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	Does a man’s chest X-ray affect his pregnancy
	Infertility

	How to regulate internal heat in lung deficiency
	Traditional Chinese Medicine

	Why is the mouth crooked when speaking
	Otorhinolaryngology

	What is the matter with the child’s calf pain after a fever
	Pediatrics

	What is the matter with the heart sometimes
	Internal Medicine

	Can a calf fracture be operated on right away
	Surgical department

	Cesarean section eleven months pregnant
	Obstetrics and Gynecology

	What are the symptoms and dangers of prostatitis
	Andrology
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		Models		
	Accuracy

	TEXT–CNN	
	0.887

	LSTM
	0.813

	Bert
	0.905

	HyM
	0.935
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	Model
	Specialty
	Precision
	Recall
	F-score

	TEXT-CNN
	Infertility
	0.924
	0.941
	0.932

	
	Traditional Chinese Medicine
	0.77
	0.906
	0.833

	
	Otorhinolaryngology
	0.888
	0.85
	0.869

	
	Pediatrics
	0.875
	0.841
	0.858

	
	Internal Medicine
	0.919
	0.927
	0.923

	
	Surgical department
	0.775
	0.86
	0.815

	
	Obstetrics and Gynecology
	0.879
	0.754
	0.812

	
	Andrology
	0.94
	0.856
	0.896

	LSTM
	Infertility
	0.893
	0.889
	0.891

	
	Traditional Chinese Medicine
	0.783
	0.829
	0.805

	
	Otorhinolaryngology
	0.806
	0.783
	0.794

	
	Pediatrics
	0.814
	0.803
	0.808

	
	Internal Medicine
	0.884
	0.855
	0.869

	
	Surgical department
	0.706
	0.747
	0.726

	
	Obstetrics and Gynecology
	0.737
	0.752
	0.745

	
	Andrology
	0.894
	0.846
	0.869

	Bert
	Infertility
	0.9495
	0.9571
	0.9533

	
	Traditional Chinese Medicine
	0.9216
	0.8995
	0.9104

	
	Otorhinolaryngology
	0.9134
	0.9164
	0.9149

	
	Pediatrics
	0.8795
	0.8867
	0.8831

	
	Internal Medicine
	0.9466
	0.938
	0.9422

	
	Surgical department
	0.8582
	0.8754
	0.8667

	
	Obstetrics and Gynecology
	0.8627
	0.8517
	0.8571

	
	Andrology
	0.9069
	0.9131
	0.91

	HyM
	Infertility
	0.948
	0.973
	0.960

	
	Traditional Chinese Medicine
	0.943
	0.932
	0.937

	
	Otorhinolaryngology
	0.951
	0.940
	0.945

	
	Pediatrics
	0.899
	0.950
	0.924

	
	Internal Medicine
	0.899
	0.972
	0.934

	
	Surgical department
	0.923
	0.858
	0.903

	
	Obstetrics and Gynecology
	0.924
	0.910
	0.917

	
	Andrology
	0.965
	0.948
	0.956
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