
 

 

Fig. S1: The infiltration levels of immune cells vary significantly between different histological 

subtypes of lung adenocarcinoma. Scaled heatmap showing the infiltration levels of Myeloid, 

CD4+ T, NK, Naïve B, Memory B, CD8+ T in five different lung adenocarcinoma histological 

subtypes (acinar, lepidic, micropapillary, papillary, solid). The Zabeck dataset GSE58772 [1] 

was used in this analysis. 

 

 

 



 

 

Fig. S2: Immune-related genes are differentially expressed between histological subtypes of 

lung adenocarcinoma. Boxplots showing expression levels in log base 10 of (A) CD28, (B) 

CD40, (C) CXCL12, (D) CSF1R, (E) CD276, and (F) CD70 in five different lung 

adenocarcinoma histological subtypes (acinar, lepidic, micropapillary, papillary, solid). P-

values were calculated by comparing samples of the corresponding subtype with all other 

samples using the Wilcoxon rank sum test. P-values of significantly higher and lower are 

shown in red and green color, respectively. The Zabeck dataset GSE58772 [1] was used in 

this analysis. 



 

 

Fig. S3: Lepidic subtype is negatively correlated with four other subtypes and, specifically, 

highly correlated with solid subtype. Heatmap showing the Spearman correlation coefficient 

between the gene expression profiles for each pair of samples. The gene expression profiles 

were obtained by pooling the top 200 most specific genes from each of the five subtypes. 

The five subtypes (acinar, lepidic, micropapillary, papillary, solid) are color labeled as red, 

orange, green, blue, pink, respectively. The Zabeck dataset GSE58772 [1] was used in this 

analysis. 

 

 

 

 

 

 

 

 

 



 

Fig. S4: Comparison of L- and S-scores between lepidic/solid predominant subtypes and 

other subtypes in CPTAC and TCGA [2, 3]. A-B: L-scores were higher but not statistically 

significant in lepidic predominant samples compared to other samples with predominant 

histology (A), but significant compared to all other samples in CPTAC [2] (B). C-D: S-scores 

were higher in solid predominant samples than in other subtype-predominant samples in 

CPTAC [2] (C) and in TCGA [3] (D). P-values were calculated by using the Wilcoxon rank 

sum test.   



 

 

Fig. S5: Associations between S-scores and genomic features. A-C: The correlation 

between S-score and non-silent mutation rate (A), aneuploidy score (B), and homologous 

recombination defects (C), respectively. D: TP53 mutant samples show significantly higher 

S-scores than wild-type samples. E: No significant correlation between EGFR mutation 

status and S-scores. F: EGFR amplified samples show significantly higher S-scores than 

wild-type samples. In D-F, P-values were calculated by using the Wilcoxon rank sum test. 

SCC: Spearman correlation coefficient. 

  



 

 

 

Fig. S6: Comparison of L-score based on EGFR mutation/amplification statuses in TCGA 

[3]. Patients were divided into four groups: no mutation and amplification (wt), with only 

mutation (mut+amp-), with only amplification (amp+mut-), and with both (amp+mut+). P-

values were calculated by using the Wilcoxon rank sum test.  



 

 

Fig. S7: S-score is positively correlated with cell sensitivity to EHT 1864 in the dataset 

GDSC [4]. Drug sensitivity is represented as -AUC (Area Under Curves). SCC: Spearman 

correlation coefficient. 
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