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	[bookmark: tbl-1]Supplementary Table 1: R packages used for analysis
	Package
	Version
	Citation

	base
	4.3.1
	1

	beepr
	1.3
	2

	broomExtra
	5.0.0
	3

	classInt
	0.4.10
	4

	docxtractr
	0.6.5
	5

	DT
	0.30
	6

	easystats
	0.6.0
	7

	flexdashboard
	0.6.2
	8

	flextable
	0.9.4
	9

	foreign
	0.8.85
	10

	formattable
	0.2.1
	11

	ggdist
	3.3.0
	12

	gghalves
	0.1.4
	13

	ggmice
	0.1.0
	14

	ggpackets
	0.2.1
	15

	ggplotify
	0.1.2
	16

	ggpubr
	0.6.0
	17

	ggtext
	0.1.2
	18

	gridExtra
	2.3
	19

	gt
	0.10.0
	20

	gtsummary
	1.7.2
	21

	here
	1.0.1
	22

	janitor
	2.2.0
	23

	jomo
	2.7.6
	24

	kableExtra
	1.3.4
	25

	knitr
	1.45
	26

	labelled
	2.12.0
	27

	lattice
	0.22.5
	28

	lme4
	1.1.35
	29

	lmerTest
	3.1.3
	30

	mice
	3.16.0
	31

	mitml
	0.4.5
	32

	mitools
	2.4
	33

	naniar
	1.0.0
	34

	officer
	0.6.3
	35

	pacman
	0.5.1
	36

	pan
	1.9
	37

	RColorBrewer
	1.1.3
	38

	renv
	1.0.3
	39

	rmarkdown
	2.25
	40

	rsconnect
	1.1.1
	41

	rvg
	0.3.3
	42

	rworldmap
	1.3.8
	43

	shiny
	1.7.5.1
	44

	tidyverse
	2.0.0
	45

	writexl
	1.4.2
	46
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	[bookmark: tbl-2]Supplementary Table 2: Variables included in IPD-MA
	Variables
	Coding/Units
	Harmonization required
	N of participants
	N of studies
	IPD source

	Age
	Years
	No
	10214
	20
	47–66

	BMI
	Kg/sq.m
	No
	10050
	16
	47–62

	Sex
	0=males/ 1=females
	Yes
	10214
	20
	47–66

	Smoking
	0=Nonsmoker/1=Former smoker/2=Current smoker
	Yes
	8999
	14
	47–49,52,53,55–58,60,61,63,64

	Diabetes
	0=No/ 1=Yes
	Yes
	6626
	14
	48,51,53,55–61,63–66

	Hypertension
	0=No/ 1=Yes
	Yes
	5206
	13
	51–53,55–61,64–66

	CKD
	0=No/ 1=Yes
	Yes
	5083
	8
	47,48,50,52,53,61,65

	Iron
	µM
	Yes
	3572
	16
	47–52,54–59,61,62,64,65

	Ferritin
	ng/mL
	Yes
	8407
	17
	47–62,65

	Transferrin
	mg/dL
	Yes
	3735
	10
	49,51,53,54,56–59,64,65

	TSAT
	%
	No
	5107
	9
	47–49,52–55,59,61

	Creatinine
	mg/dL
	Yes
	7049
	10
	47,50,52–55,60–62

	Triacylglycerols
	mg/dL
	Yes
	9692
	17
	47–63

	HDLc
	mg/dL
	Yes
	9423
	16
	47–60,62,63

	LDLc
	mg/dL
	Yes
	9325
	16
	47–60,62,63

	CRP
	µg/dL
	Yes
	4704
	11
	50,52,54–61,63

	Hemoglobin
	g/dL
	No
	6612
	13
	47,51–54,56–63

	SBP
	mm Hg
	No
	9886
	15
	47–51,53–58,60,61,63

	DBP
	mm Hg
	No
	9886
	15
	47–51,53–58,60,61,63

	Thalassemia
	0=No/ 1=Yes
	Yes
	131
	3
	63,66,67

	Hemochromatosis
	0=No/ 1=Yes
	Yes
	1276
	2
	48,49
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	[bookmark: tbl-5]Supplementary Table 4: Methodological differences in CC-IMT measurement
	Parameter
	Methodological details
	References

	Distance proximal to the bifurcation where measurement was taken
	1 cm
	48,50–52,55–59,61,66,67

	
	2 cm
	49

	
	2-3 cm
	47

	
	Not specified
	53,60,63–65

	Number of measurements taken for calculation of mean CC-IMT
	6 measurements
	62,63

	
	4 measurements
	51

	
	5 measurements
	54

	
	3 measurements
	60

	
	Whole circumference
	50

	
	Not specified
	47–49,52,53,55–59,61,64–67

	Frequency of transducer probe used
	12 MHz
	54

	
	7.5 MHz
	50

	
	5-12 MHz
	63

	
	Not specified
	47–49,51–53,55–62,64–67







[bookmark: supplementary-table-8]4. Supplementary Table 8: Comparison of baseline characteristics between the Training and Test subsets used for Machine Learning
	Characteristic
	Test subset
 N = 1,4361
	Training subset
 N = 4,3041
	p-value2

	CC-IMT
	0.73 (0.59, 0.84)
	0.72 (0.59, 0.84)
	>0.9

	Iron
	17.0 (13.3, 21.0)
	17.2 (14.0, 21.0)
	0.093

	Ferritin
	127 (67, 235)
	130 (66, 232)
	0.8

	Transferrin
	230 (199, 264)
	232 (199, 263)
	0.7

	TSAT
	28 (21, 35)
	28 (22, 35)
	0.8

	Ag
	57 (45, 65)
	57 (45, 65)
	0.6

	Creatinine
	1.06 (0.85, 1.85)
	1.05 (0.86, 1.90)
	0.6

	HDLc
	50 (41, 61)
	49 (41, 60)
	0.5

	LDLc
	115 (91, 142)
	116 (92, 145)
	0.3

	Triacylglycerols
	122 (87, 181)
	127 (89, 181)
	0.2

	BMI
	26.8 (24.2, 29.8)
	26.9 (24.3, 30.0)
	0.2

	CRP
	4.00 (1.32, 4.00)
	4.00 (1.60, 4.00)
	0.6

	Hb
	13.20 (12.10, 14.50)
	13.20 (12.00, 14.50)
	0.4

	SBP
	132 (120, 145)
	132 (120, 145)
	0.8

	DBP
	80 (73, 88)
	80 (73, 87)
	0.8

	Females
	542 (38%)
	1,625 (38%)
	>0.9

	Diabetes
	220 (18%)
	697 (19%)
	0.5

	Hypertension
	705 (67%)
	2,108 (67%)
	0.9

	Former Smokers
	371 (27%)
	1,156 (28%)
	0.6

	Active Smokers
	255 (19%)
	758 (19%)
	0.8

	1Median (Q1, Q3); n (%)

	2Wilcoxon rank sum test; Pearson's Chi-squared test
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Supplementary Table 9: Regression output Ferritin vs CC-IMT in adults
	[bookmark: supplementary-table-10]Parameter
	Coefficient
	Standard Error
	95% CI
	T.Value
	p-value

	
	
	
	Low
	High
	
	

	Intercept
	0.675
	0.043
	0.589
	0.760
	15.513
	<0.001

	Ferritin (ng/mL)

	<66.4 
	0.009
	0.014
	-0.019
	0.036
	0.602
	0.547

	66.4-130.5
	-0.002
	0.022
	-0.046
	0.041
	-0.109
	0.913

	130.6-232.9
	0.080
	0.040
	0.002
	0.158
	1.999
	0.046

	>233
	0.158
	0.059
	0.041
	0.274
	2.653
	0.008

	Sex:F (ref=M)
	-0.072
	0.018
	-0.107
	-0.037
	-4.032
	<0.001

	Ferritin (ng/mL): Females

	<66.4 
	0.039
	0.019
	0.002
	0.077
	2.082
	0.037

	66.4-130.5
	0.048
	0.041
	-0.033
	0.130
	1.171
	0.242

	130.6-232.9
	0.048
	0.064
	-0.077
	0.174
	0.755
	0.450

	>233
	-0.053
	0.121
	-0.290
	0.185
	-0.433
	0.665

	We fitted a linear mixed model (estimated using REML and nloptwrap optimizer) to predict CC-IMT with ferritin and sex (formula: imt ~ 1 + ns(ferritin, df = 4) * sex). The model included study as random effect (formula: ~1 | study). CI = Confidence Interval



Supplementary Table 10: Regression output Transferrin vs CC-IMT in adults
	Parameter
	Coefficient
	Standard Error
	95% CI
	T.Value
	p-value

	
	
	
	Low
	High
	
	

	Intercept
	0.663
	0.087
	0.492
	0.833
	7.616
	<0.001

	Transferrin (g/L)

	< 199
	0.054
	0.066
	-0.076
	0.184
	0.811
	0.417

	199-230
	0.088
	0.048
	-0.007
	0.183
	1.825
	0.068

	231-263
	0.077
	0.146
	-0.208
	0.363
	0.532
	0.595

	>263
	-0.084
	0.132
	-0.342
	0.175
	-0.635
	0.526

	Sex:F (ref=M)
	0.305
	0.185
	-0.058
	0.667
	1.647
	0.100

	Transferrin (g/L): Females

	< 199
	-0.307
	0.180
	-0.660
	0.047
	-1.702
	0.089

	199-230
	-0.213
	0.110
	-0.429
	0.003
	-1.930
	0.054

	231-263
	-0.734
	0.381
	-1.482
	0.014
	-1.923
	0.055

	>263
	-0.068
	0.176
	-0.412
	0.276
	-0.389
	0.698

	We fitted a linear mixed model (estimated using REML and nloptwrap optimizer) to predict CC-IMT with transferrin and sex (formula: imt ~ 1 + ns(transferrin, df = 4) * sex). The model included study as random effect (formula: ~1 | study). CI = Confidence Interval
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Supplementary Table 11:  Regression output TSAT vs CC-IMT in adults
	Parameter
	Coefficient
	Standard Error
	95% CI
	T.Value
	p-value

	
	
	
	Low
	High
	
	

	Intercept
	0.741
	0.049
	0.646
	0.837
	15.209
	<0.001

	TSAT (%)

	<21.8
	0.019
	0.032
	-0.043
	0.082
	0.605
	0.545

	21.8-28
	-0.057
	0.032
	-0.120
	0.006
	-1.775
	0.076

	28.1-35.1
	0.004
	0.086
	-0.165
	0.173
	0.048
	0.962

	>35.1
	-0.023
	0.114
	-0.246
	0.201
	-0.199
	0.842

	Sex:F (ref=M)
	-0.084
	0.044
	-0.171
	0.004
	-1.880
	0.060

	TSAT (%): Females

	<21.8
	0.048
	0.043
	-0.036
	0.131
	1.115
	0.265

	21.8-28
	0.045
	0.068
	-0.088
	0.178
	0.666
	0.505

	28.1-35.1
	-0.058
	0.233
	-0.514
	0.399
	-0.247
	0.805

	>35.1
	-0.241
	0.467
	-1.156
	0.674
	-0.516
	0.606

	We fitted a linear mixed model (estimated using REML and nloptwrap optimizer) to predict CC-IMT with TSAT and sex (formula: imt ~ 1 + ns(TSAT, df = 4) * sex). The model included study as random effect (formula: ~1 | study). Complete (unimputed) data was used. CI = Confidence Interval


 Supplementary Table 12:  Regression output Iron vs CC-IMT in adults
	Parameter
	Coefficient
	Standard Error
	95% CI
	T.value
	p-value

	
	
	
	Low
	High
	
	

	(Intercept)
	0.648
	0.061
	0.528
	0.769
	10.571
	<0.0001

	Iron (M)
	
	
	
	
	
	

	<8.9
	0.070
	0.044
	-0.016
	0.156
	1.601
	0.109

	8.9-12.44
	-0.025
	0.042
	-0.107
	0.056
	-0.604
	0.546

	12.45-16.33
	0.154
	0.116
	-0.074
	0.381
	1.322
	0.186

	>16.33
	0.107
	0.173
	-0.233
	0.446
	0.618
	0.537

	Sex:F (ref=M)
	0.012
	0.061
	-0.108
	0.133
	0.202
	0.840

	Iron (M): Females
	
	
	
	
	
	

	<8.9
	-0.033
	0.059
	-0.148
	0.083
	-0.552
	0.581

	8.9-12.44
	-0.018
	0.063
	-0.141
	0.104
	-0.292
	0.771

	12.45-16.33
	-0.247
	0.164
	-0.569
	0.074
	-1.507
	0.132

	>16.33
	-0.244
	0.226
	-0.686
	0.198
	-1.081
	0.280

	We fitted a linear mixed model (estimated using REML and nloptwrap optimizer) to predict CC-IMT with iron and sex (formula: imt ~ 1 + ns(iron, df = 4) * sex). The model included study as random effect (formula: ~1 | study). Complete (unimputed) data was used.
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Supplementary Table 13. Regression output Ferritin vs CC-IMT in children and adolescents
	Parameter
	Coefficient
	95% CI
	p-value

	Ferritin (ng/mL)
	
	
	

	<24
	0.01
	-0.02, 0.05
	0.46

	    24-37
	0.01
	-0.04, 0.06
	>0.65

	    38-59
	0.08
	-0.03, 0.18
	0.16

	    >59
	0.15
	-0.03, 0.33
	0.099

	Sex:F (ref=M)
	0.01
	-0.03, 0.04
	0.8

	Ferritin (ng/mL): Females
	
	
	

	<24
	-0.03
	-0.07, 0.01
	0.11

	    24-37
	0.02
	-0.05, 0.10
	0.54

	    38-59
	-0.06
	-0.19, 0.06
	0.31

	    >59
	-0.12
	-0.32, 0.08
	0.26

	We fitted a linear mixed model (estimated using REML and nloptwrap optimizer) to predict CC-IMT with ferritin and sex (formula: imt ~ 1 + ns(ferritin, df = 4) * sex). The model included study as random effect (formula: ~1 | study). CI = Confidence Interval


[bookmark: supplementary-table-14]Supplementary Table 14. Regression output TSAT vs CC-IMT in children and adolescents
	Parameter
	Coefficient
	95% CI
	p-value

	TSAT (%)
	
	
	

	<15
	0.04
	-0.02, 0.11
	0.2

	    15-19
	-0.04
	-0.12, 0.04
	0.4

	   20-26
	0.05
	-0.10, 0.21
	0.5

	    >26
	0.11
	-0.05, 0.26
	0.2

	Sex:F (ref=M)
	0.03
	-0.06, 0.12
	0.5

	TSAT (%): Females
	
	
	

	<15
	-0.04
	-0.13, 0.05
	0.4

	    15-19
	0.01
	-0.09, 0.12
	0.8

	   20-26
	-0.11
	-0.32, 0.11
	0.3

	    >26
	-0.09
	-0.27, 0.09
	0.3

	We fitted a linear model (estimated using maximum likelihood) to predict CC-IMT with TSAT and sex (formula: imt ~ 1 + ns(TSAT, df = 4) * sex). Complete (unimputed) data was used. CI = Confidence Interval


[bookmark: supplementary-table-15]Supplementary Table 15. Regression output Iron vs CC-IMT in children and adolescents
	Parameter
	Coefficient
	95% CI
	p-value

	Iron (M)
	
	
	

	<8.9
	0.001
	-0.05, 0.06
	0.8

	    8.9-12.43
	-0.04
	-0.09, 0.01
	0.13

	    12.44-16.34
	-0.08
	-0.2, 0.04
	0.21

	    >16.34
	0.01
	-0.05, 0.07
	0.73

	Sex:F (ref=M)
	-0.01
	-0.09, 0.06
	0.71

	Iron (M): Females
	
	
	

	<8.9
	0.001
	-0.08, 0.08
	>0.9

	    8.9-12.43
	0.02
	-0.06, 0.10
	0.62

	    12.44-16.34
	0.03
	-0.14, 0.21
	0.71

	    >16.34
	-0.02
	-0.12, 0.08
	0.72

	We fitted a linear mixed model (estimated using REML and nloptwrap optimizer) to predict CC-IMT with iron and sex (formula: imt ~ 1 + ns(iron, df = 4) * sex). The model included study as random effect (formula: ~1 | study). Complete (unimputed) data was used.
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Supplementary Table 16
	Parameter
	Coefficient
	95% CI
	p-value

	Transferrin (g/L)
	
	
	

	<251
	-0.02
	-0.15, 0.11
	0.8

	    251-272
	-0.01
	-0.09, 0.08
	0.9

	    273-297.75
	-0.04
	-0.31, 0.23
	0.8

	    >297.75
	-0.02
	-0.13, 0.10
	0.8

	Sex:F (ref=M)
	0.14
	-0.12, 0.41
	0.3

	Transferrin (g/L): Females
	
	
	

	<251
	-0.15
	-0.41, 0.11
	0.3

	    251-272
	-0.07
	-0.23, 0.09
	0.4

	    273-297.75
	-0.34
	-0.88, 0.19
	0.2

	    >297.75
	-0.17
	-0.35, 0.01
	0.073

	We fitted a linear model (estimated using maximum likelihood) to predict CC-IMT with transferrin and sex (formula: imt ~ 1 + ns(transferrin, df = 4) * sex). Complete (unimputed) data was used. CI = Confidence Intervalice
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	Supplementary Table 17. Multivariable regression analysis of ferritin and CC-IMT in nonsmokers (subgroup analysis)

	Parameter
	Estimate
	95% CI
	Standard Error
	Fraction of Missing Information (FMI)
	Relative Increase in Variance (RIV)
	p-value

	
	
	Low
	High
	
	
	
	

	Intercept
	0.614
	0.407
	0.821
	0.106
	0.540
	0.956
	<0.001

	Ferritin (ng/mL)

	<67.06
	0.023
	-0.165
	0.211
	0.096
	0.543
	0.966
	0.814

	67.06-131.9
	0.121
	-0.036
	0.279
	0.080
	0.625
	1.321
	0.156

	132-232.07
	0.140
	-0.294
	0.575
	0.222
	0.579
	1.103
	0.536

	>232.08
	0.090
	-0.155
	0.335
	0.125
	0.229
	0.270
	0.474

	Sex:F (ref=M)
	-0.042
	-0.288
	0.204
	0.126
	0.116
	0.124
	0.738

	Ferritin (ng/mL): Females

	<67.06
	0.009
	-0.236
	0.254
	0.125
	0.129
	0.140
	0.945

	67.06-131.9
	0.043
	-0.178
	0.264
	0.113
	0.238
	0.281
	0.704

	132-232.07
	0.244
	-0.310
	0.797
	0.282
	0.113
	0.121
	0.389

	>232.08
	0.329
	-0.202
	0.861
	0.271
	0.047
	0.048
	0.224

	Other covariates

	Age
	0.145
	0.136
	0.155
	0.005
	0.058
	0.060
	<0.001

	Diabetes (ref= No Diabetes)
	0.030
	0.013
	0.048
	0.009
	0.541
	0.958
	0.003

	Creatinine
	-0.007
	-0.019
	0.006
	0.006
	0.717
	1.952
	0.317

	HDLc
	-0.006
	-0.011
	0.000
	0.003
	0.140
	0.152
	0.036

	LDLc
	0.011
	0.006
	0.016
	0.003
	0.174
	0.194
	<0.001

	Triacylglycerols
	-0.002
	-0.006
	0.003
	0.002
	0.123
	0.132
	0.426

	BMI
	0.004
	-0.002
	0.010
	0.003
	0.029
	0.029
	0.143

	CRP
	0.009
	0.002
	0.016
	0.004
	0.660
	1.518
	0.03

	Hb
	0.012
	0.004
	0.020
	0.004
	0.505
	0.839
	0.007

	SBP
	0.014
	0.007
	0.021
	0.004
	0.172
	0.192
	<0.001

	DBP
	-0.008
	-0.015
	-0.002
	0.004
	0.148
	0.163
	0.018


	Supplementary Table 18. Multivariable regression analysis of transferrin and CC-IMT in nonsmokers (subgroup analysis)

	Parameter
	Estimate
	95% CI
	Standard Error
	Fraction of Missing Information (FMI)
	Relative Increase in Variance (RIV)
	p-value

	
	
	Low
	High
	
	
	
	

	Intercept
	0.692
	0.561
	0.823
	0.067
	0.283
	0.350
	<0.001

	Transferrin (g/L)

	< 196
	-0.055
	-0.178
	0.068
	0.063
	0.456
	0.701
	0.391

	197-231
	-0.021
	-0.107
	0.065
	0.044
	0.207
	0.238
	0.634

	232-259
	-0.121
	-0.423
	0.182
	0.154
	0.460
	0.709
	0.443

	>260
	-0.109
	-0.455
	0.237
	0.176
	0.346
	0.459
	0.541

	Sex:F (ref=M)
	0.560
	0.007
	1.113
	0.282
	0.339
	0.446
	0.054

	Transferrin (g/L): Females

	< 196
	-0.579
	-1.121
	-0.036
	0.277
	0.336
	0.440
	0.043

	197-231
	-0.345
	-0.689
	-0.002
	0.175
	0.445
	0.673
	0.06

	232-259
	-1.150
	-2.217
	-0.084
	0.544
	0.262
	0.317
	0.038

	>260
	-0.234
	-0.641
	0.172
	0.207
	0.086
	0.090
	0.259

	Other covariates

	Age
	0.146
	0.136
	0.155
	0.005
	0.031
	0.032
	<0.001

	Diabetes (ref= No Diabetes)
	0.030
	0.014
	0.048
	0.009
	0.506
	0.843
	0.002

	Creatinine
	-0.006
	-0.018
	0.006
	0.006
	0.686
	1.695
	0.349

	HDLc
	-0.005
	-0.011
	0.000
	0.003
	0.122
	0.132
	0.046

	LDLc
	0.011
	0.006
	0.016
	0.003
	0.150
	0.165
	<0.001

	Triacylglycerols
	-0.001
	-0.005
	0.004
	0.002
	0.119
	0.128
	0.709

	BMI
	0.005
	-0.001
	0.011
	0.003
	0.070
	0.072
	0.12

	CRP
	0.010
	0.004
	0.017
	0.003
	0.614
	1.264
	0.007

	Hb
	0.012
	0.004
	0.021
	0.004
	0.590
	1.151
	0.012

	SBP
	0.014
	0.007
	0.020
	0.004
	0.169
	0.188
	<0.001

	DBP
	-0.008
	-0.015
	-0.002
	0.004
	0.139
	0.151
	0.018




	Supplementary Table 19. Multivariable regression analysis of ferritin and CC-IMT in normotensive individuals (subgroup analysis)

	Parameter
	Estimate
	95% CI
	Standard Error
	Fraction of Missing Information (FMI)
	Relative Increase in Variance (RIV)
	p-value

	
	
	Low
	High
	
	
	
	

	Intercept
	0.567
	0.309
	0.824
	0.131
	0.468
	0.731
	<0.001

	Ferritin (ng/mL)

	<67.06
	0.058
	-0.180
	0.295
	0.121
	0.496
	0.812
	0.64

	67.06-131.9
	0.128
	-0.058
	0.314
	0.095
	0.260
	0.315
	0.181

	132-232.07
	0.197
	-0.352
	0.745
	0.280
	0.509
	0.851
	0.49

	>232.08
	0.006
	-0.350
	0.363
	0.182
	0.099
	0.105
	0.971

	Sex:F (ref=M)
	0.214
	-0.443
	0.871
	0.335
	0.797
	2.962
	0.543

	Ferritin (ng/mL): Females

	<67.06
	-0.238
	-0.884
	0.409
	0.330
	0.797
	2.953
	0.494

	67.06-131.9
	-0.230
	-0.775
	0.315
	0.278
	0.737
	2.144
	0.431

	132-232.07
	0.125
	-1.178
	1.428
	0.665
	0.723
	2.007
	0.855

	>232.08
	1.220
	0.373
	2.067
	0.432
	0.075
	0.079
	0.005

	Other covariates

	Age
	0.137
	0.122
	0.152
	0.008
	0.009
	0.009
	<0.001

	Diabetes (ref= No Diabetes)
	0.011
	-0.010
	0.032
	0.011
	0.241
	0.286
	0.315

	Creatinine
	-0.001
	-0.017
	0.015
	0.008
	0.578
	1.100
	0.894

	HDLc
	-0.007
	-0.016
	0.003
	0.005
	0.475
	0.751
	0.17

	LDLc
	0.006
	-0.001
	0.013
	0.004
	0.269
	0.328
	0.109

	Triacylglycerols
	0.003
	-0.003
	0.009
	0.003
	0.114
	0.122
	0.358

	BMI
	0.006
	-0.001
	0.014
	0.004
	0.006
	0.006
	0.106

	CRP
	0.013
	0.004
	0.022
	0.005
	0.600
	1.198
	0.013

	Hb
	0.005
	-0.005
	0.016
	0.005
	0.487
	0.786
	0.338

	SBP
	0.032
	0.021
	0.042
	0.005
	0.139
	0.151
	<0.001

	DBP
	-0.016
	-0.025
	-0.006
	0.005
	0.204
	0.234
	0.002



	Supplementary Table 20. Multivariable regression analysis of transferrin and CC-IMT in normotensive individuals (subgroup analysis)

	Parameter
	Estimate
	95% CI
	Standard Error
	Fraction of Missing Information (FMI)
	Relative Increase in Variance (RIV)
	p-value

	
	
	Low
	High
	
	
	
	

	Intercept
	0.628
	0.399
	0.857
	0.117
	0.443
	0.668
	<0.001

	Transferrin (g/L)

	< 196
	-0.007
	-0.244
	0.230
	0.121
	0.598
	1.185
	0.953

	197-231
	0.018
	-0.109
	0.145
	0.065
	0.147
	0.161
	0.783

	232-259
	-0.163
	-0.590
	0.264
	0.218
	0.188
	0.212
	0.456

	>260
	-0.392
	-0.941
	0.157
	0.280
	0.227
	0.265
	0.165

	Sex:F (ref=M)
	0.595
	0.183
	1.007
	0.210
	0.438
	0.654
	0.009

	Transferrin (g/L): Females

	< 196
	-0.615
	-1.027
	-0.204
	0.210
	0.464
	0.720
	0.007

	197-231
	-0.341
	-0.624
	-0.058
	0.144
	0.505
	0.838
	0.029

	232-259
	-1.232
	-2.096
	-0.369
	0.441
	0.396
	0.558
	0.009

	>260
	-0.241
	-1.051
	0.569
	0.413
	0.351
	0.469
	0.563

	Other covariates

	Age
	0.137
	0.122
	0.152
	0.008
	0.053
	0.055
	<0.001

	Diabetes (ref= No Diabetes)
	0.012
	-0.008
	0.033
	0.011
	0.213
	0.246
	0.247

	Creatinine
	-0.002
	-0.017
	0.012
	0.007
	0.500
	0.825
	0.741

	HDLc
	-0.006
	-0.016
	0.003
	0.005
	0.448
	0.679
	0.18

	LDLc
	0.007
	0.000
	0.014
	0.004
	0.231
	0.271
	0.066

	Triacylglycerols
	0.003
	-0.003
	0.010
	0.003
	0.111
	0.118
	0.29

	BMI
	0.006
	-0.002
	0.014
	0.004
	0.073
	0.076
	0.115

	CRP
	0.013
	0.004
	0.023
	0.005
	0.678
	1.639
	0.02

	Hb
	0.006
	-0.005
	0.017
	0.006
	0.492
	0.799
	0.3

	SBP
	0.032
	0.022
	0.042
	0.005
	0.147
	0.162
	<0.001

	DBP
	-0.016
	-0.025
	-0.006
	0.005
	0.154
	0.170
	0.001
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