Discriminate the response of Acute Myeloid Leukemia
patients to treatment by using Proteomics Data and Answer
Set Programming

Lokmane Chebouba, Bertrand Miannay, Dalila Boughaci and Carito Guziolowski

Additional file 3 :
9 challenge

A comparison between our method and the winners of the DREAM

We applied 2 feature selection methods (one supervised and other
unsupervised) in order to filter the original set of proteins
(231) to a more meaningful set, as proposed. This protein subset
will be given then to the ASP feature-patient selection method.
The first method used a Cytoscape plugin called CytoNCA [1] to
rank the top 70% of features using the betweenness centrality, the
other one used a Principal Component attribute selector with WEKA
[2,3]. Then we applied our ASP feature-patient selection method.
We obtained a number of pairs of patients which was lower than 26
in both techniques as shown in the table below.

Feature selection number of features number of pairs of
method selected patients
Best 70 % features 69 21
Principal component 58 21

Having a low number of patients that can be distinguished among
both, CR and PR, response classes using the proteomic, implies
that the size of the Boolean networks distinguishing these patient
sets will be small and with less power to differentiate the CR and
PR mechanisms. We maintain that adding the Prior Knowledge
Networks with the protein-patient ASP implemented selection allow
us to restrict the original protein domain to 10 proteins, for
which the number of patients distinguishing both classes 1is
maximized (26). This number is impossible to obtain when the
domain of proteins is reduced a priori with the feature selection
methods studied.
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