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MRI data processing details
The structural MRI (sMRI) data preprocessing included Intensity Non-Uniformity (INU) correction and image segmentation, which were performed by using the unified segmentation algorithm implemented in SPM12 (https://www.fil.ion.ucl.ac.uk/spm/), with a regularization parameter equal to 0.0001 and a smoothing parameter equal to 40 mm Full-Width Half-Maximum (FWHM)[footnoteRef:1]a.  fMRI data were preprocessed by means of an automated pipeline developed using SPM12, including spatial alignment to sMRI, motion correction, bias field correction, spatial smoothing (6 mm FWHM), and co-registration to standard space.1-3 The fMRI images were analyzed to obtain Language Network (LN) spatial maps from each individual, as well as a LN map at group-level. A Connectivity Analysis was performed, separately for each subject, using spatial Independent Component Analysis (sICA), which was used for decomposing the fMRI data into brain patterns starting from the spatial covariance of the measured signals.4 The number of ICs was estimated by using the minimum description length criterion.5 Accordingly, 24 to 68 ICs were extracted, depending on the specific fMRI dataset. ICs were calculated using the Fast ICA algorithm proposed by Hyvarinen (1999)6, with a deflation approach and hyperbolic tangent non-linearity. This algorithm is implemented in MATLAB (MathWorks, Natick, MA, USA) and can be downloaded at the link http://research.ics.aalto.fi/ica/fastica/. For all other analysis, including between-group comparisons and fALFF analyses, Matlab custom scripts were used.6 For each IC, a spatial map (that expresses the intensity of the correlation across the voxels of that pattern) and an associated time series (the pattern course over time) were extracted.7-8 The spatial map was converted to z-scores by subtracting the average intensity across voxels, and dividing the resulting map by the standard deviation across voxels. An automated template-matching procedure, in which the considered LN-template was derived from previous fMRI study1 was used to identify the IC corresponding to LN. The LN-template consists of a group map obtained from single-subject LN maps across 24 healthy subjects by using sICA. In particular, the self-organizing group ICA (sogICA) method by Esposito was used.6 In this study, the IC showing the highest spatial correlation with the corresponding template map in Montreal Neurological Institute (MNI) space was identified as the IC of the LN.  [1: a The term Full-Width Half-Maximum is used to describe a measurement of the width of an object in a picture, when that object does not have sharp edges.] 
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Figure S1. The language network (LN) template image used in the present study for the automated template-matching procedure. The P, A, L and R labels stays for posterior, anterior, left and right, respectively.
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sMRI data analyses on ROIs 
Table S1. Structural MRI analyses in regions of interest.

	Contrast
	Left ROI
	Right ROI

	
	t value
	p value
	t value
	p value

	HC vs. AVH/D–
	1.473
	0.150
	1.417
	0.166

	HC vs. AVH/D+
	0.187
	0.852
	-0.340
	0.735

	AVH/D– vs. AVH/D+
	-0.267
	0.791
	-0.51
	0.572
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