ADDITIONAL FILE 2 – Model selection procedure
For each analysis performed in this study (contact success rate; false negative rate; contact-triggered GPS location success rate), we applied a similar procedure for the identification of the best model. First, we prepared a list of six candidate generalized linear models which included: a null model; two univariate models where the response variable was fitted in dependence on the fixed effect of number of loggers or power; an additive model where the response variable was fitted in dependence on the fixed effect of number of loggers and power; two models where the response variable was modelled in dependence on one of the two covariates fitted as fixed effect, and the other fitted as random effect (see Table S2.1). We chose to apply this procedure because we wanted to test whether each of the covariates contributed to the variance of the intercept only, or as an actual linear predictor (e.g. [1]). Power was not included as random effect in the two models of contact rate because it could not be estimated for the little variability of the response variable between each level of this categorical variable. 
We applied a model selection procedure based on AIC scores [2] to identify the best model. For each analysis, this procedure could not clearly identify a unique best model (ΔAIC < 2; see Table S2.1), and two models were retained: the full additive one and the univariate where the response variable was modelled on dependence on the number of loggers. For this pair of models, we tested the significant contribution to the variance explained by the power with respect to the number of loggers by means of a Chi-squared test (Table S2.2). For each of the analyzed patterns, we found that the power did not add any significant contribution to explain the observed variance. Therefore, we removed the power from the model, in compliance with the principle of parsimony, keeping as final model the one where the response variable was modelled on dependence on the number of loggers. 


Table S2.1. Model selection procedure based on AIC scores to determine the best model describing the pattern of contact detection success rate (a), contact false negative rate (b) and contact-triggered GPS location success rate (c). The models with ΔAIC < 2 are highlighted in bold. 
	a) Model contact success rate

	Model
	AIC score

	Contact rate ~ 1 
	123.40

	Contact rate ~ power
	124.91

	Contact rate ~ number loggers
	115.21

	Contact rate ~ power + number of loggers
	116.72

	Contact rate ~ power + (1| number loggers)
	121.69

	b) Model contact false negative rate

	Model
	AIC score

	False Negative Rate ~ 1 
	99.18

	False Negative Rate ~ power
	100.61

	False Negative Rate ~ number loggers
	94.68

	False Negative Rate ~ power + number of loggers
	95.40

	False Negative Rate ~ power + (1| number loggers)
	100.81

	c) Model contact-triggered GPS location success rate

	Model
	AIC score

	GPS rate ~ 1 
	41.49

	GPS rate ~ power
	40.95

	GPS rate ~ number loggers
	28.81

	GPS rate ~ power + number of loggers
	27.73

	GPS rate ~ number of loggers + (1| power)
	30.63

	GPS rate ~ power + (1| number loggers)
	33.49




Table S2.2 Anova based on deviance procedure to evaluate the differences in goodness-of-fit between the models retained by model selection procedure (ΔAIC < 2), for contact success rate (a), false negative rate (b) and contact-triggered GPS location success rate (c). Δ χ2 expresses the difference of χ2 between the best model and each of the models which are compared. 
	a) Model contact success rate

	Model
	Δ χ2
	DF
	P(χ2)

	Contact rate ~ Number of loggers
	-
	-
	-

	Contact rate ~ Number of loggers + Power
	0.73
	1
	0.39

	b) Model false negative rate

	False negative rate ~ Number of loggers
	-
	-
	-

	False negative rate ~ Number of loggers + Power
	0.98
	1
	0.32

	c) Model contact-triggered GPS location success rate

	GPS success rate ~ Number of loggers
	-
	-
	-

	GPS success rate ~ Number of loggers + Power
	3.13
	1
	0.08
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