-factor model
	
	
	87.32
	32
	.959
	.971
	.079

	Two-factor model 1
(FU and FA are combined)
	
176.29
	
2
	
263.61
	
34
	
.840
	
.879
	
.156

	Two-factor model 2
(FA and GS are combined)
	
129.84
	
2
	
217.16
	
34
	
.872
	
.903
	
.139

	Two-factor model 3
(FU and GS are combined)
	
224.53
	
2
	
311.85
	
34
	
.806
	
.854
	
.171

	One-factor model
(FU , FA, and GS are combined)
	

344.18
	

3
	

431.50
	

35
	

.731
	

.791
	

.202


Notes: FU = Feedback utility, FA = Feedback accountability, GS =Feedback-based goal setting.


Table WF.5   Means and Standard Deviations Across the Conditions

	
	Mixed Feedback
	Positive Feedback  
	Negative Feedback  

	Variables
	Mean
	SD
	Mean
	SD
	Mean
	SD

	Feedback Utility  
	4.62a
	1.31
	5.81
	.83
	4.52a
	1.53

	Feedback Accountability 
	5.47b,c
	.85
	5.35b
	.87
	5.66c
	.95


Notes. (1) N = 279. (2) Mean values sharing the same subscript in each row do not differ.
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