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The Role of Online Consumer Reviews in Shaping Chinese Consumers' Purchase Intentions for Energy-Saving Household Appliances: A Social Communication Theory Perspective
Abstract
With the primary sales channels for home appliances in China shifting from offline to online, e-commerce platforms hold significant potential to promote the purchase of energy-saving appliances. Therefore, this study investigates the factors influencing consumers' intentions to purchase energy-saving appliances in the context of online review interactions. Based on social communication theory, we identified four key elements in online review communication: information quality, information quantity, source credibility, and consumer attitudes toward online review. Additionally, we analyzed the mediating role of perceived information usefulness and the moderating role of consumer information processing capability. Data were gathered by using a structured questionnaire, and the respondents are comprised of consumers with experience purchasing energy-saving home appliances online., PLS-SEM was employed for the analysis of data. The findings suggest that the quality, quantity, and source credibility of online reviews, as well as consumers' attitudes towards online reviews, directly influence customers’ purchase intentions for energy-saving appliances. Moreover, a review of quantity and consumer attitudes impacts purchase intention through the perceived information usefulness. The moderating effect of consumers' information processing capability on the relationship between online reviews and perceived information usefulness is also confirmed. The results of the study explain the formation mechanism of consumers' willingness to buy energy-saving home appliances from the perspective of information dissemination, which offers valuable insights for e-commerce platforms and online marketers aiming to comprehend consumers' decision-making processes.
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1. introduction
The process of urbanization in China in recent years has led to a rapid increase in household energy consumption. According to the data issued by the China National Bureau of Statistics,  the rate of urbanization in China increased from 53.70% in 2013 to 66.2% in 2023, and the per capita electricity consumption rose from 500 kWh in 2013 to nearly 1,000 kWh in 2023 (Fan et al., 2017). Reducing residential energy consumption is an inevitable choice to achieve low-carbon development (Xu et al., 2020). The energy consumed by household appliances accounts for most of the energy consumption in the family (Hu et al., 2017). Energy-saving household appliances (EHAs) adoption widely can not only reduce the energy consumption of the whole family, meet people's pursuit of a healthy and comfortable life, but also assist in reducing CO2 emissions and relieve the pressure on the supply of resources such as water and fossil fuel (Bhutto et al., 2020). Hence, it is of great importance to reveal the factors and mechanisms that drive consumers' intention to purchase EHA.
Several external factors have been confirmed to positively impact consumers' willingness to purchase. First of all, government-led policies, such as energy-saving subsidies and preferential tariffs, exert a substantial influence on consumers’ purchases of EHAs (Andrews-Speed & Ma, 2016). The use of energy efficiency labels in the household appliances industry is also conducive to consumers' identification and adoption of energy-saving products (Hua & Wang, 2019; Waris & Hameed, 2021). In addition, the occurrence of smog and air pollution also helps consumers to choose EHAs, because they believe that it can alleviate the negative impact of families on the environment (Apipuchayakul & Vassanadumrongdee, 2020; Zhao et al., 2019). The intrinsic properties of products, such as energy efficiency and technical indicators, are related to consumers' experience of using products, so it is also very important for consumers to choose (Jamil et al., 2022). Furthermore, the economic benefits derived from using EHAs are also motivating factors for some consumers (Waris & Hameed, 2021). Finally, green marketing emphasizes the environmental benefits of products and also promotes consumers' willingness to buy EHAs (Teoh et al., 2022). 
With the widespread use of mobile internet, electronic retail has experienced rapid development in China. As a result, the primary channel for consumers to purchase household appliances has shifted from offline to online (Duch-Brown et al., 2015). Consumer decision theory emphasizes that the collection and processing of information is a key process for consumers to make purchase decisions (Maute & Forrester Jr, 1991). Due to the infinity of information space, the online shopping environment greatly magnifies the influence of information on customers' purchasing decisions (Filieri, 2015; Wang et al., 2024). The extensive information provided by posted shopping websites reduces information asymmetry between buyers and sellers, thereby enhancing consumers' confidence in making purchase decisions. This effect significantly promotes PI, especially for high-involvement products such as electronics and appliances (Peng et al., 2021). Online customer reviews (OCRs) serve as a form of social proof, which is crucial for establishing consumer trust and mitigating perceived risks (Wang et al., 2024). However, the influence of OCRs on consumers' willingness to purchase EHA has only recently come under investigation. (Li & Yuan, 2024) utilized machine learning technology to mine information from OCR related to EHAs on e-commerce websites. The results show that information regarding normative, environmental health, and pricing in OCRs affects consumers' intentions to purchase EHAs significantly. 
Social communication theory defines the process of social communication as the transmission of words, images, and other information stimuli from information sources to information recipients (Hovland et al., 1953). This theory has been proven to be suitable for studying the influence of electronic word-of-mouth communication on consumers' PI and purchase-related attitudes (Cheung & Thadani, 2012; Porter, 2017). The characteristics of OCRs, commentators, and consumers jointly affect the decision-making process of customers. Based on this, this study suggests comprehensively evaluating the influence of OCRs on the EHAs PI by simultaneously examining the quality and quantity of information, the source's credibility, and the attitude of consumers towards information.
Consumers' perception caused by the stimulation of the external environment also has an impact on PI. Previous studies have clarified the effects of consumers' perception of economic and environmental benefits (Akroush et al., 2019; Apipuchayakul & Vassanadumrongdee, 2020), perceived value (Lin & Dong, 2023; B. Luo et al., 2022), and perceived usefulness (Hua & Wang, 2019) on PI of EHAs. Not all OCRs provide valuable insights (Choi & Leon, 2020). When consumers participate in online comment exchanges, they are faced with a large number of anonymous online comments. How to find useful information efficiently brings challenges to consumers (Sharma et al., 2023). An excessive amount of OCRs even prevents consumers from identifying and obtaining valuable information, which makes consumers confused and even depressed (Park & Kim, 2008). Additionally, false or biased comment information will also mislead consumers' decision-making, which further undermines the credibility of OCRs (Luca & Zervas, 2016). Examining the usefulness of OCRs has emerged as an important field of research (Ventre & Kolbe, 2020; Zhu et al., 2020). According to the theory of information acceptance, the perceived usefulness of information positively impacts consumers' adoption of the information, thereby affecting customers’ willingness to buy (Erkan & Evans, 2016). Therefore, when studying the formation mechanism of purchasing intention from the perspective of information dissemination, the perceived usefulness of information should be considered.
Personal characteristics and motivation significantly affect consumers' EHA PI. Relevant factors include the demographic variables of consumers (Fatoki, 2020), personal values and moral norms (Tan et al., 2017), energy awareness (Jamil et al., 2022), environmental and eco-label knowledge (Li et al., 2019; Waris & Hameed, 2021), attitudes towards the environment (Liao et al., 2020), and green self-efficacy (McCarthy, 2024). In the era of digital information, customers' ability to access information plays a crucial role in influencing their intentions toward environmentally friendly purchases (Luo et al., 2023). However, there have been limited studies conducted on the correlation between consumers' information processing capability and their purchases of EHAs. OCRs often show fuzziness, contradiction, or irrelevance, which will confuse consumers in the process of information evaluation (Luo et al., 2013; Özkan & Tolon, 2015). Consumers' information processing capability emphasizes their ability to efficiently screen, classify, and identify information and accurately extract relevant and useful data related to the purchase tasks (Wu et al., 2022). Based on the Elaboration Likelihood Model (ELM) theory, the results of information processing vary with individual capabilities. This study aims to improve the literature by investigating the influence of consumers' information processing capability in the process of purchasing EHA.
Existing research has examined various factors that influence the purchase of EHAs. However, there is a notable lack of studies that consolidate the elements of OCRs into a unified model to predict consumer purchase intentions. Furthermore, the literature reveals a gap in integrating consumers’ information processing capabilities within such models to evaluate their intentions for purchasing EHAs. By incorporating these aspects, the research offers a richer perspective on what drives consumers' purchase decisions for EHAs in the digital marketplace.
This study's purpose is to clarify the influencing factors of EHA purchasing intention under the background of OCRs communication. From the perspective provided by social communication theory, this study comprehensively looks into the influence of the characteristics of OCRs, OCR posters, and receivers on the PI of EHAs in online communication. In addition, information usefulness and consumers' information processing ability are introduced into the model as key variables. Information usefulness is regarded as an intermediary variable, while information processing capability is regarded as a moderator variable. By examining the impact of these factors on the decision-making process of consumers, the mechanism of OCRs shaping consumers' PI is revealed. 
This paper makes three key contributions. First, it provides a comprehensive evaluation of the direct and indirect effects of OCR communication elements on the intention to purchase EHAs. Second, it examines the moderating effect of information processing capability on the relationship between OCR communication elements and information usefulness. Finally, the findings from this research are designed to help e-commerce platforms and digital marketers refine their online strategies to better support consumers in choosing EHAs. By enhancing online communication, these insights can ultimately encourage more informed and sustainable purchasing choices to benefit both customers and the environment.
The structure of this paper is as follows. Section 2 provides the theoretical background and research hypotheses for this study, including the research model. Section 3 describes the data and methods of data analysis, explaining the reasons for using PLS. Section 4 presents the results of data analysis, including the assessment and testing of the measurement model to ensure internal consistency, convergent reliability, and discriminant validity of all constructs. This section also tests all proposed hypotheses. Section 5 discusses the results, implications, and limitations of the study and suggests directions for future research.
2. Theoretical foundation and hypotheses formulation
2.1 Theoretical foundation
[bookmark: _Toc167219169]2.1.1 Social communication theory. 
Social communication theory defines the process of social communication as the transmission of words, images, and other information stimuli from information sources to information recipients (Hovland et al., 1953). The theory claims that not only the information itself but also the attributes of the communicator and the recipient jointly determine how the recipient reacts to the information (Akdim, 2021; Cheung & Thadani, 2012; Porter, 2017). Cheung and Thadani (2012) proposed four core components of e-WOM communication: the information source, the information, the recipient, and their response. This establishes a theoretical basis for investigating the influence of OCR communication on PI towards EHAs. In addition to the attributes of the OCRs (such as the quality and quantity), the credibility of sources and the attitude of potential consumers towards information will jointly affect consumers' PI of EHAs.
2.1.2 Information acceptance model (IAM). 
IAM clarifies the relationship between the four key elements: source credibility, argument quality, perceived usefulness, and information adoption (Sussman & Siegal, 2003). Source credibility and quality of information are decisive factors of information usefulness, and then affect information adoption and PI (Sussman & Siegal, 2003). By employing dual-process theories, IAM has been verified in the field of user-generated information by Cheung et al. (2008). He claimed that the argument quality and credibility of information sources contribute 65% of the explained variation in information usefulness. IAM explains users' acceptance behavior towards information, furthermore, the theory reveals the influence mechanism of computer-generated information on consumers' purchase behavior (Sardar et al., 2021). 
2.1.3 Elaboration likelihood model (ELM). 
ELM provides a theoretical framework for understanding people's information processing process (Petty et al., 1986). This theory suggests that individuals with different abilities and motivations have different paths to processing information. Specifically, individuals with strong motivation and ability usually take the central path to process information. They emphasize the quality of arguments and form their own opinions by deeply interpreting the information. Other individuals tend to process information through the peripheral path, and they pay attention to superficial and superficial clues and make decisions based on these clues (Cheng & Ho, 2015; Sher & Lee, 2009). Based on ELM theory, consumers with different information processing capabilities may get different information processing results when facing the same information stimulus. Therefore, in the process of investigating the formation of PI of EHA, the influence of the difference in consumers' information processing capability should be considered.
2.2 Hypotheses formulation
2.2.1 Key elements of OCR communication and their effects on perceived information usefulness
OCR quality is related to their completeness, timeliness, and relevance (Cheung et al., 2008). High-quality arguments are conducive to promoting consumers' perceived information usefulness (Alsheikh et al., 2021; Ruangkanjanases et al., 2021; Seo & Park, 2018). Media richness theory suggests that information receivers believe that high-quality information is more useful (Akdim, 2021). The more relevant the information, the stronger its impact on the consumer decision-making process (O’Reilly et al., 2016). Relevant information ensures that the content contained in OCRs matches the information needs of consumers, which makes it more likely to be adopted (Matute et al., 2016). Timely information enhances the perceived usefulness of information (bin Ali Khan & bin Ismail, 2011; Klinsukhon & Ussahawanitchakit, 2016). The completeness and detail of the information directly contribute to its usefulness (Dancer et al., 2014). 
H1: The quality of OCRs has a positive impact on the perceived usefulness of information.
A large number of OCRs may help provide customers with more product (service) information, which is an important tool to improve customer awareness and also indicates that products (services) are highly popular (Filieri et al., 2015). A high quantity of OCRs increases the credibility and trust of the information (Yang et al., 2018). Reviews with extremely positive or negative ratings are generally considered to be more trustworthy and are often perceived as helpful by users (Manes & Tchetchik, 2018). Extreme negative reviews often carry more weight in customers’ decision-making processes (Torres & Singh, 2016). The average rating can provide a quick overview of product or service quality, There is a positive correlation between the quantity of OCRs and the perceived usefulness of information (Matute et al., 2016).
H2: OCR quantity positively affects consumers' perception of the usefulness of information.
The source's credibility is related to the trustworthiness and expertise of information publishers (AlFarraj et al., 2021). Under the background of OCR communication, it is very convenient to publish and obtain information. Because of the anonymity of information, false and even biased information has also been proven to exist in OCRs (Malbon, 2013). This emphasizes the source credibility of OCRs the most important determinant of its reliability. Prior research has highlighted the importance of source credibility in enhancing the perceived usefulness of OCRs and electronic WOM (Alfina et al., 2014; Filieri, 2015; Filieri & McLeay, 2014; Zohora et al., 2017). For online reviews with high sources credibility, the publishers often have professional knowledge related to products, and there is no interesting relationship between publishers and products and shoppers. All of these factors contribute positively to the perceived usefulness of information (Liang et al., 2021).
H3: Source credibility of OCRs affects perceived information usefulness positively.
Attitude is shaped by a person's overall assessment of an object (Gvili & Levy, 2016). Attitude towards OCRs refers to the customer’s overall evaluation of OCR's communication. Consumers with a positive attitude rely more on OCRs to support their purchase decisions. They are more likely to find valuable insights from OCRs to support their decision-making process (Prendergast et al., 2010). In addition, Consumers who possess a positive attitude exhibit a heightened level of trust in OCRs (Camilleri, 2021). When evaluating the influence of OCRs on the perceived usefulness of information, it is important to consider consumers' attitudes towards OCRs.
H4: Customers’ attitude towards OCRs has positive effects on perceived information usefulness.
2.2.2 Key elements of OCRs communication and their effects on EHA purchase 
Previous literature has proved that information quality affects consumers' PI (Park et al., 2007; Sher & Lee, 2009). Incomplete information is like a puzzle, which needs to be perfected by consumers. Comprehensive information related to consumers' purchases provides consumers with a complete picture, which is conducive to improving consumer awareness, dispelling consumers' concerns, and then prompting consumers to make wise decisions (Leong et al., 2022). The timeliness of information means that the information reflects the latest situation, which has a positive impact on the establishment of consumer trust and the formation of PI (Fu et al., 2011). In OCR communication, the better the quality of OCRs, the more comprehensive, relevant, and timely it is (Zou, 2019). The quality of online reviews has also proved to affect consumers' green PI positively (Jasarai et al., 2022). Therefore, the hypothesis is put forward:
H5: The quality of OCRs affects consumer purchase intention positively.
The more reviews there are, the more information customers receive, and the higher their awareness of the product or service, thereby promoting their purchase (Liu, 2006; Park et al., 2007). Since only customers who have purchased the product can post OCRs, the number of reviews may indirectly indicate the popularity of the product (Elwalda & Lu, 2016). Consumers believe that extreme comments or two-sided comments prove that these comments are true, reliable, and have not been reviewed or revised (Fernandes et al., 2022). Even negative reviews can increase PI. Therefore, the hypothesis is proposed as:
H6: The quantity of OCRs affects consumer purchase intention positively.
For the IAM Erkan and Evans (2016) indicate that when the source of information is credible, consumers are more inclined to adopt the information, thereby increasing their intention to purchase. For consumers who participate in OCR communication, the credibility of information sources is the most important indicator for them to evaluate whether information is trustworthy (Yeap et al., 2014). Therefore, the credibility of information sources also positively affects consumers' views on products, which in turn affects their buying behavior (Hui, 2017). The literature has also confirmed the positive impact of source credibility of OCRs on customers' intention to make green purchases (Jasarai et al., 2022; Rahim et al., 2016; Rahim et al., 2015). The hypothesis is proposed as:
H7: The OCR source's credibility positively affects consumers' PI towards EHA.
Consumers' attitude toward information is one of the influencing factors of green PI (Zhuang et al., 2021). Customers with a positive attitude rely more on OCRs to support their purchase decisions. They believe that OCRs can enhance their product awareness, and adopting information from OCRs will help them enhance their confidence in decision-making (Torres et al., 2019). The insights provided by OCR will help them make wise purchase decisions (Prendergast et al., 2010). Torres et al. (2019) conducted a study on the impact of social media users' attitudes towards information on PI, and the findings revealed that having a positive attitude towards e-WOM significantly promotes PI. The research based on the fast food industry also confirmed that consumers' attitude toward OCRs significantly affects consumers' PI (Shashikala & DK, 2020). When browsing the online reviews of EHAs, consumers with positive attitudes are more influenced by insights contained in the OCRs. These views involve environmental issues and the benefits brought by EHA adoption. Therefore, the hypothesis is proposed as:
H8: Positive attitudes towards OCRs influence the purchase intention positively.
2.2.3 Perceived information usefulness and purchase intention
Information perceived as useful increases consumers' confidence in their purchasing decisions by reducing perceived risk (Cheung & Thadani, 2012). Useful information helps build trust and positively influences the PI of travel product customers (Filieri & McLeay, 2014). The IACM model (Erkan & Evans, 2016) explored the effects of information usefulness on customer PI. The results showed that information usefulness is an important predictor of PI (Erkan & Evans, 2016). Clear communication of environmental benefits through useful information significantly enhances green PI (Yadav & Pathak, 2017). Therefore, the hypothesis is proposed as:
H9: Perceived information usefulness affects consumer purchase intention positively.
2.2.4 Moderating role of Customer’s Information Processing Capability
Consumers' IPC refers to their ability to deeply interpret, doubt, sometimes refuse, or verify information through other means (Zhou & Lu, 2008). OCR communication is the most important channel for customers to obtain information, and the outcome of information processing determines consumers' response to OCR communication (Schultz & Vandenbosch, 1998). The ELM claims that the information processing process is influenced by both central and peripheral pathways. OCR quality is usually treated as the central route, while other features, such as volume and source credibility, serve as peripheral routes (Filieri & McLeay, 2014; Kusumasondjaja et al., 2012). The following hypotheses are proposed:
H10: Information processing capability plays a moderating role in the relationship between OCR quality and perceived information usefulness.
H11: Information processing capability plays a moderating role in the relationship between OCR quantity and perceived information usefulness.
H12: Information processing capability plays a moderating role in the relationship between the OCR source's credibility and the perceived usefulness of information.
2.2.5 Control of Demographic Variables
In the context of OCRs communication, customers’ demographic characteristics such as gender, age, income, educational background, and prior shopping experience may have an impact on consumers' PI. For example, (Bae & Lee, 2011) proved that Women are more easily influenced by OCRs than male consumers, and thus have higher PI. Age and income are related to consumers' green PI (Pastiu, 2013; Wang et al., 2020). A survey of Indian customers showed that education levels have a positive impact on their green PI (Nath et al., 2015). In addition, previous online shopping experiences have been proven to be related to consumers' online PI (Dai, 2007; Ling et al., 2010). Therefore, the following hypotheses are proposed:
H13: Customer gender significantly affects purchase intention. 
H14: Customer age significantly affects purchase intention.
H15: The income significantly affects purchase intention.
H16: The education level significantly affects purchase intention.
H17: The online shopping experience significantly affects purchase intention.
The theoretical framework of this study is shown in Figure 1.
 [image: ]
Figure 1. Conceptual framework
3. Methodology
3.1. Measurement development
The present study will employ online survey methods to gather data for several reasons. Firstly, this study investigates customer PI in the context of OCR communication, targeting Internet users. Since participants in OCR communication must be Internet users, obtaining data through online surveys aligns well with the research needs. Secondly, online surveys enable respondents to remain unaffected by the researcher's presence, thereby eliminating interviewer bias (Garaus, 2018). Thirdly, online survey methods expand the scope of the survey, which improves the generalizability of the research results (Fowler Jr, 2013; Xiao & Li, 2019). In summary, the online survey method is appropriate for data collection in the current study.
The information obtained through the questionnaire will include gender, age, education level of participants, online shopping experience, consumer attitudes towards OCRs, perceived quality and quantity of OCRs, source credibility of OCRs, perceived information usefulness, PI, and information processing capability. The questionnaires will be designed based on established and validated classic scales, renowned for their high effectiveness and reliability in yielding research outcomes (Rattray & Jones, 2007). All items will be measured using a five-point Likert scale. To ensure the robustness of all utilized scales, each structure is meticulously designed based on the current research background and objectives, with items derived from scales employed in previous studies (Table 1). 
[bookmark: _Toc167342443][bookmark: _Toc167342467]Table 1. Influence Factors of OCR Communication
	Construct
	Items
	References

	Attitude towards OCRs
	CAO1. When I buy Energy-saving household appliances (EHAs) online, I always read reviews that are presented on the website.
CAO2. When I buy EHAs online, the reviews presented on the website are helpful for my decision making.
CAO3. When I buy EHAs online, the reviews presented on the website make me confident in purchasing the product.
CAO4. If I do not read the reviews presented on the website when I buy EHAs online, I worry about my decision.
	Torres et al. (2019)

	OCRs Quality
	OCRQ1. The information I found through online reviews was relevant to my needs for the EHA I was interested in.
OCRQ1. The online reviews I referred to were current at the time of my search for EHAs.
OCRQ1. The online reviews included necessary information about the EHAs.
	Zou (2019)

	Quantity of OCRs 
	QOCR1. If there are fewer reviews, I hesitate to consider the reviews when purchasing EHAs.
QOCR2.I look for extreme views (5-star or 1-star) while evaluating EHAs.
QOCR3.The average score/star rating is important for EHAs.
	Fernandes et al. (2022)

	Perceived Information Usefulness
	PIU1. The online reviews are useful for my purchasing decisions regarding EHAs.
PIU2.Reading online reviews helps me make smarter purchasing decisions about EHAs.
PIU3.The online reviews are very beneficial to me in choosing EHAs.
	Lu (2016)

	Purchase Intention
	CPI1. I am willing to purchase EHAs online.
CPI2. I desire to purchase EHAs online.
CPI3. I would recommend EHAs to my friends.

	Cheung and Thadani (2012 Tran, 2020)

	Information Processing Capability
	IPC1. I can analyze online reviews deeply to find hidden meanings.
IPC2. I question the truth of some information in online reviews instead of blindly trusting it.
IPC3. I sometimes reject certain views in online reviews.
IPC4. I verify the accuracy of online reviews through other sources.
	Zhou and Lu (2008)

	Source credibility
	The person providing the online review was knowledgeable about EHAs.
The person providing the online review was trustworthy.
The person providing the online review was credible.
The person providing the online review appeared to be an expert on EHAs.
	Bhattacherjee and Sanford (2006)


Before conducting the actual investigation, a small-scale survey is conducted in Shandong Province to confirm the validity of the research. Based on the pre-survey results, improvements are made to the wording and logical consistency of the instrument. The official survey is conducted on the Chinese professional online survey website, sojump.com. The survey link will be disseminated through WeChat to recruit participants. Respondents will be asked to recall their EHA's purchasing experiences from the past year.
Participants will be recruited through stratified sampling, selecting one city each from the northern, central, and southern regions of China. The QR code for the online survey will be sent to various online communities. Additionally, using snowball sampling, these respondents will be asked to forward the survey link to others, ultimately reaching a diverse demographic of consumers. While snowball sampling can introduce selection bias, it facilitates the data collection process by targeting individuals who understand the research question (Churchill & Iacobucci, 2006).
The study contains 24 items, and at least 240 samples are needed. Using the Minimum R-squared method (Hair Junior et al., 2014), the minimum sample size required for this study is estimated to be approximately 147 participants. A total of 305 valid questionnaires were obtained from April 2024 to June 2024. The demographic information of the respondents is presented in Table 2.
Table 2. Demographic information.
	Variable
	Description
	Frequency
	Percentage

	Gender
	Male
	198
	63.7

	
	Female
	113
	36.3

	Age (years)
	Between 18–25
	29
	9.3

	
	Between 26–35
	55
	17.7

	
	Between 36–45
	176
	56.6

	
	Above 45
	51
	16.4

	Monthly Income (RMB)
	Less than 3,000
	7
	2.30%

	
	Between 3,000–50,00
	192
	61.70%

	
	Between 5,000–8,000
	50
	16.10%

	
	Above 8,000
	62
	19.90%

	
	At least one time in every 30 days
	63
	20.30%

	Online Shopping Frequency
	At least one time in two weeks
	60
	19.30%

	
	At least one time in a week
	188
	60.40%

	Education/Qualification
	Lower secondary or below
	10
	3.20%

	
	Higher secondary or equivalent
	39
	12.50%

	
	Bachelor’s degree or equivalent
	234
	75.20%

	　
	Master’s degree or above
	28
	9%


According to Table 2. out of the 311 respondents, 63.7% were men and 36.3% were women. Most of the respondents are over 35 years old, reaching 73%. Over half of the participants reported a monthly income ranging from 3,000 to 5,000 RMB, and more than 60% of the respondents buy online more than once a week. Most of the respondents have bachelor's degrees.
3.2 Data Analysis Method
This study employs the variance-based Partial Least Squares Structural Equation Modeling (PLS-SEM) for data analysis, utilizing Smart PLS 4.0 software to facilitate this process. The choice of PLS-SEM is based on its multifaceted applicability and advantages. Firstly, PLS-SEM demonstrates exceptional performance in structural equation models that encompass multiple variables (Chen et al., 2024; Qalati, et al., 2024), making it more suitable compared to covariance-based SEM (CB-SEM) (Zhang et al., 2023). Furthermore, PLS-SEM exhibits broader compatibility with various data characteristics (Qalati et al., 2024), particularly excelling in handling non-normally distributed data (Hair & Alamer, 2022). Additionally, PLS-SEM offers significant advantages when analyzing small sample sizes (Afthanorhan et al., 2020). Lastly, PLS-SEM is more appropriate for early exploratory phases of theory development (Bayaga, 2021). This makes PLS-SEM an appropriate method for investigating consumer intentions and behaviors concerning the purchase of energy-efficient household appliances (Ali et al., 2021; Aziz et al., 2024; Bhutto et al., 2020; Neves & Oliveira, 2021). 
3.3 Common method bias test
The data of this study comes from self-report questionnaires, which could potentially result in common method bias (CMB), thus affecting the reliability of the regression results (Kamakura, 2010). Prior studies suggested that when the values of the Variance Inflation Factor (VIF) of the inner model are all lower than 3.3, the CMB issue can be ignored (Kock, 2015; Mu et al., 2023). Table 3 shows the VIF values, and all values range from 1 to 2.763, indicating that the model is free from CMB issues. Harman's single-factor test is also used to test for CMB (Harman, 1976). The analysis results for the seven constructs in this study indicate that the most influential factor accounts for 46.12% of the variance, which is below the 50% threshold, which means that all constructs pass the test (Podsakoff & Organ, 1986). To further eliminate possible CMB, a common method variable (CMV) is established in the PLS-SEM model. CMV includes all the items involved in the study. Possible common method bias in the model can be detected by comparing the substantive factor loadings (R1) and method factor loadings (R2). The results of the calculation are presented in Table 4. It is evident that the average value of R1 is 0.867, whereas the average of R2 is nearly zero, indicating that the model has further passed the common method deviation test (Liang et al., 2007; Mu et al., 2023).
Table 3. Collinearity statistics (VlF)
	　Inner Model
	VIF

	CAO -> PIU
	1.715

	IPC -> PIU
	2.206

	OCRQ -> PIU
	2.763

	PIU -> CPI
	1.00

	QOCR -> PIU
	1.02

	SCO -> PIU
	2.288


Table 4. Common method bias tests 
	Construct
	Indicators
	Substantive factor
 loadings (R1)
	R12 
	Method factor 
loading (R2)
	R22

	Customer attitude towards OCRs
	CAO1
	0.780**
	0.608
	-0.161**
	0.026

	
	CAO2
	0.869**
	0.755
	0.087
	0.008

	
	CAO3
	0.870**
	0.757
	0.042
	0.002

	
	CAO4
	0.850**
	0.723
	0.012
	0.000

	Information processing capability
	IPC1
	0.880**
	0.774
	-0.024
	0.001

	
	IPC2
	0.892**
	0.796
	0.050
	0.003

	
	IPC3
	0.917**
	0.841
	-0.028
	0.001

	
	IPC4
	0.913**
	0.834
	0.003
	0.000

	OCR quality
	OCRQ1
	0.895**
	0.801
	-0.046
	0.002

	
	OCRQ2
	0.903**
	0.815
	-0.040
	0.002

	
	OCRQ3
	0.915**
	0.837
	0.085
	0.007

	Customer purchase intention
	CPI1
	0.857**
	0.734
	-0.088
	0.008

	
	CPI2
	0.837**
	0.701
	0.313***
	0.098

	
	CPI3
	0.867**
	0.752
	-0.228***
	0.052

	Perceived information usefulness
	PIU1
	0.850**
	0.723
	-0.156***
	0.024

	
	PIU2
	0.877**
	0.769
	0.103**
	0.011

	
	PIU3
	0.869**
	0.755
	0.044
	0.002

	Quantity of OCRs
	QOCR1
	0.831**
	0.691
	0.045
	0.002

	
	QOCR2
	0.796**
	0.634
	-0.071**
	0.005

	
	QOCR3
	0.793**
	0.629
	0.024
	0.001

	Source credibility of OCRs

	SCO1
	0.848**
	0.719
	-0.028
	0.001

	
	SCO2
	0.881**
	0.776
	0.006
	0.000

	
	SCO3
	0.897**
	0.805
	-0.046
	0.002

	
	SCO4
	0.917**
	0.841
	0.064
	0.004

	Average
	
	0.867
	0.753
	-0.002
	0.011


4. Results
4.1 Measurement model assessment
The reliability and validity of the model are tested before the path analysis of the structural equation model. Previous research suggests that Cronbach's Alpha (CA) and composite reliability (CR) exceeding 0.7 indicate acceptable internal reliability (Hair Jr et al., 2016). Additionally, the Average Variance Extracted (AVE) is used to measure convergent validity, and an AVE greater than 0.5 (Qalati, Jiang, et al., 2024) implies that the convergent validity of the construct items is ideal (Li et al., 2018). These indicator results are shown in Table 5, and the measurement results indicate that the reliability and validity test results are satisfactory.
Table 5. Construct reliability and validities
	Constructs
	CA
	CR
	AVE

	CAO
	0.863
	0.876
	0.710

	CPI
	0.814
	0.868
	0.723

	IPC
	0.922
	0.924
	0.812

	OCRQ
	0.889
	0.889
	0.818

	PIU
	0.832
	0.839
	0.749

	QOCR
	0.731
	0.758
	0.647

	SCO
	0.908
	0.913
	0.785


According to the suggestion of Cao et al. (2024), Qalati et al. (2023), and Sarstedt et al. (2014), this study adopted three methods to test the discriminant validity of the model. First, calculate the cross-load matrix, and the calculation results are shown in Table 6. The external loads of the seven constructs are all higher than the cross load, so the test is passed. In addition, Table 7 lists the test results of the Fornell-Larcker Standard, where the bold values represent the square root of AVE. When the square root of the AVE of each structure is greater than the correlation coefficient between this structure and other structures, it shows that there is good discriminant effectiveness between structures (Fornell & Larcker, 1981). Finally, the difference between different structures is reflected by HTMT, and the HTMT between the two structures is less than 0.85, which indicates that the data has good discriminant validity (Henseler et al., 2015). Table 8 shows the HTMT values between all structures, which are all less than 0.85. The results of all three methods show that the model meets the criteria for judging effectiveness (Sarstedt et al., 2014).
Table 6. Factors cross-loading matrix
	　
	CAO
	IPC
	OCRQ
	CPI
	PIU
	QOCR
	SCO

	CAO1
	0.764
	0.378
	0.412
	0.38
	0.367
	-0.014
	0.345

	CAO2
	0.873
	0.52
	0.539
	0.549
	0.447
	-0.096
	0.541

	CAO3
	0.877
	0.483
	0.551
	0.53
	0.498
	-0.046
	0.481

	CAO4
	0.851
	0.477
	0.533
	0.498
	0.437
	-0.079
	0.463

	IPC1
	0.488
	0.881
	0.592
	0.563
	0.482
	-0.097
	0.558

	IPC2
	0.534
	0.893
	0.65
	0.567
	0.486
	-0.049
	0.587

	IPC3
	0.487
	0.917
	0.634
	0.616
	0.497
	-0.066
	0.568

	IPC4
	0.493
	0.911
	0.633
	0.597
	0.483
	-0.134
	0.605

	OCRQ1
	0.516
	0.614
	0.896
	0.665
	0.567
	-0.004
	0.613

	OCRQ2
	0.534
	0.608
	0.903
	0.646
	0.572
	-0.048
	0.639

	OCRQ3
	0.602
	0.668
	0.914
	0.622
	0.592
	-0.017
	0.678

	CPI1
	0.466
	0.53
	0.613
	0.851
	0.428
	-0.189
	0.614

	CPI2
	0.557
	0.62
	0.658
	0.854
	0.653
	-0.157
	0.665

	CPI3
	0.469
	0.503
	0.543
	0.855
	0.425
	-0.223
	0.571

	PIU1
	0.333
	0.384
	0.453
	0.465
	0.839
	0.149
	0.488

	PIU2
	0.528
	0.501
	0.613
	0.54
	0.883
	0.021
	0.539

	PIU3
	0.479
	0.507
	0.576
	0.541
	0.873
	0.064
	0.482

	QOCR1
	0.011
	-0.035
	0.019
	-0.134
	0.084
	0.79
	-0.058

	QOCR2
	-0.106
	-0.137
	-0.074
	-0.224
	0.054
	0.845
	-0.142

	QOCR3
	-0.059
	-0.037
	0.014
	-0.156
	0.075
	0.774
	-0.045

	SCO1
	0.428
	0.556
	0.642
	0.578
	0.462
	-0.121
	0.843

	SCO2
	0.468
	0.574
	0.635
	0.635
	0.53
	-0.06
	0.882

	SCO3
	0.502
	0.555
	0.607
	0.652
	0.512
	-0.075
	0.897

	SCO4
	0.542
	0.595
	0.641
	0.702
	0.553
	-0.131
	0.92


Table 7. Fornell and Larcker method for discriminant validity
	Constructs
	 CAO
	 IPC
	OCRQ
	 CPI
	 PIU
	QOCR
	SCO

	CAO
	0.843
	　
	　
	　
	　
	　
	　

	IPC
	0.554
	0.901
	
	
	
	
	

	OCRQ
	0.609
	0.697
	0.904
	
	
	
	

	CPI
	0.591
	0.657
	0.716
	0.85
	
	
	

	PIU
	0.523
	0.54
	0.638
	0.614
	0.865
	
	

	QOCR
	-0.052
	-0.076
	-0.007
	-0.2
	0.09
	0.805
	

	SCO
	0.547
	0.644
	0.712
	0.73
	0.582
	-0.091
	0.886


Table 8. Hterotrait-Monotrait Ratio (HTMT)
	Constructs
	CAO
	IPC
	OCRQ
	CPI
	PIU
	QOCR
	SCO

	CAO
	
	
	
	
	
	
	

	IPC
	0.618
	
	
	
	
	
	

	OCRQ
	0.69
	0.769
	
	
	
	
	

	CPI
	0.688
	0.745
	0.832
	
	
	
	

	PIU
	0.604
	0.612
	0.735
	0.711
	
	
	

	QOCR
	0.104
	0.112
	0.061
	0.278
	0.126
	
	

	SCO
	0.611
	0.703
	0.793
	0.838
	0.667
	0.125
	　


4.2 Structural model assessment
This study uses Smart PLS 4.0 software to perform path analysis of the model, thereby testing the proposed hypotheses. The findings from the model analysis are depicted in Figure 2. The bootstrap procedure with 5000 sub-samples, is used to estimate the significance of path coefficients. The results show that 52.5% of perceived information usefulness and 67.8% of PI are explained. The summary of the hypotheses test results is indicated in Table 9.
[image: ]
Figure 2. Results of PLS Analysis. **p < 0.05; ***p < 0.01.
Table 9. Summary of hypotheses test result
	Hypothesis
	Relationship
	Coefficient
	Standard Error
	t-Value
	P-Value
	Supported

	H1
	OCRQ -> PIU
	0.291
	0.086
	3.395
	0.001
	Yes

	H2
	QOCR -> PIU
	0.185
	0.047
	3.937
	0
	Yes

	H3
	SCO -> PIU
	0.222
	0.06
	3.683
	0
	Yes

	H4
	CAO -> PIU
	0.178
	0.053
	3.375
	0.001
	Yes

	H5
	OCRQ -> CPI
	0.241
	0.074
	3.25
	0.001
	Yes

	H6
	QOCR -> CPI
	-0.166
	0.038
	4.344
	0
	Yes

	H7
	SCO -> CPI
	0.319
	0.062
	5.122
	0
	Yes

	H8
	CAO -> CPI
	0.121
	0.042
	2.909
	0.004
	Yes

	H9
	PIU -> CPI
	0.18
	0.056
	3.216
	0.001
	Yes

	H10
	IPC x OCRQ -> PIU
	0.196
	0.067
	2.933
	0.003
	Yes

	H11
	IPC x QOCR -> PIU
	-0.159
	0.041
	3.856
	0
	Yes

	H12
	IPC x SCO -> PIU
	-0.176
	0.071
	2.487
	0.013
	Yes

	H13
	Age -> CPI
	0.069
	0.032
	2.17
	0.03
	Yes

	H14
	Gender-> CPI
	0.004
	0.075
	0.052
	0.959
	No

	H15
	Education -> CPI
	0.008
	0.043
	0.193
	0.847
	No

	H16
	Frequency -> CPI
	0.009
	0.031
	0.289
	0.773
	No

	H17
	Income -> CPI
	0.116
	0.041
	2.846
	0.004
	Yes


Firstly, the direct effects of the model are examined. All four elements of online review communication significantly affect consumers' perceived information usefulness. Among these, the quality of OCRs has the greatest impact (β=0.291, p<0.01), followed by source credibility (β=0.222, p<0.01), information quantity (β=0.185, p<0.01), and customers' attitudes towards OCRs (β=0.178, p<0.01). Therefore, the results support H1, H2, H3, and H4. In addition to driving customers' perception of information usefulness, OCRs also influence consumers' PI for EHAs. Information quality, source credibility, and consumers' attitudes towards review information have a positive impact on PI. Among these, source credibility is the most significant factor in promoting consumers' PI (β=0.319, p<0.01), followed by information quality (β=0.241, p<0.01) and customer attitude (β=0.121, p<0.01). However, the quantity of OCRs was found to have a negative impact on PI for EHAs (β=-0.166, p<0.01). These results indicate that H5, H7, and H8 are supported, while H6 is rejected. Additionally, Consumers' perception of the usefulness of information positively influences their PI (β=0.180, p<0.01), which means H9 is also supported.
Figure 2 shows that the hypotheses regarding consumers' information processing capability as a moderating factor are all supported (H10, H11, and H12). Specifically, IPC positively moderates the relationship between review quality and perceived information usefulness (β=0.196, p<0.01), and negatively moderates the relationships between source credibility and perceived information usefulness (β=-0.176, p<0.01), as well as review quantity and perceived information usefulness (β=-0.159, p<0.01). Figures 3 to 5 indicate slope diagrams that further reveal how consumers with different information processing capabilities perceive the usefulness of information when engaging in online review interactions. These diagrams illustrate the interaction patterns between perceived information usefulness and the quantity, quality, and source credibility of OCRs. The results show that consumers with strong information processing capabilities find high-quality information more useful, while consumers with weak information processing capabilities place greater importance on the quantity and source reliability of information.
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Figure 3. The moderating role of information processing capability in the relationship between review quantity and perceived review usefulness
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Figure 4. The moderating role of information processing capability in the relationship between reviews quality and perceived usefulness of reviews
[image: ]
Figure 5. The moderating role of information processing capability in the relationship between source credibility of reviews and perceived usefulness of reviews
The analysis results of the impact of consumers' demographic characteristics on their PI show that age (β=0.069, p<0.01) and income (β=0.116, p<0.01) have a positive relationship with PI for EHAs. Customers' online shopping experience, gender, and education level have no significant influence on their PI.
This study further examines the mediation effects of OCRs on PI. Table 10 lists the results of these paths. According to the suggestion of Hair et al. (2014), the variance accounted for (VAF) value is used to determine the presence of mediation effects when testing mediation effects in the PLS-SEM model. The findings are presented in Table 11. The mediation effect of the volume of online reviews on PI accounts for -24.81% of the total effect, and the mediation effect of consumers' attitudes towards online reviews on PI accounts for 20.92% of the total effect. This exceeds the 20% threshold, indicating the presence of partial mediation effects. The indirect effects of review quality and source credibility on PI through perceived information usefulness account for less than 20%, suggesting that their mediation effects can be ignored (Hair Jr et al., 2014). 
Table 10. Mediation effect of perceived information usefulness
	Relationship
	Beta
	S.D
	t-value
	p-values

	CAO -> CPI
	0.032
	0.013
	2.424
	0.015

	OCRQ -> CPI
	0.052
	0.024
	2.172
	0.03

	QOCR -> CPI
	0.033
	0.014
	2.427
	0.015

	SCO -> CPI
	0.04
	0.016
	2.515
	0.012


Table 11. Mediation effect analysis 
	Relationship
	Total Effects
	Direct Effects
	Indirect Effects
	VAF

	CAO -> CPI
	0.153
	0.121
	0.032
	20.92%

	OCRQ -> CPI
	0.293
	0.241
	0.052
	17.75%

	QOCR -> CPI
	-0.133
	-0.166
	0.033
	-24.81%

	SCO -> CPI
	0.359
	0.319
	0.04
	11.14%


5. Discussion and conclusion
With advances in science and technology, today's consumers have a wide range of EHAs to choose from, such as refrigerators with improved compressors and insulation, washing machines and dishwashers with water-saving technology, and energy-efficient stoves with precise temperature control and reduced heat loss. The increasing awareness of environmental sustainability has resulted in a higher demand for EHAs (Teoh et al., 2022). However, compared with traditional appliances, the upfront cost of EHAs is higher, and customers lack an understanding of these new products and technologies, so consumers usually need additional reassurance (Olatunde et al., 2024; Zhang et al., 2020), Online consumer reviews can serve two key roles for potential consumers: recommender and information provider (Park et al., 2006). Firstly, as recommenders, a large number of reviews indicate product popularity and may convince potential consumers of the economic and environmental benefits that these home appliances may bring (Li & Yuan, 2024; Na et al., 2024). Secondly, from the perspective of information providers, consumer reviews offer detailed insights into products, including quality, brands, services, environmental protection features, and prices. This information enhances consumer awareness and supports informed decision-making (Filieri et al., 2015). 
Based on social communication theory, this study establishes a research framework to reveal the mechanism of OCRs promoting consumers' willingness to buy EHAs. Online review information, especially those containing information related to environmental sustainability, product performance, and price, effectively encourages consumers to consider purchasing EHAs (Li & Yuan, 2024). However, the surge of the online retailing industry in China has also led to a massive amount of online review information (Luo et al., 2013). Among these numerous anonymous reviews, there is a significant amount of information that may be of lower quality, inaccurate, or misleading, which affects consumers' perception of information usefulness (Malbon, 2013; Salminen et al., 2022). The finding indicates that OCRs quality, OCRs quantity, source credibility, and consumers' attitudes towards OCRs are all related to perceived information usefulness, which is in line with previous research findings (Erkan & Elwalda, 2018; Liu et al., 2021; Lopes et al., 2021). However, when examining these factors simultaneously, it is found that the most critical factor in predicting information usefulness is the quality of the review followed by source credibility, review quantity, and consumer attitude. This study also found that the difference in consumers' personal information processing capability leads to different influencing factors of consumers' perception of information usefulness. Consumers with strong information processing capabilities emphasize the quality of information when evaluating the usefulness of OCRs. High-quality information helps them to deeply understand and internalize information. Consumers with weak capabilities pay more attention to the quantity and source credibility of OCRs. These superficial clues affect their judgment on whether the information is useful or not. This discovery confirms the rationality of ELM theory in the research field of purchasing intention of EHAs (Petty et al., 1986), which claims that consumers with sufficient ability and motivation tend to use the central route to process information and pay attention to information quality (Aghakhani et al., 2023; Cheung et al., 2012; Jiang et al., 2021). Consumers with insufficient ability and motivation tend to use peripheral routes to process information, so they pay more attention to superficial clues such as information quantity and source credibility (Alsheikh et al., 2021; Moradi & Zihagh, 2022).  
Lack of understanding of the characteristics of green products and distrust of the claimed environmental benefits of these products hinder consumers' green buying behavior. This study clarifies the role of online reviews in shaping consumers' green PI and finds that the credibility of sources is the most important factor in promoting consumers' green PI in online review communication, which can enhance consumers' trust in the product and brand. When reviewers have expertise related to EHAs, the evaluation information they provide helps consumers build trust (Filieri et al., 2015; Shah & Wei, 2022). Additionally, providing consumers with more comprehensive, timely, and purchase-relevant information can enhance their understanding of the product, thereby clearing obstacles for consumers to make green purchase decisions (Chen et al., 2021). Consumers' positive attitudes towards review information also contribute to increasing PIs among those participating in online review communication. In addition to direct effects, positive attitudes indirectly promote PIs through perceived information usefulness. This once again confirms the IACM model (Erkan & Evans, 2016). However, although some studies have shown that the quantity of review information can increase PIs (Bataineh, 2015; Park et al., 2007), this study finds that as the number of reviews increases, consumers' PIs decrease. A possible reason is that an excessive amount of online reviews brings a significant cognitive burden to consumers, leading to information overload or confusion, which can delay decision-making or even result in abandoning the purchase (Özkan & Tolon, 2015; Schuff & Mudambi, 2012). It is noteworthy that perceived information usefulness partially mediates the relationship between information quantity and PI. This means that the increase in information quantity, by enhancing consumers' perception of information usefulness, partially mitigates the negative impact of information quantity on PI. 
Previous studies have also investigated the influence of demographic characteristics on green PI, but these results are inconsistent, and there are few studies on EHAs PI. The results of this study show that aged and higher-income consumers are more inclined to buy EHAs, while education level, purchasing experience, and gender have no significant influence on their purchasing intention. The possible reason is that high-income groups can accept higher premiums (Awad, 2011). The increase in age positively affects consumers' green purchase attitude (Wang et al., 2020). Aged consumers believe that buying green products is a sign of good personal prestige and social status (Witek & Kuźniar, 2020).
5.1 Implications 
5.1.1 Theoretical contributions 
Although the potential of online reviews to promote consumers' green PI has been verified by previous studies (Jaini et al., 2020; Rahim et al., 2016), until recently, no research has linked online consumer reviews with the PI of EHAs. However, these studies have primarily focused on the information contained in the comments (Li & Yuan, 2024; Y. Luo et al., 2022). The mechanisms by which online review communication affects consumers' intentions have not been revealed, especially the influence of information, sender, and receiver characteristics on consumers' decision-making processes has been overlooked.
Based on the four core elements of social communication (reviewers, review information, review recipients, and their feedback), this study constructs a new model to comprehensively investigate the influence of online consumer reviews on consumers' perceived information usefulness and PI of EHAs. Additionally, the information processing capability of consumers is innovatively introduced as a moderating variable in the process of OCR communication, expanding the application of the ELM theory in the study of PI for EHAs. The mediating effect of perceived information usefulness on the relationship between OCR elements and consumers' PI has also been tested, which is crucial for understanding how online reviews affect consumers' decision-making processes. Finally, this study also investigates the influence of demographic characteristics on the PI of EHAs. These achievements enrich the existing literature on the PI of EHAs and also provide a useful reference for future research.
5.1.2 Practical applications
This study aims to assist online retailers and e-commerce platforms in gaining a better understanding of the impact of online reviews on consumers' decision-making processes towards EHAs Internet marketers should pay attention to the significant role of the quality of consumer reviews and the credibility of sources in promoting consumers' energy-saving purchases. At the same time, it is important to note that excessive online information can become an obstacle for consumers to make green purchases. Additionally, as recipients of review information, consumers' personal information processing abilities and attitudes towards information also impact their decision-making processes. These findings will help online stores and e-commerce platforms to better manage OCR systems, thus enhancing consumers' perceived information usefulness and ultimately encouraging the purchase and use of energy-efficient home appliances.
5.2 Limitations and future research directions
There are still a few areas of improvement in this study that should be addressed in future research. First, this study focuses on OCRs on e-commerce platforms. Previous studies have indicated that social media users actively participate in extensive e-WOM communication and demonstrate strong intentions in information adoption (Arumugam & Omar, 2016; Kim et al., 2014). Therefore, the mechanism of e-WOM on social platforms affecting consumers' willingness to purchase EHAs needs to be further explored.
Furthermore, the process of social communication involves the transmission of stimuli by the information source to influence the information receiver’s behavior (Hovland et al., 1953). In the information era, the channels of information transmission may also impact the response of the information receiver (Zheng, 2021). However, this study does not consider the platforms for online review transmission. Conducting comparative research on the effects of OCRs on EHAs PI across different e-commerce platforms would be significant in the future.
Finally, the excess of online information and the decline of information authority have caused individuals involved in information communication to encounter challenges such as information overload and information anxiety (Bawden & Robinson, 2009). The growing number of online reviews presents a considerable challenge for consumers who are trying to make environmentally friendly purchases. The mechanism of the negative impact of the review quantity on consumers' green PIs still needs to be further explored. In particular, attention should be paid to the negative psychological perceptions that consumers may develop under the stimulation of a large amount of information. Useful exploration in this respect will provide knowledge for further improving consumers' online purchase experience, thereby better promoting the adoption and popularization of EHAs.
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