Supplementary materials

Supplementary Table S1. The top 10 most significant features screening by machine learning methods.
	Algorithms
	CVD
	CAD
	CHF
	Stroke

	Boruta
	Age,eGFR,TC,SCr,BUN,eGDR,LDL-C,SBP,Weight,BMI
	Age,eGFR,TC,SBP,LDL-C,eGDR,SCr, Weight,BUN,BMI
	eGFR,SCr,Age,BUN,eGDR,BMI,Weight,SBP,WC,WHtR
	eGFR,Age,SCr,BUN,Weight,eGDR,WHtR,BMI,WC,CKD

	SVM-RFE
	WC,WHtR,Weight,BMI,Height,HBP,eGDR,HbA1c,ALB,TC
	WC,Weight,WHtR,BMI,Height,HBP,eGDR,HbA1c,TC,LDL-C
	WC,WHtR,Weight,BMI,Height,HBP,eGDR,HbA1c,TC,LDL-C
	Weight,WC,WHtR,BMI,Height,eGDR,HBP,HbA1c,HDL-C,TC

	XGBoost
	HBP,Age,eGDR,PIR,CKD,TC,eGFR,Smoking,BUN,Race
	HBP,Age,CKD,Gender,TC,PIR,Smoking,SCr,Cancer,LDL-C
	HBP,CKD,eGFR,Age,eGDR,PIR,education,GGT,Cl,LDH
	HBP,Age,eGFR,PIR,Alcohol,Smoking,UACR,Cancer,TC,eGDR

	Model 3
	Age,eGFR,TC,SCr,BUN,LDL,SBP,Weight,BMI,WHtR,Height,ALB,PIR,CKD,Smoking,Race
	Age,eGFR,TC,SBP,LDL,SCr, Weight,BUN,BMI,WHtR,Height,CKD,Gender,PIR,Smoking,Cancer
	eGFR,SCr,Age,BUN,BMI,Weight,SBP,WHtR,Height,TC,LDL,CKD,PIR,education,GGT,Cl,LDH
	eGFR,Age,SCr,BUN,Weight,WHtR,BMI,CKD,Height,HDL,TC,PIR,Alcohol,Smoking,UACR,Cancer
















Supplementary Figure S1. (A) RCS curve reflects the association between eGDR and the risk of CAD in patients with diabetes or prediabetes. (B) ROC curves of different logistic regression models exploring the association between eGDR and CAD risk. (C) Calibration curve. (D) DCA curve reflects the net benefit of different models for CAD. 
[image: Fig S1 CAD]
	


















Supplementary Figure S2. (A) RCS curve reflects the association between eGDR and the risk of CHF in patients with diabetes or prediabetes. (B) ROC curves of different logistic regression models exploring the association between eGDR and CHF risk. (C) Calibration curve. (D) DCA curve reflects the net benefit of different models for CHF. 

[image: Fig S1 CHF]


















Supplementary Figure S3. (A) RCS curve reflects the association between eGDR and the risk of stroke in patients with diabetes or prediabetes. (B) ROC curves of different logistic regression models exploring the association between eGDR and stroke risk. (C) Calibration curve. (D) DCA curve reflects the net benefit of different models for stroke. 
[image: Fig S1 stroke ]



















Supplementary Figure S4. RCS curves of different IR surrogates in evaluating the correlations with CVD(A), CAD(B), CHF(C), and stroke(D) in unadjusted logistic regression model. All p values assessed by DeLong’s tests in the AUCs of eGDR index and other different IR proxies are less than 0.001.
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Supplementary Figure S5. RCS curves of different IR surrogates in evaluating the correlations with CVD(A), CAD(B), CHF(C), and stroke(D) in fully adjusted logistic regression model(Model 3). All p values assessed by DeLong’s tests in the AUCs of eGDR index and other different IR proxies are less than 0.001.
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