
SUPPLEMENTARY MATERIAL 3 
 
The table below lists the surveyed Poly(A) tail location prediction tools and details reported and reassessed performances. Certain tools are not named by 
their authors in which case we used first author’s name.   
 
 

Tool Reference Year Reported Retest 1 Retest 2 Adjusted Values    
Se Sp Acc Se Sp Acc Notes Se Sp Acc Notes Se Sp Acc 

Polyadq [1]  1999 
   

28 84 56 n1 63 88 74 n2 46 86 65 
PolyA Signal 
Miner 

[2] 2003 56-89 68-93 
         

72 80 
 

ERPIN [3] 2003 56 69-85 
 

66 88 75 n3 
    

66 88 75 
PolyA_SVM [4] 2006 37-71 75-97 

 
58 64 61 n4 87 24 56 n5 56 78 68 

PolyFd/PolyFud [5] 2009 58-83 73-86 73-85 72 80 78 n6 
    

72 80 78 
Polyapred [6] 2009 57 76-96 

         
57 86 

 

Polyar [7] 2010 24-95 15-66  57 50 53 n7 71 45 58 n8 57 50 53 
Chang et al. [8] 2011 56 

  
56 90 75 n9 

    
56 90 75 

DPS-ANN [9] 2012 81 84 82 
  

74 n10 
      

78 
HMM-SVM [10] 2013 84 87 85 

  
75 n11 76 87 81 n12 80  87 81 

DSET [11] 2015 86 86 86    n13 
    

86 86 86 
Omni_PolyA [12] 2018 

  
88 

  
76 n14 

  
76 n15 

  
80 

DeepGSR [13] 2019 
  

84 
          

84 
DeeReCT-PolyA [14] 2019 

  
90 

  
77 n16 

      
84 

 
Table 1: Performance comparison between different poly(A) tail prediction tools. Se denotes sensitivity, Sp specificity and Acc accuracy. 

 
 



 
Notes 
 
n1: Retest 1 in [9] using DPS dataset 
 
n2: Retest 2 in [5] 
 
n3: Retest 1 in [5] 
 
n4: Retest 1 in [9] 
 
n5: Retest 2 in [11] 
 
n6: Retest 1 is calculated from data supplied in [5] 
 
n7: Retest 1 in [9] 
 
n8: Retest 2 in [11] 
 
n9: Retest 1 recalculated from data supplied in [8] 
 
n10: Retest 1 in [12] 
 
n11: Retest 1 in [12];  midpoint of tests on two datasets ([DPS and GENCODE) 
 
n12: Retest 2  in [11] 
 
n13: Reported for DSET, combination of HMM_SVM, RF, PCA-SVM Oligo-string kernels 
 
n14: Retest 1 on GENCODE dataset 
 
n15: Retest 2  [14]  DeeReCT-PolyA 
 
n16: Reported on DPS data, retest 1 on GENCODE 
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