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Figure S1. No evidence for a relationship between task behaviors at baseline. (A) mean
response time (MRT) at baseline does not depend on mean time estimates at baseline. (B)
mean accuracy at baseline does not depend on mean time estimates at baseline.
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Figure S2. Manipulation check. The immersion of the participants in water with different
temperatures differentially affected their core temperature (A) as well as their heart rate (B).
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Figure S3. During a practice block, participants learned to time an interval of 1s. Independent
of the session, participants were able to accurately reproduce the 1s interval in the practice
block.



Table S1. Parameter estimates (mean and standard error of the mean) of the winning LBA model of the choice task (see text for abbreviations).

Condition  Vcorrect (S€)  Verror (S€) Scorrect (S€)  Serror (S€) A (se€) B (se) to (se)

Baseline1l 4.51(0.24) 2.46(0.23) 1() 1.63(0.05) 1.41(0.18) 1.46(0.13) 0.09(0.011)
Baseline2 4.54(0.24) 2.49(0.23) 1() 1.63(0.05) 1.41(0.18) 1.51(0.14) 0.09(0.011)
36 Begin  4.48(0.23) 2.43(0.23) 1() 1.63(0.05) 1.41(0.18) 1.37(0.13) 0.09(0.011)
36 End 4,72 (0.29) 2.68(0.28) 1(-) 1.63(0.05) 1.41(0.18) 1.47(0.17) 0.09(0.011)
38Begin  4.44(0.23) 2.39(0.22) 1() 1.63(0.05) 1.41(0.18) 1.28(0.12) 0.09(0.011)
38 End 456 (0.26) 2.51(0.25) 1(-) 1.63(0.05) 1.41(0.18) 1.22(0.14) 0.09(0.011)




Supplementary Analysis 1. Skewness and conditional accuracy functions in the data.

The two theoretical accounts of time pressure (additive urgency, or a lower time-invariant
threshold) make different predictions for the distribution of errors across response times, and
for the shape of response time distributions. Specifically, the additive urgency hypothesis
predicts relatively more errors at the end of the RT distribution (a so-called negative
conditional-accuracy function), when time pressure increases, whereas a lower threshold
hypothesis predicts an even distribution of errors across the distribution 2. Another
prediction from the additive urgency hypothesis is a stronger decrease in skewness of the RT
distribution, when time pressure increases 3.

We tested these behavioral predictions, and found no evidence for the additive urgency
hypothesis. Specifically, we fit a nonlinear logistic regression model (Equation 1) to the data
of each condition and measurement moment separately, by minimizing the squared deviation
using particle swarm optimization #>. The model predicts the probability of a correct response
as a function of RT, using four parameters, that each capture a specific pattern in the data.
The crucial parameter here is b, capturing the downward slope of the conditional accuracy
function. If b is higher, this indicates a stronger decrease in the slope for details, wereferto5,

flx) = a (1)

ea+e(b(x—d)+ﬁ)

We found that — relative to baseline — b significantly differs between measurement moments
(F(1,26)=5.6, p=0.026, Figure S4A), but not between conditions (F(1,26)=2.6, p=0.11), nor an
interaction (F<1). This indicates that there is no evidence for a change in an additive urgency
signal that is driven by the core temperature, only by measurement moment. In fact, the
proportion of errors that are relatively slow actually decreases at the end of the tub session,
independent of water temperature, which is inconsistent with the additive urgency
hypothesis. A similar pattern is observed when analyzing skewness of the choice RT
distribution: the End measurement shows more skewness then the Begin measurement
(F(1,26)=5.6, p=0.025, Figure S4B), but there is no effect of condition nor aninteraction (Fs<1).

A 5 — B 2.5
4 @ Neutral 2.0 @ Neutral
3 - B Warm B Warm
Q. 2 e . . a .
3 P ' S 10+ '
= =R 3 X 1
O === q:_@ » 2 3 ﬁ
] ] : . 0.0 < ilil = ﬁ
L I i e P .
T, S R : ! : -05 - 8 * .
begin end begin end

Figure S4. No evidence for additive urgency when alanyzing conditional accuracy functions
(CAF) or skewness measures. (A) The slope of the CAF function in the choice task, relative to
the baseline measure. (A) skewness of the choice response time distribution relative to the



baseline measure. Error bars indicate within-subject standard errors of the mean, dots
indicate individual estimates.
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