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Supplemental Material Section 1: Survey Questions
All four surveys consisted of two versions of the mindset scale (Dweck, 1999) followed by additional closed and/or open-response questions. The first mindset scale asks students about their “chemistry intelligence” and the second scale asks about “general intelligence.” The items of the mindset scale were presented with a 7-point agreement scale and a “prefer not to respond” option. To avoid repetition, we describe the mindset scale items first, then describe the structure and additional questions on each of the four surveys. 

The additional questions were generated for this study. That is, they have not been previously used or validated in another study. These questions were written to explore the themes of interest to the larger, exploratory study, namely, how students cope with failure in a challenging, mid-level STEM course. 

Mindset scale items (chemistry intelligence)
The following questions ask about your beliefs about intelligence. There are no right or wrong answers; we are just interested in your views. Please rate the extent to which you agree or disagree with following statements about chemistry intelligence. 

1. You have a certain amount of chemistry intelligence and you can’t really do much to change it.
2. Your chemistry intelligence is something about you that you can’t change very much. 
3. No matter who you are, you can significantly change your chemistry intelligence level.
4. To be honest, you can’t really change how intelligent you are in chemistry.
5. You can always substantially change how intelligent you are in chemistry.
6. This is a control question. Please select “disagree” as your response to this item.*
7. You can learn new things, but you can’t really change your basic chemistry intelligence.
8. No matter how much chemistry intelligence you have, you can always change it quite a bit.
9. You can change even your basic chemistry intelligence level considerably.

*Note: Each administration of the survey had the directed-response control question in a different location (e.g., after the second item or after the fourth item, etc.) and directed participants to select a different answer (e.g., “Please select disagree” or “Please select strongly agree”). The ordering of all other items was identical for every administration. 

Mindset scale items (general intelligence)
The following questions ask about your beliefs about intelligence. There are no right or wrong answers; we are just interested in your views. Please rate the extent to which you agree or disagree with following statements about general intelligence. 

1. You have a certain amount of general intelligence and you can’t really do much to change it.
2. Your general intelligence is something about you that you can’t change very much.
3. This is a control question. Please select “strongly agree” as your response to this item.*
4. No matter who you are, you can significantly change your general intelligence level.
5. To be honest, you can’t really change how intelligent you are in general.
6. You can always substantially change how intelligent you are in general.
7. You can learn new things, but you can’t really change your basic general intelligence.
8. No matter how much general intelligence you have, you can always change it quite a bit.
9. You can change even your basic general intelligence level considerably.

Response scale for mindset scale items:
	Strongly disagree
	Disagree
	Somewhat disagree
	Neither agree nor disagree
	Somewhat agree
	Agree
	Strongly agree
	Prefer not to respond

	
	
	
	
	
	
	
	




Survey 1:

[Chemistry intelligence mindset scale]

Please describe in as much detail as possible why you hold these beliefs. You may want to discuss how you came to hold these beliefs or anything that has happened that affects your beliefs about intelligence. Please write at least 4-5 sentences, if possible, so that we can understand your thoughts.









__________Page Break__________


[General intelligence mindset scale]

Please describe in as much detail as possible why you hold these beliefs. You may want to discuss how you came to hold these beliefs or anything that has happened that affects your beliefs about intelligence. Please write at least 4-5 sentences, if possible, so that we can understand your thoughts.










__________Page Break__________

What year are you?
· Freshman
· Sophomore
· Junior
· Senior
· Prefer not to respond

In what field(s) is/are your major(s)? [multiple-select question]
· Chemistry
· Life Sciences
· Environmental / Earth / Agricultural Sciences
· Physics
· Engineering
· Mathematics
· Psychology
· Humanities
· Other major: __________
· Prefer not to respond

What are your post-graduate plans?
(Note: STEM = Science, Technology, Engineering, and Math, and includes health care)
· Graduate or professional studies in a STEM field
· Graduate or professional studies in a non-STEM field
· Employment in a STEM field
· Employment in a non-STEM field
· Other: Please explain__________
· Prefer not to respond

What is your current GPA? Please enter on a 4.0 scale.
· My GPA is: ______
· Prefer not to respond

What is the highest level of educations your parent(s)/guardian(s) has completed?
1. Mother: [select option from drop down list]
2. Father: [select option from drop down list]
3. Other guardian: [select option from drop down list]

Options in the drop-down list:
· Not applicable
· Some high school
· High school / GED
· Some college
· Trade/technical school degree
· Associate’s (2 yr) degree
· Bachelor’s (4 yr) degree
· Master’s degree
· Doctorate degree
· Professional degree
· Other
· I don’t know
· Prefer not to respond

With which race(s) and ethnicity/ies do you most closely identify? Please choose all that apply. [multiple-select question]
· African American or Black
· White
· Native American or Alaskan Native
· Chinese
· Filipino
· Japanese
· Korean
· Vietnamese
· Middle Eastern
· South Asian
· Other Asian
· Latina / Latino / Hispanic
· Native Hawaiian or other Pacific Islander
· Other: Please explain ________
· Prefer not to respond

What is your gender?
· Male
· Female
· Other
· Prefer not to respond

__________Page Break__________

We would like to interview some students to gain a more in-depth understanding of your beliefs about general intelligence and chemistry intelligence. Interviews will occur in the second half of the semester, last 45-60 minutes, and participants will be compensated with a $25 Amazon gift card. If you are willing to be interviewed confidentially, please enter your name and email address.

Name  ________________________________________________
Email  ________________________________________________




Survey 2:

[Chemistry intelligence mindset scale]

How, if at all, has your experience in Organic Chemistry II this semester so far affected your responses to these questions? Please write at least 5 sentences, if possible, so that we can understand your thoughts.









__________Page Break__________

[General intelligence mindset scale]

__________Page Break__________


What grade did you get on your first organic chemistry II exam?
· My score is (0-100): ______
· Prefer not to respond

Please rate your level of satisfaction with your exam grade.
· Very dissatisfied
· Dissatisfied
· Somewhat dissatisfied
· Neither satisfied nor dissatisfied
· Somewhat satisfied
· Satisfied
· Very Satisfied
· Prefer not to respond

Please explain your response.



Please rate the extent to which you agree or disagree with the following statement:
My exam score accurately reflects my chemistry intelligence.
· [same 7-point scale of agreement as used for the mindset scale items.]

Please explain your response.








Survey 3:

[Chemistry intelligence mindset scale]

__________Page Break__________


[General intelligence mindset scale]

__________Page Break__________


Are you considering withdrawing from organic chemistry II this semester?
· Definitely will withdraw
· Probably will withdraw
· Unsure
· Probably will stay enrolled
· Definitely will stay enrolled
· Prefer not to respond

__________Page Break__________

Please describe all the factors you are considering in making your decision whether or not to withdraw. What are the reasons to withdraw and what are the reasons to stay enrolled?









How, if at all, has your experience in this course affected your major and/or career intentions?








Survey 4:

[Chemistry intelligence mindset scale]


__________Page Break__________


[General intelligence mindset scale]


__________Page Break__________


Did you encounter struggle in organic chemistry II this semester?
· Yes
· No
· Prefer not to respond

[If “No” is selected]

Your response suggests that you did not encounter struggle in organic chemistry II this semester. Please explain why this is or is not an accurate description of your experience.








[If “Yes” is selected]

Were you able to overcome struggle that you encountered?
· Yes
· No
· Prefer not to respond
[If “No” is selected]
Your response suggests that you encountered struggle and were unable to successfully overcome this struggle in organic chemistry II this semester. Please explain why this is or is not an accurate description of your experience.








[If “Yes” is selected]
Your response suggests that you encountered struggle and successfully overcame this struggle in organic chemistry II this semester. Please explain why this is or is not an accurate description of your experience.








__________Page Break__________

In what field(s) is/are your major(s)? [multiple-select question]
· Chemistry
· Life Sciences
· Environmental / Earth / Agricultural Sciences
· Physics
· Engineering
· Mathematics
· Psychology
· Humanities
· Other major: __________
· Prefer not to respond

What are your post-graduate plans?
(Note: STEM = Science, Technology, Engineering, and Math, and includes health care)
· Graduate or professional studies in a STEM field
· Graduate or professional studies in a non-STEM field
· Employment in a STEM field
· Employment in a non-STEM field
· Other: Please explain__________
· Prefer not to respond
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Supplemental Material Section 2: Interview Methods and Guide
The first survey of the 2018 semester asked students to indicate whether they would be interested in participating in a 1-hr interview about their experiences with academic struggle in exchange for a $25 gift card. About half of the respondents (173/358) indicated they were willing to be interviewed. Interviews were conducted in the second half of the semester and the participants were selected based on their responses to the open-response questions on the first, second, and third surveys (see survey questions in Section 1). Participants were strategically selected to maximize the diversity of ideas and demographics. This selection process evolved throughout the course of the study. For example, if most interview participants had expressed growth mindsets, researchers purposefully selected to interview respondents who expressed strong fixed mindsets in their survey responses. Researchers also paid attention to the demographic diversity of the interviewees in an effort to ensure that the interview sample reflected the overall sample. These factors sometimes influenced decisions about who to invite. Decisions were made by group discussion among three of the authors closely involved in data collection (LL, HH, & JC). 

We conducted 20 interviews due to funding availability. Seven volunteers who were invited to interview did not respond to attempts to schedule the interview and were thus replaced with other invitees. Thus, overall, 27 students were invited to interview and 20 interviews were conducted.

All interviews were conducted in-person by the lead author (LL). During some interviews, a less experienced author joined as training (HH or JC). Interviews were audio recorded and transcribed verbatim by LL, HH, JC, AB, and/or HM. All transcript drafts were checked and finalized by LL. 

Below is the interview guide for semi-structured interviews conducted for this study. The interview questions are organized into five topics: introduction, terminology and definitions, difficulties in organic chemistry II, mindset and change in mindset, and domain specificity of intelligence. 

Section 1 – Introduction
Thank you for volunteering for our study about the development of beliefs about intelligence and how these beliefs may or may not change during a challenging course, like organic chemistry. There are no right or wrong answers and all of your perspectives are valid. Please feel free to share anything that you think is pertinent, even if I don’t explicitly ask for it. 

Before we begin, please carefully review this informed consent form. This form explains that you are about to participate in a research project. Your participation is completely voluntary, and you may stop answering questions and withdraw at any time without repercussions. Please take a few minutes to carefully read the form and do not hesitate to let me know if you have any questions if anything is confusing.

Do you have any questions for me before we begin?

All of your responses will be confidential. This means that your data will be de-identified and only researchers will have access to it. Is it okay with you if I record this interview?

***Begin recording

Section 2 – Terminology & definitions
· How do you define intelligence?
· How does it differ from knowledge?
· How does intelligence relate to academic performance?
· What other factors contribute to academic performance?
· How important are these factors to academic performance?
· When was the first time you thought about what intelligence means?
· What do you think about failures in general?
· How do you tend to react to setbacks or failures?

Section 3 – Academic difficulties during Organic Chemistry II
· Please describe any academic difficulties you have encountered or are currently facing this year in CHEM 2212. Academic difficulties can include times when you didn’t do as well on an assignment or exam as you would have liked, or felt like you did not understand the material as well as you would have liked.
· Why did this difficulty occur?
· What factors caused this difficulty?
· What did you do in response to this difficulty?
· How did this difficulty affect you?
· Did this difficulty affect your beliefs about intelligence? 
· Why or why not?
· Did this struggle affect any other attitudes or beliefs you have? 
· Why or why not?
· Did this struggle affect career plans?

(For the students who withdrew from the course) 
· What factors influenced your decision to withdraw from the course?
· Are you going to be retaking the course?
· Have your career/post-grad plans changed because of this?

Section 3 – Mindset and change in mindset 
· Do you think someone can change their intelligence level? 	
· Please describe how you came to believe this.
· Have you always thought this way?
If yes – 
	When were you first aware of this belief?
	How did this belief develop?
If no – 
In what way did your beliefs change?
When did your belief change?
Why did your beliefs change? (What happened that caused the shift?)
Did anything happen during the semester that made you question these beliefs?
If yes – why didn’t you change your beliefs?
Have these beliefs changed throughout the semester? If yes, how have they changed?

Section 4 – Domain-specificity of intelligence
· Do you think that chemistry intelligence differs from general intelligence? 
If yes – 
Why do you think that chemistry intelligence is different from general intelligence?
Why do chemistry and general intelligence differ?
How did you come to believe that?
(if unclear, what have you experienced or heard that led you to think that?)
Are there other kinds of intelligence that are different?	
If no – 
Why do you think that chemistry and general intelligence don’t differ?
How did you come to believe that?
(if unclear, what have you experienced or heard that led you to think that?)
Are there kinds of intelligence that are different?

· Have you always thought that?
If yes – 
	When were you first aware of this belief?
	How did this belief develop?
If no – 
	When did your belief change?
	What caused you to change?

(If intelligence in different subjects was brought up) How do you feel like [subject] intelligence relates to general/other intelligence?

***End recording

Thank you for participating and sharing your experiences with me! We will be emailing you your $25 Amazon gift card. Which email would you like us to send it to?
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Supplemental Material Section 3: Model Fit Indices 

To facilitate interpretation of results, we describe and present commonly used “rules of thumb” for values of each model fit index considered here, but these should not be interpreted as strict cutoff values (Hu & Bentler, 1999; Schermelleh-Engel et al., 2003).

The chi-squared statistic (2) is an absolute fit measure that quantifies the discrepancy between (a) the log-likelihood of the data given the model parameters for the hypothesized model, versus (b) the log-likelihood of the data given the model parameters for an unrestricted (i.e., saturated, or perfect-fitting) model. Thus, lower values of the chi-square statistic indicate better model-data fit (i.e., that the hypothesized model deviates less from a perfect model). The significance test for the chi-square has degrees of freedom equal to the difference in the number of parameters estimated in the hypothesized versus the saturated model, and tests whether the difference between these two models is significantly different than zero. Although a non-significant chi-square test would be ideal, this test is sensitive to sample size, such that large sample sizes will often result in a statistically significant difference, even if that difference is actually quite small. 

The Root Mean Square Error of Approximation (RMSEA) is also an absolute fit measure based on the 2 of the hypothesized model. The RMSEA is the 2 statistic (see above) weighted by sample size and the degrees of freedom (df) in the model, and thus is biased for models with low degrees of freedom (i.e., fewer than 20 df). Lower values of RMSEA indicate better model fit, where values below 0.08 are typically regarded as acceptable and values below 0.05 are considered good fit (Hu & Bentler, 1999; Kenny et al., 2015; Schermelleh-Engel et al., 2003). However, the RMSEA is prone to have inflated values for models with low degrees of freedom (Kenny et al., 2015).

The Standardized Root Mean Square Residual (SRMR) is an absolute measure of “badness-of-fit” that measures the remaining discrepancies between the model predicted and observed covariance matrices once the parameters of the model are estimated. Lower values indicate better fit, with 0 indicating perfect fit. Values below 0.10 are typically regarded as acceptable and values below 0.05 are typically regarded as good fit (Hu & Bentler, 1999; Schermelleh-Engel et al., 2003).

The Comparative Fit Index (CFI) and Tucker-Lewis Index (TLI; also called the Non-Normed Fit Index, NNFI) are both incremental fit indices (i.e., they compare the fit of the model to a null model rather than measure the absolute deviation from observed data). The CFI and TLI are nearly identical, though the CFI is less sensitive to sample size than the TLI. CFI and TLI values range from 0-1, with higher values indicating better fit. Values above 0.90 are typically regarded as acceptable and values above 0.95 are typically regarded as good fit (Hu & Bentler, 1999; Schermelleh-Engel et al., 2003). 

The Akaike Information Criterion (AIC) and Bayesian Information Criterion (BIC) are both absolute fit indices that are used only for comparing hypothesized models (thus there is no “rule of thumb” cutoff value). AIC and BIC are based on the likelihood of the hypothesized model, and “penalize” this likelihood value for more complex models. The AIC and BIC are nearly identical to one another, except that whereas the AIC only adds a penalty for the number of parameters in a hypothesized model, BIC gives greater weight to this penalty to the extent that the sample size is large. In practice, two nested models are compared, and the model with the lower AIC and BIC is chosen as better-fitting.
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Supplemental Material Section 4: Confirmatory Factor Analyses
We estimated Confirmatory Factor Analysis models for 1 and 2 factors to confirm prior empirical findings that growth and mindset should be modeled as separate constructs. The 2-factor model is a better fit to our data according to all seven metrics of model fit that we examined (Table S1). Thus, our data support modeling growth and fixed mindsets as separate constructs. Notably, although the RMSEA for the two-factor model is less than satisfactory, the RMSEA is known to be biased for models with less than 20 df (Kenny et al., 2015). 

	Model
	CFI
	TLI
	SRMR
	RMSEA
	AIC
	BIC
	2
	df

	1-Factor model
	0.835
	0.769
	0.068
	0.194
	17861
	17973
	600.82
	20

	2-Factor model
	0.944
	0.917
	0.052
	0.116
	17480
	17596
	217.71
	19


Table S1. Model fit results of the 1-factor and 2-factor CFA models.
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Supplemental Material Section 5: Measurement Invariance Analyses

We administered the mindset scale repeatedly to evaluate longitudinal changes in the construct. This approach relies on the assumption that responding to the items multiple times does not change the functioning (i.e., internal structure) of the mindset scale. We conducted measurement invariance analyses to test this assumption. 

To accomplish this, we used the lavaan package to test a sequence of models with increasing constraints (Table S2). The first and least constrained model tests for configural invariance, meaning that items load onto the same factors at all time points. For both growth and fixed mindset, the configural model has good fit, which indicates that the four growth items load onto a single growth mindset construct at all time points, as do the four fixed items for fixed mindset. The second model tests for weak invariance, which indicates that the four items load onto the latent variables with the same weights. For both growth and fixed mindset, the loadings model also has good fit. Adding the constraint that the loadings should be equal across time points did not significantly decrease the growth model fit and marginally significantly decreased the fixed model fit. The third model tests for strong invariance, which indicates that the intercepts are equal across time points. For both growth and fixed models, the model fit is still acceptable, but adding the constraint of equal intercepts significantly decreased model fit. 

The results indicated that the same factor structure holds across time points. This means that it is reasonable to compare both growth and fixed mindset scores directly to each other across time points. Based on this, we decided to estimate our latent growth models using the averages of the four items measure growth and fixed mindset (first order model) rather than including all four item scores in the model and estimating the latent growth and fixed mindsets (second order model). We opted to use first order models because our measurement invariance analysis indicated that it is reasonable to do so and second order models require estimating the value of the latent variables, and thus would have lower degrees of freedom, be more difficult to calculate, and require a substantially larger sample size.

	Construct
	Model
	CFI
	RMSEA
	AIC
	BIC
	df
	2 ()
	Pr(>2)

	Growth mindset
	Configural
	0.990
	0.038
	18941
	19177
	94
	152.33 (NA)
	NA

	
	Loadings
	0.990
	0.036
	18931
	19131
	103
	160.18 (7.85)
	0.549

	
	Intercepts
	0.989
	0.036
	18930
	19093
	112
	177.17 (16.99)
	0.049

	Fixed mindset
	Configural
	0.974
	0.064
	19665
	19905
	94
	270.39 (NA)
	NA

	
	Loadings
	0.973
	0.062
	19664
	19867
	103
	287.56 (17.17)
	0.046

	
	Intercepts
	0.972
	0.062
	19666
	19831
	112
	307.00 (19.44)
	0.022


Note: TLI is not reported because CFI and TLI are nearly identical and the R function for this analysis did not report TLI values. 
Table S2. Results from measurement invariance tests for both growth and fixed constructs.
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Supplemental Material Section 6: Multiple Group Analyses

We collected data on several variables that we hypothesized may influence change in mindset throughout the semester: ethnic/racial identity, gender identity, and generation in college (i.e., first generation or continuing generation). We conducted multiple group comparisons to determine whether distinguishing between these groups improved model data fit. Multiple group comparisons were made by fitting a full model (i.e., with intercept and slope latent variables and failure perception as a regressor on both latent variables) with a grouping variable as racial/ethnic identity (“Race model”), gender identity (“Gender model”) or generation in college (“Generation model”). The fit of these models were compared to a “Null model” which is identical except it lacks a grouping variable (Table S3). 

Racial/ethnic identity: Inspection of the model fit indices suggests that the race model is not a better fit to the data than the null model. The chi-square tests comparing the race models to the nulls model are statistically significant for the growth model but not the fixed. However, chi-square tests are highly prone to type I error, especially when sample sizes are large. The model fit indices show mixed results. While some indicate that the race model is an improved fit (e.g., AIC and BIC), others indicate that the race model decreases fit (e.g., decreased CFI and TLI values for the growth model and higher SRMR values for both growth and fixed models). Considered together, these indices do not provide evidence that the race models are an overall better fit to the data. 

Gender identity: Inspection of the model fit indices suggests that the gender model is not a better fit to the data than the null model. The chi-square tests comparing the gender models to the null models are statistically significant for the growth model but not the fixed. However, chi-square tests are highly prone to type I error, especially when sample sizes are large. The model fit indices show mixed results. While some indicate that the gender model is an improved fit (e.g., AIC and BIC), others indicate that the gender model decreases fit (e.g., CFI and TLI values are lower in the growth model and unchanged in the fixed model and higher SRMR values for both growth and fixed gender models). Considered together, these indices do not provide evidence that the gender models are an overall better fit to the data. 

Generations: Inspection of the model fit indices suggests that the generation model is not a better fit to the data than the null model. The chi-square tests comparing the generations models to the null models are both statistically non-significant. The model fit indices show mixed results. While some indicate that the generation model is an improved fit (e.g., AIC and BIC), others indicate that the generation model decreases fit (e.g., CFI and TLI values are virtually unchanged in the generation models and slightly higher SRMR values for both growth and fixed generation models). Considered together, these indices do not provide evidence that the generation models are an overall better fit to the data. 

Summary: Inspection of the model fit indices suggests that distinguishing among any of these variables does not improve the fit of the model. Thus, our data do not indicate that students’ change in mindset is influenced by their racial/ethnic or gender identities or generation in college. 

	
	Model
	CFI
	TLI
	RMSEA
	SRMR
	AIC
	BIC
	df
	2 ()
	Pr(>2)

	Growth Mindset
	Null
	0.950
	0.922
	0.109
	0.045
	6004
	6062
	9
	79.22 (NA)
	NA

	
	Race
	0.941
	0.908
	0.120
	0.050
	5712
	5827
	18
	97.67 (18.34)
	0.030

	
	Gender
	0.938
	0.903
	0.125
	0.049
	5725
	5839
	18
	102.88 (23.66)
	0.005

	
	Generation
	0.951
	0.923
	0.110
	0.048
	5758
	5872
	18
	84.41 (5.19)
	0.818

	Fixed Mindset
	Null
	0.967
	0.949
	0.087
	0.047
	6391
	6450
	9
	53.61 (NA)
	NA

	
	Race
	0.969
	0.952
	0.087
	0.050
	6087
	6202
	18
	59.57 (5.91)
	0.749

	
	Gender
	0.967
	0.949
	0.089
	0.052
	6083
	6198
	18
	61.43 (7.79)
	0.555

	
	Generation
	0.964
	0.944
	0.094
	0.048
	6114
	6229
	18
	66.30 (12.64)
	0.180


Note: All chi square tests are comparing the target model to the null.
Table S3. Results from multiple group comparisons for both growth and fixed mindset. 
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Supplemental Material Section 7: Complete Case Analyses

We estimated all models using only complete cases to ensure that using Full Information Maximum Likelihood to handle missing data did not substantially impact our results. The growth mindset models were based on 399 complete observations and the fixed mindset models were based on 421 complete observations. 

The fixed mindset slope model could not be estimated because it resulted in a not positive definite covariance matrix. To circumvent this, we also estimated models using mean-centered data to eliminate multicollinearity. Chi-square tests comparing the intercept, slope, and full models estimated based on mean-centered data resulted in the expected pattern; the full model was the best fit to the data. Thus, we conclude that when using complete cases only, the full model is the best fit to the data and has acceptable model fit for both the growth and fixed mindset models. 


	Construct
	Model
	CFI
	TLI
	SRMR
	RMSEA
	AIC
	BIC
	2 (2)
	df (df

	Growth mindset
	Intercept
	0.839
	0.859
	0.136
	0.166
	4309
	4333
	191.89 (NA)
	16 (NA)

	
	Slope
	0.915
	0.909
	0.074
	0.134
	4229
	4264
	105.82 (86.07)
	13 (3)

	
	Full
	0.935
	0.898
	0.056
	0.141
	4211
	4263
	80.34 (25.48)
	9 (4)

	Fixed mindset
	Intercept
	0.846
	0.865
	0.146
	0.160
	4684
	4708
	187.96 (NA)
	16 (NA)

	
	Slope
	NA – this model could not be estimated

	
	Full
	0.959
	0.936
	0.060
	0.110
	4565
	4617
	55.16 (NA)
	9 (NA)


Note: All 2 and 2 differences are p<0.001.
Supplemental Table 1. Model fit statistics and chi-square tests comparing three nested latent growth models for growth and fixed mindset using only complete cases.

[image: ]
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Figure S1. Results of the full models for growth and fixed mindset using complete case analysis. 
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