AUC (Area Under the ROC Curve): Area under the ROC curve, evaluating the model's ability to distinguish between positive and negative class samples, insensitive to class imbalance.
ACC (Accuracy): Accuracy, the proportion of correctly predicted samples.
PPV (Positive Predictive Value): Positive predictive value, the proportion of samples predicted as positive that truly belong to the positive class.
NPV (Negative Predictive Value): Negative predictive value, the proportion of samples predicted as negative that truly belong to the negative class.
Sensitivity: Sensitivity/Recall, the proportion of true positives identified out of all actual positives.
Specificity: Specificity, the proportion of true negatives correctly identified out of all actual negatives.
F1-Score: Harmonic mean of precision and recall, particularly useful on imbalanced datasets.
[bookmark: _GoBack]MCC (Matthews Correlation Coefficient): Matthews Correlation Coefficient, providing a more comprehensive model evaluation on imbalanced data.
Brier Score: Mean squared error of probability predictions, evaluating the calibration degree of probability forecasts (lower is better).

AUC: Computed by integrating the area under the Receiver Operating Characteristic (ROC) curve, which plots True Positive Rate (Sensitivity) vs. False Positive Rate (1 - Specificity) at various classification thresholds.
ACC (Accuracy): ACC = (TP + TN) / (TP + FP + TN + FN)
PPV (Positive Predictive Value / Precision): PPV = TP / (TP + FP)
NPV (Negative Predictive Value): NPV = TN / (TN + FN)
Sensitivity (Recall, True Positive Rate - TPR): Sensitivity = TP / (TP + FN)
Specificity (True Negative Rate - TNR): Specificity = TN / (TN + FP)
F1-Score: F1 = 2 * ( (Precision * Recall) / (Precision + Recall) ) = 2 * ( (PPV * Sensitivity) / (PPV + Sensitivity) )
Or equivalently: F1 = (2 * TP) / (2 * TP + FP + FN)
MCC (Matthews Correlation Coefficient): MCC = (TP * TN - FP * FN) / √( (TP + FP) * (TP + FN) * (TN + FP) * (TN + FN) )
Brier Score (for binary classification): Brier Score = (1 / N) * Σ( (y_i - p_i)^2 )
Where N is the total number of samples, y_i is the actual class label (0 or 1) of sample i, and p_i is the predicted probability of sample i belonging to class 1.



    
