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[bookmark: _GoBack]Fig. S1. Generation and testing of the prediction model without the synthetic minority over-sampling technique (SMOTE) (left) and with the SMOTE (right). The proposed neural network model with 5-fold cross-validation was built in the model training section.
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Fig. S2. Radiomics feature selection using the least absolute shrinkage and selection operator (LASSO) regression model in the whole-lung radiomics analysis. a) Tuning penalization parameter (λ) and minimum criterion in the LASSO model. The binomial deviance was plotted against log(λ). b) LASSO coefficient profiles of the 49383 radiomics features. 
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Fig. S3. Radiomics feature selection using the least absolute shrinkage and selection operator (LASSO) regression model in the multi-region radiomics analysis. a) Tuning penalization parameter (λ) and minimum criterion in the LASSO model. The binomial deviance was plotted against log(λ). b) LASSO coefficient profiles of the 49383 radiomics features. 
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