7. Supporting Information
S1 Table: Deep learning models hyperparameter details

	Hyperparameters
	CNN
	RNN
	LSTM
	CNN-LSTM

	Split ratio
	80:10:10
	80:10:10
	80:10:10
	80:10:10

	Shuffle
	False
	False
	False
	False

	Batch size
	32
	32
	32
	32

	Epochs
	50
	50
	50
	50

	Hidden Layers
	4
	1
	2
	6

	Learning rate
	0.001
	0.001
	0.001
	0.001

	Optimization algorithm
	Adam
	Adam
	Adam
	Adam

	Activation Function
	ReLU
	ReLU
	Tanh
	ReLU

	Loss function
	MSE
	MSE
	MSE
	MSE




S2 Table: Deep learning models architecture details 
	Model
	Architecture

	CNN
	Sequential(name='cnn')
Conv1D(filters=64, kernel_size=2, activation='relu', 
               input_shape=(n_steps, n_features))
MaxPooling1D(pool_size=2)
Flatten()
Dense(50)
Dense(n_out)

	RNN
	Sequential(name='rnn')
SimpleRNN(50, input_shape=(n_steps, n_features), activation='relu')
Dense(n_out)

	LSTM
	Sequential(name='lstm')
LSTM(50, input_shape=(n_steps, n_features), return_sequences=True)
LSTM(units=50)
Dense(n_out)

	CNN-LSTM
	Sequential(name='cnn-lstm')
TimeDistributed(Conv1D(filters=64, kernel_size=1, activation='relu' ),   
                            input_shape=(None, n_steps, n_features))
TimeDistributed(MaxPooling1D(pool_size=2))
TimeDistributed(Flatten())
LSTM(50, activation='relu')
Dense(n_out)

	Note:
n_steps = n_in = previous time steps = 12
n_out = next time steps = 3
n_features = no of predictor variables = 5
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