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Figure Legends and Tables 

Fig. S1.Comparison of the Homogeneous and Heterogeneous options. Comparison of the 

results and cartographies obtained by MuscleJ2 after fiber morphology analysis on laminin-

stained Tibialis anterior sections after partial injury, with the Healthy option (left) and the 

Damaged option (right). Histograms at the bottom show the frequency of fibers with different 

cross-sectional areas. The results show that the number of included fibers is higher with the 

Damaged option than with the Healthy option where a number of fibers are excluded from 

the analysis (black fibers).  

 

Fig. S2. Analysis of the diaphragm with MuscleJ2. (A) Cartography of the extracellular matrix 

(ECM) staining representing the diaphragm of the mouse rolled up on itself at the time of 

cutting. (B) Comparison of the results obtained by MuscleJ2 after ECM analysis on laminin-

stained diaphragm sections, with the Diaphragm option and the Limb option. The results show 

that the total surface area is smaller with the Diaphragm section due to the removal of the 

fiberless parts (*), which is not the case with the Limb option. 

 

Fig. S3. Comparison of the Data Acquisition panel between the macro and the plugin 

MuscleJ2. Screenshots of the dialog boxes in the initial macro (A) and the plugin (B) showing 

changes in the Data acquisition section. 

 

Fig. S4. Perimyonuclei detection with MuscleJ2. (A) Skeletal muscle section from injured 

mouse (21days post-injury) stained with Dapi, Pcm1 and laminin antibodies (SB=500µm) and 

representative cartography of perimyonuclei quantification results obtained with MuscleJ2. 

Only double Pcm1/Dapi-positive cells in the ROIMB are quantified and represented in the 
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cartography. (B) The grey table shows the results obtained from the global results file and (C) 

the green table a subset of the results obtained from the PeriMyoNucleiDetails file. 

 

Fig. S5. Fiber typing with MuscleJ2. (A) Skeletal muscle section stained with Dapi, Myosin 

Heavy chain IIX, IIA, I and laminin antibodies (SB=600µm). (B) Representative cartographies 

(original image, Fiber morphology and Fiber Typing) of the results obtained with MuscleJ2 

(SB=300µm). (C) Global file results and fiber detail results. All areas are given in µm2. 

 

Fig. S6. Global information associated with a MuscleJ2 batch run. Screenshots of the 

BATCH_LOG text file corresponding to the meta data and the analysis performed during the 

batch run as well as channel attributions, to keep a printout of options and global information. 

 

Sup Table 1: Main features of tools and software available to perform a fully or semi-

automatic analysis on skeletal muscle immunofluorescence images.  

List of abbreviations used: AI: artificial intelligence; DPI: days post injury; EBD: Evans blue dye; 

IF: immunofluorescence; IHC: immunohistochemistry; MYH: myosin heavy chain (gene); 

NCAM: neural cell adhesion molecule; PFA: paraformaldehyde; ref: reference. 

Sup Table 2: List of antibodies and specific protocols used 

 

 

  



Original Image Original ImageFiber morphology Fiber morphology

METADATA
      Sample Data
            Physiopathology:Healthy

METADATA
      Sample Data
            Physiopathology:Damaged

FigS1.



Option Diaphragm Option Limb
Whole Section Area 7785545.0 1.5096652E7
ECM Area Tot 1684250.4 1684294.8
% ECMArea 21.633043 11.156744

A

B

*

*
**

**

FigS2.



Macro Muscle J 1.0.1 (2018) 

Plugin Muscle J 2.0 (2022)

A

B

FigS3.



FigS4.

A Pcm1 Laminin Dapi Merge Cartography

B

C
Perimynonuclei 

details
Area Max Feret Min Feret Nuclei GC X Nuclei GC Y  Intensity

1 47.32 9.825541 7.8 2253 537 3201.2812
2 71.4025 11.830178 8.953805 2367 550 4157.487
3 32.638126 9.475297 5.285623 2304 567 3148.1326
4 15.21 8.604832 3.71222 2297 574 2688.9307
5 26.82875 7.914267 4.665732 2115 575 3261.9211

FileName Whole Section 
Area

Nb Segmented 
Fiber

Nb Segmented Fiber Nb Real PeriMyoNuclei

Image 1 7351347.5 3314 3314 9053



FileName Whole Section 
Area

Nb 
Segmented 

Fiber
Nb Type I Thres. I Nb Type IIA Thres. IIA Nb Type IIX Thres. IIX Nb Type Neg Nb Type I-IIA Nb Type I-IIX Nb Type IIA-IIX

Image 3.6394256E7 11501 161 3.1257656 567 9.799161 2848 1.3097754 6553 5 90 1303

B

C

FigS5.

GlobalResults file

FiberDetails file

A

Fiber 
details Area Intensity Type I Intensity Type IIA Intensity Type IIX Fiber Type

3286 1385.0057 1.1461766 16.572737 1.5782285 IIA-IIX
3287 1162.2657 1.0533646 9.317839 2.2394698 IIX
3288 1499.1063 0.840229 15.722873 2.899948 IIA-IIX
3289 1632.9064 0.75740564 1.4910415 2.4351408 IIX
3290 1040.9486 18.883455 4.2055464 1.8933858 I-IIX
3291 1340.5358 1.0152771 19.135895 2.5192783 IIA-IIX
3292 1786.2108 0.8130596 8.119895 2.3356628 IIX
3293 2545.321 0.8429119 2.162912 2.2293487 IIX
3294 3860.5012 0.50881624 1.1416663 0.669277 Neg
3295 1527.5828 0.5188968 2.1446629 2.5491574 IIX
3296 1876.126 0.7485186 1.5382056 1.3699969 IIX
3297 2460.282 0.9463295 2.7606628 3.2271285 IIX

Dapi MHC IIX MHC IIA MHC I Laminin Merge



FigS6.



Sup Table 1.



Sup Table 2.
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