Model building
In this study, we performed Cox Proportional Hazard (PH) regression analyses to assess the association of our set of independent variables with the intervals of interest. 
Although stepwise regression is one of the most commonly used methods for variable selection in a regression analysis, it is heavily criticized by statisticians due to its several drawbacks such as bias in parameter estimation and inconsistency among selection algorithms [1, 2]. In this study, we used the purposeful selection method for the selection of variables to be included in the regression models. Four steps were followed to determine the final models, which are essentially identical to those used in any other regression models and widely used for Cox regression [3, 4]:
1. We began by conducting univariate analyses using nonparametric log rank tests of equality on time intervals across levels or strata of the independent variables. We then fit an initial model involving all variables which were significant in the univariate analysis at a 25% level of significance (initial models are provided in a supplementary file). The rationale for choosing a moderate level of significance is in accordance with the recommendations for linear regression [5] and for discriminant analysis [6]. 
2. We identified highly correlated covariates in the initial model that could be deleted based on the p-values of the Wald tests for individual coefficients. We conducted a partial likelihood ratio test to affirm that the deleted covariates were not contributing significantly to the predictive power of the regression. After fitting the reduced model containing a limited number of variables, we checked whether the exclusion of any deleted covariates induced considerable change in the coefficients of the remaining variables. If exclusion of any variable changed the regression coefficients considerably, the variable was added back into the model.
3. At this stage, we added all variables excluded, one at a time, back to the reduced model to ensure that they were not contributing significantly to the equation. Partial likelihood tests were used to assess the significance of the initially excluded variables.
4. Lastly, we examined whether interaction terms were needed in the model. Pairwise interactions were tested between all of the variables in the final model and significance of each interaction term was assessed using a partial likelihood test.  
Following the steps stated above, we obtained the final model and thoroughly evaluated it using model diagnostics. The key assumption in Cox PH regression is the proportional hazard assumption. To test this assumption, scaled Schoenfeld residual tests were performed [7].  Finally, we evaluated the goodness of fit of the final models using Cox-Snell residuals.
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