Supplementary Materia

Mean sensitivity:0.65, specificity:0.66, AUC:0.72

Best features: bml breath,total sleep,temp trend hr Iowest rest gest age days rem sleep onset
T

Mean sensitivity:0.69, specificity:0.67, AUC:0.71
Best features:high activity,gest age days
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Features added sequentially Features added sequentially
Mean sensitivity:0.63, specificity:0.69, AUC:0.73 Mean sensitivity:0.71, specificity:0.62, AUC:0.66
Best features:mets medium,high activity, gest age days,mets h|gh medium act|V|ty sleep midpoint Best features: bml rmssd deep sleep, temp trend ,gest age days
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Features added sequentially
Mean sensitivity:0.70, specificity:0.69, AUC:0.72

Best features:bmi,breath,total sleep,temp trend,hr lowest,rest,gest age days, rem sleep onset
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Features added sequentially

Features added sequentially

Supplementary Figure 1: Panels 1-5 above show the best ranked features, arranged from left to right, with the left-most
feature selected first, in a 10-fold cross-validation on 5 different hold-out sets of the data to determine which features
consistently predicted more accurately as determined by higher AUC. The panels show the top ranked features (left to
right, best to worst) as determined using greedy search for the five different folds of the data. While certain features

tended to consistently be ranked at the top (e.g. temperature trend and MET medium), the best features selected depended
alot on thefold of data. For this reason, we averaged the rank of the features to determine which features appeared to be
most relevant consistently across the five foldsin their ability to predict if awoman was going to go beyond her expected
term. Itisnot surprising that the features provided incremental benefit over previously selected features, since the
features were derived from avery small set of sensors; thus many of the features are highly correlated.



Mean sensitivity:0.55, specificity:0.56, AUC:0.58
Best features:gest age days
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Supplemental Figure 2: ROC curve showing results when gestational age was used as the only feature to predict if a
pregnancy would exceed term. The mean sensitivity across 10-fold validation was 0.55, specificity was 0.56 and the AUC
was 0.58. While gestational age proved to be avaluable feature in predicting if a pregnancy would go beyond term, it was
never the top feature as confirmed in Supplemental Figure 1.



