Supplementary Table 2: Model Prediction Performance for Preterm Birth under the Definition of Alternative Therapeutic Effects
	Performance Metric
	Training Set (n=182)
	Test Set (n=76)

	AUC (95% CI)
	0.782 (0.674–0.874)
	0.789 (0.625–0.919)

	Sensitivity (95% CI)
	29.0% (16.1%–46.6%)
	8.3% (1.5%–35.4%)

	Specificity (95% CI)
	98.7% (95.3%–99.6%)
	98.4% (91.7%–99.7%)

	PPV (95% CI)
	81.8% (52.3%–94.9%)
	50.0% (9.5%–90.5%)

	NPV (95% CI)
	87.1% (81.3%–91.3%)
	85.1% (75.3%–91.5%)


Note: PPV = positive predictive value; NPV = negative predictive value; CI = confidence interval. The 95% CIs for AUC were calculated via 1000 bootstrap samples to reduce sampling bias. The 95% CIs for binary metrics (sensitivity, specificity, PPV, NPV) were calculated via Wilson score intervals, which are more reliable for small sample sizes. This analysis used the same modeling workflow as the primary definition (LASSO variable selection and logistic regression) to ensure comparability.
For sensitivity analysis, an alternative quantitative definition of curative effect was pre-specified: treatment was effective when the predelivery TBA level was reduced by ≥20% compared with the baseline TBA level, and ineffective when the reduction was <20%, stable or increased. A sensitivity analysis was performed on the entire cohort (n=258) with complete dynamic TBA data to verify the robustness of the curative effect as an independent predictor of preterm birth.
The modeling process was consistent with the primary analysis: (1) continuous variables (e.g., GA at diagnosis, AST) were standardized using StandardScaler; (2) LASSO regression (5-fold cross-validation) was used for variable selection to exclude multicollinearity; (3) logistic regression (max_iter=1000) was used for model construction; (4) core performance metrics were calculated to evaluate discriminative ability and clinical utility.
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