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Supplementary Figure 1. The prediction performance of multiple represen-
tations with respect to the training samples. Comp means the compositional
feature described by Ward [1].
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Supplementary Figure 2. The crystal structure of AlPO4 (ICSD #162670)
associated with the worst prediction. It behaves abnormally with a relatively
short O-O bond of 1.52 Å and the coordination number of the P atom is zero.
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Supplementary Figure 3. Illustration of DFT-calculated formation en-
thalpies and the associated absolute errors in our predictions for some
forstereoisomerisms of AlPO4.
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Supplementary Figure 4. The unit cell of BN and its rotated one, and their
respective feature. (a) The structure of original BN and (b) its feature vector.
(c) The structure of rotated BN and (d) its feature vector.
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Supplementary Figure 5. The unit cell of original NaCl, translated NaCl
and ones with tiny atomic position change, and their features, respectively. (a)
The structure of original NaCl and (b) its feature vector. (c) The structure of
translated NaCl and (d) its feature vector. (e) The structure of NaCl with tiny
changes on atomic positions and (f) its feature vector. The red frames indicates
the changed features.
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