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[bookmark: _GoBack]Fig. S1 TabNet model architecture. The model’s two main components are the attentive transformer and the feature transformer. The attentive transformer generates a learnable mask which allows to select an optimal set of features at a given decision step. The masking performed by the selection mask is specific to each step. The filtered features at a given step are sent to the feature transformer and the result is then used to process the following step and to generate the output of the current step. The outputs of the decision steps are linearly combined and a fully connected layer is finally added to obtain the model’s output. BN, Batch Normalization; ReLU, Rectified Linear Unit; Agg., Aggregation; FC, Fully Connected layer.
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Fig. S2 Distribution of the predicted TabNet probabilistic score, rad-CD73, across the patients. A trimodal distribution was observed for rad-CD73. The X-tile software returned an outcome-based cutpoint of 0.383 for this distribution (close to the first tertile value of 0.362)

image1.png
CD73
status

Feature
importance

transformer

Step 3

Attentive
transformer

=)
+ >
< .
@
£
E
k)
%]
C
B [
o E
Q =
2
n 0 2
> E
=
c
o]
o
= C
<g
. =]
o
+ =]
< .
@
=
E
o
[2]
C
- [J
£
Q.
9]
o)
(2]

Attentive
transformer

Radiomic
features

transformer




image2.png
Count

20

16

12

04 06
Tabnet predicted score




