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Supplementary Table S1: Example Table Title
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Figure 1: Effects of different landscape features on spatial sampling bias before
environmental filtering. (A) Posterior weights of four landscape features derived
from a bias estimation model, indicating their relative contribution to spatial
sampling bias. Higher weights suggest a stronger association with observer
presence. (B) Corresponding sampling rate functions showing how sampling
effort decreases with increasing distance from each biasing feature. Created
using the sampbias R package
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Figure 2: Effects of different landscape features on spatial sampling bias after
environmental filtering. (A) Posterior weights of four landscape features derived
from a bias estimation model, indicating their relative contribution to spatial
sampling bias. Higher weights suggest a stronger association with observer
presence. (B) Corresponding sampling rate functions showing how sampling
effort decreases with increasing distance from each biasing feature. Created
using the sampbias R package.
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Figure 3: Plot of the Pearson correlation matrix displaying pairwise relation-
ships between variables. Colors indicate the strength and direction of correla-
tions, with values ranging from -1 (perfect negative) to 1 (perfect positive).



Table 1: Example table caption for TSS-based performance.
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