


Supplementary material

Appendix A

Appendix A contains supplementary tables that support the evidence extraction and the 4I synthesis. To illustrate the synthesis workflow, Table A1 maps the 29 variables to the five-part extraction legend (L1–L4-PRE/L4-POST) and indicates whether the underlying evidence is derived from traditional EHR contexts (Pre-EHR–AI) or from explicitly AI-linked EHR contexts (Post-EHR–AI). Table A2 provides worked examples demonstrating how first-order labels in the extraction matrix were consolidated into the final 4I variables. Table A3 presents the complete variable-to-layer mapping within the 4I framework. Table A4 summarizes each variable's role in adoption (driver/barrier/mixed) based on the synthesis of included studies to inform Part 2 modeling, while Table A5 offers study-level traceability by linking the included-study IDs that directly support the 29 variables. The full list of included studies (IS1–IS70) is provided in Table A6.
Table A1. Cross-label mapping of the 29 variables to the extraction legend (L1–L4-PRE/L4-POST) with context tags (Pre-/Post-EHR–AI)
	ID
	Variable (factor)
	Measurement examples (item wording)
	L1
	L2
	L3
	L4-PRE
	L4-POST
	Pre-EHR–AI
	Post-EHR–AI

	C10
	AI augmentation of decision-making
	AI assistive functions in the EHR significantly improve my decision-making efficiency.
	
	
	
	
	✓
	
	✓

	C11
	AI automation
	The EHR can automatically complete many tasks, reducing manual operations.
	
	
	
	
	✓
	
	✓

	C2
	AI operational complexity
	The setup and workflow of AI functions in the EHR are overly complex. (reverse-labelled)
	
	
	
	
	✓
	
	✓

	C3
	AI training coverage
	The AI/EHR training I received covers all scenarios required for daily work.
	
	
	
	
	✓
	
	✓

	S2
	Alert effectiveness
	The proportion of false or redundant alerts in medication/allergy warnings is very low.
	✓
	
	
	
	
	✓
	

	H3
	Alert fatigue
	Frequent alert pop-ups make me sometimes ignore truly important alerts. (reverse-labelled)
	
	✓
	
	
	
	✓
	

	H1
	Cognitive load
	When using the EHR, I often need to handle multiple pop-up windows or processes simultaneously.
	
	✓
	
	
	
	✓
	

	H6
	Collaboration and communication support
	The way information is recorded in the EHR makes interprofessional communication easier.
	
	✓
	
	
	
	✓
	

	O2
	Cross-department collaboration mechanisms
	The IT and clinical departments regularly work together to optimize EHR workflows.
	
	
	✓
	
	
	
	✓

	S6
	Customizability
	The EHR allows me to customize templates or shortcuts according to my preferences.
	✓
	
	
	
	
	✓
	

	S3
	Data entry efficiency
	The time I need to complete a single order entry has not increased compared with the paper era.
	✓
	
	
	
	
	✓
	

	C8
	Error frequency
	The frequency of medical record errors has decreased after using the EHR.
	
	
	
	
	✓
	✓
	✓

	O3
	Management support level
	Hospital management actively invests in and promotes EHR functional improvements.
	
	
	✓
	
	
	
	✓

	S5
	Mobile friendliness
	Using the EHR on mobile devices (tablet/phone) is as smooth as on desktop.
	✓
	
	
	
	
	✓
	

	C12
	Model type and fit
	The AI capability embedded in the EHR matches clinical tasks and decision needs (task–function fit).
	
	
	
	
	✓
	
	✓

	C9
	Occupational burnout
	Using the EHR increases my fatigue and burnout. (reverse-labelled)
	
	
	
	
	✓
	
	✓

	C4
	Perceived ease of use
	It is effortless for me to learn and become proficient in using the EHR.
	
	
	
	
	✓
	
	✓

	O1
	Safety culture support
	The hospital encourages reporting of potential EHR-related errors without punishment.
	
	
	✓
	
	
	
	✓

	C7
	Satisfaction with information quality
	The EHR provides clear, accurate, and timely information that improves care coordination.
	
	
	
	
	✓
	
	✓

	C1
	System interface friendliness
	The layout of the EHR interface is clear, and the information hierarchy is easy to understand.
	
	
	
	
	✓
	
	✓

	S1
	System interoperability
	Data exchange between the EHR and other clinical systems (e.g., pharmacy, lab) is smooth.
	✓
	
	
	
	
	✓
	

	S4
	System response speed
	EHR pages load and save without noticeable lag or freezing during routine use.
	✓
	
	
	
	
	✓
	

	O4
	Technical support quality
	When system failures occur, IT support can resolve the problem within an acceptable time.
	
	
	✓
	
	
	
	✓

	H4
	Technological self-efficacy
	I am confident in my ability to solve EHR technical problems.
	
	✓
	
	
	
	✓
	

	C5
	Technology acceptance
	If given a choice, I would still actively use the EHR AI system in my work.
	
	
	
	
	✓
	
	✓

	H2
	Training adequacy
	The EHR training I received is sufficient to handle complex clinical scenarios.
	
	✓
	
	
	
	✓
	

	C6
	Trust in system outputs
	I trust that the data provided by the EHR system are accurate and reliable.
	
	
	
	
	✓
	✓
	✓

	H5
	User satisfaction
	Overall, I am satisfied with the EHR experience.
	
	✓
	
	
	
	✓
	

	O5
	Workflow standardization
	The hospital has formulated clear standard processes for EHR entry and review.
	
	
	✓
	
	
	
	✓


[bookmark: OLE_LINK103]Note. Abbreviations and legend. L1=Medical IT function; L2 = User experience and behavior; L3=Organizational support and governance; L4-PRE=Healthcare operations process evidence; L4-POST=Healthcare operations outcome evidence. ✓ indicates that the variable was assigned to the corresponding label based on explicit evidence reported in the 70 included studies. Pre-EHR-AI and Post-EHR-AI are study-context tags indicating whether evidence was reported in a traditional EHR setting or an explicitly AI-linked EHR setting; they are descriptive only and do not imply a temporal pre-post comparison, intervention effect, or causal inference. L1–L4 indicate evidence-extraction locations in the coding legend and do not correspond to, or determine, 4I layer assignment.



Table A2. Worked examples illustrating the labelling pathway from extracted concepts to the final 4I variables
	Reference (short APA)
	First-order labels in extraction matrix
	Derived 4I variable(s) (ID – name)
	4I layer(s)
	Rationale for mapping

	Ratwani et al., 2018 (JAMIA)
	System lag; slow loading/saving; confusing screen layout; usability-related safety risks; local reporting/learning around EHR-related incidents
	S4 – System response speed; C1 – System interface friendliness; O1 – Safety culture support
	Interface; Outcome
	Performance constraints and instability were consolidated under system response speed (S4). Reports of interface layout and visibility problems were mapped to interface friendliness (C1). Discussions of safety concerns and organizational practices for reporting/learning informed safety culture support (O1).

	Saleem et al., 2009 (Int J Med Inform)
	Order entry takes longer; documentation work persists; workflow workarounds; standard procedures for ordering/review
	S3 – Data entry efficiency; O5 – Workflow standardization
	Interaction; Outcome
	Descriptions of time/effort required for order entry were consolidated as data entry efficiency (S3). Evidence describing standardized ordering/review processes and persistence of workflow routines informed workflow standardization (O5).

	Ancker et al., 2017 (BMC Med Inform Decis Mak)
	Frequent alerts; repeated low-value warnings; overrides; desensitization to alerts
	H3 – Alert fatigue
	Interaction
	Repeated, low-value alerts and desensitization/override behaviors were consolidated under alert fatigue (H3).

	Zheng et al., 2009 (JAMIA)
	Multiple windows and pop-ups; multi-tasking pressure; navigation burden; interface-driven interaction patterns
	H1 – Cognitive load; C1 – System interface friendliness
	Interaction; Interface
	Multi-window and pop-up handling demands were consolidated as cognitive load (H1). Interface-driven usability constraints and navigation burden informed interface friendliness (C1).


Note. These examples are illustrative and are provided to increase transparency in the aggregation and classification process; they do not represent an exhaustive list of labels or studies.



Table A3. Variable-to-layer mapping within the 4I framework (n = 29 variables)
	4I layer
	Variable ID
	Variable name
	Example supporting studies (included-study IDs)

	Interface
	S1
	System interoperability
	IS44 Apathy et al., 2021 (JAMIA)

	Interface
	S4
	System response speed
	IS35 Ratwani et al., 2018 (JAMIA)

	Interface
	S5
	Mobile friendliness
	IS32 Fraser et al., 2022 (JMIR Med Inform)

	Interface
	S6
	Customizability
	IS34 Ratwani et al., 2015 (JAMIA)

	Interface
	C1
	System interface friendliness
	IS35 Ratwani et al., 2018 (JAMIA); IS68 Zheng et al., 2009 (JAMIA)

	Information
	C2
	AI operational complexity
	IS22 Labkoff et al., 2024 (JAMIA)

	Information
	C4
	Perceived ease of use
	IS14 Gagnon et al., 2014 (J Biomed Inform); IS17 Holden & Karsh, 2010 (J Biomed Inform)

	Information
	C6
	[bookmark: OLE_LINK96]Trust in system outputs
	IS3 Alexander, 2006 (Nurs Adm Q); IS27 McKnight et al., 2002 (Inf Syst Res); IS62 Raj et al., 2021 (Med Care Res Rev)

	Information
	C7
	Satisfaction with information quality
	IS10 Campanella et al., 2016 (Eur J Public Health)

	Information
	C12
	Model type and fit
	IS4 AlSaad et al., 2024 (J Med Internet Res); IS37 Choudhury & Shamszare, 2023 (J Med Internet Res)

	Interaction
	S2
	Alert effectiveness
	IS6 Baysari et al., 2011 (JAMIA)

	Interaction
	S3
	Data entry efficiency
	IS63 Saleem et al., 2009 (Int J Med Inform)

	Interaction
	H1
	Cognitive load
	IS65 Shanafelt et al., 2016 (Mayo Clin Proc); IS68 Zheng et al., 2009 (JAMIA)

	Interaction
	H2
	Training adequacy
	IS56 Khairat et al., 2018 (JMIR Med Inform)

	Interaction
	H3
	Alert fatigue
	IS5 Ancker et al., 2017 (BMC Med Inform Decis Mak)

	Interaction
	H4
	Technological self-efficacy
	IS17 Holden & Karsh, 2010 (J Biomed Inform)

	Interaction
	H5
	User satisfaction
	IS18 Holmgren et al., 2024 (JAMA Netw Open)

	Interaction
	H6
	Collaboration and communication support
	IS11 Coiera, 2000 (JAMIA)

	Interaction
	C3
	[bookmark: OLE_LINK92]AI training coverage
	IS23 Lambert et al., 2023 (NPJ Digit Med); IS33 Pumplun et al., 2021 (HICSS-54)

	Interaction
	C11
	AI automation
	IS22 Labkoff et al., 2024 (JAMIA); IS36 Sendak et al., 2020 (NPJ Digit Med); IS42 Yu et al., 2018 (Nat Biomed Eng)

	Outcome
	O1
	Safety culture support
	IS35 Ratwani et al., 2018 (JAMIA); IS64 Schiff et al., 2015 (BMJ Qual Saf)

	Outcome
	O2
	Cross-department collaboration mechanisms
	IS12 Cresswell et al., 2012 (BMC Med Inform Decis Mak); IS26 McAlearney et al., 2015 (Health Serv Res)

	Outcome
	O3
	Management support level
	IS26 McAlearney et al., 2015 (Health Serv Res)

	Outcome
	O4
	Technical support quality
	IS26 McAlearney et al., 2015 (Health Serv Res)

	Outcome
	O5
	Workflow standardization
	IS47 Blijleven et al., 2017 (JMIR Hum Factors); IS63 Saleem et al., 2009 (Int J Med Inform)

	Outcome
	C5
	Technology acceptance
	IS14 Gagnon et al., 2014 (J Biomed Inform)

	Outcome
	C8
	Error frequency
	IS10 Campanella et al., 2016 (Eur J Public Health); IS64 Schiff et al., 2015 (BMJ Qual Saf)

	Outcome
	C9
	Occupational burnout
	IS18 Holmgren et al., 2024 (JAMA Netw Open); IS65 Shanafelt et al., 2016 (Mayo Clin Proc)

	Outcome
	C10
	AI augmentation of decision-making
	IS36 Sendak et al., 2020 (NPJ Digit Med)


Note. This table lists the complete set of 29 variables and their assignment to the four 4I layers (Interface, Information, Interaction, Outcome). Example supporting studies are indicated using included-study IDs (e.g., IS44). Not all included studies (IS1–IS70) necessarily contribute variable-level evidence in Tables A3–A5; studies are listed only where they directly support a given variable. The full included-studies list is provided in Table A6.


Table A4. Evidence matrix of drivers and barriers across the 4I layers and 29 variables
	ID
	4I layer
	Variable name
	Adoption role (driver/barrier/mixed; 70-study synthesis)
	Typical empirical evidence

	S1
	Interface
	System interoperability
	Higher interoperability is usually described as a facilitator: smooth data exchange with pharmacy, laboratory, and imaging systems makes it easier to use AI-based recommendations and reduces duplicate work; fragmented interfaces are linked to workarounds and reluctance to rely on advanced functions.
	Implementation case reports; workflow observations; system-integration studies.

	S2
	Interaction
	Alert effectiveness
	When alerts are accurate and clinically meaningful, they are reported as a driver of safe EHR-AI use; when they contain many false or redundant warnings, they contribute to alert fatigue and become a barrier, with clinicians overriding or ignoring AI suggestions.
	CDS log analyses (override rates); safety reports; clinician surveys.

	S3
	Interaction
	Data entry efficiency
	Order entry that is as fast as or faster than paper processes support adoption of EHR-AI functions; perceived slow and cumbersome entry is repeatedly linked to resistance and avoidance of optional AI tools.
	Time-motion studies; usability surveys; qualitative interviews on workflow.

	S4
	Interface
	System response speed
	Fast and stable page loading and saving is treated as a basic enabler of AI features; delays or crashes make clinicians avoid AI-dependent screens, turning them into a practical barrier even when algorithms are available.
	Performance logs; user-reported satisfaction with system speed.

	[bookmark: OLE_LINK193]S5
	Interface
	Mobile friendliness
	Smooth use of the EHR on tablets or phones supports point-of-care documentation and review at the bedside; limited mobile access may constrain timely use away from desktop workstations.
	Observational studies of ward/ED work; surveys on device use.

	S6
	Interface
	Customizability
	Interfaces that allow clinicians to adjust templates and shortcuts help integrate AI outputs into personal workflows and are viewed as drivers; rigid, non-configurable layouts are associated with frustration and workarounds.
	Usability evaluations; implementation reports; user interviews.

	H1
	Interaction
	Cognitive load
	High multitasking demands and the need to juggle multiple windows/pop-ups are consistently described as a barrier; designs that reduce unnecessary steps are linked to more sustained use of EHR-AI features.
	Workload scales; think-aloud usability tests; qualitative accounts of “too many clicks”.

	H2
	Interaction
	Training adequacy
	Adequate, scenario-based training in EHR-AI functions is a clear facilitator; insufficient or one-off training was frequently discussed in relation to uncertainty, errors, and under-use of available AI tools.
	Training evaluations; survey items on training sufficiency; focus groups.

	H3
	Interaction
	Alert fatigue
	High volumes of low-value alerts are a major barrier, leading to desensitization and frequent overrides; projects that rationalize alerts report better engagement with AI-based decision support.
	Alert statistics; override rates; qualitative reports of “too many pop-ups”.

	H4
	Interaction
	Technological self-efficacy
	Clinicians who feel confident handling EHR/EHR-AI functions are more willing to explore and rely on them; low self-efficacy was often reported alongside dependence on colleagues and avoidance of advanced features.
	Self-efficacy scales; training completion records; interview data.

	H5
	Interaction
	User satisfaction
	Higher overall satisfaction with the EHR environment tends to co-occur with more positive views of AI extensions; persistent dissatisfaction is often accompanied by critical views of AI functionality.
	User-experience surveys; mixed-methods evaluations of EHR upgrades.

	H6
	Interaction
	Collaboration and communication support
	Documentation formats that make inter-professional communication easier help embed AI outputs in team discussions and handovers; poorly structured notes are associated with extra communication work and limited uptake of AI recommendations.
	Studies of handoff quality; team-based workflow analyses; interviews.

	O1
	Outcome
	Safety culture support
	Non-punitive cultures that encourage reporting of EHR/AI-related issues are described as enablers of iterative improvement; fear of blame discourages open discussion and slows adoption.
	Safety-culture surveys; qualitative studies of incident reporting.

	O2
	Outcome
	Cross-department collaboration mechanisms
	Regular joint work between IT and clinical departments (committees, co-design groups) supports configuration and troubleshooting of EHR-AI tools; lack of such mechanisms leaves problems unresolved and reduces trust.
	Governance documents; case studies of implementation committees.

	O3
	Outcome
	Management support level
	Visible leadership backing and resource allocation are repeatedly described as drivers of EHR-AI projects; competing organizational priorities and limited management attention weaken momentum and follow-through.
	Organizational case studies; interviews with managers and clinicians.

	O4
	Outcome
	Technical support quality
	Responsive, knowledgeable IT support is treated as a basic condition for clinicians to rely on AI-dependent workflows; slow or inaccessible support is a barrier that encourages users to bypass or disable AI features.
	Help-desk records; user surveys on support quality; qualitative reports.

	O5
	Outcome
	Workflow standardization
	Standard, auditable workflows (e.g., agreed order sets, review steps) make it easier to embed AI outputs consistently; highly variable local practices are associated with uneven use and difficulties in evaluating AI impact.
	Process-mapping studies; audit reports; multi-site comparisons.

	C1
	Interface
	System interface friendliness
	Clear and intuitive screen layout supports rapid orientation and makes AI suggestions visible “in the right place”; cluttered or confusing screens increase search time and reduce attention to AI panels.
	Usability inspections; eye-tracking/observation; user-experience surveys.

	C2
	Information
	AI operational complexity
	Complex configuration requirements and opaque workflows for AI functions are frequently reported as barriers; simplified ordering and acknowledgement flows are linked to higher use.
	Implementation reports; workflow analyses; clinician interviews.

	C3
	Interaction
	AI training coverage
	Training that covers common clinical scenarios and AI-specific pitfalls is described as a driver; narrow or purely technical training leaves users unsure how to integrate AI outputs into decisions.
	Training curricula; post-training surveys; focus groups.

	C4
	Information
	Perceived ease of use
	Perceived ease of using EHR/EHR-AI functions aligns closely with intention to use; interfaces that are hard to learn or remember are associated with low adoption even when functions are available.
	TAM-style survey items; mixed-methods usability studies.

	C5
	Outcome
	Technology acceptance
	Intention to continue using EHR-AI, when given a choice, summarizes users’ overall judgement of benefit versus burden and is strongly related to sustained adoption.
	Acceptance/behavioral-intention scales; follow-up surveys.

	C6
	Information
	Trust in system outputs
	Confidence in the accuracy and reliability of EHR/EHR-AI data and recommendations is a central driver; low trust leads clinicians to ignore or double-check outputs, limiting real impact.
	Trust scales; qualitative accounts of overriding AI advice; safety studies.

	C7
	Information
	Satisfaction with information quality
	Perceptions that EHR/EHR-AI improves information quality and care coordination support continued use; experiences of inconsistent or confusing outputs are associated with skepticism.
	Surveys of perceived care quality; interviews about information flow.

	C8
	Outcome
	Error frequency
	Reported decreases in documented errors linked to EHR/EHR-AI implementation are commonly cited to support adoption, whereas newly reported error types (e.g., copy-and-paste, automation surprises) are noted as barrier.
	Comparative implementation evaluations (e.g., across rollout phases), incident reports, and chart audits.

	C9
	Outcome
	Occupational burnout
	High burnout levels are linked to poor usability, alert overload, and documentation burden, and are therefore treated as a negative outcome of poorly implemented EHR-AI; interventions that improve interface and workflow sometimes report burnout relief.
	Burnout scales (e.g., MBI); longitudinal staff surveys; qualitative studies.

	C10
	Outcome
	AI augmentation of decision-making
	When AI is experienced as a genuine “second pair of eyes” that improves efficiency and confidence, it is a strong facilitator; when outputs are seen as noisy or misaligned with clinical reasoning, clinicians tend to disregard them.
	Decision-support evaluations; vignette studies; interviews on perceived value.

	C11
	Interaction
	AI automation
	Automation that reliably reduces manual data entry or repetitive checks is valued and supports adoption; brittle or poorly aligned automation can increase verification work and is treated as a barrier.
	Workflow/time-motion studies; user interviews about automation.

	C12
	Information
	Model type and fit
	Perceived suitability of the AI model type for the clinical problem (e.g., simple risk scores vs opaque black-box tools) shapes willingness to rely on outputs; poor perceived fit or lack of transparency limits reliance even when accuracy is high.
	Method papers; qualitative studies on explainability and trust; governance reports.


Note. The driver/barrier/mixed classifications summarize how the included studies portray each variable’s role in adoption, following the labelling procedures described in Section 2.3 and the extraction matrix (Table 2). Study-level traceability for the studies mapped to variables is provided in Table A5; the full list of included studies (IS1–IS70) is provided in Table A6.



Table A5. Study-level traceability matrix linking included-study IDs to the 29 variables across the 4I layers.
	Variable ID
	Variable name
	Interface
	Information
	Interaction
	Outcome

	S1
	System interoperability
	IS44
	
	
	

	S4
	System response speed
	IS35
	
	
	

	S5
	Mobile friendliness
	IS32
	
	
	

	S6
	Customizability
	IS34
	
	
	

	C1
	System interface friendliness
	IS35, IS68
	
	
	

	C2
	AI operational complexity
	
	IS22
	
	

	C4
	Perceived ease of use
	
	IS14, IS17
	
	

	C6
	Trust in system outputs
	
	IS3, IS27, IS62
	
	

	C7
	Satisfaction with information quality
	
	IS10
	
	

	C12
	Model type and fit
	
	IS4, IS37
	
	

	S2
	Alert effectiveness
	
	
	IS6
	

	S3
	Data entry efficiency
	
	
	IS63
	

	H1
	Cognitive load
	
	
	IS65, IS68
	

	H2
	Training adequacy
	
	
	IS56
	

	H3
	Alert fatigue
	
	
	IS5
	

	H4
	Technological self-efficacy
	
	
	IS17
	

	H5
	User satisfaction
	
	
	IS18
	

	H6
	Collaboration and communication support
	
	
	IS11
	

	C3
	AI training coverage
	
	
	IS23, IS33
	

	C11
	AI automation
	
	
	IS22, IS36, IS42
	

	O1
	Safety culture support
	
	
	
	IS35, IS64

	O2
	Cross-department collaboration mechanisms
	
	
	
	IS12, IS26

	O3
	Management support level
	
	
	
	IS26

	O4
	Technical support quality
	
	
	
	IS26

	O5
	Workflow standardization
	
	
	
	IS47, IS63

	C5
	Technology acceptance
	
	
	
	IS14

	C8
	Error frequency
	
	
	
	IS10, IS64

	C9
	Occupational burnout
	
	
	
	IS18, IS65

	C10
	AI augmentation of decision-making
	
	
	
	IS36





Table A6. Included studies (IS1–IS70).
	Included-study ID
	Short reference (author, year, source)

	IS1
	Adler-Milstein et al., 2015 (Health Serv Res)

	IS2
	Adunlin et al., 2015 (Health Expect)

	IS3
	Alexander, 2006 (Nurs Adm Q)

	IS4
	AlSaad et al., 2024 (J Med Internet Res)

	IS5
	Ancker et al., 2017 (BMC Med Inform Decis Mak)

	IS6
	Baysari et al., 2011 (JAMIA)

	IS7
	Boonstra et al., 2014 (BMC Health Serv Res)

	IS8
	Bowens et al., 2010 (PubMed record)

	IS9
	Braun et al., 2020 (J Med Ethics)

	IS10
	Campanella et al., 2016 (Eur J Public Health)

	IS11
	Coiera, 2000 (JAMIA)

	IS12
	Cresswell et al., 2012 (BMC Med Inform Decis Mak)

	IS13
	Elendu et al., 2023 (Medicine)

	IS14
	Gagnon et al., 2014 (J Biomed Inform)

	IS15
	Golden et al., 2024 (Health Policy Technol)

	IS16
	Hildt, 2025 (Bioengineering)

	IS17
	Holden & Karsh, 2010 (J Biomed Inform)

	IS18
	Holmgren et al., 2024 (JAMA Netw Open)

	IS19
	Hosseini Dolatabad et al., 2022 (Environ Dev Sustain)

	IS20
	Jensen et al., 2012 (Nat Rev Genet)

	IS21
	Kapa, 2023 (J Compute Commun)

	IS22
	Labkoff et al., 2024 (JAMIA)

	IS23
	Lambert et al., 2023 (NPJ Digit Med)

	IS24
	Lindquist et al., 2008 (J Med Internet Res)

	IS25
	Love et al., 2011 (JAMIA)

	IS26
	McAlearney et al., 2015 (JAMIA)

	IS27
	McKnight et al., 2002 (Inf Syst Res)

	IS28
	Menachemi & Collum, 2011 (Risk Manag Health Policy)

	IS29
	Mennella et al., 2024 (Heliyon)

	IS30
	Miller et al., 2018 (JAMIA)

	IS31
	Murphy, 2014 (PubMed record)

	IS32
	[bookmark: OLE_LINK190]Fraser et al., 2022 (JMIR Med Inform)

	IS33
	Pumplun et al., 2021 (HICSS-54)

	IS34
	Ratwani et al., 2015 (JAMIA)

	IS35
	Ratwani et al., 2018 (JAMIA)

	IS36
	Sendak et al., 2020 (NPJ Digit Med)

	IS37
	Choudhury & Shamszare, 2023 (J Med Internet Res)

	IS38
	Shuaib, 2024 (Int J Gen Med)

	IS39
	Venkatesh et al., 2012 (MIS Q)

	IS40
	White et al., 2023 (JAMIA)

	IS41
	Wright et al., 2016 (JAMIA)

	IS42
	Yu et al., 2018 (Nat Biomed Eng)

	IS43
	Zhou et al., 2009 (JAMIA)

	IS44
	Apathy et al., 2021 (JAMIA)

	IS45
	Azadi & García-Peñalvo, 2025 (JMIR Hum Factors)

	IS46
	Baysari et al., 2011 (JAMIA)

	IS47
	Blijleven et al., 2017 (JMIR Hum Factors)

	IS48
	Čartolovni et al., 2022 (Int J Med Inform)

	IS49
	Chen et al., 2023 (Nat Biomed Eng)

	IS50
	Alobayli et al., 2023 (DIGITAL HEALTH)

	IS51
	Fereday & Muir-Cochrane, 2006 (Int J Qual Methods)

	IS52
	Ghassemi et al., 2021 (Lancet Digit Health)

	IS53
	Giebel et al., 2025 (JMIR Med Inform)

	IS54
	Greenhalgh et al., 2010 (UCL report)

	IS55
	Hong et al., 2018 (Educ Inf)

	IS56
	Khairat et al., 2018 (JMIR Med Inform)

	IS57
	Choudhury et al., 2022 (Front Digit Health)

	IS58
	Schönberger et al., 2022 (Health Policy Technol)

	IS59
	Page et al., 2021 (BMJ)

	IS60
	Payne et al., 2018 (JAMIA)

	IS61
	Phansalkar et al., 2013 (JAMIA)

	IS62
	[bookmark: OLE_LINK26]Raj et al., 2021 (Med Care Res Rev)

	IS63
	Saleem et al., 2009 (Int J Med Inform)

	IS64
	Schiff et al., 2015 (BMJ Qual Saf)

	IS65
	Shanafelt et al., 2016 (Mayo Clin Proc)

	IS66
	Shrank et al., 2019 (JAMA)

	IS67
	Wysocki et al., 2023 (Artif Intel)

	IS68
	Zheng et al., 2009 (JAMIA)

	IS69
	Richardson et al., 2022 (Digit Health)

	IS70
	Elhaddad & Hamam, 2024 (Cureus)
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