[bookmark: _Hlk92294385]Appendix Table 1. Selection of gBRCA mutation patients in different cohorts.

	Clinical trial
	Treatment group
	No. of patients
	BRCA status

	
	
	
	Wildtype
	Mutated

	NCT01287624
	GP
	66
	59
	7

	NCT02341911
	GP
	1
	1
	0

	NCT02546934
	AP
	18
	14
	4

	
	GP
	29
	28
	1











Appendix 1.
Step 1: specify predictors under the Cox model
[bookmark: OLE_LINK8][bookmark: OLE_LINK9]Based on the estimated coefficients in the multivariate Cox regression model included SNORD33 expression, liver metastasis and number of metastatic sites, we then build a prognostic nomogram to assign PFS probability at 2, 4, 6, 10, 12 and 18 months after first-line platinum treatment. The underlying Cox model is given by: 
[bookmark: OLE_LINK3]Probability of event at time t = S0(t) * exp (βliver metastasis*liver metastasis + βSNORD33 expression*SNORD33 expression + βnumber of metastatic sites *number of metastatic sites)  (1)
[bookmark: OLE_LINK10][bookmark: OLE_LINK11][bookmark: OLE_LINK1][bookmark: OLE_LINK2]Where S0(t) is called the baseline hazard function (possibly non-distributional). β is regression coefficients describing the effect of the predictors on the over probability. The right-hand side of the above equations specifies the underlying function of the model. The left-hand side of the equations is the predicted probability that is presented in a nomogram and communicated to patients.
Related R software code for Cox model: 
Library (survival)
fit<-cph(Surv(time,status) ~ Liver_metastasis + Number_of_metastatic_sites + SNORD33_expression, data = data, x=T, y=T, surv=T)
Step 2: construct the nomogram model
In a nomogram, the point system work by ranking the effect estimates. In our nomogram, SNORD33 expression had the highest effect, thus it is converted into 100 points, with other remaining variables are assigned a smaller number of points proportional to their effect size. For example, the participant with liver metastasis would be given 66.7 points, which is equal to the ratio of βliver metastasis / βSNORD33 expression<0.20 multiplied by 100. The total points axis in Fig. 1n can go up to a maximum of 234.4 points. 
Related R software code for nomogram:
surv<-Survival(fit)
nom<-nomogram(fit, fun=list(function(x) surv(2,x), function(x) surv(4,x), function(x) surv(6,x), function(x) surv(8,x), function(x) surv(10,x), function(x) surv(12,x), function(x) surv(18,x)), funlabel=c("2-months PFS Probability","4-months PFS Probability", "6-months PFS Probability","8-months PFS Probability","10-months PFS Probability", "12-months PFS Probability", "18-months PFS Probability"))
plot(nom, xfrac=.4)
Step 3: calculate discrimination of nomogram: C index
A concordance index (C index) was calculated to estimate the discriminative ability of the nomogram. A C index larger than 0.5 indicates prediction performance better than random guessing, with 1 indicating perfect discrimination [1]. In addition, the 1000 bootstrap resamples for internal validation was used. 
Related R software code for C-index of nomogram: 
validate (fit, method = "boot", B=1000, dxy = T)
Step 4: calculate calibration of nomogram: calibration plot
[bookmark: OLE_LINK14][bookmark: OLE_LINK15]A visual calibration curve was plotted to evaluate the consistency between the nomogram-predicted probabilities and observed probabilities [2]. A perfect nomogram prediction would result in a 45-degree line, while the closer the predicted calibration curve is to the 45-degree line , the better the calibration of the nomogram was obtained. 
Related R software code for Calibration Curve of nomogram: 
cal <- calibrate (fit, method = ‘boot’, B = 100) 
plot(cal,xlim=c(0,1.0),ylim=c(0,1.0))
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[bookmark: _Hlk92552440][bookmark: _Hlk92470656]Appendix Figure 1 Overall survival of non-small cell lung cancer (NSCLC) patients with low SNORD33 level tend to reduced. 
Kaplan-Meier survival curves for overall survival (OS) (n=50). Cut-off threshold was median value; log-rank test. OS, P=0.532. 
[bookmark: _Hlk92552485]Appendix Table 2. Summary of methods, pros and cons of liquid biopsy-based biomarker in cancer.

	Biomarkers
	Method of test
	Advantage
	Disadvantage

	ctDNA
	PCR, NGS
	1. Well established isolation procedure [3];
2. Suitable to identify genetic and epigenetic alterations [4];
3. High sensitivity [3]. 

	1. Difficult to separate ctDNA from cell-free DNA [3];
2. Low levels of ctDNA in plasma and rapidly degraded in plasma with short half-life [4];
3. Poor specificity with increased level observed in some benign diseases [5];
4. High costs.

	exosome
	PCR 
	1. Commercially available kits for isolation and testing;
2. Potentially to extract more information (e.g., protein) [6];
3. Stable and accessible in plasma [7];
4. High sensitivity.
	1. The isolation, detection and characterization methods are challenging and require standardization [8];
2. High costs.

	miRNA
	PCR
	1.Commercial kits available for isolation;
2. Abundant in plasma [9];
3. Stable and accessible in plasma [10];
4. High sensitivity [10].
5. Low cost.
	1. Quantification and detection methods require standardization [9];
2. High variability in different population.

	snoRNA
	PCR
	1. Easy isolation procedure;
2. Higher abundance compared to miRNA in plasma [11];
3. Stable and accessible in plasma [12, 13];
4. High sensitivity [14].
5. Low cost.
	1. Quantification and detection methods require normalization;
2. High variability in different populations [15];
3. Commercial kits for collection need to be developed.


Abbreviations: ctDNA, circulating tumor DNA; NGS, next generation sequencing.
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