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Table 1.1: Words that changed their meanings between 1800 and 2000. We consulted the Oxford English Dictionary and https://www.etymonline.com/ for a rough estimation of the decade when the semantic shift started. 
[image: Graphical user interface

Description automatically generated with medium confidence]
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Figure 1.1 Semantic stability of words selected in Appendix Table 1.1. The figure was produced from word embeddings trained by Li et al. (2019) on the Google Ngram Corpus. The black line represents the average semantic similarity across all words in the Macroscope database (Li et al., 2019).






Table 1.2: Free association responses to words in Table 1.1. [image: Graphical user interface

Description automatically generated]
Note: In the free association task (De Deyne et al., 2019), participants were required to generate three words that first came to their mind when they were presented with the cue word. Only the first responses were presented.  
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Table 2.1: Performance of different methods on the detection task (retrieved from Hamilton et al., 2016).
[image: Table

Description automatically generated]
Note: Hamilton et al. (2016) used a set of independently attested semantic shifts as an evaluation set. They evaluated the three methods on both Google Ngram Corpus and COHA. The table above reports the proportion of the correct sign of semantic shifts (e.g., semantic similarity between gay and homosexual becoming larger instead of smaller), and whether these shifts are statistically significant at the p < .05 level.

Table 2.2: Correlation table of semantic stability quantified using various algorithms (SVD and word2vec) and corpora (Google Ngram Corpus and COHA). 
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Table 2.3: Correlation between change of frequency between 1850 and 2000 with semantic stability inferred using different corpora and algorithms. 
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Figure 3.1: Sensitivity analysis on predicting accuracy of semantic decision task and lexical recognition task in Study 1. 

[image: ][image: ]
Figure 3.2. Scatter plot of semantic stability between 1800 to 2000 with age of acquisition, response time in semantic decision task, response time in lexical decision task for each word. Linear regression lines are plotted with 95% confidence interval. 
[image: ]
Figure 3.3. Marginal effects of age of acquisition, response time in semantic decision task, and response time in lexical decision task on semantic stability of words between 1800 and 2000. 
[image: ]
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Figure 3.4. Correlation table of variables in the regression model (main text, Table 2, Google Ngram Corpus). Correlations with p-value less than 0.05 are not displayed. 
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Figure 3.5. Correlation table of variables in the regression model (main text, Table 2, COHA). Correlations with p-value less than 0.05 are not displayed. 
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Table 4.1. Results of t-tests (p-values shown) comparing linguistic features between concrete words and abstract words and between semantically stable words and unstable words in Study 2.

	
	Semantic stability 
	Concreteness
	Log frequency
	Valence
	AoA
	Arousal
	Length

	Concrete group vs 
Abstract group 
	0.87
	<0.001
	0.48
	0.95
	0.47
	0.01
	<0.001

	Semantically stable group
vs instable group
	<0.001
	0.93
	0.13
	0.16
	0.49
	0.001
	0.57




10

image3.png
Broadcast car fudge quantum awesome addict cute matrix

No Response Num Response Num Response Num Response Num Response  Num Response  Num Response Num Response Num
1 television 20 auto 15 chocolate 40 physics 45 great 23  drugs 36 pretty 13 movie 23
2 TV 16 atumobile 11 sweer 11 mechanics 17 cool 13 drug 16 adorable 12 math 7
3 news 11 drive 9 candy 5 leap 11 amazing 9 heroin 9 sweet 11 Neo 6
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Method Corpus % Correct % Significant
SVvD Google Ngram 100.0 90.6
COHA 100.0 96.0
Word2Vec Google Ngram 100.0 93.8
COHA 100.0 72.0
PPMI Google Ngram 96.9 84.4
COHA 100.0 88.0
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Word Moving away Moving towards Shift start Example of old meaning from COHA (in year 1850)

e oo e i ca 1920 the .seeds of novelty have not only been scattered broadcast over the whole surface of
society....

car cart, wagon, railroad train automobile ca 1890 His thundering car is heard from afar

fudge lie, nonsense a type of sugar candy ca? " Fudge! how long have you been so conscientious? " sneered Jaspar.

, . . I would have the judicious reader pause before accusing such asseverations of an

quantum one's share or portion quantum mechanics ca 1900 .
undue quantum of absurdity.

I e T e ey e e ca 1950 Delightful might be the discovery, but awesome too, frightening her back by its very
tendency to draw her forward.

addict o devotfa orgweup .(oneself) addicted to a particular substance ca 1900 addict themselves to such ministries of charity

to a habit or occupation
cute acute, sharp, smart pretty, attractive ca 1840 he is a cute one; sharp as a pin, but needles are sharper
matrix womb, origin a rectangular array of quantities ca 1910 Certainly, the quartz was the original matrix of the gold
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