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Supplementary Note 1

Here, we provide the estimated values of (t (mean) and ¢ (standard deviation) obtained from 5 blocks of data. These estimates
are derived from both the size estimation data collected during acquisition and generalization tasks, as well as the size reproduc-
tion and estimation data gathered during the memory task. The statistics are presented along with their corresponding quantiles,
specifically the 50th percentile [2.5th percentile, 97.5th percentile].

u: Size estimation data in acquisition and generalization tasks

Stimulus Block
1 2 3 4 5

S3 (S3 as CS+) 59.14 [57.64, 60.44] 62.40 [61.45, 64.03] 65.06 [64.27, 66.09] 67.74 [66.75, 68.73] 70.40 [68.96, 71.70]
S3[S3 as CS-] 57.46 [55.90, 59.02] 58.44 [57.22,59.74] 59.40 [58.24, 60.98] 60.27 [58.71, 61.87] 61.03 [58.78, 63.10]
S8 [S8as CS+] 120.13[117.51, 123.55] 116.71 [114.75,118.60] 113.42[110.70, 114.91] 110.92 [109.26, 112.47]  108.39 [106.41, 110.53]
S8[S8as CS-] 116.17[113.98,118.43] 115.20[113.04,116.89] 114.41[112.66, 115.91] 113.64 [111.84,115.43] 112.91 [110.55, 115.34]

Supplementary Table 1. The median estimations and 95% credible intervals of the estimated u of the perceptual estimation
in the acquisition and generalization stage.

u: Size reproduction data in the memory task

Block
Stimulus 1 2 3 4 5

S3(S3as CS+)  60.58 [59.00, 62.16] 60.05 [58.88, 61.22] 59.53 [58.44, 60.42] 59.14 [58.18, 60.31] 58.58 [57.23, 59.88]
S3 (S3 as CS-) 57.93 [55.80, 60.11] 57.67 [56.15, 59.70] 57.02 [55.57, 58.50] 56.47 [54.87, 58.08] 55.88 [53.72, 57.90]
S8 (S8 as CS+) 101.93[99.00, 104.65] 102.47 [100.67, 104.77]  102.63 [101.14, 104.17]  102.88 [101.39, 104.44]  103.05 [100.92, 104.97]
S8 (S8 as CS-)  101.28 [96.94, 104.65] 105.41[103.12, 108.80] 106.67 [104.82, 109.25]  108.14 [106.10, 110.41]  109.13 [106.42, 111.51]

Supplementary Table 2. The median estimations and 95% credible intervals of the estimated p of the size reproduction in
the memory task.

u: Size estimation data in the memory task

Block
Stimulus 1 2 3 4 5

S3 (S3 as CS+) 60.79 [58.60, 63.02] 61.18 [59.58, 62.75] 61.66 [60.41, 62.88] 62.15 [60.81, 63.57] 62.53 [60.65, 64.44]
S3 (S3 as CS-) 55.81[53.18, 58.37] 55.85[53.93, 57.78] 55.82 [54.08, 57.62] 55.78 [53.66, 57.88] 55.74 [52.82, 58.60]
S8 (S8as CS+) 117.68[113.42,121.98] 116.25[113.29,119.31] 114.77[112.45,117.03] 113.34[110.97, 115.63] 111.96 [108.65, 115.11]
S8 (S8as CS-)  114.60[108.84, 119.70]  120.69 [117.12, 125.58] 121.84 [119.00, 125.93] 122.42[119.41, 125.49] 123.09 [119.48, 126.31]

Supplementary Table 3. The median estimations and 95% credible intervals of the estimated u of the size estimation in the
memory task.
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o: Size estimation data in acquisition and generalization tasks

Stimulus

Block

1

2

3

4

5

S3 (S3 as CS+)
S3(S3 as CS-)
S8 (S8 as CS+)
S8 (S8 as CS-)

15.87[14.92,16.91]
15.43 [14.32, 16.71]
30.26 [28.30, 32.76]
27.62 [26.09, 29.42]

18.77 [17.73, 19.95]
14.31[12.25, 15.77]
27.48 [26.02, 29.18]
25.12[23.17, 26.56]

15.97 [15.05, 16.99]
15.06 [13.70, 16.51]
24.61 [22.75, 26.05]
23.17 [21.32,24.53]

17.72 [16.76, 18.78]
15.42 [14.15, 17.28]
23.35[21.94, 24.66]
21.67 [20.30, 23.22]

19.83 [18.76, 21.03]
15.28 [13.77, 17.17]
22.45[21.04, 24.18]
20.13 [18.60, 22.04]

Supplementary Table 4. The median estimations and 95% credible intervals of the estimated o of the perceptual estimation
in the acquisition and generalization stage.

o: Size reproduction data in the memory task

Stimulus

Block

1

2

3

4

5

S3 (S3 as CS+)
S3 (S3 as CS-)
S8 (S8 as CS+)
S8 (S8 as CS-)

16.22 [15.07, 17.46]
16.61 [14.79, 18.54]
23.46 [21.26, 26.28]
26.59 [24.26, 29.31]

15.29 [14.48, 16.22]
17.57 [16.26, 19.42]
19.75 [17.64, 21.52]
21.86 [19.80, 24.26]

14.40 [13.67, 15.20]
17.87 [16.55, 19.96]
17.96 [16.25, 19.46]
22.48 [20.85, 24.34]

13.54 [12.80, 14.35]
17.23 [15.88, 18.91]
16.54 [14.99, 18.00]
21.24 [19.53, 22.95]

12.73 [11.83, 13.70]
16.34 [14.60, 18.20]
15.95[14.44, 17.91]
21.37[19.64, 23.40]

Supplementary Table 5. The median estimations and 95% credible intervals of the estimated o of the size reproduction in

the memory task.

o: Size estimation data in the memory task

Stimulus

Block

1

2

3

4

5

S3 (S3 as CS+)
S3(S3 as CS-)
S8 (S8 as CS+)
S8 (S8 as CS-)

22.85[21.11,25.13]
19.03 [17.05, 21.40]
37.08 [33.72, 41.46]
36.59 [34.03, 39.83]

20.52 [18.79, 21.96]
22.22[20.10, 24.67]
32.35[29.79, 35.11]
33.56 [31.28, 35.65]

19.26 [17.57, 20.55]
26.92 [24.29, 30.25]
28.07 [24.82, 30.44]
31.08 [28.50, 32.82]

19.07 [17.89, 20.87]
24.77 [22.48, 27.48]
26.20 [24.07, 28.54]
29.60 [27.95, 31.87]

17.73 [16.41, 19.24]
22.27[19.98, 25.07]
24.26 [22.10, 27.01]
27.58 [25.64, 29.80]

Supplementary Table 6. The median estimations and 95% credible intervals of the estimated ¢ of the size estimation in the

memory task.
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Supplementary Note 2

Here, we present the posterior predictive checks of both perceptual and generalization computational models. The posterior
predictive checks aim to assess the adequacy of the models by comparing the distribution of simulated data generated from the
posterior predictive distribution to the observed data, thereby evaluating how well the models capture the underlying processes
and patterns in the data. We show the comparison across different statistical quantiles: mean, 10%, 30%, 50%, 70%, 90%.
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Supplementary Figure 1. Posterior predictive checks for the perceptual model with mean. The comparison involves
evaluating the mean of 10,000 posterior predictive samples generated by the perceptual computational model against the

observed data.
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10% quantile

1 2 3 4 5 6 7 8
150 » s ) R
100 QP o POv. pove P ’/“_A_,J | pe et
50 M " LAY aan-ov -9-0- [ zan ] P Lo caniing
0
9 10 1 12 13 14 15 16
150 - ~ PS A . 4 P S
100 v ok PO ) A PPV AT e JPTY o4 Y o ad
50 o anan-0 P u"ﬂ vy 2d anno oot v ™ L2add
0
17 18 19 20 21 22 23 24
150 Pz s oh
100 L o000 Poc="as Jprs 4690 oS e ad P
5(0) M"M an ¢-o-o* M an_ -0~ Nw’“}\\' A AP 9-
25 26 27 28 29 30 31 32
150 U . )
100 v y o L po " PO 009 et JP
50 {a a~nanat| o ~ v ob annU ,M ke M-"“”ﬁj\— ~ng 3 & 2 adtd
0
33 34 35 36 37 38 39 40
$ 150 e e . ® .
s Ao ? 0 A 2 ps ad OV T ad P
§1gg POV lad }Mﬂ A adt ,\_A-f\-—"‘ﬂ— adt s Sad e v A A~
e 0
Tg M 42 43 44 45 46 47 48
'6_ 150 o ~n ~ ~
2100 / s 90 o< B0 J% o ad o ®
g 50 annn oYY /\/"’W‘{ PO ana 1 ad a0 M.,‘.JV“""N JOPY S s
a 0
49 50 51 52 53 54 55 56
150 . o8 pu.] il
100 ) Mvﬂ\_ Y 2 o PN v~fvﬁv\' A
58 A~ —.r“/ f\ﬂ“’“—\/’m{ S ad aan"" AT M“—"""‘Nu o2 & -
57 58 59 60 61 62 63 64
150 poee N ) 9
100 N’\u‘h" _9-g a ~ fasVa e d P N NS P adhd
50 oo PO “"\/’mv ’M,\\_,_./" ot A~ *:V‘( JPpw W\»fv’ v
0
65 66 67 68 69 70 7 72
150 T e e abtee .
100 JPvT o4 ] o~ P a L ooe®® O
58 -0-0- | P cey M annd ,J\J‘-""”M ano w"“wﬂ‘k
73 74 75 76 77 78 79 80
150 A~ h o009 e o™
100 o Fanmidl [ocaloorg . 2 Pan a0 Jrs
50{a """ ~ "JM ann A S aaatll an Y anans™ M\\-"MWA_
0
Stimulus

- Observed data Model-based prediction
Supplementary Figure 2. Posterior predictive checks for the perceptual model with 10% quantile. The comparison involves

evaluating the 10% quantile of 10,000 posterior predictive samples generated by the perceptual computational model against
the observed data.
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30% quantile
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Supplementary Figure 3. Posterior predictive checks for the perceptual model with 30% quantile. The comparison involves
evaluating the 30% quantile of 10,000 posterior predictive samples generated by the perceptual computational model against
the observed data.
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50% quantile
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Supplementary Figure 4. TPosterior predictive checks for the perceptual model with 50% quantile. The comparison

involves evaluating the 50% quantile of 10,000 posterior predictive samples generated by the perceptual computational model
against the observed data.
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Supplementary Figure 5. Posterior predictive checks for the perceptual model with 70% quantile. The comparison involves
evaluating the 70% quantile of 10,000 posterior predictive samples generated by the perceptual computational model against
the observed data.
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90% quantile
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Supplementary Figure 6. Posterior predictive checks for the perceptual model with 90% quantile. The comparison involves
evaluating the 90% quantile of 10,000 posterior predictive samples generated by the perceptual computational model against

the observed data.
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Supplementary Figure 7. Posterior predictive checks for the generalization model with mean. The comparison involves

evaluating the mean of 10,000 posterior predictive samples generated by the generalization computational model against the
observed data.
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Supplementary Figure 8. Posterior predictive checks for the generalization model with 10% quantile. The comparison

involves evaluating the 10% quantile of 10,000 posterior predictive samples generated by the generalization computational
model against the observed data.
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Supplementary Figure 9. Posterior predictive checks for the generalization model with 30% quantile. The comparison

involves evaluating the 30% quantile of 10,000 posterior predictive samples generated by the generalization computational
model against the observed data.
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Supplementary Figure 10. Posterior predictive checks for the generalization model with 50% quantile. The comparison

involves evaluating the 50% quantile of 10,000 posterior predictive samples generated by the generalization computational
model against the observed data.
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Supplementary Figure 11. Posterior predictive checks for the generalization model with 70% quantile. The comparison
involves evaluating the 70% quantile of 10,000 posterior predictive samples generated by the generalization computational

model against the observed data.
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Supplementary Figure 12. Posterior predictive checks for the generalization model with 90% quantile. The comparison
involves evaluating the 90% quantile of 10,000 posterior predictive samples generated by the generalization computational
model against the observed data.
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Supplementary Note 3

Here, we show the estimated sensory scaling parameters f3y; and B; ;. These two parameters together modulate the shape of the
mean of sensory likelihood in the perceptual computational model.
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Supplementary Figure 13. Sensory scailing. For each physical stimulus, individual participants demonstrate a distinct
mapping from physical to perceptual quantities. Panel a denotes the parameter estimates of §y and ; (ordered by the 50%
quantile of f; ;)). Panel b illustrates the sensory transformation of each experimental stimulus, calculated with the sensory
mapping scaling parameters 3y and B; (50th quantile from the MCMC samples, ordered by the 50% quantile of f3; ;).
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Supplementary Note 4

Here, we present the trace plots and histograms of the MCMC samples of the probability parameters for the latent group
allocations in the generalization model.
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Supplementary Figure 14. Latent group probabilities. The 4 MCMC chains (2500 samples each) for the probability
parameters 7; and 7p, which correspond to the two mixture components in the generalization model. 7; denotes the probability
of the latent generalization patterns, while 7, signifies the source of the perceptual memory component in perceptual distance.
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Supplementary Note 5
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Supplementary Figure 15. STAI-T scores. The distribution of trait anxiety scores

18/18



	Supplementary Note 1
	Supplementary Note 2
	Supplementary Note 3
	Supplementary Note 4
	Supplementary Note 5

