Table S2: Overview of public datasets used in reviewed studies. Each dataset is categorized by temporal data type, modality, and its use across included studies.
	Dataset
	Type
	Data Modality (detailed)
	Used by studies

	Sleep-EDF (1)
	C-R + E
	Single-channel EEG (Fpz-Cz)
	You et al. (2), Yang et al. (3), Hazra and Byun (4), Song et al. (5), 

	Synthetic OCT–Longitudinal Dataset (6)
	C-IR
	Imaging (OCT scans – 2D grayscale); Simulated longitudinal clinical trajectories
	Deltadahl et al. (7)

	BAGLS (8)
	C-R
	High-speed laryngeal videoendoscopy; Derived Glottal Area Waveform (GAW)
	Darvish and Kist (9)

	Synthetic Alberta Health Administrative Data (10)
	E

	Coded clinical events; Temporal event sequences modeled using a knowledge graph and transition probabilities
	Mosquera et al. (11)

	PhysioNet 2017 Challenge Dataset (12)
	C-R
	Single-lead ECG signals (sampling rate: 300 Hz)
	Cao et al.(13)

	WISDM (14)
	C-R
	Accelerometer and gyroscope data from smartphone & smartwatch
	Boukhennoufa et al. (15), Alawneh et al. (16), Chang et al. (17)

	Post-Stroke Sensor Dataset (18)
	C-IR
	Wearable sensors & vision-based (camera) time-series (e.g., gait, motion)
	Boukhennoufa et al. (15)

	UCI-PAMAP2 (19)
	C-R
	Accelerometer, gyroscope, heart rate (wearables, 100 Hz)
	Wang et al. (20)

	HASC2010 corpus (21)
	C-R
	Smartphone accelerometer data (3-axis, labeled activities)
	Wang et al. (20)

	PAF Prediction Challenge Database (22)
	C-R
	Single-lead ECG signals (sampling rate: 300 Hz)
	Asadi et al. (23)

	HASC2011 corpus (24)
	C-R
	Tri-axial accelerometer signals from smartphones
	Li et al. (25)

	Catharina hospital (Eindhoven, the Netherlands)
	C-R
	Ventilator waveform data (pressure and flow signals)
	Hao et al. (26)

	Fondazione I.R.C.C.S. Policlinico San Matteo (Pavia, Italy)
	C-R
	Ventilator waveform data (pressure and flow signals)
	Hao et al. (26)

	Simulated Dataset (27)
	C-R
	Simulated Pressure Support Ventilation (PSV) Waveforms
	Hao et al. (26)

	UAE Cardiovascular Risk Cohort Dataset (28)
	E
	Administrative and clinical records
	Kuo et al. (29)

	Apnea-ECG (30) (31)
	C-R
	Single-lead ECG (100 Hz) + apnea annotations (per-minute)
	Nikolaidis et al. (32), Yang et al. (3)

	MIT-BIH (33)
	C-R
	Multichannel polysomnography: EEG, ECG, respiration, EMG, EOG, SaO₂, etc.
	Nikolaidis et al. (32), Kallidromitis et al. (34), Hazra and Byun (4), Dissanayake et al. (35), Habiba et al. (36), 

	MIT-BIH Arrythmia (37)
	C-R
	ECG signals (cardiac arrhythmia detection)
	Torfi et al. (38), Zhu et al. (39), Wulan et al. (40), Zhu et al. (41), Delaney et al. (42), Brophy (43), Li et al. (44), Li et al. (45)

	MIT-BIH Normal Sinus Rhythm Database (46)
	C-R
	Clean ECG recordings
	Habiba et al. (36)

	TREND cohort data 
	C-IR + E
	Clinical visit data over time; Longitudinal biomarker assessments; Variable visit intervals and diverse data types
	Sood et al. (47)

	Congestive Heart Failure (Heart Failure) Cohort
	E
	EHR-derived symbolic events (diagnoses, medications, procedures)
	Che et al. (48)

	Diabetes Cohort
	E
	EHR-derived symbolic events (diagnoses, medications, procedures)
	Che et al. (48)

	Hénon maps
	C-R
	Simulated 2D nonlinear dynamical system (chaotic)
	Li et al. (49)

	Lorenz-96 model
	C-R
	Simulated 3D continuous chaotic system (x, y, z trajectories)
	Li et al. (49)

	fMRI (50)
	C-R
	Simulated BOLD signal time series across multiple brain regions
	Li et al. (49), Qian et al. (204)

	EEG (51)
	C-R
	Multichannel high‑frequency neural signal time series
	Li et al. (49)

	Columbia University Irving Medical Center-New York Presbyterian Hospital EHR data (OMOP database)
	E
	Structured clinical events; Precise timestamps; Serialized as chronological token sequences
	Pang et al. (52)

	MIMIC-III (53)
	E
	Structured EHR events: diagnoses, procedures, labs, medications, vitals
	w

	MIMIC-III – Heart Failure (53)
	C-R
	ICU Time Series (Vitals, Labs, Diagnoses)
	Zhong et al. (73)

	MIMIC-IV (74)
	E
	Structured EHR events: diagnoses, procedures, labs, medications, vitals
	Sun et al. (54), Lu et al. (67), Tian et al. (75), Nikolentzos et al. (76), Hashemi et al. (77), Zhou and Barbieri (62), Tian et al. (75)

	outpatient EHR dataset
	E
	Longitudinal outpatient claims data
	Theodorou et al. (56)

	Epilepsy (78)
	C-R
	EEG signals, 1-second samples, seizure classification
	Liu et al. (58)

	HAR (79)
	C-R
	Accelerometer & gyroscope data from wearables (50 Hz)
	Liu et al. (58), Chang et al. (17)

	IMS Bearings (80)
	C-R
	Accelerometer signals (bearing fault detection)
	Kallidromitis et al. (34)

	Urban8K (81)
	C-R
	Environmental audio waveforms (urban sound classification)
	Kallidromitis et al. (34)

	UCI Epileptic Seizure Recognition dataset (82)
	E
	Structured EHR events: diagnoses, procedures, labs, medications, vitals
	Torfi and Fox (59)

	UK Biobank (83)
	E
	Diagnosis, procedure, and prescription codes with timestamps
	Choi and Kim (84)

	GATEKEEPER PROJECT Dataset (85)
	C-R; C-IR; E
	Smartphones, self-assessments, and wearables data
	Haleem et al. (86)

	visuomotor adaptation dataset (87)
	C-IR; E
	visuomotor adaptation data
	Kim et al. (88)

	Kaggle Cervical Cancer (89)
	E
	Structured Clinical Data (Survey/Screening)
	Torfi et al. (38)

	[bookmark: _Hlk201836399]UCI Epileptic Seuizure Recognition (82)
	C-R
	ECG
	Torfi et al. (38)

	[bookmark: _Hlk201836415]PTB Diagnostic ECG (90)
	C-R
	ECG
	Torfi et al. (38), Afrin et al. (91), Li et al. (45)

	Kaggle Cardiovascular Disease (92)
	E
	Structured Clinical Data (Tabular)
	Torfi et al. (38)

	PTB-XL (93)
	C-R
	ECG (12-lead)
	Alcatraz and Strodthoff (94), Yang et al. (3)

	eICU (95)
	C-R
	Vitals, Labs, Treatments, Survival Outcomes
	Yoon et al. (60), Hoorn et al. (96), Li et al. (64), Ghosheh et al. (97), Hyland et al. (98), Tian et al. (75)

	MMIDB-EEG (99)
	C-R
	EEG
	Yang et al. (3)

	CLAS (100)
	C-R
	EDA, ECG, PPG, ACC
	Yang et al. (3)

	PAMAP2 (19)
	C-R
	IMU (accelerometer, gyroscope, magnetometer, temp), HR
	Yang et al. (3)

	UCI-HAR (101)
	C-R
	Accelerometer, Gyroscope
	Yang et al. (3), Alawneh et al. (16)

	10-years of longitudinal medical records
	E
	EHR Data
	Biswal et al. (102)

	PIC (Pediatric Intensive Care) dataset (103,104)
	C-R
	Vital signs (heart rate, SpO₂, blood pressure, respiratory rate), labs, meds, fluid balance, demographics

	Eyobu and Han (105)

	EPHNOGRAM (106)
	
	ECG
	Dissanayake et al. (35)

	Data from large insurance company in the United States
	
	diagnoses, procedures, and drug prescriptions or refills) and lab test results
	Shi et al. (107)

	Toy Sine Dataset
	C-R
	EEG
	Seyfi et al. (108)

	Sine Waves (109)
	C-R
	
Synthetic (Sine signal)
	Hoorn et al. (96)

	In-patient Deterioration (Catharina Hospital) (110)
	C-IR
	Vitals, Labs, Demographics, Categorical Clinical States
	Hoorn et al. (96)

	Rat LFP Dataset (111)
	C-R
	LFP (Prefrontal Cortex, Thalamus, Hippocampus)
	Vetter et al. (112)

	AJILE12 (Human ECoG) (113)
	C-R
	ECoG
	Vetter et al. (112)

	Macaque ECoG (Awake/Anesthetized)
	C-R
	ECoG
	Vetter et al. (112)

	UT Physicians clinical database (UTP)
	E
	Structured EHR events: diagnoses, procedures, labs, medications, vitals
	Lee et al. (63)

	EuResist Integrated DataBase (EIDB) (114)
	E
	Genotype (viral sequences), Treatment regimens, Virological response outcomes
	Kuo et al. (115)

	WESAD (Wearable Stress and Affect Detection) (116)
	C-R
	ECG, EDA, EMG, RESP, TEMP, ACC (chest @700Hz); BVP (PPG), EDA, TEMP, ACC (wrist @4–64Hz)
	Lange et al. (117)

	HiRID (118)
	C-R
	High-res Vitals, Labs, Interventions (IV meds, devices), Outcomes
	Li et al. (64), Ghosheh et al. (97)

	PPMI (119)
	C-IR
	Clinical, Neurological, Demographics (PD-focused)
	Wendland et al. (120), Sood et al. (121), Gootjes-Dreesbach et al. (122)

	NACC (123)
	C-IR
	Clinical, Cognitive, Demographics (AD-focused)
	Wendland et al. (120)

	MYO (124)
	C-R
	Wearable Gait Signals (IMU), Disability Scores (EDSS)
	[bookmark: _Hlk201838039][bookmark: _Hlk201837222]Gall et al. (125)

	Double Pendelum dataset
	
	
	Linial et al. (126)

	United States Historical Climatology Network (USHCN) (127)
	C-IR
	Climate: Precipitation, Snowfall, Snow Depth, Max/Min Temperature
	Brouwer et al. (65)

	PhysioNet 2012 (128)
	C-IR
	ICU Vitals, Labs, Demographics
	Ghosheh et al. (97), Ramchandran et al. (129), Yalavarthi et al. (72)

	PhysioNet 2019 (130)
	C-IR
	ICU time series for sepsis detection (38 variables, ~40,000 samples)
	Yalavarthi et al. (72)

	PhysioNet 2015 Challenge PPG (46)
	C-R
	PPG (resampled to 100 Hz)
	Kiyasseh et al. (131)

	Air Quality (AQ) (132)
	C-R
	Air pollutants (CO, NOx, NO₂, etc.), Temperature, Humidity
	Lee et al. (133)

	Beijing PM2.5 (BPM) (134)
	C-R
	PM2.5, Weather variables (Temp, Pressure, Wind Speed, etc.)
	Lee et al. (133)

	THA Mass Cytometry Study 
	E
	Mass Cytometry (CyTOF), Clinical Metadata
	Fallahzadeh et al. (135)

	Simulated Clinical Trial Data
	C-IR
	Simulated Covariates, Longitudinal Outcomes, Event Times
	Alt et al. (136)

	VUMC EHR (PheWAS) (137)
	E
	Diagnosis Codes (PheWAS)
	Zhang et al. (138)

	All of Us EHR (139) 
	E
	Diagnosis & Procedure Codes (CCS)
	Zhang et al. (138)

	Rotated Digits (Synthetic) (140)
	C-R
	Image (MNIST), Synthetic Covariates (Rotation, Shift, Contrast, Time)
	Ramchandran et al. (141)

	Prostate Cancer Trial (Project Datasphere) (142)
	C-IR
	Lab Results, Vitals, Adverse Events, Medications, Demographics
	Ramchandran et al. (141)

	Schleswig-Holstein Lung Cancer Registry (OMOP)
	E
	Diagnoses, Procedures (OMOP CDM), Structured Temporal Rules
	Schulz et al. (143)

	Rotated MNIST (3s only)
	C-R
	Image (MNIST digit '3'), Rotation Angle, ID
	Ramchandran et al. (129)

	Health MNIST
	C-R
	Image (MNIST digits ‘3’ and ‘6’), Disease Covariates, Age, Location
	Ramchandran et al. (129)

	CAMD (CODR-AD) (144)
	C-R
	Cognitive scores (ADAS-Cog, MMSE), Labs, Vitals, Demographics, History, Questionnaires
	Fisher et al. (145)

	TriNetX (146)
	C-R
	EHR Time Series (Vitals, Labs, Diagnoses)
	Zhong et al. (73)

	UCR Archive (147)
	C-R
	Univariate Time Series (UTS)
	Wickstrøm et al. (148)

	UEA Archive (149)
	C-R
	Multivariate Time Series (MTS)
	Wickstrøm et al. (148)

	CLEAR (RCT) (150)
	C-IR
	Binary colonization status (nares, throat, skin) over time
	Poyraz and Marttinen (151)

	Real-world Dataset for mIOHMM (152)
	C-IR
	EHR-like Time Series (Disease States, Observations)
	Ceritli et al. (153)

	Synthetic mPHMM Dataset (153)
	C-R
	Simulated Disease Progression States, Personalized Effects
	Ceritli et al. (153)

	Glioblastoma Synthetic Dataset (154)
	E
	Cross-sectional Oncology Data (9 variables)
	Moazemi et al. (155)

	ADNI (156)
	C-IR
	Clinical, Imaging, Cognitive Assessments (76 vars)
	Moazemi et al. (155), Sood et al. (121)

	Vietnam HFMD PPG
	C-R
	PPG (toe, 100 Hz)
	Kiyasseh et al. (131)

	Vietnam Tetanus PPG
	C-R
	PPG (finger, 100 Hz)
	Kiyasseh et al. (131)

	China CVD PPG (157)
	C-R
	PPG (1 kHz)
	Kiyasseh et al. (131)

	Pediatric Trauma
	E
	Manually coded clinical events
	Li et al. (158)

	Sepsis Cases Event Log
	E
	EHR-derived process events (time-stamped logs)
	Li et al. (158)

	Loan Application Event Log
	E
	Business process event traces
	Li et al. (158)

	Dementia Game Interaction (PflegeTab) (159)
	C-R
	Touchscreen behavior, QoL metrics, MMST scores, Task timing
	Ashrafi et al. (160)

	Google Stocks (2004–2021) (161)
	C-R
	Daily OHLC Prices, Volume, Adjusted Close
	Yadav et al. (162)

	UniMiB-SHAR (Running vs. Jumping) (163)
	C-R
	Accelerometer (3-axis), 150 timesteps per sample
	Yadav et al. (162)

	IQVIA EPI Claims Dataset
	E
	Diagnoses (Dx), Procedures, Prescriptions (Rx)
	Yu et al. (164)

	MNIST (165)
	C‑R
	28×28‑pixel grayscale images of handwritten digits (60 k train / 10 k test)
	Hyland et al. (98)

	TWA Database (166)
	C-R
	12-lead ECG
	Afrin et al. (91)

	Kardia + Paper ECGs
	C-R
	Kardia ECG (asynchronous), Paper ECG (digitized)
	Afrin et al. (91)

	TWA Database (166)
	C-R
	12-lead ECG
	Sørensen et al. (167)

	Stress Data Base (SDB) (168)
	E
	Wrist-worn biosensors (EDA, HR, SpO₂, Temp, Acc, etc.)
	Hsieh et al. (169)

	BCI Competition IV Dataset 2a (170)
	C-R
	EEG
	Ming et al. (171)

	Quebec CHD Database
	E
	Administrative claims (ICD-9 codes, demographics, vital status)
	Song et al. (172)

	PopHR - COPD Subset
	E
	Administrative claims (ICD-9 codes, billing, hospitalization)
	Song et al. (172), Song et al. (5)

	ACTG 320 (173)
	C-R
	Clinical trial (HIV/AIDS)
	Norcliffe et al. (174)

	CUTRACT 
	C-R
	Clinical records (Prostate cancer, UK)
	Norcliffe et al. (174)

	PHEART
	C-R
	EHR (Heart failure)
	Norcliffe et al. (174)

	SEER (175)
	C-R
	Cancer registry (Prostate cancer, US)
	Norcliffe et al. (174)

	METABRIC (176)
	C-R
	Genomics + clinical (Breast cancer)
	Norcliffe et al. (174)

	Siena Scalp EEG Database (177)
	C-R
	EEG (electroencephalogram)
	Hazra and Byun (4)

	BIDMC PPG and Respiration Dataset (178)
	C-R
	PPG (photoplethysmography)
	Hazra and Byun (4)

	Synthetic Derivative (SD) and Clean SD (CSD) (179,180)
	E
	Clinical codes (ICD → PheWAS)
	Zhang et al. (181)

	Synthetic Sine Waves
	C-R
	Simulated oscillatory signals (sinusoids)
	Delaney et al. (42)

	Outpatient EHR
	E
	Visit-level ICD-10 codes, demographics, disease phenotypes
	Theodorou et al. (69)

	Breast Cancer Trial (182)
	E
	Adverse events, medications, labs, treatments, demographics
	Zhong et al. (70)

	EMR VLU Dataset
	C-IR
	Wound measurements (length, width, area), wound assessments, clinical data (BP, BMI, history), demographics
	Foomani et al. (183)

	DONALD Study Dataset (184)
	C-IR
	Nutrition intake, anthropometrics, socioeconomic factors (longitudinal)
	Kühnel et al. (185)

	LA-ERG Dataset (186)
	C-R
	Electroretinogram (ERG) waveforms under 9 flash strengths
	Kulyabin et al. (187)

	ATUS Sleep Pattern Dataset (188)
	E
	Time-use diary data (minutes asleep per hour), demographics
	Dash et al. (189)

	ART for HIV (EuResist) (190)
	C-IR
	HIV therapy data (VL, CD4, meds over 10–100 months)
	Kuo et al. (71)

	TMET (Treadmill Maximal Exercise Tests) (46,191) 
	C-IR
	Cardiorespiratory signals: HR, VO2, VCO2, RR, VE, treadmill speed, environmental metadata
	Larrea et al. (192)

	Yelp Events (193)
	E
	Check-in event times + business attributes (sequence descriptors: 1229-dim)
	Dubey et al. (194)

	Meme Events (195)
	E
	Media quote timestamps + content embeddings (sequence descriptors: Doc2Vec 100-dim)
	Dubey et al. (194)

	NY Weather
	C-R
	Hourly temp, humidity, pressure, wind (rain event prediction)
	Lee et al. (196)

	SF Weather
	C-R
	Hourly temp, humidity, pressure, wind (rain event prediction)
	Lee et al. (196)

		HS Weather



		HS Weather



		HS Weather



	Lee et al. (196)

	Finance-SP
	C-R
	Daily financial indicators (SP event prediction)
	Lee et al. (196)

	Finance-NK
	C-R
	Daily financial indicators (NK event prediction)
	Lee et al. (196)

	Mortality (MT)
	C-R
	Weekly influenza & pneumonia deaths (mortality threshold prediction)
	Lee et al. (196)

	Test-Positive (TP)
	C-R
	Weekly influenza A & B positive specimens (positivity threshold prediction)
	Lee et al. (196)

	ETT (ETTh1, ETTh2, ETTm1, ETTm2) (197)
	C-R
	Oil temperature + power loads (hourly & 15-min)
	Chang et al. (17), Arabi et al. (224), Li et al. (216), Qian et al. (204)

	Exchange (198)
	C-R
	Daily FX rates (8 countries)
	Chang et al. (17)

	Weather (199)
	C-R
	Daily local climatology: 11 weather variables incl. wet bulb
	Chang et al. (17)

	Epilepsy (201)
	C-R
	EEG (174 Hz) on epilepsy vs non-epilepsy
	Chang et al. (17)

	PenDigits (202)
	C-R
	x-y coordinates of handwritten digits
	Chang et al. (17)

	FingerMovements (203)
	C-R
	Key typing movement time series
	Chang et al. (17)

	Sine (109)
	C-R
	Simulated sinusoidal sequences (5 features with independent frequencies & phases)
	Qian et al. (204)

	MuJoCo (205)
	C-R
	Multivariate physics simulation (14 features)
	Qian et al. (204)

	Stocks (206)
	C-R
	Daily Google stock prices (6 features, 2004–2019)
	Qian et al. (204)

	LC1, BC1, CC, BC2, BC3, VTE, LC2 (182)
	E
	Clinical trial event logs (medications, procedures, adverse events over time)
	Gao et al. (208)

	PenDigits (synthetic) (209)
	C-R
	Synthetic sparse time series from digit trajectories
	Yalavarthi et al. (72)

	PhonemeSpectra (synthetic) (209)
	C-R
	Synthetic sparse time series from phoneme spectra
	Yalavarthi et al. (72)

	ECG_200 (210)
	C-R
	ECG time series (96 samples per heartbeat)
	Yang et al. (210)

	NonInvasiveFatalECG_Thorax1 (210)
	C-R
	Fetal ECG time series (750 samples)
	Yang et al. (210)

	mHealth (211)
	C-R
	Multisensor body motion & ECG (23 dims, chest + wearable sensors)
	Yang et al. 

	Simulated Sine Waves
	C-R
	Synthetic multivariate sinusoidal sequences
	Li et al. (44), Li et al. (45)

	UniMiB HAR (163)
	C-R
	Accelerometer (x, y, z) human activity signals
	Li et al. (44), Li et al. (45)

	PTB Diagnostic ECG Database (212)
	C-R
	ECG heartbeats (normal vs abnormal)
	Li et al. (44), Li et al. (45)

	Phase III breast cancer trial (142)
	E
	Clinical trial survival data (DFS, treatments)
	Wang et al. (213)

	TOP (Trial Outcome Prediction) (214)
	E
	Multimodal clinical trial metadata & outcomes
	Wang et al. (213)

	Breast Cancer Trial (NCT00174655) (142)
	E
	Clinical trial: treatments, adverse events, medications
	Das et al. (215)

	Lung Cancer Trial (NCT01439568) (142)
	E
	Clinical trial: treatments, adverse events, medications
	Das et al. (215)

	Weather (217)
	C-R
	Weather variables (temperature, humidity, etc.)
	Li et al. (216), Arabi et al. (224)

	Electricity (218)
	C-R
	Electricity consumption (load diagrams)
	Li et al. (216)

	ILI (219)
	C-R
	Influenza-like illness rates
	Li et al. (216)

	10 UEA datasets (149)
	C-R
	Various multivariate sensor / signal data (time-series classification)
	Li et al. (216)

	Shanghai T2D EHR dataset
	C-IR
	Longitudinal EHR records (ICD-10 codes over time), type 2 diabetes progression
	Wang et al. (220)

	NTS1–NTS6
	C-R
	Synthetic time series: noisy trendy sinusoids (period, trend, phase, noise)
	Moore et al. (221)

	ECG200 (222)
	C-R
	ECG signals (heartbeats, healthy vs myocardial infarction)
	Moore et al. (221)

	ItalyPowerDemand
	C-R
	Power demand (daily load curves, winter vs summer)
	Moore et al. (221)

	KeplerLightCurves (223)
	C-R
	Stellar brightness light curves (variable star types)
	Moore et al. (221)

	ILI
	C-R
	Influenza-like illness rates over time
	Arabi et al. (224)
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