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Summary statistics of data used in primary models
	Supplemental Table 1. Summary statistics of key variables in analysis summarized for 2020-2021

	Country level-variables, measured as cumulative mean-to-date

	
	Obs
	Mean
	Std. dev.
	Min
	Max

	Stringency index--cumulative-to-date (standardized)
	333,147
	-0.07
	0.46
	-1.85
	0.76

	Economic support index--cumulative-to-date (standardized)
	333,147
	-0.06
	0.55
	-1.26
	1.26

	Officially reported COVID-19 deaths per capita
	326,220
	8.49
	12.99
	0.00
	65.28

	Estimated actual COVID-19 deaths per capita
	326,220
	18.35
	27.03
	0.00
	156.10

	Visits to restaurants and related establishments relative to pre-COVID era
	308,454
	-25.07
	5.56
	-41.36
	-0.56

	Individual level, weighted to be nationally representative within each country

	Wellbeing related outcomes
	
	
	
	
	

	Standard of living is worse
	275,871
	0.31
	0.46
	0.00
	1.00

	Life evaluation is below 7 out of 10
	337,618
	0.62
	0.49
	0.00
	1.00

	Worried a lot yesterday
	274,324
	0.41
	0.49
	0.00
	1.00

	Not enough food
	337,794
	0.39
	0.49
	0.00
	1.00

	Adverse economic and social outcomes
	
	
	
	
	

	Unemployed
	342,227
	0.09
	0.28
	0.00
	1.00

	Harm index
	321,112
	0.00
	0.77
	-1.02
	1.75

	Affected a lot by pandemic
	315,571
	0.42
	0.49
	0.00
	1.00

	Temporarily laid off
	266,044
	0.51
	0.50
	0.00
	1.00

	Lost hours
	261,257
	0.50
	0.50
	0.00
	1.00

	Lost income
	261,191
	0.49
	0.50
	0.00
	1.00

	Permanently lost job
	264,421
	0.27
	0.45
	0.00
	1.00

	Demographic variables used in models
	
	
	
	
	

	city
	340,736
	0.34
	0.47
	0.00
	1.00

	suburb
	340,736
	0.12
	0.33
	0.00
	1.00

	town
	340,736
	0.36
	0.48
	0.00
	1.00

	foreign-born
	321,162
	0.07
	0.25
	0.00
	1.00

	out of labor market
	342,209
	0.34
	0.47
	0.00
	1.00

	elementary education
	342,227
	0.30
	0.46
	0.00
	1.00

	secondary education
	342,227
	0.53
	0.50
	0.00
	1.00

	tertiary education
	342,227
	0.16
	0.37
	0.00
	1.00

	Age 15-19
	342,227
	0.10
	0.30
	0.00
	1.00

	Age 20-29
	342,227
	0.25
	0.43
	0.00
	1.00

	Age 30-39
	342,227
	0.21
	0.41
	0.00
	1.00

	Age 40-49
	342,227
	0.16
	0.37
	0.00
	1.00

	Age 60-64
	342,227
	0.18
	0.38
	0.00
	1.00

	Age 65-79
	342,227
	0.09
	0.28
	0.00
	1.00

	Age 80 or higher
	342,227
	0.02
	0.13
	0.00
	1.00

	Male
	342,227
	0.50
	0.50
	0.00
	1.00
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	Supplemental Table 2. Summary means of country-level data by sub-region

	Region
	Sub-region
	Number of countries in database
	Stringency through March 2021
	Economic support index through March 2021
	Change in visits to restaurants and related businesses since start of pandemic, through March 2021
	Cumulative deaths per capita from official statistics, through March 2021
	Cumulative estimated deaths per capita from IHME analysis, through March 2021

	World
	
	117
	57.5
	43.7
	-26.0
	50.3
	104.5

	Africa
	Sub-Saharan Africa
	20
	50.9
	20.9
	-19.9
	9.9
	30.5

	Africa
	Northern Africa
	4
	57.5
	50.1
	-19.8
	17.4
	102.9

	Americas
	Latin America and the Caribbean
	18
	61.0
	36.3
	-24.7
	127.9
	237.1

	Americas
	Northern America
	2
	52.6
	46.9
	-26.4
	157.9
	249.3

	Asia
	Western Asia
	11
	57.0
	43.5
	-23.1
	53.3
	100.1

	Asia
	South-eastern Asia
	6
	58.0
	34.7
	-27.1
	9.8
	24.3

	Asia
	Southern Asia
	5
	62.8
	51.4
	-28.5
	10.3
	32.0

	Asia
	Central Asia
	4
	51.8
	32.8
	-26.0
	10.0
	166.7

	Asia
	Eastern Asia
	3
	40.4
	63.8
	-26.5
	5.9
	29.1

	Europe
	Southern Europe
	12
	59.2
	60.0
	-27.9
	163.1
	259.8

	Europe
	Northern Europe
	10
	56.6
	72.1
	-25.8
	168.7
	240.9

	Europe
	Eastern Europe
	9
	51.2
	41.7
	-27.6
	99.5
	331.8

	Europe
	Western Europe
	6
	55.7
	49.4
	-22.7
	115.5
	156.7

	Oceania
	Australia and New Zealand
	1
	55.4
	56.8
	-20.8
	3.7
	3.7

	Note: values are weighted by population size.





	Supplemental Table 3. Summary means of aggregated individual-level data by sub-region, collected in Gallup World Poll from June 2020 to March 2021

	
	
	
	Wellbeing outcomes
	Economic harm

	Region
	Sub-region
	Number of countries in database
	Not enough food to eat
	felt worry a lot of the day yesterday
	Living standard got worse
	Low life evaluation (less than 7 on 0-10 scale)
	Harm index
	Temporarily laid off
	Lost job
	Lost hours
	Lost income
	Affected a lot

	World
	
	117
	41.7%
	42.0%
	29.8%
	65.4%
	7.8%
	54.4%
	33.2%
	51.1%
	51.9%
	46.1%

	Africa
	Sub-Saharan Africa
	20
	64.6%
	41.5%
	35.3%
	78.9%
	20.2%
	62.4%
	36.3%
	62.5%
	64.3%
	47.2%

	Africa
	Northern Africa
	4
	38.2%
	43.4%
	30.4%
	76.7%
	11.8%
	66.0%
	25.8%
	61.5%
	56.7%
	48.4%

	Americas
	Latin America and the Caribbean
	18
	42.8%
	55.1%
	30.6%
	58.3%
	12.1%
	58.4%
	30.8%
	57.5%
	56.9%
	45.7%

	Americas
	Northern America
	2
	18.4%
	41.6%
	25.3%
	32.3%
	-14.0%
	38.0%
	13.2%
	39.9%
	33.5%
	50.1%

	Asia
	Western Asia
	11
	39.5%
	47.0%
	41.2%
	69.0%
	13.1%
	54.5%
	22.7%
	51.3%
	45.8%
	57.4%

	Asia
	South-eastern Asia
	6
	49.8%
	43.3%
	26.4%
	70.6%
	22.2%
	57.5%
	44.1%
	62.0%
	67.6%
	44.2%

	Asia
	Southern Asia
	5
	48.5%
	40.8%
	25.1%
	75.2%
	20.4%
	65.1%
	49.0%
	52.3%
	56.6%
	49.5%

	Asia
	Central Asia
	4
	44.7%
	26.5%
	13.5%
	66.3%
	-11.1%
	49.3%
	19.4%
	48.9%
	45.5%
	35.0%

	Asia
	Eastern Asia
	3
	8.7%
	30.7%
	30.8%
	57.1%
	-20.4%
	25.6%
	6.4%
	33.5%
	29.1%
	39.7%

	Europe
	Southern Europe
	12
	13.5%
	51.7%
	40.9%
	46.8%
	-22.6%
	35.3%
	10.1%
	37.5%
	34.2%
	40.7%

	Europe
	Northern Europe
	10
	8.9%
	33.6%
	23.8%
	30.7%
	-34.1%
	27.0%
	6.8%
	25.9%
	22.9%
	41.9%

	Europe
	Eastern Europe
	9
	32.7%
	31.9%
	42.7%
	63.0%
	-25.9%
	34.9%
	12.7%
	34.1%
	35.5%
	34.1%

	Europe
	Western Europe
	6
	8.3%
	33.1%
	34.5%
	28.5%
	-47.4%
	17.1%
	4.3%
	25.1%
	19.3%
	29.5%

	Oceania
	Australia and New Zealand
	1
	12.1%
	31.0%
	23.2%
	29.1%
	-44.0%
	22.4%
	8.7%
	29.4%
	25.2%
	21.9%

	Note: All variables are reported as the share of population experiencing the outcome, except for the harm index, which is the mean of the standardized values of the other economic outcomes listed. All figures are weighted by country population size.



	Supplementary Table 4. Description of stringency index

	Description
	Coding

	closings of schools and universities
	0 - no measures

	
	1 - recommend closing or all schools open with alterations resulting in significant differences compared to non-Covid-19 operations

	
	2 - require closing (only some levels or categories, eg just high school, or just public schools)

	
	3 - require closing all levels

	
	Blank - no data

	closings of workplaces
	0 - no measures

	
	1 - recommend closing (or recommend work from home) or all businesses open with alterations resulting in significant differences compared to non-Covid-19 operation

	
	2 - require closing (or work from home) for some sectors or categories of workers

	
	3 - require closing (or work from home) for all-but-essential workplaces (eg grocery stores, doctors)

	cancelling public events
	0 - no measures

	
	1 - recommend cancelling

	
	2 - require cancelling

	limits on gatherings
	0 - no restrictions

	
	1 - restrictions on very large gatherings (the limit is above 1000 people)

	
	2 - restrictions on gatherings between 101-1000 people

	
	3 - restrictions on gatherings between 11-100 people

	
	4 - restrictions on gatherings of 10 people or less

	closing of public transport
	0 - no measures

	
	1 - recommend closing (or significantly reduce volume/route/means of transport available)

	
	2 - require closing (or prohibit most citizens from using it)

	orders to "shelter-in-place" and otherwise confine to the home
	0 - no measures

	
	1 - recommend not leaving house

	
	2 - require not leaving house with exceptions for daily exercise, grocery shopping, and 'essential' trips

	
	3 - require not leaving house with minimal exceptions (eg allowed to leave once a week, or only one person can leave at a time, etc)

	restrictions on internal movement between cities/regions
	0 - no measures

	
	1 - recommend not to travel between regions/cities

	
	2 - internal movement restrictions in place

	restrictions on international travel
	0 - no restrictions

	
	1 - screening arrivals

	Note: this records policy for foreign travelers, not citizens
	2 - quarantine arrivals from some or all regions

	
	3 - ban arrivals from some regions

	
	4 - ban on all regions or total border closure

	presence of public info campaigns
	0 - no Covid-19 public information campaign

	
	1 - public officials urging caution about Covid-19

	
	2- coordinated public information campaign (eg across traditional and social media)

	
Source: Hale et al 2021.





	Supplemental Table 5. Multilevel model regressing income loss on country-level restrictions on economic activity and individual-level predictors

	
	1
	2
	3
	4
	5
	6

	
	Lost income

	Country-level variables
	
	
	
	
	
	

	Stringency index--cumulative-to-date (standardized)
	0.168**
	0.152**
	0.176**
	0.147**
	0.167**
	

	
	(0.041)
	(0.039)
	(0.039)
	(0.040)
	(0.040)
	

	Economic support index--cumulative-to-date (standardized)
	-0.038
	-0.045
	-0.054*
	-0.050
	-0.061*
	-0.058*

	
	(0.030)
	(0.027)
	(0.027)
	(0.027)
	(0.026)
	(0.024)

	Officially reported COVID-19 deaths per capita
	-0.001
	-0.001
	-0.002*
	
	
	

	
	(0.001)
	(0.001)
	(0.001)
	
	
	

	Visits to restaurants and related establishments
	
	
	0.005*
	
	0.004*
	0.004

	
	
	
	(0.002)
	
	(0.002)
	(0.002)

	Estimated actual COVID-19 deaths per capita
	
	
	
	-0.000
	-0.001*
	-0.001

	
	
	
	
	(0.000)
	(0.000)
	(0.000)

	1st quintile of stringency (ref=5th)
	
	
	
	
	
	-0.148**

	
	
	
	
	
	
	(0.027)

	2nd quintile of stringency (ref=5th)
	
	
	
	
	
	-0.153**

	
	
	
	
	
	
	(0.024)

	3rd quintile of stringency (ref=5th)
	
	
	
	
	
	-0.109**

	
	
	
	
	
	
	(0.022)

	4th quintile of stringency (ref=5th)
	
	
	
	
	
	-0.080**

	
	
	
	
	
	
	(0.020)

	Individual level variables
	
	
	
	
	
	

	not in labor force
	
	-0.188**
	-0.192**
	-0.188**
	-0.192**
	-0.192**

	
	
	(0.008)
	(0.009)
	(0.008)
	(0.009)
	(0.009)

	City (relative to rural)
	
	0.039**
	0.034**
	0.039**
	0.034**
	0.034**

	
	
	(0.007)
	(0.006)
	(0.007)
	(0.006)
	(0.006)

	Suburb (relative to rural)
	
	0.031**
	0.027**
	0.031**
	0.027**
	0.027**

	
	
	(0.008)
	(0.007)
	(0.008)
	(0.007)
	(0.007)

	Town (relative to rural)
	
	0.013**
	0.012*
	0.013**
	0.012*
	0.012*

	
	
	(0.005)
	(0.005)
	(0.005)
	(0.005)
	(0.005)

	born outside of country
	
	0.056**
	0.057**
	0.056**
	0.057**
	0.057**

	
	
	(0.007)
	(0.007)
	(0.007)
	(0.007)
	(0.007)

	Elementary education (relative to tertiary)
	
	0.083**
	0.080**
	0.083**
	0.080**
	0.080**

	
	
	(0.010)
	(0.010)
	(0.010)
	(0.010)
	(0.010)

	Secondary education (relative to tertiary)
	
	0.061**
	0.056**
	0.061**
	0.056**
	0.056**

	
	
	(0.008)
	(0.008)
	(0.008)
	(0.008)
	(0.008)

	age 15-19
	
	-0.031
	-0.040*
	-0.031
	-0.040*
	-0.040*

	
	
	(0.018)
	(0.018)
	(0.018)
	(0.018)
	(0.018)

	age 20-29
	
	0.060**
	0.054**
	0.060**
	0.054**
	0.054**

	
	
	(0.016)
	(0.017)
	(0.016)
	(0.017)
	(0.017)

	age 30-39
	
	0.091**
	0.087**
	0.091**
	0.087**
	0.087**

	
	
	(0.016)
	(0.016)
	(0.016)
	(0.016)
	(0.016)

	age 40-49
	
	0.083**
	0.081**
	0.083**
	0.081**
	0.081**

	
	
	(0.016)
	(0.016)
	(0.016)
	(0.016)
	(0.016)

	age 50-64
	
	0.059**
	0.058**
	0.059**
	0.058**
	0.058**

	
	
	(0.016)
	(0.016)
	(0.016)
	(0.016)
	(0.016)

	age 65-79
	
	-0.011
	-0.009
	-0.011
	-0.009
	-0.009

	
	
	(0.015)
	(0.016)
	(0.015)
	(0.016)
	(0.016)

	married or with domestic partner
	
	-0.012**
	-0.013**
	-0.012**
	-0.013**
	-0.013**

	
	
	(0.004)
	(0.005)
	(0.004)
	(0.005)
	(0.005)

	live with children under age 15
	
	0.015**
	0.014**
	0.015**
	0.014**
	0.014**

	
	
	(0.005)
	(0.005)
	(0.005)
	(0.005)
	(0.005)

	Female living with children under 15
	
	-0.006
	-0.005
	-0.006
	-0.005
	-0.005

	
	
	(0.007)
	(0.007)
	(0.007)
	(0.007)
	(0.007)

	female
	
	-0.027**
	-0.024**
	-0.027**
	-0.024**
	-0.024**

	
	
	(0.005)
	(0.005)
	(0.005)
	(0.005)
	(0.005)

	Bottom income quintile (relative to top-fifth)
	
	0.098**
	0.100**
	0.098**
	0.100**
	0.100**

	
	
	(0.009)
	(0.009)
	(0.009)
	(0.009)
	(0.009)

	Second income quintile (relative to top-fifth)
	
	0.086**
	0.088**
	0.086**
	0.088**
	0.088**

	
	
	(0.007)
	(0.007)
	(0.007)
	(0.007)
	(0.007)

	Third income quintile (relative to top-fifth)
	
	0.069**
	0.072**
	0.069**
	0.072**
	0.072**

	
	
	(0.006)
	(0.006)
	(0.006)
	(0.006)
	(0.006)

	Fourth income quintile (relative to top-fifth)
	
	0.042**
	0.043**
	0.042**
	0.043**
	0.043**

	
	
	(0.005)
	(0.005)
	(0.005)
	(0.005)
	(0.005)

	Constant
	0.486**
	0.339**
	0.474**
	0.337**
	0.456**
	0.537**

	
	(0.014)
	(0.023)
	(0.061)
	(0.023)
	(0.059)
	(0.059)

	Random effect: County-level variance
	-1.941**
	-2.009**
	-2.029**
	-1.997**
	-2.010**
	-2.005**

	
	(0.065)
	(0.064)
	(0.070)
	(0.064)
	(0.071)
	(0.077)

	Random effect: Month-level variance
	-3.279**
	-3.323**
	-3.294**
	-3.328**
	-3.300**
	-3.333**

	
	(0.091)
	(0.095)
	(0.096)
	(0.095)
	(0.097)
	(0.100)

	Residual variance
	-0.754**
	-0.783**
	-0.789**
	-0.783**
	-0.789**
	-0.789**

	
	(0.007)
	(0.007)
	(0.007)
	(0.007)
	(0.007)
	(0.007)

	Log likelihood
	-154811.6147999824
	-134004.6308
	-121037.7827
	-134005.1721
	-121039.0219
	-121034.4138

	Sample Size
	242028.000
	219391
	199346
	219391
	199346
	199346

	Standard errors in parentheses, robust to time period and country. ** p<0.01, * p<0.05. Google mobility trends refer to visits to places like restaurants, cafes, shopping centers, theme parks, museums, libraries, and movie theaters relative to pre-pandemic patterns.





	Supplemental Table 6. Multilevel model regressing extent of subjective effects from pandemic on country-level restrictions on economic activity and individual-level predictors

	
	Affected a lot

	Country-level variables
	
	
	
	
	
	

	Stringency index--cumulative-to-date (standardized)
	0.106**
	0.099**
	0.100**
	0.101**
	0.100**
	

	
	(0.023)
	(0.025)
	(0.026)
	(0.025)
	(0.026)
	

	Economic support index--cumulative-to-date (standardized)
	-0.017
	-0.016
	-0.018
	-0.014
	-0.017
	-0.016

	
	(0.016)
	(0.016)
	(0.017)
	(0.016)
	(0.016)
	(0.016)

	Officially reported COVID-19 deaths per capita
	0.000
	0.000
	0.000
	
	
	

	
	(0.001)
	(0.001)
	(0.001)
	
	
	

	Visits to restaurants and related establishments
	
	
	0.001
	
	0.001
	0.001

	
	
	
	(0.002)
	
	(0.002)
	(0.002)

	Estimated actual COVID-19 deaths per capita
	
	
	
	0.000
	0.000
	0.000

	
	
	
	
	(0.000)
	(0.000)
	(0.000)

	1st quintile of stringency (ref=5th)
	
	
	
	
	
	-0.115**

	
	
	
	
	
	
	(0.028)

	2nd quintile of stringency (ref=5th)
	
	
	
	
	
	-0.078**

	
	
	
	
	
	
	(0.024)

	3rd quintile of stringency (ref=5th)
	
	
	
	
	
	-0.037

	
	
	
	
	
	
	(0.022)

	4th quintile of stringency (ref=5th)
	
	
	
	
	
	-0.025

	
	
	
	
	
	
	(0.020)

	Individual level variables
	
	
	
	
	
	

	not in labor force
	
	-0.039**
	-0.039**
	-0.039**
	-0.039**
	-0.039**

	
	
	(0.006)
	(0.006)
	(0.006)
	(0.006)
	(0.006)

	City (relative to rural)
	
	0.042**
	0.041**
	0.042**
	0.041**
	0.041**

	
	
	(0.006)
	(0.006)
	(0.006)
	(0.006)
	(0.006)

	Suburb (relative to rural)
	
	0.034**
	0.032**
	0.034**
	0.032**
	0.032**

	
	
	(0.007)
	(0.007)
	(0.007)
	(0.007)
	(0.007)

	Town (relative to rural)
	
	0.014**
	0.014*
	0.014**
	0.014*
	0.014*

	
	
	(0.005)
	(0.005)
	(0.005)
	(0.005)
	(0.005)

	born outside of country
	
	0.012
	0.012
	0.012
	0.012
	0.012

	
	
	(0.008)
	(0.008)
	(0.008)
	(0.008)
	(0.008)

	Elementary education (relative to tertiary)
	
	-0.015
	-0.015
	-0.015
	-0.015
	-0.015

	
	
	(0.008)
	(0.009)
	(0.008)
	(0.009)
	(0.009)

	Secondary education (relative to tertiary)
	
	-0.021**
	-0.023**
	-0.021**
	-0.023**
	-0.023**

	
	
	(0.006)
	(0.006)
	(0.006)
	(0.006)
	(0.006)

	age 15-19
	
	-0.003
	-0.002
	-0.003
	-0.002
	-0.002

	
	
	(0.015)
	(0.016)
	(0.015)
	(0.016)
	(0.016)

	age 20-29
	
	0.033*
	0.032*
	0.033*
	0.032*
	0.032*

	
	
	(0.013)
	(0.014)
	(0.013)
	(0.014)
	(0.014)

	age 30-39
	
	0.065**
	0.065**
	0.065**
	0.065**
	0.065**

	
	
	(0.013)
	(0.013)
	(0.013)
	(0.013)
	(0.013)

	age 40-49
	
	0.067**
	0.066**
	0.067**
	0.066**
	0.066**

	
	
	(0.013)
	(0.014)
	(0.013)
	(0.014)
	(0.014)

	age 50-64
	
	0.052**
	0.053**
	0.052**
	0.053**
	0.053**

	
	
	(0.013)
	(0.014)
	(0.013)
	(0.014)
	(0.014)

	age 65-79
	
	0.014
	0.012
	0.014
	0.012
	0.012

	
	
	(0.013)
	(0.013)
	(0.013)
	(0.013)
	(0.013)

	married or with domestic partner
	
	-0.008*
	-0.009*
	-0.008*
	-0.009*
	-0.009*

	
	
	(0.004)
	(0.004)
	(0.004)
	(0.004)
	(0.004)

	live with children under age 15
	
	0.011*
	0.009
	0.011*
	0.009
	0.009

	
	
	(0.005)
	(0.005)
	(0.005)
	(0.005)
	(0.005)

	Female living with children under 15
	
	-0.005
	-0.003
	-0.005
	-0.003
	-0.003

	
	
	(0.005)
	(0.006)
	(0.005)
	(0.006)
	(0.006)

	female
	
	0.035**
	0.034**
	0.035**
	0.034**
	0.034**

	
	
	(0.005)
	(0.005)
	(0.005)
	(0.005)
	(0.005)

	Bottom income quintile (relative to top-fifth)
	
	0.080**
	0.083**
	0.080**
	0.083**
	0.083**

	
	
	(0.008)
	(0.009)
	(0.008)
	(0.009)
	(0.009)

	Second income quintile (relative to top-fifth)
	
	0.058**
	0.060**
	0.058**
	0.060**
	0.060**

	
	
	(0.007)
	(0.007)
	(0.007)
	(0.007)
	(0.007)

	Third income quintile (relative to top-fifth)
	
	0.040**
	0.043**
	0.040**
	0.043**
	0.043**

	
	
	(0.006)
	(0.006)
	(0.006)
	(0.006)
	(0.006)

	Fourth income quintile (relative to top-fifth)
	
	0.018**
	0.019**
	0.018**
	0.019**
	0.019**

	
	
	(0.005)
	(0.005)
	(0.005)
	(0.005)
	(0.005)

	Constant
	0.429**
	0.332**
	0.352**
	0.334**
	0.354**
	0.398**

	
	(0.012)
	(0.018)
	(0.055)
	(0.018)
	(0.054)
	(0.055)

	Random effect: County-level variance
	-2.275**
	-2.268**
	-2.285**
	-2.262**
	-2.282**
	-2.272**

	
	(0.068)
	(0.069)
	(0.071)
	(0.068)
	(0.070)
	(0.069)

	Random effect: Month-level variance
	-3.101**
	-3.106**
	-3.122**
	-3.108**
	-3.123**
	-3.141**

	
	(0.067)
	(0.072)
	(0.078)
	(0.072)
	(0.078)
	(0.082)

	Residual variance
	-0.731**
	-0.739**
	-0.738**
	-0.739**
	-0.738**
	-0.738**

	
	(0.004)
	(0.004)
	(0.004)
	(0.004)
	(0.004)
	(0.004)

	Log likelihood
	-203524.1692
	-181311.2957
	-165046.7348
	-181311.426
	-165046.7716
	-165044.1959

	Sample Size
	295663
	266696
	242314
	266696
	242314
	242314

	Standard errors in parentheses, robust to time period and country. ** p<0.01, * p<0.05. Google mobility trends refer to visits to places like restaurants, cafes, shopping centers, theme parks, museums, libraries, and movie theaters relative to pre-pandemic patterns.




	Supplemental Table 7. Multilevel model regressing temporary job loss on country-level restrictions on economic activity and individual-level predictors

	
	Temporary job loss

	Country-level variables
	
	
	
	
	
	

	Stringency index--cumulative-to-date (standardized)
	0.189**
	0.165**
	0.191**
	0.163**
	0.188**
	

	
	(0.039)
	(0.036)
	(0.035)
	(0.036)
	(0.036)
	

	Economic support index--cumulative-to-date (standardized)
	-0.064*
	-0.072**
	-0.079**
	-0.073**
	-0.083**
	-0.077**

	
	(0.026)
	(0.024)
	(0.024)
	(0.023)
	(0.023)
	(0.021)

	Officially reported COVID-19 deaths per capita
	-0.001
	-0.000
	-0.001
	
	
	

	
	(0.001)
	(0.001)
	(0.001)
	
	
	

	Visits to restaurants and related establishments
	
	
	0.005*
	
	0.004*
	0.004*

	
	
	
	(0.002)
	
	(0.002)
	(0.002)

	Estimated actual COVID-19 deaths per capita
	
	
	
	-0.000
	-0.000
	-0.000

	
	
	
	
	(0.000)
	(0.000)
	(0.000)

	1st quintile of stringency (ref=5th)
	
	
	
	
	
	-0.160**

	
	
	
	
	
	
	(0.024)

	2nd quintile of stringency (ref=5th)
	
	
	
	
	
	-0.145**

	
	
	
	
	
	
	(0.022)

	3rd quintile of stringency (ref=5th)
	
	
	
	
	
	-0.088**

	
	
	
	
	
	
	(0.019)

	4th quintile of stringency (ref=5th)
	
	
	
	
	
	-0.059**

	
	
	
	
	
	
	(0.014)

	Individual level variables
	
	
	
	
	
	

	not in labor force
	
	-0.153**
	-0.154**
	-0.153**
	-0.154**
	-0.154**

	
	
	(0.009)
	(0.010)
	(0.009)
	(0.010)
	(0.010)

	City (relative to rural)
	
	0.052**
	0.044**
	0.052**
	0.044**
	0.044**

	
	
	(0.007)
	(0.006)
	(0.007)
	(0.006)
	(0.006)

	Suburb (relative to rural)
	
	0.043**
	0.037**
	0.043**
	0.037**
	0.037**

	
	
	(0.008)
	(0.008)
	(0.008)
	(0.008)
	(0.008)

	Town (relative to rural)
	
	0.030**
	0.028**
	0.030**
	0.028**
	0.028**

	
	
	(0.005)
	(0.005)
	(0.005)
	(0.005)
	(0.005)

	born outside of country
	
	0.043**
	0.041**
	0.043**
	0.041**
	0.041**

	
	
	(0.008)
	(0.008)
	(0.008)
	(0.008)
	(0.008)

	Elementary education (relative to tertiary)
	
	0.046**
	0.051**
	0.046**
	0.051**
	0.051**

	
	
	(0.009)
	(0.009)
	(0.009)
	(0.009)
	(0.009)

	Secondary education (relative to tertiary)
	
	0.052**
	0.052**
	0.052**
	0.052**
	0.052**

	
	
	(0.007)
	(0.007)
	(0.007)
	(0.007)
	(0.007)

	age 15-19
	
	0.003
	-0.005
	0.003
	-0.005
	-0.005

	
	
	(0.019)
	(0.019)
	(0.019)
	(0.019)
	(0.019)

	age 20-29
	
	0.089**
	0.086**
	0.089**
	0.086**
	0.086**

	
	
	(0.017)
	(0.018)
	(0.017)
	(0.018)
	(0.018)

	age 30-39
	
	0.106**
	0.105**
	0.106**
	0.105**
	0.105**

	
	
	(0.016)
	(0.017)
	(0.016)
	(0.017)
	(0.017)

	age 40-49
	
	0.094**
	0.097**
	0.094**
	0.097**
	0.097**

	
	
	(0.016)
	(0.016)
	(0.016)
	(0.016)
	(0.016)

	age 50-64
	
	0.064**
	0.067**
	0.064**
	0.067**
	0.067**

	
	
	(0.016)
	(0.016)
	(0.016)
	(0.016)
	(0.016)

	age 65-79
	
	-0.014
	-0.008
	-0.014
	-0.008
	-0.008

	
	
	(0.016)
	(0.016)
	(0.016)
	(0.016)
	(0.016)

	married or with domestic partner
	
	-0.021**
	-0.023**
	-0.021**
	-0.023**
	-0.023**

	
	
	(0.004)
	(0.004)
	(0.004)
	(0.004)
	(0.004)

	live with children under age 15
	
	0.016**
	0.015**
	0.016**
	0.015**
	0.015**

	
	
	(0.005)
	(0.005)
	(0.005)
	(0.005)
	(0.005)

	Female living with children under 15
	
	-0.005
	-0.008
	-0.005
	-0.008
	-0.008

	
	
	(0.008)
	(0.008)
	(0.008)
	(0.008)
	(0.008)

	female
	
	-0.011*
	-0.009
	-0.011*
	-0.009
	-0.009

	
	
	(0.005)
	(0.006)
	(0.005)
	(0.006)
	(0.006)

	Bottom income quintile (relative to top-fifth)
	
	0.102**
	0.106**
	0.102**
	0.106**
	0.106**

	
	
	(0.009)
	(0.009)
	(0.009)
	(0.009)
	(0.009)

	Second income quintile (relative to top-fifth)
	
	0.088**
	0.092**
	0.088**
	0.092**
	0.092**

	
	
	(0.007)
	(0.007)
	(0.007)
	(0.007)
	(0.007)

	Third income quintile (relative to top-fifth)
	
	0.073**
	0.079**
	0.073**
	0.079**
	0.079**

	
	
	(0.007)
	(0.007)
	(0.007)
	(0.007)
	(0.007)

	Fourth income quintile (relative to top-fifth)
	
	0.043**
	0.046**
	0.043**
	0.046**
	0.046**

	
	
	(0.005)
	(0.005)
	(0.005)
	(0.005)
	(0.005)

	Constant
	0.497**
	0.319**
	0.438**
	0.318**
	0.431**
	0.501**

	
	(0.013)
	(0.023)
	(0.060)
	(0.023)
	(0.059)
	(0.054)

	Random effect: County-level variance
	-1.974**
	-2.035**
	-2.065**
	-2.032**
	-2.060**
	-2.044**

	
	(0.078)
	(0.078)
	(0.085)
	(0.077)
	(0.085)
	(0.089)

	Random effect: Month-level variance
	-3.205**
	-3.246**
	-3.252**
	-3.247**
	-3.254**
	-3.262**

	
	(0.086)
	(0.083)
	(0.089)
	(0.083)
	(0.089)
	(0.094)

	Residual variance
	-0.754**
	-0.772**
	-0.776**
	-0.772**
	-0.776**
	-0.776**

	
	(0.007)
	(0.007)
	(0.008)
	(0.007)
	(0.008)
	(0.008)

	Log likelihood
	-158392.0183
	-139052.0595
	-125920.6018
	-139052.1119
	-125920.8711
	-125921.8483

	Sample Size
	246730
	223091
	202716
	223091
	202716
	202716

	Standard errors in parentheses, robust to time period and country. ** p<0.01, * p<0.05. Google mobility trends refer to visits to places like restaurants, cafes, shopping centers, theme parks, museums, libraries, and movie theaters relative to pre-pandemic patterns.




	Supplemental Table 8. Multilevel model regressing loss of hours on country-level restrictions on economic activity and individual-level predictors

	
	Loss of hours

	Country-level variables
	
	
	
	
	
	

	Stringency index--cumulative-to-date (standardized)
	0.155**
	0.133**
	0.162**
	0.127**
	0.157**
	

	
	(0.034)
	(0.031)
	(0.032)
	(0.032)
	(0.033)
	

	Economic support index--cumulative-to-date (standardized)
	-0.050*
	-0.058**
	-0.070**
	-0.063**
	-0.076**
	-0.072**

	
	(0.022)
	(0.020)
	(0.021)
	(0.020)
	(0.020)
	(0.019)

	Officially reported COVID-19 deaths per capita
	-0.001
	-0.001
	-0.001*
	
	
	

	
	(0.001)
	(0.001)
	(0.001)
	
	
	

	Visits to restaurants and related establishments
	
	
	0.003
	
	0.003
	0.002

	
	
	
	(0.002)
	
	(0.002)
	(0.002)

	Estimated actual COVID-19 deaths per capita
	
	
	
	-0.000
	-0.001
	-0.000

	
	
	
	
	(0.000)
	(0.000)
	(0.000)

	1st quintile of stringency (ref=5th)
	
	
	
	
	
	-0.140**

	
	
	
	
	
	
	(0.025)

	2nd quintile of stringency (ref=5th)
	
	
	
	
	
	-0.139**

	
	
	
	
	
	
	(0.022)

	3rd quintile of stringency (ref=5th)
	
	
	
	
	
	-0.095**

	
	
	
	
	
	
	(0.017)

	4th quintile of stringency (ref=5th)
	
	
	
	
	
	-0.061**

	
	
	
	
	
	
	(0.013)

	Individual level variables
	
	
	
	
	
	

	not in labor force
	
	-0.203**
	-0.205**
	-0.203**
	-0.205**
	-0.205**

	
	
	(0.008)
	(0.008)
	(0.008)
	(0.008)
	(0.008)

	City (relative to rural)
	
	0.038**
	0.035**
	0.039**
	0.035**
	0.035**

	
	
	(0.007)
	(0.007)
	(0.007)
	(0.007)
	(0.007)

	Suburb (relative to rural)
	
	0.034**
	0.030**
	0.034**
	0.030**
	0.030**

	
	
	(0.007)
	(0.007)
	(0.007)
	(0.007)
	(0.007)

	Town (relative to rural)
	
	0.024**
	0.023**
	0.024**
	0.023**
	0.023**

	
	
	(0.005)
	(0.005)
	(0.005)
	(0.005)
	(0.005)

	born outside of country
	
	0.046**
	0.045**
	0.046**
	0.045**
	0.045**

	
	
	(0.009)
	(0.009)
	(0.009)
	(0.009)
	(0.009)

	Elementary education (relative to tertiary)
	
	0.019*
	0.023**
	0.019*
	0.023**
	0.023**

	
	
	(0.008)
	(0.008)
	(0.008)
	(0.008)
	(0.008)

	Secondary education (relative to tertiary)
	
	0.025**
	0.026**
	0.025**
	0.026**
	0.026**

	
	
	(0.006)
	(0.006)
	(0.006)
	(0.006)
	(0.006)

	age 15-19
	
	-0.002
	-0.008
	-0.002
	-0.008
	-0.008

	
	
	(0.018)
	(0.019)
	(0.018)
	(0.019)
	(0.019)

	age 20-29
	
	0.071**
	0.066**
	0.071**
	0.066**
	0.066**

	
	
	(0.017)
	(0.017)
	(0.017)
	(0.017)
	(0.017)

	age 30-39
	
	0.101**
	0.101**
	0.101**
	0.101**
	0.101**

	
	
	(0.015)
	(0.015)
	(0.015)
	(0.015)
	(0.015)

	age 40-49
	
	0.096**
	0.097**
	0.096**
	0.097**
	0.097**

	
	
	(0.015)
	(0.015)
	(0.015)
	(0.015)
	(0.015)

	age 50-64
	
	0.070**
	0.072**
	0.070**
	0.072**
	0.072**

	
	
	(0.015)
	(0.016)
	(0.015)
	(0.016)
	(0.016)

	age 65-79
	
	-0.010
	-0.006
	-0.010
	-0.006
	-0.006

	
	
	(0.016)
	(0.016)
	(0.016)
	(0.016)
	(0.016)

	married or with domestic partner
	
	-0.007
	-0.011*
	-0.007
	-0.011*
	-0.011*

	
	
	(0.004)
	(0.004)
	(0.004)
	(0.004)
	(0.004)

	live with children under age 15
	
	0.020**
	0.019**
	0.020**
	0.019**
	0.019**

	
	
	(0.004)
	(0.005)
	(0.004)
	(0.005)
	(0.005)

	Female living with children under 15
	
	-0.012
	-0.010
	-0.012
	-0.010
	-0.010

	
	
	(0.007)
	(0.007)
	(0.007)
	(0.007)
	(0.007)

	female
	
	-0.025**
	-0.025**
	-0.025**
	-0.025**
	-0.025**

	
	
	(0.006)
	(0.006)
	(0.006)
	(0.006)
	(0.006)

	Bottom income quintile (relative to top-fifth)
	
	0.058**
	0.063**
	0.058**
	0.063**
	0.063**

	
	
	(0.008)
	(0.008)
	(0.008)
	(0.008)
	(0.008)

	Second income quintile (relative to top-fifth)
	
	0.054**
	0.059**
	0.054**
	0.059**
	0.059**

	
	
	(0.006)
	(0.006)
	(0.006)
	(0.006)
	(0.006)

	Third income quintile (relative to top-fifth)
	
	0.044**
	0.048**
	0.044**
	0.048**
	0.048**

	
	
	(0.005)
	(0.005)
	(0.005)
	(0.005)
	(0.005)

	Fourth income quintile (relative to top-fifth)
	
	0.032**
	0.034**
	0.032**
	0.034**
	0.034**

	
	
	(0.005)
	(0.005)
	(0.005)
	(0.005)
	(0.005)

	Constant
	0.503**
	0.395**
	0.472**
	0.392**
	0.459**
	0.532**

	
	(0.013)
	(0.024)
	(0.055)
	(0.024)
	(0.054)
	(0.054)

	Random effect: County-level variance
	-2.101**
	-2.161**
	-2.204**
	-2.148**
	-2.187**
	-2.186**

	
	(0.067)
	(0.066)
	(0.074)
	(0.067)
	(0.077)
	(0.087)

	Random effect: Month-level variance
	-3.356**
	-3.399**
	-3.352**
	-3.405**
	-3.360**
	-3.378**

	
	(0.082)
	(0.087)
	(0.087)
	(0.087)
	(0.088)
	(0.094)

	Residual variance
	-0.738**
	-0.765**
	-0.768**
	-0.765**
	-0.768**
	-0.768**

	
	(0.005)
	(0.005)
	(0.005)
	(0.005)
	(0.005)
	(0.005)

	Log likelihood
	-158457.8211
	-137971.5091
	-124940.2356
	-137972.2093
	-124941.091
	-124939.1325

	Sample Size
	242123
	219487
	199336
	219487
	199336
	199336

	Standard errors in parentheses, robust to time period and country. ** p<0.01, * p<0.05. Google mobility trends refer to visits to places like restaurants, cafes, shopping centers, theme parks, museums, libraries, and movie theaters relative to pre-pandemic patterns.







Supplementary Text
Economic harm and changes in subjective well-being
Since we do not observe household expenditures or income, we are not able to estimate welfare impacts in terms of per capita expenditures or income, or changes in poverty that could be attributed to the pandemic-related economic contractions. One potential difficulty with measuring economic harm in terms of work stoppages or job losses has to do with the fact that such shocks could be partially or fully compensated by pandemic-related stimulus measures in ways that keep disposable incomes unchanged or may even increase them.  
To test whether our measures of harm capture welfare losses across countries, we considered several self-reported outcomes related to subjective wellbeing. We focus on four items which capture (i) changes in living standards; (ii) the level in the quality of life (Cantril 1965); (iii) emotional distress, and (iv) food insecurity. The questions are worded as follows (Supplementary Table 9).
Supplementary Table 9: Subjective wellbeing outcomes measured in Gallup World Poll
(i) “Right now, do you feel your standard of living is getting better or getting worse?” We code this as binary with 1 representing “getting worse.”
(ii) “Please imagine a ladder with steps numbered from zero at the bottom to ten at the top. Suppose we say that the top of the ladder represents the best possible life for you, and the bottom of the ladder represents the worst possible life for you.” The response options vary from 0 to 10. For ease of graphical interpretation, we code responses below 7 as implying low-life evaluation, consistent with research by Gallup that shows that a score of seven or higher on present life evaluation is required to meet the threshold for thriving.[footnoteRef:1] [1:  Gallup, “Understanding How Gallup Uses the Cantril Scale,” available https://news.gallup.com/poll/122453/understanding-gallup-uses-cantril-scale.aspx (accessed January 28, 2022).] 

(iii) “Did you experience [the following feelings] during A LOT OF THE DAY yesterday? How about worry?”
(iv) “Have there been times in the past 12 months when you did not have enough money to buy food that you or your family needed.”
Our preferred outcome measure is the change in living standards, since it explicitly measures a change in living standards and not the level. Nonetheless, the other three offer added depth and pick up on other dimensions of wellbeing. We model each outcome as a function of our economic harm measures, both individually as well as a combined harm index, which is defined as the respondent-level mean of the five items listed above after standardizing each of the items. Specifically, we estimate the following models:
 				(1)
where wellbeing is one of the four well-being measures, as reported by individual i residing in country c.  Hic is a vector of COVID-19 related harm variables, either individually, or in terms of our harm index. Unemployment status is an additional measure we use to compare to our subjective harm variables. Xic is a vector of demographics controls (age, education, income, religion, foreign born-status, gender, urbanicity, marital/partnership status, whether have children in home, and month effects). The regressions also include country fixed effects uc such that our key model parameters of interest are identified out of the within-country variation in well-being and economic harm. We are interested in whether the individual COVID-19 harm variables or the aggregate economic harm index are statistically associated with important dimensions of individual well-being and also in the relative importance of the individual dimension of economic harm for individual well-being.
We find a remarkable consistency across countries in the relationship between changes in living standards and the economic harm variables. In 111 out of 114 countries, our model found a statistically significant and positive relationship between the probability of experiencing worse living standards and economic harm, as measured with our index.[footnoteRef:2]  [2:  Mali, Congo Brazzaville, and Norway are the only three countries for which no significant relationship was found. The item on changes in living standards was not asked in Venezuela, Australia, and Ivory Coast.] 

Pooling all countries, we find statistically and economically significant associations between economic harm and all four of our self-reported measures of subjective well-being (Supplementary Figure 1). Losing a job because of COVID-19 is associated with a 14.3 percentage points increase in the probability of having a declining standard of living, which is statistically significant. The magnitude of the coefficient is comparable to being currently unemployed. Losing income because of COVID-19 has a simliar though slightly smaller effect (10.1 percentage points). Those who report being “affected a lot” from COVID-19, which includes non-economic effects, are far more likely to report declining living standards, with an effect size situated in between job loss and income loss (13.3 percentage points). Estimated effects of losing hours or experiencing temporarily layoff from COVID-19 are somewhat smaller but still statistically significant when run in independent models. 
When all of the dimensions of economic harm are included in the same model, it becomes clear that each explains additional variation in well-being, except for loss of hours which is no longer significant, conditional on other dimensions of harm. This provides additional motivation for using the harm index, since it combines a range of experiences, including work-related effects, income losses, and how people were affected more subjectively. A standard deviation in the harm index is associated with a 9.5 percentage points higher likelihood of declining living standards. 
The strong link between these experiences and lower wellbeing is similarly found using the other three well-being related outcomes: whether the respondent has a low life evalution, whether they said they experienced a lot of worry the day before the survey was taken, and whether they said there were times within the past 12 months in which they did not have enough money to buy food needed for themselves or family. In all cases, the experience of permanent job loss or income loss from COVID-19 is comparable in its estimated effect on wellbeing to that of being currently unemployed and searching for work. Temporary job loss and loss of hours have much smaller effects, and loss of hours does not add explanatory value, conditional on the other items.
The conclusions we draw from these models are that the economic harm measures used in the World Poll COVID-19 survey appear to be capturing experiences that truly reflect loss of welfare, as understood by respondents. This economic harm is reflected in increased emotional distress, perceptions of declining living standards, and lower overall quality of life.
Alternative measures of harm
We considered several alternative measures of our harm index and related measures. 
First, we ran a principal components analysis of the five items and retained one factor (eigenvalue of 2.5; the second eigenvalue was below 1.0). Our baseline index gives equal weight to all five indicators—since each contribute to subjective harm, but the factor-based method gives somewhat higher weight (25%) to temporary job loss (which has the highest loading of 0.50, as the weight is the square of the loading) and loss of hours (loading of 0.479), while giving and less weight to permanent job loss (loading of 0.455) and whether the respondent was affected a lot (8% from a loading of 0.279). Since loss of hours and temporary job loss tend to be the weakest predictors of welfare loss (see Figure 1 in main text), this method slightly reduces the index’s validity with respect to welfare. It also requires knowledge of the correlational structure. For these reasons, we prefer the simpler and easier-to-replicate index used in the main text. Most importantly, in Supplementary Table 10, we show a replication of our analysis from Table 1a in the main text (Supplementary Table 1a, column 4) using the original index (Supplementary Table 10, column 1), the first factor from the principal component (Supplementary Table 10, column 2), and an index, like the original but stripped of the subjective item on whether the respondent was harmed a lot (Supplementary Table 10, column 3). Each index is standardized to facilitate comparisons. The results are nearly identical, either 0.38 or 0.39.
We test several other permutations to how we measured harm. To do so, we run our validation models that predict welfare losses using OLS models with country fixed effects and extensive demographic controls. Specifically, we run models that predict the four measures of welfare loss (shown in Supplementary Table 8) and publish the results in the bottom panel of Supplementary Table 10.
For this analysis, we first consider whether temporary job loss should be combined with permanent job loss and created a variable equal to one if the respondent experiences either outcome. 54% did so in the global sample. When this variable is entered into a model predicting welfare loss, it is insignificant when temporary job loss and permanent job loss are included. Permanent job loss is always significant in the expected direction and temporary job loss is in three of the four models. We interpret these results as indicating that decoupling the job loss measures adds additional information relative to combining them (Panel 2, row 2).
As another alternative, we consider whether the subjective item about whether the respondent has been “affected a lot” should be included in the harm index, alongside the four more objective economic measures. Our intuition is that this item may add information as to the severity of the losses from income, hours, or job, and it could also add information along other dimensions of life. If, for example, the respondent was forced to miss valued social events, work from home, avoid friends and family, these aspects of life would be captured by whether the respondent was affected a lot but missed with the labor market-only variables. 
To test these ideas, we run two additional models. One has the harm index alongside the economic harm index. Only the harm index is predictive in the expected direction (Panel 2, row 3 of Supplementary Table 10). The next runs the economic harm index alongside a measure of whether the respondent was affected a lot. We see that those affected report lower changes in living standards, lower wellbeing, higher worry, and are more likely to have been unable to afford food (Panel 2, row 4). Taken together, the results from these two models tell us that the “affected a lot” item adds important information to welfare and is, therefore, an appropriate measure of harm from COVID-19, and it is a useful item to include in our index when testing how COVID policies predicted harm. As noted in the main text, we considered whether “affected a lot” could be considered a second factor of harm, but it failed such a test. The factor analysis retained only one factor for all five items. 


	Supplementary Table 10. Regression of welfare outcomes on various measures of harm from COVID-19

	A. Predicting harm, using various indices

	
	Standardized values of harm index, defined as mean standardized values of components
	First principal component of factor analysis of harm variables
	Standardized values of economic-related components of harm, defined as mean standardized values of components

	1. How policy relates to alternative harm measures
	
	
	

	Stringency index--cumulative-to-date (standardized)
	0.380**
	0.391**
	0.377**

	
	(0.071)
	(0.090)
	(0.071)

	B. Predicting subjective wellbeing

	
	Living standard became worse
	Life evaluation is low
	Respondent worried a lot yesterday

	1. Benchmark model
	
	
	

	Harm index
	0.156***
	0.067***
	0.129***

	
	(0.007)
	(0.006)
	(0.005)

	2. Layoff definition model
	
	
	

	Temporarily or permanently lost job
	0.017
	0.018*
	0.002

	
	(0.011)
	(0.010)
	(0.011)

	Temporarily lost job
	0.043***
	0.014
	0.043***

	
	(0.012)
	(0.010)
	(0.010)

	Permanently lost job
	0.110***
	0.037***
	0.083***

	
	(0.006)
	(0.006)
	(0.005)

	3. Harm index without affected by COVID item compared to harm index
	
	
	

	Job loss, income loss, and loss of hours
	-0.222***
	-0.091***
	-0.194***

	
	(0.019)
	(0.013)
	(0.017)

	Harm index
	0.415***
	0.175***
	0.344***

	
	(0.023)
	(0.017)
	(0.019)

	4. Use of harm index without affected by COVID item compared to affected a lot
	
	
	

	Job loss, income loss, and loss of hours
	0.112***
	0.049***
	0.083***

	
	(0.007)
	(0.006)
	(0.005)

	Affected a lot
	0.120***
	0.050***
	0.102***

	
	(0.006)
	(0.005)
	(0.005)

	Models in Panel A correspond to the main text multilevel models shown in Tables 1A and Tables 1B with the same set of controls as column 4. All models in Panel B include demographic controls and country effects. See method section for list of control variables.



Are self-reported job loss measures congruent with official employment losses?
The Gallup World Poll data records self-reported measures of job, business and income loss, which we are relying upon in this paper to estimate the welfare impacts of the COVID-19 pandemic. As with any self-reported measures, one concern with global surveys such as this one is whether workers around the world are correctly and consistently interpretating these questions when they are responding. To check the validity of these responses, we compare the data on job losses from the World Poll to data from administrative records. 
The World Poll data on layoffs for the United States are well aligned with administrative records. In the United States, 67.9 million workers filed new unemployment insurance claims from March 21, 2020 through the end of 2020, according to data from the U.S. Department of Labor. That implies 41 percent of the U.S. labor force lost their job, as defined in January 2020. The World Poll estimate for the share of working adults who lost their job temporarily in the United States is 39 percent whereas 13 percent of workers reported losing their job or business.
Conducting this sort of exercise across many countries would be challenging for several reasons. One problem is that benchmark unemployment rate data are point-in-time estimates of unemployment, whereas our survey asks about the cumulative experience, since the start of the pandemic. An even larger problem is that different statistical offices may use different classification rules. In ordinary times, the U.S. Bureau of Labor Statistics does not count workers as unemployed unless they are actively looking for work or report that they are not working because they are on furlough. During the pandemic, the agency changed the rules so that workers who were not at work temporarily because of COVID-19 were classified as unemployed. This is a subtle distinction that is not made by every statistical office but affects the interpretation of official statistics.
One additional concern is that the different policies undertaken by governments result in different subjective experiences for workers that exaggerate objective differences. For example, the United States relied heavily on the Unemployment Insurance system to provide benefits to laid off workers, whereas some OECD members provided payments to employers to avoid layoffs. If a worker in the United States is compared to a worker in France, compensation under both schemes may be similar, but the American worker will report having lost a job, whereas the French worker may not. 
The data, however, suggest that workers in countries like France correctly and consistently interpreted their partial or short-time work scheme as a temporary loss in work. In France, 31 percent of respondents reported having temporarily stopped working, whereas only 5 percent said they lost their job. In Germany, 25 percent of workers reported losing hours, but they rarely reported losing a job or experiencing a temporary work stoppage (6 percent). These results are consistent with administrative data from France and Germany’s showing that the partial activity and short-term work schemes were widely used as alternatives to unemployment (Rothwell 2020).
With those concerns noted, we calculate the change in the official unemployment rate for 52 countries using data from the World Bank between February and December 2020. We find a correlation of 0.47 with the lost job item and 0.38 with temporary layoff. Further, we find high correlations between the share of workers who lost their job and retail sales growth (-.52) in 27 countries. We conclude that the World Poll item shows greater harm in areas with larger disruptions to the labor force, as measured through official surveys.
In summary, the World Poll data seem to be broadly well-aligned with administrative records and capable of distinguishing nuances in policy efforts to reduce or alleviate unemployment. The differences in policy emphasis—between permanent or temporary layoff, reduced hours, and reduced income—provide further conceptual motivation to use the harm index, rather than relying on only one of the items.
Is higher policy stringency associated with reduced mobility?
For lockdown measures to be linked with welfare losses, the former has to be associated with reduced mobility and increased social distancing. Otherwise, we may be observing a set of measures that are in place de jure, but if the de facto compliance and enforceability of these measures are low, then the associated reductions in economic activity, and hence welfare losses, may be muted. Supplementary Figure 2 shows the clear downward-sloping relationship (r=-0.63) between the stringency index and a Google Mobility index of visits to food and entertainment places, which are described by Google, as “places like restaurants, cafes, shopping centers, theme parks, museums, libraries, and movie theaters.” As expected, higher values of the stringency index correspond to a reduction in observed mobility, on average, which is required for the analysis in the next section to be valid (see also Bargain and Aminjonov, 2020). 
[bookmark: _Ref98972508]Supplementary Figure 1: Cross country correlations between the stringency index and various outcomes: COVID-19 deaths per capita, Google mobility index of visits to retail and restaurants, self-reported social contact, and trend in flu cases 
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For additional context, we report the correlation between stringency and deaths per capita, self-reported social contact, and growth in flu cases. We find a small positive slope between stringency and deaths per capita (0.32), meaning stringency was associated with more deaths, likely because areas experiencing greater harm imposed tighter restrictions. Stringency is weakly and negatively correlated with self-reported social contact (-.16) and moderately and negatively correlated with a drop in flu cases (-.50) relative to pre-pandemic norms.
Taken alone or together, these results show that the imposed restrictions on mobility and economic activity coincided with observed reductions in the level of physical mobility of the population and are consistent with other outcomes suggesting a reduction in social contact. This allows us to more confidently interpret the relationship between the degree of economic stringency measures and the economic harm measures in the World Poll. 
Stringency measures and economic harm in the U.S. 
[bookmark: _Hlk127187114]We replicate the main features of our analysis within the United States, using variation in state economic harm, mitigation policies, and COVID deaths. Given data limitations, we rely only on state-level data, so we run OLS models instead of multilevel models. An advantage of this replication is that it is unlikely that the same country-level unobservable variables will bias both our main model and also our within-country state-level results. This also allows us to introduce a potentially exogenous source of variation in COVID policies: pre-pandemic party strength at the state level. As is well documented, the two dominant U.S. political parties were far apart in their policy preferences and behaviors, reflecting both constituent preferences and party leadership, and these effects are independent of the measured disease burden (Canes-Wrone, Rothwell, and Makridis 2022). 
To measure harm at the state level, we use items from the Census Household Pulse Survey, using data from June 2020 to January 2021.[footnoteRef:3] The relevant item reads: “Have you, or has anyone in your household experienced a loss of employment income in the last 4 weeks?” Recall that in our heuristic model of welfare impacts of COVID-19, these depend on the degree of restrictions to mobility, as well as the ability to undertake work remotely, and the capacity of the government to deploy mitigating measures to counteract the welfare impacts of COVID-19.  [3:  Specifically, we aggregate responses from weeks 4, 8, 12, 16, 20, 22, https://www.census.gov/programs-surveys/household-pulse-survey/data.html
  ] 


To measure the degree of the stringency of economic restrictions, we employ the same stringency index as before, which is available in the United States at the level of states. Since we are only focusing on one country, we are able to capture more precisely the ability of workers to undertake work remotely at the level of households, which links it directly to the self-reported economic harm. In particular, we employ the following item: “Working from home is sometimes referred to as telework. In the past 7 days, have any adults in this household teleworked?” Finally, since the Oxford index of economic support we employed in cross-country regressions is not available on the state-by-state level, we use the state-level median household income to capture the fact that better-off jurisdictions will have a greater fiscal capacity to provide economic support (World Bank, 2022). We control for the log of COVID-19 deaths per 100K and for state-level Gini index of inequality. 

Across U.S. states, adults living under governments that adopted more stringent COVID-19 suppression measures experienced a higher risk of employment income loss. As with our global data, a one standard deviation increase in the stringency index predicts a 3-percentage point increase in the share who lost income because of COVID (Supplementary Table 11). The mean share reporting lost income is 0.46 (46%) with a standard deviation of 0.05. Thus, our estimator implies an effect of 0.6 standard deviations of job loss for a standard deviation in stringency. This is roughly twice as large as our global estimate (0.32 standard deviations of job loss per std dev of stringency). 

The capacity of household members to work from home is strongly related to less economic harm, as expected in our model. Unfortunately, this variable was not available in the global database at the individual or time-varying country-level. 

As a further robustness check, we take advantage of the fact that using U.S. state data allows us to introduce a potentially exogenous source of variation in state stringency policies that are uncorrelated with the actual disease burden. We can exploit variation in the pre-pandemic political orientation of the state, by compiling data on whether the governor and state legislator are controlled by the Republican Party or the Democratic Party from the National Conference of State Legislatures and the percent of votes going to Donald Trump in the 2016 presidential election. We create a GOP (Republican Party) index that is the mean of each of those three values after standardization. The identifying assumption is that this index strongly predict stringency, which we confirm, but only affects short-term economic outcomes through its effect on stringency. Substantial partisan-induced policy differences between states may affect economic performance in the long-run, but they should not matter to short-run performance except through their effect on COVID-19 restrictions. Moreover, respondents were asked to attribute their income loss to COVID. Those who lost income for non-COVID reasons—the relocation of a factory, market competition, etc—would be expected to say no.  Two-stage least squares estimates presented in column (5) similarly confirm a positive (and even stronger) relationship between the economic stringency measures and the incidence of lost incomes. 

Supplementary Table 11: Restriction to economic activity and lost incomes in the US, state-level analysis
	 Dep. Var.: Lost income
	(1)
	(2)
	(3)
	(4)
	(5)

	 
	 
	 
	 
	 
	 

	Stringency index (standardized)
	0.03***
	0.03***
	0.03***
	0.02***
	0.06***

	
	(0.01)
	(0.01)
	(0.01)
	(0.01)
	(0.02)

	Percent of households with teleworker via US Census
	-0.12
	-0.30**
	-0.32**
	-0.42***
	-0.46***

	
	(0.08)
	(0.14)
	(0.14)
	(0.15)
	(0.17)

	ln of median household income
	
	0.10
	0.11*
	0.16**
	0.12

	
	
	(0.06)
	(0.06)
	(0.07)
	(0.08)

	Log of COVID deaths per capita
	
	
	0.01
	-0.00
	0.02

	
	
	
	(0.01)
	(0.01)
	(0.02)

	Gini coefficient
	
	
	
	0.76*
	-0.10

	
	
	
	
	(0.45)
	(0.62)

	Constant
	0.50***
	-0.56
	-0.75
	-1.53*
	-0.80

	
	(0.03)
	(0.65)
	(0.67)
	(0.81)
	(0.95)

	
	
	
	
	
	

	Observations
	51
	51
	51
	51
	51

	Adjusted R-squared
	0.24
	0.26
	0.27
	0.29
	0.01

	Notes: OLS regressions in (1)-(4). 2SLS estimates in (5). Standard errors in parentheses. Significance levels: *** p<0.01, ** p<0.05, * p<0.1.
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