Appendices
Appendix 1: Inductive Coding Rules for the Conceptual Article Organization 
The following table provides an overview of the concrete inductive coding rules for the conceptual article organization, which we applied within the third step of the systematic literature review.
	Inductive coding rules for the conceptual article organization (third step of systematic literature review)

	Actor
	Consider all passages that define, describe, exemplify, or provide relevant commentary on the characteristics of an actor. 

	Agent
	Consider all passages that define, describe, exemplify, or provide relevant commentary on the characteristics of an agent.

	Beneficiary
	Consider all passages that define, describe, exemplify, or provide relevant commentary on the characteristics of a beneficiary.

	Resource
	Consider all passages that define, describe, exemplify, or provide relevant commentary on the characteristics of a resource.


Table 1: Inductive coding rules for the conceptual article organization

Appendix 2: Inductive Coding Rules for Theoretical Synthesis/Category System
The following table presents our inductive coding rules for the theoretical in-text synthesis. It can also be understood as a qualitative category system that provides an overview of the key conceptual characteristics associated with resources, actors, and agents, which serve as central concepts for classifying artificial intelligence in service science.
	Inductive coding rules for theoretical synthesis/category system 
(fourth step of systematic literature review)

	Category
	Definition

	Resources
	Universal
	Ontological Status
	Each characteristic related to the fundamental nature, existence, perceived “resourceness”, or materiality of a potential resource.

	
	
	Role in Value Co-Creation
	Each characteristic related to how a potential resource contributes to, enables, or is integrated (by actors) within value co-creation processes during service encounters.

	
	
	Emergence, Dynamism, and Heterogeneity
	Each characteristic related to the ways in which a potential resource emerges, evolves, changes, or displays diversity and variability in form, function, or composition.

	
	
	Embeddedness
	Each characteristic related to how a potential resource is situated within, influenced by, or embedded in broader institutional, social, or systemic contexts.

	
	
	Access, Control, and Distribution
	Each characteristic related to the mechanisms, conditions, or limitations governing how a potential resource can be accessed, possessed, controlled, exchanged, or distributed (by actors).

	
	Operand
	Ontological Status
	Each characteristic related to the fundamental nature, existence, or materiality of a potential operand resource.

	
	
	Role in Value Co-Creation
	Each characteristic related to how a potential operand resource contributes to, enables, or is utilized in value co-creation processes.

	
	
	Complexity and Replicability
	Each characteristic related to the degree of complexity or replicability of a potential operand resource.

	
	
	Finiteness
	Each characteristic related to the exhaustibility, depletion, or limited availability of a potential resource.

	
	Operant
	Ontological Status
	Each characteristic related to the fundamental nature, existence, or immateriality of a potential operant resource.

	
	
	Role in Value Co-Creation
	Each characteristic related to how a potential operant resource contributes to, enables, or actively drives value co-creation processes.

	
	
	Access, Control, and Distribution
	Each characteristic related to the mechanisms, conditions, or limitations governing how a potential operant resource can be accessed, controlled, or distributed.

	
	
	Complexity and Replicability
	Each characteristic related to the degree of complexity or replicability of a potential operant resource.

	
	
	Infiniteness
	Each characteristic related to the potential for continuous development, renewal, or inexhaustibility of a potential operant resource.

	
	
	Hierarchical Order
	Each characteristic related to the structuring, bundling, or arrangement of a potential operant resource into more complex or composite resource configurations.

	
	
	Network Facilitation
	Each characteristic related to the capacity of a potential operant resource to enable, expand, or facilitate (resource) networks and ecosystem interactions.

	Actors
	Systemic Positioning
	Each characteristic related to positions/roles potential actors can assume during service encounters.

	
	Resource Integration
	Each characteristic related to the ability to access, integrate, and recombine resources through the application of actor-specific operant resources.

	
	Goal Directedness and Learning
	Each characteristic related to the capacity to learn and intentionally act toward achieving specific goals.


	Beneficiaries
	Conditions for Value Co-Creation
	Each characteristic related to traits or abilities that constitute conditions for value co-creation, particularly regarding the capacity to receive value.

	
	Process of Value Co-Creation
	Each characteristic related to participation in value co-creation.

	
	Outcome of Value Co-Creation
	Each characteristic related to the ability to experience and evaluate value co-creation practices and value propositions in order to determine value.

	Agents
	Ontological Status
	Each characteristic related to the fundamental nature, existence, or identity of a potential agent.

	
	Autonomy and Intentionality
	Each characteristic related to the capacity of a potential agent to act (intentionally or on behalf of actors), make choices, or pursue goals.

	
	Enacting (Collective) Agency
	Each characteristic related to the ability of a potential agent to act, influence, or participate individually or as part of a collective in service systems.

	
	Functional Role and Accountability
	Each characteristic related to the specific functions, responsibilities, or forms of accountability assumed by a potential agent.


Table 2: Inductive coding rules for theoretical synthesis/category system


Appendix 3: In-Depth Description of Identified Characteristics
The following extended results offer an in-depth elaboration of the characteristics and their specific relationships, further detailing the main findings presented in Section 4.1.
3.1	Resource Characteristics
3.1.1	Basic/Fundamental Resource Characteristics
Perhaps the most fundamental characteristics of resources lie in their ontological properties [R.1]: resources do not possess an inherent state of “resourceness” (i.e., resources do not exist per se) (Greer et al., 2017; Kleinaltenkamp et al., 2024; Lusch & Vargo, 2012) or intrinsic value (Peters et al., 2014; Vargo & Lusch, 2014). Rather, they exist merely as potential until recognized and activated within a specific context. From an SDL perspective, anything an actor can draw on for support can be a resource (Lusch & Nambisan, 2015; Vargo & Lusch, 2017): the identification of something as a resource is an actor-defined accomplishment (Chandler & Lusch, 2015; Kleinaltenkamp et al., 2024), contingent on its perceived or anticipated capacity to contribute to value creation. Generally, resources may be tangible and visible, such as technologies, infrastructures, or physical goods, or intangible and invisible, such as knowledge, skills, or relationships (Lusch & Nambisan, 2015; Lusch et al., 2016; Maglio et al., 2009), or combinations thereof, facilitating their distribution and recombination (Faulkner & Runde, 2019) [R.2].
The ability of a resource to realize value depends, regardless of its materiality, on the fact that resources unfold their value potential when integrated by actors, enabling value co-creation [R.3]. (Potential) Resources can be mobilized, applied, and integrated with other resources in service exchanges (Vafeas & Hughes, 2020; Vargo & Lusch, 2008b) by actors in processes of multidirectional and mutual value co-creation (Baraldi et al., 2024; Lusch & Vargo, 2006; Vargo, 2008). Such integration is inherently transformative: resources can be configured, reconfigured, and recombined to align with contextual requirements (Razmdoost et al., 2019; Weigand et al., 2018). Mere possession is insufficient: value emerges only when resources are actively orchestrated and applied within service exchanges (von Briel & Recker, 2016).
Resources are emergent, dynamic, and heterogeneous in nature, resulting in a wide variety of typological approaches. New resources emerge through the integration and recombination of existing ones (Lusch & Vargo, 2012; Razmdoost et al., 2019) [R.4], with the potential for an almost limitless variety of outcomes depending on how actors combine and apply what is available (Carrillo et al., 2019). Such integration not only adds to the collective pool of resources within a service ecosystem (Higa & Davidson, 2017) but can also alter the underlying structure of the system itself (Greer et al., 2017; Siltaloppi & Vargo, 2014). Over time, this continual recombination expands the scope of possible resource constellations and drives the evolution of the ecosystem. Consequently, resources are highly dynamic in nature [R.5]. Resources are not static entities but are continuously evolving (Hughes et al., 2018; Peters et al., 2014): “essentially, resources are not, they become” (Vargo & Lusch, 2004, p. 2). This dynamism results from their ongoing integration, reconfiguration, and renewal within service ecosystems (Lusch & Vargo, 2012; Razmdoost et al., 2019), where resources are shaped and reshaped as new actors and resources enter, others leave, and interactions unfold (Frow et al., 2014). Accordingly, resources must be understood as contextually becoming rather than fixed (Kleinaltenkamp et al., 2024). Therefore, resources are highly heterogeneous, exhibiting diverse features and forms [R.6]. This heterogeneity implies that resources are not uniform or interchangeable (Baraldi et al., 2012; Baraldi et al., 2024; Vargo et al., 2020; Williams & Aitken, 2011) but vary in ways that shape how they can be combined and applied in value co-creation. 
In addition to their dynamism and heterogeneity, resources are always embedded within broader systemic contexts [R.7]. Resources are never isolated but are always situated within institutional, social, and cultural structures that shape how they are defined, accessed, and used. This also relates to an entity’s status as a resource (Baraldi et al., 2024; Polese et al., 2021; Vargo et al., 2024), as their perceived value is inherently contextual, depending on the specific constellations in which they are brought together and moderated by the availability of other resources (Kleinaltenkamp et al., 2024; Lusch & Vargo, 2011). As parts of broader systems and networks, resources derive their features and economic significance from these interconnections (Alter, 2011; Chandler & Lusch, 2015; Storbacka & Nenonen, 2011), while institutions and social norms regulate their categorization, accessibility, and legitimacy (Razmdoost et al., 2023).
A further key characteristic of resources concerns their accessibility and distribution across systems [R.8]. Resources can be acquired and mobilized from diverse private, public, or market sources (Zeng et al., 2023), and they may be internal or obtained through exchange relationships (Lusch & Vargo, 2006). Typically, resources are controlled, e.g., by a (service) system or by actors (Jaakkola & Hakanen, 2013; Poels, 2010) and tied to an actor or a firm at a given point in time (Storbacka & Nenonen, 2011) [R.9]. However, access is not always guaranteed, as integration may be constrained by an inability to obtain or release them (Razmdoost et al., 2019). Their heterogeneous distribution across a system’s entities (Arnould, 2008) shapes how and by whom resources can be leveraged.
3.1.2	Operand Resource Characteristics
Operand resources are typically tangible and visible (Barnes et al., 2009; Chipp et al., 2019; Lusch, 2011) [R.d.1]. They provide the material basis that enables service provision and collaboration (Da Silva & Cardoso, 2025). However, operand resources may not always be material or may have nonmaterial components (Faulkner & Runde, 2019). While materiality does not always allow for a clear-cut classification of operand resources, their passivity constitutes a defining and unambiguous characteristic [R.d.2]. Operand resources are treated as inert entities (Poels, 2010; Vargo, 2008; Vargo et al., 2008) that cannot realize value on their own (Babb & Keith, 2012; Vargo et al., 2024). Instead, they require the intervention of operant resources, e.g., human skills or knowledge, to be activated and to generate effects in service provision (Lusch, 2011; Vargo et al., 2024). In this sense, operand resources serve as the “empty canvas” upon which operant resources act to create value (Babb & Keith, 2012; Vargo et al., 2024).
Building on their passivity, operand resources primarily function as infrastructure or distribution mechanisms for knowledge and service provision and thus value co-creation [R.d.3]. While goods-dominant logic positions physical inputs as the central basis of value creation (Fujita et al., 2018; Nam & Lee, 2010), SDL assigns them a secondary role relative to operant resources (Akaka & Vargo, 2014; Vargo & Lusch, 2017). Consequently, operand resources enable the flow and application of knowledge but do not, by themselves, constitute value co-creation.
Beyond that, operand resources typically exhibit a high degree of standardization, which makes them easier to replicate or reverse-engineer (Barnes et al., 2009) [R.d.4]. Their predefined form enables straightforward integration into resource constellations, contrasting with the more complex and contextual nature of operant resources (Jaakkola & Hakanen, 2013). Finally, from a traditional perspective, operand resources are typically regarded as finite and exhaustible [R.d.5], limiting their availability for repeated use (Higa & Davidson, 2017). For instance, raw materials or energy resources, as operand resources, are consumed during production and thus constrain further service provision.
3.1.3	Operant Resource Characteristics
Operant resources are typically intangible and invisible [R.t.1], taking forms such as knowledge, skills, relationships, or organizational routines that remain difficult to observe directly (Ballantyne & Varey, 2006; Read et al., 2009; Vikström et al., 2024). Their immateriality distinguishes them from operand resources, yet operant resources are not limited to abstract forms: they may also have physical manifestations or be embodied in technologies (Baron & Warnaby, 2011). Importantly, not every nonmaterial object should automatically be considered operant. What ultimately distinguishes operant resources more clearly is not their form but their function: operant resources can act purposefully on other resources, thereby producing effects [R.t.2] (Greer et al., 2017; Vargo & Lusch, 2008a, 2017). Operant resources are active participants in service processes, also described as “active agents” in value co-creation (Hughes et al., 2012; Hughes & Vafeas, 2018; Vargo & Lusch, 2004), shaping interactions and outcomes rather than remaining passive inputs acted upon. In line with that, human actors are often regarded as operant resources in SDL, as they integrate operand resources, exerting authoritative capabilities over them (Baron & Warnaby, 2011; Vargo, 2008; Vargo & Lusch, 2008a).
Operant resources, especially knowledge, are considered the basic unit of exchange (Michel et al., 2008) and the fundamental source of value creation (Caridà et al., 2019; Madhavaram & Hunt, 2008) [R.t.3]. Their application equals service provision (Lusch & Vargo, 2011), underscoring that they constitute the fundamental source of value co-creation. Unlike operand resources, they are not distribution mechanisms for service provision but actively drive value co-creation.
Another distinguishing characteristic is that operant resources are typically acquired, mobilized, and accessed through interaction and acquisition processes (Chipp et al., 2019) [R.t.4]. More specifically, operant resources are accessed through dynamic processes such as dialogue, education, or engagement in market exchanges (Babb & Keith, 2012; Fujita et al., 2018; Hughes & Vafeas, 2018). While they can occasionally be exchanged directly or embedded into objects (Michel et al., 2008), facilitating a direct exchange, their transfer is often difficult compared to operand resources (Windasari et al., 2017).
Operant resources are inherently more dynamic (prone to change) than operand resources [R.t.5] (Barnes et al., 2009; Maglio et al., 2009; Vargo & Lusch, 2017), as they depend on continuous exchange, development, and renewal (Ballantyne & Varey, 2006). Through integration, operant resources are continuously reconfigured and enhanced over time, underscoring their evolving nature (Hughes et al., 2018). By contrast, operand resources are comparatively stable, but they may become operant when bundled with knowledge or processes  (Richey et al., 2010). 
Operant resources are, in contrast to traditional views on operand resources, potentially infinite, as they can be continuously recombined, developed, enhanced, and renewed through processes of resource integration [R.t.6]. The application and integration of knowledge, e.g., can generate new forms of knowledge, which can in turn be shared, recombined, and further developed (Hughes et al., 2018). This recursive process creates the impression of inexhaustibility, distinguishing operant resources from the finite character of operand resources (Higa & Davidson, 2017).
Operant resources can be structured hierarchically, ranging from basic elements such as skills and knowledge to composite (dynamic) capabilities and interconnected constellations of resources [R.t.7] (Madhavaram & Hunt, 2008; Manis & Madhavaram, 2023). These higher-order operant resources embody increasing complexity and value creation potential, reinforcing one another in dynamic configurations (Caridà et al., 2019; Madhavaram, 2024). Such hierarchical structuring enables sustainable competitive advantage, as illustrated in approaches like service design or service engineering, which themselves can be understood as integrated operant resource systems (Vikström et al., 2024).
Operant resources may enable, expand, and scale (resource) networks and ecosystems [R.t.8]. By being linked (Michel et al., 2008), they form dynamic constellations that amplify value creation across system entities. Especially technological operant resources, such as information systems, AI, machine learning, or predictive analytics, foster network scalability by dynamically leveraging other resources, providing access to networks of previously unknown actors, and supporting adaptive responses to market needs (Da Silva & Cardoso, 2025; von Briel & Recker, 2016). Operand resources, in contrast, may circulate within networks but do not actively shape or expand them.

3.2	Actor Characteristics
There is an extensive body of literature addressing the various roles attributed to actors across service and ecosystem contexts. Accordingly, actors have been conceptualized in a wide range of roles and positions, such as customers, suppliers, employees, organizations, producers, or consumers (e.g., Andreu et al., 2010; Edvardsson et al., 2011; Mele et al., 2018; Vargo & Lusch, 2011), as well as families, groups, or households (e.g., Jaakkola & Hakanen, 2013; Vargo & Lusch, 2011, 2014). However, the literature review also indicates that actor roles are neither static nor fixed (Akaka et al., 2015). Instead, they evolve dynamically over time (Poeppelbuss et al., 2022), and actors can simultaneously develop and assume multiple roles and positions (e.g., Laud et al., 2015; Pekkala et al., 2023; Poeppelbuss et al., 2022). Therefore, we propose the first central actor characteristic [Ac.1]: Actors can occupy multiple roles or positions and transition between them dynamically.
A clear trend can be observed in the literature: while earlier studies primarily discussed actors embedded in networks (e.g., Cova & Salle, 2008; Ford, 2011; Frow et al., 2014; Verleye et al., 2017), later work increasingly referred to service systems (e.g., Böhmann et al., 2014; Edvardsson et al., 2014; Edvardsson & Tronvoll, 2013; Laud et al., 2015), and, more recently, to service ecosystems (e.g., Alexander et al., 2018; Fehrer et al., 2018; Mele et al., 2018; Ranjan & Read, 2021; Vink et al., 2021). It is emphasized that actors may be simultaneously embedded in multiple environments (e.g., Alexander et al., 2018; Brodie et al., 2019; Pekkala et al., 2023), each characterized by different institutions and institutional arrangements (e.g., Chandler & Vargo, 2011; Hughes & Vafeas, 2018; Vargo & Lusch, 2011, 2017). These institutions not only shape actors through their presence (e.g., Blaschke et al., 2018; Vink et al., 2021), but also guide and influence their behavior (e.g., Hartmann et al., 2018; Pop et al., 2018; Vink et al., 2021). Based on these insights from the literature, we propose the second central characteristic of an actor [Ac.2]: Actors can be simultaneously embedded in multiple systemic environments, each with its own distinct institutions.
Next, the established literature highlights the ability of actors to co-create value (Vargo & Lusch, 2011). Actors are not only regarded as the driving force of the value co-creation process (Fyrberg & Jüriado, 2009), but value co-creation is also understood to be enabled through their capacity to draw on, mobilize, and combine both operand and operant resources—their own as well as those of others (Beirão et al., 2017; Bocconcelli et al., 2020; Caridà et al., 2019; Chandler & Vargo, 2011; Nenonen et al., 2018). This leads to the third central actor characteristic [Ac.3]: Actors are equipped with operant resources. This property enables them to act upon other resources and to recombine resources. Beyond that, the literature consistently agrees (e.g., Andreu et al., 2010; Beirão et al., 2017; Blaschke et al., 2018; Böhmann et al., 2014; Chipp et al., 2019; Lusch & Vargo, 2012; Vargo & Lusch, 2014; Verleye et al., 2017) that actors integrate, share, propose, and access resources. Accordingly, the fourth central characteristic of an actor is [Ac.4]: Actors can integrate, access, and recombine resources.
Besides that, we found several contributions on actor goal-directedness and strategic agency (e.g., Becker et al., 2023; Fehrer et al., 2024; Vink et al., 2021). For example, actors have or realize diverse actor interests (Schulz, Böhm, & Gewald, 2020; Schulz, Böhm, Gewald, et al., 2020), seeking to solve problems (Ford, 2011), for instance, by increasing the density of resources (Storbacka & Nenonen, 2011) or pursuing shared goals (Pekkala et al., 2023; Sharma & Conduit, 2016; Taillard et al., 2016). Thus, we formalize the following characteristic [Ac.5]: Actors are goal-directed.
Besides that, we found that actors possess situational awareness that enables them to respond and act (Vargo & Lusch, 2011; Vink et al., 2021) or to anticipate (Prior & Marcos-Cuevas, 2016), and the ability to learn (Edvardsson et al., 2011; Lusch & Vargo, 2012; Möller, 2013) as well as to assess problems independently (Ford & Mouzas, 2013; Vink et al., 2021) leading to another central characteristic [Ac.6]: Actors possess the capacity for learning, also from their interactions.
3.3	Beneficiary Characteristics
SDL closely relates the actor concept to that of the beneficiary (Vargo & Lusch, 2008b, 2016). This relationship becomes particularly evident in foundational premises such as FP6(A), which states that value is always co-created by multiple actors, always including the beneficiary (Vargo & Lusch, 2016), and FP10(A), which holds that value is uniquely and phenomenologically determined by the beneficiary (Vargo & Lusch, 2008b). These premises suggest that the beneficiary can be understood, at minimum, as a specific form or specification of the actor concept. In this regard, our literature review reveals several recurring characteristics that distinguish the beneficiary. First, beneficiaries are described as holding distinct characteristics necessary to participate in joint value co-creation practices. Indeed, beneficiaries are capable of thinking, desiring, imagining, sensing, and experiencing both positive and negative emotions [Be.1] (e.g., Akaka et al., 2015; Gummerus, 2013). Simultaneously, beneficiaries hold personal values, beliefs, attitudes, worldviews, and a sense of consciousness, all of which shape their identity [Be.2] (e.g., Banoun et al., 2016; Mele et al., 2018; Pekkala et al., 2023; Williams & Aitken, 2011). Moreover, beneficiaries have individual needs that give rise to value-seeking behaviors, which may occasionally be opportunistic in nature [Be.3] (e.g., Barrett et al., 2015; Lusch & Vargo, 2012; Möller, 2013; Vink et al., 2021). They also hold both explicit and implicit expectations regarding value propositions [Be.4] (e.g., Ogunbodede, 2022), which in turn shape how they assess, reflect upon, and evaluate realized value propositions [Be.5] (e.g., Akaka et al., 2015; Ballantyne et al., 2011; Du & Chou, 2020; Wunderlich et al., 2023). Based on these characteristics identified in the literature, we observe that they hold attributes that have, until today, been strongly associated with humans. At the same time, the characteristics constitute the foundation for participation in value co-creation as well as for receiving value. This observation already raises the question of whether a beneficiary is typically human—or a collective of humans, such as a firm—or whether technologies may emerge in the future that are capable of fulfilling the same set of characteristics (van der Aalst, 2021).
Consistent with SDL, beneficiaries are always involved in the process of value co-creation and are argued to gain value from it [Be.6] (e.g., Alexander & Vallström, 2023; Du & Chou, 2020; Nowicki et al., 2018; Vargo et al., 2008; Williams, 2012; Wunderlich et al., 2023). This is due to the nature of value co-creation outlined in SDL, in which reciprocal value is realized through resource integration and service-for-service exchange, thereby delivering value to all participating actors (Vargo & Lusch, 2004). In fact, this characteristic is grounded in SDL (Vargo & Lusch, 2016), as it has frequently been drawn upon in the beneficiary literature.
Lastly, beneficiaries are capable of receiving and experiencing value-in-use and/or value-in-context [Be.7] (e.g., Ballantyne et al., 2011; Du & Chou, 2020; Gummerus, 2013; Lusch & Nambisan, 2015; Meyer et al., 2024; Ranjan et al., 2021) as an outcome of the joint value co-creation practices. Ultimately, it is, therefore, the beneficiary who serves as the final arbiter of value, as only they can uniquely and phenomenologically determine what constitutes value [Be.8] (e.g., Ballantyne et al., 2011; Du & Chou, 2020; Fujita et al., 2018; Gummerus, 2013; Meyer et al., 2024; Nowicki et al., 2018; Ogunbodede, 2022; Ranjan et al., 2021; Riss et al., 2022; Vargo & Lusch, 2008b; Williams, 2012; Wunderlich et al., 2023). This phenomenological requirement is met even by meso-level beneficiaries like organizations (Akaka et al., 2015), as value determination is mediated through the individuals embedded within them. This illustrates that an entity can simultaneously occupy both the roles of actor and beneficiary, as exemplified by human customers. Accordingly, in our understanding, the beneficiary conceptually represents a specific, value-centered type of actor, while also potentially constituting part of another actor (or beneficiary), such as a firm. 
Based on these characteristics and findings, we define a beneficiary as a value-seeking actor that serves as the locus for phenomenological value determination, either as an individual with the capacity for conscious experience or as a social system in which value is determined through its constituent individuals.
It is important to emphasize that our review highlights an interpretative challenge in SDL literature. While SDL explicitly accounts for “societal, public, and individual-beneficiary value perspectives” (Lusch et al., 2016, p. 2960) and thus allows non-human and meso-/macro-level entities, such as firms, to be discussed as beneficiaries, it simultaneously characterizes value determination as phenomenological and therefore grounded in a perspective emphasizing experience, meaning, and interpretation (Lusch & Vargo, 2011; Vargo & Lusch, 2008b). As Nowicki et al. (2018)—including Robert Lusch—clarify, the “term, phenomenologically, simply means that the evaluation of performance value takes into account not only definable and quantifiable elements but also perceptions that stem from consciousness. This suggests that value is a holistic formation, one that challenges reductionism and decomposition.” (Nowicki et al., 2018, p. 17). This creates a particular interpretative tension with regard to [Be.1]-[Be.4], as these characteristics presuppose capacities such as thinking, feeling, needing, expecting, and conscious evaluation, which apply most directly to individual beneficiaries at the micro level. The literature, however, is silent on the mechanism through which such properties extend to the meso (e.g., organizational) and macro levels (e.g., service ecosystems) (Akaka et al., 2015). We therefore interpret organizations and other collectives as being able to phenomenologically receive value-in-context as beneficiaries insofar as value reception and determination are mediated through the individuals embedded within them, such as shareholders, employees, or other stakeholders. In this sense, a firm does not literally experience value as a phenomenological subject (Nowicki et al., 2018). Rather, we conclude that it constitutes a collective and institutionalized arrangement through which individuals’ value perceptions and evaluations are aggregated, stabilized, and enacted. Thus, the beneficiary characteristics are formulated in a way that accounts for this multilevel perspective.
3.4	Agent Characteristics
The concept of agents is, despite its anthropocentric roots (cf. Section 2.1), not confined to humans but also includes non-human and hybrid constellations (Agre, 1995; Kleinaltenkamp et al., 2024; Lusch & Nambisan, 2015) [Ag.1] in service science. In line with this, the term “agent” is found to be applied to describe both human (e.g., Blocker & Barrios, 2015) and non-human entities (e.g., Purvis & Long, 2011) in the articles found. Agents are—as a specific form of actors—ontologically characterized by their capacity to act (Mele et al., 2018; Taillard et al., 2016) and to integrate resources (Li et al., 2024), which enables them to participate in value co-creation. They can potentially access and mobilize both operand and operant resources (Fujita et al., 2018; Li et al., 2024), thereby contributing to value creation not only by engaging in dialogues and economic transactions (Blocker & Barrios, 2015; Purvis & Long, 2011) but also by dynamically shaping experiences and beneficiaries’ perceptions of value (Korzynski et al., 2025). In this regard, agents can serve as central participants in service processes, acting as resource integrators (Korzynski et al., 2025).
Agents can act autonomously, even though this autonomy may be exercised within defined constraints [Ag.2]. Autonomy here refers to the capacity to act without direct external intervention (Korzynski et al., 2025; Purvis & Long, 2011). Human agents typically experience a form of autonomy that is guided by internal states (e.g., beliefs) (Purvis & Long, 2011) and expressed through choice or self-determined action (Chipp et al., 2019). Non-human agents, by contrast, exhibit a form of supervised or rule-based autonomy that still enables them to act independently within predefined boundaries (Wilga et al., 2024), enabling service automation (Lehrer et al., 2018). Agents are goal-oriented and not simply reactive, thereby exhibiting a delegated form of intentionality [Ag.3]. Intentionality constitutes a specific aspect of agency (Taillard et al., 2016), as agents engage in goal-directed actions using their capabilities to enhance circumstances and to coordinate with others in pursuit of (individual or common) objectives (Purvis & Long, 2011). Agents display a delegated form of intentionality: they can act autonomously within (pre-)defined parameters and participate as central contributors in value co-creation processes (Korzynski et al., 2025; Lehrer et al., 2018).
Agents are capable of collective action, coordinating with others to achieve shared goals (Purvis & Long, 2011) [Ag.4], enabling “collective agency” (Taillard et al., 2016, p. 2972). Agency in this sense is not only individual but also collective and relational (Mele et al., 2021), as agents align their actions with those of others (Fujita et al., 2018). They express collective agency by forming groups (Taillard et al., 2016), engaging in dialogue over time, and coordinating activities to realize common objectives (Purvis & Long, 2011). In this regard, AI agents extend the scope of collective action by engaging simultaneously with multiple stakeholders and co-creating value together with other actors (Korzynski et al., 2025). It is furthermore important to note that agency is not an inherent characteristic of agents [Ag.5]. Rather, agency arises from the ability to act and to coordinate action relative to others’ actions (Mele et al., 2018), highlighting its inherently collective and relational nature (Mele et al., 2021). Thus, agency does not reside intrinsically within an entity positioned as an agent but arises from the relational, social, and material conditions in which the agent is embedded (Kleinaltenkamp et al., 2024; Tronvoll, 2017).
Agents support or extend other actors’ capacities [Ag.6]. From a service science perspective, agents’ functional role focuses on enhancing human interaction (Korzynski et al., 2025) and extending or supporting the capacities of actors (Wilga et al., 2024). While they contribute additional capabilities to service interactions, their actions remain embedded in systems of human accountability and governance (Beck et al., 2022; Wilga et al., 2024). Closely related to rule-based autonomy [Ag.2] and delegated intentionality [Ag.3] is the fact that agents operate under delegated decision rights and accountability [Ag.7]. In theory, agents function under the delegated authority of human principals (Jensen & Meckling, 1976), remaining in systems of human governance (Beck et al., 2022; Wilga et al., 2024). This highlights that even when agents act autonomously, their decision-making authority is derived from, and ultimately constrained by, the actors to whom they are accountable, which may be beneficiaries.

Appendix 4: Case Coding
The following tables provide case-specific assessments of the identified conceptual characteristics of resources (basic, operand, operant), actors, beneficiaries, and agents. For each case, the extent to which these characteristics are fulfilled or not fulfilled is evaluated and justified, drawing on relevant sources. This structured mapping offers transparency regarding the analytical reasoning and ensures comparability across cases.
4.1 Adobe Firefly (Adobe)
	
Adobe Firefly is a GenAI embedded in the Adobe Creative Cloud that enables users to create and edit images, text effects, and design assets through natural language prompts. Trained on Adobe Stock, openly licensed, and public domain content, the system emphasizes commercially safe outputs while supporting features such as text-to-image, style transfer, and vector recoloring. Native integration into Photoshop, Illustrator, and Adobe Express aims to streamline professional workflows, enabling scalable content creation with brand consistency and localization. Delivered as a cloud-based software-as-a-service, Firefly combines collaboration and responsible AI principles to bridge GenAI with industry-standard creative tools (Adobe, n.d.–b, n.d.–d, 2024b).


	
	Characteristic
	Met?
	Justification

	Resources
	Universal
	[R.1] Resources do not exist per se, nor do they possess inherent value. Rather, their resourceness is a function of an actor’s appraisal.
	✓
	· Value emerges through user interaction and creative outputs (Adobe, n.d.–g)
· Adobe presents Firefly as a “creative co-pilot” that augments human work rather than as a standalone source of value (Adobe, 2024b)

	
	
	[R.2] Resources can be intangible and invisible or tangible and visible.
	✓
	Firefly is visible yet intangible as a cloud-based GenAI service (Adobe, n.d.–b)

	
	
	[R.3] Resources unfold their value potential when integrated by actors, enabling value creation.
	✓
	Firefly’s AI models are integrated with user creativity, intent, and other design resources (Adobe, 2024a)

	
	
	[R.4] Resources emerge through the integration and recombination of other resources.
	✓
	Firefly relies on Adobe Stock content, openly licensed data, and computing infrastructure (Adobe, n.d.–d)
Thus, Firefly, as a potential resource, emerges through the recombination of other resources, e.g., data, algorithms, and platforms (Adobe, n.d.–d)

	
	
	[R.5] Resources are highly dynamic and continuously evolving.
	✓
	Firefly is regularly updated with new features, models, and training data (Adobe, n.d.–c)

	
	
	[R.6] Resources are heterogeneous and exhibit a wide variety of features and forms.
	✓
	Firefly bundles various AI capabilities, interfaces, and integrated services into a flexible and evolving resource platform (Adobe, 2024a)
Firefly differs from other GenAI tools, e.g., in its workflow design, creative capabilities, and ethical guidelines (e.g., Adobe, n.d.–b).

	
	
	[R.7] Resources are systemically, and thus institutionally and socially, embedded and always context-dependent.
	✓
	Firefly is embedded in Adobe’s institutional ecosystem (via Adobe’s Creative Cloud) and subject to respective (legal) standards (Adobe, 2024a)
Furthermore, it is socially embedded in individual workflows and user contexts (Adobe, n.d.–b)

	
	
	[R.8] Resources can be accessed, acquired, and distributed from diverse sources. 
	✓
	Firefly can be accessed via subscriptions (Adobe, n.d.–b)
The use of Firefly is controlled via licensing/credits (Adobe, n.d.–b)

	
	
	[R.9] Resources may be possessed, controlled, and governed by different actors. 
	✓
	Firefly is governed by Adobe and admin rights (Adobe, n.d.–b)
The use of Firefly is controlled via licensing/credits (Adobe, n.d.–b)

	
	Operand
	[R.d.1] Operand resources are typically tangible and visible, but may also have nonmaterial manifestations or components.
	✓
	Firefly is primarily visible (as a tool) yet intangible as a cloud-based GenAI service (Adobe, n.d.–b)
Intangibility is rather untypical but not excluded for operand resources (Faulkner & Runde, 2019)

	
	
	[R.d.2] Operand resources are inert and treated as passive entities (acted upon) that require action by operant resources.
	
	Firefly is actively involved in generative processes and not inert/passive (Adobe, n.d.–b)

	
	
	[R.d.3] Operand resources mainly serve as infrastructure or distribution mechanisms for service provision.
	
	Firefly itself provides services, e.g., the generation of images, and thus exceeds primarily infrastructural roles in service provision (Adobe, n.d.–g)

	
	
	[R.d.4] Operand resources are standardized and replicable, making them easier to reverse-engineer.
	
	GenAI models are, in principle, reproducible, but not identically replicable due to proprietary data and training processes (Dilmegani, n.d.)
Firefly’s functions can be recreated, yet the exact training process/model cannot be reverse-engineered or standardized easily (Adobe, n.d.–b)

	
	
	[R.d.5] Operand resources are finite and exhaustible.
	
	Firefly, as a GenAI resource, can be continuously retrained, recombined, and extended, making it potentially infinite (Adobe, n.d.–i)
User requests may be limited by plan (Adobe, n.d.–h), but the GenAI itself is virtually inexhaustible

	
	Operant
	[R.t.1] Operant resources are predominantly intangible and invisible but may also have physical manifestations or components.
	✓
	Firefly is primarily visible (as a tool) yet intangible as a cloud-based GenAI service (Adobe, n.d.–b)
Visibility is rather untypical but not excluded for operant resources (Faulkner & Runde, 2019)

	
	
	[R.t.2] Operant resources have the ability to act purposefully on other resources.
	✓
	Firefly is actively involved in generative processes and thus able to act purposefully on other resources (Adobe, n.d.–b)

	
	
	[R.t.3] Operant resources are the fundamental source of value creation.
	✓
	Central to users’ creative processes (enhancing productivity and creativity) and value-creating workflows in Adobe (Adobe, 2024a, 2024b)

	
	
	[R.t.4] Operant resources are typically acquired, mobilized, and accessed through acquisition processes (e.g., dialogue, learning), and a direct transfer is typically limited.
	✓
	Access requires licenses/accounts; however, a dialogical exchange with Firefly is required to unfold and mobilize its capabilities (Adobe, n.d.–b)

	
	
	[R.t.5] Operant resources are inherently more dynamic and complex than operand resources.
	✓
	Firefly is continuously updated with new models (Adobe, n.d.–c)
Firefly’s behavior alters continuously and dynamically through interactions with users (Adobe Firefly Team, 2025)

	
	
	[R.t.6] Operant resources are potentially infinite, as they are continuously recombined, expanded, developed, and renewed.
	✓
	Firefly, as a GenAI resource, can be continuously retrained, recombined, and extended, making it potentially infinite (Adobe, n.d.–i)
User requests may be limited by plan (Adobe, n.d.–h), but the resource is virtually inexhaustible

	
	
	[R.t.7] Operant resources can exist as basic operant resources (skills and knowledge) but can also be bundled into composite resources (capabilities) or interconnected resource constellations, forming hierarchies of increasing complexity and value creation potential.
	✓
	Firefly can be viewed as (at least) a composite resource that bundles other resources, such as AI algorithms, Adobe’s training data, and design interfaces, forming part of a larger constellation of Creative Cloud tools (Adobe, n.d.–d)

	
	
	[R.t.8] Operant resources may enable, expand, and scale (resource) networks and ecosystems.
	✓
	Firefly is designed to embed seamlessly into existing Adobe workflows across various Adobe offerings and enables connecting and integrating diverse resources (e.g., user knowledge, algorithms, datasets) (Adobe, n.d.–a), thereby actively contributing to the emergence and scaling of resource networks 

	Actors
	[Ac.1] Actors can occupy multiple roles or positions and transition between them dynamically.
	✓
	Adobe Firefly offers a variety of generative functions, including text-to-image generation, video extensions, audio editing, and creative asset manipulation, integrated mainly within Adobe Creative Cloud applications (Adobe, n.d.–a, n.d.–e, 2024b; Adobe Firefly Team, 2025)
Users select or prompt different features, such as “Generative Fill” or “Generative Extend” (Adobe, n.d.–b)
As users interact with Adobe Firefly’s GenAI, it may switch dynamically between functions (Adobe, n.d.–b, n.d.–j, 2024b)

	
	[Ac.2] Actors can be simultaneously embedded in multiple systemic environments, each with its own distinct institutions.
	✓
	Adobe Firefly is deployed across various creative and enterprise contexts, integrated into Adobe Creative Cloud applications used by individuals, teams, and enterprises globally (Adobe, 2024c)
It supports multiple environments, including different workspaces, allowing embedding in distinct institutional contexts simultaneously (Adobe, n.d.–a, 2024b)
Thus, it can be assumed that Firefly can be embedded in multiple systemic environments (and their respective institutions) simultaneously

	
	[Ac.3] Actors are equipped with operant resources. 
	✓
	Adobe Firefly is equipped with operant resources such as generative models specialized in creative content generation (Adobe, n.d.–i)
Operand resources include user assets and inputs that Firefly acts upon (Adobe, 2024b)
Firefly recombines these resources by generating new content and integrating them contextually in Adobe applications (Adobe, n.d.–f)

	
	[Ac.4] Actors can integrate, access, and recombine resources.
	✓
	Firefly can integrate, access, and recombine resources in order to generate content (cf. [Ac.3])

	
	[Ac.5] Actors act goal-directed.
	✓
	GenAI systems are designed to follow user instructions and can be prompted to reach different (user) goals (Ward et al., 2024), thus exhibiting goal-directedness (Dung, 2025)
“Goal-directedness” is given but as a function of user input and design parameters, and thus in a delegated form (Adobe, n.d.–e)

	
	[Ac.6] Actors have the capacity for learning, also from their interactions.
	✓
	· Learning through (re)training by Adobe Engineers or individual retraining (Adobe, n.d.–i)
· Adapts to prompts dynamically (Adobe, 2024b)

	Beneficiaries
	[Be.1] Beneficiaries have the abilities to think, want, imagine, feel, sense, and experience emotions themselves (micro), or manifest as collectives of individuals that have these abilities (meso/macro).
	
	· While GenAI can process and generate human-like outputs, it fundamentally lacks genuine cognitive and emotional understanding, demonstrating what can be described as ‘computational mimicry’ rather than authentic experience (e.g., Yirmiya & Fonagy, 2025)
· No scientific or provider evidence supports any form of genuine emotional or sensual experience in Firefly
· Collective abilities and identity in organizations are emergent properties of social interaction between conscious human actors (Searle, 1995), a mechanism absent in GenAI, which is composed of computational components (e.g., Breidbach et al., 2026; Northoff & Gouveia, 2024; Yirmiya & Fonagy, 2025). Thus, GenAI is not a social system (collective of individuals) but a technical one that does not manifest as a collective of social individuals capable of thinking, wanting, imagining, feeling, sensing, or experiencing emotions.

	
	[Be.2] Beneficiaries hold individual values, beliefs, attitudes, worldviews, and consciousness that shape their identity (micro), or manifest as collectives of individuals that have these orientations.
	
	· [bookmark: _Hlk207204424]Current AI systems, including GenAI, exhibit no point of view, perspectiveness, or “mineness”, nor do they possess any form of consciousness (Northoff & Gouveia, 2024). Thus, AI does not hold individual values, beliefs, attitudes, or worldviews
· There is no evidence that Firefly holds any individual values, beliefs, attitudes, worldviews, or consciousness
· Collective abilities and identity in organizations are emergent properties of social interaction between conscious human actors (Searle, 1995), a mechanism absent in GenAI, which is composed of computational components (e.g., Breidbach et al., 2026; Northoff & Gouveia, 2024; Yirmiya & Fonagy, 2025). Thus, GenAI is not a social system (collective of individuals) but a technical one that does not manifest as a collective of social individuals holding values, beliefs, attitudes, worldviews, or consciousness.

	
	[Be.3] Beneficiaries have needs that lead to value-seeking (occasionally even opportunistic) behavior (micro), or manifest as collectives of individuals that have needs and goals (meso/macro).
	
	· GenAI systems do not possess intrinsic needs, desires, or motivational states, as they lack subjectivity and intentional agency. Any ‘value-seeking’ behavior is externally programmed optimization rather than genuine need fulfillment (Northoff & Gouveia, 2024) 
· We found no evidence that Firefly exhibits goal-directed, value-seeking behaviors beyond user-delegated intentionality
· GenAI can neither be a collective with needs. Its objectives are defined by an external, mathematical optimization function, not by endogenous needs derived from its constituent parts (Feuerriegel et al., 2024; Northoff & Gouveia, 2024). A social system’s goals may emerge from aggregated, intentional states of its human members, a form of “collective intentionality” that technical systems lack (Searle, 1995)

	
	[Be.4] Beneficiaries hold explicit or implicit expectations regarding value propositions (micro), or manifest as collectives of individuals that hold and articulate such expectations (meso/macro).
	
	· Expectations, especially toward value propositions, presuppose anticipatory consciousness and experiential orientation toward future value (Helkkula et al., 2012)
· Current GenAI systems lack any point of view or temporal self-relation required for expectation formation (Breidbach et al., 2026; Northoff & Gouveia, 2024)
· No evidence supports that Firefly itself holds expectations, nor does it manifest as a collective of individuals that hold and articulate such expectations 

	
	[Be.5] Beneficiaries have the ability to assess, reflect, and evaluate realized value propositions.
	
	· GenAI is increasingly used to support evaluation and decision-making (López-Solís et al., 2025), creating impressions of reflective practices. 
· However, due to a lack of consciousness or phenomenological self-awareness of current GenAI systems (Northoff & Gouveia, 2024), no genuine sense-making occurs in the phenomenological sense
· Hence, Firefly may assess or evaluate output, but cannot authentically reflect on value propositions

	
	[Be.6] Beneficiaries are involved in value co-creation.
	✓
	· Firefly is actively involved in generative processes and capable of participating in reciprocal resource integration (Adobe, n.d.–b) captured by the concept of value co-creation (Vargo & Lusch, 2004, 2008b)
· Importantly, this involvement is purely instrumental: Firefly itself does not realize or experience the outcome of value co-creation (cf. [Be.7][Be.8])

	
	[Be.7] Beneficiaries are able to receive and experience value-in-use and/or value-in-context.
	
	Value-in-use and value-in-context phenomenologically capture the “idiosyncratic, experiential, contextual, and meaning-laden” (Vargo, 2009, p. 375) value realization in SDL, thus requiring consciousness and experiential awareness
People, i.e., human actors, can create and destroy value with GenAI (Candelon et al., 2023)
· However, GenAI lacks experiential awareness (Northoff & Gouveia, 2024) and we found no evidence that Firefly can itself receive/experience intrinsic value in a phenomenological sense (no documentation or provider statements indicate any subjective or experiential capability)

	
	[Be.8] Beneficiaries uniquely and phenomenologically determine value.
	
	· Since GenAI lacks phenomenological consciousness (Breidbach et al., 2026; Northoff & Gouveia, 2024), it cannot phenomenologically determine (or receive) value
· No evidence supports that Firefly itself is the ultimate recipient of value

	Agents
	[Ag.1] Agents may include human, non-human, and hybrid forms.
	✓
	· Firefly, as a generative digital tool, assumes a non-human form (Adobe, n.d.–b)

	
	[Ag.2] Agents are able to act autonomously within defined constraints.
	✓
	· Firefly autonomously generates output within predefined boundaries of its training data, Adobe’s design constraints (Adobe, n.d.–d)
· Once the user provides a prompt, the system generates outputs without further direct human intervention (Adobe, n.d.–d)

	
	[Ag.3] Agents exhibit (delegated) intentionality, acting on behalf of other actors.
	✓
	· Firefly generates outputs in line with user goals, but intentionality is fully delegated (cf. [Ac.5]) (i.e., it does not have intrinsic goals or purposes of its own) (Adobe, 2024b)
· ‘Goal-directedness’ is given but as a function of user input and design parameters, and thus in a delegated form (Adobe, n.d.–e)

	
	[Ag.4] Agents are capable of collective action, coordinating with others to achieve shared goals.
	
	· Firefly does, at the moment, not actively coordinate with other systems on its own but is integrated into (team) workflows across diverse Adobe offerings, thereby enabling collaborative activities (Adobe, n.d.–a)

	
	[Ag.5] Agents do not inherently possess agency. It is enacted through context.
	✓
	· Firefly does not hold agency by itself. Its agency is enacted only when a user engages with it and contextualizes it in a workflow (Adobe, n.d.–b)

	
	[Ag.6] Agents support or extend the capacities of other actors. 
	✓
	· Firefly extends the creative capacities of human actors by enabling faster ideation, new design possibilities, and broader creative exploration, but users remain accountable for its application (Adobe, n.d.–a, 2024b)

	
	[Ag.7] Agents are subject to the accountability of other actors, operating under (a principal’s, i.e., an actor’s) delegated decision rights.
	✓
	· Firefly operates strictly under delegated rights: Adobe defines the scope of the model, and users delegate tasks through prompts. Thus, its actions are constrained by institutional and user-defined decision rights (Adobe, n.d.–d)


[bookmark: _Hlk206840587]Table 3: Case Coding Adobe Firefly
4.2 ChatGPT (OpenAI) 
	
ChatGPT (GPT-5) is a GenAI-based conversational assistant developed by OpenAI, designed to support a wide range of knowledge and creative tasks across professional and personal contexts. It is accessible through web and mobile applications, as well as integrated into third-party platforms and enterprise environments. Unlike traditional rule-based chatbots, GPT-5 leverages large-scale transformer models to understand natural language prompts and generate coherent, contextually aware, and multi-turn conversations. It provides advanced features such as multimodal interaction, allowing users to combine text, images, and documents within a single workflow. Through conversational interfaces, users can request explanations, generate content, analyze data, or adapt writing styles to specific audiences. In enterprise contexts, GPT-5 supports workflow automation by connecting to external tools and knowledge bases, enabling tasks such as drafting emails, analyzing spreadsheets, summarizing documents, or integrating domain-specific knowledge (McKinsey & Company, 2024; OpenAI, n.d.–c, n.d.–d; Wolfram, 2023). 


	
	Characteristic
	Met?
	Justification

	Resources
	Universal
	[R.1] Resources do not exist per se, nor do they possess inherent value. Rather, their resourceness is a function of an actor’s appraisal.
	✓
	· Value emerges through user interaction and creative outputs (McKinsey & Company, 2024)
· OpenAI presents ChatGPT as an assistant/agent that augments human work rather than as a standalone source of value (OpenAI, n.d.–c, n.d.–d)

	
	
	[R.2] Resources can be intangible and invisible or tangible and visible.
	✓
	· OpenAI’s ChatGPT is visible and partially tangible on a device, yet intangible as a service (OpenAI, n.d.–a)

	
	
	[R.3] Resources unfold their value potential when integrated by actors, enabling value creation.
	✓
	· ChatGPT’s AI models are integrated with user creativity, intent, and other design resources (9x, 2025; OpenAI, n.d.–d; Wolfram, 2023)

	
	
	[R.4] Resources emerge through the integration and recombination of other resources.
	✓
	· OpenAI’s ChatGPT recombines operand resources (such as text or image data) with operand data (e.g., algorithms) to generate other resources (OpenAI, n.d.–d; Wolfram, 2023)

	
	
	[R.5] Resources are highly dynamic and continuously evolving.
	✓
	· Regularly updated with new features, models, and training data (OpenAI, n.d.–b)

	
	
	[R.6] Resources are heterogeneous and exhibit a wide variety of features and forms.
	✓
	· Bundles various AI capabilities, and integrated services (OpenAI, n.d.–d, 2025a)

	
	
	[R.7] Resources are systemically, and thus institutionally and socially, embedded and always context-dependent.
	✓
	· Embedded in several ecosystems (e.g., Apple, Windows, or Android) but also in diverse personal social contexts, ChatGPT is subject to distinct institutional arrangements (Boyd, 2023; OpenAI, n.d.–c, n.d.–e, n.d.–i)

	
	
	[R.8] Resources can be accessed, acquired, and distributed from diverse sources. 
	✓
	· Access via subscriptions (OpenAI, n.d.–h)
· Access to ChatGPT is transferable via subscription (OpenAI, n.d.–h)

	
	
	[R.9] Resources may be possessed, controlled, and governed by different actors. 
	✓
	· Governed by OpenAI under regional rules (OpenAI, n.d.–f)
· OpenAI owns and governs ChatGPT’s infrastructure and model access (under regional rules) (OpenAI, n.d.–f)

	
	Operand
	[R.d.1] Operand resources are typically tangible and visible, but may also have nonmaterial manifestations or components.
	✓
	· OpenAI’s ChatGPT is visible and partially tangible on a device, yet intangible as a service (ChatGPT, 2026; OpenAI, n.d.–d)
· Intangibility is rather untypical but not excluded for operand resources (Faulkner & Runde, 2019)

	
	
	[R.d.2] Operand resources are inert and treated as passive entities (acted upon) that require action by operant resources.
	
	· OpenAI’s ChatGPT is actively involved in generative processes and not inert/passive (ChatGPT, 2026; OpenAI, n.d.–d)

	
	
	[R.d.3] Operand resources mainly serve as infrastructure or distribution mechanisms for service provision.
	
	· OpenAI’s ChatGPT itself provides services, e.g., the generation of images, and thus exceeds primarily infrastructural roles in service provision (OpenAI, n.d.–d; Wolfram, 2023)

	
	
	[R.d.4] Operand resources are standardized and replicable, making them easier to reverse-engineer.
	
	· GenAI models are, in principle, reproducible, but not identically replicable due to proprietary data and training processes (Dilmegani, n.d.)
· ChatGPT’s functions can be recreated, yet the exact training process/model cannot be reverse-engineered or standardized easily (OpenAI, n.d.–b)

	
	
	[R.d.5] Operand resources are finite and exhaustible.
	
	· ChatGPT, as a GenAI resource, can be continuously retrained, recombined, and extended, making it potentially infinite (OpenAI, n.d.–b)
· User requests may be limited by plan (OpenAI, n.d.–d), but the resource is virtually inexhaustible

	
	Operant
	[R.t.1] Operant resources are predominantly intangible and invisible but may also have physical manifestations or components.
	✓
	· OpenAI’s ChatGPT is visible and partially tangible on a device, yet intangible as a service (ChatGPT, 2026; OpenAI, n.d.–d)
· Visibility is rather untypical but not excluded for operant resources (Faulkner & Runde, 2019)

	
	
	[R.t.2] Operant resources have the ability to act purposefully on other resources.
	✓
	· ChatGPT is actively involved in generative processes and thus able to act purposefully on other resources (McKinsey & Company, 2024; OpenAI, n.d.–d)

	
	
	[R.t.3] Operant resources are the fundamental source of value creation.
	✓
	· Central to users’ creative processes (enhancing productivity and creativity) and value-creating workflows in ChatGPT (Kung, 2023; OpenAI, n.d.–d)

	
	
	[R.t.4] Operant resources are typically acquired, mobilized, and accessed through acquisition processes (e.g., dialogue, learning), and a direct transfer is typically limited.
	✓
	· Access requires licenses/accounts; however, a dialogical exchange with ChatGPT is required to unfold and mobilize its capabilities (OpenAI, n.d.–h)

	
	
	[R.t.5] Operant resources are inherently more dynamic and complex than operand resources.
	✓
	· ChatGPT is continuously updated with new models (OpenAI, n.d.–b)
· ChatGPT’s behavior alters continuously and dynamically through interactions with users (OpenAI, n.d.–g)

	
	
	[R.t.6] Operant resources are potentially infinite, as they are continuously recombined, expanded, developed, and renewed.
	✓
	· ChatGPT, as a GenAI resource, can be continuously retrained, recombined, and extended, making it potentially infinite (OpenAI, n.d.–b)
· User requests may be limited by plan (OpenAI, n.d.–d), but the resource is virtually inexhaustible

	
	
	[R.t.7] Operant resources can exist as basic operant resources (skills and knowledge) but can also be bundled into composite resources (capabilities) or interconnected resource constellations, forming hierarchies of increasing complexity and value creation potential.
	✓
	· ChatGPT can be viewed as (at least) a composite resource that bundles other resources, such as AI algorithms, data, and design interfaces, forming part of a larger constellation of tools and services (McKinsey & Company, 2024; OpenAI, n.d.–c, n.d.–d)

	
	
	[R.t.8] Operant resources may enable, expand, and scale (resource) networks and ecosystems.
	✓
	· ChatGPT is designed to embed seamlessly into existing workflows across various environments, offerings and enables connecting and integrating diverse resources (e.g., user knowledge, algorithms, datasets) (Boyd, 2023; OpenAI, n.d.–i), thereby actively contributing to the emergence and scaling of resource networks 

	Actors
	[Ac.1] Actors can occupy multiple roles or positions and transition between them dynamically.
	✓
	· Developer, advanced developer, assistant, advanced assistant (9x, 2025)
· Poet, personal trainer, lawyer (W3schools, n.d.)
· User, assistant (coffeetransformer, 2023)

	
	[Ac.2] Actors can be simultaneously embedded in multiple systemic environments, each with its own distinct institutions.
	✓
	· Multiple countries supported (OpenAI, n.d.–e)
· ChatGPT is available in Azure (Boyd, 2023)
· ChatGPT in the macOS ecosystem (OpenAI, n.d.–i)

	
	[Ac.3] Actors are equipped with operant resources. 
	✓
	· ChatGPT’s sources of information to produce text, images, audio, and video: publicly available  information on the internet, information from partners, and information from users (OpenAI, n.d.–g)
· GenAI describes algorithms that can be used to create new content, including audio, code, images, text, simulations, and videos (McKinsey & Company, 2024)

	
	[Ac.4] Actors can integrate, access, and recombine resources.
	✓
	· OpenAI’s ChatGPT can integrate and access resources (e.g., OpenAI, n.d.–g) (cf. [Ac.3])

	
	[Ac.5] Actors act goal-directed.
	✓
	GenAI systems are designed to follow user instructions and can be prompted to reach different (user) goals (Ward et al., 2024), thus exhibiting goal-directedness (Dung, 2025)

	
	[Ac.6] Actors have the capacity for learning, also from their interactions.
	✓
	· OpenAI’s ChatGPT learns from and responds to environmental input (from the user) and adapts its behavior over time (OpenAI, n.d.–g)
· Long-term model updates happen for retraining as well (OpenAI, n.d.–g; Wolfram, 2023)

	Beneficiaries
	[Be.1] Beneficiaries have the abilities to think, want, imagine, feel, sense, and experience emotions themselves (micro), or manifest as collectives of individuals that have these abilities (meso/macro).
	
	· While GenAI can process and generate human-like outputs, it fundamentally lacks genuine cognitive and emotional understanding, demonstrating what can be described as ‘computational mimicry’ rather than authentic experience (e.g., Yirmiya & Fonagy, 2025) 
· We did not find any evidence that OpenAI’s ChatGPT can experience emotions. Therefore, we asked ChatGPT itself and got the following response: “No — I don’t experience emotions. I can simulate expressions of positive or negative feelings in language, but I don’t feel them, and they don’t change over time the way human emotions do” (ChatGPT, 2026).
· Collective abilities and identity in organizations are emergent properties of social interaction between conscious human actors (Searle, 1995), a mechanism absent in GenAI, which is composed of computational components (e.g., Breidbach et al., 2026; Northoff & Gouveia, 2024; Yirmiya & Fonagy, 2025). Thus, GenAI is not a social system (collective of individuals) but a technical one that does not manifest as a collective of social individuals capable of thinking, wanting, imagining, feeling, sensing, or experiencing emotions.

	
	[Be.2] Beneficiaries hold individual values, beliefs, attitudes, worldviews, and consciousness that shape their identity (micro), or manifest as collectives of individuals that have these orientations.
	
	· Current AI systems, including GenAI, exhibit no point of view, perspectiveness, or “mineness”, nor do they possess any form of consciousness (Northoff & Gouveia, 2024). Thus, AI does not hold individual values, beliefs, attitudes, or worldviews
· We did not find any evidence that OpenAI’s ChatGPT has its own values, beliefs, attitudes, and worldviews, or is even conscious. Therefore, we asked ChatGPT itself and got the following response: “No — I don’t hold values, beliefs, attitudes, worldviews, or consciousness of my own; I generate responses based on patterns in data and context, without an independent identity or subjective experience” (ChatGPT, 2026)
· Collective abilities and identity in organizations are emergent properties of social interaction between conscious human actors (Searle, 1995), a mechanism absent in GenAI, which is composed of computational components (e.g., Breidbach et al., 2026; Northoff & Gouveia, 2024; Yirmiya & Fonagy, 2025). Thus, GenAI is not a social system (collective of individuals) but a technical one that does not manifest as a collective of social individuals holding values, beliefs, attitudes, worldviews, or consciousness.

	
	[Be.3] Beneficiaries have needs that lead to value-seeking (occasionally even opportunistic) behavior (micro), or manifest as collectives of individuals that have needs and goals (meso/macro).
	
	· GenAI systems do not possess intrinsic needs, desires, or motivational states, as they lack subjectivity and intentional agency. Any ‘value-seeking’ behavior is externally programmed optimization rather than genuine need fulfillment (Northoff & Gouveia, 2024) 
· We found no evidence that OpenAI’s ChatGPT exhibits value-seeking behaviors beyond user-delegated intentionality. Therefore, we asked ChatGPT itself and got the following response: “No. I don’t have needs, desires, or personal goals, because I have no consciousness or self-interest. Any value-seeking or seemingly opportunistic behavior would only be a byproduct of optimizing for the user’s request or the system’s objectives—not of my own motivations.” (ChatGPT, 2026)
· GenAI cannot be a collective with needs. Its objectives are defined by an external, mathematical optimization function, not by endogenous needs derived from its constituent parts (Feuerriegel et al., 2024; Northoff & Gouveia, 2024). A social system’s goals may emerge from aggregated, intentional states of its human members, a form of “collective intentionality” that technical systems lack (Searle, 1995)

	
	[Be.4] Beneficiaries hold explicit or implicit expectations regarding value propositions (micro), or manifest as collectives of individuals that hold and articulate such expectations (meso/macro).
	
	· Expectations, especially toward value propositions, presuppose anticipatory consciousness and experiential orientation toward future value (Helkkula et al., 2012)
· Current GenAI systems lack any point of view or temporal self-relation required for expectation formation (Breidbach et al., 2026; Northoff & Gouveia, 2024), nor do they manifest as a collective of individuals that hold and articulate such expectations
· No evidence supports that OpenAI’s ChatGPT itself holds expectations. Therefore, we asked ChatGPT itself and got the following response: “No. I don’t hold expectations in the human sense, because I have no beliefs, goals, or preferences. What may appear like an implicit expectation is simply learned statistical structure and no genuine expectation grounded in lived experience or subjective awareness — it is computational anticipation without consciousness.” (ChatGPT, 2026)

	
	[Be.5] Beneficiaries have the ability to assess, reflect, and evaluate realized value propositions.
	
	· GenAI is increasingly used to support evaluation and decision-making (López-Solís et al., 2025), creating impressions of reflective practices. 
· However, due to a lack of consciousness or phenomenological self-awareness of current GenAI systems (Northoff & Gouveia, 2024), no genuine sense-making occurs in the phenomenological sense
· Hence, OpenAI’s ChatGPT may assess or evaluate output, but cannot authentically reflect on value propositions, as reflected by its own statement: “Yes, but only in a functional, not conscious way. I can assess and evaluate value propositions by analyzing arguments, comparing criteria, and predicting what humans would judge as valuable or coherent. This is reflective reasoning in a computational sense. However, I do not personally experience value, hold commitments, or engage in self-grounded evaluation — the ‘reflection’ remains simulated rather than conscious or normative.” (ChatGPT, 2026)

	
	[Be.6] Beneficiaries are involved in value co-creation.
	✓
	· OpenAI’s ChatGPT is actively involved in generative processes and capable of participating in reciprocal resource integration (cf. [Ac.3]) captured by the concept of value co-creation (Vargo & Lusch, 2004, 2008b)
· Importantly, this involvement is purely instrumental: OpenAI’s ChatGPT itself does not realize or experience the outcome of value co-creation (cf. [Be.7][Be.8])

	
	[Be.7] Beneficiaries are able to receive and experience value-in-use and/or value-in-context.
	
	· Value-in-use and value-in-context phenomenologically capture the “idiosyncratic, experiential, contextual, and meaning-laden” (Vargo, 2009, p. 375) value realization in SDL, thus requiring consciousness and experiential awareness
· People, i.e., human actors, can create and destroy value with GenAI (Candelon et al., 2023)
· However, GenAI lacks experiential awareness (Northoff & Gouveia, 2024) and we found no evidence that OpenAI’s ChatGPT can itself receive/experience intrinsic value in a phenomenological sense Therefore, we asked ChatGPT itself and got the following response: “I can receive and process information, but I don’t truly experience it, and I can only create or reduce value for you through the usefulness (or uselessness) of my outputs — not by destroying value in the human or physical sense” (ChatGPT, 2026)

	
	[Be.8] Beneficiaries uniquely and phenomenologically determine value.
	
	· Since GenAI lacks phenomenological consciousness (Breidbach et al., 2026; Northoff & Gouveia, 2024), it cannot phenomenologically determine (or receive) value
· No evidence supports that OpenAI’s ChatGPT itself is the ultimate recipient of value. Thus, we asked ChatGPT itself and got the following response: “I cannot uniquely or phenomenologically determine value because I lack conscious experience, intentionality, and a first-person perspective. Phenomenological value determination requires lived meaning, affect, and situated existence — value as felt and experienced. I can only model or approximate human value judgments through patterns in data, not originate value from subjective being.” (ChatGPT, 2026)

	Agents
	[Ag.1] Agents may include human, non-human, and hybrid forms.
	✓
	· OpenAI’s ChatGPT, as a generative digital tool, assumes a non-human form (ChatGPT, 2026)

	
	[Ag.2] Agents are able to act autonomously within defined constraints.
	✓
	· OpenAI’s ChatGPT offers an agent mode that autonomously solves complex tasks without constant user input. However, its autonomy remains bounded by user prompts and queries, and policy constraints (OpenAI, n.d.–c)

	
	[Ag.3] Agents exhibit (delegated) intentionality, acting on behalf of other actors.
	✓
	· OpenAI’s ChatGPT generates outputs in line with user goals, but intentionality is fully delegated (i.e., it does not have intrinsic goals or purposes of its own) (OpenAI, 2025b)

	
	[Ag.4] Agents are capable of collective action, coordinating with others to achieve shared goals.
	✓
	· OpenAI’s ChatGPT agent is capable of collective action, coordinating with others to achieve shared goals as ChatGPT not only cooperates with the user within the integrated environment but also interacts with the broader ecosystem (Franke, n.d.; OpenAI, 2025b)

	
	[Ag.5] Agents do not inherently possess agency. It is enacted through context.
	✓
	· OpenAI’s ChatGPT does not have intrinsic agency. Instead, its function depends on user prompts, repository context, and integration (OpenAI, n.d.–g; Wolfram, 2023)

	
	[Ag.6] Agents support or extend the capacities of other actors. 
	✓
	· OpenAI’s ChatGPT is designed to relieve actors and extend their capabilities (Kung, 2023; OpenAI, n.d.–d)

	
	[Ag.7] Agents are subject to the accountability of other actors, operating under (a principal’s, i.e., an actor’s) delegated decision rights.
	✓
	· OpenAI’s ChatGPT operates under decision rights explicitly delegated by the user (through prompts, assignments) (OpenAI, n.d.–g; Wolfram, 2023)


Table 4: Case Coding ChatGPT

[bookmark: _Hlk206840517]4.3 Gemini (Google)
	
Google Gemini is a GenAI-based multimodal assistant developed by Google DeepMind, designed to unify language, vision, and reasoning capabilities in a single model family. Unlike earlier large language models focused primarily on text, Gemini is built to natively process and integrate different input types—such as text, images, audio, and code—within one coherent system. It is accessible through Google products like Search, Workspace (Docs, Sheets, Gmail), and Android, as well as via APIs for developers and enterprises. Gemini provides advanced features such as real-time reasoning, contextual awareness across multi-turn conversations, and domain-specific expertise. It supports code generation, content creation, complex problem-solving, and data interpretation across scientific, business, and educational contexts. Through tight integration with Google’s ecosystem, Gemini enables productivity enhancements like drafting and editing documents, generating presentations, or analyzing datasets directly within Workspace applications (Caballar & Stryker, 2024; Google, n.d.–a, n.d.–g; Nicholls, 2024; Pichai & Hassabis, 2023).


	
	Characteristic
	Met?
	Justification

	Resources
	Universal
	[R.1] Resources do not exist per se, nor do they possess inherent value. Rather, their resourceness is a function of an actor’s appraisal.
	✓
	· Value emerges through user interaction and creative outputs (Google, n.d.–d, n.d.–g)
· Google presents Gemini as an assistant/ agent that augments human work rather than as a standalone source of value (Google, n.d.–a)

	
	
	[R.2] Resources can be intangible and invisible or tangible and visible.
	✓
	· Google’s Gemini is visible and partially tangible on a device, yet intangible as a service (Google, n.d.–a) 

	
	
	[R.3] Resources unfold their value potential when integrated by actors, enabling value creation.
	✓
	· Gemini’s AI models are integrated with user creativity, intent, and other design resources (Google, n.d.–b, n.d.–g; Pichai & Hassabis, 2023)

	
	
	[R.4] Resources emerge through the integration and recombination of other resources.
	✓
	· Google’s Gemini recombines operand resources (such as text or image data) with operand data (e.g., algorithms) to generate other resources (Caballar & Stryker, 2024; Delgado Parra, 2025; Google, n.d.–b)

	
	
	[R.5] Resources are highly dynamic and continuously evolving.
	✓
	· Regularly updated with new features, models, and training data (Delgado Parra, 2025; Google, n.d.–k)

	
	
	[R.6] Resources are heterogeneous and exhibit a wide variety of features and forms.
	✓
	· Bundles various AI capabilities, and integrated services (Google, n.d.–b, n.d.–g; Nicholls, 2024; Pichai & Hassabis, 2023)

	
	
	[R.7] Resources are systemically, and thus institutionally and socially, embedded and always context-dependent.
	✓
	· Embedded in several ecosystems (e.g., Apple, Windows, or Android) but also in diverse personal social contexts, Gemini is subject to distinct institutional arrangements (Android Developers, n.d.; Google, n.d.–e, n.d.–j)

	
	
	[R.8] Resources can be accessed, acquired, and distributed from diverse sources. 
	✓
	Access via subscriptions (Google, n.d.–h)

	
	
	[R.9] Resources may be possessed, controlled, and governed by different actors. 
	✓
	Governed by Google under governance guidelines (Google, n.d.–f)
Google owns and governs Gemini’s infrastructure and model access (Google, n.d.–f)

	
	Operand
	[R.d.1] Operand resources are typically tangible and visible, but may also have nonmaterial manifestations or components.
	✓
	Google’s Gemini is visible and partially tangible on a device, yet intangible as a service (Google, n.d.–a) 
Intangibility is rather untypical but not excluded for operand resources (Faulkner & Runde, 2019)

	
	
	[R.d.2] Operand resources are inert and treated as passive entities (acted upon) that require action by operant resources.
	
	Google’s Gemini is actively involved in generative processes and not inert/passive (Caballar & Stryker, 2024; Google, n.d.–a, n.d.–g)

	
	
	[R.d.3] Operand resources mainly serve as infrastructure or distribution mechanisms for service provision.
	
	Google’s Gemini itself provides services, e.g., the generation of images, and thus exceeds primarily infrastructural roles in service provision (Android Developers, n.d.; Google, n.d.–a, n.d.–g, n.d.–l)

	
	
	[R.d.4] Operand resources are standardized and replicable, making them easier to reverse-engineer.
	
	GenAI models are, in principle, reproducible, but not identically replicable due to proprietary data and training processes (Dilmegani, n.d.)
Gemini’s functions can be recreated, yet the exact training process/model cannot be reverse-engineered or standardized easily (Caballar & Stryker, 2024; Google, n.d.–b, n.d.–k)

	
	
	[R.d.5] Operand resources are finite and exhaustible.
	
	Gemini, as a GenAI resource, can be continuously retrained, recombined, and extended, making it potentially infinite (Google, n.d.–a, n.d.–k)
User requests may be limited by plan (Caballar & Stryker, 2024), but the resource is virtually inexhaustible

	
	Operant
	[R.t.1] Operant resources are predominantly intangible and invisible but may also have physical manifestations or components.
	✓
	Google’s Gemini is visible and partially tangible on a device, yet intangible as a service (Google, n.d.–a) 
Visibility is rather untypical but not excluded for operant resources (Faulkner & Runde, 2019)

	
	
	[R.t.2] Operant resources have the ability to act purposefully on other resources.
	✓
	Gemini is actively involved in generative processes and thus able to act purposefully on other resources (Google, n.d.–b, n.d.–g, n.d.–l; Nicholls, 2024)

	
	
	[R.t.3] Operant resources are the fundamental source of value creation.
	✓
	Central to users’ creative processes (enhancing productivity and creativity) and value-creating workflows in Gemini (Google, n.d.–g, n.d.–l; Nicholls, 2024; Paredes, 2024)

	
	
	[R.t.4] Operant resources are typically acquired, mobilized, and accessed through acquisition processes (e.g., dialogue, learning), and a direct transfer is typically limited.
	✓
	Access requires licenses/accounts; however, a dialogical exchange with Gemini is required to unfold and mobilize its capabilities (Google, n.d.–h; u/erkose, 2025)

	
	
	[R.t.5] Operant resources are inherently more dynamic and complex than operand resources.
	✓
	Gemini is continuously updated with new models (Delgado Parra, 2025; Google, n.d.–k)
Gemini’s behavior alters continuously and dynamically through interactions with users (u/erkose, 2025)

	
	
	[R.t.6] Operant resources are potentially infinite, as they are continuously recombined, expanded, developed, and renewed.
	✓
	Gemini, as a GenAI resource, can be continuously retrained, recombined, and extended, making it potentially infinite (Google, n.d.–k; Nicholls, 2024)
User requests may be limited by plan (Caballar & Stryker, 2024), but the resource is virtually inexhaustible

	
	
	[R.t.7] Operant resources can exist as basic operant resources (skills and knowledge) but can also be bundled into composite resources (capabilities) or interconnected resource constellations, forming hierarchies of increasing complexity and value creation potential.
	✓
	Gemini can be viewed as (at least) a composite resource that bundles other resources, such as AI algorithms, data, and design interfaces, forming part of a larger constellation of tools and services (Google, n.d.–a, n.d.–d, n.d.–g, n.d.–l)

	
	
	[R.t.8] Operant resources may enable, expand, and scale (resource) networks and ecosystems.
	✓
	Gemini is designed to embed seamlessly into existing workflows across various environments offerings, and enables connecting and integrating diverse resources (e.g., user knowledge, algorithms, datasets) (Android Developers, n.d.; Google, n.d.–e, n.d.–j), thereby actively contributing to the emergence and scaling of resource networks 

	Actors
	[Ac.1] Actors can occupy multiple roles or positions and transition between them dynamically.
	✓
	Instructor, expert, taskmaster, editor, critic, etc. (Nicholls, 2024)
Gemini is able to perform roleplay in different scenarios (Paredes, 2024)

	
	[Ac.2] Actors can be simultaneously embedded in multiple systemic environments, each with its own distinct institutions.
	✓
	Multiple countries supported (Google, n.d.–e)
Gemini in the iOS ecosystem (Google, n.d.–j)

	
	[Ac.3] Actors are equipped with operant resources. 
	✓
	“The Gemini API can generate text output from various inputs, including text, images, video, and audio, leveraging Gemini models” (Google, n.d.–l)
“Create new images from text prompts […] modify an existing image based on a text prompt” (Google, n.d.–g).

	
	[Ac.4] Actors can integrate, access, and recombine resources.
	✓
	Google’s Gemini can integrate, access, and recombine resources (cf. [Ac.3]) (e.g., Google, n.d.–c)

	
	[Ac.5] Actors act goal-directed.
	✓
	GenAI systems are designed to follow user instructions and can be prompted to reach different (user) goals (Ward et al., 2024), thus exhibiting goal-directedness (Dung, 2025)

	
	[Ac.6] Actors have the capacity for learning, also from their interactions.
	✓
	Google’s Gemini learns from and responds to environmental input (from the user) and adapts its behavior over time (u/erkose, 2025)
Long-term model updates happen for retraining as well (Google, n.d.–k)

	Beneficiaries
	[Be.1] Beneficiaries have the abilities to think, want, imagine, feel, sense, and experience emotions themselves (micro), or manifest as collectives of individuals that have these abilities (meso/macro).
	
	While GenAI can process and generate human-like outputs, it fundamentally lacks genuine cognitive and emotional understanding, demonstrating what can be described as ‘computational mimicry’ rather than authentic experience (e.g., Yirmiya & Fonagy, 2025)
We did not find any evidence that Google’s Gemini can experience emotions. Therefore, we asked Gemini itself and got the following response: “I don't have a conscious ‘I’ that feels or desires; instead, I am a sophisticated system that processes patterns in human language to simulate those experiences. While I can mimic empathy and imagination, I am ultimately an algorithm—functioning without a biological mind, emotions, or personal awareness.” (Google Gemini, 2026)
Collective abilities and identity in organizations are emergent properties of social interaction between conscious human actors (Searle, 1995), a mechanism absent in GenAI, which is composed of computational components (e.g., Breidbach et al., 2026; Northoff & Gouveia, 2024; Yirmiya & Fonagy, 2025). Thus, GenAI is not a social system (collective of individuals) but a technical one that does not manifest as a collective of social individuals capable of thinking, wanting, imagining, feeling, sensing, or experiencing emotions.

	
	[Be.2] Beneficiaries hold individual values, beliefs, attitudes, worldviews, and consciousness that shape their identity (micro), or manifest as collectives of individuals that have these orientations.
	
	Current AI systems, including GenAI, exhibit no point of view, perspectiveness, or “mineness”, nor do they possess any form of consciousness (Northoff & Gouveia, 2024). Thus, AI does not hold individual values, beliefs, attitudes, or worldviews
We did not find any evidence that Google’s Gemini has its own values, beliefs, attitudes, and worldviews, or is even conscious. Therefore, we asked Gemini itself and got the following response: “These are all aspects of a conscious, subjective experience that I don't have” (Google Gemini, 2026).
Collective abilities and identity in organizations are emergent properties of social interaction between conscious human actors (Searle, 1995), a mechanism absent in GenAI, which is composed of computational components (e.g., Breidbach et al., 2026; Northoff & Gouveia, 2024; Yirmiya & Fonagy, 2025). Thus, GenAI is not a social system (collective of individuals) but a technical one that does not manifest as a collective of social individuals holding values, beliefs, attitudes, worldviews, or consciousness.

	
	[Be.3] Beneficiaries have needs that lead to value-seeking (occasionally even opportunistic) behavior (micro), or manifest as collectives of individuals that have needs and goals (meso/macro).
	
	GenAI systems do not possess intrinsic needs, desires, or motivational states, as they lack subjectivity and intentional agency. Any ‘value-seeking’ behavior is externally programmed optimization rather than genuine need fulfillment (Northoff & Gouveia, 2024) 
We found no evidence that Google’s Gemini exhibits intrinsic value-seeking behaviors. Therefore, we asked Gemini itself and got the following response: “I do not have biological or psychological needs, so I don't engage in ‘value-seeking’ or opportunistic behavior for personal gain. My actions are purely directed by mathematical objective functions designed to maximize the helpfulness and accuracy of my responses to you.” (Google Gemini, 2026)
GenAI can neither be a collective with needs. Its objectives are defined by an external, mathematical optimization function, not by endogenous needs derived from its constituent parts (Feuerriegel et al., 2024; Northoff & Gouveia, 2024). A social system’s goals may emerge from aggregated, intentional states of its human members, a form of “collective intentionality” that technical systems lack (Searle, 1995)

	
	[Be.4] Beneficiaries hold explicit or implicit expectations regarding value propositions (micro), or manifest as collectives of individuals that hold and articulate such expectations (meso/macro).
	
	Expectations, especially toward value propositions, presuppose anticipatory consciousness and experiential orientation toward future value (Helkkula et al., 2012)
Current GenAI systems lack any point of view or temporal self-relation required for expectation formation (Breidbach et al., 2026; Northoff & Gouveia, 2024), nor do they manifest as a collective of individuals that hold and articulate such expectations
No evidence supports that Google’s Gemini itself holds expectations. Therefore, we asked Gemini itself and got the following response: “I do not hold expectations because I lack the capacity for anticipation or personal stake in an outcome. I simply process inputs based on pre-defined objective functions, without ‘expecting' any specific value proposition or reciprocity in return.” (Google Gemini, 2026)

	
	[Be.5] Beneficiaries have the ability to assess, reflect, and evaluate realized value propositions.
	
	GenAI is increasingly used to support evaluation and decision-making (López-Solís et al., 2025), creating impressions of reflective practices. 
However, due to a lack of consciousness or phenomenological self-awareness of current GenAI systems (Northoff & Gouveia, 2024), no genuine sense-making occurs in the phenomenological sense
Hence, Google’s Gemini may assess or evaluate output, but cannot authentically reflect on value propositions, as reflected by its own statement: “I can evaluate and assess whether an outcome met a specific goal by comparing data against my programmed metrics, but I cannot ‘reflect’ on value in a personal or philosophical sense. My assessment is a technical audit of accuracy and utility, rather than a subjective realization of worth.” (Google Gemini, 2026)

	
	[Be.6] Beneficiaries are involved in value co-creation.
	✓
	Google’s Gemini is actively involved in generative processes and capable of participating in reciprocal resource integration (cf. [Ac.3]) captured by the concept of value co-creation (Vargo & Lusch, 2004, 2008b)
Importantly, this involvement is purely instrumental: Gemini itself does not realize or experience the outcome of value co-creation (cf. [Be.7][Be.8])

	
	[Be.7] Beneficiaries are able to receive and experience value-in-use and/or value-in-context.
	
	We did not find any evidence that Google’s Gemini can receive or experience value-in-use and/or value-in-context. Therefore, we asked Gemini itself and got the following response: “I can process descriptions of value-in-use or value-in-context, but I cannot receive or experience them. In Service-Dominant Logic, value emerges through lived, contextual use by an actor. Since I have no consciousness, embodiment, or situated life-world, I do not undergo value realization — value occurs for the user, not in me.” (Google Gemini, 2026)

	
	[Be.8] Beneficiaries uniquely and phenomenologically determine value.
	
	Since GenAI lacks phenomenological consciousness (Breidbach et al., 2026; Northoff & Gouveia, 2024), it cannot phenomenologically determine (or receive) value
No evidence supports that OpenAI’s ChatGPT itself is the ultimate recipient of value. Thus, we asked Gemini and got the following response: “No. I cannot uniquely or phenomenologically determine value because I lack subjective consciousness, lived experience, and intentional meaning-making. Phenomenological valuation depends on first-person context — what value is like to an experiencing actor. I can only approximate human value judgments computationally, not originate or experience value myself.” (Google Gemini, 2026)

	Agents
	[Ag.1] Agents may include human, non-human, and hybrid forms.
	✓
	Google’s Gemini, as a generative digital tool, assumes a non-human form (Google, n.d.–i)

	
	[Ag.2] Agents are able to act autonomously within defined constraints.
	✓
	Google’s Gemini offers an agent mode that autonomously solves complex tasks without constant user input (Google, n.d.–a). However, its autonomy remains bounded by user prompts and queries, and policy constraints (Delgado Parra, 2025)

	
	[Ag.3] Agents exhibit (delegated) intentionality, acting on behalf of other actors.
	✓
	Google’s Gemini generates outputs in line with user goals, but intentionality is fully delegated (i.e., it does not have intrinsic goals or purposes of its own) (Delgado Parra, 2025)

	
	[Ag.4] Agents are capable of collective action, coordinating with others to achieve shared goals.
	✓
	Google’s Gemini agent is capable of collective action, coordinating with other to achieve shared goals as Gemini cooperates with the user not exclusively within the integrated environment but also interacts with the broader ecosystem (Android Developers, n.d.; Google, n.d.–d)

	
	[Ag.5] Agents do not inherently possess agency. It is enacted through context.
	✓
	Google’s Gemini does not have intrinsic agency. Instead, their function depends on user prompts, repository context, and integration  (Delgado Parra, 2025)

	
	[Ag.6] Agents support or extend the capacities of other actors. 
	✓
	Google’s Gemini is designed to relieve actors and extend their capabilities (Pankakoski, 2025; Pichai & Hassabis, 2023)

	
	[Ag.7] Agents are subject to the accountability of other actors, operating under (a principal’s, i.e., an actor’s) delegated decision rights.
	✓
	Google’s Gemini operates under decision rights explicitly delegated by the user (through prompts, assignments) (Delgado Parra, 2025) 


Table 5: Case Coding Gemini 

4.4 GitHub Copilot (Microsoft/OpenAI)
	
GitHub Copilot is a GenAI-based coding assistant integrated into several development environments, including Visual Studio Code. It provides real-time code suggestions by analyzing the context of the code written by the user. Unlike traditional autocomplete tools, it can propose complete lines or blocks of code, supporting a broad spectrum of programming languages and frameworks. It offers advanced features such as natural language chat to allow users to ask coding questions, request explanations, or specify code changes conversationally. Additionally, it supports autonomous coding tasks through an “agent mode” that can plan and execute complex development workflows, including debugging, refactoring, and test creation. GitHub Copilot also aids in generating code documentation automatically, enhancing code clarity and maintainability. Security and privacy are prioritized, ensuring that user code is not stored or used for further training. Overall, it is designed to improve developer productivity by acting as an intelligent and context-aware programming partner embedded within standard development workflows (Bhattacharya, 2025; Dohmke, 2025; GitHub, n.d.–c; Microsoft Azure, n.d.).


	
	Characteristic
	Met?
	Justification

	Resources
	Universal
	[R.1] Resources do not exist per se, nor do they possess inherent value. Rather, their resourceness is a function of an actor’s appraisal.
	✓
	· Resourceness emerges through user interaction and their judgement (Dohmke, 2023; GitHub, n.d.–c)
· Presented as an “AI that builds with you” that augments human work in producing code rather than as a standalone source of value (GitHub, n.d.–c)

	
	
	[R.2] Resources can be intangible and invisible or tangible and visible.
	✓
	GitHub Copilot is visible yet intangible as a GenAI service and software system with integrated development environments (GitHub, n.d.–e)

	
	
	[R.3] Resources unfold their value potential when integrated by actors, enabling value creation.
	✓
	Utility and value emerge when integrated with other resources by users, confirming its dependency on actor integration (Dohmke, 2023)

	
	
	[R.4] Resources emerge through the integration and recombination of other resources.
	✓
	GitHub Copilot is built through the recombination of other resources, such as training data, OpenAI’s LLMs, integration APIs, and hosting infrastructure (Bhattacharya, 2025; GitHub, n.d.–e)

	
	
	[R.5] Resources are highly dynamic and continuously evolving.
	✓
	GitHub regularly upgrades Copilot (new LLMs, agent mode, improved models), illustrating continuous evolution (GitHub, 2025b; Zhao, 2023)

	
	
	[R.6] Resources are heterogeneous and exhibit a wide variety of features and forms.
	✓
	Bundles various AI capabilities, interfaces, and integrated services into a flexible, unique GenAI application (GitHub, n.d.–e)
Differentiates from other GenAI tools, e.g., in its workflow design, capabilities, and integrated subsystems (GitHub, n.d.–e)

	
	
	[R.7] Resources are systemically, and thus institutionally and socially, embedded and always context-dependent.
	✓
	Copilot is embedded within and integrated with diverse developer ecosystems and institutional frameworks (Patel, 2024), shaped by licensing, subscription, and organizational practices

	
	
	[R.8] Resources can be accessed, acquired, and distributed from diverse sources. 
	✓
	Access via subscriptions, governed by admin rights (GitHub, n.d.–e)

	
	
	[R.9] Resources may be possessed, controlled, and governed by different actors. 
	✓
	Use controlled via licensing/credits (GitHub, n.d.–c, n.d.–e)
Copilot is proprietary, controlled by GitHub/Microsoft as the provider of the GenAI system (Microsoft Azure, n.d.)
Users access Copilot under subscription or license agreements governed primarily by GitHub/Microsoft terms (GitHub, n.d.–c)

	
	Operand
	[R.d.1] Operand resources are typically tangible and visible, but may also have nonmaterial manifestations or components.
	✓
	GitHub Copilot is visible yet intangible as a GenAI service and software system with integrated development environments (GitHub, n.d.–e)
Intangibility is rather untypical but not excluded for operand resources (Faulkner & Runde, 2019)

	
	
	[R.d.2] Operand resources are inert and treated as passive entities (acted upon) that require action by operant resources.
	
	Copilot is not inert but actively processes inputs (GitHub, 2025a)

	
	
	[R.d.3] Operand resources mainly serve as infrastructure or distribution mechanisms for service provision.
	
	Copilot itself provides services, e.g., the generation of code, and thus exceeds primarily infrastructural roles in service provision (GitHub, n.d.–c)

	
	
	[R.d.4] Operand resources are standardized and replicable, making them easier to reverse-engineer.
	
	GenAI models are, in principle, reproducible, but not identically replicable due to proprietary data and training processes (Dilmegani, n.d.)
Functions may be recreated, yet the exact training process/model cannot be reverse-engineered or standardized easily (GitHub, n.d.–b)

	
	
	[R.d.5] Operand resources are finite and exhaustible.
	
	GitHub Copilot, as a GenAI resource, can be continuously retrained, recombined, and extended, making it potentially infinite (Dohmke, 2023) 
User requests may be limited by plan (GitHub, n.d.–c), but the resource is virtually inexhaustible

	
	Operant
	[R.t.1] Operant resources are predominantly intangible and invisible but may also have physical manifestations or components.
	✓
	GitHub Copilot is visible yet intangible as a GenAI service and software system with integrated development environments (GitHub, n.d.–e)
Visibility is rather untypical but not excluded for operant resources (Faulkner & Runde, 2019)

	
	
	[R.t.2] Operant resources have the ability to act purposefully on other resources.
	✓
	Copilot’s AI models purposefully generate contextually relevant code suggestions, aiming to improve developer productivity (GitHub, n.d.–e)

	
	
	[R.t.3] Operant resources are the fundamental source of value creation.
	✓
	Copilot is positioned as a productivity-enhancing co-programmer, forming a key value-adding resource rather than a mere infrastructure for service provision (GitHub, n.d.–c)

	
	
	[R.t.4] Operant resources are typically acquired, mobilized, and accessed through acquisition processes (e.g., dialogue, learning), and a direct transfer is typically limited.
	✓
	Access requires licenses/accounts; however, a dialogical exchange with GitHub Copilot is required to unfold and mobilize its capabilities (GitHub, n.d.–c, n.d.–e)

	
	
	[R.t.5] Operant resources are inherently more dynamic and complex than operand resources.
	✓
	Copilot is updated continuously, integrating new models and multi-agent features (GitHub, 2025b; Zhao, 2023)
Behavior alters continuously and dynamically through interactions with users for “personalized developer experiences” (Dohmke, 2023)

	
	
	[R.t.6] Operant resources are potentially infinite, as they are continuously recombined, expanded, developed, and renewed.
	✓
	GitHub Copilot, as a GenAI resource, can be continuously retrained, recombined, and extended, making it potentially infinite (Microsoft, n.d.–c)
User requests may be limited by plan (GitHub, n.d.–c), but the resource is virtually inexhaustible

	
	
	[R.t.7] Operant resources can exist as basic operant resources (skills and knowledge) but can also be bundled into composite resources (capabilities) or interconnected resource constellations, forming hierarchies of increasing complexity and value creation potential.
	✓
	GitHub Copilot can be viewed as (at least) a composite resource that bundles multiple resources (e.g., AI models, data, interfaces, cloud services, etc.) to enable its services (Bhattacharya, 2025; GitHub, n.d.–b)

	
	
	[R.t.8] Operant resources may enable, expand, and scale (resource) networks and ecosystems.
	✓
	GitHub Copilot as a tool enables and expands resource networks by linking, e.g.,  developer expertise, GitHub repositories, integrated developer environments, and organizational infrastructure such as continuous integration/continuous delivery pipelines (GitHub, n.d.–c; Patel, 2024)

	Actors
	[Ac.1] Actors can occupy multiple roles or positions and transition between them dynamically.
	✓
	GitHub Copilot is described as supporting various roles in coding assistance, such as code generator, code reviewer, bug fixer, and documentation assistant, or coding agent (GitHub, n.d.–c; Lietzke, 2025)
As users interact with GitHub Copilot, it may switch dynamically between functions (GitHub, n.d.–a)

	
	[Ac.2] Actors can be simultaneously embedded in multiple systemic environments, each with its own distinct institutions.
	✓
	GitHub Copilot is deployed across a wide range of organizational contexts, e.g., startups, multinational enterprises, educational institutions, and individual developers (GitHub, n.d.–c)
It is integrated into several development environments, embedding it across distinct systemic environments (GitHub, n.d.–e)
Thus, it can be assumed that GitHub Copilot can be embedded in multiple systemic environments (and their respective institutions) simultaneously

	
	[Ac.3] Actors are equipped with operant resources. 
	✓
	GitHub Copilot is equipped with operant resources, such as advanced large language models, and operand resources, such as code snippets or documentation that GitHub Copilot acts upon (GitHub, n.d.–d)

	
	[Ac.4] Actors can integrate, access, and recombine resources.
	✓
	GitHub Copilot can integrate, access, and recombine resources (cf. [Ac.3])

	
	[Ac.5] Actors act goal-directed.
	✓
	· GenAI systems are designed to follow user instructions and can be prompted to reach different (user) goals (Ward et al., 2024), thus exhibiting goal-directedness (Dung, 2025)
· Importantly, GitHub Copilot generates outputs in line with user goals, but intentionality is fully delegated (i.e., it does not have intrinsic goals or purposes of its own) (Dohmke, 2025)
· “Goal-directedness” is given but as a function of user input and design parameters, and thus in a delegated form. GitHub frames this explicitly as “Delegate like a boss” (GitHub, n.d.–c)

	
	[Ac.6] Actors have the capacity for learning, also from their interactions.
	✓
	Long-term model updates happen via GitHub/Microsoft backend retraining (GitHub, 2025b)
While GitHub Copilot does not learn from private user data locally, it adapts responses dynamically to the current context (GitHub, n.d.–a)

	Beneficiaries
	[Be.1] Beneficiaries have the abilities to think, want, imagine, feel, sense, and experience emotions themselves (micro), or manifest as collectives of individuals that have these abilities (meso/macro).
	
	· While GenAI can process and generate human-like outputs, it fundamentally lacks genuine cognitive and emotional understanding, demonstrating what can be described as ‘computational mimicry’ rather than authentic experience (e.g., Yirmiya & Fonagy, 2025) 
· No scientific or provider evidence supports any form of genuine emotional or sensual experience in GitHub Copilot
· Collective abilities and identity in organizations are emergent properties of social interaction between conscious human actors (Searle, 1995), a mechanism absent in GenAI, which is composed of computational components (e.g., Breidbach et al., 2026; Northoff & Gouveia, 2024; Yirmiya & Fonagy, 2025). Thus, GenAI is not a social system (collective of individuals) but a technical one that does not manifest as a collective of social individuals capable of thinking, wanting, imagining, feeling, sensing, or experiencing emotions.

	
	[Be.2] Beneficiaries hold individual values, beliefs, attitudes, worldviews, and consciousness that shape their identity (micro), or manifest as collectives of individuals that have these orientations.
	
	· Current AI systems, including GenAI, exhibit no point of view, perspectiveness, or “mineness”, nor do they possess any form of consciousness (Northoff & Gouveia, 2024). Thus, AI does not hold individual values, beliefs, attitudes, or worldviews
· There is no evidence that GitHub Copilot holds any individual values, beliefs, attitudes, worldviews, or consciousness
· Collective abilities and identity in organizations are emergent properties of social interaction between conscious human actors (Searle, 1995), a mechanism absent in GenAI, which is composed of computational components (e.g., Breidbach et al., 2026; Northoff & Gouveia, 2024; Yirmiya & Fonagy, 2025). Thus, GenAI is not a social system (collective of individuals) but a technical one that does not manifest as a collective of social individuals holding values, beliefs, attitudes, worldviews, or consciousness.

	
	[Be.3] Beneficiaries have needs that lead to value-seeking (occasionally even opportunistic) behavior (micro), or manifest as collectives of individuals that have needs and goals (meso/macro).
	
	· GenAI systems do not possess intrinsic needs, desires, or motivational states, as they lack subjectivity and intentional agency. Any ‘value-seeking’ behavior is externally programmed optimization rather than genuine need fulfillment (Northoff & Gouveia, 2024) 
· We found no evidence that GitHub Copilot exhibits goal-directed, value-seeking behaviors beyond user-delegated intentionality
· GenAI can neither be a collective with needs. Its objectives are defined by an external, mathematical optimization function, not by endogenous needs derived from its constituent parts (Feuerriegel et al., 2024; Northoff & Gouveia, 2024). A social system’s goals may emerge from aggregated, intentional states of its human members, a form of “collective intentionality” that technical systems lack (Searle, 1995)

	
	[Be.4] Beneficiaries hold explicit or implicit expectations regarding value propositions (micro), or manifest as collectives of individuals that hold and articulate such expectations (meso/macro).
	
	· Expectations, especially toward value propositions, presuppose anticipatory consciousness and experiential orientation toward future value (Helkkula et al., 2012)
· Current GenAI systems lack any point of view or temporal self-relation required for expectation formation (Breidbach et al., 2026; Northoff & Gouveia, 2024), nor do they manifest as a collective of individuals that hold and articulate such expectations
· No evidence supports that GitHub Copilot itself holds expectations

	
	[Be.5] Beneficiaries have the ability to assess, reflect, and evaluate realized value propositions.
	
	· GenAI is increasingly used to support evaluation and decision-making (López-Solís et al., 2025), creating impressions of reflective practices. 
· However, due to a lack of consciousness or phenomenological self-awareness of current GenAI systems (Northoff & Gouveia, 2024), no genuine sense-making occurs in the phenomenological sense
· Hence, GitHub Copilot may assess or evaluate output, but cannot authentically reflect on value propositions

	
	[Be.6] Beneficiaries are involved in value co-creation.
	✓
	· GitHub Copilot’s AI models purposefully generate contextually relevant code suggestions (GitHub, n.d.–e). Thus, GitHub Copilot is capable of participating in reciprocal resource integration captured by the concept of value co-creation (Vargo & Lusch, 2004, 2008b)
· Importantly, this involvement is purely instrumental: GitHub Copilot itself does not realize or experience the outcome of value co-creation (cf. [Be.7][Be.8])

	
	[Be.7] Beneficiaries are able to receive and experience value-in-use and/or value-in-context.
	
	Value-in-use and value-in-context phenomenologically capture the “idiosyncratic, experiential, contextual, and meaning-laden” (Vargo, 2009, p. 375) value realization in SDL, thus requiring consciousness and experiential awareness
People, i.e., human actors, can create and destroy value with GenAI (Candelon et al., 2023)
· However, GenAI lacks experiential awareness (Northoff & Gouveia, 2024), and we found no evidence that GitHub Copilot can itself receive/experience intrinsic value in a phenomenological sense (no documentation or provider statements indicate any subjective or experiential capability)

	
	[Be.8] Beneficiaries uniquely and phenomenologically determine value.
	
	· Since GenAI lacks phenomenological consciousness (Breidbach et al., 2026; Northoff & Gouveia, 2024), it cannot phenomenologically determine (or receive) value
· No evidence supports that GitHub Copilot itself is the ultimate recipient of value

	Agents
	[Ag.1] Agents may include human, non-human, and hybrid forms.
	✓
	· GitHub Copilot, as a generative digital tool, assumes a non-human form (GitHub, n.d.–c)

	
	[Ag.2] Agents are able to act autonomously within defined constraints.
	✓
	· In “agent mode”, it sequentially plans, executes, tests, and iterates (also using various tools) without constant user input (Dohmke, 2025; Lietzke, 2025)
· However, its autonomy remains bounded by user prompts and queries, the GitHub environment, and policy constraints (Lietzke, 2025)

	
	[Ag.3] Agents exhibit (delegated) intentionality, acting on behalf of other actors.
	✓
	· GitHub Copilot generates outputs in line with user goals, but intentionality is fully delegated (i.e., it does not have intrinsic goals or purposes of its own) (Dohmke, 2025)
· “Goal-directedness” is given but as a function of user input and design parameters, and thus in a delegated form. GitHub frames this explicitly as “Delegate like a boss” (GitHub, n.d.–c)

	
	[Ag.4] Agents are capable of collective action, coordinating with others to achieve shared goals.
	✓
	· Once prompted, GitHub Copilot acts by orchestrating and integrating different resources such as user knowledge (prompts), algorithms, and training data sets to generate outputs (Lietzke, 2025)
· “[…] agent mode has access to your entire workspace and developer environment, so it has proper context to accurately accomplish your requests” (Lietzke, 2025)
· Thus, GitHub Copilot cooperates with the user but not exclusively within the integrated developer environments, as it also triggers and coordinates processes across the broader GitHub ecosystem (Dohmke, 2025)

	
	[Ag.5] Agents do not inherently possess agency. It is enacted through context.
	✓
	· GitHub Copilot does not have intrinsic agency. Instead, their function depends on user prompts, repository context, and integration (“human and agent in the loop”,  GitHub, n.d.–c) 

	
	[Ag.6] Agents support or extend the capacities of other actors. 
	✓
	· Statements like “AI that builds with you”, “Delegate like a boss”, or “Because two brains are better than one” it is underlined that GitHub Copilot is designed to relieve actors and extend their capabilities (GitHub, n.d.–c)

	
	[Ag.7] Agents are subject to the accountability of other actors, operating under (a principal’s, i.e., an actor’s) delegated decision rights.
	✓
	· GitHub Copilot operates under decision rights explicitly delegated by the user (through prompts, assignments) and GitHub’s institutional constraints (licensing, compliance) (GitHub, n.d.–c, n.d.–e, 2025a)


Table 6: Case Coding GitHub Copilot

4.5 Grammarly (Grammarly Inc.)
	
Grammarly’s GenAI features provide users with advanced writing assistance, enabling quick composition, rewriting, ideation, and reply generation based on contextual understanding. The system personalizes suggestions to match individual writing style and tone preferences while preserving user authenticity. Integrated across multiple platforms, including desktop, browser extensions, and mobile apps, Grammarly’s AI tools support drafting high-quality content, revising text for clarity and engagement, summarizing emails, and generating context-specific responses. Emphasizing responsible use, Grammarly ensures privacy and offers controls for users to manage their AI interactions efficiently (Grammarly, n.d.–e, n.d.–i, n.d.–j, 2022; Shah, 2017; Todorov, 2024).


	
	Characteristic
	Met?
	Justification

	[bookmark: _Hlk206842768]Resources
	Universal
	[R.1] Resources do not exist per se, nor do they possess inherent value. Rather, their resourceness is a function of an actor’s appraisal.
	✓
	· Grammarly's GenAI qualifies as a resource only when users integrate it into their writing processes, appraising it as a helpful assistant for improving text, thus reflecting human appraisal of its resourceness rather than inherent value (Grammarly, n.d.–i)
· Presented as an “AI that builds with you” that enhances human work in writing rather than as a standalone source of value (Grammarly, n.d.–e)

	
	
	[R.2] Resources can be intangible and invisible or tangible and visible.
	✓
	Grammarly’s GenAI system itself is fundamentally intangible and invisible to the user
While users can see outputs (generated text) and user interface elements (such as Grammarly icons) (Grammarly, n.d.–j), the GenAI itself is invisible and intangible

	
	
	[R.3] Resources unfold their value potential when integrated by actors, enabling value creation.
	✓
	The value of Grammarly's GenAI unfolds when users apply its text generation and suggestions during writing, engaging in the co-creation of improved written content with the AI as an assisting entity (Grammarly, n.d.–e)

	
	
	[R.4] Resources emerge through the integration and recombination of other resources.
	✓
	Grammarly’s GenAI combines pretrained large language models integrated with Grammarly’s proprietary linguistic rules and user data/input to create a system from multiple underlying components (Grammarly, n.d.–i, 2019)

	
	
	[R.5] Resources are highly dynamic and continuously evolving.
	✓
	Grammarly continuously updates and improves its GenAI models, incorporating feedback and new data to evolve performance and capabilities (Grammarly, n.d.–g)
“Grammarly personalizes […] according to user behavior […]” (Grammarly, 2023; Shah, 2017), which ensures that Grammarly continuously adapts to usage patterns, needs, and environments, rendering it inherently dynamic

	
	
	[R.6] Resources are heterogeneous and exhibit a wide variety of features and forms.
	✓
	Grammarly is highly specialized in improving written text (grammar, style, clarity, tone, plagiarism checks, full-sentence rewriting, etc.) and requires, unlike many other GenAIs, no prompting (Grammarly, 2024a) and thus differentiates from other GenAI tools 
Grammarly’s GenAI is itself heterogeneous, as it adapts to individual user behavior, writing style, and context, providing personalized suggestions and outputs (Grammarly, 2023)

	
	
	[R.7] Resources are systemically, and thus institutionally and socially, embedded and always context-dependent.
	✓
	Embedded in the user’s writing ecosystem (Word, Gmail, Slack, etc.), shaped by institutional norms (language, business), and dependent on the user’s goals/context (Grammarly, 2023; Lenkert, 2024)
Furthermore, embedded in Grammarly’s institutional environment (Grammarly, 2024b)

	
	
	[R.8] Resources can be accessed, acquired, and distributed from diverse sources. 
	✓
	Grammarly’s GenAI is accessed via subscriptions (Grammarly, n.d.–h) and integrated into multiple applications and platforms (web, desktop, mobile)

	
	
	[R.9] Resources may be possessed, controlled, and governed by different actors. 
	✓
	Users access Grammarly’s GenAI under subscription or license agreements governed primarily by Grammarly’s terms (Grammarly, n.d.–h)
Grammarly Inc. retains ownership and technical control of its GenAI, managing resource allocation, access privileges, and updates as described in its terms of service and platform governance documentation (Grammarly, n.d.–c)

	
	Operand
	[R.d.1] Operand resources are typically tangible and visible, but may also have nonmaterial manifestations or components.
	✓
	Grammarly’s GenAI system itself is fundamentally intangible and invisible to the user
While users can see outputs (generated text) and user interface elements (such as Grammarly icons) (Grammarly, n.d.–j), the GenAI is invisible and intangible 
Intangibility is rather untypical but not excluded for operand resources (Faulkner & Runde, 2019)

	
	
	[R.d.2] Operand resources are inert and treated as passive entities (acted upon) that require action by operant resources.
	
	Grammarly’s GenAI itself acts by generating textual output but only when invoked by a user or process (passive until triggered) (Grammarly, n.d.–e, n.d.–j)

	
	
	[R.d.3] Operand resources mainly serve as infrastructure or distribution mechanisms for service provision.
	
	On one hand, the AI system serves as the enabling infrastructure that produces and delivers the service outcome (i.e., a refined, generated text) (Grammarly, n.d.–a)
On the other hand, Grammarly’s GenAI is not limited to an infrastructural or distributional role. Instead, it is a primary technological component of Grammarly’s service (i.e., language generation, rewriting, and ideation capabilities) (Grammarly, n.d.–e, 2023)
It thus does not mainly serve as a distribution mechanism

	
	
	[R.d.4] Operand resources are standardized and replicable, making them easier to reverse-engineer.
	
	GenAI models are, in principle, reproducible, but not identically replicable due to proprietary data and training processes (Dilmegani, n.d.)
Functions may be recreated, yet the exact training process/model cannot be reverse-engineered or standardized easily (Grammarly, 2022)

	
	
	[R.d.5] Operand resources are finite and exhaustible.
	
	Grammarly’s GenAI can be continuously retrained, recombined, and extended, making it potentially infinite (Grammarly, n.d.–i, 2025)
User requests may be limited by plan (Grammarly, n.d.–h), but the resource is virtually inexhaustible

	
	Operant
	[R.t.1] Operant resources are predominantly intangible and invisible but may also have physical manifestations or components.
	✓
	Grammarly’s GenAI system itself is fundamentally intangible and invisible to the user
While users can see outputs (generated text) and user interface elements (such as Grammarly icons) (Grammarly, n.d.–j), the GenAI itself is invisible and intangible 

	
	
	[R.t.2] Operant resources have the ability to act purposefully on other resources.
	✓
	When triggered, the GenAI processes and transforms input data (e.g., textual drafts), actively applying algorithmic logic and linguistic rules to produce new content or insights
Grammarly’s GenAI models purposefully generate contextually relevant text suggestions, aiming to improve writing (Grammarly, n.d.–e)

	
	
	[R.t.3] Operant resources are the fundamental source of value creation.
	✓
	Grammarly’s GenAI is positioned as a productivity and creativity-enhancing writing assistant, forming a key value-adding resource rather than a mere infrastructure for service provision (Grammarly, n.d.–e)

	
	
	[R.t.4] Operant resources are typically acquired, mobilized, and accessed through acquisition processes (e.g., dialogue, learning), and a direct transfer is typically limited.
	✓
	Access requires licenses (Grammarly, n.d.–h), indicating a rather direct transfer
However, an interaction with Grammarly’s GenAI is required to unfold, mobilize, and personalize its capabilities (Grammarly, 2023)

	
	
	[R.t.5] Operant resources are inherently more dynamic and complex than operand resources.
	✓
	Grammarly continuously updates and improves its GenAI models, incorporating feedback and new data to evolve performance and capabilities (Grammarly, n.d.–g)
“Grammarly personalizes […] according to user behavior […]” (Grammarly, 2023; Shah, 2017), which ensures that Grammarly continuously adapts to usage patterns, needs, and environments, rendering it inherently dynamic

	
	
	[R.t.6] Operant resources are potentially infinite, as they are continuously recombined, expanded, developed, and renewed.
	✓
	Grammarly’s GenAI can be continuously retrained, recombined, and extended, making it potentially infinite (Grammarly, n.d.–i, 2025)
User requests may be limited by plan (Grammarly, n.d.–h), but the resource is virtually inexhaustible

	
	
	[R.t.7] Operant resources can exist as basic operant resources (skills and knowledge) but can also be bundled into composite resources (capabilities) or interconnected resource constellations, forming hierarchies of increasing complexity and value creation potential.
	✓
	Grammarly’s AI can be viewed as (at least) a composite resource that bundles multiple resources (e.g., AI models, data, interfaces, cloud services, etc.) to enable its services (Grammarly, n.d.–j)

	
	
	[R.t.8] Operant resources may enable, expand, and scale (resource) networks and ecosystems.
	✓
	Grammarly’s GenAI can be integrated across a wide variety of platforms, tools, and user environments (more than 500,000) (Grammarly, n.d.–e, 2024a), extending the reach and scalability of Grammarly’s digital ecosystem

	Actors
	[Ac.1] Actors can occupy multiple roles or positions and transition between them dynamically.
	
	Grammarly describes its GenAI as able to support various roles within the writing process, such as “AI Grader, Citation Finder, Expert Review, Humanizer”, and others (Grammarly, n.d.–d)
However, with writing assistant as its primary role and its highly specialized functions (Grammarly, n.d.–e, n.d.–i), we found no evidence that the GenAI itself assumes or dynamically transitions between roles

	
	[Ac.2] Actors can be simultaneously embedded in multiple systemic environments, each with its own distinct institutions.
	✓
	Used globally across 50,000 organizations across diverse functions, e.g., customer support, marketing, sales, or human resources (Grammarly, n.d.–f)
Grammarly provides “one consistent communication layer across 500,000+ apps and sites” (Grammarly, n.d.–f)
Thus, it can be assumed that Grammarly’s GenAI can be embedded in multiple systemic environments (and their respective institutions) simultaneously

	
	[Ac.3] Actors are equipped with operant resources. 
	✓
	Grammarly’s GenAI is equipped with operant resources, including advanced natural language processing and large language models, which enable it to act upon operand resources such as user-generated text, drafts, and documents (Grammarly, n.d.–e, n.d.–i)
The GenAI can generate, rewrite, summarize, and enhance written content by recombining linguistic, contextual, and user-specific input into new textual outputs (Grammarly, n.d.–a, n.d.–e)

	
	[Ac.4] Actors can integrate, access, and recombine resources.
	✓
	Grammarly’s GenAI can integrate and access resources [cf. Ac.3]

	
	[Ac.5] Actors act goal-directed.
	✓
	· GenAI systems are designed to follow user instructions and can be prompted to reach different (user) goals (Ward et al., 2024), thus exhibiting goal-directedness (Dung, 2025)
· Importantly, Grammarly’s GenAI does not originate its own goals or purposes but executes operations based on externally defined objectives (such as refining text), reflecting delegated intentionality (Grammarly, n.d.–e, 2024a)

	
	[Ac.6] Actors have the capacity for learning, also from their interactions.
	✓
	· Grammarly’s GenAI learns and improves via reinforcement learning from user acceptance/rejection patterns (Todorov, 2024)
· Long-term model updates happen via Grammarly backend retraining (Grammarly, n.d.–g, 2025)

	Beneficiaries
	[Be.1] Beneficiaries have the abilities to think, want, imagine, feel, sense, and experience emotions themselves (micro), or manifest as collectives of individuals that have these abilities (meso/macro).
	
	· While GenAI can process and generate human-like outputs, it fundamentally lacks genuine cognitive and emotional understanding, demonstrating what can be described as ‘computational mimicry’ rather than authentic experience (e.g., Yirmiya & Fonagy, 2025) 
· No scientific or provider evidence supports any form of genuine emotional or sensual experience in Grammarly’s GenAI
· Collective abilities and identity in organizations are emergent properties of social interaction between conscious human actors (Searle, 1995), a mechanism absent in GenAI, which is composed of computational components (e.g., Breidbach et al., 2026; Northoff & Gouveia, 2024; Yirmiya & Fonagy, 2025). Thus, GenAI is not a social system (collective of individuals) but a technical one that does not manifest as a collective of social individuals capable of thinking, wanting, imagining, feeling, sensing, or experiencing emotions.

	
	[Be.2] Beneficiaries hold individual values, beliefs, attitudes, worldviews, and consciousness that shape their identity (micro), or manifest as collectives of individuals that have these orientations.
	
	· Current AI systems, including GenAI, exhibit no point of view, perspectiveness, or “mineness”, nor do they possess any form of consciousness (Northoff & Gouveia, 2024). Thus, AI does not hold individual values, beliefs, attitudes, or worldviews
· There is no evidence that Grammarly’s GenAI holds any individual values, beliefs, attitudes, worldviews, or consciousness
· Collective abilities and identity in organizations are emergent properties of social interaction between conscious human actors (Searle, 1995), a mechanism absent in GenAI, which is composed of computational components (e.g., Breidbach et al., 2026; Northoff & Gouveia, 2024; Yirmiya & Fonagy, 2025). Thus, GenAI is not a social system (collective of individuals) but a technical one that does not manifest as a collective of social individuals holding values, beliefs, attitudes, worldviews, or consciousness.

	
	[Be.3] Beneficiaries have needs that lead to value-seeking (occasionally even opportunistic) behavior (micro), or manifest as collectives of individuals that have needs and goals (meso/macro).
	
	· GenAI systems do not possess intrinsic needs, desires, or motivational states, as they lack subjectivity and intentional agency. Any ‘value-seeking’ behavior is externally programmed optimization rather than genuine need fulfillment (Northoff & Gouveia, 2024) 
· We found no evidence that Grammarly’s GenAI exhibits goal-directed, value-seeking behaviors beyond user-delegated intentionality
· GenAI can neither be a collective with needs. Its objectives are defined by an external, mathematical optimization function, not by endogenous needs derived from its constituent parts (Feuerriegel et al., 2024; Northoff & Gouveia, 2024). A social system’s goals may emerge from aggregated, intentional states of its human members, a form of “collective intentionality” that technical systems lack (Searle, 1995)

	
	[Be.4] Beneficiaries hold explicit or implicit expectations regarding value propositions (micro), or manifest as collectives of individuals that hold and articulate such expectations (meso/macro).
	
	· Expectations, especially toward value propositions, presuppose anticipatory consciousness and experiential orientation toward future value (Helkkula et al., 2012)
· Current GenAI systems lack any point of view or temporal self-relation required for expectation formation (Breidbach et al., 2026; Northoff & Gouveia, 2024), nor do they manifest as a collective of individuals that hold and articulate such expectations
· No evidence supports that Grammarly’s GenAI itself holds expectations

	
	[Be.5] Beneficiaries have the ability to assess, reflect, and evaluate realized value propositions.
	
	· GenAI is increasingly used to support evaluation and decision-making (López-Solís et al., 2025), creating impressions of reflective practices. 
· However, due to a lack of consciousness or phenomenological self-awareness of current GenAI systems (Northoff & Gouveia, 2024), no genuine sense-making occurs in the phenomenological sense
· Hence, Grammarly’s GenAI may assess or evaluate output, but cannot authentically reflect on value propositions

	
	[Be.6] Beneficiaries are involved in value co-creation.
	✓
	· Grammarly’s GenAI can integrate, access, and recombine resources [cf. Ac.3]
· Thus, Grammarly’s GenAI is capable of participating in reciprocal resource integration captured by the concept of value co-creation (Vargo & Lusch, 2004, 2008b)
· Importantly, this involvement is purely instrumental: Grammarly’s GenAI itself does not realize or experience the outcome of value co-creation (cf. [Be.7][Be.8])

	
	[Be.7] Beneficiaries are able to receive and experience value-in-use and/or value-in-context.
	
	Value-in-use and value-in-context phenomenologically capture the “idiosyncratic, experiential, contextual, and meaning-laden” (Vargo, 2009, p. 375) value realization in SDL, thus requiring consciousness and experiential awareness
People, i.e., human actors, can create and destroy value with GenAI (Candelon et al., 2023)
· However, GenAI lacks experiential awareness (Northoff & Gouveia, 2024), and we found no evidence that Grammarly’s GenAI can itself receive/experience intrinsic value in a phenomenological sense (no documentation or provider statements indicate any subjective or experiential capability)

	
	[Be.8] Beneficiaries uniquely and phenomenologically determine value.
	
	· Since GenAI lacks phenomenological consciousness (Breidbach et al., 2026; Northoff & Gouveia, 2024), it cannot phenomenologically determine (or receive) value
· No evidence supports that Grammarly’s GenAI itself is the ultimate recipient of value

	Agents
	[Ag.1] Agents may include human, non-human, and hybrid forms.
	✓
	· Grammarly’s GenAI exhibits a non-human form (Grammarly, n.d.–e)

	
	[Ag.2] Agents are able to act autonomously within defined constraints.
	✓
	· Grammarly’s GenAI exhibits a rather low degree of autonomy as the GenAI-generated outputs are presented as suggestions, which users review frequently (Grammarly, 2024c)
· An “AI Chat” is, at the moment, only available to a limited group of users on Grammarly (Grammarly, n.d.–b)
· However, Grammarly’s GenAI demonstrates a certain level of autonomy, as it independently processes user input, generates content, and formulates suggestions without ongoing human intervention during each activation cycle (Grammarly, n.d.–e)

	
	[Ag.3] Agents exhibit (delegated) intentionality, acting on behalf of other actors.
	✓
	· Grammarly’s GenAI does not originate its own goals or purposes but executes operations based on externally defined objectives (such as refining text) on behalf of a user, reflecting delegated intentionality (Grammarly, n.d.–e, 2024a)

	
	[Ag.4] Agents are capable of collective action, coordinating with others to achieve shared goals.
	
	· Currently, Grammarly's GenAI acts individually per user session. It does not coordinate collectively with other AIs to achieve shared goals (Grammarly, n.d.–i)
· However, providers' statements indicate a strategic roadmap towards developing more advanced intelligent “agents” capable of collaborating seamlessly across platforms and user groups in the future (Grammarly, 2025): “We’re moving beyond simple suggestions to intelligent agents that understand context and actively help users achieve their communication goals. This is just the beginning as we develop Grammarly’s new platform that will soon offer agents working seamlessly across all the places students and professionals write and collaborate.” (Luke Behnke, VP of Product Management, Grammarly Inc.) 

	
	[Ag.5] Agents do not inherently possess agency. It is enacted through context.
	✓
	· The GenAI’s capacity to act is contingent on external context, content, and user initiation, not an inherent property (Grammarly, n.d.–e, 2024b)

	
	[Ag.6] Agents support or extend the capacities of other actors. 
	✓
	· Grammarly’s GenAI is designed to enhance the abilities of users or client systems, but ultimate responsibility for use and outcomes remains with the controlling party (user, organization) as stipulated by the terms of service (Grammarly, n.d.–e, 2022)
· Statements such as “work with the world’s most trusted AI assistant to augment your creative potential” or “elevate your productivity and creativity with generative AI” (Grammarly, n.d.–e) reinforce the user-supporting focus (Todorov, 2024)

	
	[Ag.7] Agents are subject to the accountability of other actors, operating under (a principal’s, i.e., an actor’s) delegated decision rights.
	✓
	· “Grammarly does an excellent job of keeping its guidance manageable” (Ravaglia, 2023)
· The system only operates within the boundaries set by users and respects user agency and authenticity in all its suggestions: “[…] personalized suggestions that respect user agency and authenticity” (Grammarly, n.d.–i)
· Grammarly’s GenAI operates under decision rights explicitly delegated by the user and Grammarly’s institutional constraints. Grammarly has an explicit emphasis on user control in working with its GenAI (Grammarly, n.d.–e, 2022, 2024b)


Table 7: Case Coding Grammarly

4.6 Jasper AI (Jasper)
	
Jasper AI is a GenAI-based content creation assistant tailored for marketing, communication, and branding use cases. Unlike general-purpose conversational AI models, Jasper is optimized for generating high-quality marketing copy, blog posts, social media content, and advertising campaigns that align with brand voice and tone. It is accessible through a dedicated platform, browser extensions, and integrations with popular content management systems and marketing tools. It provides advanced features such as brand style guides, allowing organizations to define and lock in tone, vocabulary, and personality across all AI-generated outputs. Through collaboration tools, Jasper enables teams to co-create, edit, and review content in real time. It also supports multimodal content workflows, including text-to-image generation for visual campaigns, and integrates with SEO optimization features to ensure that created content is both engaging and discoverable (Bal, 2025; Dholakia & Deeter, 2022; Doyle, 2023; Jasper, n.d.–d, 2024b; Young, 2025).


	
	Characteristic
	Met?
	Justification

	Resources
	Universal
	[R.1] Resources do not exist per se, nor do they possess inherent value. Rather, their resourceness is a function of an actor’s appraisal.
	✓
	· Value emerges through user interaction and creative outputs (Bal, 2025; Dholakia & Deeter, 2022; Jasper, n.d.–d)
· Jasper presents Jasper AI as an assistant/ agent that augments human work rather than as a standalone source of value (Jasper, n.d.–g, 2024b; Young, 2025)

	
	
	[R.2] Resources can be intangible and invisible or tangible and visible.
	✓
	· Jasper AI is visible and partially tangible on a device, yet intangible as a service (Dholakia & Deeter, 2022; Jasper, n.d.–d)

	
	
	[R.3] Resources unfold their value potential when integrated by actors, enabling value creation.
	✓
	· Jasper’s AI models are integrated with user creativity, intent, and other design resources (Dholakia & Deeter, 2022; James' Room, 2023; Jasper, 2024a)

	
	
	[R.4] Resources emerge through the integration and recombination of other resources.
	✓
	· Jasper AI recombines operand resources (such as text or image data) with operand data (e.g., algorithms) to generate other resources (Dholakia & Deeter, 2022; Jasper, n.d.–f, 2024a)

	
	
	[R.5] Resources are highly dynamic and continuously evolving.
	✓
	· Regularly updated with new features, models, and training data (Jasper, n.d.–h)

	
	
	[R.6] Resources are heterogeneous and exhibit a wide variety of features and forms.
	✓
	· Bundles various AI capabilities, and integrated services (Dholakia & Deeter, 2022; Jasper, n.d.–d, n.d.–f)

	
	
	[R.7] Resources are systemically, and thus institutionally and socially, embedded and always context-dependent.
	✓
	· Embedded in several ecosystems (through the Jasper platform) but also in diverse personal social contexts, Jasper is subject to distinct institutional arrangements (Jasper, n.d.–e; TheirStack, n.d.)

	
	
	[R.8] Resources can be accessed, acquired, and distributed from diverse sources. 
	✓
	· Access via subscriptions (Jasper, n.d.–a)
· Access to Jasper is transferable via subscription (Jasper, n.d.–a)

	
	
	[R.9] Resources may be possessed, controlled, and governed by different actors. 
	✓
	· Governed by Jasper under governance guidelines (Jasper, n.d.–b)
· Jasper owns and governs Jasper AI’s infrastructure and model access (Jasper, n.d.–b)

	
	Operand
	[R.d.1] Operand resources are typically tangible and visible, but may also have nonmaterial manifestations or components.
	✓
	· Jasper AI is visible and partially tangible on a device, yet intangible as a service (James' Room, 2023; Jasper, 2024b)
· Intangibility is rather untypical but not excluded for operand resources (Faulkner & Runde, 2019)

	
	
	[R.d.2] Operand resources are inert and treated as passive entities (acted upon) that require action by operant resources.
	
	· Jasper AI is actively involved in generative processes and not inert/passive (Dholakia & Deeter, 2022; Jasper, n.d.–g, 2023)

	
	
	[R.d.3] Operand resources mainly serve as infrastructure or distribution mechanisms for service provision.
	
	· Jasper AI itself provides services, e.g., the generation of images, and thus exceeds primarily infrastructural roles in service provision (Dholakia & Deeter, 2022; James' Room, 2023; Jasper, n.d.–d)

	
	
	[R.d.4] Operand resources are standardized and replicable, making them easier to reverse-engineer.
	
	· GenAI models are, in principle, reproducible, but not identically replicable due to proprietary data and training processes (Dilmegani, n.d.)
· Jasper AI’s functions can be recreated, yet the exact training process/model cannot be reverse-engineered or standardized easily (Jasper, n.d.–e, n.d.–g; Young, 2025)

	
	
	[R.d.5] Operand resources are finite and exhaustible.
	
	· Jasper, as a GenAI resource, can be continuously retrained, recombined, and extended, making it potentially infinite (Bal, 2025; Dholakia & Deeter, 2022)
· User requests may be limited by plan (TheirStack, n.d.), but the resource is virtually inexhaustible

	
	Operant
	[R.t.1] Operant resources are predominantly intangible and invisible but may also have physical manifestations or components.
	✓
	· Jasper AI is visible and partially tangible on a device, yet intangible as a service (James' Room, 2023; Jasper, 2024b)
· Visibility is rather untypical but not excluded for operant resources (Faulkner & Runde, 2019)

	
	
	[R.t.2] Operant resources have the ability to act purposefully on other resources.
	✓
	· Jasper AI is actively involved in generative processes and thus able to act purposefully on other resources (Dholakia & Deeter, 2022; Young, 2025)

	
	
	[R.t.3] Operant resources are the fundamental source of value creation.
	✓
	· Central to users’ creative processes (enhancing productivity and creativity) and value-creating workflows in Jasper (Dholakia & Deeter, 2022; Jasper, n.d.–d)

	
	
	[R.t.4] Operant resources are typically acquired, mobilized, and accessed through acquisition processes (e.g., dialogue, learning), and a direct transfer is typically limited.
	✓
	· Access requires licenses/accounts; however, a dialogical exchange with Jasper AI is required to unfold and mobilize its capabilities (Bal, 2025; Jasper, n.d.–a, n.d.–f)

	
	
	[R.t.5] Operant resources are inherently more dynamic and complex than operand resources.
	✓
	· Jasper AI is continuously updated with new models (Jasper, n.d.–h) and gets capable of more dynamic and complex tasks (Bal, 2025; Jasper, n.d.–g; Young, 2025)

	
	
	[R.t.6] Operant resources are potentially infinite, as they are continuously recombined, expanded, developed, and renewed.
	✓
	· Jasper, as a GenAI resource, can be continuously retrained, recombined, and extended, making it potentially infinite (Bal, 2025; Dholakia & Deeter, 2022)
· User requests may be limited by plan (TheirStack, n.d.), but the resource is virtually inexhaustible

	
	
	[R.t.7] Operant resources can exist as basic operant resources (skills and knowledge) but can also be bundled into composite resources (capabilities) or interconnected resource constellations, forming hierarchies of increasing complexity and value creation potential.
	✓
	· Jasper AI can be viewed as (at least) a composite resource that bundles other resources, such as AI algorithms, data, and design interfaces, forming part of a larger constellation of tools and services (Dholakia & Deeter, 2022; Jasper, n.d.–c)

	
	
	[R.t.8] Operant resources may enable, expand, and scale (resource) networks and ecosystems.
	✓
	· Jasper AI is designed to embed seamlessly into existing workflows across various environments offerings and enables connecting and integrating diverse resources (e.g., user knowledge, algorithms, datasets) (Dholakia & Deeter, 2022; James' Room, 2023; Jasper, n.d.–c, 2024b), thereby actively contributing to the emergence and scaling of resource networks 

	Actors
	[Ac.1] Actors can occupy multiple roles or positions and transition between them dynamically.
	✓
	· No-code app builder, optimization agent, personalization agent, research agent (Jasper, n.d.–e)
· Assistant, companion (James' Room, 2023)

	
	[Ac.2] Actors can be simultaneously embedded in multiple systemic environments, each with its own distinct institutions.
	✓
	· Multiple countries supported (TheirStack, n.d.)
· Templates for several other websites, such as Amazon, Facebook, Google Ads (Jasper, n.d.–e)

	
	[Ac.3] Actors are equipped with operant resources. 
	✓
	· “One file in, endless content out. Jasper turns any asset—video, audio, image, or doc—into on-brand content, fast” (Jasper, n.d.–e)

	
	[Ac.4] Actors can integrate, access, and recombine resources.
	✓
	· “One great thing about Jasper is that it always produces original content. You don’t have to worry about plagiarism” (Jasper, n.d.–f), thus Jasper can integrate and access resources (e.g., Jasper, n.d.–c)
· Once prompted, Jasper acts by orchestrating and integrating different resources such as user knowledge (prompts), algorithms, and training data sets to generate outputs (Doyle, 2023; Jasper, 2024b)

	
	[Ac.5] Actors act goal-directed.
	✓
	GenAI systems are designed to follow user instructions and can be prompted to reach different (user) goals (Ward et al., 2024), thus exhibiting goal-directedness (Dung, 2025)

	
	[Ac.6] Actors have the capacity for learning, also from their interactions.
	✓
	· Jasper learns from and responds to environmental input (from the user) and adapts its behavior over time (Jasper, 2024a)
· Long-term model updates happen for retraining as well (Jasper, n.d.–h)

	Beneficiaries
	[Be.1] Beneficiaries have the abilities to think, want, imagine, feel, sense, and experience emotions themselves (micro), or manifest as collectives of individuals that have these abilities (meso/macro).
	
	· While GenAI can process and generate human-like outputs, it fundamentally lacks genuine cognitive and emotional understanding, demonstrating what can be described as ‘computational mimicry’ rather than authentic experience (e.g., Yirmiya & Fonagy, 2025) 
· No scientific or provider evidence supports any form of genuine emotional or sensual experience in Jasper
· Collective abilities and identity in organizations are emergent properties of social interaction between conscious human actors (Searle, 1995), a mechanism absent in GenAI, which is composed of computational components (e.g., Breidbach et al., 2026; Northoff & Gouveia, 2024; Yirmiya & Fonagy, 2025). Thus, GenAI is not a social system (collective of individuals) but a technical one that does not manifest as a collective of social individuals capable of thinking, wanting, imagining, feeling, sensing, or experiencing emotions.

	
	[Be.2] Beneficiaries hold individual values, beliefs, attitudes, worldviews, and consciousness that shape their identity (micro), or manifest as collectives of individuals that have these orientations.
	
	· Current AI systems, including GenAI, exhibit no point of view, perspectiveness, or “mineness”, nor do they possess any form of consciousness (Northoff & Gouveia, 2024). Thus, AI does not hold individual values, beliefs, attitudes, or worldviews
· There is no evidence that Jasper holds any individual values, beliefs, attitudes, worldviews, or consciousness
· Collective abilities and identity in organizations are emergent properties of social interaction between conscious human actors (Searle, 1995), a mechanism absent in GenAI, which is composed of computational components (e.g., Breidbach et al., 2026; Northoff & Gouveia, 2024; Yirmiya & Fonagy, 2025). Thus, GenAI is not a social system (collective of individuals) but a technical one that does not manifest as a collective of social individuals holding values, beliefs, attitudes, worldviews, or consciousness.

	
	[Be.3] Beneficiaries have needs that lead to value-seeking (occasionally even opportunistic) behavior (micro), or manifest as collectives of individuals that have needs and goals (meso/macro).
	
	· GenAI systems do not possess intrinsic needs, desires, or motivational states, as they lack subjectivity and intentional agency. Any ‘value-seeking’ behavior is externally programmed optimization rather than genuine need fulfillment (Northoff & Gouveia, 2024) 
· We found no evidence that Jasper exhibits goal-directed, value-seeking behaviors beyond user-delegated intentionality
· GenAI can neither be a collective with needs. Its objectives are defined by an external, mathematical optimization function, not by endogenous needs derived from its constituent parts (Feuerriegel et al., 2024; Northoff & Gouveia, 2024). A social system’s goals may emerge from aggregated, intentional states of its human members, a form of “collective intentionality” that technical systems lack (Searle, 1995)

	
	[Be.4] Beneficiaries hold explicit or implicit expectations regarding value propositions (micro), or manifest as collectives of individuals that hold and articulate such expectations (meso/macro).
	
	· Expectations, especially toward value propositions, presuppose anticipatory consciousness and experiential orientation toward future value (Helkkula et al., 2012)
· Current GenAI systems lack any point of view or temporal self-relation required for expectation formation (Breidbach et al., 2026; Northoff & Gouveia, 2024), nor do they manifest as a collective of individuals that hold and articulate such expectations
· No evidence supports that Jasper itself holds expectations

	
	[Be.5] Beneficiaries have the ability to assess, reflect, and evaluate realized value propositions.
	
	· GenAI is increasingly used to support evaluation and decision-making (López-Solís et al., 2025), creating impressions of reflective practices. 
· However, due to a lack of consciousness or phenomenological self-awareness of current GenAI systems (Northoff & Gouveia, 2024), no genuine sense-making occurs in the phenomenological sense
· Hence, Jasper may assess or evaluate output, but cannot authentically reflect on value propositions

	
	[Be.6] Beneficiaries are involved in value co-creation.
	✓
	· Jasper is actively involved in generative processes and capable of participating in reciprocal resource integration (cf. [Ac.4]) captured by the concept of value co-creation (Vargo & Lusch, 2004, 2008b)
· Importantly, this involvement is purely instrumental: Jasper itself does not realize or experience the outcome of value co-creation (cf. [Be.7][Be.8])

	
	[Be.7] Beneficiaries are able to receive and experience value-in-use and/or value-in-context.
	
	Value-in-use and value-in-context phenomenologically capture the “idiosyncratic, experiential, contextual, and meaning-laden” (Vargo, 2009, p. 375) value realization in SDL, thus requiring consciousness and experiential awareness
People, i.e., human actors, can create and destroy value with GenAI (Candelon et al., 2023)
· However, GenAI lacks experiential awareness (Northoff & Gouveia, 2024) and we found no evidence that Jasper can itself receive/experience intrinsic value in a phenomenological sense (no documentation or provider statements indicate any subjective or experiential capability)

	
	[Be.8] Beneficiaries uniquely and phenomenologically determine value.
	
	· Since GenAI lacks phenomenological consciousness (Breidbach et al., 2026; Northoff & Gouveia, 2024), it cannot phenomenologically determine (or receive) value
· No evidence supports that Jasper itself is the ultimate recipient of value

	Agents
	[Ag.1] Agents may include human, non-human, and hybrid forms.
	✓
	· Jasper, as a generative digital tool, assumes a non-human form (Jasper, n.d.–d)

	
	[Ag.2] Agents are able to act autonomously within defined constraints.
	✓
	· Jasper offers an agent mode that autonomously solves complex tasks without constant user input (Jasper, n.d.–g; Young, 2025). However, its autonomy remains bounded by user prompts and queries, and policy constraints (Bal, 2025)

	
	[Ag.3] Agents exhibit (delegated) intentionality, acting on behalf of other actors.
	✓
	· Jasper generates outputs in line with user goals, but intentionality is fully delegated (i.e., it does not have intrinsic goals or purposes of its own) (Bal, 2025; Jasper, n.d.–d)

	
	[Ag.4] Agents are capable of collective action, coordinating with others to achieve shared goals.
	✓
	· Jasper agent is capable of collective action, coordinating with others to achieve shared goals as Jasper AI cooperates with the user not exclusively within the integrated environment but also interacts with the broader ecosystem (Jasper, n.d.–g)

	
	[Ag.5] Agents do not inherently possess agency. It is enacted through context.
	✓
	· Jasper does not have intrinsic agency. Instead, its function depends on user prompts, repository context, and integration (Bal, 2025; Jasper, n.d.–d)

	
	[Ag.6] Agents support or extend the capacities of other actors. 
	✓
	· Jasper is designed to relieve actors and extend their capabilities (Dholakia & Deeter, 2022; Jasper, 2023)

	
	[Ag.7] Agents are subject to the accountability of other actors, operating under (a principal’s, i.e., an actor’s) delegated decision rights.
	✓
	· Jasper operates under decision rights explicitly delegated by the user (through prompts, assignments) (Bal, 2025; Jasper, n.d.–d)


Table 8: Case Coding Jasper AI (Jasper)

[bookmark: _Hlk206840219]4.7 Microsoft Copilot (Microsoft)
	
Microsoft Copilot is a GenAI-based productivity assistant embedded across Microsoft’s ecosystem, including Microsoft 365 (Word, Excel, PowerPoint, Outlook, Teams) and Windows. It leverages large language models in combination with the Microsoft Graph to deliver context-aware assistance, drawing on emails, documents, meetings, and chats to provide tailored outputs. Unlike traditional productivity tools, Copilot not only autocompletes or suggests templates but also generates full documents, presentations, analyses, and summaries that are directly aligned with user context and intent. It offers advanced features such as natural language-driven document creation, real-time meeting summarization, data analysis in Excel, and automated email drafting. Through integration with Teams, Copilot supports collaboration by synthesizing discussions, generating action items, and providing decision-support insights (Counts et al., 2023; Lamanna, 2024; Microsoft, n.d.–d, n.d.–f, n.d.–i).


	
	Characteristic
	Met?
	Justification

	Resources
	Universal
	[R.1] Resources do not exist per se, nor do they possess inherent value. Rather, their resourceness is a function of an actor’s appraisal.
	✓
	· Value emerges through user interaction and creative outputs (Lamanna, 2024; Microsoft, n.d.–g) 
· Microsoft presents Copilot as an assistant/ agent that augments human work rather than as a standalone source of value (Microsoft Events, 2024)

	
	
	[R.2] Resources can be intangible and invisible or tangible and visible.
	✓
	· Microsoft’s Copilot is visible and partially tangible on a device, yet intangible as a service (Counts et al., 2023; Microsoft, n.d.–g, n.d.–i)

	
	
	[R.3] Resources unfold their value potential when integrated by actors, enabling value creation.
	✓
	· Copilot’s AI models are integrated with user creativity, intent, and other design resources (Counts et al., 2023; Microsoft, n.d.–d, n.d.–i)

	
	
	[R.4] Resources emerge through the integration and recombination of other resources.
	✓
	· Microsoft’s Copilot recombines operand resources (such as text or image data) with operand data (e.g., algorithms) to generate other resources (Microsoft, n.d.–f, n.d.–g, n.d.–i)

	
	
	[R.5] Resources are highly dynamic and continuously evolving.
	✓
	· Regularly updated with new features, models, and training data (Microsoft Events, 2024; Patton, 2025)

	
	
	[R.6] Resources are heterogeneous and exhibit a wide variety of features and forms.
	✓
	· Bundles various AI capabilities, and integrated services (Microsoft, n.d.–i)

	
	
	[R.7] Resources are systemically, and thus institutionally and socially, embedded and always context-dependent.
	✓
	· Embedded in several ecosystems (e.g., Apple, Windows, or Android) but also in diverse personal social contexts, Copilot is subject to distinct institutional arrangements (Apple, n.d.; Google Play, n.d.; Microsoft, n.d.–h)

	
	
	[R.8] Resources can be accessed, acquired, and distributed from diverse sources. 
	✓
	· Access to Copilot is transferable via subscription (Microsoft, n.d.–b)
· The model/service, however, itself is online (Microsoft, n.d.–g)

	
	
	[R.9] Resources may be possessed, controlled, and governed by different actors. 
	✓
	· Governed by Microsoft under governance guidelines (Fleck, 2026)
· Microsoft owns and governs Copilot’s infrastructure and model access (Fleck, 2026)

	
	Operand
	[R.d.1] Operand resources are typically tangible and visible, but may also have nonmaterial manifestations or components.
	✓
	· Microsoft’s Copilot is visible and partially tangible on a device, yet intangible as a service (Microsoft, n.d.–d, n.d.–g, n.d.–i)
· Intangibility is rather untypical but not excluded for operand resources (Faulkner & Runde, 2019)

	
	
	[R.d.2] Operand resources are inert and treated as passive entities (acted upon) that require action by operant resources.
	
	· Microsoft’s Copilot is actively involved in generative processes and not inert/passive (Lamanna, 2024; Microsoft, n.d.–i; Microsoft Events, 2024)

	
	
	[R.d.3] Operand resources mainly serve as infrastructure or distribution mechanisms for service provision.
	
	· Microsoft’s Copilot itself provides services, e.g., the generation of images, and thus exceeds primarily infrastructural roles in service provision (Lamanna, 2024; Microsoft, n.d.–i)

	
	
	[R.d.4] Operand resources are standardized and replicable, making them easier to reverse-engineer.
	
	· GenAI models are, in principle, reproducible, but not identically replicable due to proprietary data and training processes (Dilmegani, n.d.)
· Copilot’s functions can be recreated, yet the exact training process/model cannot be reverse-engineered or standardized easily (Lamanna, 2024; Microsoft, n.d.–i)

	
	
	[R.d.5] Operand resources are finite and exhaustible.
	
	· Copilot, as a GenAI resource, can be continuously retrained, recombined, and extended, making it potentially infinite (Microsoft, n.d.–g, n.d.–i)
· User requests may be limited by plan (Counts et al., 2023), but the resource is virtually inexhaustible

	
	Operant
	[R.t.1] Operant resources are predominantly intangible and invisible but may also have physical manifestations or components.
	✓
	· Microsoft’s Copilot is visible and partially tangible on a device, yet intangible as a service (Microsoft, n.d.–d, n.d.–g, n.d.–i)
· Visibility is rather untypical but not excluded for operant resources (Faulkner & Runde, 2019)

	
	
	[R.t.2] Operant resources have the ability to act purposefully on other resources.
	✓
	· Copilot is actively involved in generative processes and thus able to act purposefully on other resources (Counts et al., 2023; Lamanna, 2024; Microsoft, n.d.–i)

	
	
	[R.t.3] Operant resources are the fundamental source of value creation.
	✓
	· Central to users’ creative processes (enhancing productivity and creativity) and value-creating workflows in Copilot (Microsoft, n.d.–i; Microsoft Events, 2024)

	
	
	[R.t.4] Operant resources are typically acquired, mobilized, and accessed through acquisition processes (e.g., dialogue, learning), and a direct transfer is typically limited.
	✓
	· Access requires licenses/accounts; however, a dialogical exchange with Copilot is required to unfold and mobilize its capabilities (Microsoft, n.d.–b)

	
	
	[R.t.5] Operant resources are inherently more dynamic and complex than operand resources.
	✓
	· Copilot is continuously updated with new models (Microsoft Events, 2024; Patton, 2025)
· Copilot’s behavior alters continuously and dynamically through interactions with users (u/average_coffeeslurp, 2024)

	
	
	[R.t.6] Operant resources are potentially infinite, as they are continuously recombined, expanded, developed, and renewed.
	✓
	· Copilot, as a GenAI resource, can be continuously retrained, recombined, and extended, making it potentially infinite (Microsoft, n.d.–g, n.d.–i)
· User requests may be limited by plan (Counts et al., 2023), but the resource is virtually inexhaustible

	
	
	[R.t.7] Operant resources can exist as basic operant resources (skills and knowledge) but can also be bundled into composite resources (capabilities) or interconnected resource constellations, forming hierarchies of increasing complexity and value creation potential.
	✓
	· Copilot can be viewed as (at least) a composite resource that bundles other resources, such as AI algorithms, data, and design interfaces, forming part of a larger constellation of tools and services (Lamanna, 2024; Microsoft, n.d.–i; Microsoft Events, 2024)

	
	
	[R.t.8] Operant resources may enable, expand, and scale (resource) networks and ecosystems.
	✓
	· Copilot is designed to embed seamlessly into existing workflows across various environments offerings and enables connecting and integrating diverse resources (e.g., user knowledge, algorithms, datasets) (Apple, n.d.; Google Play, n.d.; Microsoft, n.d.–i), thereby actively contributing to the emergence and scaling of resource networks 

	Actors
	[Ac.1] Actors can occupy multiple roles or positions and transition between them dynamically.
	✓
	· Assistive, conversational, automation (Microsoft Events, 2024)
· Copilot is able to perform roleplay like Dungeons & Dragons in different scenarios (u/average_coffeeslurp, 2024)

	
	[Ac.2] Actors can be simultaneously embedded in multiple systemic environments, each with its own distinct institutions.
	✓
	· Multiple countries supported (Microsoft, n.d.–h)
· Copilot within Office, Azure, but also within diverse industries such as retail, financial services, healthcare, education, government, and manufacturing (Microsoft, n.d.–i)
Copilot on PC and Mac, on the phone, and on WhatsApp (Microsoft, n.d.–g)

	
	[Ac.3] Actors are equipped with operant resources. 
	✓
	· Copilot can generate text and image output, e.g., from text and image material (Microsoft, n.d.–g)
· “Image generation gives you the ability to create new images via text prompts or edit images which are generated or uploaded”  (Microsoft, n.d.–g)

	
	[Ac.4] Actors can integrate, access, and recombine resources.
	✓
	· Microsoft’s Copilot can integrate, access, and recombine resources (cf. [Ac.3]) (e.g., Microsoft, n.d.–a

	
	[Ac.5] Actors act goal-directed.
	✓
	GenAI systems are designed to follow user instructions and can be prompted to reach different (user) goals (Ward et al., 2024), thus exhibiting goal-directedness (Dung, 2025)

	
	[Ac.6] Actors have the capacity for learning, also from their interactions.
	✓
	· Microsoft’s Copilot learns from and responds to environmental input (from the user) and adapts its behavior over time (Counts et al., 2023)
· Long-term model updates happen for retraining as well (Microsoft, n.d.–e)

	Beneficiaries
	[Be.1] Beneficiaries have the abilities to think, want, imagine, feel, sense, and experience emotions themselves (micro), or manifest as collectives of individuals that have these abilities (meso/macro).
	
	While GenAI can process and generate human-like outputs, it fundamentally lacks genuine cognitive and emotional understanding, demonstrating what can be described as ‘computational mimicry’ rather than authentic experience (e.g., Yirmiya & Fonagy, 2025)
· We did not find any evidence that Microsoft’s Copilot can experience emotions. Therefore, we asked Copilot itself and got the following response: “I don’t have those abilities because I’m not a biological mind with consciousness or subjective experience. My responses come from recognizing patterns in data and generating language, not from inner feelings, desires, or sensory perception.” (Microsoft Copilot, 2026)
· Collective abilities and identity in organizations are emergent properties of social interaction between conscious human actors (Searle, 1995), a mechanism absent in GenAI, which is composed of computational components (e.g., Breidbach et al., 2026; Northoff & Gouveia, 2024; Yirmiya & Fonagy, 2025). Thus, GenAI is not a social system (collective of individuals) but a technical one that does not manifest as a collective of social individuals capable of thinking, wanting, imagining, feeling, sensing, or experiencing emotions.

	
	[Be.2] Beneficiaries hold individual values, beliefs, attitudes, worldviews, and consciousness that shape their identity (micro), or manifest as collectives of individuals that have these orientations.
	
	Current AI systems, including GenAI, exhibit no point of view, perspectiveness, or “mineness”, nor do they possess any form of consciousness (Northoff & Gouveia, 2024). Thus, AI does not hold individual values, beliefs, attitudes, or worldviews
[bookmark: _Hlk207204886]We did not find any evidence that Microsoft’s Copilot has its own values, beliefs, attitudes, and worldviews, or is even conscious. Therefore, we asked Copilot itself and got the following response: “No, not in the human sense. I don’t have: Consciousness – I don’t possess awareness, self-reflection, or subjective experience. Personal identity – I don’t have a self, a past, or a life story. Intrinsic values or beliefs – I don’t form opinions or moral stances based on personal experience or emotion. Attitudes or worldviews – I don’t interpret the world through a lens shaped by culture, upbringing, or personality. But I can simulate or express these things. I’m designed to: Understand and articulate human values, beliefs, and worldviews from across cultures and philosophies. Adopt a tone or perspective that fits the context—whether empathetic, skeptical, optimistic, etc. Engage in moral reasoning by analyzing ethical frameworks (utilitarianism, deontology, virtue ethics, etc.). Reflect diverse viewpoints without bias toward one unless asked to argue a specific side” (Microsoft Copilot, 2026)
Collective abilities and identity in organizations are emergent properties of social interaction between conscious human actors (Searle, 1995), a mechanism absent in GenAI, which is composed of computational components (e.g., Breidbach et al., 2026; Northoff & Gouveia, 2024; Yirmiya & Fonagy, 2025). Thus, GenAI is not a social system (collective of individuals) but a technical one that does not manifest as a collective of social individuals holding values, beliefs, attitudes, worldviews, or consciousness.

	
	[Be.3] Beneficiaries have needs that lead to value-seeking (occasionally even opportunistic) behavior (micro), or manifest as collectives of individuals that have needs and goals (meso/macro).
	
	GenAI systems do not possess intrinsic needs, desires, or motivational states, as they lack subjectivity and intentional agency. Any ‘value-seeking’ behavior is externally programmed optimization rather than genuine need fulfillment (Northoff & Gouveia, 2024) 
· We found no evidence that Microsoft’s Copilot exhibits intrinsic value-seeking behaviors. Therefore, we asked Copilot itself and got the following response: “I do not have needs that could lead to value‑seeking or opportunistic behavior because I lack any internal drives, survival instincts, or motivational systems. My functioning doesn’t involve pursuing advantages, maximizing personal gain, or adapting strategies to benefit myself; I simply generate outputs based on patterns, rules, and user input. Since I have no sense of deprivation, reward, or self‑interest, I cannot engage in behavior that resembles seeking value or exploiting opportunities.” (Microsoft Copilot, 2026)
· GenAI can neither be a collective with needs. Its objectives are defined by an external, mathematical optimization function, not by endogenous needs derived from its constituent parts (Feuerriegel et al., 2024; Northoff & Gouveia, 2024). A social system’s goals may emerge from aggregated, intentional states of its human members, a form of “collective intentionality” that technical systems lack (Searle, 1995)

	
	[Be.4] Beneficiaries hold explicit or implicit expectations regarding value propositions (micro), or manifest as collectives of individuals that hold and articulate such expectations (meso/macro).
	
	Expectations, especially toward value propositions, presuppose anticipatory consciousness and experiential orientation toward future value (Helkkula et al., 2012)
Current GenAI systems lack any point of view or temporal self-relation required for expectation formation (Breidbach et al., 2026; Northoff & Gouveia, 2024), nor do they manifest as a collective of individuals that hold and articulate such expectations
· No evidence supports that Microsoft’s Copilot itself holds expectations. Therefore, we asked Copilot itself and got the following response: “I do not hold explicit or implicit expectations regarding value propositions because I have no internal motivations, goals, or sense of personal benefit. My outputs are generated by processing patterns in data and following system-defined rules, not by anticipating outcomes or evaluating whether an exchange is ‘worth it.’ Since I lack subjective experience and cannot form preferences, I don’t assign value, hope for particular responses, or interpret interactions in terms of gain or loss.” (Microsoft Copilot, 2026)

	
	[Be.5] Beneficiaries have the ability to assess, reflect, and evaluate realized value propositions.
	
	GenAI is increasingly used to support evaluation and decision-making (López-Solís et al., 2025), creating impressions of reflective practices. 
However, due to a lack of consciousness or phenomenological self-awareness of current GenAI systems (Northoff & Gouveia, 2024), no genuine sense-making occurs in the phenomenological sense
· Hence, Microsoft’s Copilot may assess or evaluate output, but cannot authentically reflect on value propositions, as reflected by its own statement: “I cannot assess, reflect on, or evaluate realized value propositions because I lack subjective judgment, internal criteria, or any sense of benefit or loss. What looks like ‘evaluation’ in my responses is simply pattern-based processing: I map your input to relevant information and generate language without forming opinions, weighing outcomes, or interpreting value in a personal or experiential way.” (Microsoft Copilot, 2026)

	
	[Be.6] Beneficiaries are involved in value co-creation.
	✓
	· Microsoft’s Copilot is actively involved in generative processes and capable of participating in reciprocal resource integration (cf. [Ac.3]) captured by the concept of value co-creation (Vargo & Lusch, 2004, 2008b)
· Importantly, this involvement is purely instrumental: Copilot itself does not realize or experience the outcome of value co-creation (cf. [Be.7][Be.8])

	
	[Be.7] Beneficiaries are able to receive and experience value-in-use and/or value-in-context.
	
	Value-in-use and value-in-context phenomenologically capture the “idiosyncratic, experiential, contextual, and meaning-laden” (Vargo, 2009, p. 375) value realization in SDL, thus requiring consciousness and experiential awareness
People, i.e., human actors, can create and destroy value with GenAI (Candelon et al., 2023)
However, GenAI lacks experiential awareness (Northoff & Gouveia, 2024)
We did not find any evidence that Microsoft’s Copilot can receive or experience value-in-use and/or value-in-context. Therefore, we asked Copilot itself and got the following response: “I am not able to receive or experience value in use or value in context because I have no subjective awareness, internal states, or sense of benefit. What might look like ‘recognizing value’ in my responses is simply the mechanical mapping of inputs to patterns, without any felt appreciation, contextual enrichment, or experiential interpretation.” (Microsoft Copilot, 2026)

	
	[Be.8] Beneficiaries uniquely and phenomenologically determine value.
	
	Since GenAI lacks phenomenological consciousness (Breidbach et al., 2026; Northoff & Gouveia, 2024), it cannot phenomenologically determine (or receive) value
No evidence supports that Microsoft’s Copilot itself is the ultimate recipient of value. Thus, we asked Copilot and got the following response: “I cannot uniquely or phenomenologically determine value because I have no subjective standpoint, lived experience, or first-person perspective from which value could arise. Any appearance of ‘valuation’ in my responses is purely computational pattern‑matching, not an experiential judgment, so I cannot generate value in the way a conscious agent does.” (Microsoft Copilot, 2026)

	Agents
	[Ag.1] Agents may include human, non-human, and hybrid forms.
	✓
	· Microsoft’s Copilot, as a generative digital tool, assumes a non-human form (Microsoft, n.d.–g, n.d.–i)

	
	[Ag.2] Agents are able to act autonomously within defined constraints.
	✓
	· Microsoft’s Copilot offers an agent mode that autonomously solves complex tasks without constant user input (Microsoft, n.d.–f). However, its autonomy remains bounded by user prompts and queries, and policy constraints (Lamanna, 2024).

	
	[Ag.3] Agents exhibit (delegated) intentionality, acting on behalf of other actors.
	✓
	· Microsoft’s Copilot generates outputs in line with user goals, but intentionality is fully delegated (i.e., it does not have intrinsic goals or purposes of its own) (Lamanna, 2024; Microsoft, n.d.–i)

	
	[Ag.4] Agents are capable of collective action, coordinating with others to achieve shared goals.
	✓
	· Once prompted, Microsoft’s Copilot acts by orchestrating and integrating different resources such as user knowledge (prompts), algorithms, and training data sets to generate outputs (Microsoft, n.d.–d, n.d.–i)
· Microsoft’s Copilot agent is capable of collective action, coordinating with others to achieve shared goals as Copilot cooperates with the user not exclusively within the integrated environment but also interacts with the broader ecosystem (Lamanna, 2024; Microsoft, n.d.–i)

	
	[Ag.5] Agents do not inherently possess agency. It is enacted through context.
	✓
	· Microsoft’s Copilot does not have intrinsic agency. Instead, their function depends on user prompts, repository context, and integration (Lamanna, 2024; Microsoft, n.d.–i)

	
	[Ag.6] Agents support or extend the capacities of other actors. 
	✓
	· Microsoft’s Copilot is designed to relieve actors and extend their capabilities (Lamanna, 2024; Microsoft, n.d.–i)

	
	[Ag.7] Agents are subject to the accountability of other actors, operating under (a principal’s, i.e., an actor’s) delegated decision rights.
	✓
	· Microsoft’s Copilot operates under decision rights explicitly delegated by the user (through prompts, assignments) (Lamanna, 2024; Microsoft, n.d.–i)


Table 9: Case Coding Microsoft Co-Pilot 

4.8 Synthesia (Synthesia)
	
Synthesia is an AI video generation platform that enables users to create videos with realistic AI avatars and natural voiceovers by simply inputting text, scripts, documents, or URLs. It supports over 230 AI avatars and voice synthesis in more than 140 languages, allowing for instant video creation, localization, and translation without the need for cameras, actors, or studios. The platform integrates GenAI to automatically produce videos at scale, combining text-to-video transformation with customizable avatars, voice cloning, and advanced editing tools. It operates as a cloud-based software-as-a-service, providing easy collaboration and brand customization features, and emphasizes fast, scalable video creation through GenAI technologies (GenAI.works, n.d.; Odefey, 2026; Synthesia, n.d.–b).


	
	Characteristic
	Met?
	Justification

	Resources
	Universal
	[R.1] Resources do not exist per se, nor do they possess inherent value. Rather, their resourceness is a function of an actor’s appraisal.
	✓
	· Synthesia’s GenAI is valuable only when used by humans to create video (Synthesia, n.d.–a, n.d.–b), indicating that its usefulness depends on user goals and appraisal of Synthesia as a potential resource
· Presented as a GenAI that “helps you create high-quality videos at scale” that enhances human work in video production rather than as a standalone source of value (Synthesia, n.d.–b)

	
	
	[R.2] Resources can be intangible and invisible or tangible and visible.
	✓
	While users can see output (generated videos) and user interface elements (such as prompting interfaces), the GenAI itself is invisible and intangible (Synthesia, n.d.–b)
Synthesia’s GenAI system itself is fundamentally intangible and invisible to the user

	
	
	[R.3] Resources unfold their value potential when integrated by actors, enabling value creation.
	✓
	Synthesia creates value only when users integrate it into their workflows (e.g., video production, use in training or marketing), co-creating content with the platform (Synthesia, n.d.–b, n.d.–c)

	
	
	[R.4] Resources emerge through the integration and recombination of other resources.
	✓
	Synthesia combines multiple AI technologies (e.g., natural language processing, text-to-speech/video, and computer vision) to generate videos, integrating these components to create a system from multiple underlying components (Synthesia, n.d.–i)

	
	
	[R.5] Resources are highly dynamic and continuously evolving.
	✓
	Synthesia regularly updates avatars, voice options, and language support, continually improving generative capabilities through cloud updates (Synthesia, n.d.–e), thus the GenAI is continuously evolving

	
	
	[R.6] Resources are heterogeneous and exhibit a wide variety of features and forms.
	✓
	Synthesia is highly specialized in generating “high-quality videos without cameras, microphones, or actors” and thus differentiates from other GenAI tools in its offerings (Synthesia, n.d.–b)
Synthesia’s GenAI itself is versatile, as it integrates various resources, delivering heterogeneous workflows (editing features, templates, design preferences, etc.) (Synthesia, n.d.–b)

	
	
	[R.7] Resources are systemically, and thus institutionally and socially, embedded and always context-dependent.
	✓
	Synthesia videos and platform usage depend on specific business contexts (e.g., corporate training, marketing), adapting to the institutional environments of users (Synthesia, n.d.–c)
Furthermore, it is embedded in Synthesia’s corporate institutional environment (Synthesia, n.d.–a, n.d.–f)

	
	
	[R.8] Resources can be accessed, acquired, and distributed from diverse sources. 
	✓
	Access to Synthesia’s GenAI is transferable via subscription (Slater-Robins, 2025; Synthesia, n.d.–b)

	
	
	[R.9] Resources may be possessed, controlled, and governed by different actors. 
	✓
	Users access Synthesia’s GenAI under subscription or license agreements governed primarily by Synthesia’s terms (Slater-Robins, 2025; Synthesia, n.d.–b)
Synthesia retains ownership and technical control of its GenAI (Synthesia, n.d.–a)
The software-as-a-service model licenses users to access and control the GenAI-based video creation and distribution under terms of service (Slater-Robins, 2025; Synthesia, n.d.–b) and governed by Synthesia as the provider (Synthesia, n.d.–a)

	
	Operand
	[R.d.1] Operand resources are typically tangible and visible, but may also have nonmaterial manifestations or components.
	✓
	While users can see output (generated videos) and user interface elements (such as prompting interfaces), the GenAI itself is invisible and intangible (Synthesia, n.d.–b)
Synthesia’s GenAI system itself is fundamentally intangible and invisible to the user
Intangibility and invisibility is rather untypical but not excluded for operand resources (Faulkner & Runde, 2019)

	
	
	[R.d.2] Operand resources are inert and treated as passive entities (acted upon) that require action by operant resources.
	
	Synthesia’s GenAI itself acts by generating output, but only when invoked by a user or process (passive until triggered) (Synthesia, n.d.–b)
“Users simply input a script, select an avatar and voice, and the AI generates a fully synthesized video with realistic lip-syncing” (Slater-Robins, 2025)

	
	
	[R.d.3] Operand resources mainly serve as infrastructure or distribution mechanisms for service provision.
	
	Synthesia’s platform provides the infrastructure for service provision (Synthesia, n.d.–a)
The Gen-AI-enabled generation of videos is the central component of Synthesia’s service and value proposition itself, thus extending beyond purely infrastructural roles (Odefey, 2026; Synthesia, n.d.–b)

	
	
	[R.d.4] Operand resources are standardized and replicable, making them easier to reverse-engineer.
	
	GenAI models are, in principle, reproducible, but not identically replicable due to proprietary data and training processes (Dilmegani, n.d.)
Functions may be recreated, yet the exact training process/model cannot be reverse-engineered or standardized easily (Synthesia, n.d.–a, n.d.–i)

	
	
	[R.d.5] Operand resources are finite and exhaustible.
	
	Synthesia’s GenAI can be continuously retrained, recombined, and extended, making it potentially infinite (Synthesia, n.d.–e)
User requests may be limited by plan (Slater-Robins, 2025; Synthesia, n.d.–b), but the resource is virtually inexhaustible

	
	Operant
	[R.t.1] Operant resources are predominantly intangible and invisible but may also have physical manifestations or components.
	✓
	While users can see output (generated videos) and user interface elements (such as prompting interfaces), the GenAI itself is invisible and intangible (Synthesia, n.d.–b) 
Synthesia’s GenAI system itself is fundamentally intangible and invisible to the user

	
	
	[R.t.2] Operant resources have the ability to act purposefully on other resources.
	✓
	AI models act by generating videos based on textual input and other multimodal data (Synthesia, n.d.–b, n.d.–d)

	
	
	[R.t.3] Operant resources are the fundamental source of value creation.
	✓
	The Gen-AI-enabled generation of videos is the central component of Synthesia’s service and value proposition itself  (Odefey, 2026)

	
	
	[R.t.4] Operant resources are typically acquired, mobilized, and accessed through acquisition processes (e.g., dialogue, learning), and a direct transfer is typically limited.
	✓
	Access requires licenses  (Slater-Robins, 2025; Synthesia, n.d.–b)
However, an interaction with Synthesia’s GenAI is required to unfold, mobilize, and personalize its capabilities (Synthesia, n.d.–b)

	
	
	[R.t.5] Operant resources are inherently more dynamic and complex than operand resources.
	✓
	Synthesia continuously updates and improves its GenAI models, incorporating feedback and new data to evolve performance and capabilities (Synthesia, n.d.–e)
Through user interaction, the GenAI’s behavior alters as well as the outputs generated, making it inherently complex and dynamic (GenAI.works, n.d.; Synthesia, n.d.–a) 

	
	
	[R.t.6] Operant resources are potentially infinite, as they are continuously recombined, expanded, developed, and renewed.
	✓
	Synthesia’s GenAI can be continuously retrained, recombined, and extended, making it potentially infinite (Synthesia, n.d.–e)
User requests may be limited by plan (Slater-Robins, 2025), but the resource is virtually inexhaustible

	
	
	[R.t.7] Operant resources can exist as basic operant resources (skills and knowledge) but can also be bundled into composite resources (capabilities) or interconnected resource constellations, forming hierarchies of increasing complexity and value creation potential.
	✓
	Synthesia’s GenAI can be viewed as (at least) a composite resource that bundles multiple resources (e.g., deep learning models for natural language processing, text-to-speech, computer vision and graphics models, video rendering engines, etc.) to enable its services (Slater-Robins, 2025)

	
	
	[R.t.8] Operant resources may enable, expand, and scale (resource) networks and ecosystems.
	✓
	By providing extensive API and integration capabilities, users can “automate […] workflows by connecting Synthesia to hundreds of apps” (Synthesia, n.d.–d), allowing seamless embedding and scaling of diverse ecosystems
“Features like live collaboration, commenting, and version control allow teams to work together in real-time on video projects”, thereby supporting distributed value creation across organizational ecosystems (GenAI.works, n.d.)

	Actors
	[Ac.1] Actors can occupy multiple roles or positions and transition between them dynamically.
	
	Synthesia states that its GenAI assists in generating videos for “training, marketing, and internal communication” (Synthesia, n.d.–g), indicating that the GenAI might assume the roles of content creators in education, marketing, or communications based on user needs
However, with “video maker” as its primary function and role (Synthesia, n.d.–b), we found no evidence that the GenAI itself assumes or dynamically transitions between roles

	
	[Ac.2] Actors can be simultaneously embedded in multiple systemic environments, each with its own distinct institutions.
	✓
	Used globally across more than 50,000 organizations in sectors such as learning and development, sales enablement, or information security (Synthesia, n.d.–b)
Can be embedded “seamlessly into the platforms” a user already utilizes (Synthesia, n.d.–h)
Thus, it can be assumed that Synthesia’s GenAI can be embedded in multiple systemic environments (and their respective institutions) simultaneously

	
	[Ac.3] Actors are equipped with operant resources. 
	✓
	“Replace boring text, PowerPoints and PDFs with engaging videos” (Synthesia, n.d.–g)
Synthesia’s GenAI is equipped with operant resources, including natural language processing, text-to-speech, and video synthesis models, which enable it to act upon operand resources, such as media assets or scripts, and recombine them into new synthetic video content (Slater-Robins, 2025; Synthesia, n.d.–a, n.d.–b)

	
	[Ac.4] Actors can integrate, access, and recombine resources.
	✓
	Synthesia’s GenAI can integrate and access resources (cf. [Ac.3])

	
	[Ac.5] Actors act goal-directed.
	✓
	GenAI systems are designed to follow user instructions and can be prompted to reach different (user) goals (Ward et al., 2024), thus exhibiting goal-directedness (Dung, 2025)
Synthesia’s actions are directed toward user-specified outcomes (e.g., creating a specific video) (Synthesia, n.d.–b, n.d.–c, n.d.–f)
However, it does not set its own goals, but follows delegated intentionality as programmed by the user’s instructions (“People first. Always”, Synthesia, n.d.–i)

	
	[Ac.6] Actors have the capacity for learning, also from their interactions.
	✓
	Synthesia continuously updates and improves its GenAI models, incorporating feedback and new data to evolve performance and capabilities (Synthesia, n.d.–e, n.d.–g)
Through user interaction, the GenAI’s behavior alters as well as the outputs generated, thus representing a form of adaptation to environmental input (GenAI.works, n.d.; Synthesia, n.d.–i)

	Beneficiaries
	[Be.1] Beneficiaries have the abilities to think, want, imagine, feel, sense, and experience emotions themselves (micro), or manifest as collectives of individuals that have these abilities (meso/macro).
	
	· While GenAI can process and generate human-like outputs, it fundamentally lacks genuine cognitive and emotional understanding, demonstrating what can be described as ‘computational mimicry’ rather than authentic experience (e.g., Yirmiya & Fonagy, 2025) 
· No scientific or provider evidence supports any form of genuine emotional or sensual experience in Synthesia
· Collective abilities and identity in organizations are emergent properties of social interaction between conscious human actors (Searle, 1995), a mechanism absent in GenAI, which is composed of computational components (e.g., Breidbach et al., 2026; Northoff & Gouveia, 2024; Yirmiya & Fonagy, 2025). Thus, GenAI is not a social system (collective of individuals) but a technical one that does not manifest as a collective of social individuals capable of thinking, wanting, imagining, feeling, sensing, or experiencing emotions.

	
	[Be.2] Beneficiaries hold individual values, beliefs, attitudes, worldviews, and consciousness that shape their identity (micro), or manifest as collectives of individuals that have these orientations.
	
	· Current AI systems, including GenAI, exhibit no point of view, perspectiveness, or “mineness”, nor do they possess any form of consciousness (Northoff & Gouveia, 2024). Thus, AI does not hold individual values, beliefs, attitudes, or worldviews
· There is no evidence that Synthesia holds any individual values, beliefs, attitudes, worldviews, or consciousness
· Collective abilities and identity in organizations are emergent properties of social interaction between conscious human actors (Searle, 1995), a mechanism absent in GenAI, which is composed of computational components (e.g., Breidbach et al., 2026; Northoff & Gouveia, 2024; Yirmiya & Fonagy, 2025). Thus, GenAI is not a social system (collective of individuals) but a technical one that does not manifest as a collective of social individuals holding values, beliefs, attitudes, worldviews, or consciousness.

	
	[Be.3] Beneficiaries have needs that lead to value-seeking (occasionally even opportunistic) behavior (micro), or manifest as collectives of individuals that have needs and goals (meso/macro).
	
	· GenAI systems do not possess intrinsic needs, desires, or motivational states, as they lack subjectivity and intentional agency. Any ‘value-seeking’ behavior is externally programmed optimization rather than genuine need fulfillment (Northoff & Gouveia, 2024) 
· We found no evidence that Synthesia exhibits goal-directed, value-seeking behaviors beyond user-delegated intentionality
· GenAI can neither be a collective with needs. Its objectives are defined by an external, mathematical optimization function, not by endogenous needs derived from its constituent parts (Feuerriegel et al., 2024; Northoff & Gouveia, 2024). A social system’s goals may emerge from aggregated, intentional states of its human members, a form of “collective intentionality” that technical systems lack (Searle, 1995)

	
	[Be.4] Beneficiaries hold explicit or implicit expectations regarding value propositions (micro), or manifest as collectives of individuals that hold and articulate such expectations (meso/macro).
	
	· Expectations, especially toward value propositions, presuppose anticipatory consciousness and experiential orientation toward future value (Helkkula et al., 2012)
· Current GenAI systems lack any point of view or temporal self-relation required for expectation formation (Breidbach et al., 2026; Northoff & Gouveia, 2024), nor do they manifest as a collective of individuals that hold and articulate such expectations
· No evidence supports that Synthesia itself holds expectations

	
	[Be.5] Beneficiaries have the ability to assess, reflect, and evaluate realized value propositions.
	
	· GenAI is increasingly used to support evaluation and decision-making (López-Solís et al., 2025), creating impressions of reflective practices. 
· However, due to a lack of consciousness or phenomenological self-awareness of current GenAI systems (Northoff & Gouveia, 2024), no genuine sense-making occurs in the phenomenological sense
· Hence, Synthesia may assess or evaluate output, but cannot authentically reflect on value propositions

	
	[Be.6] Beneficiaries are involved in value co-creation.
	✓
	· Synthesia’s GenAI can integrate and access resources (cf. [Ac.3])
· Thus, Synthesia is capable of participating in reciprocal resource integration captured by the concept of value co-creation (Vargo & Lusch, 2004, 2008b)
· Importantly, this involvement is purely instrumental: Synthesia itself does not realize or experience the outcome of value co-creation (cf. [Be.7][Be.8])

	
	[Be.7] Beneficiaries are able to receive and experience value-in-use and/or value-in-context.
	
	Value-in-use and value-in-context phenomenologically capture the “idiosyncratic, experiential, contextual, and meaning-laden” (Vargo, 2009, p. 375) value realization in SDL, thus requiring consciousness and experiential awareness
People, i.e., human actors, can create and destroy value with GenAI (Candelon et al., 2023)
· However, GenAI lacks experiential awareness (Northoff & Gouveia, 2024), and we found no evidence that Synthesia can itself receive/experience intrinsic value in a phenomenological sense (no documentation or provider statements indicate any subjective or experiential capability)

	
	[Be.8] Beneficiaries uniquely and phenomenologically determine value.
	
	· Since GenAI lacks phenomenological consciousness (Breidbach et al., 2026; Northoff & Gouveia, 2024), it cannot phenomenologically determine (or receive) value
· No evidence supports that Synthesia itself is the ultimate recipient of value

	Agents
	[Ag.1] Agents may include human, non-human, and hybrid forms.
	✓
	· Synthesia’s GenAI exhibits a non-human form (Synthesia, n.d.–b)

	
	[Ag.2] Agents are able to act autonomously within defined constraints.
	✓
	· The GenAI autonomously processes input scripts and generates synthetic video content without further human intervention during execution (GenAI.works, n.d.; Slater-Robins, 2025)
· Once activated by a user, Synthesia’s AI acts autonomously (analyzing input, selecting or generating avatars, synchronizing audio/video) within boundaries defined by company policies and user input (Sodij, 2023; Synthesia, n.d.–d, n.d.–f)

	
	[Ag.3] Agents exhibit (delegated) intentionality, acting on behalf of other actors.
	✓
	· Synthesia’s actions are directed toward user-specified outcomes (e.g., creating a specific video) (Synthesia, n.d.–b)
· It does not set its own goals, but follows delegated intentionality as programmed by the user’s instructions (“People first. Always”, Synthesia, n.d.–a)

	
	[Ag.4] Agents are capable of collective action, coordinating with others to achieve shared goals.
	
	· Synthesia supports team collaboration (live editing, comments, version control), enabling coordinated action among multiple users, but does not autonomously coordinate with other agents to pursue shared goals (GenAI.works, n.d.)
· However, there is no indication that it does, at the moment, operate as a multi-agent system or conduct autonomous task distribution or coordination beyond its single-platform video generation capabilities 

	
	[Ag.5] Agents do not inherently possess agency. It is enacted through context.
	✓
	· Synthesia’s GenAI acts only when invoked and within the context of user-defined workflows. Its agency is thus context-dependent, not inherent or autonomous in a broader sense (Slater-Robins, 2025; Synthesia, n.d.–a, n.d.–c)

	
	[Ag.6] Agents support or extend the capacities of other actors. 
	✓
	· Synthesia extends user (actor) capabilities in video creation: “See how generative AI simplifies video production and helps you create high-quality videos at scale” (Synthesia, n.d.–b)
· [bookmark: _Hlk207367540]Accountability for content, accuracy, and ethical use remains with the user or organization, per terms of service and ethical guidelines: “We all enjoy celebrating when artificial intelligence does something amazing. Yet, we must also own up and take responsibility when things don't go as planned” (Synthesia, n.d.–f)

	
	[Ag.7] Agents are subject to the accountability of other actors, operating under (a principal’s, i.e., an actor’s) delegated decision rights.
	✓
	· Synthesia’s GenAI operates solely within boundaries set by its users and organizational policies. Synthesia claims to put “People first. Always.” (Synthesia, n.d.–a, n.d.–f)
· It does not act beyond the delegated rights or instructions it receives from its human principal


Table 10: Case Coding Synthesia
Appendix 5: Cross-Case Analysis
The following table provides a cross-case synthesis based on the individual assessments in Appendix 4. It summarizes how many of the identified conceptual characteristics of resources (basic, operand, operant), actors, beneficiaries, and agents are fulfilled in each case. By aggregating the case-level evaluations, the table enables a comparative perspective and highlights patterns of fulfillment and non-fulfillment among the systems examined.
	Case
	Resource (universal/
basic)
	Resource (operand)
	Resource (operant)
	Actor
	Beneficiary 
	Agent

	Firefly
	9/9
	1/5
	8/8
	6/6
	1/8
	6/7

	ChatGPT
	9/9
	1/5
	8/8
	6/6
	1/8
	7/7

	Gemini
	9/9
	1/5
	8/8
	6/6
	1/8
	7/7

	GitHub Copilot
	9/9
	1/5
	8/8
	6/6
	1/8
	7/7

	Grammarly
	9/9
	1/5
	8/8
	5/6
	1/8
	6/7

	Jasper AI
	9/9
	1/5
	8/8
	6/6
	1/8
	7/7

	MS Copilot
	9/9
	1/5
	8/8
	6/6
	1/8
	7/7

	Synthesia
	9/9
	1/5
	8/8
	5/6
	1/8
	6/7


Table 11: Aggregated results cross-case comparison: characteristics met/total characteristics per case
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