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Table S1. Preferred Reporting Items for Systematic reviews and Meta-Analyses (PRISMA) checklist!.

This checklist is reproduced from the PRISMA 2020 Checklist (Page et al., 2021). The PRISMA 2020 checklist is published under the Creative Commons

Attribution 4.0 International (CC BY 4.0) license (https://creativecommons.org/licenses/by/4.0/).

?ec’fion and Item Checklist item !.ocation where item
opic # is reported

TITLE

Title 1 | Identify the report as a systematic review. Title

ABSTRACT

Abstract 2 | See the PRISMA 2020 for Abstracts checklist. Abstract
INTRODUCTION

Rationale 3 | Describe the rationale for the review in the context of existing knowledge. Introduction
Objectives Provide an explicit statement of the objective(s) or question(s) the review addresses. L99-116

METHODS METHODS

Eligibility criteria Specify the inclusion and exclusion criteria for the review and how studies were grouped for the syntheses. Eligibility Criteria
Information Specify all databases, registers, websites, organisations, reference lists and other sources searched or consulted to identify studies. Information Sources,
sources Specify the date when each source was last searched or consulted. Search Strategy and

Search strategy

Present the full search strategies for all databases, registers and websites, including any filters and limits used.

Selection process

Specify the methods used to decide whether a study met the inclusion criteria of the review, including how many reviewers screened
each record and each report retrieved, whether they worked independently, and if applicable, details of automation tools used in the
process.

Selection Process

Data collection 9 | Specify the methods used to collect data from reports, including how many reviewers collected data from each report, whether they Data Extraction and

process worked independently, any processes for obtaining or confirming data from study investigators, and if applicable, details of Coding
automation tools used in the process.

Data items 10a | List and define all outcomes for which data were sought. Specify whether all results that were compatible with each outcome domain | Effect Size Calculation
in each study were sought (e.g. for all measures, time points, analyses), and if not, the methods used to decide which results to and Missing Outcome
collect. of Interest + Data

Extraction and Coding
10b | List and define all other variables for which data were sought (e.g. participant and intervention characteristics, funding sources). Extraction of
Describe any assumptions made about any missing or unclear information. Moderating Variables

Study risk of bias 11 | Specify the methods used to assess risk of bias in the included studies, including details of the tool(s) used, how many reviewers Data Extraction and

assessment assessed each study and whether they worked independently, and if applicable, details of automation tools used in the process. Coding + Risk of Bias

Effect measures 12 | Specify for each outcome the effect measure(s) (e.g. risk ratio, mean difference) used in the synthesis or presentation of results. Effect Size calculation

and Missing Outcome
of Interest



https://creativecommons.org/licenses/by/4.0/

Checklist item

Location where item

is reported

Synthesis 13a | Describe the processes used to decide which studies were eligible for each synthesis (e.g. tabulating the study intervention Data Extraction and
methods characteristics and comparing against the planned groups for each synthesis (item #5)). Coding
13b | Describe any methods required to prepare the data for presentation or synthesis, such as handling of missing summary statistics, or | Effect Size Calculation
data conversions. + Missing Outcomes of
Interest and Sensitivity
Analyses
13c | Describe any methods used to tabulate or visually display results of individual studies and syntheses. Results + Transparency
and Openness
13d | Describe any methods used to synthesize results and provide a rationale for the choice(s). If meta-analysis was performed, describe | Statistical Analyses
the model(s), method(s) to identify the presence and extent of statistical heterogeneity, and software package(s) used.
13e | Describe any methods used to explore possible causes of heterogeneity among study results (e.g. subgroup analysis, meta- Extraction of
regression). Moderating Variables
13f | Describe any sensitivity analyses conducted to assess robustness of the synthesized results. Overall Effect Sizes
and Sensitivity
Analyses + Missing
Outcome of Interest
Reporting bias 14 | Describe any methods used to assess risk of bias due to missing results in a synthesis (arising from reporting biases). Publication Bias
assessment
Certainty 15 | Describe any methods used to assess certainty (or confidence) in the body of evidence for an outcome. Missing Outcome of
assessment Interest and Sensitivity
Analyses
RESULTS
Study selection 16a | Describe the results of the search and selection process, from the number of records identified in the search to the number of studies | Study Selection and
included in the review, ideally using a flow diagram. Study Characteristics +
Figure 4
16b | Cite studies that might appear to meet the inclusion criteria, but which were excluded, and explain why they were excluded. Supplementary Data 5
Study 17 | Cite each included study and present its characteristics. Study Selection and
characteristics Study Characteristics +
Supplementary Data 1
+ Supplementary
References
Risk of bias in 18 | Present assessments of risk of bias for each included study. Risk of Bias
studies
Results of 19 | For all outcomes, present, for each study: (a) summary statistics for each group (where appropriate) and (b) an effect estimate and Overall Effect Size and
individual studies its precision (e.g. confidence/credible interval), ideally using structured tables or plots. Sensitivity Analysis +
Table 1 +
Supplementary Data 4
Results of 20a | For each synthesis, briefly summarise the characteristics and risk of bias among contributing studies. Supplementary Data 2




Checklist item

Location where item

syntheses 20b

Present results of all statistical syntheses conducted. If meta-analysis was done, present for each the summary estimate and its

precision (e.g. confidence/credible interval) and measures of statistical heterogeneity. If comparing groups, describe the direction of

the effect.

is reported
Overall Effect Size and
Sensitivity Analysis

20c

Present results of all investigations of possible causes of heterogeneity among study results.

Meta-regression

20d

Present results of all sensitivity analyses conducted to assess the robustness of the synthesized results.

Overall Effect Size and
Sensitivity Analysis +
Supplementary Data 3

Reporting biases 21

Present assessments of risk of bias due to missing results (arising from reporting biases) for each synthesis assessed.

Publication Bias

Certainty of 22 | Present assessments of certainty (or confidence) in the body of evidence for each outcome assessed. Overall Effect Size and

evidence Sensitivity Analysis

DISCUSSION

Discussion 23a | Provide a general interpretation of the results in the context of other evidence. Discussion L380-521
23b | Discuss any limitations of the evidence included in the review. Discusssion L546-562
23c | Discuss any limitations of the review processes used. Discussion L522-545
23d | Discuss implications of the results for practice, policy, and future research. Discussion L563-576

OTHER INFORMATION

Registration and 24a
protocol

Provide registration information for the review, including register name and registration number, or state that the review was not
registered.

Transparency and
Openness

24b | Indicate where the review protocol can be accessed, or state that a protocol was not prepared. Transparency and
Openness
24c | Describe and explain any amendments to information provided at registration or in the protocol. Not applicable
Support 25 | Describe sources of financial or non-financial support for the review, and the role of the funders or sponsors in the review. Acknowledgements
Competing 26 | Declare any competing interests of review authors. Competing interest
interests statement
Availability of 27 | Report which of the following are publicly available and where they can be found: template data collection forms; data extracted from | Data availability + Code

data, code and
other materials

included studies; data used for all analyses; analytic code; any other materials used in the review.

availability

From: Page MJ, McKenzie JE, Bossuyt PM, Boutron |, Hoffmann TC, Mulrow CD, et al. The PRISMA 2020 statement: an updated guideline for reporting systematic reviews. BMJ 2021;372:n71. doi: 10.1136/bmj.n71.

This work is licensed under CC BY 4.0. To view a copy of this license, visit https://creativecommons.org/licenses/by/4.0/



https://creativecommons.org/licenses/by/4.0/

Table S2. Sensitivity analysis of standardized mean difference computation between Borenstein’s and Becker’s formula.

Imputation of g SE 95% CI Heterogeneity 77 within 77 between
missing outcomes test (Q(365))

Boreinstein’s Median 0.57 0.03 [0.51, 0.64] 5348 0.095 0.166
formula Minimum 0.65 0.04 [0.57, 0.72] 4750 0.134 0.148
Maximum 0.46 0.03 [0.40, 0.51] 26960 0.068 0.158

Becker’s Median 0.64 0.04 [0.56, 0.72] 6478 0.127 0.261
formula Minimum 0.75 0.05 [0.66, 0.85] 6696 0.199 0.357
Maximum 0.56 0.04 [0.49, 0.64] 14272 0.112 0.227

Effect sizes are reported as Hedges’ g with 95% confidence intervals. Effect size estimates were pooled using the restricted maximum-likelithood (REML)
estimators. Statistical inference was based on two-sided t tests with Knapp—Hartung adjustment. All P values are two-sided and no adjustment for multiple
comparisons was applied. Heterogeneity statistics (1%, I?) are reported at within- and between-study levels. See Supplementary Note 1 for details on the
computation of effect sizes using Becker’s formula. SE, standard error.



Table S3. Effect sizes for the illusory truth effect by cue types and valence.

The table reports the number of effect sizes, PEESE-corrected estimates, and 95%

confidence intervals by type and valence of cues.

Category Number of effect | Effect size (g) | 95% CI
sizes (1)
No cue 287 0.43 [0.36, 0.50]
Epistemic qualifiers | True cue 7 0.16 [-0.21, 0.52]
False cue 10 0.01 [-0.27, 0.29]
Source reliability True cue 16 0.64 [0.40, 0.87]
False cue 16 -0.21 [-0.44, 0.02]
Labels True cue 1 -0.60 [-2.25, 1.06]
False cue 5 0.27 [-0.03, 0.57]
Immediate True cue 2 0.67 [0.30, 1.44]
feedback False cue 2 -0.58 [-1.12,-0.04]
Delayed feedback True cue 7 0.75 [0.33, 1.17]
False cue 7 -0.90 [-1.31,-0.50]




Figure S1-S16. Forest Plots Stratified by Key Moderators.

The following forest plots are stratified by key moderators: item type, exposure task,

veracity cues, and presentation time during the exposure phase.

Figures S1-S4 display the PEESE-corrected bivariate overall effect sizes for each

subgroup, along with their corresponding 95% confidence intervals.

Figures S5-S16 present the individual effect sizes and weights for each study, grouped
by moderator levels. For readability, Figures S6, S9, S12 and S15 are presented in
multiple panels, with each panel displayed on a separate page. Together, panels represent
the complete set of study-level effect sizes for the corresponding moderator. These plots
were generated using the first imputed dataset from the multiple imputation procedure.
This approach was selected for clarity of visualization, as standard plotting functions do

not support pooling forest plots across multiple imputations.

Given the consistency of pseudo-R? values across imputations (e.g., ranging from 0.35 to
0.41) and the robustness of the pooled estimates, the use of a single imputed dataset for
visualization purposes should not substantially affect the interpretation of subgroup

patterns.

All data and analysis code are publicly available via the project’s OSF page, allowing to

reproduce these visualizations using any of the imputed datasets.



Figure S1. PEESE-corrected effect sizes by item type. This forest plot displays PEESE-
corrected bivariate overall effect sizes stratified by item type, with 95% confidence
intervals. Estimates are based on the first imputed dataset and shown for visual

comparison across subgroups.

ltem type Estimate [95% CI]
Statement ; —— 0.41[0.33, 0.48]
Headline — 0.17 [0.01, 0.34]

Claim : 0.47 [0.20, 0.73]

I | | | |
0 0.2 0.4 0.6 0.8

PEESE-corrected Hedges' g
Figure S2. PEESE-corrected effect sizes by exposure task. This forest plot displays
PEESE-corrected bivariate overall effect sizes stratified by exposure task, with 95%
confidence intervals. Estimates are based on the first imputed dataset and shown for visual

comparison across subgroups.

Exposure task Estimate [95% CI]
Truth judgment -—-—- 0.10 [-0.03, 0.23]
Irrelevant task N 0.42[0.34, 0.50]
Passive processing ——=— 0.47[0.34, 0.80]
| | | | |
0 0.2 04 0.6 0.8

PEESE-corrected Hedges' g



Figure S3. PEESE-corrected effect sizes by veracity cues. This forest plot displays
PEESE-corrected bivariate overall effect sizes stratified by veracity cues, with 95%
confidence intervals. Estimates are based on the first imputed dataset and shown for visual

comparison across subgroups.

Veracity cues Estimate [95% CI]
No cue il 0.43[0.36, 0.50]
True cues ———  0.67[0.49, 0.86]
False cues —— -0.19 [-0.34, -0.04]
| | | |
-0.5 0 0.5 1

PEESE-corrected Hedge's g

Figure S4. PEESE-corrected effect sizes by exposure time. This forest plot displays
PEESE-corrected bivariate overall effect sizes stratified by exposure time, with 95%
confidence intervals. Estimates are based on the first imputed dataset and shown for visual

comparison across subgroups.

Exposure time Estimate [95% CI]
Participant paced —— 0.34 [0.26, 0.43]
5 seconds or less ; = 0.39 [0.26, 0.52]
more than 5 seconds 0.48 [0.33, 0.63]
| I | |
0.06 0.2 04 0.6

PEESE-corrected Hedges' g



Study

This forest plot shows individual study effect sizes (Hedges’ g) with corresponding 95% confidence intervals for claim-based items. Effect sizes are based on the first imputed dataset and are displayed for visual comparison across studies.

Figure 55. Forest plot by Item type: Claims
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Study

Figure S6a. Forest plot by Item type: Statements
Estimate [95% CI]
This forest plot shows the first group of individual study effect sizes (Hedges’ g) with corresponding 95% confidence intervals for statements-based items. Effect sizes are based on the first imputed dataset and are displayed for visual comparison across studies.
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i Figure S6b. Forest plot by ltem type: Statements Estimate [35% C1]

This forest plot shows the second group of individual study effect sizes (Hedges’ g) with corresponding 95% confidence intervals for statements-based items. Effect sizes are based on the first imputed dataset and are displayed for visual comparison across studies.
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Figure S6c. Forest plot by Item type: Statements

Study Estimate [95% CI]
This forest plot shows the third group of individual study effect sizes (Hedges’ g) with corresponding 95% confidence intervals for statements-based items. Effect sizes are based on the first imputed dataset and are displayed for visual comparison across studies.
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Stusy Figure S56d. Forest plot by ltem type: Statements s
This forest plot shows the fourth group of individual study effect sizes (Hedges’ g) with corresponding 95% confiderllce intervals for statements-based items. Effect sizes are based on the first imputed dataset and are displayed for visual comparison across studies.
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Study

Figure 57. Forest plot by Item type: Headlines
This forest plot shows the individual study effect sizes (Hedges’ g) with corresponding 95% confidence intervals for headline-based items. Effect sizes are based on the first imputed dataset and are displayed for visual comparison across studies. Estimate [95% CI]
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Study

Figure 58. Forest plot by Exposure task: Veracity ratings
This forest plot shows the individual study effect sizes (Hedges’ g) with corresponding 95% confidence intervals for studies using veracity ratings during the exposure phase. Effect sizes are based on the first imputed dataset and are displayed for visual comparison across studies.
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Figure 59a. Forest plot by Exposure task: Irrelevant task
Study Estimate [95% CI]
This forest plot shows the first group of individual study effect sizes (Hedges’ g) with corresponding 95% confidence intervals for studies using irrelevant tasks during the exposure phase. Effect sizes are based on the first imputed dataset and are displayed for visual comparison across studies. SR
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Study

Figure 59b. Forest plot by Exposure task: Irrelevant task
This forest plot shows the second group of individual study effect sizes (Hedges’ g) with corresponding 95% confidence intervals for studies using irrelevant tasks during the exposure phase. Effect sizes are based on the first imputed dataset and are displayed for visual comparison across studies.
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Figure 59c. Forest plot by Exposure task: Irrelevant task )
Study Estimate [95% CI]

This forest plot shows the third group of individual study effect sizes (Hedges’ g) with corresponding 95% confidence intervals for studies using irrelevant tasks during the exposure phase. Effect sizes are based on the first imputed dataset and are displayed for visual comparison across studies.
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Study

This forest plot shows the individual study effect sizes (Hedges’ g) with corresponding 95% confidence intervals for studies using passive processing tasks during the exposure phase. Effect sizes are based on the first imputed dataset and are displayed for visual comparison across studies.

Figure 510. Forest plot by Exposure task: Passive processing
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Figure 511. Forest plot by Veracity cues: True cue

Study This forest plot shows the individual study effect sizes (Hedges’ g) with corresponding 95% confidence intervals for studies using a true veracity cue. Effect sizes are based on the first imputed dataset and are displayed for visual comparison across studies. Estimate [95% CI]
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Figure 512a. Forest plot by Veracity cues: Uncued

Sy This forest plot shows the first group of individual study effect sizes (Hedges’ g) with corresponding 95% confidence intervals for studies using no veracity cue. Effect sizes are based on the first imputed dataset and are displayed for visual comparison across studies. Estmatelinec]
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Figure 512b. Forest plot by Veracity cues: Uncued

Study This forest plot shows the second group of individual study effect sizes (Hedges’ g) with corresponding 95% confidence intervals for studies using no veracity cue. Effect sizes are based on the first imputed dataset and are displayed for visual comparison across studies. Esimate e .cll
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Study

Figure S12c. Forest plot by Veracity cues: Uncued

Estimate [95% CI]

This forest plot shows the third group of individual study effect sizes (Hedges’ g) with corresponding 95% confidence intervals for studies using no veracity cue. Effect sizes are based on the first imputed dataset and are displayed for visual comparison across studies.

nadarevic2017_2_f

nadarevic2017_2_t

nadarevic2018_1_f

nadarevic2018_1_t

nadarevic2018_2_2wf

nadarevic2018_2_2wt

nadarevic2018_2_ndf

nadarevic2018_2_ndt

nadarevic2020_2

nadarevic2020_3

nadarevic2020_4_v

nadarevic2021_1_ppf

nadarevic2021_1_ppt

nadarevic2021_1_tif

nadarevic2021_1_tit

nadarevic2021_2_ppf

nadarevic2021_2_ppt

nadarevic2021_2_tif

nadarevic2021_2_t

nadarevic2021_3_ppf

nadarevic2021_3_ppt

nadarevic2021_3_tif

nadarevic2021_3_tit

nadarevic2025_1

nadarevic2025_2

nadarevic2025_3

newman2020_4

oguztashas2022_2

pennycook2017

pennycook2018_1_unknown_false

pennycook2018_1_unknown_frue

k2018_1_veryplausible_true

K2018_1_ver ible_false

pennycook2018_2_nowsrning_false

pennycook2018_2 nowarning_true

K2018_3_s

pennycook2018_3_nowarming_immediate_true

polage2012

nesthuis2024_1f

nesthuis2024_1o

niesthuis2024_1t

resthuis2024_3o

resthuis2024_3sp

riesthuis2024_3t

roggeveen2002_1

roggeveen2002_2

schmidt2024_1

schmidt2024_2

schmict2024_3

schwartz_1882_2 mixed

schwartz1882_1_t f

schwartz1882_1_t t

siemerink2023 ¢

siemerink2023_f

siemerink2023_t

=ihvaZ017_1_g d

sihva2017_1_g w

siva2017_1_v_d

sihva2017_1_v_w

sihvaZ017_2 d g

siva2017_2_d v

sihva2017_2_w_g

siva2017_2_w_v

smelter2020_3 f

smefter2020_3 t

speckmann2021_f

speckmann2021_t

stanley2022_1imw

stanley2022_1ot

stanley2022_ Tumw

stanley2022_Tup

stanley2022_2imw

stanley2022 2ot

stanley2022_2umw

stanley2022_Zup

stanley2022_3

stump2022_2 d

stump2022_2_w

fiesthuis2024_2o

fiesthuis2024_2sp

fiesthuis2024_2t

oppino1977

udry2023_1

udry2023_2

udry2023_4

unkelbach2011_2_ce

unkelbach2011_2_en

unkelbach2011_3

unkelbach2017_1

unkelbhach2017_2

unkelbach2017_3_v

unkelbach2017_4

unkelbach2017_5_okd

unkelbach2016_2

unkelbach2018_3

unkelbach2021_1

unkelbach2021_2

diste_false

l - | 0.78 [0.55, 1.03]

| | 0.85{0.61, 1.10]

| | 0.40 [0.16, 0.84]

0.54 [0.24, 0.84]

|
|
l I 0.52[0.20, 0.85]

| | 0.68[0.34, 1.02]

| | 0.76[0.43, 1.10]

-0.73[-1.05, -0.40]

| 0.32[0.14, 0.51]

| | 0.51[0.24, 0.79]

| | 0.85{0.51, 1.18]

| 0.54[-0.00, 1.08]

| 0.54 [0.00, 1.00]

| | 0.65[0.18, 1.13]

| | 0.58 [0.17, 1.01]

| | 0.48[0.21, 0.76]

| - | 0.43[0.15, 0.70]

| 0.35[0.08, 0.81]

| 0.33[0.07, 0.58]

| | 0.80 [0.43, 1.36]

| | 0.88[0.46, 1.30]

| | 0.55[0.23, 0.87]

| | 0.78[0.41, 1.18]

l | 0.86[0.71, 1.21]

| | 0.75{0.51, 0.99]

| | 1.02[0.76. 1.28]

| | 1.34[0.06, 1.72]

| | 0.46[0.30, 0.81]

|—-——| 0.12 [0.06, 0.18]

|—-—| 0.53[0.41, 0.85]

'—-—' 0.44[0.31, 0.58]

-0.10[-0.22, 0.02]

0.04[-0.08, 0.15]

|—-—| 0.25{0.18, 0.33]

|—-—} 0.25[0.17, 0.32]
]

0.24 [0.15, 0.32]

l—l—' 0.08[-0.00, 0.17]

| 1.08[041, 1.77]

0.48[0.36, 0.62]

-0.08[-0.21, 0.05]

0.20 [0.08, 0.32]

0.17 [0.04, 0.30]

0.15[0.02, 0.28]

0.15[0.03, 0.27]

| 0.480.21, 0.71]

| 0.58[0.33, 0.84]

0.20 [0.14, 0.27]

0.28[0.22, 0.35]

0.41[0.36, 0.45]

| 0.28[-0.07, 0.84]

| | 0.78[0.39, 1.19]

| 0.44 [0.07, 0.81]

;—I—' 0.11 [0.00, 0.21]

| 0.200.12, 0.45]

L = | 0.47 [0.30, 0.83]

| | 1.30[0.76, 2.02]

| | 0.77[0.32, 1.22]

| | 1.10[0.65, 1.73]

| | 0.93[0.46, 1.39]

| | 1.82[1.04, 2.50]

| | 1.87 [1.00, 2.86]

| | 1.06 [0.48, 1.63]

| | 0.70[0.28. 1.31]

}—I—' 032 [0.17, 0.48]

I—-—' 0.20[0.14, 0.44]

!—-—' 0.77 [0.84, 0.81]
[—-—' 0.68[0.55, 0.81]

= I 0.16[-0.08, 0.39]

| | 0.95[0.87, 1.23]

I | 0.64 [0.38, 0.89]

I | 0.00[0.83, 1.18]

| -0.03[-0.27. 0.20]

| 0.37 [0.13, 0.81]

| 0.14[-0.09, 0.38]

| 0.33[0.00, 0.57]

L |
0.66[0.41, 0.90
I 1 [ ]
I I 1.16 [0.85, 1.48]
| | 0.84[0.37, 0.81]

-0.08[-0.22, 0.07]

t—-lr—l—i 0.04[-0.11, 0.18]

1—.—' 0.31[0.19, 0.43]

| 0.11[-0.06, 0.28]

| | 1.00[0.73, 1.27]

| | 0.86 {0.58, 1.15]

| | 0.74[0.50, 0.90]

l | 1481076, 2.21]

| SR

| | 1.01[0.36, 1.85]

| | 1.05{0.72, 1.39]

| | 1.52[0.98, 2.06]

| | 1.46[1.05, 1.86]

| | 1.04 [0.53, 1.56]

| | 1.63[1.12, 2.14]

| 0.36 [0.03, 0.70]

| 0.31[-0.02, 0.84]

|—-—| 0.18[0.04, 0.34]
|—-—| 026 [0.11, 0.41]

vellani2023_1f I 0.28 [0.06, 0.40]
vellani2023_1t I { 0.53[0.30, 0.75]
vellani2023_2f I I 0.54[0.22, 0.87]
vellani2023_2t I I 0.51[0.19, 0.83]
voget2020_1_f I I 0.55[0.36, 0.73]
vogel2020_1_t } - { 0.44[0.28, 0.81]
vogel2020_2_f i 1 1.18[0.00, 1.47]
wogel2020_2_t I E 0.86 [0.50, 1.14]
vogel2020_pilot_f = I 1.30[0.91, 1.89]
vogel2020_pilot_t I I 1.30[1.00, 1.79]
[ T I T I T T I I T
-15 -1 -05 0 05 1 15 2 25

-2

Hedges'g



Sucly This forest plot shows the individual study effect sizes (Hedges’ g) with corresponding 95% confidence intervals for studies using false veracity cue. Effect sizes are based on the first imputed dataset and are displayed for visual comparison across studies.

Figure 513. Forest plot by Veracity cues: False cue

Estimate [95% CI]
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Study

Figure 514. Forest plot by Presentation time during exposure: 5 seconds or less

This forest plot shows the individual study effect sizes (Hedges’ g) with corresponding 95% confidence intervals for studies with presentation times shorter than 5 seconds during the exposure phase. Effect sizes are based on the first imputed dataset and are displayed for visual comparison across studies. Estimate [95% CI]
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Figure 515a. Forest plot by Presentation time during exposure: Participant-paced

Sy This forest plot shows the first group of individual study effect sizes (Hedges’ g) with corresponding 95% confidence intervals for studies with participant-paced presentation times during the exposure phase. Effect sizes are based on the first imputed dataset and are displayed for visual comparison across studies. Eshmate L1 Cl
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Figure 515b. Forest plot by Presentation time during exposure: Participant-paced

Shudy This forest plot shows the second group of individual study effect sizes (Hedges’ g) with corresponding 95% confidence intervals for studies with participant-paced presentation times during the exposure phase. Effect sizes are based on the first imputed dataset and are displayed for visual comparison across studies. Esfimate % 1
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Study

Figure 516. Forest plot by Presentation time during exposure: More than 5 seconds

This forest plot shows the individual study effect sizes (Hedges’ g) with corresponding 95% confidence intervals for studies with presentation times longer than 5 seconds during the exposure phase. Effect sizes are based on the first imputed dataset and are displayed for visual comparison across studies. Estimate [95% CI]
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Supplementary Methods

Extensive revised keyword used in Henderson et al. (2022).

(((“illusory truth” OR “illusion* of truth” OR “induced truth effect” OR “reiteration effect”
OR “tainted truth effect” OR “repetition based truth effect” OR “repetition induced
increases” OR repeat OR repeated OR repeating OR repetition OR “prior exposure”)
AND (true* OR truth OR “truth effect*” OR belief) AND (statement® OR items OR
stimulus OR stimuli OR claim* OR judgment* OR judgement* OR rating®* OR
“subjective truth” OR “truth value” OR “judged validity” OR “validity ratings” OR

“processing fluency” OR “fluency effect*”” OR “perceptual fluency”)))

Supplementary analysis for veracity cues moderator including the type of cues.

In the main manuscript, we examined veracity cue valence (e.g., true cues, false cues, or
no cue) as a moderator of the illusory truth effect. At a reviewer’s suggestion, we
additionally explored whether different types of veracity cues (e.g., labels, feedback,
epistemic qualifiers) differentially moderate the effect when considered jointly with

valence.
Based on our re-examination of included studies, we identified five distinct cue types:

99 ¢6s

- Epistemic qualifiers (e.g., “it is certain that...,” “it is unlikely that...” preceding a

statement)

- Source reliability cues (e.g., all statements voiced by a designated source are

true/false)

- Labels (e.g., explicit “true”/ “false” tags)
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- Immediate feedback (corrective feedback given directly after each judgment)

- Delayed feedback (corrective feedback delivered after the exposure phase or at

the beginning of the test phase)

Table S3 summarizes PEESE-corrected effect sizes by cue type and valence. For
comparison, the baseline (no cue) condition yielded a moderate illusory truth effect (g =

0.43, 95% CI1[0.36, 0.50], u = 287).

Relative to the no-cue condition, we observed significant reductions in the illusory truth

effect for false cues involving:

Delayed feedback (g =-1.12, 95% CI [-1.51, —0.73], t(292) = 5.69, p < .001)

- Immediate feedback (g =—-0.91, 95% CI [-1.44, —0.39], (293) =3.31, p =.001)

Source reliability cues (g =-0.73, 95% CI [-0.95, —0.50], t(319) = 6.33, p < .001)

Epistemic qualifiers (g =—0.57, 95% CI [-0.87, -0.29], t(273) = 3.85, p <.001)

By contrast, false labels did not reliably reduce the illusory truth effect (b =0.04, 95% CI

[-0.29, 0.38], t(197) < 1).

Direct comparisons between cue types indicated that false delayed feedback was
significantly more effective than false epistemic qualifiers (b = —0.55, 95% CI [-1.04, —

0.06], t(263) = 2.20, p = .029).

For true cues, delayed feedback increased the illusory truth eftect (b =0.49, 95% CI[0.09,

0.89], t(295) = 2.42, p = .016).

These exploratory analyses suggest that the type of veracity cue may interact with valence

to shape the illusory truth effect. Feedback-based cues (immediate or delayed), source
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reliability information, and epistemic qualifiers were generally effective in reducing the
effect when signaling falsity, whereas labels were not. However, several cue type—valence
combinations were represented by very few studies, limiting the reliability and

generalizability of the estimates. Results should therefore be interpreted with caution.

Computation methods
We used Becker’s formula as described in Morris & Deshon? to compute Cohen’s d with
repeated statements considered post-test and new statements considered pre-test as

follows:

(1)

_ Mpost — Mpre
B SDpre

Sampling variance was computed as follows:

(2)

v =

20 —-n)]m-1 n d?
n l(n—3)[1+2(1—r)d2 _[C(Tl—l)]2

Small-sample correction were then applied to the estimated effect sizes of both
Borenstein’s and Becker’s d to obtain Hedge’s g. The table above describes the pooled

estimates with no further correction
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