Supplementary Materials

1. Concurrent validity of ad hoc social media items 
Table S1. Inter-item correlations between ad hoc social media items and BSMAS
	
	1
	2
	3
	4
	5
	6

	1. Attention to social feedback
	1
	
	
	
	
	

	2. Sensitivity to negative comments
	.50a
	1
	
	
	
	

	3. Knowing all followers personally
	-.32a
	-.23a
	1
	
	
	

	4. Use of filters
	.34a
	.29a
	-.15b
	1
	
	

	5. Appearance-related concern
	.60a
	.47a
	-.29b
	.55b
	1
	

	6. Upward social comparison
	.23a
	.34a
	-.18b
	.29b
	.33b
	1

	7. BSMAS total score
	.42c
	.47c
	-.28d
	.23d
	.40d
	.44d



Note. Correlation matrix produced by the mixedCor function of the ‘psych’ package. aPolychoric correlation, bTetrachoric correlation, cPolyserial correlation, dBiserial correlation.


2. Latent Class Analysis (LCA) 
A LCA was conducted to examine whether a similar categorization of the sample could be obtained based on the social networks used, compared to the standard method applied in the article (a cluster analysis using k-medoids and Gower’s distance).

Table S2. Comparison of Bayesian Information Criterion (BIC) between different LCA models according to number of classes.
	
	BIC

	2 classes
	34097.68

	3 classes
	33599.72

	4 classes
	32949.85

	5 classes
	32946.90

	6 classes
	32931.25

	7 classes
	32977.39

	8 classes
	33045.13



The 6-class model showed the lowest BIC, coinciding with the cluster analysis.

Table S3. Average probability (%) of the sample in each cluster belonging to each class of LCA.
	
	Class 1
	Class 2
	Class 3
	Class 4
	Class 5
	Class 6

	Cluster 1
	0.0
	0.0
	8.2
	79.5
	0.4
	11.9

	Cluster 2
	0.0
	4.9
	4.2
	24.4
	46.1
	20.3

	Cluster 3
	0.0
	0.2
	0.2
	22.4
	75.7
	1.5

	Cluster 4
	0.0
	8.2
	10.7
	0.0
	81.1
	0.0

	Cluster 5
	0.0
	58.5
	4.2
	1.5
	3.7
	32.2

	Cluster 6
	100.0
	0.0
	0.0
	0.0
	0.0
	0.0



Cluster 6 and Class 1 completely overlapped; while Cluster 1 and Class 4, as well as Cluster 5 and Class 2, showed a strong overlap. However, Clusters 3 and 4 were merged into Class 5, and Cluster 2 was also partially integrated into this class, though it was more dispersed across other classes.

3. Use of platforms for each cluster
Table S4. Observed users of each platform in each cluster, % (n)
	
	Cluster 1 
(n = 700)
	Cluster 2 
(n = 1553)
	Cluster 3 
(n = 481)
	Cluster 4 
(n = 1104)
	Cluster 5 
(n = 789)
	Cluster 6 
(n = 84)

	WhatsApp
	83 (581)
	92.9 (1443)
	89.2 (429)
	98.3 (1085)
	95.9 (757)
	0 (0)

	Youtube
	89.6 (627)
	100 (1553)
	0 (0)
	70.9 (783)
	97.2 (767)
	0 (0)

	TikTok
	0 (0)
	85.4 (1326)
	86.9 (418)
	95.7 (1056)
	92 (726)
	0 (0)

	Instagram
	0 (0)
	77.8 (1208)
	85.7 (412)
	91.5 (1010)
	84.4 (666)
	0 (0)

	BeReal
	5.4 (38)
	0 (0)
	0 (0)
	100 (1104)
	36.2 (286)
	0 (0)

	Twitch
	50 (7.1)
	0 (0)
	0 (0)
	0 (0)
	100 (789)
	0 (0)

	X/Twitter
	1.7 (12)
	6.6 (103)
	3.1 (15)
	6.2 (68)
	29.7 (234)
	0 (0)

	Snapchat
	12 (84)
	11.8 (183)
	6.4 (31)
	18.6 (205)
	17.6% (139)
	0 (0)

	None
	0 (0)
	0 (0)
	0 (0)
	0 (0)
	0 (0)
	100 (84)


 


4. Network analyses
Figure S1. Expected influence for networks involving social media behaviors (left) and PSMU indicators (right).
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Figure S2. Edge accuracy and centrality stability for the network involving social media behaviors[image: ][image: ]
Figure S3. Edge accuracy and centrality stability for the network involving PSMU indicators
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