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[bookmark: OLE_LINK73][bookmark: OLE_LINK74]Suppl. Fig. 1: Seven radiomics and dosiomics features screened out for establishing the RD model.
The RD model was constructed using 7 features, including 4 radiomics features (1 first-order and 3 texture features) and 3 dosiomics features (all texture features), which were closely associated with RP2.
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Suppl. Fig. 2: Predictive Performance of the RD model based on Random Forest (RF), Support Vector Machine (SVM), and Logistic Regression (LR) algorithms.
Distribution of AUC values from 10-fold cross-validation for RF, SVM, and LR algorithms. Each dot represents the AUC score of one fold. LR achieved the highest median AUC with a narrower distribution, indicating more stable performance across folds.
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Suppl. Fig. 3: The 10-fold cross-validation results of the RD (A) and DL (B) models. 
ROC curves of 10-fold cross-validation for the (A) radiomics-dosiomics (RD) model and (B) deep learning (DL) model. Both models exhibited stable performance, while the DL model demonstrated better overall predictive performance.
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