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[bookmark: _Hlk127049177]S1. The Climatology and Impact of Tropical Cyclones in the Philippines
The Philippines is one of the most disaster-prone countries due to its geography and geology (Dilley et al., 2005). In particular, tropical cyclones, which are often accompanied by flooding, landslides, and storm surges, are the most frequently occurring hazards. According to Cinco et al. (2016), an average of 19.4 tropical cyclones enters the Philippine Area of Responsibility each year, around nine of which cross the country and make landfall. 
Because the Philippines, like other developing countries, is dependent on favorable weather for livelihood and productivity, geographical regions which are most prone to weather shocks and meteorological or hydrological disasters are also most susceptible to their potential long-term negative impact. Anttila-Hughes and Hsiang (2013) estimate that an average Filipino household’s income is reduced by 6.6% due to tropical cyclone exposure in the previous year. Significant reductions to human capital investments are also found, such as those toward education (13.3%) and medicine (14.3%). Deuchert and Felfe (2015) and Herrera-Almanza and Cas (2021) later find that individuals who had experienced in childhood one or two super typhoons are more likely to have lower educational attainment, suggesting the perverseness of tropical cyclones’ effects on capital accumulation. 
Given the frequency with which tropical cyclones impact the Philippines, households must already consider and include risks associated with disasters in their decisions (Mendelsohn, 2000; Sawada, 2017; Viganò & Castellani, 2020); thus, the continued observance of large negative effects to households suggests that adaptation mechanisms are lacking, expensive, or both. At the same time, the unanticipated increased frequency of tropical cyclones may also subvert household expectation and budget allocation potentially leading to even more debilitating effects, whether direct or possibly long-term.

[bookmark: _Hlk127049224]S2. The Sources of Tropical Cyclone Data
Our tropical cyclone frequency index is constructed using the Western Pacific tropical cyclone best track dataset (BTD) from the National Oceanic and Atmospheric Administration’s (NOAA) International Best Track Archive for Climate Stewardship (IBTrACS) and the “Philippines – Subnational Administrative Boundaries” geographic dataset from the United Nations Office for the Coordination of Humanitarian Affairs (OCHA) in the Philippines.
IBTrACS contains aggregated BTDs from various operational meteorology agencies such as the United States’ Joint Typhoon Warning Center (JTWC) and the Japanese Meteorological Agency’s (JMA) Regional Specialized Meteorological Centre (RSMC) in Tokyo (Knapp et al., 2010). These BTDs comprise data such as the location of tropical cyclones, wind speeds and radii which are recorded in three-hour intervals. The JMA-RSMC is responsible for recording tropical cyclone activity and issuing relevant advisories within the Western Pacific basin where the Philippine archipelago is located. From the dataset spanning from 1884 to the present, the tracks of 984 tropical cyclones which entered the Philippine Area of Responsibility from 1949 to 2014 were identified. Tropical depressions, or tropical cyclones with a maximum wind speed of 61 km/h, recognized by the Philippine Atmospheric, Geophysical and Astronomical Services Administration (PAG-ASA) were excluded because they are not recorded by the JMA-RSMC.
Meanwhile, the OCHA’s dataset comprises the geographic boundaries of three of the four administrative levels of the Philippines, namely, the regional, provincial, and municipal and city levels. It is derived from survey data from the Philippine Statistics Authority (2017) and the National Mapping and Resource Information Authority (NAMRIA) (The United Nations Office for the Coordination of Humanitarian Affairs, 2020).
[bookmark: _Hlk173621552]Finally, using these data and a spatial join algorithm, we tally how many times a provincial boundary is directly traversed by tropical cyclones each year beginning in 1949. We generate the exposure variable at the provincial level, because previous studies in other countries argue that the damages from tropical cyclones are particularly serious for areas 182km (Kossin et al. 2007) or 250km (Hsiang, 2010)) from the centers.

[bookmark: _Hlk127049274]S3. Threats to Identification: Sample Selection
[bookmark: _Hlk173843423]Our sample may be subject to the sample selection problem through three stages. First, it has been established that extreme weather events like tropical cyclones are associated with increased risk of mortality, including stillbirths and child mortality, and out-migration (Deschênes & Moretti, 2009). Second, even if the shocks do not affect the population distribution through the mortality and out-migration, the affected people may be more likely to refuse to participate in the STEP survey if they negatively affect the literacy level. Third, the sample selection could occur because of the exclusion of those who studied in other provinces from the sample. If the excluded respondents’ migration to the current province was driven by tropical cyclones, our sample may exclude those who had been particularly vulnerable to the shocks, leading to under-estimation of the impact of tropical cyclones.
We conduct the following analyses to assess each of these possibilities; First, if increased exposure to tropical cyclones in childhood leads to mortality and out-migration, then the provincial population sizes of the cyclone-affected cohort should be smaller than that of non-affected cohort at the time of the survey. Therefore, to test the nationwide severity of mortality and migration due to tropical cyclones, we use province-year level panel data and regress the following OLS model:
	
	
	(S1)


where,  denotes the population size of those who were born in year t and reside in province j at the time of the survey, and  denotes the frequency of tropical cyclones. The other variables are defined in Section 4. We expect . The data on provincial population comes from the Philippine Population Census in 2015. Table A2 shows the results. Columns (1) through (3) use the data on all provinces in the country, while Columns (4) through (6) restrict the sample to the study site of the STEP Survey. The coefficients of tropical cyclone exposure are small and statistically insignificant, supporting our identification strategy. 
	Second, regarding the potential issue of low response rate among the cyclone-affected people, we consider that it is unlikely to be severe given the high response rate in the survey, as mentioned in Section 3.1.1 (94.8%). 
Third, the potential bias attributed to exclusion of those who studied in the other province may be limited, if any. The Philippines Statistics Authority and University of the Philippines Population Institute (2019, p14) demonstrates that only 0.4% of migrations in the Philippines are driven by natural disasters. Bohra-Mishra et al. (2017) also argue that although higher typhoon incidence results in more internal outmigration, these are often short-distanced and are driven by reduced agricultural output (Dun, 2011; Gray & Mueller, 2012; Hassani-Mahmooei & Parris, 2012; Lu et al., 2012). These features are crucial, since none of our respondents are in the agricultural sector. In addition, the frequency of tropical cyclones should not differ significantly between the respondents’ current province and home province if these are located close to each other.[footnoteRef:1] Finally, in Table A3, we conduct two balancing tests between the respondents used for estimations (i.e., the respondents who studied in the same province and uneducated respondents) and those excluded from the estimations (i.e., those who studied in another province) and between those who studied in the same province and those who studied in another province. The results confirm that there is no systematic difference between the groups, particularly among the non-metropolitan respondents.  [1:  Using the province-year panel data, we regress the frequency of tropical cyclone exposure on the region dummies interacted with the year dummies. It appears the interaction terms explain 44 to 46% of variations, suggesting high within-region correlation of exposure.] 

[bookmark: _Hlk174636098]Finally, to examine the overall severity of sample selection issue through all the three stages, we estimate Equation (S1) using the final sample size from each birthyear and province as the dependent variable, instead of the population size. Similar to the previous hypothesis, if there is sample selection, then tropical cyclone exposure should have a significantly negative impact on the number of observations from each cohort (Maccini and Yang 2009). Columns (1) to (3) of Table A4 demonstrate that tropical cyclones during in-utero and infancy are uncorrelated with the sample size. By contrast, the tropical cyclone exposure in the preschool period is negatively associated with the number of male respondents (Column (2)), but this is not robust for the total and female sample size (Columns (1) and (3)). 
[bookmark: _Hlk194065883][bookmark: _Hlk194066038]However, two potential issues exist to interpret the results of Tables A2 and A4. First, since the dependent variable in Table A2 is the population size, the estimated coefficient  also captures the impact of exposure to tropical cyclones on fertility and in-migration. However, these are unlikely to affect the interpretation seriously. Fertility is determined by the decision in the previous year (nine month before) due to the gap between the timings of pregnancy and delivery. Given the random timing of tropical cyclones, the fertility and exposure to tropical cyclones are unlikely to be correlated. In addition, people are unlikely to migrate to cyclone-affected provinces, particularly to non-metropolitan provinces, because the main motive for migration is to seek job opportunities (The Philippines Statistics Authority and University of the Philippines Population Institute 2019). 
Second, the specifications in Tables A2 and A4 compare the change in  in year t between the provinces which experienced an increase in  and the provinces which did not experience it in the year. However, in both provinces, some are prone to tropical cyclones while the others are not, and the impact of increase in  in year t may vary with the proneness in the previous years. Our specification does not incorporate this possibility, but it is difficult to verify this validity. Therefore, for robustness, we restrict the sample to the provinces which experienced nine or fewer tropical cyclones between 1950 and 2000 (on average 0.056 tropical cyclones per year), and re-estimate the models. This enables us to compare the change in  between the provinces exposed to a tropical cyclone in year t but never or rarely exposed in the other years and the provinces never or rarely exposed throughout the years.[footnoteRef:2] The results are reported in Columns (7) to (9) of Table A2 and Columns (4) to (6) of Table A4. We confirm that exposure to tropical cyclones during in utero and infancy is uncorrelated with the population and sample size. Although it is negatively correlated with the female sample size (Column (6) of Table A4), the result of male sample demonstrates a positive coefficient, and that of total sample size is statistically insignificant (Columns (4) and (5)). [2:  Since the main independent variable is the frequency of exposure rather than the deviation from the mean frequency, in this restricted sample, it takes zero or one for 99.8% of the observations, allowing us to interpret it as a binary variable. Furthermore, 2 out of these 27 provinces never experienced a cyclone and 8 provinces experienced only once during the period. Restricting the sample to these 10 provinces ensures the comparison between the provinces exposed to a tropical cyclone in year t but never exposed in the other years and the provinces never exposed throughout the years. However, the results from this restricted sample may not be generalizable, given the small sample size. More importantly, since only 8 out of 510 observations (10 provinces x 51 years) take unity in the exposure variable, we cannot obtain reliable results from the tests. Therefore, we add 17 provinces which rarely experienced tropical cyclones (nine or fewer during the period).] 

Taken together, the results in this subsection suggest that potential sample selection in the datasets is unlikely to be crucial, if any. We should also mention that these results do not necessarily dispute previous studies which show that natural disasters are associated with increased child mortality and migration. Whereas previous studies exclusively examine the effects of devastating natural disasters, such as super typhoons, our shock variables include all tropical cyclones traversing the country. Therefore, this study examines the impact of additional exposure to an average tropical cyclone.

S4. Robustness Tests
S4.1. Specification and Measurement Errors in the Exposure Variables
[bookmark: _Hlk117363972]First, to examine the repeated exposure to tropical cyclones over multiple periods in childhood, we investigate the interaction terms among the three exposure variables in Table A6. The results show that the coefficient of tropical cyclone exposure in utero to infancy does not significantly change with the exposure shocks in later periods. This may be because the sample size of those who were exposed to tropical cyclones in multiple periods is small. 
Second, we use alternative definitions of early-life periods in Table A7 by changing the age thresholds of each period and additionally controlling for the tropical cyclone exposure in two years before birth and during the secondary school period. The results do not change qualitatively. 
Third, if old respondents do not remember their age accurately and report an approximate age (age heaping), the survey data are matched with the tropical cyclone data in the wrong year, thereby resulting to attenuation bias toward zero. Therefore, we estimate the model using the respondents aged 50 or younger in Column (1) of Table A8.

S4.2. Sample Selection due to Migration before Completing Schooling
A potential threat to our identification strategy is the possibility of migration before completing schooling. Although we provided various evidence that this issue is unlikely to be serious (Section 3.1.1 and Supplementary Material S3), for robustness, we conduct the following two sub-sample estimations. First, since children of educated parents are more likely to have opportunities to migrate in childhood, we drop the sample of respondents whose father is university graduate. Second, since we use the location of highest education attended as a proxy for birthplace, the possibility of migration during the schooling period increases with the respondent’s education level. In addition, the respondents without formal education were not asked about school location. Hence, we also re-estimate the model using the respondents who attended elementary school but not secondary school. The results are reported in Columns (2) and (3) of Table A8, showing the robustness of our main findings.
Next, if exposure to tropical cyclones in early life is endogenous due to the sample selection, it may be correlated with unobserved socio-economic conditions during the survey period—such as macro-economic conditions and tropical cyclone exposure shocks—and respondent characteristics. Therefore, we additionally control for month-of-survey fixed effects in Column (4) of Table A8, and conduct the coefficient stability test proposed by Oster (2019) in Table A9. Oster (2019) compares the coefficient of interest between the specifications with and without controlling for the observed characteristics. It then considers that the estimation result may be spurious if the coefficient becomes remarkably smaller with the inclusion of observables. More specifically, this test computes the degree of selection on unobservables relative to observables that would be necessary to fully explain the estimated effect. A degree of one suggests that the observables are as important as the unobservables. Oster (2019) argues that the degree between zero and one suggests that the estimated effect may be spurious. The table shows that none of the degree for the exposure in utero to infancy range between zero and one.

S4.3. Control Group
As mentioned in Section 5, although our main specification aligns with previous studies for comparison, it may be difficult to interpret the results, given a diverse range of individuals within the comparison group, heterogeneous impact across provinces, non-binary treatment, changes in the impact with age, and multiple treatment periods in early life. Among these potential concerns, it is demonstrated that the impact of exposure in early life does not change with age (Table A5, Column (1) of Table A8) or with exposure in multiple periods (Table A6). 
[bookmark: _Hlk199752822]To explore the remaining issues, we additionally conduct two robustness tests. First, we restrict the sample to the provinces which experienced only nine or fewer tropical cyclones between 1950 and 2000 (on average 0.056 tropical cyclones per year) and estimate the model, aligning with the argument in Section S3. Changing the threshold of sample restriction does not affect the results qualitatively, although it is not reported in the paper. Second, using the sample of those who were never exposed to any tropical cyclones in the preschool or elementary school period, we regress the responds’ mindset and health outcomes on the binary indicator of experiencing a tropical cyclone during utero and infancy. Similarly, we also estimate the impact of exposure in the preschool period and elementary school period using the samples of those who did not experience tropical cyclones during the other two periods. This specification enables us to compare between those exposed to a tropical cyclone only once in early life and those who did not experience any tropical cyclone during the period. Notably, some respondents in this sample may still have experienced a tropical cyclone later in life. However, we include them in the sample, because excluding them reduces the sample size dramatically, and previous studies confirm that experiences in early childhood are particularly important for individuals’ personality formation (Carton and Nowicki 1994; Clark and Schurer 2013). The results are presented in Column (5) of Table A8 and Table A10, confirming the robustness of the results. 

S4.4. Wild Bootstrap Clustered Standard Errors
Since the number of clusters (provinces) is 39, for robustness, we employ the wild bootstrap clustered standard errors proposed by Cameron et al. (2008). The results are reported in Table A11. The results do not change qualitatively. 
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Figure A1: Cumulative Distribution of Educational Attainment
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Figure A2. Histogram of Growth Mindset Scores
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Figure A3. Histograms of Tropical Cyclone Exposure Deviation in Utero and Infancy (Top), in Preschool Period (Middle), and in Elementary School Period (Bottom)



Table A1: Summary Statistics by the School Location
	Location of latest school?
	In another province
	In the same province
	No schooling 

	Included in the final sample?
	No
	Yes
	Yes

	
	Mean
	S.D.
	Mean
	S.D.
	Mean
	S.D.

	Panel A: Respondent Characteristics
	
	
	
	
	
	

	Male
	0.44
	0.50
	0.51
	0.50
	0.53
	0.50

	Age
	39.40
	12.34
	37.11
	13.17
	37.19
	11.68

	Year of birth
	1975.10
	12.34
	1977.27
	13.15
	1977.07
	11.69

	Years of schooling
	11.75
	3.60
	10.61
	3.62
	--
	

	Completed elementary school
	0.85
	
	0.74
	
	--
	

	Mother’s education level: 
	
	
	
	
	
	

	Less than primary
	0.54
	
	0.57
	
	0.44
	

	Primary
	0.18
	
	0.16
	
	0.02
	

	Lower secondary
	0.06
	
	0.05
	
	0.01
	

	Upper secondary
	0.09
	
	0.04
	
	0.00
	

	Higher than upper secondary
	0.13
	
	0.17
	
	0.53
	

	Father’s education level:
	
	
	
	
	
	

	Less than primary
	0.47
	
	0.45
	
	0.47
	

	Primary
	0.19
	
	0.15
	
	0.04
	

	Lower secondary
	0.09
	
	0.10
	
	0.01
	

	Upper secondary
	0.08
	
	0.05
	
	0.01
	

	Higher than upper secondary
	0.17
	
	0.25
	
	0.47
	

	Mother language:
	
	
	
	
	
	

	Tagalog
	0.54
	
	0.54
	
	0.57
	

	Kapampangan
	0.05
	
	0.09
	
	0.07
	

	Visayan / Cebuano / Sinugbuanong Binisaya
	0.21
	
	0.15
	
	0.13
	

	
	
	
	
	
	
	

	Panel B: Dependent Variables
	
	
	
	
	
	

	Growth mindset scale 
	3.37
	1.29
	3.94
	1.42
	4.65
	1.25

	Height (cm)
	153.06
	11.92
	157.50
	11.86
	160.96
	11.82

	Active in the past 4 weeks
	0.82
	
	0.84
	
	0.81
	

	Underweight (1 if BMI<18.5)
	0.06
	
	0.09
	
	0.12
	

	Healthy weight (1 if 18.5<BMI<25)
	0.44
	
	0.45
	
	0.42
	

	Overweight or Obese (25<BMI)
	0.51
	
	0.46
	
	0.46
	

	Self-employed worker
	0.23
	
	0.22
	
	0.23
	

	Employed worker
	0.36
	
	0.36
	
	0.28
	

	Unemployed
	0.07
	
	0.07
	
	0.07
	

	Not in labor force
	0.34
	
	0.36
	
	0.42
	

	
	
	
	
	
	
	

	Panel C: Exposure to Tropical Cyclones
	
	
	
	
	
	

	TC exposure in utero to infancy
	--
	--
	0.03
	0.80
	-0.02
	0.80

	TC exposure in preschool period
	--
	--
	-0.04
	1.23
	0.06
	1.29

	TC exposure in elementary school period
	--
	--
	0.11
	1.26
	0.06
	1.24

	N
	502
	
	1,922
	
	576
	



23


[bookmark: _Appendix]Table A2: Test for Sample Selection
Dependent Variable: Log(provincial population size by birthyear)
	
	All Provinces
	Surveyed Provinces
	Non-Prone Provinces

	
	Male & Female
	Male
	Female
	Male & Female
	Male
	Female
	Male & Female
	Male
	Female

	　
	(1)
	(2)
	(3)
	(4)
	(5)
	(6)
	(7)
	(8)
	(9)

	TC exposure in utero to infancy
	-0.000
	-0.000
	-0.000
	0.001
	0.001
	0.000
	0.007
	0.005
	0.010

	
	(0.002)
	(0.002)
	(0.003)
	(0.003)
	(0.003)
	(0.003)
	(0.016)
	(0.015)
	(0.018)

	TC exposure 
	0.001
	0.000
	0.001
	0.000
	0.001
	0.000
	0.010
	0.006
	0.013

	   in preschool period
	(0.003)
	(0.003)
	(0.004)
	(0.004)
	(0.003)
	(0.004)
	(0.013)
	(0.013)
	(0.014)

	TC exposure 
	0.002
	0.001
	0.002
	0.005
	0.004
	0.006*
	0.007
	0.003
	0.010

	   in elementary school period
	(0.002)
	(0.002)
	(0.003)
	(0.003)
	(0.003)
	(0.003)
	(0.012)
	(0.012)
	(0.013)

	Year of birth fixed effects
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	Province fixed effects
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	Observations
	4,335
	4,335
	4,335
	1,938
	1,938
	1,938
	1,377
	1,377
	1,377


Notes: The OLS coefficients are reported. The standard errors clustered at the provincial level are presented in parentheses. Non-prone provinces are defined as the provinces exposed to nine or fewer tropical cyclones between 1950 and 2000. *** p<0.01, ** p<0.05, * p <0.1.







Table A3: Difference in Respondent Characteristics among the Samples
	　Dep Var:
	Used for Estimations
	Attended School in the Same Province

	
	Full
	Non-metropolitan
	Full
	Non-metropolitan

	
	(1)
	(2)
	(3)
	(4)

	Male 
	0.032***
	0.009
	0.040***
	0.015

	
	(0.011)
	(0.015)
	(0.013)
	(0.018)

	Mother's education level: Primary
	-0.039*
	-0.022
	-0.022
	-0.009

	
	(0.020)
	(0.032)
	(0.022)
	(0.032)

	Mother's education level: Lower secondary
	-0.046
	-0.029
	-0.030
	-0.003

	
	(0.044)
	(0.069)
	(0.043)
	(0.065)

	Mother's education level: Upper secondary
	-0.140***
	-0.129
	-0.127**
	-0.116

	
	(0.051)
	(0.092)
	(0.053)
	(0.093)

	Mother's education level: Higher than upper secondary
	0.035*
	0.034
	-0.007
	-0.009

	
	(0.020)
	(0.022)
	(0.026)
	(0.029)

	Father's education level: Primary
	-0.017
	-0.053
	-0.000
	-0.048

	
	(0.026)
	(0.033)
	(0.029)
	(0.034)

	Father's education level: Lower secondary
	0.020
	-0.060
	0.042
	-0.047

	
	(0.039)
	(0.047)
	(0.042)
	(0.048)

	Father's education level: Upper secondary
	-0.009
	-0.077
	0.009
	-0.064

	
	(0.041)
	(0.066)
	(0.044)
	(0.066)

	Father's education level: Higher than upper secondary
	0.036**
	0.024
	0.033
	0.022

	
	(0.014)
	(0.021)
	(0.020)
	(0.027)

	Mother language: Tagalog
	-0.007
	-0.047
	-0.008
	-0.043

	
	(0.049)
	(0.046)
	(0.051)
	(0.048)

	Mother language: Kapampangan
	0.045
	0.010
	0.076
	0.043

	
	(0.063)
	(0.068)
	(0.070)
	(0.076)

	Mother language: Visayan / Cebuano / Sinugbuanong Binisaya
	-0.086*
	-0.009
	-0.084*
	-0.011

	
	(0.047)
	(0.053)
	(0.048)
	(0.063)

	Joint significance of mother’s education level (p-value)
	0.002
	0.075
	0.174
	0.639

	Joint significance of father’s education level (p-value)
	0.014
	0.020
	0.231
	0.072

	Joint significance of mother language (p-value)
	0.212
	0.617
	0.139
	0.506

	Year of birth fixed effects
	Yes
	Yes
	Yes
	Yes

	Month of birth fixed effects
	Yes
	Yes
	Yes
	Yes

	Province fixed effects
	Yes
	Yes
	Yes
	Yes

	Observations
	2,998
	1,874
	2,422
	1,499


Notes: The sample of those who have ever attended school is used in Columns (3) and (4). The OLS coefficients are reported. The standard errors clustered at the provincial level are presented in parentheses. *** p<0.01, ** p<0.05, * p <0.1.



Table A4: Test for Sample Selection
Dependent Variable: Log (the number of respondents by province and birthyear +1)
	　Sample:
	Full
	Non-Prone Provinces

	
	Male & Female
	Male
	Female
	Male & Female
	Male
	Female

	　
	(1)
	(2)
	(3)
	(4)
	(5)
	(6)

	TC exposure in utero to infancy
	-0.015
	-0.007
	-0.015
	-0.028
	0.040
	-0.100**

	
	(0.011)
	(0.010)
	(0.010)
	(0.041)
	(0.036)
	(0.041)

	TC exposure 
	-0.016*
	-0.017***
	-0.006
	-0.018
	-0.030
	-0.001

	   in preschool period
	(0.009)
	(0.006)
	(0.009)
	(0.028)
	(0.031)
	(0.024)

	TC exposure 
	0.001
	0.004
	-0.007
	-0.004
	-0.029
	-0.002

	   in elementary school period
	(0.009)
	(0.006)
	(0.008)
	(0.023)
	(0.018)
	(0.025)

	Year of birth fixed effects
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	Province fixed effects
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	Observations
	1,989
	1,989
	1,989
	867
	867
	867


Notes: The OLS coefficients are reported. The standard errors clustered at the provincial level are presented in parentheses. Non-prone provinces are defined as the provinces exposed to nine or fewer tropical cyclones between 1950 and 2000. *** p<0.01, ** p<0.05, * p <0.1.




Table A5: Heterogeneity across Demographics
	Sample: 
	Full
	Non-metropolitan
	Full
	Non-metropolitan
	Full
	Non-metropolitan

	
	(1)
	(2)
	(3)
	(4)
	(5)
	(6)

	TC exposure in utero to infancy
	-0.058*
	-0.080**
	-0.054**
	-0.060**
	-0.054*
	-0.077**

	
	(0.029)
	(0.030)
	(0.024)
	(0.026)
	(0.029)
	(0.031)

	TC exposure in utero to infancy
	0.006
	0.041
	
	
	-0.000
	0.035

	    x Male
	(0.048)
	(0.048)
	
	
	(0.049)
	(0.049)

	TC exposure in utero to infancy
	
	
	0.001
	0.001
	0.001
	0.001

	    x (Age – average age) 
	
	
	(0.002)
	(0.002)
	(0.002)
	(0.002)

	TC exposure in preschool period
	-0.014
	-0.022
	-0.014
	-0.016
	-0.013
	-0.024

	   
	(0.030)
	(0.032)
	(0.021)
	(0.023)
	(0.030)
	(0.034)

	TC exposure in preschool period
	0.000
	0.016
	
	
	-0.001
	0.016

	    x Male
	(0.037)
	(0.043)
	
	
	(0.037)
	(0.043)

	TC exposure in preschool period
	
	
	-0.001
	-0.000
	-0.001
	-0.000

	    x (Age – average age) 
	
	
	(0.001)
	(0.001)
	(0.001)
	(0.001)

	TC exposure in elementary school period
	0.019
	0.023
	0.023
	0.029*
	0.016
	0.022

	
	(0.027)
	(0.029)
	(0.015)
	(0.015)
	(0.026)
	(0.029)

	TC exposure in elementary school period
	0.007
	0.011
	
	
	0.012
	0.013

	    x Male
	(0.035)
	(0.034)
	
	
	(0.035)
	(0.035)

	TC exposure in elementary school period
	
	
	-0.001
	-0.001
	-0.001
	-0.001

	    x (Age – average age) 
	
	
	(0.001)
	(0.001)
	(0.001)
	(0.001)

	Male 
	0.451***
	0.474***
	0.455***
	0.477***
	0.454***
	0.476***

	
	(0.045)
	(0.048)
	(0.044)
	(0.047)
	(0.044)
	(0.048)

	Observations
	2,496
	1,587
	2,496
	1,587
	2,496
	1,587


The dependent variable is the standardized growth mindset scale. The OLS coefficients are reported. The standard errors clustered at the provincial level are presented in parentheses. All specifications control for father’s and mother’s educational attainment, and mother language, as well as the birthyear, birth-month, and province fixed effects. *** p<0.01, ** p<0.05, * p <0.1.



Table A6: The Repeated Exposure and Adult Mindset
	　Dependent variable: 
	Growth mindset scale (standardized)

	Sample: 
	Full
	Non-metropolitan
	Full
	Non-metropolitan

	
	(1)
	(2)
	(3)
	(4)

	TC exposure in utero to infancy (binary)
	-0.149*
	-0.207**
	-0.194*
	-0.278**

	
	(0.083)
	(0.085)
	(0.103)
	(0.107)

	TC exposure in preschool period (binary)
	0.033
	0.030
	0.011
	-0.011

	
	(0.098)
	(0.108)
	(0.107)
	(0.124)

	TC exposure in elementary school period (binary)
	-0.014
	0.002
	-0.044
	-0.053

	
	(0.060)
	(0.072)
	(0.081)
	(0.092)

	TC exposure in utero to infancy (binary)
	
	
	0.163
	0.220

	x TC exposure in preschool period (binary)
	
	
	(0.297)
	(0.301)

	TC exposure in utero to infancy (binary)
	
	
	0.180
	0.272

	x TC exposure in elementary school period (binary)
	
	
	(0.263)
	(0.273)

	TC exposure in preschool period (binary)
	
	
	0.104
	0.182

	x TC exposure in elementary school period (binary)
	
	
	(0.261)
	(0.253)

	TC exposure in utero to infancy (binary)
	
	
	-0.324
	-0.449

	x TC exposure in preschool period (binary)
x TC exposure in elementary school period (binary)
	
	
	(0.617)
	(0.581)

	Male 
	0.454***
	0.479***
	0.455***
	0.481***

	
	(0.044)
	(0.047)
	(0.044)
	(0.047)

	Observations
	2,496
	1,587
	2,496
	1,587


[bookmark: _Hlk117364235][bookmark: _Hlk117364613]Notes: The OLS coefficients are reported. The standard errors clustered at the provincial level are presented in parentheses. This table estimates the interaction terms of binary variables which take unity if the baseline exposure variable deviates by more than one standard deviation above the national average, and zero otherwise, for two reasons. First, this is easier to interpret the results because the exposure variables in the baseline specification take both positive and negative values. Second, the sample size of those who were exposed to tropical cyclones in multiple periods is small. All specifications control for father’s and mother’s educational attainment, and mother language, as well as the birthyear, birth-month, and province fixed effects. *** p<0.01, ** p<0.05, * p <0.1.



Table A7: Robustness to Alternative Definitions of Early-Life Periods
	　
	(1)
	(2)

	TC exposure 
	0.012
	0.035

	in two years before birth
	(0.033)
	(0.027)

	TC exposure 
	0.006
	

	in the year prior to birth
	(0.050)
	

	TC exposure 
	-0.128***
	

	in the year of birth
	(0.042)
	

	TC exposure 
	
	-0.041*

	in the year prior to birth to age two
	
	(0.021)

	TC exposure 
	-0.010
	

	between age one and six
	(0.022)
	

	TC exposure 
	
	-0.013

	between age three and six
	
	(0.026)

	TC exposure 
	0.018
	0.020

	    in elementary school period
	(0.017)
	(0.017)

	TC exposure 
	-0.012
	-0.016

	    in secondary school period
	(0.023)
	(0.023)

	Male 
	0.453***
	0.451***

	
	(0.044)
	(0.044)

	Observations
	2,462
	2,462


Notes: The OLS coefficients are reported. The standard errors clustered at the provincial level are presented in parentheses. All specifications control for father’s and mother’s educational attainment, and mother language, as well as the birthyear, birth-month, and province fixed effects. *** p<0.01, ** p<0.05, * p <0.1.
[bookmark: _Figure_A2._Geographical]



Table A8: Robustness Tests
	Used sample: 
	Aged 50 or younger
	Father’s education less than university
	Years of schooling between 1 and 6
	Full
	Non-prone provinces

	　
	(1)
	(2)
	(3)
	(4)
	(5)

	TC exposure from in utero to infancy
	-0.058**
	-0.078**
	-0.061*
	-0.052**
	-0.110**

	
	(0.025)
	(0.031)
	(0.034)
	(0.024)
	(0.043)

	TC exposure in preschool period
	-0.009
	-0.040
	0.018
	-0.016
	-0.042

	
	(0.023)
	(0.026)
	(0.014)
	(0.021)
	(0.040)

	TC exposure in elementary school period
	0.019
	0.015
	0.024
	0.023
	0.007

	
	(0.018)
	(0.018)
	(0.017)
	(0.016)
	(0.034)

	Male 
	0.420***
	0.455***
	-0.027
	0.441***
	0.384***

	
	(0.055)
	(0.060)
	(0.036)
	(0.043)
	(0.056)

	Observations
	2,043
	1,752
	513
	2,496
	1,339


Notes: The dependent variable is the standardized growth mindset scale. The OLS coefficients are reported. The standard errors clustered at the provincial level are presented in parentheses. All specifications control for father’s and mother’s educational attainment, and mother language, as well as the birthyear, birth-month, and province fixed effects. Column (4) additionally controls for month-of-survey fixed effects.  *** p<0.01, ** p<0.05, * p <0.1.



Table A9: Coefficient Stability Test
	
	Excluded vars.
	Mindset
	Std. Height
	Active in the past 4 weeks
	Overweight or obese

	
	
	Full
	Non-metropolitan
	Full
	Non-metropolitan
	Full
	Non-metropolitan
	Full
	Non-metropolitan

	TC exposure 
	Parents’ education
	3.67
	2.79
	342.29
	-17.15
	-10.37
	-6.06
	-4.57
	-4.15

	in utero to infancy
	Language
	2.49
	2.26
	-2.66
	12.00
	-1.63
	-2.40
	-3.93
	-6.14

	TC exposure 
	Parents’ education
	-1.82
	-1.00
	21.72
	0.57
	-11.54
	19.20
	54.31
	4.56

	    in preschool period
	Language
	0.29
	0.27
	-0.30
	-0.26
	0.80
	2.61
	-1.86
	-0.91

	TC exposure in 
	Parents’ education
	-2.14
	-3.48
	-10.76
	-0.93
	-11.64
	8.81
	-3.66
	-20.26

	   elementary school period
	Language
	-1.62
	-1.99
	-1.44
	8.31
	-1.74
	-3.82
	-4.85
	-10.25


The parameters of delta—the degree of selection on unobservables relative to observables that would be necessary to fully explain the estimated effect—in Oster’s (2019) coefficient stability tests are reported by setting  to be 1.3, as suggested by the study.



Table A10: Robustness for Alternative Definition of Treatment and Sample Restriction
	
	Mindset
	Std. Height
	Active in the past 4 weeks
	Overweight or obese

	
	Full
	Non-metropolitan
	Full
	Non-metropolitan
	Full
	Non-metropolitan
	Full
	Non-metropolitan

	　
	(1)
	(2)
	(3)
	(4)
	(5)
	(6)
	(7)
	(8)

	1[TC frequency in utero to infancy>0]
	-0.490***
	-0.695***
	-0.097
	-0.345***
	-0.026
	-0.078
	0.004
	-0.092

	
	(0.162)
	(0.181)
	(0.121)
	(0.106)
	(0.059)
	(0.112)
	(0.101)
	(0.101)

	
	[0.017]
	[0.017]
	[0.710]
	[0.017]
	[0.908]
	[0.710]
	[1.000]
	[0.710]

	Observations
	390
	254
	390
	254
	390
	254
	390
	254

	1[TC frequency in preschool period >0]
	-0.110
	0.047
	0.158
	0.235
	0.053*
	0.117**
	0.048*
	-0.006

	
	(0.066)
	(0.075)
	(0.123)
	(0.201)
	(0.029)
	(0.055)
	(0.025)
	(0.066)

	
	[0.270]
	[0.449]
	[0.270]
	[0.270]
	[0.270]
	[0.270]
	[0.270]
	[0.528]

	Observations
	641
	344
	641
	344
	641
	344
	641
	344

	1[TC frequency in elementary school period >0]
	-0.068
	0.010
	-0.005
	0.083
	0.060*
	0.048
	0.137**
	0.145*

	
	(0.094)
	(0.129)
	(0.114)
	(0.144)
	(0.031)
	(0.056)
	(0.061)
	(0.079)

	
	[0.902]
	[1.000]
	[1.000]
	[0.914]
	[0.280]
	[0.902]
	[0.280]
	[0.280]

	Observations
	666
	367
	666
	367
	666
	367
	666
	367


The OLS coefficients are reported. The standard errors clustered at the provincial level are presented in parentheses. Anderson’s (2008) q-values that adjust the p-values of TC exposure variable in each period (16 coefficients in Tables 2 and 3) are in brackets. Columns (7) and (8) are estimated with the OLS due to the small sample size. All specifications control for father’s and mother’s educational attainment, and mother language, as well as the birthyear, birth-month, and province fixed effects. *** p<0.01, ** p<0.05, * p <0.1.



Table A11: Wild Bootstrap Clustered Standard Errors
	
	Mindset
	Std. Height
	Active in the past 4 weeks
	Overweight or obese

	　
	(1)
	(2)
	(3)
	(4)

	TC exposure in utero to infancy
	-0.055**
	-0.069**
	-0.019*
	0.021

	
	[0.044]
	[0.012]
	[0.084]
	[0.164]

	TC exposure in preschool period
	-0.013
	-0.005
	0.011**
	0.010

	
	[0.556]
	[0.736]
	[0.028]
	[0.192]

	TC exposure in elementary school period
	0.022
	-0.017
	-0.010
	0.012

	
	[0.152]
	[0.260]
	[0.228]
	[0.116]

	Male 
	0.452***
	-0.001
	0.004
	0.029

	
	[0.000]
	[0.944]
	[0.792]
	[0.152]

	Observations
	2,496
	2,496
	2,496
	2,496


Notes: The OLS coefficients are reported. The standard errors are clustered at the provincial level. Wild bootstrap p-values proposed by Cameron et al. (2008) are in brackets (500 bootstrap replications, with imposing the null hypothesis). The dependent variable of Column (4) is a binary indicator of overweight or obese, and therefore, the result does not align with Table 3. All specifications control for father’s and mother’s educational attainment, and mother language, as well as the birthyear, birth-month, and province fixed effects.  *** p<0.01, ** p<0.05, * p <0.1.


Table A12: The Tropical Cyclone Exposure and Educational Attainment and Employment Status
	　Dependent variable: 
	Ever attended elementary school
	Completed elementary school
	Unemployed
	Self-employed
	Employed
	Unemployed
	Self-employed
	Employed

	Sample: 
	Full
	Non-metropolitan
	Full
	Non-metropolitan
	Full
	Non-metropolitan

	　
	(1)
	(2)
	(3)
	(4)
	(5)
	(6)
	(7)
	(8)
	(9)
	(10)

	TC exposure 
	0.001
	-0.009
	0.013
	0.009
	-0.140
	-0.070
	-0.105*
	-0.096
	-0.043
	-0.125*

	in utero to infancy
	(0.013)
	(0.012)
	(0.014)
	(0.014)
	(0.094)
	(0.080)
	(0.058)
	(0.089)
	(0.084)
	(0.068)

	TC exposure 
	-0.007
	-0.007
	0.004
	-0.002
	-0.062
	0.018
	0.040
	0.015
	0.054
	0.058

	    in preschool period
	(0.008)
	(0.007)
	(0.008)
	(0.009)
	(0.078)
	(0.053)
	(0.051)
	(0.078)
	(0.051)
	(0.057)

	TC exposure 
	0.004
	0.001
	0.004
	0.003
	0.011
	-0.049
	0.086*
	0.019
	-0.041
	0.114**

	    in elementary school period
	(0.006)
	(0.006)
	(0.007)
	(0.009)
	(0.073)
	(0.051)
	(0.046)
	(0.080)
	(0.057)
	(0.047)

	Male 
	0.030**
	0.039*
	0.022
	0.027
	0.745***
	1.296***
	1.118***
	0.811***
	1.465***
	1.357***

	
	(0.015)
	(0.021)
	(0.025)
	(0.020)
	(0.195)
	(0.129)
	(0.133)
	(0.243)
	(0.149)
	(0.186)

	Observations
	2,496
	1,587
	2,496
	1,587
	2,496
	1,587


[bookmark: _Hlk193739826]Notes: The OLS coefficients are reported in Columns (1) through (4). Multinomial logit coefficients are reported in Columns (5) through (10). The standard errors clustered at the provincial level are presented in parentheses. All specifications control for father’s and mother’s educational attainment, and mother language, as well as the birthyear, birth-month, and province fixed effects. *** p<0.01, ** p<0.05, * p <0.1.
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