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Appendix A
	Dimension
	Task-related AI ownership
	Discretion in AI-assisted work

	Definition
	Self-ascribed responsibility and control over AI-contributed task outputs, including duty to verify and right to accept/edit/reject, culminating in willingness to sign off.
	Bounded latitude to decide whether/when/how to use AI, how to prompt/constrain it, which acceptance thresholds to apply, and when to escalate.

	Target
	The output of the episode (document, analysis, code) and its provenance.
	The process choices within the episode.

	Time scale
	Episodic; may reset each task.
	Episodic; fluctuates with risk, role, SOPs.

	Hallmark language/behaviors
	“I’ll put my name on it.” “I won’t ship this without checking X.” Edits/rejections; provenance stamping; peer-tag requests.
	Opt-in/opt-out of AI; prompt redesign; lowering/raising acceptance thresholds; invoking one-minute pause; triggering peer review.

	Boundary conditions
	Weak under anonymous authorship, pure drafting by others, or mandatory auto-ship.
	Tight under high-risk tiers, regulated deliverables, or hard SOP locks.

	Not to confuse with
	Psychological or legal ownership of data/tools.
	Job autonomy or formal decision rights.

	Primary outcomes
	Perceived authorial accountability; auditability; deliverable quality.
	Appropriate reliance on AI; efficiency without safety loss.


[bookmark: _Hlk215776600]Table 1: Construct Box: Ownership & Discretion in AI-assisted Task Episodes
Appendix B
Interview Guide
Block 0: Introduction
Q0.1 Do you consent to the interview being recorded, to the use of software for automatic transcription, and the content being used for anonymized publication?
Q0.2 What is your current job title/role?
Q0.3 How many years of professional experience do you have since graduating?
Block 1: Motivation and areas of application of LLMs
Q1.1 How long have you been using LLMs?
Q1.2 Which LLMs do you use for work?
Q1.3 How frequently do you use them? (Likert scale: several times daily, daily, several times weekly, weekly, monthly)
Q1.4 Why do you use LLMs? What do you hope to get out of them? (e.g., convenience, higher productivity, etc.)
F1.5 For what types of tasks do you use LLMs? Could you give examples of tasks you have completed solely with the LLM (i.e., one person to one LLM)? (creative tasks, organizational tasks, repetitive tasks, software development, inspiration?)
Q1.6 Are there examples of tasks where the results are passed on to third parties? (e.g., emails, code, IT strategies, …)
Block 2: Approaches/techniques/strategies for working with the LLM
Q2.1 Do you prefer other LLMs over the <name of the organization-internal GPT> for completing work tasks?
Q2.2 Could we look at two to three chats with GPT that are typical of your usage and contain multi‑step interactions?
Q2.3 When you work with LLMs: how do you integrate LLMs into your workflow? Have you developed routines or approaches when solving a problem or working on a task? Are these visible in the chat log we are reviewing?
  Q2.3.1 What is the first action you take when starting a task with an LLM? Why?
  Q2.3.2 Are there steps or things you typically do while executing the task? Why?
  Q2.3.3 How do you decide how much to use GPT?
  Q2.3.4 How do you determine when to stop working with GPT on the task? (One might have a single interaction, or interact with the system for hours—when is it enough?)
  Q2.3.5 Do you tend to use the LLM more at the beginning or the end of the task? Why?
Q2.4 Have you ever felt that using it was a waste of time? What do you do in response?
Q2.5 Do you perform a quality check of the results and, if so, how and why? Do you use the LLM’s outputs directly? How has the quality of the results changed (if applicable)?
Q2.6 Have you discovered approaches that do not work for you? Which ones, and why? Have you further developed or adapted your approach?
Q2.7 What (ethical) concerns do you have when using LLMs for work tasks? (data protection/privacy, bias, transparency) How do you address these concerns?
Block 3: Signs/causes of changes in responsibility and ownership
Q3.1 How do you view your role when collaborating with an LLM?
Q3.2 Do you still feel just as autonomous in completing your tasks as before using GPT?
Q3.3 How does working with the LLM affect you and your sense of responsibility for the work task? Do you notice a difference compared to before?
  Q3.3.1 After using GPT, do you feel more or less responsible for the work task?
  Q3.3.2 How does the use of LLMs affect the distribution of responsibility for a work task?
  Q3.3.3 Do you feel that the proportion of LLM use affects your responsibility for the task? (e.g., 90% LLM use vs. 10% own processing)
Q3.4 How do you integrate the use of GPT into your daily workflows without your sense of responsibility suffering?
  Q3.4.1 What measures do you take to ensure that your sense of responsibility does not suffer even when you use LLMs? Have you already taken any? (Please provide an example.)
  Q3.4.2 To what extent do you feel responsible for decisions that are made based on LLM results?
  Q3.4.3 How do you deal with errors that result from using LLMs? Do you feel responsible for these errors?
  Q3.4.4 To what extent do you feel responsible for reviewing and controlling the content generated by LLMs?
Q3.6 Do the work results feel different when you produced them with an LLM instead of alone (or with Google)? Do you experience them as your result or success, or as a result of the technology?
  Q3.6.1 Follow-up: Do you feel similarly responsible? Do you experience a similar sense of achievement?
  Q3.6.2 If not, why do they not feel different? (process responsibility/curation, accountability, etc.)
  Q3.6.3 If yes, why and in what ways do they feel different? (Do they also feel different compared to the results you produced with Google?)
Q3.7 Who owns the results of a prompt?
  Q3.7.1 From what point is it your result?
Q3.8 Do you disclose to the people for whom you create results *(e.g., clients)* that you used an LLM?
  Q3.8.1 Are your contributions and the LLM’s contributions distinguishable?
  Q3.8.2 Has feedback on your work product ever been directly attributable to working with the LLM (positive or negative)?
Q3.9 How do you assess your control over task quality when you use LLMs? (Do you accept lower quality?)
Q3.10 Do you see any negative consequences of working with the LLM? What positive consequences do you see from using LLMs?
Block 4: Closing
Q4.1 Is there anything we did not address in the interview that you would like to add?

Appendix C
Coding Guide
	Main category
	Definition
	Coding rule
	Anchor example

	K1 Impact on responsibility and sense of responsibility
	Includes the effects of LLM use on employees’ sense of responsibility and responsibility awareness.
	Apply this code when statements concern the perception and assumption of responsibility. Includes descriptions of change or continuity in taking responsibility and methods for handling responsibility.
	“I’m not responsible for the results of the prompts; I’m responsible for the further use of what the LLM has produced.” (I3)

	K2 Work Archetypes
	Classify the form of work for each episode along two dimensions from Davenport (2005):(1) Nature of work — Routine ⇄ Interpretive/Judgment, (2) Degree of collaboration — Individual ⇄ Group
	Assign exactly one K2.x per episode. Use the decision prompts below.
	“template,” “SOP,” “batch,” “tickets,” “When I use the LLM to draft standard operating procedures, it feels like routine work that I could do on my own, but the tool just speeds it up.” (I7)

	K3 Ownership attribution of results
	Includes all perceptions respondents have regarding ownership of results that arise when using LLMs.
	Apply this code when an assignment of ownership for LLM-assisted results is described.
	“I wouldn’t say it belongs to me—that I’m the owner. I’d say it’s a gray area. I think it’s kind of half and half.” (I5)

	K4 Discretion Dimension (cross-code)
	Unlike Ownership (a responsibility continuum), Discretion is represented as a four-category action code attached to each episode independently of Ownership level.
 
	Discretion captures the degree and manner in which a human knowledge worker acts on an LLM-generated suggestion before (or instead of) letting it enter a deliverable. It traces the micro-decisions that signal critical engagement—ranging from unquestioned acceptance to outright rejection.
	“Trash,” “not relevant,” “didn’t trust it,”. “I kept it exactly as it was.” (I2)

	K5 Risk (High vs Low)
	Use alongside episode-level content, especially where respondents discuss concerns, consequences, or safeguards. 
	Code as high or low risk.
	“client-facing,” “legal/compliance,” “confidential/PII,” “If I use the LLM for client-facing documents a mistake could have legal or compliance implications.” (I12) → High Risk “When I let the LLM brainstorm a list of ideas for internal discussion, it doesn’t matter if half of them are off-base.” (I6) → Low Risk



 
 
K1 – Impact on responsibility and sense of responsibility
	Subcategory
	Definition
	Coding rule
	Anchor example

	1.1 LLM is not a factor
	Includes statements indicating that using LLMs has no influence on the sense of responsibility or responsibility awareness and that no change has occurred.
	Apply this code when it is described that LLM use does not change or influence the sense of responsibility and responsibility awareness.
	“No. The responsibility still lies with me, and I decide how I do it. That doesn’t change the responsibility.” (I5)

	1.2 LLM as an influencing factor
	Includes statements indicating that using LLMs changes the sense of responsibility or responsibility awareness.
	Apply this code when it is described that LLM use weakens or strengthens the sense of responsibility and responsibility awareness.
	“When I use it, my autonomy is relatively low: I enter what I want, get my answer back, correct it again or ask again, and then just check whether it fits. So that has really decreased.” (I4)

	1.3 Impact on work ethic / leaning back
	Includes statements describing respondents’ work ethic and how LLM use influences it, including any tendency to rely on the technology and lean back.
	Apply this code when it is described how LLM use changes work ethic, especially regarding leaning back or relying on the technology.
	“No, that doesn’t match my personality either. I’d rather produce more than sit back.” (I10)

	1.4 Handling errors
	Includes statements describing how employees deal with errors resulting from LLM use and to what extent they see these errors as their responsibility.
	Apply this code when it is described how employees handle errors and assume or disclaim responsibility for errors caused by LLMs.
	“Errors happen regardless of who makes them, and in the end it’s probably my error because I didn’t check carefully enough. Because I didn’t notice the error—whatever the case.” (I5)


 K2 – Work Archetypes (episode-level; single choice)
	Subcategory
	Definition
	Coding rule
	Anchor example

	K2.1 Transaction (Individual × Routine)
	Standardized, repeatable tasks done by one person; clear inputs/outputs; SOPs/templates exist. Common AI use. Fill/clean/format, draft from template, extract fields, rewrite for style, routine Q&A. 
	Include when a single person follows a known pattern with light judgment and correctness is easily testable. Exclude if multiple people coordinate predictable handoffs (→ K2.2 Integration) or if the work is judgment-heavy/original (→ K2.3 Expert).
	“template,” “SOP,” “batch,” “tickets,” “boilerplate,” “mail merge,” “standard section.” “I let the LLM reformat a batch of references into new style; it’s just a mechanical task I could do myself but faster.” (I8)

	K2.2 Integration (Group × Routine)
	Routine coordination across roles/teams; stitching components, handoffs, reconciliations, status roll-ups. Common AI use. Summarize across sources, harmonize formats, draft handoff notes/checklists, produce dashboards.
	Include when multiple contributors exchange predictable parts or status in a known process. Exclude if one person is simply following a template end-to-end (→ K2.1 Transaction) or if the group is co-creating novel content/meaning (→ K2.4 Collaboration).
	“handoff,” “workflow/pipeline,” “merge inputs,” “reconcile,” “RACI,” “gate,” Each department uploads their numbers, and I run them through the LLM to generate a consolidated weekly report for leadership.” (I7)

	K2.3 Expert (Individual × Interpretive/Judgment)
	Non-routine analysis or creation requiring domain judgment, original argumentation, or bespoke design by an individual. Common AI use. Ideation, outlining, heavy rewriting, deep refactors, literature synthesis with judgment calls.
	Include when one person makes substantive domain judgments or crafts novel content. Exclude if the content is templated with light edits (→ K2.1 Transaction) or if multiple people share authorship/meaning-making (→ K2.4 Collaboration).

	“diagnose,” “interpret,” “bespoke,” “craft an argument,” “original analysis,” “SME decision.” “I asked the LLM for options on how to redesign our pitch, but I had to decide which angle really fits our market and customers.” (I10)

	K2.4 Collaboration (Group × Interpretive/Judgment)
	Open-ended co-creation/consensus work by multiple people; meaning-making, strategy, design, policy wording. Common AI use. Facilitate workshops/brainstorms, propose options, generate straw-man docs, synthesize multi-party feedback, track issues.
	Include when multiple people jointly create or decide under ambiguity; content evolves through discussion/consensus. Exclude if the group is merely routing predictable parts/status (→ K2.2 Integration) or if a single SME clearly owns the interpretive call (→ K2.3 Expert).

	“co-create,” “workshop,” “whiteboard,” “rounds of review,” “consensus,” “working group,” “comments/PRs.” “In our product team meeting, we used the GPT to draft different taglines, then discussed which one best matched US.” (I9)



K3 – Ownership attribution of results[footnoteRef:1] [1:  Pilot calibration showed that collapsing Ownership levels erased meaningful differences in accountability language, whereas splitting Discretion beyond four created unstable, overlapping edit actions.] 

	Subcategory
	Definition
	Coding rule
	Anchor example

	K3.1 No Ownership
	Participant treats the output as external, unclaimed; responsibility lies with “the model.”
	• Uses distancing pronouns (“it wrote,” “the X-GPT said”).
• Declines to sign off / refuses inclusion.
• No edits beyond disposal.
	“I tossed that paragraph—the model generated it, not me, and it made no sense for the client.” (B6) “I don’t even know whether it can ever be one‑hundred percent my result if this tool was involved. Yes… I don’t know.” (I7)

	K3.2 Low/ Delegated
	Output passes through with minimal edits and only perfunctory acknowledgement of origin. Human accepts but does not feel answerable for its correctness.
	• Quick paste-in, maybe surface tweaks.
• Attribution statements absent or reluctant (“created by X-GPT, I guess”).
• Justification: time pressure, low-stake section.
	“Honestly, I barely skimmed it. Copied, fixed typos, shipped—it’s just the glossary.” (I3)
“It’s more the technology’s success. It doesn’t have much to do with me anymore.” (I9)

	K3.3 Partial / Co-Authored
	Human and LLM share authorship; participant feels some responsibility but credits the model for substance.
	• Mentions “co-writer,” “first draft from X GPT.”
• Substantive edits (re-ordering, adding missing arguments).
• Will sign deliverable only after additional peer/verifier checks.
	“The structure is theirs, but I filled gaps and re-phrased jargon to match our style guide.” (I11)

	K3.4 Shared / Joint Stewardship
	Participant perceives equal responsibility; iteratively prompts, critiques, and integrates model text. Final output embodies a negotiated synthesis.
	• Multiple prompt–review cycles.
• Explicit reflection (“I made sure we were not overstating the numbers”).
• Ready to defend content in meetings.
	“After a couple of refinement rounds, we converged on wording both of us.” (I3)

	K3.5 High / Human Ownership
	Model serves as tool; human asserts full authorship and accountability for meaning, tone, and consequences. Model text is heavily transformed or merely sparking ideas.
	• Statements like “I own every line,” “LLM just gave me bullet ideas.”
• Extensive rewriting or paraphrasing; model fragments unrecognizable.
• Voluntary disclosure of origin to stakeholders.
	“Because I believe it’s my content that’s been revised and optimized. It isn’t content generated by the tool—substantively. Exactly. That’s where I’d draw the line: it’s not content produced by the AI; it’s revised content.” (I6)
“I used X GPT for brainstorming, but the final copy is entirely my voice; I’d vouch for it in court.” (I9)

	
	
	
	


 
K4 – Discretion Dimension
	Subcategory
	Definition
	Coding rule
	Anchor example

	4.1 Accept
	LLM text is inserted with no conceptual edits—at most spelling/formatting tweaks.
	Fact-checking that yields no textual change (e.g., participant confirms numbers are correct but leaves wording untouched)
	“Looks fine, I just pasted it.”
“I kept it exactly as it was.”

	4.2 Modify/ Lite
	Human paraphrases for plagiarism avoidance but preserves structure & points
	Apply this code when Human performs surface-level stylistic changes (tone, length, brand voice) without altering substance or argument.
	“I shortened sentences,” “made it sound more formal,” “swapped buzzwords.”

	4.3 Modify/ Substantial
	Adds/removes arguments, restructures logic.
	Apply this code when Human re-structures or extends content: adds new arguments, deletes claims, re-orders logic, or cross-checks facts. Core meaning shifts due to human intervention.
	“I rewrote the second half,” “changed examples to match German context,” “verified numbers in SAP.”

	4.4 Reject
	Discards output entirely.
	Apply this code when output is fully discarded and does not enter the deliverable. May prompt a new query or revert to manual writing.
	“Trash,” “not relevant,” “didn’t trust it,” laughter / dismissal.

	 
	 
	 
	 


 K5 – Risk (High vs Low)
	Subcategory
	Definition
	Coding rule
	Anchor example

	5.1 High Risk
	The respondent frames the situation as carrying meaningful external or irreversible consequences if the LLM output were wrong, leaked, or misunderstood. 
	Audience/exposure: Client-facing, regulatory, or public deliverables; legal/compliance ramifications are mentioned. Data sensitivity: Personal, confidential, or policy-restricted data handling (privacy/PII, contractual secrecy). Consequence: Financial, legal, reputational, or safety impact is plausible; errors are owned as serious or require escalation/peer review. Controls invoked because of stakes: Mandatory human sign-off, peer review, redaction, disclosure to stakeholders, or refusing LLM use for the task.
	 “client-facing,” “legal/compliance,” “confidential/PII,” “we can’t paste this,” “needs sign-off,” “could damage trust.” “I would never paste customer account data into the LLM—it’s confidential and could violate compliance rules.” (I3) “For reports that go to the regulator, we double-check everything and don’t rely on the AI wording without legal review.” (I6) “This email is client-facing; if the tone was wrong, it could damage trust.” (I12)

	5.2 Low Risk
	The respondent frames the situation as internal, reversible, and low-impact if the LLM output were wrong or mediocre.
	Audience/exposure: Internal notes, drafts, brainstorming, templates, or low-stakes sections (e.g., glossary). Data handling: No sensitive data involved; generic or anonymized inputs. Consequence: Errors are easily caught/rolled back; the cost of being wrong is low (time only). Lightweight controls: Quick self-check, minor edits, or direct use because the stakes are low.
	Signal phrases: “just internal,” “draft/brainstorm,” “non-critical,” “okay if slightly off,” “quick paste.” “I used the LLM to brainstorm a list of ideas for our team meeting—it didn’t matter if some were off.” (I7) “It’s just for my own draft notes; I’ll clean it up before anyone else sees it.” (I2) “I let the LLM generate placeholder text for the template, since it’s non-critical and easy to swap out.” (I9)
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